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Abstract

Convection strongly impacts the structure and evolution of the atmospheric
boundary layer. Yet, the characteristic temporal and spatial scales of the convec-
tive circulation are challenging to capture with the conventional meteorological
measurement setup and instrumentation. As a consequence, atmospheric con-
vection is still under-sampled. This dissertation and the three included papers
introduce two approaches for observing the convective flow field and its evolu-
tion, using profiling and dual-scanning lidar techniques above the ocean, and over
complex and flat terrain on land. These flow field observations are utilized to ex-
tract fundamental convection characteristics, as for example, the horizontal and
vertical dimensions, and velocities of the convective updraft and downdraft. In
combination with complementing meteorological measurements, this allows the
investigation of the interaction of those characteristics with other processes in the
convective boundary layer (CBL).

The focus of Paper I is on identifying the resolvable range of turbulent and or-
ganized eddies in the marine CBL by ship-based profiling lidar observations, that
are exposed to ship motion. Paper I evaluates the impact of the ship motion and
the applied motion correction on the statistics and spectra of the lidar observa-
tions. In addition to this evaluation, the dissertation includes an assessment of
the utilized motion correction algorithm applied to data that are acquired during
a controlled-motion experiment. The results of Paper I indicate, that convective
scales can be resolved with the evaluated profiling lidar setup, given a sufficient
horizontal background flow velocity.

Corresponding convective structures, under prevailing cold air outbreak con-
ditions, are analysed in Paper II. The study applies spectral coherence and phase
analysis to the lidar-observed flow field, extracting characteristics of organized
convection, namely coherent structures. The short-term evolution of the struc-
ture sizes and velocity amplitudes is sensitive to the surface layer stratification and
wind shear. The largest structures are observed for conditions, where the buoy-
ancy production marginally dominates the shear production of turbulence. On
the long-term, these large scale structures strongly contribute to the overturning
and deepening of the marine CBL.

Complementary to the ship-based, profiling lidar approach over the ocean,
Paper III explores the capability of land-based, dual-scanning lidars to sample
convection. The study introduces an advanced filtering and a temporal interpola-
tion approach, that substantially enhance the lidar data for convection sampling.
Here, the shape and evolution, and interaction of the observed convective struc-
tures with other boundary-layer processes were mainly impacted by the differences
in the evaluated measurement locations, i.e. flat versus complex terrain, and in-
land versus close vicinity to the sea.

The dissertation follows up on the findings of Paper III, presenting first results
of the convective flow field retrieval achieved with the Eulerian, dual-scanning
lidar approach collocated with a Lagrangian approach using gliders to sample
key parameters from inside the convective updraft, i.e. velocity, temperature
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Convectionstronglyimpactsthestructureandevolutionoftheatmospheric
boundarylayer.Yet,thecharacteristictemporalandspatialscalesoftheconvec-
tivecirculationarechallengingtocapturewiththeconventionalmeteorological
measurementsetupandinstrumentation.Asaconsequence,atmosphericcon-
vectionisstillunder-sampled.Thisdissertationandthethreeincludedpapers
introducetwoapproachesforobservingtheconvectiveflowfieldanditsevolu-
tion,usingprofilinganddual-scanninglidartechniquesabovetheocean,andover
complexandflatterrainonland.Theseflowfieldobservationsareutilizedtoex-
tractfundamentalconvectioncharacteristics,asforexample,thehorizontaland
verticaldimensions,andvelocitiesoftheconvectiveupdraftanddowndraft.In
combinationwithcomplementingmeteorologicalmeasurements,thisallowsthe
investigationoftheinteractionofthosecharacteristicswithotherprocessesinthe
convectiveboundarylayer(CBL).

ThefocusofPaperIisonidentifyingtheresolvablerangeofturbulentandor-
ganizededdiesinthemarineCBLbyship-basedprofilinglidarobservations,that
areexposedtoshipmotion.PaperIevaluatestheimpactoftheshipmotionand
theappliedmotioncorrectiononthestatisticsandspectraofthelidarobserva-
tions.Inadditiontothisevaluation,thedissertationincludesanassessmentof
theutilizedmotioncorrectionalgorithmappliedtodatathatareacquiredduring
acontrolled-motionexperiment.TheresultsofPaperIindicate,thatconvective
scalescanberesolvedwiththeevaluatedprofilinglidarsetup,givenasufficient
horizontalbackgroundflowvelocity.

Correspondingconvectivestructures,underprevailingcoldairoutbreakcon-
ditions,areanalysedinPaperII.Thestudyappliesspectralcoherenceandphase
analysistothelidar-observedflowfield,extractingcharacteristicsoforganized
convection,namelycoherentstructures.Theshort-termevolutionofthestruc-
turesizesandvelocityamplitudesissensitivetothesurfacelayerstratificationand
windshear.Thelargeststructuresareobservedforconditions,wherethebuoy-
ancyproductionmarginallydominatestheshearproductionofturbulence.On
thelong-term,theselargescalestructuresstronglycontributetotheoverturning
anddeepeningofthemarineCBL.

Complementarytotheship-based,profilinglidarapproachovertheocean,
PaperIIIexploresthecapabilityofland-based,dual-scanninglidarstosample
convection.Thestudyintroducesanadvancedfilteringandatemporalinterpola-
tionapproach,thatsubstantiallyenhancethelidardataforconvectionsampling.
Here,theshapeandevolution,andinteractionoftheobservedconvectivestruc-
tureswithotherboundary-layerprocessesweremainlyimpactedbythedifferences
intheevaluatedmeasurementlocations,i.e.flatversuscomplexterrain,andin-
landversusclosevicinitytothesea.

ThedissertationfollowsuponthefindingsofPaperIII,presentingfirstresults
oftheconvectiveflowfieldretrievalachievedwiththeEulerian,dual-scanning
lidarapproachcollocatedwithaLagrangianapproachusinggliderstosample
keyparametersfrominsidetheconvectiveupdraft,i.e.velocity,temperature
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convection, namely coherent structures. The short-term evolution of the struc-
ture sizes and velocity amplitudes is sensitive to the surface layer stratification and
wind shear. The largest structures are observed for conditions, where the buoy-
ancy production marginally dominates the shear production of turbulence. On
the long-term, these large scale structures strongly contribute to the overturning
and deepening of the marine CBL.

Complementary to the ship-based, profiling lidar approach over the ocean,
Paper III explores the capability of land-based, dual-scanning lidars to sample
convection. The study introduces an advanced filtering and a temporal interpola-
tion approach, that substantially enhance the lidar data for convection sampling.
Here, the shape and evolution, and interaction of the observed convective struc-
tures with other boundary-layer processes were mainly impacted by the differences
in the evaluated measurement locations, i.e. flat versus complex terrain, and in-
land versus close vicinity to the sea.

The dissertation follows up on the findings of Paper III, presenting first results
of the convective flow field retrieval achieved with the Eulerian, dual-scanning
lidar approach collocated with a Lagrangian approach using gliders to sample
key parameters from inside the convective updraft, i.e. velocity, temperature
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Convectionstronglyimpactsthestructureandevolutionoftheatmospheric
boundarylayer.Yet,thecharacteristictemporalandspatialscalesoftheconvec-
tivecirculationarechallengingtocapturewiththeconventionalmeteorological
measurementsetupandinstrumentation.Asaconsequence,atmosphericcon-
vectionisstillunder-sampled.Thisdissertationandthethreeincludedpapers
introducetwoapproachesforobservingtheconvectiveflowfieldanditsevolu-
tion,usingprofilinganddual-scanninglidartechniquesabovetheocean,andover
complexandflatterrainonland.Theseflowfieldobservationsareutilizedtoex-
tractfundamentalconvectioncharacteristics,asforexample,thehorizontaland
verticaldimensions,andvelocitiesoftheconvectiveupdraftanddowndraft.In
combinationwithcomplementingmeteorologicalmeasurements,thisallowsthe
investigationoftheinteractionofthosecharacteristicswithotherprocessesinthe
convectiveboundarylayer(CBL).

ThefocusofPaperIisonidentifyingtheresolvablerangeofturbulentandor-
ganizededdiesinthemarineCBLbyship-basedprofilinglidarobservations,that
areexposedtoshipmotion.PaperIevaluatestheimpactoftheshipmotionand
theappliedmotioncorrectiononthestatisticsandspectraofthelidarobserva-
tions.Inadditiontothisevaluation,thedissertationincludesanassessmentof
theutilizedmotioncorrectionalgorithmappliedtodatathatareacquiredduring
acontrolled-motionexperiment.TheresultsofPaperIindicate,thatconvective
scalescanberesolvedwiththeevaluatedprofilinglidarsetup,givenasufficient
horizontalbackgroundflowvelocity.

Correspondingconvectivestructures,underprevailingcoldairoutbreakcon-
ditions,areanalysedinPaperII.Thestudyappliesspectralcoherenceandphase
analysistothelidar-observedflowfield,extractingcharacteristicsoforganized
convection,namelycoherentstructures.Theshort-termevolutionofthestruc-
turesizesandvelocityamplitudesissensitivetothesurfacelayerstratificationand
windshear.Thelargeststructuresareobservedforconditions,wherethebuoy-
ancyproductionmarginallydominatestheshearproductionofturbulence.On
thelong-term,theselargescalestructuresstronglycontributetotheoverturning
anddeepeningofthemarineCBL.

Complementarytotheship-based,profilinglidarapproachovertheocean,
PaperIIIexploresthecapabilityofland-based,dual-scanninglidarstosample
convection.Thestudyintroducesanadvancedfilteringandatemporalinterpola-
tionapproach,thatsubstantiallyenhancethelidardataforconvectionsampling.
Here,theshapeandevolution,andinteractionoftheobservedconvectivestruc-
tureswithotherboundary-layerprocessesweremainlyimpactedbythedifferences
intheevaluatedmeasurementlocations,i.e.flatversuscomplexterrain,andin-
landversusclosevicinitytothesea.

ThedissertationfollowsuponthefindingsofPaperIII,presentingfirstresults
oftheconvectiveflowfieldretrievalachievedwiththeEulerian,dual-scanning
lidarapproachcollocatedwithaLagrangianapproachusinggliderstosample
keyparametersfrominsidetheconvectiveupdraft,i.e.velocity,temperature
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Sammendrag

Konveksjon har stor innvirkning på strukturen og utviklingen av det atmosfæriske
grenselaget. Det er imidlertid utfordrende å måle de karakteristiske lengde- og
tidsskalaene ved hjelp av konvensjonelle meteorologiske metoder. Derfor er kon-
veksjon fortsatt ikke godt nok observert. Denne avhandlingen og de tre artiklene
som inngår i den, presenterer to metoder for å observere det konvektive strømn-
ingsfeltet ved hjelp av forskjellige lidar-baserte målemetoder, både over hav og
flatt og komplekst terreng over land. Disse målingene av strømningsfeltet kan
brukes til å trekke ut grunnleggende konvektive egenskaper, som for eksempel
karakteristiske høyde- og lengdeskalaer, samt vertikale hastigheter. Å kombinere
dette med supplerende meteorologiske målinger muliggjør undersøkelsen av sam-
spillet mellom disse egenskapene og andre prosesser i det konvektive grenselaget.

I artikkel I identifiserer vi de oppløselige skalaene til turbulente og organiserte
virvler i det marine konvektive grenselaget fra vindprofiler tatt med lidar på et skip
i bevegelse. Artikkel I evaluerer påvirkningen av skipsbevegelsen og bevegelsesko-
rreksjon på lidarobservasjonenes statistikk og spekter. I tillegg inkluderer avhan-
dlingen en evaluering av bevegelseskorreksjonsalgoritmen på et datasett innhentet
under et kontrollert eksperiment med bevegelse. Resultatene fra artikkel I viser
at dersom bakgrunnshastigheten er tilstrekkelig kan de konvektive skalaene bli
oppløst med en profilerende lidar.

Tilsvarende konvektive strukturer under et kaldluftsutbrudd er analysert i
artikkel II. Studien anvender spektral koherens- og faseanalyse på det konvek-
tive strømningsfeltet fra lidarobservasjoner for å studere karakteristikkene til ko-
herente strukturer i organisert konveksjon. Utviklingen av strukturstørrelser og
hastighet på korte tidsskalaer er følsomme for overflatelagets lagdeling og vind-
skjær. De største strukturene blir observert under forhold der oppdriftsproduksjo-
nen marginalt overgår skjærsproduksjonen av turbulens. Over lange tidsskalaer
bidrar disse storskala strukturene til omvelting og at det marine konvektive grense-
laget blir dypere.

Artikkel III utforsker muligheten til å bruke to landbaserte lidar systemer i
dual-scanning oppsett for å måle konveksjon. Studien introduserer en avansert
filtrering og en interpolasjonsmetode i tid som forbedrer lidardataene vesentlig
for å måle konveksjon. Observasjonene viser at formen og utviklingen til de kon-
vektive strukturene, samt samspillet mellom disse strukturene og andre prosesser i
det atmosfæriske grenselaget, hovedsakelig blir påvirket av variasjoner i lokasjon,
f.eks. flatt kontra komplekst terreng, eller innlandet kontra kysten.

Avhandlingen følger opp funnene i artikkel III, og presenterer de første re-
sultatene av det konvektive strømningsfeltet funnet ved hjelp av en euleriansk
tilnærming ved bruk av dual-scanning lidar og en lagransk tilnærming som tar
i bruk glidere for å måle nøkkelparametrer fra konveksjon, slik som hastighet,
temperatur og fuktighet. For det presenterte tilfellet utfyller den eulerianske og
lagranske tilnærmingen hverandre og gir detaljert informasjon om henholdsvis de
nedre og øvre delene av de konvektive strukturene.
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Konveksjonharstorinnvirkningpåstrukturenogutviklingenavdetatmosfæriske
grenselaget.Deterimidlertidutfordrendeåmåledekarakteristiskelengde-og
tidsskalaenevedhjelpavkonvensjonellemeteorologiskemetoder.Derforerkon-
veksjonfortsattikkegodtnokobservert.Denneavhandlingenogdetreartiklene
sominngåriden,presenterertometoderforåobserveredetkonvektivestrømn-
ingsfeltetvedhjelpavforskjelligelidar-basertemålemetoder,bådeoverhavog
flattogkomplekstterrengoverland.Dissemålingeneavstrømningsfeltetkan
brukestilåtrekkeutgrunnleggendekonvektiveegenskaper,somforeksempel
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herentestruktureriorganisertkonveksjon.Utviklingenavstrukturstørrelserog
hastighetpåkortetidsskalaererfølsommeforoverflatelagetslagdelingogvind-
skjær.Destørstestruktureneblirobservertunderforholdderoppdriftsproduksjo-
nenmarginaltovergårskjærsproduksjonenavturbulens.Overlangetidsskalaer
bidrardissestorskalastrukturenetilomveltingogatdetmarinekonvektivegrense-
lagetblirdypere.
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Sammendrag

Konveksjon har stor innvirkning på strukturen og utviklingen av det atmosfæriske
grenselaget. Det er imidlertid utfordrende å måle de karakteristiske lengde- og
tidsskalaene ved hjelp av konvensjonelle meteorologiske metoder. Derfor er kon-
veksjon fortsatt ikke godt nok observert. Denne avhandlingen og de tre artiklene
som inngår i den, presenterer to metoder for å observere det konvektive strømn-
ingsfeltet ved hjelp av forskjellige lidar-baserte målemetoder, både over hav og
flatt og komplekst terreng over land. Disse målingene av strømningsfeltet kan
brukes til å trekke ut grunnleggende konvektive egenskaper, som for eksempel
karakteristiske høyde- og lengdeskalaer, samt vertikale hastigheter. Å kombinere
dette med supplerende meteorologiske målinger muliggjør undersøkelsen av sam-
spillet mellom disse egenskapene og andre prosesser i det konvektive grenselaget.

I artikkel I identifiserer vi de oppløselige skalaene til turbulente og organiserte
virvler i det marine konvektive grenselaget fra vindprofiler tatt med lidar på et skip
i bevegelse. Artikkel I evaluerer påvirkningen av skipsbevegelsen og bevegelsesko-
rreksjon på lidarobservasjonenes statistikk og spekter. I tillegg inkluderer avhan-
dlingen en evaluering av bevegelseskorreksjonsalgoritmen på et datasett innhentet
under et kontrollert eksperiment med bevegelse. Resultatene fra artikkel I viser
at dersom bakgrunnshastigheten er tilstrekkelig kan de konvektive skalaene bli
oppløst med en profilerende lidar.

Tilsvarende konvektive strukturer under et kaldluftsutbrudd er analysert i
artikkel II. Studien anvender spektral koherens- og faseanalyse på det konvek-
tive strømningsfeltet fra lidarobservasjoner for å studere karakteristikkene til ko-
herente strukturer i organisert konveksjon. Utviklingen av strukturstørrelser og
hastighet på korte tidsskalaer er følsomme for overflatelagets lagdeling og vind-
skjær. De største strukturene blir observert under forhold der oppdriftsproduksjo-
nen marginalt overgår skjærsproduksjonen av turbulens. Over lange tidsskalaer
bidrar disse storskala strukturene til omvelting og at det marine konvektive grense-
laget blir dypere.

Artikkel III utforsker muligheten til å bruke to landbaserte lidar systemer i
dual-scanning oppsett for å måle konveksjon. Studien introduserer en avansert
filtrering og en interpolasjonsmetode i tid som forbedrer lidardataene vesentlig
for å måle konveksjon. Observasjonene viser at formen og utviklingen til de kon-
vektive strukturene, samt samspillet mellom disse strukturene og andre prosesser i
det atmosfæriske grenselaget, hovedsakelig blir påvirket av variasjoner i lokasjon,
f.eks. flatt kontra komplekst terreng, eller innlandet kontra kysten.

Avhandlingen følger opp funnene i artikkel III, og presenterer de første re-
sultatene av det konvektive strømningsfeltet funnet ved hjelp av en euleriansk
tilnærming ved bruk av dual-scanning lidar og en lagransk tilnærming som tar
i bruk glidere for å måle nøkkelparametrer fra konveksjon, slik som hastighet,
temperatur og fuktighet. For det presenterte tilfellet utfyller den eulerianske og
lagranske tilnærmingen hverandre og gir detaljert informasjon om henholdsvis de
nedre og øvre delene av de konvektive strukturene.
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Outline and Scientific contribution

This thesis consists of an introductory part and three scientific papers. Chap-
ter 1 gives an introduction to the thesis. Objectives and research questions are
introduced in chapter 2. Further, chapter 3 gives an overview over the scientific
background. The methods are presented in chapter 4. A summary and the com-
mon theme that links each of the three papers is given in chapter 5. Further, some
additional, complementing material is presented in chapter 6. Finally, a conclu-
sion and outlook to the thesis are given in chapter 7. The papers I, II, and III
included in this thesis are:

I Duscha et al. (2020):
Christiane Duscha, Mostafa Bakhoday Paskyabi and Joachim Reuder,
(2020) Statistic and Coherence Response of Ship-based Lidar Observations
to Motion Compensation, Journal of Physics: Conference Series 1669/01,
doi:10.1088/1742-6596/1669/1/012020

II Duscha et al. (2022):
Christiane Duscha, Christopher Barrell, Ian A. Renfrew, Ian M. Brooks,
Harald Sodemann and Joachim Reuder, (2022) A Ship-Based Characteriza-
tion of Coherent Boundary-Layer Structures Over the Lifecycle of a Marine
Cold-Air Outbreak, Boundary-Layer Meteorology 183/355-380,
doi:10.1007/s10546-022-00692-y

III Duscha et al. (2023):
Christiane Duscha, Juraj Pálenik, Thomas Spengler, Joachim Reuder,
(2023) Observing atmospheric convection with dual-scanning lidars, Atmo-
spheric Measurement Techniques 16/5103-5123
doi:10.5194/amt-16-5103-2023

Additional contributions to publications:
i Renfrew et al. (2019): The Iceland Greenland Seas Project

ii Renfrew et al. (2020): An evaluation of surface meteorology and fluxes over
the Iceland and Greenland Seas in ERA5 reanalysis: The impact of sea ice
distribution
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1 Introduction

The convective boundary layer (CBL) is dominated by buoyancy-driven turbu-
lence generation (Stull, 1988), where larger turbulent eddies typically organize
into distinct convective structures (Young, 1988a). Such convective structures
strongly contribute to the deepening of the boundary layer, the overturning of i.e.
heat, moisture, momentum, and energy, as well as the formation of clouds, severe
thunderstorms, and precipitation (Stull, 1988; Emanuel, 1994). These processes
that are inherent to convection are further important for the transport of aerosols
and pollutants (Kunkel et al., 1977; Melfi et al., 1985), the interplay with gust
fronts, convergence lines, and cold pools (Jeevanjee and Romps, 2015; Liu et al.,
2023), the impact on flight safety at airports (Ito et al., 2020; Wan et al., 2021),
the loads on wind turbines (Kumer et al., 2016; Lu et al., 2019) or bridges (Wang
et al., 2018), the interaction with wind turbine wakes (Zhang et al., 2013), and lo-
cal urban ventilation (de Foy et al., 2006), to name some examples. However, suf-
ficiently characterizing this complex and dynamic, three-dimensional atmospheric
phenomenon, that extends both horizontally, and vertically throughout the depth
of the CBL is challenging with conventional meteorological instrumentation and
setups, including most ground-based in situ measurement networks and profiling
techniques (Geerts et al., 2018), particularly in remote locations, i.e. offshore or
in complex, inaccessible terrain.

Profiles of wind, temperature and humidity from meteorological masts (see e.g
LeMone, 1973; Kaimal et al., 1982) are restricted to the lowest few hundred or less
meters of the CBL, while convection usually reaches considerably higher. Also,
large mast are difficult or very costly to erect and move and are rarely installed
offshore, with only few exceptions, such as the FINO-1 platform in the North
Sea (Fischer , 2006). Radiosondes are more mobile than masts and reach much
higher, but provide only a single profile with a time resolution that is restricted by
the number of launches (e.g. Furevik and Haakenstad, 2012; Vömel and Fujiwara,
2021). A single profile is not capable to capture the convective structure as a
whole, including both the updraft and downdraft pattern, as well as horizontal
convergence or divergence of the flow. Measurements from tethered balloons or
kites (e.g. Kaimal et al., 1976) usually provide profiles of higher resolution than
radiosondes, yet their use is restricted to certain meteorological condition and
usually their operation is not automatized, limiting the measurements to special
observing periods. Possibly the most prominent and detailed measurements of
the CBL in the past are achieved by aircraft studies (e.g. LeMone, 1976; Kaimal
et al., 1982; Young, 1988b; Brümmer , 1996; Hartmann et al., 1997; Cieszelski,
1998; Renfrew and Moore, 1999; Cook and Renfrew, 2015; Brilouet et al., 2017;
Adler et al., 2019). Aircraft-based measurements are capable to obtain snapshots
of the convective circulation throughout the CBL, yet their temporal and spatial
coverage is limited by the flight duration and trajectory. As a consequence, the
dynamic, three-dimensional characteristics of convection remain under-sampled
by conventional meteorological approaches in terms of required spatio-temporal
resolution and long-term coverage.
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higher,butprovideonlyasingleprofilewithatimeresolutionthatisrestrictedby
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2 Introduction

Active and passive remote sensing can provide corresponding observations and
has consequently the potential to fill this observational gap, on the condition
that observational strategies are optimized to derive convection characteristics.
Here, the structure and evolution of the convective circulation, hence the three-
dimensional velocity field, is of major interest. Therefore, this dissertation ex-
plores the capability of wind-profiling and scanning lidar (Light Detection and
Ranging) observations to obtain insight into the convective dynamics, that can
complement estimates of CBL characteristics provided by conventional meteoro-
logical measurements and other remote sensing techniques.

Lidar systems have become increasingly relevant for wind profiling (e.g.
Werner , 2005; Calhoun et al., 2006) and sampling of the multi-dimensional wind
field (e.g. Newsom et al., 2005, 2008; Stawiarski et al., 2013; Vasiljević et al., 2017;
Whiteman et al., 2018; Wildmann et al., 2018; Haid et al., 2020; Adler et al., 2020,
2021). Driven by the demand for cost efficient and mobile profile observations
of the three-dimensional wind speed components by the wind energy industry,
Doppler lidar systems have become comparably lightweight and affordable.This
development in lidar technology has enabled the possibility for more advanced se-
tups in remote locations, e.g. offshore (e.g. Peña et al., 2009), and particularly
on moving platforms, such as buoys (e.g. Gutiérrez-Antuñano et al., 2017; Viselli
et al., 2019; Kelberlau et al., 2020) and ships (e.g. Wolken-Möhlmann et al., 2014;
Achtert et al., 2015; Gottschall et al., 2017, 2018; Zentek et al., 2018). Such in-
stallations are, however, exposed to platform motion, and require compensating
measures, that are either included in the installation and actively compensate
the motion (e.g. Achtert et al., 2015), or are part of a post-processing procedure
(e.g. Wolken-Möhlmann et al., 2014; Kelberlau et al., 2020). As lidars provide
first and foremost a one dimensional perspective (literally), achieving profiles or
cross-sections of the three-dimensional wind with Doppler lidars requires the ap-
plication of scan patterns that are subject to certain assumptions (i.e. profiling
lidars assume horizontal homogeneity of the flow). Here, some limitations ap-
pear for the utility of the lidar observations, i.e. small scale turbulence of the
three wind components can not be resolved simultaneously by the standard lidar
profiling technique and also the more advanced scanning techniques are limited
to observe turbulence (Sathe et al., 2011; Sathe and Mann, 2013). Even though
convective structures are on the large scale end of the turbulent velocity spec-
trum, the ability of lidar to sufficiently capture the three-dimensional structure
of the convective circulation is only sparsly studied and not yet utilized to its full
potential.

In the past, lidars have demonstrated their capabilities to obtain the trace of
convective updrafts from aerosol-backscatter (e.g. Kunkel et al., 1977; Melfi et al.,
1985; Atlas et al., 1986) and the gradient of the backscatter is commonly used to
estimate the depth of the CBL (Wilczak et al., 1996; White et al., 1999; Hägeli
et al., 2000; Martucci et al., 2007; Emeis et al., 2008). Further, vertically point-
ing lidar observations are utilized to study the integral length scales, turbulence
statistics, and spectra of vertical velocity in the CBL (Lothon et al., 2006, 2009;
Adler et al., 2019). These approaches rely on the presence of advection and the
existence of rather stationary convective structures, such that Taylor’s Hypoth-
esis of frozen turbulence can be applied (see e.g. Han et al., 2019), yielding a
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Here, the structure and evolution of the convective circulation, hence the three-
dimensional velocity field, is of major interest. Therefore, this dissertation ex-
plores the capability of wind-profiling and scanning lidar (Light Detection and
Ranging) observations to obtain insight into the convective dynamics, that can
complement estimates of CBL characteristics provided by conventional meteoro-
logical measurements and other remote sensing techniques.

Lidar systems have become increasingly relevant for wind profiling (e.g.
Werner , 2005; Calhoun et al., 2006) and sampling of the multi-dimensional wind
field (e.g. Newsom et al., 2005, 2008; Stawiarski et al., 2013; Vasiljević et al., 2017;
Whiteman et al., 2018; Wildmann et al., 2018; Haid et al., 2020; Adler et al., 2020,
2021). Driven by the demand for cost efficient and mobile profile observations
of the three-dimensional wind speed components by the wind energy industry,
Doppler lidar systems have become comparably lightweight and affordable.This
development in lidar technology has enabled the possibility for more advanced se-
tups in remote locations, e.g. offshore (e.g. Peña et al., 2009), and particularly
on moving platforms, such as buoys (e.g. Gutiérrez-Antuñano et al., 2017; Viselli
et al., 2019; Kelberlau et al., 2020) and ships (e.g. Wolken-Möhlmann et al., 2014;
Achtert et al., 2015; Gottschall et al., 2017, 2018; Zentek et al., 2018). Such in-
stallations are, however, exposed to platform motion, and require compensating
measures, that are either included in the installation and actively compensate
the motion (e.g. Achtert et al., 2015), or are part of a post-processing procedure
(e.g. Wolken-Möhlmann et al., 2014; Kelberlau et al., 2020). As lidars provide
first and foremost a one dimensional perspective (literally), achieving profiles or
cross-sections of the three-dimensional wind with Doppler lidars requires the ap-
plication of scan patterns that are subject to certain assumptions (i.e. profiling
lidars assume horizontal homogeneity of the flow). Here, some limitations ap-
pear for the utility of the lidar observations, i.e. small scale turbulence of the
three wind components can not be resolved simultaneously by the standard lidar
profiling technique and also the more advanced scanning techniques are limited
to observe turbulence (Sathe et al., 2011; Sathe and Mann, 2013). Even though
convective structures are on the large scale end of the turbulent velocity spec-
trum, the ability of lidar to sufficiently capture the three-dimensional structure
of the convective circulation is only sparsly studied and not yet utilized to its full
potential.

In the past, lidars have demonstrated their capabilities to obtain the trace of
convective updrafts from aerosol-backscatter (e.g. Kunkel et al., 1977; Melfi et al.,
1985; Atlas et al., 1986) and the gradient of the backscatter is commonly used to
estimate the depth of the CBL (Wilczak et al., 1996; White et al., 1999; Hägeli
et al., 2000; Martucci et al., 2007; Emeis et al., 2008). Further, vertically point-
ing lidar observations are utilized to study the integral length scales, turbulence
statistics, and spectra of vertical velocity in the CBL (Lothon et al., 2006, 2009;
Adler et al., 2019). These approaches rely on the presence of advection and the
existence of rather stationary convective structures, such that Taylor’s Hypoth-
esis of frozen turbulence can be applied (see e.g. Han et al., 2019), yielding a
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time series of convective structures that pass the lidar observational volume. In
the absence of advection, a time series of at least two-dimensional cross-sections
is required to capture the evolution of the entire convective circulation. Several
studies identified the presence of convective structures as convergence and diver-
gence pattern in the horizontal velocity field. Yoshino (2019) utilized horizontal
scans of a single lidar that, however, only provided a one-dimensional velocity
estimate and required additional simulations to confirm the convective patterns.
Newsom et al. (2005), Iwai et al. (2008), and Adler et al. (2020) identified convec-
tive structures based on the horizontal velocity vector retrieved within a plane of
horizontally overlapping dual-lidar observations, that also allowed to obtain ver-
tical velocity estimates based on continuity. Here, only Iwai et al. (2008) provides
vertical velocity estimates for multiple altitudes. However, the time required to
achieve this three-dimensional representation of the convection exceeds the typ-
ically expected evolution period of the convective structures. Further, vertical
cross-sections from coplanar lidar observations, documenting the convective cir-
culation, are obtained by Röhner and Träumner (2013), who, however do not
make use of the cross-section, but constrain the analysis to one dimension.

As a consequence to the shortcomings of earlier lidar approaches, the focus of
this dissertation is on investigating and optimizing the setup, scan procedure and
processing of profiling and scanning lidar systems for the characterization of con-
vective circulation in marine environments and over land. The three published
papers, this dissertation is based on, assemble the major scientific implications
of the utility of these lidar systems, respectively. The papers are presented in
chronological order, mirroring the scientific focus and progression of the disserta-
tion over time. Here, the papers I and II address the capability of profiling lidars
in a marine environment utilizing a ship-based lidar installation. Paper I focuses
on the technical realisation, hence the lidar capabilities to successfully sample con-
vection from a moving platform and data processing procedures, that are further
evaluated in section 6.1. Paper II presents and investigates lidar observations of
the convective flow and corresponding estimates of convective properties in the
marine atmospheric boundary layer. This profiling lidar approach to sample con-
vection is, however, limited to cases of strong and consistent advection with a
horizontally homogeneous heat source at the surface. Such conditions are com-
mon over the ocean, e.g. during CAO events, yet sparsely found over land. To
capture the typical land-based convection, a different approach based on dual-
scanning lidars was selected. The knowledge acquired during the work on papers
I and II contributed to and inspired the design of the lidar deployment in three
field campaigns. Paper III introduces both the technical background, document-
ing the data processing procedures, and presents an estimate and analysis of the
convective flow field captured during two of the three field campaigns that had
very similar scanning dual-lidar setups. Following up on Paper III, section 6.2
presents the setup and some first results from the third field campaign, which
featured a more advanced lidar installation and complementing meteorological
measurements.
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time series of convective structures that pass the lidar observational volume. In
the absence of advection, a time series of at least two-dimensional cross-sections
is required to capture the evolution of the entire convective circulation. Several
studies identified the presence of convective structures as convergence and diver-
gence pattern in the horizontal velocity field. Yoshino (2019) utilized horizontal
scans of a single lidar that, however, only provided a one-dimensional velocity
estimate and required additional simulations to confirm the convective patterns.
Newsom et al. (2005), Iwai et al. (2008), and Adler et al. (2020) identified convec-
tive structures based on the horizontal velocity vector retrieved within a plane of
horizontally overlapping dual-lidar observations, that also allowed to obtain ver-
tical velocity estimates based on continuity. Here, only Iwai et al. (2008) provides
vertical velocity estimates for multiple altitudes. However, the time required to
achieve this three-dimensional representation of the convection exceeds the typ-
ically expected evolution period of the convective structures. Further, vertical
cross-sections from coplanar lidar observations, documenting the convective cir-
culation, are obtained by Röhner and Träumner (2013), who, however do not
make use of the cross-section, but constrain the analysis to one dimension.

As a consequence to the shortcomings of earlier lidar approaches, the focus of
this dissertation is on investigating and optimizing the setup, scan procedure and
processing of profiling and scanning lidar systems for the characterization of con-
vective circulation in marine environments and over land. The three published
papers, this dissertation is based on, assemble the major scientific implications
of the utility of these lidar systems, respectively. The papers are presented in
chronological order, mirroring the scientific focus and progression of the disserta-
tion over time. Here, the papers I and II address the capability of profiling lidars
in a marine environment utilizing a ship-based lidar installation. Paper I focuses
on the technical realisation, hence the lidar capabilities to successfully sample con-
vection from a moving platform and data processing procedures, that are further
evaluated in section 6.1. Paper II presents and investigates lidar observations of
the convective flow and corresponding estimates of convective properties in the
marine atmospheric boundary layer. This profiling lidar approach to sample con-
vection is, however, limited to cases of strong and consistent advection with a
horizontally homogeneous heat source at the surface. Such conditions are com-
mon over the ocean, e.g. during CAO events, yet sparsely found over land. To
capture the typical land-based convection, a different approach based on dual-
scanning lidars was selected. The knowledge acquired during the work on papers
I and II contributed to and inspired the design of the lidar deployment in three
field campaigns. Paper III introduces both the technical background, document-
ing the data processing procedures, and presents an estimate and analysis of the
convective flow field captured during two of the three field campaigns that had
very similar scanning dual-lidar setups. Following up on Paper III, section 6.2
presents the setup and some first results from the third field campaign, which
featured a more advanced lidar installation and complementing meteorological
measurements.
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theabsenceofadvection,atimeseriesofatleasttwo-dimensionalcross-sections
isrequiredtocapturetheevolutionoftheentireconvectivecirculation.Several
studiesidentifiedthepresenceofconvectivestructuresasconvergenceanddiver-
gencepatterninthehorizontalvelocityfield.Yoshino(2019)utilizedhorizontal
scansofasinglelidarthat,however,onlyprovidedaone-dimensionalvelocity
estimateandrequiredadditionalsimulationstoconfirmtheconvectivepatterns.
Newsometal.(2005),Iwaietal.(2008),andAdleretal.(2020)identifiedconvec-
tivestructuresbasedonthehorizontalvelocityvectorretrievedwithinaplaneof
horizontallyoverlappingdual-lidarobservations,thatalsoallowedtoobtainver-
ticalvelocityestimatesbasedoncontinuity.Here,onlyIwaietal.(2008)provides
verticalvelocityestimatesformultiplealtitudes.However,thetimerequiredto
achievethisthree-dimensionalrepresentationoftheconvectionexceedsthetyp-
icallyexpectedevolutionperiodoftheconvectivestructures.Further,vertical
cross-sectionsfromcoplanarlidarobservations,documentingtheconvectivecir-
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Asaconsequencetotheshortcomingsofearlierlidarapproaches,thefocusof
thisdissertationisoninvestigatingandoptimizingthesetup,scanprocedureand
processingofprofilingandscanninglidarsystemsforthecharacterizationofcon-
vectivecirculationinmarineenvironmentsandoverland.Thethreepublished
papers,thisdissertationisbasedon,assemblethemajorscientificimplications
oftheutilityoftheselidarsystems,respectively.Thepapersarepresentedin
chronologicalorder,mirroringthescientificfocusandprogressionofthedisserta-
tionovertime.Here,thepapersIandIIaddressthecapabilityofprofilinglidars
inamarineenvironmentutilizingaship-basedlidarinstallation.PaperIfocuses
onthetechnicalrealisation,hencethelidarcapabilitiestosuccessfullysamplecon-
vectionfromamovingplatformanddataprocessingprocedures,thatarefurther
evaluatedinsection6.1.PaperIIpresentsandinvestigateslidarobservationsof
theconvectiveflowandcorrespondingestimatesofconvectivepropertiesinthe
marineatmosphericboundarylayer.Thisprofilinglidarapproachtosamplecon-
vectionis,however,limitedtocasesofstrongandconsistentadvectionwitha
horizontallyhomogeneousheatsourceatthesurface.Suchconditionsarecom-
monovertheocean,e.g.duringCAOevents,yetsparselyfoundoverland.To
capturethetypicalland-basedconvection,adifferentapproachbasedondual-
scanninglidarswasselected.Theknowledgeacquiredduringtheworkonpapers
IandIIcontributedtoandinspiredthedesignofthelidardeploymentinthree
fieldcampaigns.PaperIIIintroducesboththetechnicalbackground,document-
ingthedataprocessingprocedures,andpresentsanestimateandanalysisofthe
convectiveflowfieldcapturedduringtwoofthethreefieldcampaignsthathad
verysimilarscanningdual-lidarsetups.FollowinguponPaperIII,section6.2
presentsthesetupandsomefirstresultsfromthethirdfieldcampaign,which
featuredamoreadvancedlidarinstallationandcomplementingmeteorological
measurements.
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2 Objective and Reseach Questions

The primary objective of this dissertation is to investigate and quantify the po-
tential, and the limitations of profiling and scanning lidars to deepen our un-
derstanding of the dynamic characteristics of atmospheric convection. Here, the
individual studies focus on assessing the different lidar types and the respective re-
quirements to characterize convection in different meteorological settings, guiding
the following research questions (RC):

1. What are the limitations of each lidar type and have these lidars the reqired
capabilities for effective convection research, despite the identified limita-
tions?

(a) What are the limitations of moving, motion-impacted profiling lidars to
characterize convection in the marine atmospheric boundary layer?

(b) What are the limitations of dual-scanning lidars to characterize convec-
tion in flat and complex terrain?

2. How can the lidar setup and lidar data processing be optimized to mitigate
the identified limitations and achieve high quality data for the characteriza-
tion of convection?

3. What are the advantages of profiling and scanning lidars over conventional
meteorological instrumentation and measurement setups to sample convec-
tion?

4. Which convective properties can be extracted from profiling and scanning
lidar observations?

5. How does atmospheric convection interact with other boundary-layer pro-
cesses and parameters?

(a) How does convection manifest for different background conditions
(ocean vs. land, different initial conditions, topography etc.)?

(b) What is the impact of convective structures of different sizes and
strength on boundary-layer growth, overturning, and development of
stability?

Paper I addresses RC-1.a and RC-2. Paper II addresses RC-1.a, RC-3, RC-4,
RC-5.a and RC-5.b. Finally, Paper III addresses RC-1.b, RC-2, RC-3, RC-4 and
RC-5.a. A resolution to and further perspectives on RC-1, RC-2, and RC-3 are
presented in Sect. 7.1, and Sect. 7.2 addresses RC-3, RC-4 and RC-5.
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3 Background

3.1 Convection

Thermal convection describes the buoyancy-driven vertical motion of a fluid
against stabilizing effects, i.e. viscosity, or gravitation (Bergé and Dubois, 1984).
Convection is an important process in the atmosphere, but also in fluids physics
in general. First experimental studies on thermal convection were performed by
Henri Bérnard (Bénard, 1900). Then, Lord Rayleigh (Rayleigh, 1916) presented
a first theoretical approach to explain Bénards observations. Bergé and Dubois
(1984) summarized the findings of Bénard and Rayleigh and explained the physics
and dynamics of "Rayleigh-Bénard" convection, utilized here to explain the gen-
eral conditions required for the initialization of convection:

Rayleigh-Bénard convection is one of the simplest forms of convection. Gen-
erally, it is described by the motion of an isotropic fluid, with temperature-
independent properties except for density (Boussinesq approximation), that is
confined by two rigid plates of good thermal conductivity above and below. A re-
quirement for the onset of Rayleigh-Bénard convection in any fluid is the presence
of a vertical temperature, and hence vertical density gradient. Yet, in equilibrium,
where the temperature and density gradients are horizontally homogeneous, there
will be no forcing on the fluid particles and hence no onset of convective motion.
Only an additional local perturbation in temperature (and density) can force the
onset of convection. The required strength of this perturbation is dependent on
the Rayleigh-number:

Ra =
τν
τC

(3.1)

which describes the ratio of diffusive time scale to convective time scale of the
perturbation, where τν is the diffusive relaxation time (s), τC is the convective
time scale (s). The condition for the onset of convective motion, independent of
the fluid, is that Ra exceeds a critical value (Rac = 1707), which ensures that
convective transport is much faster than diffusive transport in the fluid. (Bergé
and Dubois, 1984)

The onset of the convection, more specifically the location of the perturbation
determines the convective motion pattern. During equilibrium conditions, in the
idealised fluid setup with a heated plate as the lower boundary and a cooled plate
as the upper boundary (see Fig. 3.1), upward motion has the same probability as
downward motion. In this idealised case, convection can therefore start with an
upward motion due to perturbation (local decrease in density) at the bottom or a
downward motion due to perturbation (local increase of density) at the top of the
domain (bifurcation). In an experimental setup, small imperfections and lateral
boundaries decide the branch of the bifurcation. After the onset, a circulating
pattern with both updraft and downdraft evolves. The evolution of the pattern
is dependent on the Prandtl-number of the fluid:

Pr =
τth
τν

(3.2)
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Rayleigh-Bénardconvectionisoneofthesimplestformsofconvection.Gen-
erally,itisdescribedbythemotionofanisotropicfluid,withtemperature-
independentpropertiesexceptfordensity(Boussinesqapproximation),thatis
confinedbytworigidplatesofgoodthermalconductivityaboveandbelow.Are-
quirementfortheonsetofRayleigh-Bénardconvectioninanyfluidisthepresence
ofaverticaltemperature,andhenceverticaldensitygradient.Yet,inequilibrium,
wherethetemperatureanddensitygradientsarehorizontallyhomogeneous,there
willbenoforcingonthefluidparticlesandhencenoonsetofconvectivemotion.
Onlyanadditionallocalperturbationintemperature(anddensity)canforcethe
onsetofconvection.Therequiredstrengthofthisperturbationisdependenton
theRayleigh-number:

Ra=
τν
τC

(3.1)

whichdescribestheratioofdiffusivetimescaletoconvectivetimescaleofthe
perturbation,whereτνisthediffusiverelaxationtime(s),τCistheconvective
timescale(s).Theconditionfortheonsetofconvectivemotion,independentof
thefluid,isthatRaexceedsacriticalvalue(Rac=1707),whichensuresthat
convectivetransportismuchfasterthandiffusivetransportinthefluid.(Bergé
andDubois,1984)

Theonsetoftheconvection,morespecificallythelocationoftheperturbation
determinestheconvectivemotionpattern.Duringequilibriumconditions,inthe
idealisedfluidsetupwithaheatedplateasthelowerboundaryandacooledplate
astheupperboundary(seeFig.3.1),upwardmotionhasthesameprobabilityas
downwardmotion.Inthisidealisedcase,convectioncanthereforestartwithan
upwardmotionduetoperturbation(localdecreaseindensity)atthebottomora
downwardmotionduetoperturbation(localincreaseofdensity)atthetopofthe
domain(bifurcation).Inanexperimentalsetup,smallimperfectionsandlateral
boundariesdecidethebranchofthebifurcation.Aftertheonset,acirculating
patternwithbothupdraftanddowndraftevolves.Theevolutionofthepattern
isdependentonthePrandtl-numberofthefluid:
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Figure 3.1: Bifurcation of the onset of convective motion in an idealised setup between two
rigid plates, where the bottom plate is heated and the top plate is cooled. Left: Branch 1
corresponds to temperature (density) perturbation in the bottom boundary layer, initializing the
convective circulation with an updraft. Middle: Branch 2 corresponds to temperature (density)
perturbation in the top boundary layer, initializing the convective circulation with a downdraft.
Right: Idialized temperature profile between the two rigid plates. (Based on Bergé and Dubois,
1984, adapted from Figure 22)

which describes the ratio of momentum diffusivity and thermal diffusivity, where
τth is the thermal relaxation time (s). For large Pr (buoyant forcing), momen-
tum diffuses faster than temperature and the velocity perturbations follow the
temperature perturbations. For small Pr (inertial forcing), the temperature per-
turbation relaxes faster than the velocity perturbation, that may persist even after
the temperature perturbation vanished. (Bergé and Dubois, 1984)

In contrast to the idealised case, fluid properties, such as the viscosity are
dependent on the fluid temperature (non-Boussinesq convection). Viscosity in-
creases with decreasing temperature at the upper boundary, yielding smaller Ra.
Hence upward motions at the onset of convection are usually favoured. The typi-
cal hexagonal shape1 of "Rayleigh-Bénard" convection or convective ”rolls” which
form in the presence of high Pr numbers, can be attributed to non-Boussinesq
convection (Bergé and Dubois, 1984). These convective structures are highly or-
ganized and usually studied in laboratory experiments, but similar organization
of the convective circulation may also occur in the atmosphere (see Sect. 3.2 and
Cieszelski, 1998). The eventual organization of the convective circulation pat-
terns in the atmosphere is strongly dependent on the initial conditions of the
flow and a small perturbation of these initial conditions may change the resulting
flow field completely. This property of atmospheric convection was demonstrated
by Lorenz (1963), who discovered deterministic chaos while numerically solving
a simplified mathematical system initially outlined by Saltzman (1962) used to
describe atmospheric convection.

In the atmosphere, convection may be initialised by a density perturbation,
that results from a locally increased buoyant forcing due to surface heterogeneities,
yet also inertial forcing (e.g. lifting over mountain, shear turbulence generated
by change in surface roughness, convergence lines, or a cold-pool gust front) may

1A famous example of the remnant of Rayleigh-Bénard convection in lava is the stone formation ”giants
causeway” that features ”frozen”, hexagonal Rayleigh-Bénard structures
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cause the onset of convective circulation (e.g. Jeevanjee and Romps, 2015; Liu
et al., 2023). The acceleration and maintenance of velocities of the atmospheric
convective circulation mainly result from the balance between archimedian buoy-
ancy, B, and the gradient of the pressure perturbation, ∂zp′s, (see Fig. 3.2) that
is created as a reaction from the environment to the acceleration of the buoyant
parcels (Jeevanjee and Romps, 2016). The effective buoyancy, β, that combines

Figure 3.2: Vertical acceleration due to archimedian buoyancy, B, pushes up the pressure con-
tours, creating a non-hydrostatic pressure anomaly, p′s. The resulting gradient of the pressure
perturbation, ∂zp′s, works against the vertical velocity acceleration forces of B.

the balance of the accelerating forces B and ∂zp
′
s, of an air parcel decreases with

increasing aspect ratio D/H (D: diameter, H: height) of the convective updraft.
Further, β decreases with time, as the convection develops internal circulation,
causing inertial forces to gain importance, and entrains environmental air. Even-
tually, drag forces are expected to cancel the buoyant accelerations yielding a
terminal updraft velocity. Convection with bubble characteristics, as well as ther-
mal2 characteristics can solve the balance of the convective forces, yet each results
in different terminal updraft velocity profiles and hence has different implications
for the transport in the CBL.(Jeevanjee and Romps, 2016)

3.2 The convective atmospheric boundary layer

In the atmosphere of our planet, convection is most prominent in the boundary
layer. A detailed introduction on this lowest part of the atmosphere, which is
directly impacted by the planet’s surface, including the CBL state and evolution,
is given by Stull (1988):

The CBL is characterized by buoyancy dominated turbulence generation,
where larger buoyancy-driven eddies can take the form of convective plumes,
thermals, or bubbles (e.g. Young, 1988a). Both over land and over the ocean,
three layers of distinct characteristics with respect to the vertical behavior of the
mean atmospheric parameters, i.e., temperature, humidity and wind, can be de-
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fined throughout the depth of the CBL: the surface layer, the mixed layer and the
entrainment zone (see Figure 3.3).

Figure 3.3: Mean Structure of the CBL
characteristics: mean temperature, hu-
midity and wind in the surface layer
(5%–10% of CBL depth, zi), the mixed
layer (35%–80% of zi), and the entrain-
ment zone (10%–60% of zi). Based on
Stull (1988), Figure 11.1

The surface layer is characterized by large vertical gradients of temperature and
humidity, that are decreasing with height, and strong wind shear. Here, passing
surface layer plumes, that are of the order of the surface layer depth (≈ 100 m),
superimpose a gustiness on the instantaneous wind profile (Stull, 1988). The
horizontal extent of these plumes covers less than half of the area in the surface
layer (e.g. Wilczak and Tillman, 1980), where they merge and eventually form
larger diameter thermals in the mixed layer (Kaimal et al., 1976).

Convective thermals (or bubbles) are responsible for the major transport of
heat, moisture, and momentum, etc., from the bottom to the top of the CBL, zi,
where updrafts commonly feature vertical velocities between 1 m s−1 and 2 m s−1

(Stull, 1988), yet also convective core velocities of 5 m s−1 or higher have been
reported (e.g. May and Rajopadhyaya, 1999; Pálenik et al., 2021). In addition to
the enhanced vertical mixing, lateral entrainment mixes environmental air into the
sides of the convective updraft by small eddies, while the updraft core usually stays
undiluted. Horizontal transport is strongest in the convergence zone under the
thermals and in the divergence zone above. The horizontal extent of the thermals’
circulation, that commonly consist of strong narrow updrafts and gentle wide
downdrafts, is usually larger than zi (e.g. Young, 1988a; Stull, 1988; Cieszelski,
1998). Throughout the mixed layer, the number of well-defined updrafts decreases
with altitude, indicating that not all succeed to rise to the top. As the updraft
diameter usually increases with altitude, a merging of individual updrafts is also
a plausible explanation (e.g. Williams, 1993; Renfrew and Moore, 1999).

The convective updraft often picks up aerosols or pollutants at the surface.
During the first hours after the convective onset, these particles make good trac-
ers of the thermal updraft in, e.g., lidar observations (e.g. Kunkel et al., 1977;
Melfi et al., 1985; Atlas et al., 1986, and see Fig. 3.4). Past observations with
aerosol lidar suggested that convection is mostly resembled by thermal columns
that persist for some time, rather than bubbles (Kunkel et al., 1977). Yet, with-
out complementing velocity observations, there is no ruling out the possibility
that traces of aerosols or pollutants remain even after the convective updraft has
passed. Eventually, usually around noon, the particles become uniformly mixed
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finedthroughoutthedepthoftheCBL:thesurfacelayer,themixedlayerandthe
entrainmentzone(seeFigure3.3).

Figure3.3:MeanStructureoftheCBL
characteristics:meantemperature,hu-
midityandwindinthesurfacelayer
(5%–10%ofCBLdepth,zi),themixed
layer(35%–80%ofzi),andtheentrain-
mentzone(10%–60%ofzi).Basedon
Stull(1988),Figure11.1

Thesurfacelayerischaracterizedbylargeverticalgradientsoftemperatureand
humidity,thataredecreasingwithheight,andstrongwindshear.Here,passing
surfacelayerplumes,thatareoftheorderofthesurfacelayerdepth(≈100m),
superimposeagustinessontheinstantaneouswindprofile(Stull,1988).The
horizontalextentoftheseplumescoverslessthanhalfoftheareainthesurface
layer(e.g.WilczakandTillman,1980),wheretheymergeandeventuallyform
largerdiameterthermalsinthemixedlayer(Kaimaletal.,1976).

Convectivethermals(orbubbles)areresponsibleforthemajortransportof
heat,moisture,andmomentum,etc.,fromthebottomtothetopoftheCBL,zi,
whereupdraftscommonlyfeatureverticalvelocitiesbetween1ms−1and2ms−1

(Stull,1988),yetalsoconvectivecorevelocitiesof5ms−1orhigherhavebeen
reported(e.g.MayandRajopadhyaya,1999;Páleniketal.,2021).Inadditionto
theenhancedverticalmixing,lateralentrainmentmixesenvironmentalairintothe
sidesoftheconvectiveupdraftbysmalleddies,whiletheupdraftcoreusuallystays
undiluted.Horizontaltransportisstrongestintheconvergencezoneunderthe
thermalsandinthedivergencezoneabove.Thehorizontalextentofthethermals’
circulation,thatcommonlyconsistofstrongnarrowupdraftsandgentlewide
downdrafts,isusuallylargerthanzi(e.g.Young,1988a;Stull,1988;Cieszelski,
1998).Throughoutthemixedlayer,thenumberofwell-definedupdraftsdecreases
withaltitude,indicatingthatnotallsucceedtorisetothetop.Astheupdraft
diameterusuallyincreaseswithaltitude,amergingofindividualupdraftsisalso
aplausibleexplanation(e.g.Williams,1993;RenfrewandMoore,1999).

Theconvectiveupdraftoftenpicksupaerosolsorpollutantsatthesurface.
Duringthefirsthoursaftertheconvectiveonset,theseparticlesmakegoodtrac-
ersofthethermalupdraftin,e.g.,lidarobservations(e.g.Kunkeletal.,1977;
Melfietal.,1985;Atlasetal.,1986,andseeFig.3.4).Pastobservationswith
aerosollidarsuggestedthatconvectionismostlyresembledbythermalcolumns
thatpersistforsometime,ratherthanbubbles(Kunkeletal.,1977).Yet,with-
outcomplementingvelocityobservations,thereisnorulingoutthepossibility
thattracesofaerosolsorpollutantsremainevenaftertheconvectiveupdrafthas
passed.Eventually,usuallyaroundnoon,theparticlesbecomeuniformlymixed
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surface layer plumes, that are of the order of the surface layer depth (≈ 100 m),
superimpose a gustiness on the instantaneous wind profile (Stull, 1988). The
horizontal extent of these plumes covers less than half of the area in the surface
layer (e.g. Wilczak and Tillman, 1980), where they merge and eventually form
larger diameter thermals in the mixed layer (Kaimal et al., 1976).

Convective thermals (or bubbles) are responsible for the major transport of
heat, moisture, and momentum, etc., from the bottom to the top of the CBL, zi,
where updrafts commonly feature vertical velocities between 1 m s−1 and 2 m s−1

(Stull, 1988), yet also convective core velocities of 5 m s−1 or higher have been
reported (e.g. May and Rajopadhyaya, 1999; Pálenik et al., 2021). In addition to
the enhanced vertical mixing, lateral entrainment mixes environmental air into the
sides of the convective updraft by small eddies, while the updraft core usually stays
undiluted. Horizontal transport is strongest in the convergence zone under the
thermals and in the divergence zone above. The horizontal extent of the thermals’
circulation, that commonly consist of strong narrow updrafts and gentle wide
downdrafts, is usually larger than zi (e.g. Young, 1988a; Stull, 1988; Cieszelski,
1998). Throughout the mixed layer, the number of well-defined updrafts decreases
with altitude, indicating that not all succeed to rise to the top. As the updraft
diameter usually increases with altitude, a merging of individual updrafts is also
a plausible explanation (e.g. Williams, 1993; Renfrew and Moore, 1999).

The convective updraft often picks up aerosols or pollutants at the surface.
During the first hours after the convective onset, these particles make good trac-
ers of the thermal updraft in, e.g., lidar observations (e.g. Kunkel et al., 1977;
Melfi et al., 1985; Atlas et al., 1986, and see Fig. 3.4). Past observations with
aerosol lidar suggested that convection is mostly resembled by thermal columns
that persist for some time, rather than bubbles (Kunkel et al., 1977). Yet, with-
out complementing velocity observations, there is no ruling out the possibility
that traces of aerosols or pollutants remain even after the convective updraft has
passed. Eventually, usually around noon, the particles become uniformly mixed
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Thesurfacelayerischaracterizedbylargeverticalgradientsoftemperatureand
humidity,thataredecreasingwithheight,andstrongwindshear.Here,passing
surfacelayerplumes,thatareoftheorderofthesurfacelayerdepth(≈100m),
superimposeagustinessontheinstantaneouswindprofile(Stull,1988).The
horizontalextentoftheseplumescoverslessthanhalfoftheareainthesurface
layer(e.g.WilczakandTillman,1980),wheretheymergeandeventuallyform
largerdiameterthermalsinthemixedlayer(Kaimaletal.,1976).

Convectivethermals(orbubbles)areresponsibleforthemajortransportof
heat,moisture,andmomentum,etc.,fromthebottomtothetopoftheCBL,zi,
whereupdraftscommonlyfeatureverticalvelocitiesbetween1ms−1and2ms−1

(Stull,1988),yetalsoconvectivecorevelocitiesof5ms−1orhigherhavebeen
reported(e.g.MayandRajopadhyaya,1999;Páleniketal.,2021).Inadditionto
theenhancedverticalmixing,lateralentrainmentmixesenvironmentalairintothe
sidesoftheconvectiveupdraftbysmalleddies,whiletheupdraftcoreusuallystays
undiluted.Horizontaltransportisstrongestintheconvergencezoneunderthe
thermalsandinthedivergencezoneabove.Thehorizontalextentofthethermals’
circulation,thatcommonlyconsistofstrongnarrowupdraftsandgentlewide
downdrafts,isusuallylargerthanzi(e.g.Young,1988a;Stull,1988;Cieszelski,
1998).Throughoutthemixedlayer,thenumberofwell-definedupdraftsdecreases
withaltitude,indicatingthatnotallsucceedtorisetothetop.Astheupdraft
diameterusuallyincreaseswithaltitude,amergingofindividualupdraftsisalso
aplausibleexplanation(e.g.Williams,1993;RenfrewandMoore,1999).

Theconvectiveupdraftoftenpicksupaerosolsorpollutantsatthesurface.
Duringthefirsthoursaftertheconvectiveonset,theseparticlesmakegoodtrac-
ersofthethermalupdraftin,e.g.,lidarobservations(e.g.Kunkeletal.,1977;
Melfietal.,1985;Atlasetal.,1986,andseeFig.3.4).Pastobservationswith
aerosollidarsuggestedthatconvectionismostlyresembledbythermalcolumns
thatpersistforsometime,ratherthanbubbles(Kunkeletal.,1977).Yet,with-
outcomplementingvelocityobservations,thereisnorulingoutthepossibility
thattracesofaerosolsorpollutantsremainevenaftertheconvectiveupdrafthas
passed.Eventually,usuallyaroundnoon,theparticlesbecomeuniformlymixed
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Figure 3.4: Dual-lidar observation of signal to noise ratio (SNR) and retrieved velocity field
in a vertical cross-section, above Vaksinen Airport, Os, Norway on 2021-05-28 at 9 UTC
(see Paper III). Increased SNR is an indicator for increased aerosol content: Aerosols are
transported into higher altitudes by the convective updrafts. Here, the boundary-layer depth, the
boundary to the free atmosphere (stronger, persistent wind velocity and low aerosol content),
follows the shape of the thermals (highest extent above updraft).

throughout the convective boundary layer and can not be used as clear tracers
anymore.

The extensive convectively-driven vertical mixing results in nearly constant
mean characteristics of temperature, humidity and even wind with height (see
Fig. 3.3). However, when observing instantaneous profiles, these variables are
not quite as uniform with height as the overturning of the mixed layer requires
some time. The convective time scale of the typical thermal to circulate between
surface and top of the mixed layer is in the order of 10 to 20 min, which is the
time required to observe the mixed layer equilibrium characteristics sketched in
Figure 3.3. (Stull, 1988)

The top of the convective mixed layer, zi, is close to the center of the entrain-
ment zone, where the capping inversion is strongest and the vertical heat flux is
most negative. Here, an undiluted air parcel, which rises from the surface, e.g. in
the core of a convective updraft, first becomes neutrally buoyant. Hence, an ob-
servation of the potential surface temperature and profile can be used to estimate
zi applying the ”parcel method” introduced by Holzworth (1964) (see also ”Con-
vective Boundary-Layer Depth”, Section 3.1.1 of Paper II). In nature, convective
updrafts usually do not stop at, but tend to overshoot the capping inversion due
to their inertial momentum, which they gained due to their buoyant acceleration
in the mixed layer. These overshooting updrafts encapture less turbulent, free-
atmosphere air and sink back down into the mixed layer. This vertical, ”one-way”
entrainment, that dominates the entrainment zone, is a mechanical process that
deepens the mixed layer. (Stull, 1988)

The evolution of the convective boundary layer, is often depicted analogously
to the mixed layer growth. Over land, diurnally returning warming of the surface
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in the morning usually initialises this growth. Here, the usually strong nocturnal
stable layer is tough to penetrate for the initial plumes and boundary layer growth
is slow at first. By late morning, however, the top of the mixed layer transitions
into the residual layer3 base and the convective updrafts are now unhindered
to rise up to the capping inversion (see Fig. 3.5). Over the ocean, the growth
of a mixed layer is often initiated by cold air advection over the warm ocean
surface, which directly sets on rapid upwards motion and deepening of the mixed
layer up to the capping inversion, with increasing fetch (e.g. Brümmer , 1996).
During such cold air advection, the combined surface heating and strong winds
can cause the convection to organize in horizontal helical circulations, known as
horizontal roll vortices or rolls (observed e.g. by LeMone, 1973; Atlas et al., 1986;
Hartmann et al., 1997; Renfrew and Moore, 1999; Brilouet et al., 2017). These
vortices appear as pairs of clockwise and counterclockwise helices, aligned almost
parallel to the average wind direction. In the present of sufficient moisture, cloud
streets may form above the updraft regions. As these rolls progress over the
ocean, they gradually transform into a cellular pattern and eventually mesoscale
cellular convection, often featuring honeycomb-like cloud patterns (Atkinson and
Zhang, 1996). These cellular patterns bear a striking resemblance to laboratory
Rayleigh-Bénard convection cells (see Cieszelski, 1998, and Sect. 3.1).

When convective updrafts reach as high as the capping inversion, the mixed
layer growth decreases and mechanical deepening by one-way entrainment of free-
atmosphere air is the main driver for further deepening of the mixed layer, both
over land and over the ocean. Close to sun set over land, or as cold air advec-
tion ceases over the ocean, respectively, the temperature gradient in the surface
layer neutralizes, or even becomes stably stratified, while the last weak bubbles in
the upper mixed layer may still cause entrainment at the mixed layer top (Stull,
1988). Then, generation of convective motion decreases and inertial forcing of con-
vective turbulence can not longer be maintained against dissipation (Nieuwstadt
and Brost, 1986).

3.3 Boundary-layer parameters, measurements, and observations

3.3.1 Basic atmospheric variables

In order to describe the evolution and the processes in the boundary layer it is first
and foremost important to measure the basic meteorological parameters. Among
these, one of the longest and most extensively measured variables, especially of
interest to us humans, is the air temperature, T . Air temperature is a measure of
average kinetic energy of the molecular motion of atmospheric gases. The unit of
T is Kelvin [K], where 0 K corresponds to the state of no molecular motion and
273.15 K to the triple point of water, for example. In situ measurements of T are
prone to errors from exposure to solar radiation or insufficient ventilation. To
decrease these errors, temperature sensors are often used with radiation shields.
Some sensors are additionally ventilated or positioned to optimize natural venti-
lation by utilizing the atmospheric flow. Historically, temperature measurement
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inthemorningusuallyinitialisesthisgrowth.Here,theusuallystrongnocturnal
stablelayeristoughtopenetratefortheinitialplumesandboundarylayergrowth
isslowatfirst.Bylatemorning,however,thetopofthemixedlayertransitions
intotheresiduallayer3baseandtheconvectiveupdraftsarenowunhindered
toriseuptothecappinginversion(seeFig.3.5).Overtheocean,thegrowth
ofamixedlayerisofteninitiatedbycoldairadvectionoverthewarmocean
surface,whichdirectlysetsonrapidupwardsmotionanddeepeningofthemixed
layeruptothecappinginversion,withincreasingfetch(e.g.Brümmer,1996).
Duringsuchcoldairadvection,thecombinedsurfaceheatingandstrongwinds
cancausetheconvectiontoorganizeinhorizontalhelicalcirculations,knownas
horizontalrollvorticesorrolls(observede.g.byLeMone,1973;Atlasetal.,1986;
Hartmannetal.,1997;RenfrewandMoore,1999;Brilouetetal.,2017).These
vorticesappearaspairsofclockwiseandcounterclockwisehelices,alignedalmost
paralleltotheaveragewinddirection.Inthepresentofsufficientmoisture,cloud
streetsmayformabovetheupdraftregions.Astheserollsprogressoverthe
ocean,theygraduallytransformintoacellularpatternandeventuallymesoscale
cellularconvection,oftenfeaturinghoneycomb-likecloudpatterns(Atkinsonand
Zhang,1996).Thesecellularpatternsbearastrikingresemblancetolaboratory
Rayleigh-Bénardconvectioncells(seeCieszelski,1998,andSect.3.1).

Whenconvectiveupdraftsreachashighasthecappinginversion,themixed
layergrowthdecreasesandmechanicaldeepeningbyone-wayentrainmentoffree-
atmosphereairisthemaindriverforfurtherdeepeningofthemixedlayer,both
overlandandovertheocean.Closetosunsetoverland,orascoldairadvec-
tionceasesovertheocean,respectively,thetemperaturegradientinthesurface
layerneutralizes,orevenbecomesstablystratified,whilethelastweakbubblesin
theuppermixedlayermaystillcauseentrainmentatthemixedlayertop(Stull,
1988).Then,generationofconvectivemotiondecreasesandinertialforcingofcon-
vectiveturbulencecannotlongerbemaintainedagainstdissipation(Nieuwstadt
andBrost,1986).

3.3Boundary-layerparameters,measurements,andobservations

3.3.1Basicatmosphericvariables

Inordertodescribetheevolutionandtheprocessesintheboundarylayeritisfirst
andforemostimportanttomeasurethebasicmeteorologicalparameters.Among
these,oneofthelongestandmostextensivelymeasuredvariables,especiallyof
interesttoushumans,istheairtemperature,T.Airtemperatureisameasureof
averagekineticenergyofthemolecularmotionofatmosphericgases.Theunitof
TisKelvin[K],where0Kcorrespondstothestateofnomolecularmotionand
273.15Ktothetriplepointofwater,forexample.InsitumeasurementsofTare
pronetoerrorsfromexposuretosolarradiationorinsufficientventilation.To
decreasetheseerrors,temperaturesensorsareoftenusedwithradiationshields.
Somesensorsareadditionallyventilatedorpositionedtooptimizenaturalventi-
lationbyutilizingtheatmosphericflow.Historically,temperaturemeasurement
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Figure 3.5: Temporal evolution of atmospheric variables in and above the CBL: virtual potential
temperature profile, θv(z), with focus on the boundary layer (top left), and θv(z) up to 4 km
(center left), mixing ratio, rM (z), up to 4 km (center right), temperature profile, T (z), up
to 4 km (bottom left), and relative humidity profile, RH(z), up to 4 km (bottom right) in
Voss, Norway over the course of 2022-05-16 (timestamp corresponds to start of profile [UTC])
measured by an iMet-XQ2 sensor attached to a skydiving plane (see Sect. 6.2).
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14 Background

relied on the expansion of liquids or solids (e.g. mercury thermometer), while
nowadays resistance thermometers or sensors that rely on the speed of sound are
almost exclusively used for atmospheric measurements. The Sonic anemometer
(see Sect. 3.3.2), for example, can measure T based on the latter, acoustic princi-
ple. (Foken and Bange, 2021a)

Temperature sensors are frequently coupled with humidity sensors. This joint
use of sensors is often used to correct and hence ensure the accuracy of the humid-
ity measurements. Humidity describes the amount of water vapour present within
the mixure of atmospheric gases. Various parameters are used to define the hu-
midity of air (e.g. relative humidity, RH [%]; absolute humidity, a [kg m−3]; dew
point, Td [◦C]; mixing ratio, rM [kg kg−1]; specific humidity, q [kg kg−1]; water
vapour pressure, e [hPa]), where each parameter can be related to the other mea-
sures of humidity on the basis of e. In the past, humidity was obtained by a large
variety of sensors and also today, still several methodologies to measure humidity
are used: psychometric and capacitive sensors, as well as dew point and optical
measurements. These sensors rely on thermodynamic principles, absorption of
radiation, and material properties, respectively. (Sonntag et al., 2021)

Though temperature and humidity have a greater direct impact on our human
perception of the state of the boundary layer, atmospheric pressure, p, is proba-
bly the most important atmospheric parameter for weather prediction and many
other atmospheric parameters are pressure dependent. Liquid and aneroid barom-
eters, as well as hypsometers are historically used pressure sensors, while today
electronic (capacitive), silicone-based barometers are the standard instruments for
measuring p. Atmospheric pressure (measured in hectopascal [hPa]) refers to the
force applied by the weight of the atmosphere, due to gravitational pull on the
air molecules, per unit area. By implication, the pressure decreases with increas-
ing altitude. The effect of this change in pressure on temperature (and humidity)
is, for example, relevant to the formulation of the potential temperature, θ, and
virtual (moist) potential temperature, θv:

θ = T

(
P0

P

)R/cp

(3.3a)

θv = θ(1 + 0.61rM ) (3.3b)

where θ (or θv) describes the temperature value of a dry (or moist) air parcel
if it were brought adiabatically to a reference pressure level, p0, typically set at
sea level (p0 ≈ 1000 hPa). R/cp = 0.286, where R is the gas constant and cp the
specific heat capacity of air, respectively. (Torri et al., 2021)

Other relevant parameters in the atmospheric boundary layer are precipita-
tion, measured e.g. by rain gauges, or disdrometers (Cauteruccio et al., 2021), as
well as shortwave radiation, measured by e.g. pyranometers and pyrheliometers,
or longwave radiation measured by e.g. pyrgeometers (Behrens, 2021). The atmo-
spheric parameter ”wind” combines the most important variables to describe the
convective flow field and will therefore be introduced separately in the subsequent
section.
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3.3.2 Wind measurements

In contrast to the scalar variables introduced above, wind is a three-dimensional
vector, (u, v, w). The horizontal wind, (u, v) is often depicted in polar coor-
dinates, separated into wind speed, ws [m s−1], and wind direction, wd [◦].
When averaging ws and wd, it is required to transform to vector coordinates
first, then perform averaging on the vector (u, v) and transform the averaged
vector components (u, v) back to ws and wd using the following equations:

u = −ws · sin(wd) (3.4a)
v = −ws · cos(wd) (3.4b)

ws =
√
u2 + v2 (3.4c)

wd =
180

π
atan2(−u,−v) (3.4d)

Note that in meteorology, wd is defined as the angle where the wind is coming
from, hence the use of ”–” in Eq. 3.4a, b, d. Further, the arguments u and v
in atan2 (Eq. 3.4d) may need to be switched around, depending on the utilized
software4.

Most prominent in situ wind sensors, such as mechanical cup anemometers
or propeller anemometers measure ws with complementing measurements of wd
obtained by wind vanes. Sonic anemometers, another often used wind sensor
technique, measures the three- dimensional wind vector. Since sonic anemometers
have a very high sampling frequency in the order of 10 to 100 Hz, they are often
used for direct measurements of turbulence and turbulent fluxes by the eddy-
covariance technique (Lee et al., 2005). Figure 3.6 displays the wind sensors, used

Figure 3.6: Propeller anemometer with wind vane (a), cup anemometer (b) used in combination
with a separate wind vane (c), and Sonic anemometer (d)

in the field campaigns presented in this dissertation. Other wind sensors, such as
hot-wire anemometers, or Pitot tubes, are rather used in wind tunnels and not
as commonly for atmospheric measurements, with one exception of the latter for
the use on aircrafts. (Foken and Bange, 2021b)

4Here and all following uses of atan2: The order atan2(−u,−v) in Eq. 3.4d is e.g. applicable for
numpy.arctan2 of the numpy package in python version 3.9.12
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3.3.3 Boundary layer profiling

Sampling the characteristics of the boundary layer through a single-point mea-
surement can neither represent the entire depth of the boundary layer nor capture
the changes occurring across its layers (Sect. 3.2). A widely used method to mea-
sure a profile of atmospheric variables involves installing in situ sensors, as intro-
duced in Sections 3.3.1 and 3.3.2, at different altitudes on a meteorological mast.
The largest of these masts can be up to several hundereds of m high, providing
a good coverage of the surface layer and the lower part of the convective mixed
layer. Covering the whole convective boundary layer up to the entrainment zone
is, however, unrealistic with such masts, both in terms of cost and structural en-
gineering. After the initial installation, such tall masts are also rather immobile.
(Kolle et al., 2021)

Using airborne platforms is a viable alternative method to profile the entire
depth of the convective boundary layer. One of the most prominent examples
is the use of radiosonde soundings. In this method, a lightweight and compact
system, typically equipped with sensors for temperature, humidity, pressure, and
GNSS (Global Navigation Satellite System), is attached to a balloon filled with
buoyant gas (Helium in modern usage or Hydrogen in the past). This balloon, re-
leased from the surface, is typically prepared to rise at an average rate of 5 m s−1.
While ascending, the radiosonde repeatedly transmits collected atmospheric data
and position to a ground-based receiving station. An estimate of horizontal wind
speed and direction is estimated utilizing the changing coordinates obtained from
GNSS. As the balloon ascends, its diameter expands due to the decrease in pres-
sure with altitude, eventually bursting at altitudes typically ranging between 10
kilometers and 30 kilometers. During the descent, the radiosonde also gathers
and relays atmospheric measurements. However, these measurements are gener-
ally considered less reliable than the ascending data and are not used extensively.
If the radiosonde’s touch down is over land, it may be recovered and reused. Unfor-
tunately, many radiosondes get lost after use, causing expenses and environmental
pollution. (Vömel and Fujiwara, 2021)

Similar to the radiosonde in terms of sensors and communication are dropson-
des and tethersondes. Dropsondes are released from aircrafts and equipped with
a parachute. Starting at the release altitude, atmospheric data is collected dur-
ing the sonde’s descend. A single, but also multiple tethersondes can be operated
at different distances along the line of a thethered baloon. Vertical positioning
is controlled by a ground-based winch and the range of the tether usually covers
the depth of the boundary layer. In contrast to radiosondes, tethersondes are of-
ten equipped with cup or propeller anemometers and wind vanes to sample wind
speed and direction. Since the tether poses danger to aviation, profiles are usu-
ally restricted to approximately 1000 m and measurements need to be monitored
by an operator. There is also a rather strict operational limit, in the order of
10 m s−1, with respect to ambient wind speed. (Vömel and Fujiwara, 2021)

Another airborne approach that should be mentioned here, is the mounting of
atmospheric sensor systems to unmanned aircraft (Bange et al., 2021), as i.e. ap-
plied for the ”Small Unmanned Meteorological Observer”, SUMO project (Reuder
et al., 2009) and the ”Sonic Anemometer on a MUlti-Rotor drone for Atmospheric

16Background

3.3.3Boundarylayerprofiling

Samplingthecharacteristicsoftheboundarylayerthroughasingle-pointmea-
surementcanneitherrepresenttheentiredepthoftheboundarylayernorcapture
thechangesoccurringacrossitslayers(Sect.3.2).Awidelyusedmethodtomea-
sureaprofileofatmosphericvariablesinvolvesinstallinginsitusensors,asintro-
ducedinSections3.3.1and3.3.2,atdifferentaltitudesonameteorologicalmast.
Thelargestofthesemastscanbeuptoseveralhunderedsofmhigh,providing
agoodcoverageofthesurfacelayerandthelowerpartoftheconvectivemixed
layer.Coveringthewholeconvectiveboundarylayeruptotheentrainmentzone
is,however,unrealisticwithsuchmasts,bothintermsofcostandstructuralen-
gineering.Aftertheinitialinstallation,suchtallmastsarealsoratherimmobile.
(Kolleetal.,2021)

Usingairborneplatformsisaviablealternativemethodtoprofiletheentire
depthoftheconvectiveboundarylayer.Oneofthemostprominentexamples
istheuseofradiosondesoundings.Inthismethod,alightweightandcompact
system,typicallyequippedwithsensorsfortemperature,humidity,pressure,and
GNSS(GlobalNavigationSatelliteSystem),isattachedtoaballoonfilledwith
buoyantgas(HeliuminmodernusageorHydrogeninthepast).Thisballoon,re-
leasedfromthesurface,istypicallypreparedtoriseatanaveragerateof5ms−1.
Whileascending,theradiosonderepeatedlytransmitscollectedatmosphericdata
andpositiontoaground-basedreceivingstation.Anestimateofhorizontalwind
speedanddirectionisestimatedutilizingthechangingcoordinatesobtainedfrom
GNSS.Astheballoonascends,itsdiameterexpandsduetothedecreaseinpres-
surewithaltitude,eventuallyburstingataltitudestypicallyrangingbetween10
kilometersand30kilometers.Duringthedescent,theradiosondealsogathers
andrelaysatmosphericmeasurements.However,thesemeasurementsaregener-
allyconsideredlessreliablethantheascendingdataandarenotusedextensively.
Iftheradiosonde’stouchdownisoverland,itmayberecoveredandreused.Unfor-
tunately,manyradiosondesgetlostafteruse,causingexpensesandenvironmental
pollution.(VömelandFujiwara,2021)

Similartotheradiosondeintermsofsensorsandcommunicationaredropson-
desandtethersondes.Dropsondesarereleasedfromaircraftsandequippedwith
aparachute.Startingatthereleasealtitude,atmosphericdataiscollecteddur-
ingthesonde’sdescend.Asingle,butalsomultipletethersondescanbeoperated
atdifferentdistancesalongthelineofathetheredbaloon.Verticalpositioning
iscontrolledbyaground-basedwinchandtherangeofthetetherusuallycovers
thedepthoftheboundarylayer.Incontrasttoradiosondes,tethersondesareof-
tenequippedwithcuporpropelleranemometersandwindvanestosamplewind
speedanddirection.Sincethetetherposesdangertoaviation,profilesareusu-
allyrestrictedtoapproximately1000mandmeasurementsneedtobemonitored
byanoperator.Thereisalsoaratherstrictoperationallimit,intheorderof
10ms−1,withrespecttoambientwindspeed.(VömelandFujiwara,2021)

Anotherairborneapproachthatshouldbementionedhere,isthemountingof
atmosphericsensorsystemstounmannedaircraft(Bangeetal.,2021),asi.e.ap-
pliedforthe”SmallUnmannedMeteorologicalObserver”,SUMOproject(Reuder
etal.,2009)andthe”SonicAnemometeronaMUlti-RotordroneforAtmospheric

16Background

3.3.3Boundarylayerprofiling

Samplingthecharacteristicsoftheboundarylayerthroughasingle-pointmea-
surementcanneitherrepresenttheentiredepthoftheboundarylayernorcapture
thechangesoccurringacrossitslayers(Sect.3.2).Awidelyusedmethodtomea-
sureaprofileofatmosphericvariablesinvolvesinstallinginsitusensors,asintro-
ducedinSections3.3.1and3.3.2,atdifferentaltitudesonameteorologicalmast.
Thelargestofthesemastscanbeuptoseveralhunderedsofmhigh,providing
agoodcoverageofthesurfacelayerandthelowerpartoftheconvectivemixed
layer.Coveringthewholeconvectiveboundarylayeruptotheentrainmentzone
is,however,unrealisticwithsuchmasts,bothintermsofcostandstructuralen-
gineering.Aftertheinitialinstallation,suchtallmastsarealsoratherimmobile.
(Kolleetal.,2021)

Usingairborneplatformsisaviablealternativemethodtoprofiletheentire
depthoftheconvectiveboundarylayer.Oneofthemostprominentexamples
istheuseofradiosondesoundings.Inthismethod,alightweightandcompact
system,typicallyequippedwithsensorsfortemperature,humidity,pressure,and
GNSS(GlobalNavigationSatelliteSystem),isattachedtoaballoonfilledwith
buoyantgas(HeliuminmodernusageorHydrogeninthepast).Thisballoon,re-
leasedfromthesurface,istypicallypreparedtoriseatanaveragerateof5ms−1.
Whileascending,theradiosonderepeatedlytransmitscollectedatmosphericdata
andpositiontoaground-basedreceivingstation.Anestimateofhorizontalwind
speedanddirectionisestimatedutilizingthechangingcoordinatesobtainedfrom
GNSS.Astheballoonascends,itsdiameterexpandsduetothedecreaseinpres-
surewithaltitude,eventuallyburstingataltitudestypicallyrangingbetween10
kilometersand30kilometers.Duringthedescent,theradiosondealsogathers
andrelaysatmosphericmeasurements.However,thesemeasurementsaregener-
allyconsideredlessreliablethantheascendingdataandarenotusedextensively.
Iftheradiosonde’stouchdownisoverland,itmayberecoveredandreused.Unfor-
tunately,manyradiosondesgetlostafteruse,causingexpensesandenvironmental
pollution.(VömelandFujiwara,2021)

Similartotheradiosondeintermsofsensorsandcommunicationaredropson-
desandtethersondes.Dropsondesarereleasedfromaircraftsandequippedwith
aparachute.Startingatthereleasealtitude,atmosphericdataiscollecteddur-
ingthesonde’sdescend.Asingle,butalsomultipletethersondescanbeoperated
atdifferentdistancesalongthelineofathetheredbaloon.Verticalpositioning
iscontrolledbyaground-basedwinchandtherangeofthetetherusuallycovers
thedepthoftheboundarylayer.Incontrasttoradiosondes,tethersondesareof-
tenequippedwithcuporpropelleranemometersandwindvanestosamplewind
speedanddirection.Sincethetetherposesdangertoaviation,profilesareusu-
allyrestrictedtoapproximately1000mandmeasurementsneedtobemonitored
byanoperator.Thereisalsoaratherstrictoperationallimit,intheorderof
10ms−1,withrespecttoambientwindspeed.(VömelandFujiwara,2021)

Anotherairborneapproachthatshouldbementionedhere,isthemountingof
atmosphericsensorsystemstounmannedaircraft(Bangeetal.,2021),asi.e.ap-
pliedforthe”SmallUnmannedMeteorologicalObserver”,SUMOproject(Reuder
etal.,2009)andthe”SonicAnemometeronaMUlti-RotordroneforAtmospheric

16 Background

3.3.3 Boundary layer profiling

Sampling the characteristics of the boundary layer through a single-point mea-
surement can neither represent the entire depth of the boundary layer nor capture
the changes occurring across its layers (Sect. 3.2). A widely used method to mea-
sure a profile of atmospheric variables involves installing in situ sensors, as intro-
duced in Sections 3.3.1 and 3.3.2, at different altitudes on a meteorological mast.
The largest of these masts can be up to several hundereds of m high, providing
a good coverage of the surface layer and the lower part of the convective mixed
layer. Covering the whole convective boundary layer up to the entrainment zone
is, however, unrealistic with such masts, both in terms of cost and structural en-
gineering. After the initial installation, such tall masts are also rather immobile.
(Kolle et al., 2021)

Using airborne platforms is a viable alternative method to profile the entire
depth of the convective boundary layer. One of the most prominent examples
is the use of radiosonde soundings. In this method, a lightweight and compact
system, typically equipped with sensors for temperature, humidity, pressure, and
GNSS (Global Navigation Satellite System), is attached to a balloon filled with
buoyant gas (Helium in modern usage or Hydrogen in the past). This balloon, re-
leased from the surface, is typically prepared to rise at an average rate of 5 m s−1.
While ascending, the radiosonde repeatedly transmits collected atmospheric data
and position to a ground-based receiving station. An estimate of horizontal wind
speed and direction is estimated utilizing the changing coordinates obtained from
GNSS. As the balloon ascends, its diameter expands due to the decrease in pres-
sure with altitude, eventually bursting at altitudes typically ranging between 10
kilometers and 30 kilometers. During the descent, the radiosonde also gathers
and relays atmospheric measurements. However, these measurements are gener-
ally considered less reliable than the ascending data and are not used extensively.
If the radiosonde’s touch down is over land, it may be recovered and reused. Unfor-
tunately, many radiosondes get lost after use, causing expenses and environmental
pollution. (Vömel and Fujiwara, 2021)

Similar to the radiosonde in terms of sensors and communication are dropson-
des and tethersondes. Dropsondes are released from aircrafts and equipped with
a parachute. Starting at the release altitude, atmospheric data is collected dur-
ing the sonde’s descend. A single, but also multiple tethersondes can be operated
at different distances along the line of a thethered baloon. Vertical positioning
is controlled by a ground-based winch and the range of the tether usually covers
the depth of the boundary layer. In contrast to radiosondes, tethersondes are of-
ten equipped with cup or propeller anemometers and wind vanes to sample wind
speed and direction. Since the tether poses danger to aviation, profiles are usu-
ally restricted to approximately 1000 m and measurements need to be monitored
by an operator. There is also a rather strict operational limit, in the order of
10 m s−1, with respect to ambient wind speed. (Vömel and Fujiwara, 2021)

Another airborne approach that should be mentioned here, is the mounting of
atmospheric sensor systems to unmanned aircraft (Bange et al., 2021), as i.e. ap-
plied for the ”Small Unmanned Meteorological Observer”, SUMO project (Reuder
et al., 2009) and the ”Sonic Anemometer on a MUlti-Rotor drone for Atmospheric

16 Background

3.3.3 Boundary layer profiling

Sampling the characteristics of the boundary layer through a single-point mea-
surement can neither represent the entire depth of the boundary layer nor capture
the changes occurring across its layers (Sect. 3.2). A widely used method to mea-
sure a profile of atmospheric variables involves installing in situ sensors, as intro-
duced in Sections 3.3.1 and 3.3.2, at different altitudes on a meteorological mast.
The largest of these masts can be up to several hundereds of m high, providing
a good coverage of the surface layer and the lower part of the convective mixed
layer. Covering the whole convective boundary layer up to the entrainment zone
is, however, unrealistic with such masts, both in terms of cost and structural en-
gineering. After the initial installation, such tall masts are also rather immobile.
(Kolle et al., 2021)

Using airborne platforms is a viable alternative method to profile the entire
depth of the convective boundary layer. One of the most prominent examples
is the use of radiosonde soundings. In this method, a lightweight and compact
system, typically equipped with sensors for temperature, humidity, pressure, and
GNSS (Global Navigation Satellite System), is attached to a balloon filled with
buoyant gas (Helium in modern usage or Hydrogen in the past). This balloon, re-
leased from the surface, is typically prepared to rise at an average rate of 5 m s−1.
While ascending, the radiosonde repeatedly transmits collected atmospheric data
and position to a ground-based receiving station. An estimate of horizontal wind
speed and direction is estimated utilizing the changing coordinates obtained from
GNSS. As the balloon ascends, its diameter expands due to the decrease in pres-
sure with altitude, eventually bursting at altitudes typically ranging between 10
kilometers and 30 kilometers. During the descent, the radiosonde also gathers
and relays atmospheric measurements. However, these measurements are gener-
ally considered less reliable than the ascending data and are not used extensively.
If the radiosonde’s touch down is over land, it may be recovered and reused. Unfor-
tunately, many radiosondes get lost after use, causing expenses and environmental
pollution. (Vömel and Fujiwara, 2021)

Similar to the radiosonde in terms of sensors and communication are dropson-
des and tethersondes. Dropsondes are released from aircrafts and equipped with
a parachute. Starting at the release altitude, atmospheric data is collected dur-
ing the sonde’s descend. A single, but also multiple tethersondes can be operated
at different distances along the line of a thethered baloon. Vertical positioning
is controlled by a ground-based winch and the range of the tether usually covers
the depth of the boundary layer. In contrast to radiosondes, tethersondes are of-
ten equipped with cup or propeller anemometers and wind vanes to sample wind
speed and direction. Since the tether poses danger to aviation, profiles are usu-
ally restricted to approximately 1000 m and measurements need to be monitored
by an operator. There is also a rather strict operational limit, in the order of
10 m s−1, with respect to ambient wind speed. (Vömel and Fujiwara, 2021)

Another airborne approach that should be mentioned here, is the mounting of
atmospheric sensor systems to unmanned aircraft (Bange et al., 2021), as i.e. ap-
plied for the ”Small Unmanned Meteorological Observer”, SUMO project (Reuder
et al., 2009) and the ”Sonic Anemometer on a MUlti-Rotor drone for Atmospheric

16Background

3.3.3Boundarylayerprofiling

Samplingthecharacteristicsoftheboundarylayerthroughasingle-pointmea-
surementcanneitherrepresenttheentiredepthoftheboundarylayernorcapture
thechangesoccurringacrossitslayers(Sect.3.2).Awidelyusedmethodtomea-
sureaprofileofatmosphericvariablesinvolvesinstallinginsitusensors,asintro-
ducedinSections3.3.1and3.3.2,atdifferentaltitudesonameteorologicalmast.
Thelargestofthesemastscanbeuptoseveralhunderedsofmhigh,providing
agoodcoverageofthesurfacelayerandthelowerpartoftheconvectivemixed
layer.Coveringthewholeconvectiveboundarylayeruptotheentrainmentzone
is,however,unrealisticwithsuchmasts,bothintermsofcostandstructuralen-
gineering.Aftertheinitialinstallation,suchtallmastsarealsoratherimmobile.
(Kolleetal.,2021)

Usingairborneplatformsisaviablealternativemethodtoprofiletheentire
depthoftheconvectiveboundarylayer.Oneofthemostprominentexamples
istheuseofradiosondesoundings.Inthismethod,alightweightandcompact
system,typicallyequippedwithsensorsfortemperature,humidity,pressure,and
GNSS(GlobalNavigationSatelliteSystem),isattachedtoaballoonfilledwith
buoyantgas(HeliuminmodernusageorHydrogeninthepast).Thisballoon,re-
leasedfromthesurface,istypicallypreparedtoriseatanaveragerateof5ms−1.
Whileascending,theradiosonderepeatedlytransmitscollectedatmosphericdata
andpositiontoaground-basedreceivingstation.Anestimateofhorizontalwind
speedanddirectionisestimatedutilizingthechangingcoordinatesobtainedfrom
GNSS.Astheballoonascends,itsdiameterexpandsduetothedecreaseinpres-
surewithaltitude,eventuallyburstingataltitudestypicallyrangingbetween10
kilometersand30kilometers.Duringthedescent,theradiosondealsogathers
andrelaysatmosphericmeasurements.However,thesemeasurementsaregener-
allyconsideredlessreliablethantheascendingdataandarenotusedextensively.
Iftheradiosonde’stouchdownisoverland,itmayberecoveredandreused.Unfor-
tunately,manyradiosondesgetlostafteruse,causingexpensesandenvironmental
pollution.(VömelandFujiwara,2021)

Similartotheradiosondeintermsofsensorsandcommunicationaredropson-
desandtethersondes.Dropsondesarereleasedfromaircraftsandequippedwith
aparachute.Startingatthereleasealtitude,atmosphericdataiscollecteddur-
ingthesonde’sdescend.Asingle,butalsomultipletethersondescanbeoperated
atdifferentdistancesalongthelineofathetheredbaloon.Verticalpositioning
iscontrolledbyaground-basedwinchandtherangeofthetetherusuallycovers
thedepthoftheboundarylayer.Incontrasttoradiosondes,tethersondesareof-
tenequippedwithcuporpropelleranemometersandwindvanestosamplewind
speedanddirection.Sincethetetherposesdangertoaviation,profilesareusu-
allyrestrictedtoapproximately1000mandmeasurementsneedtobemonitored
byanoperator.Thereisalsoaratherstrictoperationallimit,intheorderof
10ms−1,withrespecttoambientwindspeed.(VömelandFujiwara,2021)

Anotherairborneapproachthatshouldbementionedhere,isthemountingof
atmosphericsensorsystemstounmannedaircraft(Bangeetal.,2021),asi.e.ap-
pliedforthe”SmallUnmannedMeteorologicalObserver”,SUMOproject(Reuder
etal.,2009)andthe”SonicAnemometeronaMUlti-RotordroneforAtmospheric

16Background

3.3.3Boundarylayerprofiling

Samplingthecharacteristicsoftheboundarylayerthroughasingle-pointmea-
surementcanneitherrepresenttheentiredepthoftheboundarylayernorcapture
thechangesoccurringacrossitslayers(Sect.3.2).Awidelyusedmethodtomea-
sureaprofileofatmosphericvariablesinvolvesinstallinginsitusensors,asintro-
ducedinSections3.3.1and3.3.2,atdifferentaltitudesonameteorologicalmast.
Thelargestofthesemastscanbeuptoseveralhunderedsofmhigh,providing
agoodcoverageofthesurfacelayerandthelowerpartoftheconvectivemixed
layer.Coveringthewholeconvectiveboundarylayeruptotheentrainmentzone
is,however,unrealisticwithsuchmasts,bothintermsofcostandstructuralen-
gineering.Aftertheinitialinstallation,suchtallmastsarealsoratherimmobile.
(Kolleetal.,2021)

Usingairborneplatformsisaviablealternativemethodtoprofiletheentire
depthoftheconvectiveboundarylayer.Oneofthemostprominentexamples
istheuseofradiosondesoundings.Inthismethod,alightweightandcompact
system,typicallyequippedwithsensorsfortemperature,humidity,pressure,and
GNSS(GlobalNavigationSatelliteSystem),isattachedtoaballoonfilledwith
buoyantgas(HeliuminmodernusageorHydrogeninthepast).Thisballoon,re-
leasedfromthesurface,istypicallypreparedtoriseatanaveragerateof5ms−1.
Whileascending,theradiosonderepeatedlytransmitscollectedatmosphericdata
andpositiontoaground-basedreceivingstation.Anestimateofhorizontalwind
speedanddirectionisestimatedutilizingthechangingcoordinatesobtainedfrom
GNSS.Astheballoonascends,itsdiameterexpandsduetothedecreaseinpres-
surewithaltitude,eventuallyburstingataltitudestypicallyrangingbetween10
kilometersand30kilometers.Duringthedescent,theradiosondealsogathers
andrelaysatmosphericmeasurements.However,thesemeasurementsaregener-
allyconsideredlessreliablethantheascendingdataandarenotusedextensively.
Iftheradiosonde’stouchdownisoverland,itmayberecoveredandreused.Unfor-
tunately,manyradiosondesgetlostafteruse,causingexpensesandenvironmental
pollution.(VömelandFujiwara,2021)

Similartotheradiosondeintermsofsensorsandcommunicationaredropson-
desandtethersondes.Dropsondesarereleasedfromaircraftsandequippedwith
aparachute.Startingatthereleasealtitude,atmosphericdataiscollecteddur-
ingthesonde’sdescend.Asingle,butalsomultipletethersondescanbeoperated
atdifferentdistancesalongthelineofathetheredbaloon.Verticalpositioning
iscontrolledbyaground-basedwinchandtherangeofthetetherusuallycovers
thedepthoftheboundarylayer.Incontrasttoradiosondes,tethersondesareof-
tenequippedwithcuporpropelleranemometersandwindvanestosamplewind
speedanddirection.Sincethetetherposesdangertoaviation,profilesareusu-
allyrestrictedtoapproximately1000mandmeasurementsneedtobemonitored
byanoperator.Thereisalsoaratherstrictoperationallimit,intheorderof
10ms−1,withrespecttoambientwindspeed.(VömelandFujiwara,2021)

Anotherairborneapproachthatshouldbementionedhere,isthemountingof
atmosphericsensorsystemstounmannedaircraft(Bangeetal.,2021),asi.e.ap-
pliedforthe”SmallUnmannedMeteorologicalObserver”,SUMOproject(Reuder
etal.,2009)andthe”SonicAnemometeronaMUlti-RotordroneforAtmospheric

16Background

3.3.3Boundarylayerprofiling

Samplingthecharacteristicsoftheboundarylayerthroughasingle-pointmea-
surementcanneitherrepresenttheentiredepthoftheboundarylayernorcapture
thechangesoccurringacrossitslayers(Sect.3.2).Awidelyusedmethodtomea-
sureaprofileofatmosphericvariablesinvolvesinstallinginsitusensors,asintro-
ducedinSections3.3.1and3.3.2,atdifferentaltitudesonameteorologicalmast.
Thelargestofthesemastscanbeuptoseveralhunderedsofmhigh,providing
agoodcoverageofthesurfacelayerandthelowerpartoftheconvectivemixed
layer.Coveringthewholeconvectiveboundarylayeruptotheentrainmentzone
is,however,unrealisticwithsuchmasts,bothintermsofcostandstructuralen-
gineering.Aftertheinitialinstallation,suchtallmastsarealsoratherimmobile.
(Kolleetal.,2021)

Usingairborneplatformsisaviablealternativemethodtoprofiletheentire
depthoftheconvectiveboundarylayer.Oneofthemostprominentexamples
istheuseofradiosondesoundings.Inthismethod,alightweightandcompact
system,typicallyequippedwithsensorsfortemperature,humidity,pressure,and
GNSS(GlobalNavigationSatelliteSystem),isattachedtoaballoonfilledwith
buoyantgas(HeliuminmodernusageorHydrogeninthepast).Thisballoon,re-
leasedfromthesurface,istypicallypreparedtoriseatanaveragerateof5ms−1.
Whileascending,theradiosonderepeatedlytransmitscollectedatmosphericdata
andpositiontoaground-basedreceivingstation.Anestimateofhorizontalwind
speedanddirectionisestimatedutilizingthechangingcoordinatesobtainedfrom
GNSS.Astheballoonascends,itsdiameterexpandsduetothedecreaseinpres-
surewithaltitude,eventuallyburstingataltitudestypicallyrangingbetween10
kilometersand30kilometers.Duringthedescent,theradiosondealsogathers
andrelaysatmosphericmeasurements.However,thesemeasurementsaregener-
allyconsideredlessreliablethantheascendingdataandarenotusedextensively.
Iftheradiosonde’stouchdownisoverland,itmayberecoveredandreused.Unfor-
tunately,manyradiosondesgetlostafteruse,causingexpensesandenvironmental
pollution.(VömelandFujiwara,2021)

Similartotheradiosondeintermsofsensorsandcommunicationaredropson-
desandtethersondes.Dropsondesarereleasedfromaircraftsandequippedwith
aparachute.Startingatthereleasealtitude,atmosphericdataiscollecteddur-
ingthesonde’sdescend.Asingle,butalsomultipletethersondescanbeoperated
atdifferentdistancesalongthelineofathetheredbaloon.Verticalpositioning
iscontrolledbyaground-basedwinchandtherangeofthetetherusuallycovers
thedepthoftheboundarylayer.Incontrasttoradiosondes,tethersondesareof-
tenequippedwithcuporpropelleranemometersandwindvanestosamplewind
speedanddirection.Sincethetetherposesdangertoaviation,profilesareusu-
allyrestrictedtoapproximately1000mandmeasurementsneedtobemonitored
byanoperator.Thereisalsoaratherstrictoperationallimit,intheorderof
10ms−1,withrespecttoambientwindspeed.(VömelandFujiwara,2021)

Anotherairborneapproachthatshouldbementionedhere,isthemountingof
atmosphericsensorsystemstounmannedaircraft(Bangeetal.,2021),asi.e.ap-
pliedforthe”SmallUnmannedMeteorologicalObserver”,SUMOproject(Reuder
etal.,2009)andthe”SonicAnemometeronaMUlti-RotordroneforAtmospheric

16Background

3.3.3Boundarylayerprofiling

Samplingthecharacteristicsoftheboundarylayerthroughasingle-pointmea-
surementcanneitherrepresenttheentiredepthoftheboundarylayernorcapture
thechangesoccurringacrossitslayers(Sect.3.2).Awidelyusedmethodtomea-
sureaprofileofatmosphericvariablesinvolvesinstallinginsitusensors,asintro-
ducedinSections3.3.1and3.3.2,atdifferentaltitudesonameteorologicalmast.
Thelargestofthesemastscanbeuptoseveralhunderedsofmhigh,providing
agoodcoverageofthesurfacelayerandthelowerpartoftheconvectivemixed
layer.Coveringthewholeconvectiveboundarylayeruptotheentrainmentzone
is,however,unrealisticwithsuchmasts,bothintermsofcostandstructuralen-
gineering.Aftertheinitialinstallation,suchtallmastsarealsoratherimmobile.
(Kolleetal.,2021)

Usingairborneplatformsisaviablealternativemethodtoprofiletheentire
depthoftheconvectiveboundarylayer.Oneofthemostprominentexamples
istheuseofradiosondesoundings.Inthismethod,alightweightandcompact
system,typicallyequippedwithsensorsfortemperature,humidity,pressure,and
GNSS(GlobalNavigationSatelliteSystem),isattachedtoaballoonfilledwith
buoyantgas(HeliuminmodernusageorHydrogeninthepast).Thisballoon,re-
leasedfromthesurface,istypicallypreparedtoriseatanaveragerateof5ms−1.
Whileascending,theradiosonderepeatedlytransmitscollectedatmosphericdata
andpositiontoaground-basedreceivingstation.Anestimateofhorizontalwind
speedanddirectionisestimatedutilizingthechangingcoordinatesobtainedfrom
GNSS.Astheballoonascends,itsdiameterexpandsduetothedecreaseinpres-
surewithaltitude,eventuallyburstingataltitudestypicallyrangingbetween10
kilometersand30kilometers.Duringthedescent,theradiosondealsogathers
andrelaysatmosphericmeasurements.However,thesemeasurementsaregener-
allyconsideredlessreliablethantheascendingdataandarenotusedextensively.
Iftheradiosonde’stouchdownisoverland,itmayberecoveredandreused.Unfor-
tunately,manyradiosondesgetlostafteruse,causingexpensesandenvironmental
pollution.(VömelandFujiwara,2021)

Similartotheradiosondeintermsofsensorsandcommunicationaredropson-
desandtethersondes.Dropsondesarereleasedfromaircraftsandequippedwith
aparachute.Startingatthereleasealtitude,atmosphericdataiscollecteddur-
ingthesonde’sdescend.Asingle,butalsomultipletethersondescanbeoperated
atdifferentdistancesalongthelineofathetheredbaloon.Verticalpositioning
iscontrolledbyaground-basedwinchandtherangeofthetetherusuallycovers
thedepthoftheboundarylayer.Incontrasttoradiosondes,tethersondesareof-
tenequippedwithcuporpropelleranemometersandwindvanestosamplewind
speedanddirection.Sincethetetherposesdangertoaviation,profilesareusu-
allyrestrictedtoapproximately1000mandmeasurementsneedtobemonitored
byanoperator.Thereisalsoaratherstrictoperationallimit,intheorderof
10ms−1,withrespecttoambientwindspeed.(VömelandFujiwara,2021)

Anotherairborneapproachthatshouldbementionedhere,isthemountingof
atmosphericsensorsystemstounmannedaircraft(Bangeetal.,2021),asi.e.ap-
pliedforthe”SmallUnmannedMeteorologicalObserver”,SUMOproject(Reuder
etal.,2009)andthe”SonicAnemometeronaMUlti-RotordroneforAtmospheric



3.3 Boundary-layer parameters, measurements, and observations 17

turbulence Investigations”, SAMURAI project (Ghirardelli et al., 2023), as well as
manned aircraft, e.g. motor planes, sailplanes, or paragliders. The latter, manned
aircraft approach, will be discussed in greater detail in Section 6.2.

Observing the atmospheric profile without the need for physical extending
structures or airborne installations is possible through the remote sensing tech-
nique. Remote Sensing utilizes either passive observations or active emissions
of waves to retrieve information about the vertical structure of the atmosphere.
Passive microwave radiometers, for example, observe the cumulative thermal emis-
sion of atmospheric gases (such as water vapor and oxygen) along their antenna
path as ”brightness temperature”, TB. More specifically, these gases absorb and
emit at frequencies, corresponding to characteristic absorption lines in the mi-
crowave spectral range, that the radiometer receives at various frequency channels
or bands. Different atmospheric gases exhibit different opacities to distinct fre-
quencies within these channels. Through the Inversion technique (see e.g. Rodgers,
2000), it is possible to reconstruct the atmospheric profile of temperature and hu-
midity – depending on the utilized channels – that resulted in the observed TB.
Microwave radiometers have a comparable long range (extending the boundary
layer depth), with scanning techniques optimised for boundary layer profiling and
provide time series of atmospheric profiles. Yet, in comparison to the single in
situ profiles achieved by e.g. radiosondes, the profiles observed with radiome-
ters are coarser and often smoothed, potentially underestimating the strengths of
temperature or humidity inversions. (Crewell et al., 2021)

Further relevant boundary-layer profiling based on the remote sensing is the
sodar (Sonic Detection and Ranging) and RASS (Radio Acoustic Sounding Sys-
tem) technique. Sodar RASS is a combined system capable of measuring wind,
turbulence, and temperature profiles in the boundary layer. The sodar actively
sends out acoustic signals in the form of sound pulses. The sound pulses travel
upward and are reflected by wind speed fluctuations aloft. The time the pulses
require for a round trip back to the sodar (return time) are used to determine
wind speed and direction at various altitudes based on the Doppler frequency
shift of the returned signals (see Sect. 3.3.4 for further details). RASS combines
the acoustic signal of sound waves with electromagnetic radio waves. Both sound
and radio waves are affected by temperature: As the temperature varies with al-
titude, the radio waves encounter different refractive indices, while the speed of
sound is directly affected by temperature. Following either the acoustic or radio
signal, enables the determination of the other. Here, the return time also gives
information about the origin altitude of the signal. (Emeis, 2021)

Boundary-layer profiling using radio waves, typically finds application with
the radar (Radio Detection and Ranging). This active remote sensing technique
is most prominent for sampling precipitation and clouds, based on the radar re-
flectivity returns of the respective precipitation or cloud particles. Yet, also the
usage of radar for wind profiling is a common application. These radar wind pro-
filers operate at wavelengths that are scattered at fluctuations in the refractive
index of particle-free clear air (Lehmann and Brown, 2021). The wind retrieval is
based on a similar concept as the sodar: the Doppler effect. The usage of this ef-
fect for wind observations is probably most characteristic for the lidar, the major
remote sensing instrument applied and evaluated in this dissertation.
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3.3.4 Doppler wind lidar

The invention of the laser by Theodore Maiman in 1960 quickly led to the devel-
opment of lidar measurement techniques. Amongst backscatter lidar for aerosol
and cloud detection (e.g. Kunkel et al., 1977; Chepfer et al., 2008), Raman lidar
for water-vapour and temperature profiling (e.g. Behrendt et al., 2002), and wa-
ter vapour differential absorbtion lidar (e.g. Wulfmeyer , 1998), a new method for
wind sampling was invented: the Doppler wind lidar. (Reitebuch and Hardesty,
2021)

Sampling the wind with Doppler wind lidar offers several advantages over con-
ventional meteorological instrumentation (see Sect. 3.3.2). As a remote sensing
technique, Doppler wind lidar allows the observation of wind speed without dis-
turbing the atmospheric flow. Also, the observations can cover a substantial
vertical and spatial extent of the atmospheric boundary layer, while the instru-
ment samples at a relatively high frequency, typically in the order of 1 Hz. In
particular the relevance of Doppler wind lidars in wind energy has accelerated the
development of small, commercially available wind lidar systems. State-of-the-art
Doppler wind lidars are usually ground-based, commonly used for wind energy
site assessment and research (e.g. Emeis et al., 2007; Mikkelsen, 2014; Krutova
et al., 2022), airport surveillance and safety (e.g. Köpp et al., 2004; Inokuchi et al.,
2009), as well as research of the atmospheric dynamics (i.e. in complex terrain
by a multitude of lidars during the Perdigão campaign, documented by by Fer-
nando et al., 2019), but can be operated from various platforms, including ships
(Gottschall et al., 2017, 2018; Wolken-Möhlmann et al., 2014; Achtert et al., 2015),
aircrafts (Rahm and Smalikho, 2008; Kavaya et al., 2014; Witschas et al., 2017,
2020), and even from satellite (Kanitz et al., 2019), to name some examples.

As the name suggests, the Doppler wind lidar makes use of the Doppler effect
to measure atmospheric wind velocity. The Doppler effect describes a shift in fre-
quency (or wavelength), that occurs when the source of the wave and an observer
are in relative motion to each other. When using a Doppler wind lidar, this effect
occurs twice, because the lidar is both actively emitting (source) and receiving
(observer) the laser beam. Here, the light wave from the emitting laser source,
with the frequency, f0, is interacting with a moving particle (e.g., aerosol or cloud
particle), being first sensed by the moving particle (observer) and then re-emitted
(source) with the frequency, f2, to be observed again by the lidar. The Doppler
frequency shift, ∆f ,

∆f = f2 − f0 = 2 · f0
vp
c

(3.5)

is determined by the speed of the moving particle, vp, relative to the speed of
light, c. The laser of conventionally used Doppler wind lidars usually emits at
infrared wavelengths between 1.55 µm (f0 = 193 THz) and 2.02 µm (f0 = 148 THz),
for which a frequency shift of ∆f = 1.29 MHz, or ∆f = 0.99 MHz, would correspond
to v= 1 m s−1, respectively. (Reitebuch and Hardesty, 2021)

During a sample interval, the lidar beam interacts not only with one, but
with multiple particles within a certain atmospheric volume, each possessing its
own velocity (see Fig. 3.7). This collective of particle velocities represents the
wind velocity with added small-scale, random (turbulent) motion. Hence, the
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Figure 3.7: Schematic of the Doppler wind lidar measurement principle. Left: Lidar beam
interacts with aerosol particles, that are moved by the average wind and local turbulence. Right:
Idealised distribution of aerosol Doppler velocities over the lidar volume and sampling interval
based on the frequency shift between emitted and returned laser signal.

lidar receives a distribution of Doppler frequency shifts (Doppler broadening)
in the signals returning from the bulk of particles, with a peak at the Doppler
frequency shift distribution, that is a measure of the wind velocity, averaged over
the measured volume and sampling interval. The width of the Doppler frequency
shift distribution (or Doppler velocity distribution, see Fig. 3.7) is a measure for
the turbulent motion, superimposed on the average wind velocity.

The velocity peak observed by the lidar is the velocity of the wind, projected
onto the Line-of-Sight (LOS) or "viewing direction", of the instruments laser. The
direction of the LOS is usually defined in polar coordinates using elevation angle,
θe, or zenith angle, θz=|90 - θe|, azimuth angle, α, and range, r (see Fig. 3.8).
The velocity, that is measured along the LOS of the laser beam is called radial
velocity, vr, and is connected to the Cartesian wind speed components, u, v, and
w as follows:

vr(r, α, θz) = u(r) sinα sin θz + v(r) cos α sin θz + w(r) cos θz (3.6a)
vr(r, α, θe) = u(r) sinα cos θe + v(r) cos α cos θe + w(r) sin θe (3.6b)

Figure 3.8: Polar coordinates (left): azimuth angle, α, elevation angle, θe, or zenith angle,
θz and range, r. Radial velocity projection (right) in a vertical plane along the horizontal x-
axis (u and w coordinates). All combinations of u and w along the gray striped line, that is
perpendicular to the lidar’s beam orientation, would result in the indicated radial velocity.
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Figure3.7:SchematicoftheDopplerwindlidarmeasurementprinciple.Left:Lidarbeam
interactswithaerosolparticles,thataremovedbytheaveragewindandlocalturbulence.Right:
IdealiseddistributionofaerosolDopplervelocitiesoverthelidarvolumeandsamplinginterval
basedonthefrequencyshiftbetweenemittedandreturnedlasersignal.

lidarreceivesadistributionofDopplerfrequencyshifts(Dopplerbroadening)
inthesignalsreturningfromthebulkofparticles,withapeakattheDoppler
frequencyshiftdistribution,thatisameasureofthewindvelocity,averagedover
themeasuredvolumeandsamplinginterval.ThewidthoftheDopplerfrequency
shiftdistribution(orDopplervelocitydistribution,seeFig.3.7)isameasurefor
theturbulentmotion,superimposedontheaveragewindvelocity.

Thevelocitypeakobservedbythelidaristhevelocityofthewind,projected
ontotheLine-of-Sight(LOS)or"viewingdirection",oftheinstrumentslaser.The
directionoftheLOSisusuallydefinedinpolarcoordinatesusingelevationangle,
θe,orzenithangle,θz=|90-θe|,azimuthangle,α,andrange,r(seeFig.3.8).
Thevelocity,thatismeasuredalongtheLOSofthelaserbeamiscalledradial
velocity,vr,andisconnectedtotheCartesianwindspeedcomponents,u,v,and
wasfollows:

vr(r,α,θz)=u(r)sinαsinθz+v(r)cosαsinθz+w(r)cosθz(3.6a)
vr(r,α,θe)=u(r)sinαcosθe+v(r)cosαcosθe+w(r)sinθe(3.6b)

Figure3.8:Polarcoordinates(left):azimuthangle,α,elevationangle,θe,orzenithangle,
θzandrange,r.Radialvelocityprojection(right)inaverticalplanealongthehorizontalx-
axis(uandwcoordinates).Allcombinationsofuandwalongthegraystripedline,thatis
perpendiculartothelidar’sbeamorientation,wouldresultintheindicatedradialvelocity.
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Figure3.7:SchematicoftheDopplerwindlidarmeasurementprinciple.Left:Lidarbeam
interactswithaerosolparticles,thataremovedbytheaveragewindandlocalturbulence.Right:
IdealiseddistributionofaerosolDopplervelocitiesoverthelidarvolumeandsamplinginterval
basedonthefrequencyshiftbetweenemittedandreturnedlasersignal.

lidarreceivesadistributionofDopplerfrequencyshifts(Dopplerbroadening)
inthesignalsreturningfromthebulkofparticles,withapeakattheDoppler
frequencyshiftdistribution,thatisameasureofthewindvelocity,averagedover
themeasuredvolumeandsamplinginterval.ThewidthoftheDopplerfrequency
shiftdistribution(orDopplervelocitydistribution,seeFig.3.7)isameasurefor
theturbulentmotion,superimposedontheaveragewindvelocity.

Thevelocitypeakobservedbythelidaristhevelocityofthewind,projected
ontotheLine-of-Sight(LOS)or"viewingdirection",oftheinstrumentslaser.The
directionoftheLOSisusuallydefinedinpolarcoordinatesusingelevationangle,
θe,orzenithangle,θz=|90-θe|,azimuthangle,α,andrange,r(seeFig.3.8).
Thevelocity,thatismeasuredalongtheLOSofthelaserbeamiscalledradial
velocity,vr,andisconnectedtotheCartesianwindspeedcomponents,u,v,and
wasfollows:

vr(r,α,θz)=u(r)sinαsinθz+v(r)cosαsinθz+w(r)cosθz(3.6a)
vr(r,α,θe)=u(r)sinαcosθe+v(r)cosαcosθe+w(r)sinθe(3.6b)
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θzandrange,r.Radialvelocityprojection(right)inaverticalplanealongthehorizontalx-
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perpendiculartothelidar’sbeamorientation,wouldresultintheindicatedradialvelocity.
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In addition to vr, the variable ”Signal-to-Noise Ratio”, SNR, can be derived
from the lidar observations, on the basis of the intensity of the velocity peak in
relation to the noise intensity of the relevant spectral bandwidth (see Fig. 3.7).
The SNR can be used as a measure for the density of aerosols in the boundary
layer and for detection of clouds.

There are two main types of Doppler wind lidar technologies used today: the
pulsed lidar and the continuous wave (CW) lidar. Over the past decades, the ma-
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The range (r = ct/2) of a volume, where the laser beam of a lidar system (both
pulsed and CW) interacts with aerosol or cloud particles, is determined by the
time, t, the light wave travels between being emitted by the lidar, being scattered
and re-emitted by the particle, and being picked up again by the lidar receiver.
As the name suggest, pulsed Doppler wind lidar emit laser pulses of up to a few
hundred ns pulse length, τ , with some pause in between the pulses. Here, the
range resolution ∆r = cτ/2, is determined analogously to r, being proportional to
the pulse length.

The Doppler wind lidars utilized in the studies included in this dissertation
are almost exclusively pulsed lidars, with the two most prominent systems dis-
played in Figure 3.9: a profiling (WindCubeV2) and a scanning (WindCube100S)
lidar, manufactured by Leosphere, a now Vaisaila owned company. The Wind-
CubeV2 (Offshore) is a relatively short ranged (rmax = 300 m) wind profiler, that is
equipped with an inertial motion unit (IMU) and a differential global positioning
system (GPS) to sample high frequency information on the instrument attitude
and motion. The comparably small size (ca. 55 cm wide, deep, and high, respec-
tively) and low weight (ca. 55 kg) make the WindCubeV2 lidar system easy to
install on and operate from moving platforms, such as buoys or ships. Here, the
internal motion record enables corrections for motion induced observational er-
rors (see Sect. 4.1.3). Nonetheless, the WindCubeV2 is restricted to a single scan
pattern, which can primarily be used to retrieve the three-dimensional wind pro-
file at several ranges, here altitudes above the instrument (see Sect. 4.1.1). The
WindCube100S is substantially larger (ca. 1 m wide, deep, and high, respectively)
and heavier (ca. 230 kg), yet comes with a considerably more powerful laser, with
maximum ranges of a few kilometers, and the possibility to program flexible scan
patterns (see Sect. 4.2.1) for various applications.
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4 Methodology

4.1 Profiling lidar

4.1.1 Retrieval of the wind profile utilizing pulsed lidars

To obtain a profile of the tree-dimensional wind speed vector, u = (u, v, w)
pulsed lidars generally use a scanning technique called ”doppler beam swinging”
(DBS). During a single DBS scan the lidar beam (constant θz > 0) is subsequently
oriented in four different α = (0◦, 90◦, 180◦, 270◦), with each beam rotated by 90◦
in comparison to the subsequent beam. For the WinCubeV2, the profiling lidar,
that is most relevant to the studies included in this dissertation θz = 28◦, yielding
a separation distance between opposing beams that is equal to the altitude. In
contrast to the WindCubeV1, this newer, second generation of profiling WindCube
lidars utilizes a fifth vertical oriented beam (θz = 0◦). Here, the range gates of the
four vertically titled beams are programmed to be situated at the same altitude
as the range gates of the vertical pointing beam. For pulsed lidars, measurements
of vr are obtained at all range gates simultaneously along a single beam, until the
beam is rotated to the next position (α, θz), where another set of vr is obtained
at all range gates. The DBS cycle (see Fig. 4.1) is continuously repeated, with a
return period of 3.8 s for the WindcubeV2.

The retrieval of u(z) requires the observation of at least three independent
vr(z), to construct an equation system based on Eq. 3.6. With any additional ob-
servation of vr(z) included into the equation system, it becomes over-constrained.

Figure 4.1: DBS scan cycle and corresponding construction of time dependent vr with the same
time resolution as the continuous series of observed vr values. Time step of vr corresponds to
the time step of the central utilized vr value.
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24 Methodology

Typically, u at a certain altitude, z, is retrieved on the basis of five1 vr(z) cor-
responding to observations of a complete DBS cycle of the WindcubeV2 (see
Fig. 4.1). The resulting equation system can be written as follows:

vr = Nu (4.1)

and an example for vr and N is constructed corresponding to vr(t2) displayed in
Fig. 4.1 (red highlight):

vr =


vr(α = 90◦)
vr(α = 180◦)
vr(α = 270◦)
vr(α = 0◦)
vr(θz = 0◦)

 N =


sin(θz) 0 cos(θz)

0 sin(θz) cos(θz)
−sin(θz) 0 cos(θz)

0 −sin(θz) cos(θz)
0 0 1


It is common to retrieve a time series of u with the same temporal resolution as the
original vr observations. To achieve this, the DBS scan is perceived as a continuous
series. Here, each new vr is constructed from the last four vr observations used in
the preceding retrieval time step and the next vr time step in line (see Fig. 4.1).
It should be noted, however, that the resulting estimate of u is still strongly
dependent on the preceding time step (80% of vr values are reused) and that this
has a rolling-average effect on the retrieved series, an effect visible in the velocity
spectra that is also discussed in Paper I.

To finally retrieve u, v, and w, the equation system defined in Eq. 4.1, needs
to be solved u. In the case of the example vr and N, that that is based on vr from
only five beams can be solved analytically, as also documented in Paper I,

u =
vr(α = 90◦)− vr(α = 270◦)

2 · sin(θz)
(4.2a)

v =
vr(α = 0◦)− vr(α = 180◦)

2 · sin(θz)
(4.2b)

w = vr(θz = 0◦) (4.2c)

provided the beam that is oriented to geographic north corresponds to α = 0◦.
However, such analytical solution is rather unflexible, e.g., in case data from
one beam is missing, if more than one DBS cycle is used for the retrieval, or if
motion correction should be applied simultaneously to the retrieval. Therefore,
the retrieval of u utilized in the studies included in this dissertation follow a more
general applicable approach to define the equation system (Eq. 4.1)

vr =


vr(α1, θz,1)
vr(α2, θz,2)

.

.
vr(αn, θz,n)

 N =


sin(α1) sin(θz,1) cos(α1) sin(θz,1) cos(θz,1)
sin(α2) sin(θz,2) cos(α2) sin(θz,2) cos(θz,2)

. . .

. . .
sin(αn) sin(θz,n) cos(αn) sin(θz,n) cos(θz,n)


where n corresponds to the number of utilized vr values. A general solution of u
for Eq. 4.1 is achieved by using the method of Least-squares (e.g. Lai et al., 1978):

û = (NTN)−1NTvr (4.3)

where û is the best estimate of u.
1four vr(z) observations for the WindcubeV1
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001


Itiscommontoretrieveatimeseriesofuwiththesametemporalresolutionasthe
originalvrobservations.Toachievethis,theDBSscanisperceivedasacontinuous
series.Here,eachnewvrisconstructedfromthelastfourvrobservationsusedin
theprecedingretrievaltimestepandthenextvrtimestepinline(seeFig.4.1).
Itshouldbenoted,however,thattheresultingestimateofuisstillstrongly
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onebeamismissing,ifmorethanoneDBScycleisusedfortheretrieval,orif
motioncorrectionshouldbeappliedsimultaneouslytotheretrieval.Therefore,
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vr=


vr(α1,θz,1)
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.

.
vr(αn,θz,n)

N=


sin(α1)sin(θz,1)cos(α1)sin(θz,1)cos(θz,1)
sin(α2)sin(θz,2)cos(α2)sin(θz,2)cos(θz,2)

...

...
sin(αn)sin(θz,n)cos(αn)sin(θz,n)cos(θz,n)


wherencorrespondstothenumberofutilizedvrvalues.Ageneralsolutionofu
forEq.4.1isachievedbyusingthemethodofLeast-squares(e.g.Laietal.,1978):

û=(NTN)−1NTvr(4.3)
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Typically, u at a certain altitude, z, is retrieved on the basis of five1 vr(z) cor-
responding to observations of a complete DBS cycle of the WindcubeV2 (see
Fig. 4.1). The resulting equation system can be written as follows:

vr = Nu (4.1)

and an example for vr and N is constructed corresponding to vr(t2) displayed in
Fig. 4.1 (red highlight):

vr =



vr(α = 90◦)
vr(α = 180◦)
vr(α = 270◦)
vr(α = 0◦)
vr(θz = 0◦)


 N =




sin(θz) 0 cos(θz)
0 sin(θz) cos(θz)

−sin(θz) 0 cos(θz)
0 −sin(θz) cos(θz)
0 0 1




It is common to retrieve a time series of u with the same temporal resolution as the
original vr observations. To achieve this, the DBS scan is perceived as a continuous
series. Here, each new vr is constructed from the last four vr observations used in
the preceding retrieval time step and the next vr time step in line (see Fig. 4.1).
It should be noted, however, that the resulting estimate of u is still strongly
dependent on the preceding time step (80% of vr values are reused) and that this
has a rolling-average effect on the retrieved series, an effect visible in the velocity
spectra that is also discussed in Paper I.

To finally retrieve u, v, and w, the equation system defined in Eq. 4.1, needs
to be solved u. In the case of the example vr and N, that that is based on vr from
only five beams can be solved analytically, as also documented in Paper I,

u =
vr(α = 90◦)− vr(α = 270◦)

2 · sin(θz)
(4.2a)

v =
vr(α = 0◦)− vr(α = 180◦)

2 · sin(θz)
(4.2b)

w = vr(θz = 0◦) (4.2c)

provided the beam that is oriented to geographic north corresponds to α = 0◦.
However, such analytical solution is rather unflexible, e.g., in case data from
one beam is missing, if more than one DBS cycle is used for the retrieval, or if
motion correction should be applied simultaneously to the retrieval. Therefore,
the retrieval of u utilized in the studies included in this dissertation follow a more
general applicable approach to define the equation system (Eq. 4.1)

vr =



vr(α1, θz,1)
vr(α2, θz,2)

.

.
vr(αn, θz,n)


 N =



sin(α1) sin(θz,1) cos(α1) sin(θz,1) cos(θz,1)
sin(α2) sin(θz,2) cos(α2) sin(θz,2) cos(θz,2)

. . .

. . .
sin(αn) sin(θz,n) cos(αn) sin(θz,n) cos(θz,n)




where n corresponds to the number of utilized vr values. A general solution of u
for Eq. 4.1 is achieved by using the method of Least-squares (e.g. Lai et al., 1978):

û = (N
T
N)−1

N
T
vr (4.3)

where û is the best estimate of u.
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Itiscommontoretrieveatimeseriesofuwiththesametemporalresolutionasthe
originalvrobservations.Toachievethis,theDBSscanisperceivedasacontinuous
series.Here,eachnewvrisconstructedfromthelastfourvrobservationsusedin
theprecedingretrievaltimestepandthenextvrtimestepinline(seeFig.4.1).
Itshouldbenoted,however,thattheresultingestimateofuisstillstrongly
dependentontheprecedingtimestep(80%ofvrvaluesarereused)andthatthis
hasarolling-averageeffectontheretrievedseries,aneffectvisibleinthevelocity
spectrathatisalsodiscussedinPaperI.

Tofinallyretrieveu,v,andw,theequationsystemdefinedinEq.4.1,needs
tobesolvedu.InthecaseoftheexamplevrandN,thatthatisbasedonvrfrom
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However,suchanalyticalsolutionisratherunflexible,e.g.,incasedatafrom
onebeamismissing,ifmorethanoneDBScycleisusedfortheretrieval,orif
motioncorrectionshouldbeappliedsimultaneouslytotheretrieval.Therefore,
theretrievalofuutilizedinthestudiesincludedinthisdissertationfollowamore
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4.1.2 Motion impact on profiling lidar observations

In the case of an installation on a moving platform, e.g., a buoy or a ship, the
profiling lidar is exposed to motion. This motion has six degrees of freedom,
corresponding to rotational motion (pitch, ϕ; roll, φ; and yaw, ψ) around, as
well as translatory motion (surge, sway, and heave) along the x, y, and z-axis,
respectively (see Fig. 4.2). The motion impacts the observed vr values and also
the retrieved û inherits this motion impact, if only the basic retrieval (Eq. 4.2 or
Eq. 4.3) is applied.

Figure 4.2: Six degrees of motion displace-
ment, that a profiling lidar experiences on a
vessel: Angular motion displacements (roll, φ,
pitch, ϕ, and yaw ψ) around the x, y, and
z axes and translatory motion displacements
(surge, sway, and heave) along the x, y, and z
axes.

The effect of rotational and translatory motion on the observed vr values is
displayed in Figure 4.3 for a one-dimensional example that only uses the u com-
ponent (here, v = 0 and w = 0 ). In the absence of motion the u component is
projected onto the LOS of the lidar beam, corresponding to θz, based on Eq. 3.6:

vr = u sin(θz) (4.4)

If the beam is, however, tilted due to rotational motion (Fig. 4.3a), the orientation
of the beam is altered (here, by ϕ) and hence also the projection of the observed
radial velocity, vr,o, changes to

vr,o = u sin(θz + ϕ) (4.5)

Applying a basic retrieval to vr,o, that still assumes that the beam is oriented with
θz, results a different estimate, û, than u.

If the lidar does not experience any rotational motion, but translatory mo-
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projected onto the LOS of the lidar beam, corresponding to θz, based on Eq. 3.6:
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Figure 4.3: Motion impact on the radial velocity observation by a) angular motion displacement,
b) translatory motion displacement, and c) combined motion displacement.

4.1.3 Motion correction of profiling lidar

If the lidar system is exposed to motion, the basic retrieval (Eq. 4.2 or Eq. 4.3)
will result in an incorrect estimate of û. Hence, the observations from such lidar
installations need to be corrected, to remove the motion impact. A requirement
for the application of motion correction is the measurement of the rotational and
translatory motions. These measurements need to be precisely synchronised with
and preferably of higher temporal resolution than the lidar observations. Such
measurements are usually obtained by GPS and IMU, that combines gyroscopes
and accelerometers to retrieve angular motion and velocities. The main lidar wind
profiler utilized on moving platforms for campaigns relevant to this dissertation
was the offshore version of the WindCubeV2. This lidar system includes an IMU
system, combined with a differential GPS that obtains rotational and translatory
motions, synchronised to the vr observations, at a frequency of 10 Hz.

Motion correction can be applied to û utilizing the measurements of the trans-
latory velocity vector, ut, and the rotation matrix, R, that specifies the rotation
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will result in an incorrect estimate of û. Hence, the observations from such lidar
installations need to be corrected, to remove the motion impact. A requirement
for the application of motion correction is the measurement of the rotational and
translatory motions. These measurements need to be precisely synchronised with
and preferably of higher temporal resolution than the lidar observations. Such
measurements are usually obtained by GPS and IMU, that combines gyroscopes
and accelerometers to retrieve angular motion and velocities. The main lidar wind
profiler utilized on moving platforms for campaigns relevant to this dissertation
was the offshore version of the WindCubeV2. This lidar system includes an IMU
system, combined with a differential GPS that obtains rotational and translatory
motions, synchronised to the vr observations, at a frequency of 10 Hz.
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by the angular motion:
ûc = R−1û− ut (4.9)

where ûc is the motion corrected û and R is constructed from multiplication of
the rotation matrices Rx, Ry and Rz, that describe the rotational motion around
the x, y, and z, respectively (Edson et al., 1998).
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Estimating the radial velocity for the example case discussed in Sect. 4.1.2 (u > 0,
v = 0, w = 0, ϕ > 0), on the basis of R = Ry results:

vr,o = u (sinθz cosϕ+ cosθz sinϕ) (4.10)

which resembles the expanded trigonometric form of Eq. 4.5 and confirms the
validity to apply R for motion correction.

However, if angular motion is present around more than one of the principal
axis (x, y, and z), the order of applied rotations influences the resultant R, be-
cause the initial rotation will transform the two remaining axes, and so on. The
discrepancy between the various angle systems, denoted as Ri, j, k= Ri · (Rj ·Rk)
is proportionate to the square of the rotation angle (Thwaites, 1995). To mini-
mize the error of ûc, the multiplication of the rotation matrices is ordered, starting
from the rotation around the axis corresponding to the smallest motion angle for
each retrieval time step.

The basic approach for motion correction (Eq. 4.9) has the advantage that it
can be applied to û, that is usually already processed by the computer that is
integrated in the lidar system. However, the retrieved values correspond to an
average (Sect. 4.1.1 and see Fig. 4.1), typically over the vr observations from five
beams. The basic approach will therefore apply motion correction that is of the
decreased temporal resolution that corresponds to the averaging intervals. Yet,
motion impacts each vr observation individually and typically varies at higher
frequencies than the return frequency of the averaging interval. Hence, to achieve
a more accurate correction of the motion impact, the correction should be applied
directly to the individual vr observation, before any form of retrieval is applied.

To correct for translatory motion upfront, the wind retrieval, ut needs to be
transformed to the rotated coordinate system of the lidar, using R (that corre-
sponds to the same time step as ut and u), and projected on to the LOS of each
of the lidar beams using N:

vr,t = N · (R · ut) (4.11)

Then the vr observations can be corrected by subtracting vr,t.
vr,c = vr − vr,t (4.12)

Similar to Eq. 4.1, but including the motion impact, this translatory-motion cor-
rected, radial velocity vector, vr,c, can be derived on the basis of u and N, utilizing
R to comprise the rotational motion impact.

vrc = (N · RT ) · u (4.13)
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canbeappliedtoû,thatisusuallyalreadyprocessedbythecomputerthatis
integratedinthelidarsystem.However,theretrievedvaluescorrespondtoan
average(Sect.4.1.1andseeFig.4.1),typicallyoverthevrobservationsfromfive
beams.Thebasicapproachwillthereforeapplymotioncorrectionthatisofthe
decreasedtemporalresolutionthatcorrespondstotheaveragingintervals.Yet,
motionimpactseachvrobservationindividuallyandtypicallyvariesathigher
frequenciesthanthereturnfrequencyoftheaveraginginterval.Hence,toachieve
amoreaccuratecorrectionofthemotionimpact,thecorrectionshouldbeapplied
directlytotheindividualvrobservation,beforeanyformofretrievalisapplied.
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Rtocomprisetherotationalmotionimpact.
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canbeappliedtoû,thatisusuallyalreadyprocessedbythecomputerthatis
integratedinthelidarsystem.However,theretrievedvaluescorrespondtoan
average(Sect.4.1.1andseeFig.4.1),typicallyoverthevrobservationsfromfive
beams.Thebasicapproachwillthereforeapplymotioncorrectionthatisofthe
decreasedtemporalresolutionthatcorrespondstotheaveragingintervals.Yet,
motionimpactseachvrobservationindividuallyandtypicallyvariesathigher
frequenciesthanthereturnfrequencyoftheaveraginginterval.Hence,toachieve
amoreaccuratecorrectionofthemotionimpact,thecorrectionshouldbeapplied
directlytotheindividualvrobservation,beforeanyformofretrievalisapplied.

Tocorrectfortranslatorymotionupfront,thewindretrieval,utneedstobe
transformedtotherotatedcoordinatesystemofthelidar,usingR(thatcorre-
spondstothesametimestepasutandu),andprojectedontotheLOSofeach
ofthelidarbeamsusingN:

vr,t=N·(R·ut)(4.11)

Thenthevrobservationscanbecorrectedbysubtractingvr,t.
vr,c=vr−vr,t(4.12)

SimilartoEq.4.1,butincludingthemotionimpact,thistranslatory-motioncor-
rected,radialvelocityvector,vr,c,canbederivedonthebasisofuandN,utilizing
Rtocomprisetherotationalmotionimpact.

vrc=(N·RT)·u(4.13)

4.1 Profiling lidar 27

by the angular motion:
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This equation system can be solved analogous to Eq. 4.3, using a least squares
approach:

ûc = [(R · N)T (R · N)]−1 · (R · N)T · vr,c (4.14)

It should be noted, that here, rotational-motion correction is applied during the
retrieval, yet the entries in R (Eq. 4.13 and 4.14) still correspond to only a single
time step within the return period of the DBS cycle, while translatory-motion
correction is applied each time step of the DBS cycle. Motion impacted lidar
data that is presented in the studies of this dissertation is corrected, using this
second approach that applies translatory-motion correction before and rotational-
motion correction during the wind speed retrieval. The corresponding code is
made available within the python package oblopy2.

4.2 Scanning lidar

4.2.1 Scan patterns

The simplest scan setting used by the scanning lidar is the ”fixed LOS”. Here,
the scanning lidar obtaines a time series of vr, while the scanner head is oriented
towards a fixed set of α and θe. Usually, all points within the upper hemisphere
(α between 0◦ and 360◦; θe between 0◦ and 90◦) and even some negative θe can be
covered. The fixed LOS is, for example, used to obtain vertical velocity profiles
with θe = 90◦ (e.g. Lothon et al., 2006, 2009; Adler et al., 2019). With information
on wind direction, also a sequence of horizontal LOS (θe = 0◦) fixed to α=wd is
applicable (e.g. Cheynet et al., 2021). Finally, fixed LOS also find application in
hard target alignment (see Sect. 4.2.4).

Similar to the profiling lidar (see Sect.4.1.1), also the scanning lidar can apply a
DBS scanning pattern, that is a sequence of five single fixed LOS observations. In
contrast to the profiling lidar, however, the scanning lidar must physically rotate
its scanner head to change between the different fixed LOS orientations. The rota-
tion of the scanner head takes considerably longer than the change in beam orien-
tation for the profiling lidar. Hence, the order of the sequential beam orientations
is optimised for the scanning lidar to take up as little time as possible. Still, one
cycle of a typical DBS scan performed by a scanning WindCube-100S lidar takes
approximately 11 s. In order to keep the separation distance comparably-small,
θz is usually chosen to be considerably smaller (θz=15◦) than for the profiling li-
dar, as the scanning lidar has a much larger range. As a consequence, the impact
of the vertical wind speed component in the wind retrieval is increased. To esti-
mate the three-dimensional wind speed from DBS observations obtained by the
scanning lidar, the same retrieval algorithm as for the profiling lidar (Sect.4.1.1)
can be applied.

In contrast to obtaining observations with a sequence of fixed LOS, the scan-
ning lidar can also obtain observations while changing the beam’s orientation. The
plan position indicator (PPI) is one example of this sampling technique. Here,
θe is kept constant, while α changes continuously with a certain angular speed
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Thesimplestscansettingusedbythescanninglidaristhe”fixedLOS”.Here,
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towardsafixedsetofαandθe.Usually,allpointswithintheupperhemisphere
(αbetween0◦and360◦;θebetween0◦and90◦)andevensomenegativeθecanbe
covered.ThefixedLOSis,forexample,usedtoobtainverticalvelocityprofiles
withθe=90◦(e.g.Lothonetal.,2006,2009;Adleretal.,2019).Withinformation
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applicable(e.g.Cheynetetal.,2021).Finally,fixedLOSalsofindapplicationin
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tionofthescannerheadtakesconsiderablylongerthanthechangeinbeamorien-
tationfortheprofilinglidar.Hence,theorderofthesequentialbeamorientations
isoptimisedforthescanninglidartotakeupaslittletimeaspossible.Still,one
cycleofatypicalDBSscanperformedbyascanningWindCube-100Slidartakes
approximately11s.Inordertokeeptheseparationdistancecomparably-small,
θzisusuallychosentobeconsiderablysmaller(θz=15◦)thanfortheprofilingli-
dar,asthescanninglidarhasamuchlargerrange.Asaconsequence,theimpact
oftheverticalwindspeedcomponentinthewindretrievalisincreased.Toesti-
matethethree-dimensionalwindspeedfromDBSobservationsobtainedbythe
scanninglidar,thesameretrievalalgorithmasfortheprofilinglidar(Sect.4.1.1)
canbeapplied.

IncontrasttoobtainingobservationswithasequenceoffixedLOS,thescan-
ninglidarcanalsoobtainobservationswhilechangingthebeam’sorientation.The
planpositionindicator(PPI)isoneexampleofthissamplingtechnique.Here,
θeiskeptconstant,whileαchangescontinuouslywithacertainangularspeed
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It should be noted, that here, rotational-motion correction is applied during the
retrieval, yet the entries in R (Eq. 4.13 and 4.14) still correspond to only a single
time step within the return period of the DBS cycle, while translatory-motion
correction is applied each time step of the DBS cycle. Motion impacted lidar
data that is presented in the studies of this dissertation is corrected, using this
second approach that applies translatory-motion correction before and rotational-
motion correction during the wind speed retrieval. The corresponding code is
made available within the python package oblopy2.

4.2 Scanning lidar

4.2.1 Scan patterns

The simplest scan setting used by the scanning lidar is the ”fixed LOS”. Here,
the scanning lidar obtaines a time series of vr, while the scanner head is oriented
towards a fixed set of α and θe. Usually, all points within the upper hemisphere
(α between 0◦ and 360◦; θe between 0◦ and 90◦) and even some negative θe can be
covered. The fixed LOS is, for example, used to obtain vertical velocity profiles
with θe = 90◦ (e.g. Lothon et al., 2006, 2009; Adler et al., 2019). With information
on wind direction, also a sequence of horizontal LOS (θe = 0◦) fixed to α=wd is
applicable (e.g. Cheynet et al., 2021). Finally, fixed LOS also find application in
hard target alignment (see Sect. 4.2.4).

Similar to the profiling lidar (see Sect.4.1.1), also the scanning lidar can apply a
DBS scanning pattern, that is a sequence of five single fixed LOS observations. In
contrast to the profiling lidar, however, the scanning lidar must physically rotate
its scanner head to change between the different fixed LOS orientations. The rota-
tion of the scanner head takes considerably longer than the change in beam orien-
tation for the profiling lidar. Hence, the order of the sequential beam orientations
is optimised for the scanning lidar to take up as little time as possible. Still, one
cycle of a typical DBS scan performed by a scanning WindCube-100S lidar takes
approximately 11 s. In order to keep the separation distance comparably-small,
θz is usually chosen to be considerably smaller (θz=15◦) than for the profiling li-
dar, as the scanning lidar has a much larger range. As a consequence, the impact
of the vertical wind speed component in the wind retrieval is increased. To esti-
mate the three-dimensional wind speed from DBS observations obtained by the
scanning lidar, the same retrieval algorithm as for the profiling lidar (Sect.4.1.1)
can be applied.

In contrast to obtaining observations with a sequence of fixed LOS, the scan-
ning lidar can also obtain observations while changing the beam’s orientation. The
plan position indicator (PPI) is one example of this sampling technique. Here,
θe is kept constant, while α changes continuously with a certain angular speed
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matethethree-dimensionalwindspeedfromDBSobservationsobtainedbythe
scanninglidar,thesameretrievalalgorithmasfortheprofilinglidar(Sect.4.1.1)
canbeapplied.
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planpositionindicator(PPI)isoneexampleofthissamplingtechnique.Here,
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ûc=[(R·N)
T
(R·N)]−1

·(R·N)
T
·vr,c(4.14)

Itshouldbenoted,thathere,rotational-motioncorrectionisappliedduringthe
retrieval,yettheentriesinR(Eq.4.13and4.14)stillcorrespondtoonlyasingle
timestepwithinthereturnperiodoftheDBScycle,whiletranslatory-motion
correctionisappliedeachtimestepoftheDBScycle.Motionimpactedlidar
datathatispresentedinthestudiesofthisdissertationiscorrected,usingthis
secondapproachthatappliestranslatory-motioncorrectionbeforeandrotational-
motioncorrectionduringthewindspeedretrieval.Thecorrespondingcodeis
madeavailablewithinthepythonpackageoblopy2.

4.2Scanninglidar

4.2.1Scanpatterns

Thesimplestscansettingusedbythescanninglidaristhe”fixedLOS”.Here,
thescanninglidarobtainesatimeseriesofvr,whilethescannerheadisoriented
towardsafixedsetofαandθe.Usually,allpointswithintheupperhemisphere
(αbetween0◦and360◦;θebetween0◦and90◦)andevensomenegativeθecanbe
covered.ThefixedLOSis,forexample,usedtoobtainverticalvelocityprofiles
withθe=90◦(e.g.Lothonetal.,2006,2009;Adleretal.,2019).Withinformation
onwinddirection,alsoasequenceofhorizontalLOS(θe=0◦)fixedtoα=wdis
applicable(e.g.Cheynetetal.,2021).Finally,fixedLOSalsofindapplicationin
hardtargetalignment(seeSect.4.2.4).

Similartotheprofilinglidar(seeSect.4.1.1),alsothescanninglidarcanapplya
DBSscanningpattern,thatisasequenceoffivesinglefixedLOSobservations.In
contrasttotheprofilinglidar,however,thescanninglidarmustphysicallyrotate
itsscannerheadtochangebetweenthedifferentfixedLOSorientations.Therota-
tionofthescannerheadtakesconsiderablylongerthanthechangeinbeamorien-
tationfortheprofilinglidar.Hence,theorderofthesequentialbeamorientations
isoptimisedforthescanninglidartotakeupaslittletimeaspossible.Still,one
cycleofatypicalDBSscanperformedbyascanningWindCube-100Slidartakes
approximately11s.Inordertokeeptheseparationdistancecomparably-small,
θzisusuallychosentobeconsiderablysmaller(θz=15◦)thanfortheprofilingli-
dar,asthescanninglidarhasamuchlargerrange.Asaconsequence,theimpact
oftheverticalwindspeedcomponentinthewindretrievalisincreased.Toesti-
matethethree-dimensionalwindspeedfromDBSobservationsobtainedbythe
scanninglidar,thesameretrievalalgorithmasfortheprofilinglidar(Sect.4.1.1)
canbeapplied.

IncontrasttoobtainingobservationswithasequenceoffixedLOS,thescan-
ninglidarcanalsoobtainobservationswhilechangingthebeam’sorientation.The
planpositionindicator(PPI)isoneexampleofthissamplingtechnique.Here,
θeiskeptconstant,whileαchangescontinuouslywithacertainangularspeed

2author:ChristianeDuscha,firstpublished:9.April2021,url:https://pypi.org/project/oblopy/,
lastaccessed:17.November2023



4.2 Scanning lidar 29

va (◦ s−1). For each range gate, the vr observation is derived from the bulk of par-
ticle velocities sampled during a selected integration time τi [s]. Consequently, the
result is a velocity composite over a certain angular range ∆a = va · τi [◦]. A full
PPI scan corresponds to complete rotation from α = 0◦ to α = 359◦ (e.g. Yoshino,
2019), but also PPI scans with smaller azimuth sectors are commonly used (e.g.
Alcayaga, 2020; Krutova et al., 2022). A typical application for PPI is the ob-
servation of horizontal velocities with a ”bird’s eye” view using small θe, i.e., to
observe wind turbine wakes (Krutova et al., 2022). A special form of the PPI with
large θe is the velocity azimuth display, VAD, that is used for wind profiling.

Similar to the PPI scan, the Range Height Indicator (RHI) scan uses a contin-
uous sampling technique. Here, α is kept constant, while θe continuously changes
with va. A full RHI scan corresponds to the realization of a cross-section or verti-
cal slice, starting horizontally from θe=0◦, over the zenith (θe=90◦) until pointing
horizontally again (θe=180◦). The RHI scan provides information about the ver-
tical structure of the atmosphere and is often applied to document the flow field
in complex terrain (e.g. Fernando et al., 2019; Haid et al., 2020). Here, in partic-
ular the observations of SNR provide insight about the boundary-layer depth (see
Paper III). Regions of the RHI scan with near horizontal pointing beams, up to
approximately 30◦ elevation (θe < 30◦ or θe > 150◦), can provide a relatively good
estimate of the horizontal, plane-parallel flow that is projected to the chosen α,
while observations close to the zenith are representative for the vertical velocity
component. To achieve estimates of horizontal, plane-parallel and vertical veloci-
ties throughout the cross-section, a more advanced approach is needed, requiring
the use of at least two coordinated lidars (see Sect 4.2.2).

4.2.2 Coplanar dual-lidar retrieval

Combining the observations of multiple scanning lidars in a plane enables the es-
timate of at least two of the three wind speed components at several points in
space and time. Such an estimate can be achieved by overlapping the scanned
areas of at least two lidars (see e.g. Newsom et al., 2005, 2008; Stawiarski et al.,
2013; Adler et al., 2019; Haid et al., 2020). The retrieval of the velocity compo-
nents in the overlap region of the lidar scans can be set up similar to the DBS
retrieval. Here, one velocity component can be dropped from Eq. 3.6 during the
set up of the equation system for the two dimensional plane:

vr,RHI = up cos(θe) + w sin(θe) (4.15a)
vr,PPI = u sin(α) + v cos(α) (4.15b)

with Eq. 4.15a applicable for overlapping RHI scans and Eq. 4.15b for overlapping
PPI scans. Here, it should be noted, that the u-component, up, of the overlapping
RHI scans does not necessarily correspond to the u-component in the terrestrial
frame, but to the horizontal velocity, projected on to the azimuth orientation of
the RHI cross-section. Based on Eq. 4.15 the LOS-transition matrices are defined
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ticlevelocitiessampledduringaselectedintegrationtimeτi[s].Consequently,the
resultisavelocitycompositeoveracertainangularrange∆a=va·τi[◦].Afull
PPIscancorrespondstocompleterotationfromα=0◦toα=359◦(e.g.Yoshino,
2019),butalsoPPIscanswithsmallerazimuthsectorsarecommonlyused(e.g.
Alcayaga,2020;Krutovaetal.,2022).AtypicalapplicationforPPIistheob-
servationofhorizontalvelocitieswitha”bird’seye”viewusingsmallθe,i.e.,to
observewindturbinewakes(Krutovaetal.,2022).AspecialformofthePPIwith
largeθeisthevelocityazimuthdisplay,VAD,thatisusedforwindprofiling.

SimilartothePPIscan,theRangeHeightIndicator(RHI)scanusesacontin-
uoussamplingtechnique.Here,αiskeptconstant,whileθecontinuouslychanges
withva.AfullRHIscancorrespondstotherealizationofacross-sectionorverti-
calslice,startinghorizontallyfromθe=0◦,overthezenith(θe=90◦)untilpointing
horizontallyagain(θe=180◦).TheRHIscanprovidesinformationaboutthever-
ticalstructureoftheatmosphereandisoftenappliedtodocumenttheflowfield
incomplexterrain(e.g.Fernandoetal.,2019;Haidetal.,2020).Here,inpartic-
ulartheobservationsofSNRprovideinsightabouttheboundary-layerdepth(see
PaperIII).RegionsoftheRHIscanwithnearhorizontalpointingbeams,upto
approximately30◦elevation(θe<30◦orθe>150◦),canprovidearelativelygood
estimateofthehorizontal,plane-parallelflowthatisprojectedtothechosenα,
whileobservationsclosetothezenitharerepresentativefortheverticalvelocity
component.Toachieveestimatesofhorizontal,plane-parallelandverticalveloci-
tiesthroughoutthecross-section,amoreadvancedapproachisneeded,requiring
theuseofatleasttwocoordinatedlidars(seeSect4.2.2).

4.2.2Coplanardual-lidarretrieval

Combiningtheobservationsofmultiplescanninglidarsinaplaneenablesthees-
timateofatleasttwoofthethreewindspeedcomponentsatseveralpointsin
spaceandtime.Suchanestimatecanbeachievedbyoverlappingthescanned
areasofatleasttwolidars(seee.g.Newsometal.,2005,2008;Stawiarskietal.,
2013;Adleretal.,2019;Haidetal.,2020).Theretrievalofthevelocitycompo-
nentsintheoverlapregionofthelidarscanscanbesetupsimilartotheDBS
retrieval.Here,onevelocitycomponentcanbedroppedfromEq.3.6duringthe
setupoftheequationsystemforthetwodimensionalplane:

vr,RHI=upcos(θe)+wsin(θe)(4.15a)
vr,PPI=usin(α)+vcos(α)(4.15b)

withEq.4.15aapplicableforoverlappingRHIscansandEq.4.15bforoverlapping
PPIscans.Here,itshouldbenoted,thattheu-component,up,oftheoverlapping
RHIscansdoesnotnecessarilycorrespondtotheu-componentintheterrestrial
frame,buttothehorizontalvelocity,projectedontotheazimuthorientationof
theRHIcross-section.BasedonEq.4.15theLOS-transitionmatricesaredefined
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ular the observations of SNR provide insight about the boundary-layer depth (see
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approximately 30◦ elevation (θe < 30◦ or θe > 150◦), can provide a relatively good
estimate of the horizontal, plane-parallel flow that is projected to the chosen α,
while observations close to the zenith are representative for the vertical velocity
component. To achieve estimates of horizontal, plane-parallel and vertical veloci-
ties throughout the cross-section, a more advanced approach is needed, requiring
the use of at least two coordinated lidars (see Sect 4.2.2).

4.2.2 Coplanar dual-lidar retrieval

Combining the observations of multiple scanning lidars in a plane enables the es-
timate of at least two of the three wind speed components at several points in
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
The matrix format of Eq. 4.15a and b:
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with up = (up, 0, w). Eq. 4.16 can be solved on a cartesian grid analogously to
Eq. 4.3 using the method of least-squares (see Cherukuru et al., 2015). Here,
the respective radial velocity vectors, vr,RHI and vr,PPI , contain all vr observa-
tions from both lidars within a certain radius from the cartesian retrieval point
(see Paper III for more detailed information).

The coplanar, scanning lidar approach is often used to estimate the horizontal
wind speed components from two overlapping PPI scans, i.e. to estimate the flow
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Träumner et al., 2015; Adler et al., 2020). Yet, in this dissertation the vertical
structure of the atmospheric velocities and, hence, the overlapping RHI scans are
more relevant. Figure 4.4 shows the angular differences and the time differences
of two perfectly synchronized RHI scans (see also Stawiarski et al., 2013). Even

Figure 4.4: Estimates of the time difference ∆t, normalized by the integration time Tint, as
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situated at (-0.5,0) and (0.5,0), respectively.
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for perfectly synchronised scans, the observations only match in time above the
center between the two lidars. Towards the sides, the time difference increases
substantially (Fig. 4.4). If temporal interpolation is applied and instantaneous
RHI scans are achieved (see Sect. 4.2.3 and Paper III), perfect synchronisation of
the RHI scans is not necessary. Instead, time synchronisation of the lidars is ut-
terly important, to ensure correct matching of the observations in each point of
the coplanar cross-section.

A major source for error in the coplanar retrieval is miss-alignment of the
lidars in the terrestrial reference frame. This error can be minimized by using a
hard-target alignment approach (See Sect. 4.2.4). Any retrieval error is amplified
by the factor 1/sin2(∆χ), with ∆χ being the angle between the two intersecting
lidar beams (Stawiarski et al., 2013), that is largest for points where the beams
of the lidars are oriented parallel or near parallel to one another and smallest for
∆χ = 90◦. The minimum error amplification is only achieved for a small section
between the lidars and increases both towards the lower altitudes between the
lidars as well as above and to the sides (see Fig. 4.4). The positions of these lidars
should be separated by a sufficiently large distance, such that the respective α (for
overlapping PPI scans), or θe (for overlapping RHI scans) are different by at least
30◦ (150◦ > |∆χ| > 30◦) in the same points within the area of interest. Because
the data corresponding to the area of larges error amplification is not valuable,
the dual-scanning lidars installed during campaigns relevant to this dissertation
were programmed to scan only a partial RHI, reducing also the maximum time
difference in between the scans, with maximum angular range between θe = 0◦

and θe = 150◦, or θe = 30◦ and θe = 180◦, respectively.

4.2.3 Data processing

The vr data observed by lidars tend to be noisy in the case of low SNR, usually
caused by low airborne particle content. Further, vr observations of continu-
ous scans (RHI and PPI) can feature erroneous "streak" patterns, namely range
folded ambiguities, that result from incorrect range and velocity allocation of the
lidar beam that interacts with distant objects, such as clouds (Bonin and Brewer ,
2017). Finally, also obstacles in the LOS of the lidar beam cause erroneous pat-
terns in the observed velocity field. Such errors in the vr observations propagate
and amplify in the dual-lidar retrieval (Sect. 4.2.2), if not filtered beforehand.
A common approach to remove noise from the vr observation, is to apply a fil-
ter to the data that removes all vr observations that are below a certain SNR
threshold. However, conservative SNR thresholds, that ensure a thorough noise
filtering, typically also discard a comparably large amount of correct vr data, when
low SNR conditions are present. To overcome this disadvantage, the utility of a
more advanced approach to filter the scanning lidar observations is applied in this
dissertation. The approach utilizes the Density-Based Spacial Clustering of Ap-
plications with Noise (DBSCAN) approach3 (Ester et al., 1996) to separate noise,
and erroneous features from correct data, successfully applied to scanning lidar
observations by Alcayaga (2020). The approach takes advantage of the fact, that
correct data points are typically organized into clusters in the scatter of vr against

3Here the implementation of DBSCAN in the ”scipy” python package (Virtanen et al., 2020) was utilized
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for perfectly synchronised scans, the observations only match in time above the
center between the two lidars. Towards the sides, the time difference increases
substantially (Fig. 4.4). If temporal interpolation is applied and instantaneous
RHI scans are achieved (see Sect. 4.2.3 and Paper III), perfect synchronisation of
the RHI scans is not necessary. Instead, time synchronisation of the lidars is ut-
terly important, to ensure correct matching of the observations in each point of
the coplanar cross-section.

A major source for error in the coplanar retrieval is miss-alignment of the
lidars in the terrestrial reference frame. This error can be minimized by using a
hard-target alignment approach (See Sect. 4.2.4). Any retrieval error is amplified
by the factor 1/sin2(∆χ), with ∆χ being the angle between the two intersecting
lidar beams (Stawiarski et al., 2013), that is largest for points where the beams
of the lidars are oriented parallel or near parallel to one another and smallest for
∆χ = 90◦. The minimum error amplification is only achieved for a small section
between the lidars and increases both towards the lower altitudes between the
lidars as well as above and to the sides (see Fig. 4.4). The positions of these lidars
should be separated by a sufficiently large distance, such that the respective α (for
overlapping PPI scans), or θe (for overlapping RHI scans) are different by at least
30◦ (150◦ > |∆χ| > 30◦) in the same points within the area of interest. Because
the data corresponding to the area of larges error amplification is not valuable,
the dual-scanning lidars installed during campaigns relevant to this dissertation
were programmed to scan only a partial RHI, reducing also the maximum time
difference in between the scans, with maximum angular range between θe = 0◦

and θe = 150◦, or θe = 30◦ and θe = 180◦, respectively.

4.2.3 Data processing

The vr data observed by lidars tend to be noisy in the case of low SNR, usually
caused by low airborne particle content. Further, vr observations of continu-
ous scans (RHI and PPI) can feature erroneous "streak" patterns, namely range
folded ambiguities, that result from incorrect range and velocity allocation of the
lidar beam that interacts with distant objects, such as clouds (Bonin and Brewer ,
2017). Finally, also obstacles in the LOS of the lidar beam cause erroneous pat-
terns in the observed velocity field. Such errors in the vr observations propagate
and amplify in the dual-lidar retrieval (Sect. 4.2.2), if not filtered beforehand.
A common approach to remove noise from the vr observation, is to apply a fil-
ter to the data that removes all vr observations that are below a certain SNR
threshold. However, conservative SNR thresholds, that ensure a thorough noise
filtering, typically also discard a comparably large amount of correct vr data, when
low SNR conditions are present. To overcome this disadvantage, the utility of a
more advanced approach to filter the scanning lidar observations is applied in this
dissertation. The approach utilizes the Density-Based Spacial Clustering of Ap-
plications with Noise (DBSCAN) approach3 (Ester et al., 1996) to separate noise,
and erroneous features from correct data, successfully applied to scanning lidar
observations by Alcayaga (2020). The approach takes advantage of the fact, that
correct data points are typically organized into clusters in the scatter of vr against
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SNR, while noise or erroneous features usually are not clustered (see Paper III).
For each scan, the DBSCAN approach identifies clusters in the vr–SNR space,
that includes all points that are within a density radius, ε, from each other, where
ε contains at least a minimum number of points, nsample. These points are the
”core points” of the cluster. All points, that are within ε from the core points are
also considered part of the cluster, even though there is less than nsample points
within ε from these ”reachable points”. All points not reachable with ε from the
core points of a cluster in the vr–SNR space are considered noise. The vr values
identified as noise by the DBSCAN filter are removed from the dataset.

The filtering and the associated gaps in the dataset demand for a gap-filling
procedure. The necessity to eliminate the time lag within the dual-lidar cross-
section (see Fig. 4.4) promotes the usage of temporal interpolation as a gap-filling
procedure. Here, each vr value in the polar coordinate system (r, θ), or (r, α) of the
respective RHI, or PPI scan is interpolated linearly in time to the same point in
space of a subsequent scan with available vr observation. Here, the interpolated
time series of each of these spacial points is stored for discrete points in time,
that is of the same time resolution as the observations of each angle in the lidar
scan. Hence, the result of this temporal interpolation is a series of instantaneous,
gap-filled lidar scans. The improvement of these instantaneous scans compared
to the originally obtained scan resolution is evaluated in Paper III. Further, the
instantaneous scans from dual-scanning lidars, that match in time are further used
in the coplanar retrieval (Sect. 4.2.2).

4.2.4 Hard target allignment

During the installation of a scanning lidar in the field, achieving exact align-
ment between the scanning lidar’s internal orientation and the terrestrial refer-
ence frame, where the 0◦ beam aligns with North, is challenging and usually some
initial misalignment remains. Typically, the scanning lidar does not provide yaw
observations, hence a crucial step is to estimate the lidar’s orientation relative to
the terrestrial reference frame, that can be achieved by the hard target approach.
Here, an isolated and comparably narrow hard target, such as a building, tree, or
pole, in free LOS of the lidar, but in some distance to be beyond the first range
gate of the lidar, is found or installed. Then, the geographical coordinates lon-
gitude, lon, and latitude, lat, of both the lidar and the hard target are precisely
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SNR, while noise or erroneous features usually are not clustered (see Paper III).
For each scan, the DBSCAN approach identifies clusters in the vr–SNR space,
that includes all points that are within a density radius, ε, from each other, where
ε contains at least a minimum number of points, nsample. These points are the
”core points” of the cluster. All points, that are within ε from the core points are
also considered part of the cluster, even though there is less than nsample points
within ε from these ”reachable points”. All points not reachable with ε from the
core points of a cluster in the vr–SNR space are considered noise. The vr values
identified as noise by the DBSCAN filter are removed from the dataset.

The filtering and the associated gaps in the dataset demand for a gap-filling
procedure. The necessity to eliminate the time lag within the dual-lidar cross-
section (see Fig. 4.4) promotes the usage of temporal interpolation as a gap-filling
procedure. Here, each vr value in the polar coordinate system (r, θ), or (r, α) of the
respective RHI, or PPI scan is interpolated linearly in time to the same point in
space of a subsequent scan with available vr observation. Here, the interpolated
time series of each of these spacial points is stored for discrete points in time,
that is of the same time resolution as the observations of each angle in the lidar
scan. Hence, the result of this temporal interpolation is a series of instantaneous,
gap-filled lidar scans. The improvement of these instantaneous scans compared
to the originally obtained scan resolution is evaluated in Paper III. Further, the
instantaneous scans from dual-scanning lidars, that match in time are further used
in the coplanar retrieval (Sect. 4.2.2).

4.2.4 Hard target allignment

During the installation of a scanning lidar in the field, achieving exact align-
ment between the scanning lidar’s internal orientation and the terrestrial refer-
ence frame, where the 0◦ beam aligns with North, is challenging and usually some
initial misalignment remains. Typically, the scanning lidar does not provide yaw
observations, hence a crucial step is to estimate the lidar’s orientation relative to
the terrestrial reference frame, that can be achieved by the hard target approach.
Here, an isolated and comparably narrow hard target, such as a building, tree, or
pole, in free LOS of the lidar, but in some distance to be beyond the first range
gate of the lidar, is found or installed. Then, the geographical coordinates lon-
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Also the exact distance, d, between lidar and target can be estimated on the basis
of the geo-location:

d = 2 ·R · atan2(√γ,
√

1− γ) (4.19)
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)2

(4.20)

Here, a larger d compensates for errors in α, that are caused by inaccuracies in
the measurement of the geo-locations.

To identify the relative angle, α̂, of the hard target to the lidar in the lidar’s
reference frame, a PPI scan with low angular resolution and a 10◦ to 20◦ angu-
lar coverage is initiated in the direction of the hard target. During these scans,
the hard target appears as a distinctive peak in the lidar’s carrier-to-noise ra-
tio4 (CNR) signal at the corresponding d and α̂. After identifying the approximate
α̂, a new scan is set up with increased angular resolution (ca. one measurement
every 0.1◦) and smaller angular coverage (ca. 5◦) centered around the preliminary
estimate of α̂. This approach allows for a refined identification of the CNR peak
and the logging of more detailed information on the α̂. To confirm the estimate
of α̂, a fixed LOS series can be initiated, with the lidar’s beam oriented directly
towards α̂ and checked for increased CNR corresponding to d. Figure 4.5 shows
an example of a hard target in LOS of the lidar and the corresponding peak in
CNR as displayed by the visual interface of the lidar software.

Figure 4.5: Left: Example of a tree (”Norbert”) that was used as a hard target in the gLidar
campaign in Voss, Norway, in April 2022. Right: CNR displayed in the visual interface of the
WindCube-100S user software during the process of a hard target alignment.

With the detailed information on α and α̂, the offset between the two can be
adjusted in the lidar’s software, by rotating the lidar’s reference frame by this
offset. To ensure ongoing alignment of the lidar’s orientation with the terrestrial
reference frame, the PPI and fixed LOS scans are repeated daily. Any physical or
electronic drifting of the lidar’s orientation can be addressed directly in the field
by correcting the offset in the lidar’s software, or needs to be accounted for in
post-processing and error estimates.

4Term used for signal-to-noise ratio, SNR, by the WindCube lidar series, manufactured by Leosphere
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Here,alargerdcompensatesforerrorsinα,thatarecausedbyinaccuraciesin
themeasurementofthegeo-locations.

Toidentifytherelativeangle,α̂,ofthehardtargettothelidarinthelidar’s
referenceframe,aPPIscanwithlowangularresolutionanda10◦to20◦angu-
larcoverageisinitiatedinthedirectionofthehardtarget.Duringthesescans,
thehardtargetappearsasadistinctivepeakinthelidar’scarrier-to-noisera-
tio4(CNR)signalatthecorrespondingdandα̂.Afteridentifyingtheapproximate
α̂,anewscanissetupwithincreasedangularresolution(ca.onemeasurement
every0.1◦)andsmallerangularcoverage(ca.5◦)centeredaroundthepreliminary
estimateofα̂.ThisapproachallowsforarefinedidentificationoftheCNRpeak
andtheloggingofmoredetailedinformationontheα̂.Toconfirmtheestimate
ofα̂,afixedLOSseriescanbeinitiated,withthelidar’sbeamorienteddirectly
towardsα̂andcheckedforincreasedCNRcorrespondingtod.Figure4.5shows
anexampleofahardtargetinLOSofthelidarandthecorrespondingpeakin
CNRasdisplayedbythevisualinterfaceofthelidarsoftware.

Figure4.5:Left:Exampleofatree(”Norbert”)thatwasusedasahardtargetinthegLidar
campaigninVoss,Norway,inApril2022.Right:CNRdisplayedinthevisualinterfaceofthe
WindCube-100Susersoftwareduringtheprocessofahardtargetalignment.
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Here, a larger d compensates for errors in α, that are caused by inaccuracies in
the measurement of the geo-locations.

To identify the relative angle, α̂, of the hard target to the lidar in the lidar’s
reference frame, a PPI scan with low angular resolution and a 10◦ to 20◦ angu-
lar coverage is initiated in the direction of the hard target. During these scans,
the hard target appears as a distinctive peak in the lidar’s carrier-to-noise ra-
tio4 (CNR) signal at the corresponding d and α̂. After identifying the approximate
α̂, a new scan is set up with increased angular resolution (ca. one measurement
every 0.1◦) and smaller angular coverage (ca. 5◦) centered around the preliminary
estimate of α̂. This approach allows for a refined identification of the CNR peak
and the logging of more detailed information on the α̂. To confirm the estimate
of α̂, a fixed LOS series can be initiated, with the lidar’s beam oriented directly
towards α̂ and checked for increased CNR corresponding to d. Figure 4.5 shows
an example of a hard target in LOS of the lidar and the corresponding peak in
CNR as displayed by the visual interface of the lidar software.

Figure 4.5: Left: Example of a tree (”Norbert”) that was used as a hard target in the gLidar
campaign in Voss, Norway, in April 2022. Right: CNR displayed in the visual interface of the
WindCube-100S user software during the process of a hard target alignment.

With the detailed information on α and α̂, the offset between the two can be
adjusted in the lidar’s software, by rotating the lidar’s reference frame by this
offset. To ensure ongoing alignment of the lidar’s orientation with the terrestrial
reference frame, the PPI and fixed LOS scans are repeated daily. Any physical or
electronic drifting of the lidar’s orientation can be addressed directly in the field
by correcting the offset in the lidar’s software, or needs to be accounted for in
post-processing and error estimates.
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34 Methodology

4.3 Characterization of convection

After retrieving the velocity components of the atmospheric flow, either contained
in a time series of velocity profiles (profiling lidar), or within a series of two-
dimensional vertical cross-sections (dual-scanning lidar), the next step is to iden-
tify the velocity patterns that are associated with atmospheric convection. Here,
the data is evaluated for the characteristic circulating structure of convection,
with areas dominated by vertical velocity: the updraft (convective core) and the
downdraft, that are linked by a compensating horizontal flow. At lower altitudes,
the convective circulation is dominated by horizontal convergence and entrain-
ment into the updraft, while horizontal divergence dominates at the top of the
updraft (see Sect. 3.2).

4.3.1 Spectral Coherence and Phase Analysis

Based on the characteristics of the convective circulation that are listed above,
the along wind, cross-wind, and and vertical velocity fluctuations, u′, v′, and
w′, of such circulation are cross-correlated with a phase shift, ∆ρij =±π/2 (see
Fig. 4.6), where i and j are placeholders for u′ and w′, or v′ and w′, respectively.
Here, the sign of ∆ρij depends on the direction of the horizontal component series
(convergence or divergence).

A measure of cross-correlation and phase at certain frequencies or wavelengths
are the coherence spectrum, Coij, and phase spectrum, ρij, of horizontal and ver-
tical velocity fluctuations. These measures can provide the information required
to identify the presence and dimensions of convective circulation patterns, that
occur periodically in the atmospheric flow field, and that are advected to the li-

Figure 4.6: Side view of a convective circulation advected over the lidar by the mean wind (top)
and corresponding horizontal (here u′) and vertical velocity components at an altitude z in the
lower part of the circulation (bottom). Adapted from Paper II (Figure 3).
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dar’s position (profiling lidar). The coherence and phase spectrum are estimated
on the basis of the cross-covariance spectrum of i and j, Gij its complex conjugate
GT

ij, and the respective auto-correlation spectra of i and j, Gii and Gjj (Emery
and Thomson, 2001):

Coij =
Gij ·GT

ij

Gii ·Gjj
(4.21a)

ρij = atan2[Im(Gij),Re(Gij)]. (4.21b)

A spike in Coij at a certain wavelength, λ, that indicates a sufficiently strong cross-
correlation of horizontal and vertical velocity fluctuations (Coij(λ) close to 1, or
at least larger than 0.7), combined with a ρij(λ) within a 5◦ window around ±π/2
are the necessary and sufficient conditions for the presence of a coherent convec-
tive circulation with horizontal size λ (based on Hartmann et al., 1997). A more
detailed documentation of the coherence approach to identify and characterize or-
ganised convection, as well as the correspondingly required processing of profiling
lidar data is included in Paper II.

4.3.2 Single convective structure analysis

In particular over land, convection is rarely organised into structures of similar λ,
nor advected over the lidar. As application of the spectral coherence and and
phase approach requires these characteristics, a different approach is needed to
characterize single convective structures.

The horizontal and vertical velocity field, up(x, z) and w(x, z) of the coplanar
retrieval (Sect. 4.2.2) can be used to identify the presence and location of a con-
vective circulation, in particular of the convective updraft. The conditions for
the presence of a convective updraft is that the w, averaged over the lowest part
(lowest 100 m to 300 m) of the circulation exceeds 0.5 m s−1, while the horizon-
tal derivative of up, the divergence, ∆up/∆x, is negative (converging flow). The
horizontal distance, at which the two conditions are fulfilled defines the initial up-
draft width. The point of largest convergence defines the triggering location for
the convective updraft. The streamline, that originates from this location, de-
scribes the core of the convective updraft, which should be followed to investigate
the change in w with altitude. Paper III illustrates this approach with an example
case.
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5 Introduction to the papers

Paper I: Statistic and Coherence Response of Ship-based Lidar Obser-
vations to Motion Compensation

Christiane Duscha, Mostafa Bakhoday Paskyabi, Joachim Reuder (2020),
Journal of Physics Conference Series, 1669/01

Ship-based, profiling lidar installations have been part of several field campaigns
planned and conducted before and during the PhD period. These installations
yield a large basis of wind observations to analyze in the remote, usually under-
sampled marine atmospheric boundary layer.

Paper I investigates the impact of ship motion on the profiling lidar observa-
tions and to which degree a standard motion correction can improve these ob-
servations. Emphasis is on investigating which temporal scales are unaffected by
motion or sufficiently captured after motion correction, yielding insight into which
atmospheric flow properties can be resolved by ship-based lidar observations, i.e.
turbulence, convective structures, or solely the large scale wind.

A big disadvantage of ship-based lidars, if not installed on a motion-
compensating platform (see Achtert et al., 2015) is that the lidar is exposed to
the motion of the vessel. Both the direct observations (radial velocity), as well
as the retrieval of the three-dimensional wind are corrupted by the ship’s motion
(see Sect. 4.1.2). Paper I evaluates the error, utilizing basic statistical metrics,
and investigates the impact of motion on the velocity and coherence spectra.

A simple, commonly used motion compensation is applied to the lidar obser-
vations (see Sect. 4.1.3). Further, the mean properties of the wind profile are
compared against measurements from radiosondes, which notably are less reliable
close to the vessel, estimating the statistical error metrics ”bias” (systematic er-
ror) and ”standard deviation error” (random error). While the bias is comparable
(small) for the retrieval based on the motion-corrected and original lidar data, the
random error between radiosonde and lidar profiles is substantially improved by
the motion correction.

Further, histograms of the corrected and uncorrected horizontal velocity com-
ponent, as well as a respective difference histogram, reveal that angular motions
account mainly for smaller fluctuations between ± 2 m s−1, while translatory move-
ment (∼ ship speed) causes the largest deviations (up to 8 m s−1). The horizontal
translatory movement causes the largest impact on the total velocity, but changes
at a much lower frequency than angular motion or the heave motion and is there-
fore much easier to correct. The vertical velocity histogram, on the other hand
is mainly affected by angular and heave motion. Here motion correction achieves
to shift the uncorrected peak at 0.5 m s−1 caused by persistent tilting of the in-
strument to 0.0 m s−1 after correction. Additionally, motion correction achieves a
narrowing of the vertical velocity peak, which can be accounted to the reduction
of high-frequency angular and heave displacement.
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PaperI:StatisticandCoherenceResponseofShip-basedLidarObser-
vationstoMotionCompensation

ChristianeDuscha,MostafaBakhodayPaskyabi,JoachimReuder(2020),
JournalofPhysicsConferenceSeries,1669/01

Ship-based,profilinglidarinstallationshavebeenpartofseveralfieldcampaigns
plannedandconductedbeforeandduringthePhDperiod.Theseinstallations
yieldalargebasisofwindobservationstoanalyzeintheremote,usuallyunder-
sampledmarineatmosphericboundarylayer.

PaperIinvestigatestheimpactofshipmotionontheprofilinglidarobserva-
tionsandtowhichdegreeastandardmotioncorrectioncanimprovetheseob-
servations.Emphasisisoninvestigatingwhichtemporalscalesareunaffectedby
motionorsufficientlycapturedaftermotioncorrection,yieldinginsightintowhich
atmosphericflowpropertiescanberesolvedbyship-basedlidarobservations,i.e.
turbulence,convectivestructures,orsolelythelargescalewind.

Abigdisadvantageofship-basedlidars,ifnotinstalledonamotion-
compensatingplatform(seeAchtertetal.,2015)isthatthelidarisexposedto
themotionofthevessel.Boththedirectobservations(radialvelocity),aswell
astheretrievalofthethree-dimensionalwindarecorruptedbytheship’smotion
(seeSect.4.1.2).PaperIevaluatestheerror,utilizingbasicstatisticalmetrics,
andinvestigatestheimpactofmotiononthevelocityandcoherencespectra.

Asimple,commonlyusedmotioncompensationisappliedtothelidarobser-
vations(seeSect.4.1.3).Further,themeanpropertiesofthewindprofileare
comparedagainstmeasurementsfromradiosondes,whichnotablyarelessreliable
closetothevessel,estimatingthestatisticalerrormetrics”bias”(systematicer-
ror)and”standarddeviationerror”(randomerror).Whilethebiasiscomparable
(small)fortheretrievalbasedonthemotion-correctedandoriginallidardata,the
randomerrorbetweenradiosondeandlidarprofilesissubstantiallyimprovedby
themotioncorrection.

Further,histogramsofthecorrectedanduncorrectedhorizontalvelocitycom-
ponent,aswellasarespectivedifferencehistogram,revealthatangularmotions
accountmainlyforsmallerfluctuationsbetween±2ms−1,whiletranslatorymove-
ment(∼shipspeed)causesthelargestdeviations(upto8ms−1).Thehorizontal
translatorymovementcausesthelargestimpactonthetotalvelocity,butchanges
atamuchlowerfrequencythanangularmotionortheheavemotionandisthere-
foremucheasiertocorrect.Theverticalvelocityhistogram,ontheotherhand
ismainlyaffectedbyangularandheavemotion.Heremotioncorrectionachieves
toshifttheuncorrectedpeakat0.5ms−1causedbypersistenttiltingofthein-
strumentto0.0ms−1aftercorrection.Additionally,motioncorrectionachievesa
narrowingoftheverticalvelocitypeak,whichcanbeaccountedtothereduction
ofhigh-frequencyangularandheavedisplacement.
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Paper I: Statistic and Coherence Response of Ship-based Lidar Obser-
vations to Motion Compensation

Christiane Duscha, Mostafa Bakhoday Paskyabi, Joachim Reuder (2020),
Journal of Physics Conference Series, 1669/01

Ship-based, profiling lidar installations have been part of several field campaigns
planned and conducted before and during the PhD period. These installations
yield a large basis of wind observations to analyze in the remote, usually under-
sampled marine atmospheric boundary layer.

Paper I investigates the impact of ship motion on the profiling lidar observa-
tions and to which degree a standard motion correction can improve these ob-
servations. Emphasis is on investigating which temporal scales are unaffected by
motion or sufficiently captured after motion correction, yielding insight into which
atmospheric flow properties can be resolved by ship-based lidar observations, i.e.
turbulence, convective structures, or solely the large scale wind.

A big disadvantage of ship-based lidars, if not installed on a motion-
compensating platform (see Achtert et al., 2015) is that the lidar is exposed to
the motion of the vessel. Both the direct observations (radial velocity), as well
as the retrieval of the three-dimensional wind are corrupted by the ship’s motion
(see Sect. 4.1.2). Paper I evaluates the error, utilizing basic statistical metrics,
and investigates the impact of motion on the velocity and coherence spectra.

A simple, commonly used motion compensation is applied to the lidar obser-
vations (see Sect. 4.1.3). Further, the mean properties of the wind profile are
compared against measurements from radiosondes, which notably are less reliable
close to the vessel, estimating the statistical error metrics ”bias” (systematic er-
ror) and ”standard deviation error” (random error). While the bias is comparable
(small) for the retrieval based on the motion-corrected and original lidar data, the
random error between radiosonde and lidar profiles is substantially improved by
the motion correction.

Further, histograms of the corrected and uncorrected horizontal velocity com-
ponent, as well as a respective difference histogram, reveal that angular motions
account mainly for smaller fluctuations between ± 2 m s−1, while translatory move-
ment (∼ ship speed) causes the largest deviations (up to 8 m s−1). The horizontal
translatory movement causes the largest impact on the total velocity, but changes
at a much lower frequency than angular motion or the heave motion and is there-
fore much easier to correct. The vertical velocity histogram, on the other hand
is mainly affected by angular and heave motion. Here motion correction achieves
to shift the uncorrected peak at 0.5 m s−1 caused by persistent tilting of the in-
strument to 0.0 m s−1 after correction. Additionally, motion correction achieves a
narrowing of the vertical velocity peak, which can be accounted to the reduction
of high-frequency angular and heave displacement.
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The velocity spectra of uncorrected and motion-corrected wind velocity re-
trievals are also compared. These spectra reveal the general limitations of the
DBS scanning pattern, namely a rolling average effect, as radial velocity obser-
vations are used several times to retrieve consecutive time steps of the velocity
vector (see Figure 4.1), and cross-contamination effects. Here, the vertical ve-
locity spectrum is, in particular, affected by ship motion and motion correction.
The spectral energy peak caused by heave motion is substantially reduced for
the corrected spectrum. But for frequencies larger than the Nyquist frequency
of the corresponding DBS scanning cycle (ca. 2 · 1

3.8 s−1), motion compensation
causes the corrected spectrum to follow the heave spectrum more closely than the
uncorrected spectrum.

Because the ship-based campaign unfortunately lacks high-frequency reference
data to validate the spectra, this effect was further investigated using the met-
rics ”coherence”, ”co-coherence” and ”phase”. Coherence of the vertical veloc-
ity retrievals at different altitudes decreases with increasing vertical separation
distances and frequency, as expected for natural turbulence and eddies, but sud-
denly increases again for frequencies, where motion impact gains importance. At
high frequencies, the motion correction overcompensates, in particular, in the fre-
quency range larger than the Nyquist frequency, confirming the hypothesis, that
the rolling average effect amplifies the motion-induced error that simple motion
correction can not remove. Here, the retrieval principle does not allow to resolve
oscillations caused by motion, and motion correction introduces artificial oscilla-
tions on the corrected series.

Main finding and link to Paper II
Ship-based, profiling lidar can be considered to study (turbulent) eddies that
correspond to frequencies lower than the resonance frequency of the vessel, and
frequencies lower than those affected by the measurement principle (DBS) of the
lidar. While the majority of turbulent eddies exceed this frequency threshold,
the majority of convectively driven eddies in the marine atmosphere boundary
layer fall into the frequency range which is not corrupted by the ship’s motion.
Even though, the study presented in Paper I was initially motivated to provide
an estimate of the performance of ship-based profiling lidars for offshore wind en-
ergy applications, this finding changed the focus of the PhD project to investigate
convective structures in more detail.

The data evaluated in Paper I already contained several periods with strong
convective conditions. Here, the convection above the ocean was triggered by
advection of air that is colder than the ocean’s surface. During such cold air out-
break conditions, the convective eddies move with the mean wind and frequency
can be related to scale. This effect enabled the evaluation of convection from the
time series of a ship-based lidar wind profile in the marine atmospheric boundary
layer, which is discussed in Paper II.
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Thevelocityspectraofuncorrectedandmotion-correctedwindvelocityre-
trievalsarealsocompared.Thesespectrarevealthegenerallimitationsofthe
DBSscanningpattern,namelyarollingaverageeffect,asradialvelocityobser-
vationsareusedseveraltimestoretrieveconsecutivetimestepsofthevelocity
vector(seeFigure4.1),andcross-contaminationeffects.Here,theverticalve-
locityspectrumis,inparticular,affectedbyshipmotionandmotioncorrection.
Thespectralenergypeakcausedbyheavemotionissubstantiallyreducedfor
thecorrectedspectrum.ButforfrequencieslargerthantheNyquistfrequency
ofthecorrespondingDBSscanningcycle(ca.2·1

3.8s−1),motioncompensation
causesthecorrectedspectrumtofollowtheheavespectrummorecloselythanthe
uncorrectedspectrum.

Becausetheship-basedcampaignunfortunatelylackshigh-frequencyreference
datatovalidatethespectra,thiseffectwasfurtherinvestigatedusingthemet-
rics”coherence”,”co-coherence”and”phase”.Coherenceoftheverticalveloc-
ityretrievalsatdifferentaltitudesdecreaseswithincreasingverticalseparation
distancesandfrequency,asexpectedfornaturalturbulenceandeddies,butsud-
denlyincreasesagainforfrequencies,wheremotionimpactgainsimportance.At
highfrequencies,themotioncorrectionovercompensates,inparticular,inthefre-
quencyrangelargerthantheNyquistfrequency,confirmingthehypothesis,that
therollingaverageeffectamplifiesthemotion-inducederrorthatsimplemotion
correctioncannotremove.Here,theretrievalprincipledoesnotallowtoresolve
oscillationscausedbymotion,andmotioncorrectionintroducesartificialoscilla-
tionsonthecorrectedseries.

MainfindingandlinktoPaperII
Ship-based,profilinglidarcanbeconsideredtostudy(turbulent)eddiesthat
correspondtofrequencieslowerthantheresonancefrequencyofthevessel,and
frequencieslowerthanthoseaffectedbythemeasurementprinciple(DBS)ofthe
lidar.Whilethemajorityofturbulenteddiesexceedthisfrequencythreshold,
themajorityofconvectivelydriveneddiesinthemarineatmosphereboundary
layerfallintothefrequencyrangewhichisnotcorruptedbytheship’smotion.
Eventhough,thestudypresentedinPaperIwasinitiallymotivatedtoprovide
anestimateoftheperformanceofship-basedprofilinglidarsforoffshorewinden-
ergyapplications,thisfindingchangedthefocusofthePhDprojecttoinvestigate
convectivestructuresinmoredetail.

ThedataevaluatedinPaperIalreadycontainedseveralperiodswithstrong
convectiveconditions.Here,theconvectionabovetheoceanwastriggeredby
advectionofairthatiscolderthantheocean’ssurface.Duringsuchcoldairout-
breakconditions,theconvectiveeddiesmovewiththemeanwindandfrequency
canberelatedtoscale.Thiseffectenabledtheevaluationofconvectionfromthe
timeseriesofaship-basedlidarwindprofileinthemarineatmosphericboundary
layer,whichisdiscussedinPaperII.
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The velocity spectra of uncorrected and motion-corrected wind velocity re-
trievals are also compared. These spectra reveal the general limitations of the
DBS scanning pattern, namely a rolling average effect, as radial velocity obser-
vations are used several times to retrieve consecutive time steps of the velocity
vector (see Figure 4.1), and cross-contamination effects. Here, the vertical ve-
locity spectrum is, in particular, affected by ship motion and motion correction.
The spectral energy peak caused by heave motion is substantially reduced for
the corrected spectrum. But for frequencies larger than the Nyquist frequency
of the corresponding DBS scanning cycle (ca. 2 ·

1
3.8 s−1), motion compensation

causes the corrected spectrum to follow the heave spectrum more closely than the
uncorrected spectrum.

Because the ship-based campaign unfortunately lacks high-frequency reference
data to validate the spectra, this effect was further investigated using the met-
rics ”coherence”, ”co-coherence” and ”phase”. Coherence of the vertical veloc-
ity retrievals at different altitudes decreases with increasing vertical separation
distances and frequency, as expected for natural turbulence and eddies, but sud-
denly increases again for frequencies, where motion impact gains importance. At
high frequencies, the motion correction overcompensates, in particular, in the fre-
quency range larger than the Nyquist frequency, confirming the hypothesis, that
the rolling average effect amplifies the motion-induced error that simple motion
correction can not remove. Here, the retrieval principle does not allow to resolve
oscillations caused by motion, and motion correction introduces artificial oscilla-
tions on the corrected series.

Main finding and link to Paper II
Ship-based, profiling lidar can be considered to study (turbulent) eddies that
correspond to frequencies lower than the resonance frequency of the vessel, and
frequencies lower than those affected by the measurement principle (DBS) of the
lidar. While the majority of turbulent eddies exceed this frequency threshold,
the majority of convectively driven eddies in the marine atmosphere boundary
layer fall into the frequency range which is not corrupted by the ship’s motion.
Even though, the study presented in Paper I was initially motivated to provide
an estimate of the performance of ship-based profiling lidars for offshore wind en-
ergy applications, this finding changed the focus of the PhD project to investigate
convective structures in more detail.

The data evaluated in Paper I already contained several periods with strong
convective conditions. Here, the convection above the ocean was triggered by
advection of air that is colder than the ocean’s surface. During such cold air out-
break conditions, the convective eddies move with the mean wind and frequency
can be related to scale. This effect enabled the evaluation of convection from the
time series of a ship-based lidar wind profile in the marine atmospheric boundary
layer, which is discussed in Paper II.
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Thevelocityspectraofuncorrectedandmotion-correctedwindvelocityre-
trievalsarealsocompared.Thesespectrarevealthegenerallimitationsofthe
DBSscanningpattern,namelyarollingaverageeffect,asradialvelocityobser-
vationsareusedseveraltimestoretrieveconsecutivetimestepsofthevelocity
vector(seeFigure4.1),andcross-contaminationeffects.Here,theverticalve-
locityspectrumis,inparticular,affectedbyshipmotionandmotioncorrection.
Thespectralenergypeakcausedbyheavemotionissubstantiallyreducedfor
thecorrectedspectrum.ButforfrequencieslargerthantheNyquistfrequency
ofthecorrespondingDBSscanningcycle(ca.2·

1
3.8s−1),motioncompensation

causesthecorrectedspectrumtofollowtheheavespectrummorecloselythanthe
uncorrectedspectrum.

Becausetheship-basedcampaignunfortunatelylackshigh-frequencyreference
datatovalidatethespectra,thiseffectwasfurtherinvestigatedusingthemet-
rics”coherence”,”co-coherence”and”phase”.Coherenceoftheverticalveloc-
ityretrievalsatdifferentaltitudesdecreaseswithincreasingverticalseparation
distancesandfrequency,asexpectedfornaturalturbulenceandeddies,butsud-
denlyincreasesagainforfrequencies,wheremotionimpactgainsimportance.At
highfrequencies,themotioncorrectionovercompensates,inparticular,inthefre-
quencyrangelargerthantheNyquistfrequency,confirmingthehypothesis,that
therollingaverageeffectamplifiesthemotion-inducederrorthatsimplemotion
correctioncannotremove.Here,theretrievalprincipledoesnotallowtoresolve
oscillationscausedbymotion,andmotioncorrectionintroducesartificialoscilla-
tionsonthecorrectedseries.

MainfindingandlinktoPaperII
Ship-based,profilinglidarcanbeconsideredtostudy(turbulent)eddiesthat
correspondtofrequencieslowerthantheresonancefrequencyofthevessel,and
frequencieslowerthanthoseaffectedbythemeasurementprinciple(DBS)ofthe
lidar.Whilethemajorityofturbulenteddiesexceedthisfrequencythreshold,
themajorityofconvectivelydriveneddiesinthemarineatmosphereboundary
layerfallintothefrequencyrangewhichisnotcorruptedbytheship’smotion.
Eventhough,thestudypresentedinPaperIwasinitiallymotivatedtoprovide
anestimateoftheperformanceofship-basedprofilinglidarsforoffshorewinden-
ergyapplications,thisfindingchangedthefocusofthePhDprojecttoinvestigate
convectivestructuresinmoredetail.

ThedataevaluatedinPaperIalreadycontainedseveralperiodswithstrong
convectiveconditions.Here,theconvectionabovetheoceanwastriggeredby
advectionofairthatiscolderthantheocean’ssurface.Duringsuchcoldairout-
breakconditions,theconvectiveeddiesmovewiththemeanwindandfrequency
canberelatedtoscale.Thiseffectenabledtheevaluationofconvectionfromthe
timeseriesofaship-basedlidarwindprofileinthemarineatmosphericboundary
layer,whichisdiscussedinPaperII.
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Structures Over the Lifecycle of a Marine Cold-Air Outbreak
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Paper II demonstrates the capability of the profiling lidar to sample organised
convective structures in the marine atmospheric boundary layer. Here, ship-based
lidar observations during a cold air outbreak, a strongly convective atmospheric
event, are presented. The main focus of the paper is on identifying character-
istic properties of the convective structures based on the flow field sampled by
the lidar, i.e., horizontal length scales, and vertical and horizontal velocity ampli-
tudes. Those characteristics are linked to properties of the marine atmospheric
boundary layer, obtained by complementing in situ and remote sensing observa-
tions operated from the ship, such as boundary-layer depth, surface heat fluxes,
and stability estimates, to achieve an understanding of their interplay.

The methodology to identify the convective properties utilizes the compara-
bly strong and consistent advection during cold air outbreak conditions. This
enables the profiling lidar to yield observations of the two-dimensional flow field
along the apparent wind, assuming the convective eddy does not change while ad-
vected over the ship (Taylor Hypothesis). Estimates of the coherence and phase
spectra between vertical and along-wind speed fluctuations indicate the presence
of periodically returning (coherent) structures in the flow field (see Sect. 4.3.1).
As concluded from Paper I, motion, and lidar measurement principle only affect
turbulent eddies of comparably short temporal and spatial scales, while motion
correction successfully removes the motion impact at scales relevant to convection.

Accepting the coherent structures only within certain coherence and phase
thresholds (as suggested by Hartmann et al., 1997), limits the evaluated struc-
tures to convective origin. Paper II demonstrates this methodology in the form
of an example snapshot of the flow field captured by the lidar. The flow field
clearly features a convective circulation pattern with individual convective cells of
comparable structure wavelength. This organisation of the convective flow field
is also evident in the coherence spectrum by a peak, that is within the defined
phase thresholds at the corresponding wavelength. Based on a satellite snapshot
of the same situations, only a fraction of the convective thermals initiated at the
surface and obtained by the lidar manifests as clouds.

The analysis of the coherent structure length and velocity scale statistics
throughout the life-cycle of a cold air outbreak further reveals, that not even
all convective thermals extend throughout the whole lidar range. Further, the
structure characteristics align with those typically expected for cellular convec-
tion. Here, the ratio of horizontal and vertical scale (anisotrophy) increases with
increasing structure size and velocity, respectively. The coherent convective struc-
tures mainly feature comparably wide and weak downdrafts, as well as compara-
bly narrow and strong updrafts. For the large coherent structures, the size and
horizontal velocity amplitude greatly exceed the vertical counterparts.
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clearlyfeaturesaconvectivecirculationpatternwithindividualconvectivecellsof
comparablestructurewavelength.Thisorganisationoftheconvectiveflowfield
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ofthesamesituations,onlyafractionoftheconvectivethermalsinitiatedatthe
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throughoutthelife-cycleofacoldairoutbreakfurtherreveals,thatnoteven
allconvectivethermalsextendthroughoutthewholelidarrange.Further,the
structurecharacteristicsalignwiththosetypicallyexpectedforcellularconvec-
tion.Here,theratioofhorizontalandverticalscale(anisotrophy)increaseswith
increasingstructuresizeandvelocity,respectively.Thecoherentconvectivestruc-
turesmainlyfeaturecomparablywideandweakdowndrafts,aswellascompara-
blynarrowandstrongupdrafts.Forthelargecoherentstructures,thesizeand
horizontalvelocityamplitudegreatlyexceedtheverticalcounterparts.
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comparable structure wavelength. This organisation of the convective flow field
is also evident in the coherence spectrum by a peak, that is within the defined
phase thresholds at the corresponding wavelength. Based on a satellite snapshot
of the same situations, only a fraction of the convective thermals initiated at the
surface and obtained by the lidar manifests as clouds.

The analysis of the coherent structure length and velocity scale statistics
throughout the life-cycle of a cold air outbreak further reveals, that not even
all convective thermals extend throughout the whole lidar range. Further, the
structure characteristics align with those typically expected for cellular convec-
tion. Here, the ratio of horizontal and vertical scale (anisotrophy) increases with
increasing structure size and velocity, respectively. The coherent convective struc-
tures mainly feature comparably wide and weak downdrafts, as well as compara-
bly narrow and strong updrafts. For the large coherent structures, the size and
horizontal velocity amplitude greatly exceed the vertical counterparts.

39

Paper II: A Ship-Based Characterization of Coherent Boundary-Layer
Structures Over the Lifecycle of a Marine Cold-Air Outbreak

Christiane Duscha, Christopher Barrell, Ian A. Renfrew, Ian M. Brooks, Harald
Sodemann, Joachim Reuder (2022),
Boundary-Layer Meteorology, 183/355-380

Paper II demonstrates the capability of the profiling lidar to sample organised
convective structures in the marine atmospheric boundary layer. Here, ship-based
lidar observations during a cold air outbreak, a strongly convective atmospheric
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PaperIIdemonstratesthecapabilityoftheprofilinglidartosampleorganised
convectivestructuresinthemarineatmosphericboundarylayer.Here,ship-based
lidarobservationsduringacoldairoutbreak,astronglyconvectiveatmospheric
event,arepresented.Themainfocusofthepaperisonidentifyingcharacter-
isticpropertiesoftheconvectivestructuresbasedontheflowfieldsampledby
thelidar,i.e.,horizontallengthscales,andverticalandhorizontalvelocityampli-
tudes.Thosecharacteristicsarelinkedtopropertiesofthemarineatmospheric
boundarylayer,obtainedbycomplementinginsituandremotesensingobserva-
tionsoperatedfromtheship,suchasboundary-layerdepth,surfaceheatfluxes,
andstabilityestimates,toachieveanunderstandingoftheirinterplay.

Themethodologytoidentifytheconvectivepropertiesutilizesthecompara-
blystrongandconsistentadvectionduringcoldairoutbreakconditions.This
enablestheprofilinglidartoyieldobservationsofthetwo-dimensionalflowfield
alongtheapparentwind,assumingtheconvectiveeddydoesnotchangewhilead-
vectedovertheship(TaylorHypothesis).Estimatesofthecoherenceandphase
spectrabetweenverticalandalong-windspeedfluctuationsindicatethepresence
ofperiodicallyreturning(coherent)structuresintheflowfield(seeSect.4.3.1).
AsconcludedfromPaperI,motion,andlidarmeasurementprincipleonlyaffect
turbulenteddiesofcomparablyshorttemporalandspatialscales,whilemotion
correctionsuccessfullyremovesthemotionimpactatscalesrelevanttoconvection.

Acceptingthecoherentstructuresonlywithincertaincoherenceandphase
thresholds(assuggestedbyHartmannetal.,1997),limitstheevaluatedstruc-
turestoconvectiveorigin.PaperIIdemonstratesthismethodologyintheform
ofanexamplesnapshotoftheflowfieldcapturedbythelidar.Theflowfield
clearlyfeaturesaconvectivecirculationpatternwithindividualconvectivecellsof
comparablestructurewavelength.Thisorganisationoftheconvectiveflowfield
isalsoevidentinthecoherencespectrumbyapeak,thatiswithinthedefined
phasethresholdsatthecorrespondingwavelength.Basedonasatellitesnapshot
ofthesamesituations,onlyafractionoftheconvectivethermalsinitiatedatthe
surfaceandobtainedbythelidarmanifestsasclouds.

Theanalysisofthecoherentstructurelengthandvelocityscalestatistics
throughoutthelife-cycleofacoldairoutbreakfurtherreveals,thatnoteven
allconvectivethermalsextendthroughoutthewholelidarrange.Further,the
structurecharacteristicsalignwiththosetypicallyexpectedforcellularconvec-
tion.Here,theratioofhorizontalandverticalscale(anisotrophy)increaseswith
increasingstructuresizeandvelocity,respectively.Thecoherentconvectivestruc-
turesmainlyfeaturecomparablywideandweakdowndrafts,aswellascompara-
blynarrowandstrongupdrafts.Forthelargecoherentstructures,thesizeand
horizontalvelocityamplitudegreatlyexceedtheverticalcounterparts.
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40 Introduction to the papers

Paper II investigates the interplay of structure characteristics on short tempo-
ral scales, utilizing heat maps of the structure scale and boundary-layer parameter
occurrences. Long time scales, on the other hand, are interpreted on the basis
of a time series over the life-cycle of the cold air outbreak. Short-term varia-
tions in the structures’ characteristics are found to be primarily influenced by
the near-surface stratification and the fetch. Under unstable, buoyancy-driven
turbulence conditions, small-scale structures dominate. However, these struc-
tures are relatively weak and contribute minimally to the mixing and overturning
of the MABL. As the importance of shear-generated turbulence (neutral strat-
ification) increases, the size and strength of coherent structures also increase.
Larger coherent structures become more prominent as the convective boundary-
layer depth increases. The ratio between the median horizontal structure size and
the boundary-layer depth is approximately 2, consistent with the median ratio
between the along-wind and vertical velocity amplitudes of the coherent struc-
tures. The largest coherent structures are predominant under weakly unstable,
buoyancy-dominated conditions and conditions equally balanced between buoy-
ancy and shear-generated turbulence. The observed turbulent heat fluxes are
partly driven by small-scale and non-coherent turbulence, and organized large-
scale convective overturning by coherent structures occurs mainly on long time
scales.

Main finding and link to Paper III
The ship-based, profiling lidar installation yields a detailed picture of the convec-
tive flow-field, which enables the identification of characteristic properties of the
convective circulation. The evaluation of these convective properties allow an ad-
vanced interpretation of the MABL processes, which are usually only studied on
the basis of conventionally observed boundary-layer parameters. The paper dis-
cusses the interplay of coherent (convective) structures with the boundary-layer
parameters, highlighting their role in building up and maintaining the overturning
of the boundary layer.

In-situ profiling of temperature, humidity, and updraft velocity from the in-
side of the convective updraft, carried out by voluntary observing pilots (VOP)
of paraglider, hang glider, and sailplane, can extend the conventionally observed
convective boundary-layer parameters by a Lagrangian perspective. Such obser-
vations are part of the PhD project of Juraj Pálenik in Visualisation (Department
of Informatics, University of Bergen). After scientific exchange through local sem-
inars, collaboration was the natural next step. Combining convective flow field
observations of comparable detail, as provided by the profiling lidar installation
presented in Paper II, with observations of the convection sampled by the VOP,
was the objective to further enhance our understanding of the processes connected
to thermal convection. In contrast to the marine convection studied in Paper II,
the land-based convection studied by VOP is mostly stationary and hence not ac-
companied by strong advection, required for Taylor’s Hypothesis to apply to the
convective eddies. Consequently, the convective flow field can not be estimated on
the basis of a single profiling lidar as utilized in Paper II. Instead, Paper III ex-
plores the approach to combine two scanning lidar systems to achieve convective
flow field observations of sufficient coverage and detail in space and time.

40Introductiontothepapers

PaperIIinvestigatestheinterplayofstructurecharacteristicsonshorttempo-
ralscales,utilizingheatmapsofthestructurescaleandboundary-layerparameter
occurrences.Longtimescales,ontheotherhand,areinterpretedonthebasis
ofatimeseriesoverthelife-cycleofthecoldairoutbreak.Short-termvaria-
tionsinthestructures’characteristicsarefoundtobeprimarilyinfluencedby
thenear-surfacestratificationandthefetch.Underunstable,buoyancy-driven
turbulenceconditions,small-scalestructuresdominate.However,thesestruc-
turesarerelativelyweakandcontributeminimallytothemixingandoverturning
oftheMABL.Astheimportanceofshear-generatedturbulence(neutralstrat-
ification)increases,thesizeandstrengthofcoherentstructuresalsoincrease.
Largercoherentstructuresbecomemoreprominentastheconvectiveboundary-
layerdepthincreases.Theratiobetweenthemedianhorizontalstructuresizeand
theboundary-layerdepthisapproximately2,consistentwiththemedianratio
betweenthealong-windandverticalvelocityamplitudesofthecoherentstruc-
tures.Thelargestcoherentstructuresarepredominantunderweaklyunstable,
buoyancy-dominatedconditionsandconditionsequallybalancedbetweenbuoy-
ancyandshear-generatedturbulence.Theobservedturbulentheatfluxesare
partlydrivenbysmall-scaleandnon-coherentturbulence,andorganizedlarge-
scaleconvectiveoverturningbycoherentstructuresoccursmainlyonlongtime
scales.

MainfindingandlinktoPaperIII
Theship-based,profilinglidarinstallationyieldsadetailedpictureoftheconvec-
tiveflow-field,whichenablestheidentificationofcharacteristicpropertiesofthe
convectivecirculation.Theevaluationoftheseconvectivepropertiesallowanad-
vancedinterpretationoftheMABLprocesses,whichareusuallyonlystudiedon
thebasisofconventionallyobservedboundary-layerparameters.Thepaperdis-
cussestheinterplayofcoherent(convective)structureswiththeboundary-layer
parameters,highlightingtheirroleinbuildingupandmaintainingtheoverturning
oftheboundarylayer.

In-situprofilingoftemperature,humidity,andupdraftvelocityfromthein-
sideoftheconvectiveupdraft,carriedoutbyvoluntaryobservingpilots(VOP)
ofparaglider,hangglider,andsailplane,canextendtheconventionallyobserved
convectiveboundary-layerparametersbyaLagrangianperspective.Suchobser-
vationsarepartofthePhDprojectofJurajPálenikinVisualisation(Department
ofInformatics,UniversityofBergen).Afterscientificexchangethroughlocalsem-
inars,collaborationwasthenaturalnextstep.Combiningconvectiveflowfield
observationsofcomparabledetail,asprovidedbytheprofilinglidarinstallation
presentedinPaperII,withobservationsoftheconvectionsampledbytheVOP,
wastheobjectivetofurtherenhanceourunderstandingoftheprocessesconnected
tothermalconvection.IncontrasttothemarineconvectionstudiedinPaperII,
theland-basedconvectionstudiedbyVOPismostlystationaryandhencenotac-
companiedbystrongadvection,requiredforTaylor’sHypothesistoapplytothe
convectiveeddies.Consequently,theconvectiveflowfieldcannotbeestimatedon
thebasisofasingleprofilinglidarasutilizedinPaperII.Instead,PaperIIIex-
plorestheapproachtocombinetwoscanninglidarsystemstoachieveconvective
flowfieldobservationsofsufficientcoverageanddetailinspaceandtime.
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inars,collaborationwasthenaturalnextstep.Combiningconvectiveflowfield
observationsofcomparabledetail,asprovidedbytheprofilinglidarinstallation
presentedinPaperII,withobservationsoftheconvectionsampledbytheVOP,
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tothermalconvection.IncontrasttothemarineconvectionstudiedinPaperII,
theland-basedconvectionstudiedbyVOPismostlystationaryandhencenotac-
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40Introductiontothepapers

PaperIIinvestigatestheinterplayofstructurecharacteristicsonshorttempo-
ralscales,utilizingheatmapsofthestructurescaleandboundary-layerparameter
occurrences.Longtimescales,ontheotherhand,areinterpretedonthebasis
ofatimeseriesoverthelife-cycleofthecoldairoutbreak.Short-termvaria-
tionsinthestructures’characteristicsarefoundtobeprimarilyinfluencedby
thenear-surfacestratificationandthefetch.Underunstable,buoyancy-driven
turbulenceconditions,small-scalestructuresdominate.However,thesestruc-
turesarerelativelyweakandcontributeminimallytothemixingandoverturning
oftheMABL.Astheimportanceofshear-generatedturbulence(neutralstrat-
ification)increases,thesizeandstrengthofcoherentstructuresalsoincrease.
Largercoherentstructuresbecomemoreprominentastheconvectiveboundary-
layerdepthincreases.Theratiobetweenthemedianhorizontalstructuresizeand
theboundary-layerdepthisapproximately2,consistentwiththemedianratio
betweenthealong-windandverticalvelocityamplitudesofthecoherentstruc-
tures.Thelargestcoherentstructuresarepredominantunderweaklyunstable,
buoyancy-dominatedconditionsandconditionsequallybalancedbetweenbuoy-
ancyandshear-generatedturbulence.Theobservedturbulentheatfluxesare
partlydrivenbysmall-scaleandnon-coherentturbulence,andorganizedlarge-
scaleconvectiveoverturningbycoherentstructuresoccursmainlyonlongtime
scales.

MainfindingandlinktoPaperIII
Theship-based,profilinglidarinstallationyieldsadetailedpictureoftheconvec-
tiveflow-field,whichenablestheidentificationofcharacteristicpropertiesofthe
convectivecirculation.Theevaluationoftheseconvectivepropertiesallowanad-
vancedinterpretationoftheMABLprocesses,whichareusuallyonlystudiedon
thebasisofconventionallyobservedboundary-layerparameters.Thepaperdis-
cussestheinterplayofcoherent(convective)structureswiththeboundary-layer
parameters,highlightingtheirroleinbuildingupandmaintainingtheoverturning
oftheboundarylayer.

In-situprofilingoftemperature,humidity,andupdraftvelocityfromthein-
sideoftheconvectiveupdraft,carriedoutbyvoluntaryobservingpilots(VOP)
ofparaglider,hangglider,andsailplane,canextendtheconventionallyobserved
convectiveboundary-layerparametersbyaLagrangianperspective.Suchobser-
vationsarepartofthePhDprojectofJurajPálenikinVisualisation(Department
ofInformatics,UniversityofBergen).Afterscientificexchangethroughlocalsem-
inars,collaborationwasthenaturalnextstep.Combiningconvectiveflowfield
observationsofcomparabledetail,asprovidedbytheprofilinglidarinstallation
presentedinPaperII,withobservationsoftheconvectionsampledbytheVOP,
wastheobjectivetofurtherenhanceourunderstandingoftheprocessesconnected
tothermalconvection.IncontrasttothemarineconvectionstudiedinPaperII,
theland-basedconvectionstudiedbyVOPismostlystationaryandhencenotac-
companiedbystrongadvection,requiredforTaylor’sHypothesistoapplytothe
convectiveeddies.Consequently,theconvectiveflowfieldcannotbeestimatedon
thebasisofasingleprofilinglidarasutilizedinPaperII.Instead,PaperIIIex-
plorestheapproachtocombinetwoscanninglidarsystemstoachieveconvective
flowfieldobservationsofsufficientcoverageanddetailinspaceandtime.

40Introductiontothepapers

PaperIIinvestigatestheinterplayofstructurecharacteristicsonshorttempo-
ralscales,utilizingheatmapsofthestructurescaleandboundary-layerparameter
occurrences.Longtimescales,ontheotherhand,areinterpretedonthebasis
ofatimeseriesoverthelife-cycleofthecoldairoutbreak.Short-termvaria-
tionsinthestructures’characteristicsarefoundtobeprimarilyinfluencedby
thenear-surfacestratificationandthefetch.Underunstable,buoyancy-driven
turbulenceconditions,small-scalestructuresdominate.However,thesestruc-
turesarerelativelyweakandcontributeminimallytothemixingandoverturning
oftheMABL.Astheimportanceofshear-generatedturbulence(neutralstrat-
ification)increases,thesizeandstrengthofcoherentstructuresalsoincrease.
Largercoherentstructuresbecomemoreprominentastheconvectiveboundary-
layerdepthincreases.Theratiobetweenthemedianhorizontalstructuresizeand
theboundary-layerdepthisapproximately2,consistentwiththemedianratio
betweenthealong-windandverticalvelocityamplitudesofthecoherentstruc-
tures.Thelargestcoherentstructuresarepredominantunderweaklyunstable,
buoyancy-dominatedconditionsandconditionsequallybalancedbetweenbuoy-
ancyandshear-generatedturbulence.Theobservedturbulentheatfluxesare
partlydrivenbysmall-scaleandnon-coherentturbulence,andorganizedlarge-
scaleconvectiveoverturningbycoherentstructuresoccursmainlyonlongtime
scales.

MainfindingandlinktoPaperIII
Theship-based,profilinglidarinstallationyieldsadetailedpictureoftheconvec-
tiveflow-field,whichenablestheidentificationofcharacteristicpropertiesofthe
convectivecirculation.Theevaluationoftheseconvectivepropertiesallowanad-
vancedinterpretationoftheMABLprocesses,whichareusuallyonlystudiedon
thebasisofconventionallyobservedboundary-layerparameters.Thepaperdis-
cussestheinterplayofcoherent(convective)structureswiththeboundary-layer
parameters,highlightingtheirroleinbuildingupandmaintainingtheoverturning
oftheboundarylayer.

In-situprofilingoftemperature,humidity,andupdraftvelocityfromthein-
sideoftheconvectiveupdraft,carriedoutbyvoluntaryobservingpilots(VOP)
ofparaglider,hangglider,andsailplane,canextendtheconventionallyobserved
convectiveboundary-layerparametersbyaLagrangianperspective.Suchobser-
vationsarepartofthePhDprojectofJurajPálenikinVisualisation(Department
ofInformatics,UniversityofBergen).Afterscientificexchangethroughlocalsem-
inars,collaborationwasthenaturalnextstep.Combiningconvectiveflowfield
observationsofcomparabledetail,asprovidedbytheprofilinglidarinstallation
presentedinPaperII,withobservationsoftheconvectionsampledbytheVOP,
wastheobjectivetofurtherenhanceourunderstandingoftheprocessesconnected
tothermalconvection.IncontrasttothemarineconvectionstudiedinPaperII,
theland-basedconvectionstudiedbyVOPismostlystationaryandhencenotac-
companiedbystrongadvection,requiredforTaylor’sHypothesistoapplytothe
convectiveeddies.Consequently,theconvectiveflowfieldcannotbeestimatedon
thebasisofasingleprofilinglidarasutilizedinPaperII.Instead,PaperIIIex-
plorestheapproachtocombinetwoscanninglidarsystemstoachieveconvective
flowfieldobservationsofsufficientcoverageanddetailinspaceandtime.

40Introductiontothepapers

PaperIIinvestigatestheinterplayofstructurecharacteristicsonshorttempo-
ralscales,utilizingheatmapsofthestructurescaleandboundary-layerparameter
occurrences.Longtimescales,ontheotherhand,areinterpretedonthebasis
ofatimeseriesoverthelife-cycleofthecoldairoutbreak.Short-termvaria-
tionsinthestructures’characteristicsarefoundtobeprimarilyinfluencedby
thenear-surfacestratificationandthefetch.Underunstable,buoyancy-driven
turbulenceconditions,small-scalestructuresdominate.However,thesestruc-
turesarerelativelyweakandcontributeminimallytothemixingandoverturning
oftheMABL.Astheimportanceofshear-generatedturbulence(neutralstrat-
ification)increases,thesizeandstrengthofcoherentstructuresalsoincrease.
Largercoherentstructuresbecomemoreprominentastheconvectiveboundary-
layerdepthincreases.Theratiobetweenthemedianhorizontalstructuresizeand
theboundary-layerdepthisapproximately2,consistentwiththemedianratio
betweenthealong-windandverticalvelocityamplitudesofthecoherentstruc-
tures.Thelargestcoherentstructuresarepredominantunderweaklyunstable,
buoyancy-dominatedconditionsandconditionsequallybalancedbetweenbuoy-
ancyandshear-generatedturbulence.Theobservedturbulentheatfluxesare
partlydrivenbysmall-scaleandnon-coherentturbulence,andorganizedlarge-
scaleconvectiveoverturningbycoherentstructuresoccursmainlyonlongtime
scales.

MainfindingandlinktoPaperIII
Theship-based,profilinglidarinstallationyieldsadetailedpictureoftheconvec-
tiveflow-field,whichenablestheidentificationofcharacteristicpropertiesofthe
convectivecirculation.Theevaluationoftheseconvectivepropertiesallowanad-
vancedinterpretationoftheMABLprocesses,whichareusuallyonlystudiedon
thebasisofconventionallyobservedboundary-layerparameters.Thepaperdis-
cussestheinterplayofcoherent(convective)structureswiththeboundary-layer
parameters,highlightingtheirroleinbuildingupandmaintainingtheoverturning
oftheboundarylayer.

In-situprofilingoftemperature,humidity,andupdraftvelocityfromthein-
sideoftheconvectiveupdraft,carriedoutbyvoluntaryobservingpilots(VOP)
ofparaglider,hangglider,andsailplane,canextendtheconventionallyobserved
convectiveboundary-layerparametersbyaLagrangianperspective.Suchobser-
vationsarepartofthePhDprojectofJurajPálenikinVisualisation(Department
ofInformatics,UniversityofBergen).Afterscientificexchangethroughlocalsem-
inars,collaborationwasthenaturalnextstep.Combiningconvectiveflowfield
observationsofcomparabledetail,asprovidedbytheprofilinglidarinstallation
presentedinPaperII,withobservationsoftheconvectionsampledbytheVOP,
wastheobjectivetofurtherenhanceourunderstandingoftheprocessesconnected
tothermalconvection.IncontrasttothemarineconvectionstudiedinPaperII,
theland-basedconvectionstudiedbyVOPismostlystationaryandhencenotac-
companiedbystrongadvection,requiredforTaylor’sHypothesistoapplytothe
convectiveeddies.Consequently,theconvectiveflowfieldcannotbeestimatedon
thebasisofasingleprofilinglidarasutilizedinPaperII.Instead,PaperIIIex-
plorestheapproachtocombinetwoscanninglidarsystemstoachieveconvective
flowfieldobservationsofsufficientcoverageanddetailinspaceandtime.



41
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Paper III evaluates the ability of dual-scanning lidars to sufficiently capture the
flow field corresponding to daytime atmospheric convection over land. During
the years 2021 and 2022 we planned and carried out three field campaigns, that
featured dual-lidar set-ups in order to achieve and optimize such observations.
Paper III presents the analysis of observations from dual-lidar installations during
two of the three field campaigns, that were along the runway of two Norwegian
airports as a proof-of-concept. Here, the study is intended as a stepping stone
towards more advanced convection analysis during the remaining extensive field
campaign, which collocates the lidar setup and retrieval with additional profiles
of temperature and humidity, obtained by VOP. The main strategy carried out in
all three campaigns were overlapping scans of vertical planes between two lidars
which were installed at several hundred meter distance from each other. The
information from the overlap of both scans were used to retrieve flow fields of the
orthogonal wind components (plane- parallel and vertical).

The focus of the study presented in Paper III was to explore different pro-
cessing procedures and scan configurations to improve the final velocity retrieval
such that convective flow fields were sufficiently captured in space and time. To
improve the data quality of the rather noisy and partly erroneous radial veloc-
ity observations, the capabilities of an advanced filtering approach are evaluated.
This filter successfully separates clusters of reasonable radial velocity data from
noise and erroneous features and proves to be indispensable for further data pro-
cessing. Further, the convective flow field rapidly evolves even during a single
lidar-scan of the vertical plane. Here, the maximum velocity error, which is due
to the individual time lag at each point within the plane, estimated over the course
of a convective day increases with increasing convective activity. Applying tem-
poral interpolation to match the timing of each spacial point in the scans of the
two lidars substantially reduces the velocity error and hence the temporal under-
sampling error, which is the radial velocity error that is amplified in the dual-lidar
retrieval. Additionally, temporal interpolation enables the use of instantaneous
scans and therefore increases the temporal resolution of the retrieval.

The study presents one case of the convective flow field retrieval for each of the
two utilized field campaigns, featuring one clear-sky and one cloud-topped case.
For the clear-sky case, the lidars were run with different scan configurations,
specifically different angular resolutions and integration times. Here, all angular
resolutions provide sufficient spatial resolution in the retrieved flow field to capture
details of convective circulation. Hence, there is no disadvantage to prioritize
an increased temporal resolution over angular resolution for monitoring changes
in the convective circulation over time. The ability of the dual-lidar setup and
retrieval to capture the evolution of the convective circulation is evaluated for
the cloud-topped case. Here, only one scan configuration is used for the whole
evaluated case, providing a continuous series of the scanning pattern over 50 min,
opposed to only 10 min in the clear-sky case. This continuous time series of the
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PaperIIIevaluatestheabilityofdual-scanninglidarstosufficientlycapturethe
flowfieldcorrespondingtodaytimeatmosphericconvectionoverland.During
theyears2021and2022weplannedandcarriedoutthreefieldcampaigns,that
featureddual-lidarset-upsinordertoachieveandoptimizesuchobservations.
PaperIIIpresentstheanalysisofobservationsfromdual-lidarinstallationsduring
twoofthethreefieldcampaigns,thatwerealongtherunwayoftwoNorwegian
airportsasaproof-of-concept.Here,thestudyisintendedasasteppingstone
towardsmoreadvancedconvectionanalysisduringtheremainingextensivefield
campaign,whichcollocatesthelidarsetupandretrievalwithadditionalprofiles
oftemperatureandhumidity,obtainedbyVOP.Themainstrategycarriedoutin
allthreecampaignswereoverlappingscansofverticalplanesbetweentwolidars
whichwereinstalledatseveralhundredmeterdistancefromeachother.The
informationfromtheoverlapofbothscanswereusedtoretrieveflowfieldsofthe
orthogonalwindcomponents(plane-parallelandvertical).

ThefocusofthestudypresentedinPaperIIIwastoexploredifferentpro-
cessingproceduresandscanconfigurationstoimprovethefinalvelocityretrieval
suchthatconvectiveflowfieldsweresufficientlycapturedinspaceandtime.To
improvethedataqualityoftherathernoisyandpartlyerroneousradialveloc-
ityobservations,thecapabilitiesofanadvancedfilteringapproachareevaluated.
Thisfiltersuccessfullyseparatesclustersofreasonableradialvelocitydatafrom
noiseanderroneousfeaturesandprovestobeindispensableforfurtherdatapro-
cessing.Further,theconvectiveflowfieldrapidlyevolvesevenduringasingle
lidar-scanoftheverticalplane.Here,themaximumvelocityerror,whichisdue
totheindividualtimelagateachpointwithintheplane,estimatedoverthecourse
ofaconvectivedayincreaseswithincreasingconvectiveactivity.Applyingtem-
poralinterpolationtomatchthetimingofeachspacialpointinthescansofthe
twolidarssubstantiallyreducesthevelocityerrorandhencethetemporalunder-
samplingerror,whichistheradialvelocityerrorthatisamplifiedinthedual-lidar
retrieval.Additionally,temporalinterpolationenablestheuseofinstantaneous
scansandthereforeincreasesthetemporalresolutionoftheretrieval.

Thestudypresentsonecaseoftheconvectiveflowfieldretrievalforeachofthe
twoutilizedfieldcampaigns,featuringoneclear-skyandonecloud-toppedcase.
Fortheclear-skycase,thelidarswererunwithdifferentscanconfigurations,
specificallydifferentangularresolutionsandintegrationtimes.Here,allangular
resolutionsprovidesufficientspatialresolutionintheretrievedflowfieldtocapture
detailsofconvectivecirculation.Hence,thereisnodisadvantagetoprioritize
anincreasedtemporalresolutionoverangularresolutionformonitoringchanges
intheconvectivecirculationovertime.Theabilityofthedual-lidarsetupand
retrievaltocapturetheevolutionoftheconvectivecirculationisevaluatedfor
thecloud-toppedcase.Here,onlyonescanconfigurationisusedforthewhole
evaluatedcase,providingacontinuousseriesofthescanningpatternover50min,
opposedtoonly10minintheclear-skycase.Thiscontinuoustimeseriesofthe
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flow field allows to successfully follow the different stages of the life-cycle of a large
convective circulation from onset to break-down. The retrieval is fit to capture
mainly the dry part of the convection, which is invisible to the bare eye, as the
reliability of the lidar observations and of the retrieval decreases rapidly within
the cloud.

Though different in location and background conditions, both case studies fea-
tured convection that spanned, increased, or maintained the depth of the bound-
ary layer, demonstrating their important role for the overturning of heat, moisture,
momentum, and energy. Further, the retrieved flow field allowed for identifica-
tion of secondary parameters, such as the origin, depth, width, and strength of
the convective updraft and their evolution in time and space.

Main Finding and further work
The dual-lidar retrieval, when combined with an advanced clustering filter and
temporal interpolation for gap-filling, yields sufficient estimates of the convective
flow field in space and time for further processing, e.g. by comparison and further
processing with in situ profiles of temperature and humidity obtained by VOP in
the vicinity.

Such a collocation of lidars and VOP was achieved in one of the field campaigns
that took place in Voss, Norway from April to June 2022. Here, we installed three
lidars, yielding three vertically intersecting scanning cross-sections. These cross-
sections were located in a major flight areal for gliders and in the vicinity of the
local airport where an aircraft for skydivers that launched approximately every
20 min. During convective days, we equipped the skydiving plane and a paraglider
each with a mobile temperature and humidity sensor to sample background pro-
files and profiles from inside the convective updrafts, respectively. The next step is
to identify matching or representative convective thermals or bubbles in the lidar
retrievals and paraglider measurements. By combining the estimates of character-
istic convective velocities, temperature, or humidity with the background profiles,
we can investigate some of the processes which shape the development, evolution,
and structure of atmospheric convection.
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Thoughdifferentinlocationandbackgroundconditions,bothcasestudiesfea-
turedconvectionthatspanned,increased,ormaintainedthedepthofthebound-
arylayer,demonstratingtheirimportantrolefortheoverturningofheat,moisture,
momentum,andenergy.Further,theretrievedflowfieldallowedforidentifica-
tionofsecondaryparameters,suchastheorigin,depth,width,andstrengthof
theconvectiveupdraftandtheirevolutionintimeandspace.
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SuchacollocationoflidarsandVOPwasachievedinoneofthefieldcampaigns
thattookplaceinVoss,NorwayfromApriltoJune2022.Here,weinstalledthree
lidars,yieldingthreeverticallyintersectingscanningcross-sections.Thesecross-
sectionswerelocatedinamajorflightarealforglidersandinthevicinityofthe
localairportwhereanaircraftforskydiversthatlaunchedapproximatelyevery
20min.Duringconvectivedays,weequippedtheskydivingplaneandaparaglider
eachwithamobiletemperatureandhumiditysensortosamplebackgroundpro-
filesandprofilesfrominsidetheconvectiveupdrafts,respectively.Thenextstepis
toidentifymatchingorrepresentativeconvectivethermalsorbubblesinthelidar
retrievalsandparaglidermeasurements.Bycombiningtheestimatesofcharacter-
isticconvectivevelocities,temperature,orhumiditywiththebackgroundprofiles,
wecaninvestigatesomeoftheprocesseswhichshapethedevelopment,evolution,
andstructureofatmosphericconvection.
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6 Complementing field campaigns and material

6.1 Controlled motion experiment in Grimstad, Norway

The performance of the motion correction algorithm applied to the ship-based li-
dar observation, that was introduced in Section 4.1.3 and utilized to correct ship-
based lidar data presented in Paper I and II, was evaluated with a controlled-
motion lidar dataset. This dataset was collected during an experiment on the
Adger University campus in Grimstad, Norway in August 2011, that included the
setup of a pulsed profiling Lidar (WindCubeV1) on a motion platform and a ref-
erence lidar of the same type (see Fig. 6.1). The setup additionally included two
profiling CW lidars of the type Zephir300 (manufactured by ZX Lidars, United
Kingdom), also with one lidar installed on the motion platform and one refer-
ence lidar. This type of profiling lidar utilizes a different scanning and retrieval
technique. As a consequence, these CW lidars also require a different motion cor-
rection algorithm (see e.g Kelberlau et al., 2020), than the one utilized for the
pulsed lidars. This Section will focus on the evaluation of the motion correction
algorithm presented in this dissertation (Sect. 4.1.3). A more extensive analysis
of the controlled motion lidar dataset will be presented in Malekmohammadi et al.
(in prep).

Figure 6.1: Setup of lidars on motion platform and the reference lidars in 5 m horizontal and
3 m vertical distance on the ground at the Grimstad campus of the University of Adger, Norway.
Picture imported from the experiment report (Hellevang et al., 2012)
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44 Complementing field campaigns and material

During the experiment, single and combined translatory and rotational mo-
tion, as well as complex motion patterns (e.g. simulating waves during a storm)
were applied to the motion platform and the lidar installed on top. In addi-
tion there were some periods without motion, that could be used as a baseline
to identify the random error between the two lidars due to individual instrument
specific differences, their separation distance, and different timing of their beam
orientation1.

Figure 6.2: Left top: 15 min example ws time series obtained by reference lidar and the lidar
on the motion platform that is exposed to sinusoidal pitch motion with ϕA = 2 · 15◦. Left
bottom: The same ws time series obtained by reference lidar as above, but with corrected motion
lidar time series. Right top: Scatter of reference time series and motion lidar time series
corresponding to the complete motion test case of sinusoidal pitch motion with ϕA = 2 · 15◦
(3 hours duration). Right bottom: Scatter of reference time series and corrected motion lidar
time series corresponding to the same complete motion test case as above

Figure 6.2 shows the horizontal wind speed data obtained from the motion
lidar and processed with the correction algorithm in comparison with the data
observed by the reference lidar, respectively for a case of simple sinusoidal pitch
movement with an amplitude of ϕA = 2 · 15◦. The impact of this simple angular
motion on the retrieved ws is clearly visible in the displayed comparison of the
example reference and motion time series and in particular in the scatter of the

1The WindcubeV1 utilizes a rotating mirror to distribute the beam in the four (perpendicular) directions
(no vertical beam). The orientation at startup depends on the orientation when the lidar was shutdown.
Synchronising beam orientation of the two lidars is not guaranteed at startup
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specificdifferences,theirseparationdistance,anddifferenttimingoftheirbeam
orientation1.

Figure6.2:Lefttop:15minexamplewstimeseriesobtainedbyreferencelidarandthelidar
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bottom:Thesamewstimeseriesobtainedbyreferencelidarasabove,butwithcorrectedmotion
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correspondingtothecompletemotiontestcaseofsinusoidalpitchmotionwithϕA=2·15◦
(3hoursduration).Rightbottom:Scatterofreferencetimeseriesandcorrectedmotionlidar
timeseriescorrespondingtothesamecompletemotiontestcaseasabove

Figure6.2showsthehorizontalwindspeeddataobtainedfromthemotion
lidarandprocessedwiththecorrectionalgorithmincomparisonwiththedata
observedbythereferencelidar,respectivelyforacaseofsimplesinusoidalpitch
movementwithanamplitudeofϕA=2·15◦.Theimpactofthissimpleangular
motionontheretrievedwsisclearlyvisibleinthedisplayedcomparisonofthe
examplereferenceandmotiontimeseriesandinparticularinthescatterofthe

1TheWindcubeV1utilizesarotatingmirrortodistributethebeaminthefour(perpendicular)directions
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two series for the whole angular motion case (see Fig. 6.2). Figure 6.3 documents
the correlation, R, the standard deviation, σ, and the standard deviation error2,
σe, corresponding to the horizontal wind speed and the vertical velocity series of
the pitch test case displayed in Fig. 6.2, as well as two single translatory motion
cases: a heave motion case with an amplitude of 0.4 m, and a surge motion case
with an amplitude of 0.4 m.

Figure 6.3: Statistics of reference lidar time series compared to motion lidar, and corrected
motion lidar time series for three test cases: pitch motion, heave motion, surge motion. Left
top: Correlation between reference ws series and motion ws series (lime) and corrected motion
ws series (dark green). Left bottom: Same as above but for w component. Middle top: standard
deviation of motion ws series (lime), corrected motion ws series (dark green), and reference
ws series (purple). Middle bottom: Same as above but for w component. Right top: Standard
deviation error between reference ws series and motion ws series (lime) and corrected motion
ws series (dark green). Right bottom: Same as above but for w component.

2The standard deviation applied to time series resulting from subtraction of the motion time series from
the reference time series
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46 Complementing field campaigns and material

For the pitch motion test case, σws of the motion series is substantially in-
creased compared to σws of the reference lidar series and Rws = 0.623 between the
motion and reference series is relatively low (Fig. 6.3). After applying the correc-
tion algorithm to the pitch motion series, Rws = 0.839 is substantially increased
and σws of the corrected series is much closer to σws of the reference series. For
the vertical velocity component, Rw of the corrected series is slightly decreased
in comparison to the uncorrected series and also σe,w of the corrected series is
marginally increased (see Fig. 6.3). The utilized motion correction algorithm (see
Sect. 4.1.3) updates the applied rotation matrices only once per scan cycle, pos-
sibly causing the observed decline in quality of the corrected w series. Still, this
decline in quality is negligible in comparison to the relative and absolute improve-
ments of the pitch-motion correction in the ws series.

An improvement of the ws estimate with motion correction was also achieved
for two example cases with translatory (heave and surge) motion, each with an
amplitude of 0.4 m (see Fig. 6.3). Yet, in comparison to the rotational motion
case discussed above, the motion impact is small, evident from the comparably
large Rws and small σe,ws between the reference series and the motion and motion-
corrected series, respectively. Unfortunately, the motion platform is restricted to
maximum translatory amplitudes of 0.4 m, that yields only this relatively small
motion impact. As expected, the heave case shows the largest relative improve-
ment due to motion correction for the w component. Even for the surge case the
w component series improved slightly after motion correction.

Except for the ws series of the pitch case, the standard deviations of the ref-
erence, motion-impacted and motion-corrected series do not differ very strongly
from one another. For the translatory example cases, σws corresponding to the
reference lidar even exceeds the motion-impacted and motion-corrected counter-
part. Here, the baseline cases confirmed (no shown) that the remaining random
error between reference and respective motion-impacted, or motion-corrected se-
ries is predominantly caused by the separation distance of the lidars, the absent
synchronisation of beam orientation, and individual sampling errors of each of the
lidars. The controlled motion experiment indicates that the motion correction al-
gorithm applied on the moving lidar obsevations can provide a representation of
the wind field that is comparable to the observations by a static lidar system.
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Forthepitchmotiontestcase,σwsofthemotionseriesissubstantiallyin-
creasedcomparedtoσwsofthereferencelidarseriesandRws=0.623betweenthe
motionandreferenceseriesisrelativelylow(Fig.6.3).Afterapplyingthecorrec-
tionalgorithmtothepitchmotionseries,Rws=0.839issubstantiallyincreased
andσwsofthecorrectedseriesismuchclosertoσwsofthereferenceseries.For
theverticalvelocitycomponent,Rwofthecorrectedseriesisslightlydecreased
incomparisontotheuncorrectedseriesandalsoσe,wofthecorrectedseriesis
marginallyincreased(seeFig.6.3).Theutilizedmotioncorrectionalgorithm(see
Sect.4.1.3)updatestheappliedrotationmatricesonlyonceperscancycle,pos-
siblycausingtheobserveddeclineinqualityofthecorrectedwseries.Still,this
declineinqualityisnegligibleincomparisontotherelativeandabsoluteimprove-
mentsofthepitch-motioncorrectioninthewsseries.

Animprovementofthewsestimatewithmotioncorrectionwasalsoachieved
fortwoexamplecaseswithtranslatory(heaveandsurge)motion,eachwithan
amplitudeof0.4m(seeFig.6.3).Yet,incomparisontotherotationalmotion
casediscussedabove,themotionimpactissmall,evidentfromthecomparably
largeRwsandsmallσe,wsbetweenthereferenceseriesandthemotionandmotion-
correctedseries,respectively.Unfortunately,themotionplatformisrestrictedto
maximumtranslatoryamplitudesof0.4m,thatyieldsonlythisrelativelysmall
motionimpact.Asexpected,theheavecaseshowsthelargestrelativeimprove-
mentduetomotioncorrectionforthewcomponent.Evenforthesurgecasethe
wcomponentseriesimprovedslightlyaftermotioncorrection.

Exceptforthewsseriesofthepitchcase,thestandarddeviationsoftheref-
erence,motion-impactedandmotion-correctedseriesdonotdifferverystrongly
fromoneanother.Forthetranslatoryexamplecases,σwscorrespondingtothe
referencelidarevenexceedsthemotion-impactedandmotion-correctedcounter-
part.Here,thebaselinecasesconfirmed(noshown)thattheremainingrandom
errorbetweenreferenceandrespectivemotion-impacted,ormotion-correctedse-
riesispredominantlycausedbytheseparationdistanceofthelidars,theabsent
synchronisationofbeamorientation,andindividualsamplingerrorsofeachofthe
lidars.Thecontrolledmotionexperimentindicatesthatthemotioncorrectional-
gorithmappliedonthemovinglidarobsevationscanprovidearepresentationof
thewindfieldthatiscomparabletotheobservationsbyastaticlidarsystem.
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Gliders (e.g. paragliders, sailplanes, and hang gliders) are small manned aerial
vehicles that use the convective updraft in the boundary layer to gain altitude
above ground. Each glider is equipped with a device to monitor its trajectory
through the atmosphere. In addition to information on the position and attitude
of the glider, this trajectory data can be used to estimate the convective updraft
velocity, given the characteristic sink rate of the glider (see Pálenik et al., 2021).
During the course of a convective day a large quantity of gliders potentially fly
within the same or within a multitude of convective thermals or bubbles, yielding
a large sample of convective updraft velocities throughout the boundary layer in
an area. One hot-spot for glider activity is the area around Vossevangen, a small
town in the Voss municipality in Norway.

Additionally measured background profiles of the atmospheric state variables
(in particular temperature and humidity), yield the possibility to investigate the
mechanisms responsible for the sampled vertical velocity profiles. However, the
interplay and impact of the unknown variables, i.e. the virtual temperature (den-
sity) anomaly, the aspect ratio of the updraft, or the drag acting on the ascending
air, is manifold. The inter-dependencies of these parameters can, for example,
be investigated with the interactive visualisation tool IsoTrotter, introduced in
Pálenik et al. (2021) that incorporates a model to solve the convective vertical ve-
locity equation. Here, reducing the degree of free variables improves the certainty
about the prevailing atmospheric mechanism substantially (e.g. by identifying the
predominant convection characteristic: bubble or thermal, see Sect. 3.1).

Obtaining the evolution of the convective flow field enables the possibility to
gain an estimate of the updrafts aspect ratios and the characteristic form (bubble
or thermal). Utilizing a setup of multiple lidars with overlapping co-planar RHI
scans (see Fig. 6.4) can achieve time series of such observations of the convective
flow field. The flow field retrieval approach and how it can be optimized for
observing convection is presented in Paper III.

Figure 6.4: Visualisation of the gLidar Project: A schematic dual-lidar scanning cross-section
in complex terrain co-located with measurements provided by voluntary observing glider pilots
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Project Outline : gLidar

The gLidar Project aims to collocate and combine Lagrangian measurements
gathered by gliders and Eulerian lidar observations to enhance the sampling
capacity and understanding of convection in the atmospheric boundary layer.

From 29. April 2022 until 07. June 2022 we installed three scanning Wind-
Cube 100S lidars with overlapping cross-sections in north-south orientation (”east-
ern cross-section” between lidar-34 and lidar-40) and near east-west orientation
(”southern cross-section” between lidar-37 and lidar-40) approximately parallel to
the southern and eastern slopes, as well as one cross-section (”slope cross-section”
between lidar-34 and lidar-37) spanning partly over the slopes of Mount Hangur,
in Voss, Norway (see Fig. 6.5). Close to the top of Mount Hangur is an official
take-off point for paragliders and hang gliders that makes the area a hot-spot
for flight activity. This yields an extensive potential for sampling the convection
triggered in the region both by the gliders and the lidars.

Figure 6.5: Map of the triangular setup of the lidar instrumentation (with pictures) along the
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For the eastern and southern cross-section, the lidars had free LOS to one
another, yielding a sufficient overlap at most altitudes. Scans to achieve these
cross-sections were scheduled throughout the campaign. Here, the two outer lidars
(lidar-34 and lidar-37) performed continuous scans towards lidar-40, while lidar-
40 switched between LOS towards lidar-34 and lidar-37 for each new scan. As
the LOS between lidar-34 and lidar-37 was partially blocked by the mountain
(slopes of 30◦ and 18◦, respectively), the overlap of the lidar scans was limited, in
particular at lower altitudes. The slope cross-section was therefore only applied
during special observing periods in June 2022.
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For the eastern and southern cross-section, the lidars had free LOS to one
another, yielding a sufficient overlap at most altitudes. Scans to achieve these
cross-sections were scheduled throughout the campaign. Here, the two outer lidars
(lidar-34 and lidar-37) performed continuous scans towards lidar-40, while lidar-
40 switched between LOS towards lidar-34 and lidar-37 for each new scan. As
the LOS between lidar-34 and lidar-37 was partially blocked by the mountain
(slopes of 30◦ and 18◦, respectively), the overlap of the lidar scans was limited, in
particular at lower altitudes. The slope cross-section was therefore only applied
during special observing periods in June 2022.
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In order to achieve a sufficiently large overlap, at least for the eastern and
southern cross-sections, the setup of the lidars required a distance of at least one
kilometer between the individual instruments. Interconnecting the lidars on a
single network with a physical link, e.g., a long ethernet cable was therefore no
option. Hence, we developed and build a remote access solution inside a cabinet
for each lidar (see Fig. 6.6), to interconnect, synchronise and remotely monitor
their observations.

Each utilized cabinet includes an industrial router (RUTX11, Teltonika,
Lithuania) with an antenna for mobile network, wifi, bluetooth and GPS, as
well as a small computer with a linux operating system (Raspberry Pi 4B3), cor-
responding power sources, and a fuse. The router is connected to the internet
via mobile SIM network subscription, and also creates a local network, which in-
cludes the lidar and the linux computer. The latter is set up as a local server
to which data is streamed from the lidar via File Transfer Protocol (FTP). This
data is synchronised to an online webserver with resources provided by the Nor-
wegian Research and Education Cloud, NREC4, once every 15 minutes using the
unix command ”rsync”. The linux computer can be accessed remotely (via ssh or
Teamviewer) and used to operate the lidar with the Leosphere API5

Figure 6.6: Right: Remote access cabinet mounted to a lidar. Left: cabinet interior

As discussed in Paper III, to ensure a good quality of the dual-lidar retrieval,
a reliable time synchronisation is essential. From earlier field deployment of the
lidars, we experienced that the internal, GPS-based time synchronisation was
insufficient. While connected to the remote access cabinet, time synchronisation
of the lidars was achieved by Network Time Protocol (NTP) instead of GPS.

3https://www.raspberrypi.com/products/raspberry-pi-4-model-b/, last access: 2024-01-05
4https://www.nrec.no/, last access: 2023-11-09
5https://leosphere.github.io/LeosphereAPI/, last access: 2023-11-09
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50 Complementing field campaigns and material

The setup location of the lidars in Voss added an additional advantage to
the dense paragliding activity: the possibility to attach a sensor that measures
temperature, humidity, pressure, geo-location, and altitude to a small motorized
airplane that carries skydivers up to 4000 m altitude and higher (see Fig. 6.7).
This installation yielded in situ background profiles of temperature and humidity
in substantially higher temporal resolution, with one profile per 20 min to 30 min
(time elapsed for ascent and descent of the plane) and closer proximity than

Figure 6.7: Top left: iMet sensor with radiation shield, mounted to wing of skydiving plane.
Top right: the skydiving plane. Bottom: Enlarged map of the Voss region (elevation data by
de Ferranti and Hormann, 2022) and with skydiving plane flight tracks (representative footprint
area for the background profiles) and locations of lidars and paragliding take off in relation.
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insubstantiallyhighertemporalresolution,withoneprofileper20minto30min
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6.2 GLidar – Campaign in Voss, Norway 51

achieved by officially launched radiosondes (usually twice per day, at 200 km
distance to Voss). Figure 3.5 shows an example of an extensive profile time series
obtained with the skydiving plane on 16 May 2022.

The iMet6 sensor, used for measuring the background profiles, experienced
substantial measurement errors, due to the great velocity of the skydiving plane,
in particular during the descent. The source of the error was twofold: (1) An
incorrect altitude allocation due to a time lag of the sensor, visible as a ”loop” at
the top of the combined ascent and descent profile; (2) An increase of temperature,
as air compresses7 due to the skydiving planes velocity inside the box, installed
around the sensor to shield it from radiation. At highest speed of the plane
(≈ 100 m s−1) during the descent this temperature error exceeds 5 K. Both error
sources could be compensated in post processing (see Pálenik, 2022), such that
profiles of ascent and descent align (e.g. the profiles displayed in Fig. 3.5 are
corrected).

To gain an estimate of temperature and humidity anomalies within the convec-
tive updraft compared to the background profiles, we also equipped some paraglid-
ers with iMet sensors, as often as possible. The utilized sensors and radiation
shielding are identical in construction to those used on the skydiving plane. How-
ever, the speed of the paraglider is much smaller than the skydiving plane, such
that the time lag and compression errors are negligible. The paraglider equipped
with the additional sensors attempted to find updrafts and fly as close to the lidar
cross sections as possible (see. Fig. 6.8)

Figure 6.8: Left: Paraglider equipped with iMet sensor flys close to lidar-sampled cross-sections.
Right: Voluntary observing paraglider pilot Juraj Pálenik after flight with iMet sensor (mounted
to helmet).

6https://www.intermetsystems.com/products/imet-xq2-uav-sensor/, last access: 2024-01-05
7The effect of increased pressure and corresponding adiabatic temperature increase was confirmed with

a computational fluid dynamics simulation (CFD) of the flow through the model of the radiation shielding box
(see https://glidar-project.github.io/pg/2022/08/26/cfd/, last access: 2023-11-08)
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First Results

A first analysis of the data collected by paragliders, lidars, and skydiving plane
yielded some interesting insights. In particular over the course of 16th May 2022,
the paragliding activity was dense and featured several paragliding flights with an
iMet sensor. Figure 6.9 shows the cumulative number of points (vertical velocity
measurements) provided by the bulk of paragliders per area within the proximity
of the triangular lidar setup and three selected flights, each within a convective
updraft, with iMet sensors. During the 16th May 2022, also the iMet sensor that
was attached to the skydiving plane provided more than 10 hours of measurements
(see Fig. 3.5).

Figure 6.9: Density of aerial paragliding activity, displayed as number of paragliding measure-
ment points per area (0.001◦)2 and trajectory of three selected paraglider flights equipped with
iMet sensor (colored lines) on 2022-05-16 within the proximity of the triangular lidar setup
(striped black lines). The highlighted area (orange) corresponds to the part of the southern li-
dar cross-section displayed in Figure 6.12

Figure 6.10 documents the evolution of the convective boundary layer observed
by paragliders, lidars and skydiving plane during 16th May 2022. Here, a time se-
ries of zi (center of capping inversion, see section 3.2) is extracted on the basis of
the θv profiles obtained by the iMet, mounted to the skydiving plane (see estima-
tion of convective boundary layer depth in Paper II). The first zi values, estimated
around 7 UTC, suggest the initial presence of a shallow nocturnal boundary layer.
The increased SNR between the surface and 500 m, that predominates until zi in-
creases (approximately 8 UTC) can be attributed to a nocturnal layer of fog (see
increased near-surface rM , Fig. 3.5). Between 8 UTC and 13 UTC, a rapid growth
of the convective boundary layer is indicated by an increase in zi. Simultaneously,
the SNR is increased between the surface and z ≈ zi, compared to the free atmo-
sphere above zi. This indicates the presence of vertical transport and enrichment
of aerosols by the convective circulation up to the capping inversion.

The first paraglider began to fly and utilize the convective updraft to gain
altitude after 10 UTC. The highest vertical velocity reached within the bulk of
the paragliders, wpg,max, is marked at the corresponding altitude in Fig. 6.10
for 10 minute intervals. During the period of rapid boundary layer growth, the
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Figure6.10documentstheevolutionoftheconvectiveboundarylayerobserved
byparagliders,lidarsandskydivingplaneduring16thMay2022.Here,atimese-
riesofzi(centerofcappinginversion,seesection3.2)isextractedonthebasisof
theθvprofilesobtainedbytheiMet,mountedtotheskydivingplane(seeestima-
tionofconvectiveboundarylayerdepthinPaperII).Thefirstzivalues,estimated
around7UTC,suggesttheinitialpresenceofashallownocturnalboundarylayer.
TheincreasedSNRbetweenthesurfaceand500m,thatpredominatesuntilziin-
creases(approximately8UTC)canbeattributedtoanocturnallayeroffog(see
increasednear-surfacerM,Fig.3.5).Between8UTCand13UTC,arapidgrowth
oftheconvectiveboundarylayerisindicatedbyanincreaseinzi.Simultaneously,
theSNRisincreasedbetweenthesurfaceandz≈zi,comparedtothefreeatmo-
sphereabovezi.Thisindicatesthepresenceofverticaltransportandenrichment
ofaerosolsbytheconvectivecirculationuptothecappinginversion.

Thefirstparagliderbegantoflyandutilizetheconvectiveupdrafttogain
altitudeafter10UTC.Thehighestverticalvelocityreachedwithinthebulkof
theparagliders,wpg,max,ismarkedatthecorrespondingaltitudeinFig.6.10
for10minuteintervals.Duringtheperiodofrapidboundarylayergrowth,the
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Thefirstparagliderbegantoflyandutilizetheconvectiveupdrafttogain
altitudeafter10UTC.Thehighestverticalvelocityreachedwithinthebulkof
theparagliders,wpg,max,ismarkedatthecorrespondingaltitudeinFig.6.10
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Figure 6.10: Evolution of the convective boundary layer on 16th May 2022: Time series of
lidar observed SNR (10 minute time average and spacial average over 100 m height bins of all
RHI scans of the three lidars) as indicator of cloud, fog, or aerosol particles; height time series
of the center of the capping inversion (zi), estimated on the basis of θv background profiles,
obtained by the iMet sensor installed on the skydiving plane; and time series of the altitude
that corresponds to the maximum vertical velocity observed by all paragliders within a 10 min
interval.

altitude of wpg,max is located below, but near zi, indicating that the convective
updraft accelerates almost until zi with largest wpg,max between 11 UTC and
14 UTC. The three paraglider flights that are equipped with iMet sensors are
selected from this period (see Fig. 6.9). Their wpg,max(z) is shown in Figure 6.11
in comparison to the distribution of wpg(z) of all paraglider flights during 16th
May 2022.

During all three selected flights, the glider pilot captures the convective up-
draft between 700 m and 800 m altitude, that is slightly below the altitude of the

Figure 6.11: Left: Distribution (number of wpg(z) measurements per 100 m altitude and
0.1 m s−1 vertical velocity bin) of vertical velocity obtained during all paraglider flights on 16th
May 2022 in the Voss area and wpg,max(z) of three selected paraglider flights equipped with
iMet sensors, as well as wmax(z) extracted from the flow field of a lidar retrieval. Right: Pro-
files of θv, obtained from the inside of a convective thermal by an iMet that was attached to a
paraglider and background profile of θv, obtained by an iMet installed on the skydiving plane
for three periods on 16th May 2022
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RHIscansofthethreelidars)asindicatorofcloud,fog,oraerosolparticles;heighttimeseries
ofthecenterofthecappinginversion(zi),estimatedonthebasisofθvbackgroundprofiles,
obtainedbytheiMetsensorinstalledontheskydivingplane;andtimeseriesofthealtitude
thatcorrespondstothemaximumverticalvelocityobservedbyallparagliderswithina10min
interval.

altitudeofwpg,maxislocatedbelow,butnearzi,indicatingthattheconvective
updraftacceleratesalmostuntilziwithlargestwpg,maxbetween11UTCand
14UTC.ThethreeparagliderflightsthatareequippedwithiMetsensorsare
selectedfromthisperiod(seeFig.6.9).Theirwpg,max(z)isshowninFigure6.11
incomparisontothedistributionofwpg(z)ofallparagliderflightsduring16th
May2022.
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paragliding take-off spot on top of Mount Hangur (z ≈ 800m). The glider pilot
stays within the first selected convective updraft (11:10 - 11:30 UTC) only up to
z = 1300m (Fig. 6.11) with a peak velocity of almost 4 m s−1 around z = 1000 m.
During the flight, the paraglider drifts, indicating a tilt of the convective updraft
in north-easterly direction, following a similar track as a large number of other
paragliders during that day (Fig. 6.9). The virtual potential temperature mea-
sured within the sampled range of the updraft is approximately 1 K warmer than
the background θv. Here, an extrapolation of the updraft’s θv profile intersects
the capping inversion of the background profile approximately 300 m above the
altitude, where the glider pilot left the updraft (Fig. 6.11).

About an hour later, during the subsequent selected flight (12:20 - 12:40), the
glider pilot reaches wpg,max(z) between 3 m s−1 and 4.5 m s−1 (with the peak in
wpg,max around z = 1400m), that are close to the maximum observed wpg of all
paragliders (Fig. 6.11). Here, θv(z) within the convective updraft is approximately
1 K to 1.5 K larger than the background θv(z), and touches the capping inversion at
z ≈ 1800m. Even though the paraglider left the convective updraft at that point,
the velocity of the updraft was still around 3 m s−1, likely causing the updraft to
overshoot the capping inversion.

Simultaneously to this paraglider flight, at 12:30, the horizontal and verti-
cal flow field retrieval from the southern dual-lidar cross-section showed clear
evidence of a convective circulation (see Fig. 6.12). The observed convective cir-
culation spans a horizontal distance of approximately 1200 m. Here, the negative
component of the horizontal velocity component (flow towards east) in the lower
convergence zone and upper divergence zone is larger than the corresponding
positive horizontal velocity component (flow towards west). This causes the up-
draft to be tilted toward east, a feature also visible in the horizontal drift of the
track of the corresponding paragliding flight (Fig. 6.9). The updraft captured by
the lidar retrieval (Fig. 6.12) extends up to z ≈ 1200m, while divergence of the
flow and subsidence connected to the convective circulation is still evident up to
z ≈ 1700m, comparable to the extend of the convection that was simultaneously

Figure 6.12: Retrieved flow field of the southern dual-lidar cross-section with an overlay of the
convective circulation on 16th May 2022, 12:30 UTC. Left: Retrieval of the horizontal velocity
component. Right: Retrieval of the vertical velocity component
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paraglidingtake-offspotontopofMountHangur(z≈800m).Thegliderpilot
stayswithinthefirstselectedconvectiveupdraft(11:10-11:30UTC)onlyupto
z=1300m(Fig.6.11)withapeakvelocityofalmost4ms−1aroundz=1000m.
Duringtheflight,theparagliderdrifts,indicatingatiltoftheconvectiveupdraft
innorth-easterlydirection,followingasimilartrackasalargenumberofother
paraglidersduringthatday(Fig.6.9).Thevirtualpotentialtemperaturemea-
suredwithinthesampledrangeoftheupdraftisapproximately1Kwarmerthan
thebackgroundθv.Here,anextrapolationoftheupdraft’sθvprofileintersects
thecappinginversionofthebackgroundprofileapproximately300mabovethe
altitude,wherethegliderpilotlefttheupdraft(Fig.6.11).

Aboutanhourlater,duringthesubsequentselectedflight(12:20-12:40),the
gliderpilotreacheswpg,max(z)between3ms−1and4.5ms−1(withthepeakin
wpg,maxaroundz=1400m),thatareclosetothemaximumobservedwpgofall
paragliders(Fig.6.11).Here,θv(z)withintheconvectiveupdraftisapproximately
1Kto1.5Klargerthanthebackgroundθv(z),andtouchesthecappinginversionat
z≈1800m.Eventhoughtheparagliderlefttheconvectiveupdraftatthatpoint,
thevelocityoftheupdraftwasstillaround3ms−1,likelycausingtheupdraftto
overshootthecappinginversion.

Simultaneouslytothisparagliderflight,at12:30,thehorizontalandverti-
calflowfieldretrievalfromthesoutherndual-lidarcross-sectionshowedclear
evidenceofaconvectivecirculation(seeFig.6.12).Theobservedconvectivecir-
culationspansahorizontaldistanceofapproximately1200m.Here,thenegative
componentofthehorizontalvelocitycomponent(flowtowardseast)inthelower
convergencezoneandupperdivergencezoneislargerthanthecorresponding
positivehorizontalvelocitycomponent(flowtowardswest).Thiscausestheup-
drafttobetiltedtowardeast,afeaturealsovisibleinthehorizontaldriftofthe
trackofthecorrespondingparaglidingflight(Fig.6.9).Theupdraftcapturedby
thelidarretrieval(Fig.6.12)extendsuptoz≈1200m,whiledivergenceofthe
flowandsubsidenceconnectedtotheconvectivecirculationisstillevidentupto
z≈1700m,comparabletotheextendoftheconvectionthatwassimultaneously

Figure6.12:Retrievedflowfieldofthesoutherndual-lidarcross-sectionwithanoverlayofthe
convectivecirculationon16thMay2022,12:30UTC.Left:Retrievalofthehorizontalvelocity
component.Right:Retrievaloftheverticalvelocitycomponent
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paragliding take-off spot on top of Mount Hangur (z ≈ 800m). The glider pilot
stays within the first selected convective updraft (11:10 - 11:30 UTC) only up to
z = 1300m (Fig. 6.11) with a peak velocity of almost 4 m s−1 around z = 1000 m.
During the flight, the paraglider drifts, indicating a tilt of the convective updraft
in north-easterly direction, following a similar track as a large number of other
paragliders during that day (Fig. 6.9). The virtual potential temperature mea-
sured within the sampled range of the updraft is approximately 1 K warmer than
the background θv. Here, an extrapolation of the updraft’s θv profile intersects
the capping inversion of the background profile approximately 300 m above the
altitude, where the glider pilot left the updraft (Fig. 6.11).

About an hour later, during the subsequent selected flight (12:20 - 12:40), the
glider pilot reaches wpg,max(z) between 3 m s−1 and 4.5 m s−1 (with the peak in
wpg,max around z = 1400m), that are close to the maximum observed wpg of all
paragliders (Fig. 6.11). Here, θv(z) within the convective updraft is approximately
1 K to 1.5 K larger than the background θv(z), and touches the capping inversion at
z ≈ 1800m. Even though the paraglider left the convective updraft at that point,
the velocity of the updraft was still around 3 m s−1, likely causing the updraft to
overshoot the capping inversion.

Simultaneously to this paraglider flight, at 12:30, the horizontal and verti-
cal flow field retrieval from the southern dual-lidar cross-section showed clear
evidence of a convective circulation (see Fig. 6.12). The observed convective cir-
culation spans a horizontal distance of approximately 1200 m. Here, the negative
component of the horizontal velocity component (flow towards east) in the lower
convergence zone and upper divergence zone is larger than the corresponding
positive horizontal velocity component (flow towards west). This causes the up-
draft to be tilted toward east, a feature also visible in the horizontal drift of the
track of the corresponding paragliding flight (Fig. 6.9). The updraft captured by
the lidar retrieval (Fig. 6.12) extends up to z ≈ 1200m, while divergence of the
flow and subsidence connected to the convective circulation is still evident up to
z ≈ 1700m, comparable to the extend of the convection that was simultaneously

Figure 6.12: Retrieved flow field of the southern dual-lidar cross-section with an overlay of the
convective circulation on 16th May 2022, 12:30 UTC. Left: Retrieval of the horizontal velocity
component. Right: Retrieval of the vertical velocity component
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paragliding take-off spot on top of Mount Hangur (z ≈ 800m). The glider pilot
stays within the first selected convective updraft (11:10 - 11:30 UTC) only up to
z = 1300m (Fig. 6.11) with a peak velocity of almost 4 m s−1 around z = 1000 m.
During the flight, the paraglider drifts, indicating a tilt of the convective updraft
in north-easterly direction, following a similar track as a large number of other
paragliders during that day (Fig. 6.9). The virtual potential temperature mea-
sured within the sampled range of the updraft is approximately 1 K warmer than
the background θv. Here, an extrapolation of the updraft’s θv profile intersects
the capping inversion of the background profile approximately 300 m above the
altitude, where the glider pilot left the updraft (Fig. 6.11).

About an hour later, during the subsequent selected flight (12:20 - 12:40), the
glider pilot reaches wpg,max(z) between 3 m s−1 and 4.5 m s−1 (with the peak in
wpg,max around z = 1400m), that are close to the maximum observed wpg of all
paragliders (Fig. 6.11). Here, θv(z) within the convective updraft is approximately
1 K to 1.5 K larger than the background θv(z), and touches the capping inversion at
z ≈ 1800m. Even though the paraglider left the convective updraft at that point,
the velocity of the updraft was still around 3 m s−1, likely causing the updraft to
overshoot the capping inversion.

Simultaneously to this paraglider flight, at 12:30, the horizontal and verti-
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the lidar retrieval (Fig. 6.12) extends up to z ≈ 1200m, while divergence of the
flow and subsidence connected to the convective circulation is still evident up to
z ≈ 1700m, comparable to the extend of the convection that was simultaneously

Figure 6.12: Retrieved flow field of the southern dual-lidar cross-section with an overlay of the
convective circulation on 16th May 2022, 12:30 UTC. Left: Retrieval of the horizontal velocity
component. Right: Retrieval of the vertical velocity component
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paraglidingtake-offspotontopofMountHangur(z≈800m).Thegliderpilot
stayswithinthefirstselectedconvectiveupdraft(11:10-11:30UTC)onlyupto
z=1300m(Fig.6.11)withapeakvelocityofalmost4ms−1aroundz=1000m.
Duringtheflight,theparagliderdrifts,indicatingatiltoftheconvectiveupdraft
innorth-easterlydirection,followingasimilartrackasalargenumberofother
paraglidersduringthatday(Fig.6.9).Thevirtualpotentialtemperaturemea-
suredwithinthesampledrangeoftheupdraftisapproximately1Kwarmerthan
thebackgroundθv.Here,anextrapolationoftheupdraft’sθvprofileintersects
thecappinginversionofthebackgroundprofileapproximately300mabovethe
altitude,wherethegliderpilotlefttheupdraft(Fig.6.11).

Aboutanhourlater,duringthesubsequentselectedflight(12:20-12:40),the
gliderpilotreacheswpg,max(z)between3ms−1and4.5ms−1(withthepeakin
wpg,maxaroundz=1400m),thatareclosetothemaximumobservedwpgofall
paragliders(Fig.6.11).Here,θv(z)withintheconvectiveupdraftisapproximately
1Kto1.5Klargerthanthebackgroundθv(z),andtouchesthecappinginversionat
z≈1800m.Eventhoughtheparagliderlefttheconvectiveupdraftatthatpoint,
thevelocityoftheupdraftwasstillaround3ms−1,likelycausingtheupdraftto
overshootthecappinginversion.

Simultaneouslytothisparagliderflight,at12:30,thehorizontalandverti-
calflowfieldretrievalfromthesoutherndual-lidarcross-sectionshowedclear
evidenceofaconvectivecirculation(seeFig.6.12).Theobservedconvectivecir-
culationspansahorizontaldistanceofapproximately1200m.Here,thenegative
componentofthehorizontalvelocitycomponent(flowtowardseast)inthelower
convergencezoneandupperdivergencezoneislargerthanthecorresponding
positivehorizontalvelocitycomponent(flowtowardswest).Thiscausestheup-
drafttobetiltedtowardeast,afeaturealsovisibleinthehorizontaldriftofthe
trackofthecorrespondingparaglidingflight(Fig.6.9).Theupdraftcapturedby
thelidarretrieval(Fig.6.12)extendsuptoz≈1200m,whiledivergenceofthe
flowandsubsidenceconnectedtotheconvectivecirculationisstillevidentupto
z≈1700m,comparabletotheextendoftheconvectionthatwassimultaneously
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sampled by the paraglider. Hence, vertical extent of the convective circulation
exceeds its horizontal extent, yielding an aspect ratio (width over height) smaller
than 1. At lower altitudes up to approximately z = 600m, the maximum updraft
velocity within the lidar cross-section follows the maximum values of the wpg dis-
tribution profile provided by the bulk of paragliders during that day (Fig. 6.11).
Between 600m and 700m altitude, the maximum w profile of the retrieved lidar
cross-section reaches it’s peak at w ≈ 2.6m s−1, decreasing again at higher al-
titudes. Here, the convective updraft, that was mapped by the lidar retrieval,
either exits the lidar cross-section due to a horizontal tilt of the convective cir-
culation relative to the lidar cross section (see Fig. 6.9 and Fig. 6.12) at higher
altitudes, or has bubble characteristics with the convective bubble located close
to the surface at the evaluated time step. A combination of these two effects
is also possible. In either case, the relative position of the displayed lidar cross-
section and paraglider track (12:20-12:40 UTC) suggest, that the updraft that was
mapped by the paraglider can be interpreted as a complementing sample of the
upper part of the convective circulation, observed by the dual-lidar (see Fig. 6.9).

After 13 UTC, the change in zi negligible, keeping a value around 1700 m until
suddenly dropping after 17 UTC (Fig. 6.10). During this period (13 -17 UTC), the
altitude corresponding to wpg,max varies much stronger than during the preceding
period of boundary-layer growth, indicating less favourable convective conditions
for paragliding. The last displayed paraglider flight with an iMet sensor took
place at the beginning of this period (between 13:35 UTC and 13:55 UTC). The
altitude range and virtual potential temperature anomaly of this flight is similar
to the flight with iMet approximately one hour earlier. The corresponding wpg,max

is, however, smaller at almost every altitude and the paraglider does not reach the
altitude at which θv within the convective updraft intersects the capping inversion.
Also, the drift of the paraglider’s track changed compared to the preceding flights
displayed, indicating a tilt of the convective updraft in south-easterly direction
(Fig. 6.9). The drop of zi after 17 UTC that is accompanied by a decrease in SNR
and ceasing paraglider activity (Fig. 3.5), indicates the termination of convection
activity and a possible change of air masses due to advection.

6.2GLidar–CampaigninVoss,Norway55

sampledbytheparaglider.Hence,verticalextentoftheconvectivecirculation
exceedsitshorizontalextent,yieldinganaspectratio(widthoverheight)smaller
than1.Atloweraltitudesuptoapproximatelyz=600m,themaximumupdraft
velocitywithinthelidarcross-sectionfollowsthemaximumvaluesofthewpgdis-
tributionprofileprovidedbythebulkofparaglidersduringthatday(Fig.6.11).
Between600mand700maltitude,themaximumwprofileoftheretrievedlidar
cross-sectionreachesit’speakatw≈2.6ms−1,decreasingagainathigheral-
titudes.Here,theconvectiveupdraft,thatwasmappedbythelidarretrieval,
eitherexitsthelidarcross-sectionduetoahorizontaltiltoftheconvectivecir-
culationrelativetothelidarcrosssection(seeFig.6.9andFig.6.12)athigher
altitudes,orhasbubblecharacteristicswiththeconvectivebubblelocatedclose
tothesurfaceattheevaluatedtimestep.Acombinationofthesetwoeffects
isalsopossible.Ineithercase,therelativepositionofthedisplayedlidarcross-
sectionandparaglidertrack(12:20-12:40UTC)suggest,thattheupdraftthatwas
mappedbytheparaglidercanbeinterpretedasacomplementingsampleofthe
upperpartoftheconvectivecirculation,observedbythedual-lidar(seeFig.6.9).

After13UTC,thechangeinzinegligible,keepingavaluearound1700muntil
suddenlydroppingafter17UTC(Fig.6.10).Duringthisperiod(13-17UTC),the
altitudecorrespondingtowpg,maxvariesmuchstrongerthanduringthepreceding
periodofboundary-layergrowth,indicatinglessfavourableconvectiveconditions
forparagliding.ThelastdisplayedparagliderflightwithaniMetsensortook
placeatthebeginningofthisperiod(between13:35UTCand13:55UTC).The
altituderangeandvirtualpotentialtemperatureanomalyofthisflightissimilar
totheflightwithiMetapproximatelyonehourearlier.Thecorrespondingwpg,max

is,however,smalleratalmosteveryaltitudeandtheparagliderdoesnotreachthe
altitudeatwhichθvwithintheconvectiveupdraftintersectsthecappinginversion.
Also,thedriftoftheparaglider’strackchangedcomparedtotheprecedingflights
displayed,indicatingatiltoftheconvectiveupdraftinsouth-easterlydirection
(Fig.6.9).Thedropofziafter17UTCthatisaccompaniedbyadecreaseinSNR
andceasingparaglideractivity(Fig.3.5),indicatestheterminationofconvection
activityandapossiblechangeofairmassesduetoadvection.
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7 Conclusions and Outlook

7.1 Potential and limitations to observe atmospheric convection

7.1.1 Profiling lidars

Profiling lidars are limited to a one-dimensional view in space along the vertical
axis. In order to observe convection with a profile time series some requirements
need to be met, which are not necessarily in the hand of the lidar operator.
The setup requires a comparably consistent horizontal movement of the convec-
tive structures relative to the lidar system. The speed of this relative movement
must be sufficiently large to capture individual convective structures within their
life-cycle (Taylor hypothesis of frozen turbulence) while being small enough to
capture the convective circulation in sufficient detail. Such conditions are lim-
ited to certain convective events in the atmospheric boundary layer. Paper I and
II showed that marine CAOs with cellular convective structures provide the re-
quired background flow conditions for a ship-based profiling lidar investigation.
The interpretation of convective structures is mostly limited to convective char-
acteristics, that change along the mean wind direction. Typical ship velocity1 is
of the same order as the average flow velocity. Hence, in contrast to stationary
installations, as e.g. on a buoy, the ship-based setup allows for some modulation
of the speed and direction of structure movement relative to the lidar (appar-
ent wind). This opens up the possibility to study convective structures, such as
roll vortices, that need to be characterized perpendicular to the mean wind direc-
tion, along the cross-wind axis of the atmospheric flow. Still, a ship-based lidar
installation comes with its own limitations.

A critical limitation of the lidar installation on a ship is the exposure of
the lidar to ship motion, that substantially impacts the lidar observations (see
Sect. 4.1.2 and 6.1). In particular at high frequencies, that correspond to small
structure wavelengths, the averaging effect of the lidar measurement principle
(DBS scan) complicates the removal of the motion impact. For frequencies that
correspond to a time resolution that exceeds the time allocated for one DBS scan
cycle, the application of motion correction corrupts the observations even more.
Due to the motion impact, the relevant velocities of convective structure move-
ment relative to the lidar limits the characterization of the convective circulation
to horizontal scales of a few hundreds of m or larger. Yet, also the separation dis-
tance of the lidar beams in the DBS scan limits the size of detectable structures to
horizontal diameters of comparable size. The smallest relevant convective struc-
tures that are expected to be present in the CBL are surface layer plumes with
horizontal dimensions in the order of the surface layer depth, that corresponds
to the lowest hundreds of m for the observed boundary layer depths. Generally,
the motion correction approach improves the lidar observations, in particular at
lower frequencies, that are most relevant for the convective structure characteriza-

1A comparable lidar installation on a much faster platform, i.e. an aircraft, would exceed the maximum
velocity condition, yielding insufficient detail of smaller scale convective structures
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tion. Hence, despite the limitations inherent to insufficient motion compensation
and lidar measurement principle, the ship-based lidar setup is able to character-
ize the majority of relevant convective structures and provide sufficient temporal
coverage in the marine CAO context.

A specific shortcoming of the profiling lidar type (WindcubeV2) that was used
in the studies connected to Paper I and Paper II is the limited vertical coverage.
The WindcubeV2 lidar provides measurements exclusively up to 300 m above the
instrument, limiting the characterization of the convective structures to the lower
segment of convective overturning circulation, mainly confined to the surface layer.
Such limitation of the vertical range of the lidar observations is comparable to the
range limitation of meteorological masts. Still, a mast of such dimensions is hardly
feasible in the observational settings in the marine atmospheric boundary layer,
that provide the conditions required for the applied analysis technique (Sect. 4.3.1)
and in contrast to masts, the lidar does not disturb the atmospheric flow. To cover
the entire convective overturning circulation, a long-range lidar profiler with a
smaller cone angle (θz) should be utilized, either instead, or alongside with the
short-range profiling lidar. Yet, even with a smaller θz, limitations of detectable
structure size emerge at longer ranges, where the separation distance between
beams may exceed some of the relevant horizontal scales of convection.

In the future, the reliability of the ship-based lidar observations should be
improved at higher frequencies for a more accurate turbulence characterization
within the convective circulation, i.e., for applications with faster relative hor-
izontal structure movement and smaller separation distance. Such an improve-
ment could, for example, be achieved with the implementation and evaluation of
a beam-wise rotational motion correction, as theoretically derived in appendix A.
In addition, the elimination of the moving average effect in the velocity spectra
(DBS scanning technique) needs to be addressed, e.g., by applying a theoretical
fit to the velocity spectra, using the anchor points at the Nyquist frequency of
the scan cycle and of the radial velocity time resolution, respectively. Another
approach to improve the basis of convection and turbulence investigation could
be to include an additional long-range, vertically pointing lidar on a motion com-
pensating platform into the setup, yielding a higher resolved and improved series
of vertical velocity.

7.1.2 Dual scanning lidars

Since profiling lidars are limited in capturing convection characteristics unless
there is adequate movement of convective structures relative to the lidar, observ-
ing convection in a two-dimensional plane with dual-scanning lidars is advanta-
geous, for example, in low wind conditions. Yet, also this approach has some
limitations, in particular because it is restricted to two dimensions in space, while
convection is a three-dimensional phenomenon. Consequently, there is no guar-
antee that the core of a convective structure is appropriately mapped within a
two-dimensional plane. The velocities within the observed slice through the con-
vective structure can be smaller compared to a perfect slice through the core.
In addition, convective structures are not always symmetrical around their verti-
cal axis. Horizontal flow can tilt the convective structure, and even in low wind
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tion.Hence,despitethelimitationsinherenttoinsufficientmotioncompensation
andlidarmeasurementprinciple,theship-basedlidarsetupisabletocharacter-
izethemajorityofrelevantconvectivestructuresandprovidesufficienttemporal
coverageinthemarineCAOcontext.

Aspecificshortcomingoftheprofilinglidartype(WindcubeV2)thatwasused
inthestudiesconnectedtoPaperIandPaperIIisthelimitedverticalcoverage.
TheWindcubeV2lidarprovidesmeasurementsexclusivelyupto300mabovethe
instrument,limitingthecharacterizationoftheconvectivestructurestothelower
segmentofconvectiveoverturningcirculation,mainlyconfinedtothesurfacelayer.
Suchlimitationoftheverticalrangeofthelidarobservationsiscomparabletothe
rangelimitationofmeteorologicalmasts.Still,amastofsuchdimensionsishardly
feasibleintheobservationalsettingsinthemarineatmosphericboundarylayer,
thatprovidetheconditionsrequiredfortheappliedanalysistechnique(Sect.4.3.1)
andincontrasttomasts,thelidardoesnotdisturbtheatmosphericflow.Tocover
theentireconvectiveoverturningcirculation,along-rangelidarprofilerwitha
smallerconeangle(θz)shouldbeutilized,eitherinstead,oralongsidewiththe
short-rangeprofilinglidar.Yet,evenwithasmallerθz,limitationsofdetectable
structuresizeemergeatlongerranges,wheretheseparationdistancebetween
beamsmayexceedsomeoftherelevanthorizontalscalesofconvection.

Inthefuture,thereliabilityoftheship-basedlidarobservationsshouldbe
improvedathigherfrequenciesforamoreaccurateturbulencecharacterization
withintheconvectivecirculation,i.e.,forapplicationswithfasterrelativehor-
izontalstructuremovementandsmallerseparationdistance.Suchanimprove-
mentcould,forexample,beachievedwiththeimplementationandevaluationof
abeam-wiserotationalmotioncorrection,astheoreticallyderivedinappendixA.
Inaddition,theeliminationofthemovingaverageeffectinthevelocityspectra
(DBSscanningtechnique)needstobeaddressed,e.g.,byapplyingatheoretical
fittothevelocityspectra,usingtheanchorpointsattheNyquistfrequencyof
thescancycleandoftheradialvelocitytimeresolution,respectively.Another
approachtoimprovethebasisofconvectionandturbulenceinvestigationcould
betoincludeanadditionallong-range,verticallypointinglidaronamotioncom-
pensatingplatformintothesetup,yieldingahigherresolvedandimprovedseries
ofverticalvelocity.

7.1.2Dualscanninglidars

Sinceprofilinglidarsarelimitedincapturingconvectioncharacteristicsunless
thereisadequatemovementofconvectivestructuresrelativetothelidar,observ-
ingconvectioninatwo-dimensionalplanewithdual-scanninglidarsisadvanta-
geous,forexample,inlowwindconditions.Yet,alsothisapproachhassome
limitations,inparticularbecauseitisrestrictedtotwodimensionsinspace,while
convectionisathree-dimensionalphenomenon.Consequently,thereisnoguar-
anteethatthecoreofaconvectivestructureisappropriatelymappedwithina
two-dimensionalplane.Thevelocitieswithintheobservedslicethroughthecon-
vectivestructurecanbesmallercomparedtoaperfectslicethroughthecore.
Inaddition,convectivestructuresarenotalwayssymmetricalaroundtheirverti-
calaxis.Horizontalflowcantilttheconvectivestructure,andeveninlowwind
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feasible in the observational settings in the marine atmospheric boundary layer,
that provide the conditions required for the applied analysis technique (Sect. 4.3.1)
and in contrast to masts, the lidar does not disturb the atmospheric flow. To cover
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smaller cone angle (θz) should be utilized, either instead, or alongside with the
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tion.Hence,despitethelimitationsinherenttoinsufficientmotioncompensation
andlidarmeasurementprinciple,theship-basedlidarsetupisabletocharacter-
izethemajorityofrelevantconvectivestructuresandprovidesufficienttemporal
coverageinthemarineCAOcontext.

Aspecificshortcomingoftheprofilinglidartype(WindcubeV2)thatwasused
inthestudiesconnectedtoPaperIandPaperIIisthelimitedverticalcoverage.
TheWindcubeV2lidarprovidesmeasurementsexclusivelyupto300mabovethe
instrument,limitingthecharacterizationoftheconvectivestructurestothelower
segmentofconvectiveoverturningcirculation,mainlyconfinedtothesurfacelayer.
Suchlimitationoftheverticalrangeofthelidarobservationsiscomparabletothe
rangelimitationofmeteorologicalmasts.Still,amastofsuchdimensionsishardly
feasibleintheobservationalsettingsinthemarineatmosphericboundarylayer,
thatprovidetheconditionsrequiredfortheappliedanalysistechnique(Sect.4.3.1)
andincontrasttomasts,thelidardoesnotdisturbtheatmosphericflow.Tocover
theentireconvectiveoverturningcirculation,along-rangelidarprofilerwitha
smallerconeangle(θz)shouldbeutilized,eitherinstead,oralongsidewiththe
short-rangeprofilinglidar.Yet,evenwithasmallerθz,limitationsofdetectable
structuresizeemergeatlongerranges,wheretheseparationdistancebetween
beamsmayexceedsomeoftherelevanthorizontalscalesofconvection.

Inthefuture,thereliabilityoftheship-basedlidarobservationsshouldbe
improvedathigherfrequenciesforamoreaccurateturbulencecharacterization
withintheconvectivecirculation,i.e.,forapplicationswithfasterrelativehor-
izontalstructuremovementandsmallerseparationdistance.Suchanimprove-
mentcould,forexample,beachievedwiththeimplementationandevaluationof
abeam-wiserotationalmotioncorrection,astheoreticallyderivedinappendixA.
Inaddition,theeliminationofthemovingaverageeffectinthevelocityspectra
(DBSscanningtechnique)needstobeaddressed,e.g.,byapplyingatheoretical
fittothevelocityspectra,usingtheanchorpointsattheNyquistfrequencyof
thescancycleandoftheradialvelocitytimeresolution,respectively.Another
approachtoimprovethebasisofconvectionandturbulenceinvestigationcould
betoincludeanadditionallong-range,verticallypointinglidaronamotioncom-
pensatingplatformintothesetup,yieldingahigherresolvedandimprovedseries
ofverticalvelocity.

7.1.2Dualscanninglidars

Sinceprofilinglidarsarelimitedincapturingconvectioncharacteristicsunless
thereisadequatemovementofconvectivestructuresrelativetothelidar,observ-
ingconvectioninatwo-dimensionalplanewithdual-scanninglidarsisadvanta-
geous,forexample,inlowwindconditions.Yet,alsothisapproachhassome
limitations,inparticularbecauseitisrestrictedtotwodimensionsinspace,while
convectionisathree-dimensionalphenomenon.Consequently,thereisnoguar-
anteethatthecoreofaconvectivestructureisappropriatelymappedwithina
two-dimensionalplane.Thevelocitieswithintheobservedslicethroughthecon-
vectivestructurecanbesmallercomparedtoaperfectslicethroughthecore.
Inaddition,convectivestructuresarenotalwayssymmetricalaroundtheirverti-
calaxis.Horizontalflowcantilttheconvectivestructure,andeveninlowwind
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calaxis.Horizontalflowcantilttheconvectivestructure,andeveninlowwind
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conditions, convective structures may not rise vertically but with a considerable
tilt by following the terrain. Optimally, the dual-lidar cross-section should be ori-
ented parallel to the circulations’ predominant tilt direction, hence along the mean
wind, or along the slope of the terrain. Another possibility could be to install the
dual-lidar plane orthogonal to the predominant tilt direction and apply a tilt to
the scanned cross-section. Yet, such tilted cross-sections are more complicated
to achieve with continuous scans, since both θe and α need to change simulta-
neously. Also, a distinction between horizontal and vertical velocity components
would be limited and the tilt of the cross-section would need to be adjusted to
the structure’s tilt correspondingly. An alternative approach would be to install
a grid of dual-scanning lidars, with multiple dual-lidar planes in cross-and along
wind orientation, to fully map the three-dimensional structure of the convective
circulation.

Another limiting factor for the use of dual-scanning lidar, experienced in the
field, was the availability of airborne particles (i.e. aerosols). Often, longer peri-
ods (>1 d) with precipitation events were followed by several days of extremely
low SNR (≈ – 30 dB) despite the presence of convective conditions, estimated from
complementing flux and profiling measurements. Even though it was possible to
recover a substantial amount of vr data using the DBSCAN approach and gap-
filling using temporal interpolation (see Sect. 4.2.3). The recovered vr data was
primarily at closer distances to the lidar, while larger distances still suffered from
substantial data loss. This yielded a reduced overlap with sufficient data avail-
ability for dual-lidar wind speed retrieval, in particular for increased separation
distance between the two lidars. Still, in a controlled setup, i.e., along the runway
of an airport, and for conditions with a sufficient amount of airborne particles,
even a single dual-lidar setup is well suited to capture and resolve the evolution
of convective structures of multiple scales in space and time. Here, the minimum
size of detectable structures is mainly dependent on the range gate width, while
the maximum size is limited by the separation distance between the lidars and
their maximum range.

7.2 Interplay of convective processes and boundary-layer evolution

7.2.1 Marine observations during a cold air outbreak

The spectral coherence and phase analysis (see Sect. 4.3.1) of the vertical wind
and along wind speed fluctuations retrieved from ship-based, profiling lidar obser-
vations (see Sect. 4.1) yielded detailed insight into coherent convective structures
in the MABL. Throughout the lifecycle of the evaluated marine CAO event, con-
vective structures in the atmospheric flow field provide a strong coherent signal.
The profiling lidar estimates are independent of cloud formation and able to pro-
vide more detailed observations in space than satellites. Here, the lidar estimates
yield additional information of the structures’ dynamics, i.e., that the detected co-
herent structures during the evaluated CAO featured strong and narrow updrafts
and wide and comparably weak downdrafts. Further, the ship-based lidar installa-
tion provides a better temporal coverage than aircraft-based measurements. Still,
the interpretation of the interplay of convection and other boundary-layer pro-
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conditions,convectivestructuresmaynotriseverticallybutwithaconsiderable
tiltbyfollowingtheterrain.Optimally,thedual-lidarcross-sectionshouldbeori-
entedparalleltothecirculations’predominanttiltdirection,hencealongthemean
wind,oralongtheslopeoftheterrain.Anotherpossibilitycouldbetoinstallthe
dual-lidarplaneorthogonaltothepredominanttiltdirectionandapplyatiltto
thescannedcross-section.Yet,suchtiltedcross-sectionsaremorecomplicated
toachievewithcontinuousscans,sincebothθeandαneedtochangesimulta-
neously.Also,adistinctionbetweenhorizontalandverticalvelocitycomponents
wouldbelimitedandthetiltofthecross-sectionwouldneedtobeadjustedto
thestructure’stiltcorrespondingly.Analternativeapproachwouldbetoinstall
agridofdual-scanninglidars,withmultipledual-lidarplanesincross-andalong
windorientation,tofullymapthethree-dimensionalstructureoftheconvective
circulation.

Anotherlimitingfactorfortheuseofdual-scanninglidar,experiencedinthe
field,wastheavailabilityofairborneparticles(i.e.aerosols).Often,longerperi-
ods(>1d)withprecipitationeventswerefollowedbyseveraldaysofextremely
lowSNR(≈–30dB)despitethepresenceofconvectiveconditions,estimatedfrom
complementingfluxandprofilingmeasurements.Eventhoughitwaspossibleto
recoverasubstantialamountofvrdatausingtheDBSCANapproachandgap-
fillingusingtemporalinterpolation(seeSect.4.2.3).Therecoveredvrdatawas
primarilyatcloserdistancestothelidar,whilelargerdistancesstillsufferedfrom
substantialdataloss.Thisyieldedareducedoverlapwithsufficientdataavail-
abilityfordual-lidarwindspeedretrieval,inparticularforincreasedseparation
distancebetweenthetwolidars.Still,inacontrolledsetup,i.e.,alongtherunway
ofanairport,andforconditionswithasufficientamountofairborneparticles,
evenasingledual-lidarsetupiswellsuitedtocaptureandresolvetheevolution
ofconvectivestructuresofmultiplescalesinspaceandtime.Here,theminimum
sizeofdetectablestructuresismainlydependentontherangegatewidth,while
themaximumsizeislimitedbytheseparationdistancebetweenthelidarsand
theirmaximumrange.

7.2Interplayofconvectiveprocessesandboundary-layerevolution

7.2.1Marineobservationsduringacoldairoutbreak

Thespectralcoherenceandphaseanalysis(seeSect.4.3.1)oftheverticalwind
andalongwindspeedfluctuationsretrievedfromship-based,profilinglidarobser-
vations(seeSect.4.1)yieldeddetailedinsightintocoherentconvectivestructures
intheMABL.ThroughoutthelifecycleoftheevaluatedmarineCAOevent,con-
vectivestructuresintheatmosphericflowfieldprovideastrongcoherentsignal.
Theprofilinglidarestimatesareindependentofcloudformationandabletopro-
videmoredetailedobservationsinspacethansatellites.Here,thelidarestimates
yieldadditionalinformationofthestructures’dynamics,i.e.,thatthedetectedco-
herentstructuresduringtheevaluatedCAOfeaturedstrongandnarrowupdrafts
andwideandcomparablyweakdowndrafts.Further,theship-basedlidarinstalla-
tionprovidesabettertemporalcoveragethanaircraft-basedmeasurements.Still,
theinterpretationoftheinterplayofconvectionandotherboundary-layerpro-
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wind, or along the slope of the terrain. Another possibility could be to install the
dual-lidar plane orthogonal to the predominant tilt direction and apply a tilt to
the scanned cross-section. Yet, such tilted cross-sections are more complicated
to achieve with continuous scans, since both θe and α need to change simulta-
neously. Also, a distinction between horizontal and vertical velocity components
would be limited and the tilt of the cross-section would need to be adjusted to
the structure’s tilt correspondingly. An alternative approach would be to install
a grid of dual-scanning lidars, with multiple dual-lidar planes in cross-and along
wind orientation, to fully map the three-dimensional structure of the convective
circulation.

Another limiting factor for the use of dual-scanning lidar, experienced in the
field, was the availability of airborne particles (i.e. aerosols). Often, longer peri-
ods (>1 d) with precipitation events were followed by several days of extremely
low SNR (≈ – 30 dB) despite the presence of convective conditions, estimated from
complementing flux and profiling measurements. Even though it was possible to
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filling using temporal interpolation (see Sect. 4.2.3). The recovered vr data was
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substantial data loss. This yielded a reduced overlap with sufficient data avail-
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vective structures in the atmospheric flow field provide a strong coherent signal.
The profiling lidar estimates are independent of cloud formation and able to pro-
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yield additional information of the structures’ dynamics, i.e., that the detected co-
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conditions,convectivestructuresmaynotriseverticallybutwithaconsiderable
tiltbyfollowingtheterrain.Optimally,thedual-lidarcross-sectionshouldbeori-
entedparalleltothecirculations’predominanttiltdirection,hencealongthemean
wind,oralongtheslopeoftheterrain.Anotherpossibilitycouldbetoinstallthe
dual-lidarplaneorthogonaltothepredominanttiltdirectionandapplyatiltto
thescannedcross-section.Yet,suchtiltedcross-sectionsaremorecomplicated
toachievewithcontinuousscans,sincebothθeandαneedtochangesimulta-
neously.Also,adistinctionbetweenhorizontalandverticalvelocitycomponents
wouldbelimitedandthetiltofthecross-sectionwouldneedtobeadjustedto
thestructure’stiltcorrespondingly.Analternativeapproachwouldbetoinstall
agridofdual-scanninglidars,withmultipledual-lidarplanesincross-andalong
windorientation,tofullymapthethree-dimensionalstructureoftheconvective
circulation.

Anotherlimitingfactorfortheuseofdual-scanninglidar,experiencedinthe
field,wastheavailabilityofairborneparticles(i.e.aerosols).Often,longerperi-
ods(>1d)withprecipitationeventswerefollowedbyseveraldaysofextremely
lowSNR(≈–30dB)despitethepresenceofconvectiveconditions,estimatedfrom
complementingfluxandprofilingmeasurements.Eventhoughitwaspossibleto
recoverasubstantialamountofvrdatausingtheDBSCANapproachandgap-
fillingusingtemporalinterpolation(seeSect.4.2.3).Therecoveredvrdatawas
primarilyatcloserdistancestothelidar,whilelargerdistancesstillsufferedfrom
substantialdataloss.Thisyieldedareducedoverlapwithsufficientdataavail-
abilityfordual-lidarwindspeedretrieval,inparticularforincreasedseparation
distancebetweenthetwolidars.Still,inacontrolledsetup,i.e.,alongtherunway
ofanairport,andforconditionswithasufficientamountofairborneparticles,
evenasingledual-lidarsetupiswellsuitedtocaptureandresolvetheevolution
ofconvectivestructuresofmultiplescalesinspaceandtime.Here,theminimum
sizeofdetectablestructuresismainlydependentontherangegatewidth,while
themaximumsizeislimitedbytheseparationdistancebetweenthelidarsand
theirmaximumrange.

7.2Interplayofconvectiveprocessesandboundary-layerevolution

7.2.1Marineobservationsduringacoldairoutbreak

Thespectralcoherenceandphaseanalysis(seeSect.4.3.1)oftheverticalwind
andalongwindspeedfluctuationsretrievedfromship-based,profilinglidarobser-
vations(seeSect.4.1)yieldeddetailedinsightintocoherentconvectivestructures
intheMABL.ThroughoutthelifecycleoftheevaluatedmarineCAOevent,con-
vectivestructuresintheatmosphericflowfieldprovideastrongcoherentsignal.
Theprofilinglidarestimatesareindependentofcloudformationandabletopro-
videmoredetailedobservationsinspacethansatellites.Here,thelidarestimates
yieldadditionalinformationofthestructures’dynamics,i.e.,thatthedetectedco-
herentstructuresduringtheevaluatedCAOfeaturedstrongandnarrowupdrafts
andwideandcomparablyweakdowndrafts.Further,theship-basedlidarinstalla-
tionprovidesabettertemporalcoveragethanaircraft-basedmeasurements.Still,
theinterpretationoftheinterplayofconvectionandotherboundary-layerpro-
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tionprovidesabettertemporalcoveragethanaircraft-basedmeasurements.Still,
theinterpretationoftheinterplayofconvectionandotherboundary-layerpro-
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cesses strongly benefits from complementing observations from, e.g., satellite or
aircraft. In fact, to interpret the convective characteristics estimated from the li-
dar observations in the boundary layer context, at least complementing ship-based
boundary-layer observations, as available for the study presented in Paper II, are
essential.

Here, the Richardson number, that describes the predominating source of tur-
bulence generation, and the surface-layer stratification has a direct and most
notable impact on the size, strength and proportions (isotropic vs anisotropic)
of coherent convective structures. The largest coherent convective structures,
that are responsible for the overturning of the boundary layer and hence achieve
the most effective vertical transport, are present for conditions, where turbulence
generation is weakly buoyancy-dominated, or balanced between buoyancy and
shear. Over the life-cycle of the CAO, buoyancy dominated regimes, that fea-
ture strong unstable stratification in the surface layer, are predominated by the
small scale convective structures in the altitude range covered by the lidar obser-
vations. Here, a decoupling of surface layer and mixed layer above is possible,
and a long-range lidar profiler could yield improved insight with respect to the
predominating convective structures and atmospheric processes (decoupling ver-
sus merging) in the mixed layer. In shear-dominated regimes, that correspond to
neutral or even weakly stable stratification in the surface layer, larger scale convec-
tion is suppressed, and consequently no, or only small scale coherent structures,
are detectable in the atmospheric flow field.

The growth of the boundary-layer depth is closely linked to the evolution in
horizontal structure scale. Initially, smaller and weaker convective structures push
up the boundary layer. Here, boundary-layer depth and horizontal size of these
structures are of comparable size (aspect ratio≈ 2). The convective structures
increase both horizontally and vertically as the boundary layer increases, main-
taining a near constant aspect ratio. After the boundary layer growth, and the
related increase in vertical coherent structures size and velocity, declines at some
point, the coherent structures continue to increase in horizontal size, yielding an
increasing aspect ratio and anisotropy of the structures with time. In contrast to
periods of elevated boundary-layer growth, the corresponding overturning circula-
tion by convective structures is able to compensate the enrichment of near-surface
moisture and heat, that is driven by turbulent fluxes during periods where the
boundary-layer growth stagnates.

In the surface layer up to approximately 150 m altitude (≈ 0.1 zi), plumes with
horizontal scales between 400 m and 1 km predominate. At higher altitudes in the
mixed layer (≥ 170 m) the horizontal scale of these smaller coherent structures ap-
proximately doubled (1 km to 2 km scale) compared the scale of the surface layer
plumes. Smaller structures are found to feature weaker vertical velocities and con-
sequently do not always provide the necessary momentum to penetrate into the
mixed layer. Further, of the mixed layer convection, not all observed convective
structures (between 170 m and 300 m altitude) extend through the whole mixed
layer and manifest as clouds2 at the top of the MABL. Only the convective struc-
tures with horizontal scales, that are two to three times the boundary layer depth
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cessesstronglybenefitsfromcomplementingobservationsfrom,e.g.,satelliteor
aircraft.Infact,tointerprettheconvectivecharacteristicsestimatedfromtheli-
darobservationsintheboundarylayercontext,atleastcomplementingship-based
boundary-layerobservations,asavailableforthestudypresentedinPaperII,are
essential.

Here,theRichardsonnumber,thatdescribesthepredominatingsourceoftur-
bulencegeneration,andthesurface-layerstratificationhasadirectandmost
notableimpactonthesize,strengthandproportions(isotropicvsanisotropic)
ofcoherentconvectivestructures.Thelargestcoherentconvectivestructures,
thatareresponsiblefortheoverturningoftheboundarylayerandhenceachieve
themosteffectiveverticaltransport,arepresentforconditions,whereturbulence
generationisweaklybuoyancy-dominated,orbalancedbetweenbuoyancyand
shear.Overthelife-cycleoftheCAO,buoyancydominatedregimes,thatfea-
turestrongunstablestratificationinthesurfacelayer,arepredominatedbythe
smallscaleconvectivestructuresinthealtituderangecoveredbythelidarobser-
vations.Here,adecouplingofsurfacelayerandmixedlayeraboveispossible,
andalong-rangelidarprofilercouldyieldimprovedinsightwithrespecttothe
predominatingconvectivestructuresandatmosphericprocesses(decouplingver-
susmerging)inthemixedlayer.Inshear-dominatedregimes,thatcorrespondto
neutralorevenweaklystablestratificationinthesurfacelayer,largerscaleconvec-
tionissuppressed,andconsequentlyno,oronlysmallscalecoherentstructures,
aredetectableintheatmosphericflowfield.

Thegrowthoftheboundary-layerdepthiscloselylinkedtotheevolutionin
horizontalstructurescale.Initially,smallerandweakerconvectivestructurespush
uptheboundarylayer.Here,boundary-layerdepthandhorizontalsizeofthese
structuresareofcomparablesize(aspectratio≈2).Theconvectivestructures
increasebothhorizontallyandverticallyastheboundarylayerincreases,main-
taininganearconstantaspectratio.Aftertheboundarylayergrowth,andthe
relatedincreaseinverticalcoherentstructuressizeandvelocity,declinesatsome
point,thecoherentstructurescontinuetoincreaseinhorizontalsize,yieldingan
increasingaspectratioandanisotropyofthestructureswithtime.Incontrastto
periodsofelevatedboundary-layergrowth,thecorrespondingoverturningcircula-
tionbyconvectivestructuresisabletocompensatetheenrichmentofnear-surface
moistureandheat,thatisdrivenbyturbulentfluxesduringperiodswherethe
boundary-layergrowthstagnates.

Inthesurfacelayeruptoapproximately150maltitude(≈0.1zi),plumeswith
horizontalscalesbetween400mand1kmpredominate.Athigheraltitudesinthe
mixedlayer(≥170m)thehorizontalscaleofthesesmallercoherentstructuresap-
proximatelydoubled(1kmto2kmscale)comparedthescaleofthesurfacelayer
plumes.Smallerstructuresarefoundtofeatureweakerverticalvelocitiesandcon-
sequentlydonotalwaysprovidethenecessarymomentumtopenetrateintothe
mixedlayer.Further,ofthemixedlayerconvection,notallobservedconvective
structures(between170mand300maltitude)extendthroughthewholemixed
layerandmanifestasclouds2atthetopoftheMABL.Onlytheconvectivestruc-
tureswithhorizontalscales,thataretwotothreetimestheboundarylayerdepth
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cesses strongly benefits from complementing observations from, e.g., satellite or
aircraft. In fact, to interpret the convective characteristics estimated from the li-
dar observations in the boundary layer context, at least complementing ship-based
boundary-layer observations, as available for the study presented in Paper II, are
essential.

Here, the Richardson number, that describes the predominating source of tur-
bulence generation, and the surface-layer stratification has a direct and most
notable impact on the size, strength and proportions (isotropic vs anisotropic)
of coherent convective structures. The largest coherent convective structures,
that are responsible for the overturning of the boundary layer and hence achieve
the most effective vertical transport, are present for conditions, where turbulence
generation is weakly buoyancy-dominated, or balanced between buoyancy and
shear. Over the life-cycle of the CAO, buoyancy dominated regimes, that fea-
ture strong unstable stratification in the surface layer, are predominated by the
small scale convective structures in the altitude range covered by the lidar obser-
vations. Here, a decoupling of surface layer and mixed layer above is possible,
and a long-range lidar profiler could yield improved insight with respect to the
predominating convective structures and atmospheric processes (decoupling ver-
sus merging) in the mixed layer. In shear-dominated regimes, that correspond to
neutral or even weakly stable stratification in the surface layer, larger scale convec-
tion is suppressed, and consequently no, or only small scale coherent structures,
are detectable in the atmospheric flow field.

The growth of the boundary-layer depth is closely linked to the evolution in
horizontal structure scale. Initially, smaller and weaker convective structures push
up the boundary layer. Here, boundary-layer depth and horizontal size of these
structures are of comparable size (aspect ratio≈ 2). The convective structures
increase both horizontally and vertically as the boundary layer increases, main-
taining a near constant aspect ratio. After the boundary layer growth, and the
related increase in vertical coherent structures size and velocity, declines at some
point, the coherent structures continue to increase in horizontal size, yielding an
increasing aspect ratio and anisotropy of the structures with time. In contrast to
periods of elevated boundary-layer growth, the corresponding overturning circula-
tion by convective structures is able to compensate the enrichment of near-surface
moisture and heat, that is driven by turbulent fluxes during periods where the
boundary-layer growth stagnates.

In the surface layer up to approximately 150 m altitude (≈ 0.1 zi), plumes with
horizontal scales between 400 m and 1 km predominate. At higher altitudes in the
mixed layer (≥ 170 m) the horizontal scale of these smaller coherent structures ap-
proximately doubled (1 km to 2 km scale) compared the scale of the surface layer
plumes. Smaller structures are found to feature weaker vertical velocities and con-
sequently do not always provide the necessary momentum to penetrate into the
mixed layer. Further, of the mixed layer convection, not all observed convective
structures (between 170 m and 300 m altitude) extend through the whole mixed
layer and manifest as clouds2 at the top of the MABL. Only the convective struc-
tures with horizontal scales, that are two to three times the boundary layer depth
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and a long-range lidar profiler could yield improved insight with respect to the
predominating convective structures and atmospheric processes (decoupling ver-
sus merging) in the mixed layer. In shear-dominated regimes, that correspond to
neutral or even weakly stable stratification in the surface layer, larger scale convec-
tion is suppressed, and consequently no, or only small scale coherent structures,
are detectable in the atmospheric flow field.
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increase both horizontally and vertically as the boundary layer increases, main-
taining a near constant aspect ratio. After the boundary layer growth, and the
related increase in vertical coherent structures size and velocity, declines at some
point, the coherent structures continue to increase in horizontal size, yielding an
increasing aspect ratio and anisotropy of the structures with time. In contrast to
periods of elevated boundary-layer growth, the corresponding overturning circula-
tion by convective structures is able to compensate the enrichment of near-surface
moisture and heat, that is driven by turbulent fluxes during periods where the
boundary-layer growth stagnates.

In the surface layer up to approximately 150 m altitude (≈ 0.1 zi), plumes with
horizontal scales between 400 m and 1 km predominate. At higher altitudes in the
mixed layer (≥ 170 m) the horizontal scale of these smaller coherent structures ap-
proximately doubled (1 km to 2 km scale) compared the scale of the surface layer
plumes. Smaller structures are found to feature weaker vertical velocities and con-
sequently do not always provide the necessary momentum to penetrate into the
mixed layer. Further, of the mixed layer convection, not all observed convective
structures (between 170 m and 300 m altitude) extend through the whole mixed
layer and manifest as clouds2 at the top of the MABL. Only the convective struc-
tures with horizontal scales, that are two to three times the boundary layer depth
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cessesstronglybenefitsfromcomplementingobservationsfrom,e.g.,satelliteor
aircraft.Infact,tointerprettheconvectivecharacteristicsestimatedfromtheli-
darobservationsintheboundarylayercontext,atleastcomplementingship-based
boundary-layerobservations,asavailableforthestudypresentedinPaperII,are
essential.

Here,theRichardsonnumber,thatdescribesthepredominatingsourceoftur-
bulencegeneration,andthesurface-layerstratificationhasadirectandmost
notableimpactonthesize,strengthandproportions(isotropicvsanisotropic)
ofcoherentconvectivestructures.Thelargestcoherentconvectivestructures,
thatareresponsiblefortheoverturningoftheboundarylayerandhenceachieve
themosteffectiveverticaltransport,arepresentforconditions,whereturbulence
generationisweaklybuoyancy-dominated,orbalancedbetweenbuoyancyand
shear.Overthelife-cycleoftheCAO,buoyancydominatedregimes,thatfea-
turestrongunstablestratificationinthesurfacelayer,arepredominatedbythe
smallscaleconvectivestructuresinthealtituderangecoveredbythelidarobser-
vations.Here,adecouplingofsurfacelayerandmixedlayeraboveispossible,
andalong-rangelidarprofilercouldyieldimprovedinsightwithrespecttothe
predominatingconvectivestructuresandatmosphericprocesses(decouplingver-
susmerging)inthemixedlayer.Inshear-dominatedregimes,thatcorrespondto
neutralorevenweaklystablestratificationinthesurfacelayer,largerscaleconvec-
tionissuppressed,andconsequentlyno,oronlysmallscalecoherentstructures,
aredetectableintheatmosphericflowfield.

Thegrowthoftheboundary-layerdepthiscloselylinkedtotheevolutionin
horizontalstructurescale.Initially,smallerandweakerconvectivestructurespush
uptheboundarylayer.Here,boundary-layerdepthandhorizontalsizeofthese
structuresareofcomparablesize(aspectratio≈2).Theconvectivestructures
increasebothhorizontallyandverticallyastheboundarylayerincreases,main-
taininganearconstantaspectratio.Aftertheboundarylayergrowth,andthe
relatedincreaseinverticalcoherentstructuressizeandvelocity,declinesatsome
point,thecoherentstructurescontinuetoincreaseinhorizontalsize,yieldingan
increasingaspectratioandanisotropyofthestructureswithtime.Incontrastto
periodsofelevatedboundary-layergrowth,thecorrespondingoverturningcircula-
tionbyconvectivestructuresisabletocompensatetheenrichmentofnear-surface
moistureandheat,thatisdrivenbyturbulentfluxesduringperiodswherethe
boundary-layergrowthstagnates.

Inthesurfacelayeruptoapproximately150maltitude(≈0.1zi),plumeswith
horizontalscalesbetween400mand1kmpredominate.Athigheraltitudesinthe
mixedlayer(≥170m)thehorizontalscaleofthesesmallercoherentstructuresap-
proximatelydoubled(1kmto2kmscale)comparedthescaleofthesurfacelayer
plumes.Smallerstructuresarefoundtofeatureweakerverticalvelocitiesandcon-
sequentlydonotalwaysprovidethenecessarymomentumtopenetrateintothe
mixedlayer.Further,ofthemixedlayerconvection,notallobservedconvective
structures(between170mand300maltitude)extendthroughthewholemixed
layerandmanifestasclouds2atthetopoftheMABL.Onlytheconvectivestruc-
tureswithhorizontalscales,thataretwotothreetimestheboundarylayerdepth
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2Thecloudestimateisbasedoncomplementingsatelliteobservations
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or larger, penetrate the whole boundary layer and contribute to the convective
over-turning and deepening of the CBL.

The investigated convective structures only represent highly organised convec-
tion, that periodically reoccurs in the flow (see Sect. 4.21). Yet, in particular
the largest scale convective structures, do not necessarily follow this periodic be-
haviour as a pattern of such structures possibly evolves and changes during the
period required for the structures to pass over the lidar. To detect and include
non-coherent convection into the evaluation, a different methodology is needed.
A possibility is to apply a wavelet analysis to the series of velocity fluctuations to
identify the temporal evolution of both coherent and irregular convective struc-
tures in the flow (see e.g Barthlott et al., 2007). Here, the challenge is to dis-
tinguish convective from non-convective structures, due to the lack of the phase
information.

7.2.2 Land-based observations in flat and complex terrain

The analysis of the convective velocity field retrieved from the dual-lidar observa-
tions (see Sect. 4.2.2) revealed a multitude of valuable insights into land-based con-
vection in flat and complex terrain. For instance, surface heterogeneities strongly
impacted the location at which convection was triggered and convective struc-
tures tended to maintain a similar triggering region over their life-cycle. During
the two cases, presented in Paper III, the region of horizontal convergence around
the lower part of the updraft was much clearer defined than the region of di-
vergence around the upper part. In the case observed at Vaksinen airport, the
updrafts were rather narrow and featured well defined cores, that originated as
continuous streams at the surface (thermal characteristics). In the divergence re-
gion, towards the top of the convective circulation, however, clusters of increased
updraft velocity detached (bubble characteristics). Here, the individual convective
structures modulated the boundary layer depth horizontally, being slightly deeper
above the updraft. The case observed at Starmoen airport featured a narrow up-
draft core that was attached to the surface and that widened with increasing
altitude in the initial phase of the convection. Interestingly, the convective flow,
confined by streamlines, maintained approximately the same width throughout
the boundary-layer depth. Here, the vertical velocity cluster (updraft) detached
(bubble character) at a later stage in the evolution of the convective circulation.
This event initialised the break down of circulation, as buoyant forcing decreased
and only inertia maintained the circulation against back-pressure (see Fig. 3.2)
and drag forces.

Despite similar forcing by incoming short-wave and long-wave radiation and
resulting similar turbulent heat fluxes, the two case studies evaluated in Paper III
result in a different evolution of the convective circulation and the boundary
layer parameters. The largest differences observed between the cases were the
boundary-layer depth and the near-surface flux Richardson number. In contrast
to the observations in the MABL, the case with buoyancy dominated turbulence
generation (Starmoen airport) featured larger convective structures and a deeper
boundary layer than the case where turbulence was approximately balanced be-
tween buoyancy and shear (Vaksinen airport). Still, in both cases the evaluated
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orlarger,penetratethewholeboundarylayerandcontributetotheconvective
over-turninganddeepeningoftheCBL.

Theinvestigatedconvectivestructuresonlyrepresenthighlyorganisedconvec-
tion,thatperiodicallyreoccursintheflow(seeSect.4.21).Yet,inparticular
thelargestscaleconvectivestructures,donotnecessarilyfollowthisperiodicbe-
haviourasapatternofsuchstructurespossiblyevolvesandchangesduringthe
periodrequiredforthestructurestopassoverthelidar.Todetectandinclude
non-coherentconvectionintotheevaluation,adifferentmethodologyisneeded.
Apossibilityistoapplyawaveletanalysistotheseriesofvelocityfluctuationsto
identifythetemporalevolutionofbothcoherentandirregularconvectivestruc-
turesintheflow(seee.gBarthlottetal.,2007).Here,thechallengeistodis-
tinguishconvectivefromnon-convectivestructures,duetothelackofthephase
information.

7.2.2Land-basedobservationsinflatandcomplexterrain

Theanalysisoftheconvectivevelocityfieldretrievedfromthedual-lidarobserva-
tions(seeSect.4.2.2)revealedamultitudeofvaluableinsightsintoland-basedcon-
vectioninflatandcomplexterrain.Forinstance,surfaceheterogeneitiesstrongly
impactedthelocationatwhichconvectionwastriggeredandconvectivestruc-
turestendedtomaintainasimilartriggeringregionovertheirlife-cycle.During
thetwocases,presentedinPaperIII,theregionofhorizontalconvergencearound
thelowerpartoftheupdraftwasmuchclearerdefinedthantheregionofdi-
vergencearoundtheupperpart.InthecaseobservedatVaksinenairport,the
updraftswererathernarrowandfeaturedwelldefinedcores,thatoriginatedas
continuousstreamsatthesurface(thermalcharacteristics).Inthedivergencere-
gion,towardsthetopoftheconvectivecirculation,however,clustersofincreased
updraftvelocitydetached(bubblecharacteristics).Here,theindividualconvective
structuresmodulatedtheboundarylayerdepthhorizontally,beingslightlydeeper
abovetheupdraft.ThecaseobservedatStarmoenairportfeaturedanarrowup-
draftcorethatwasattachedtothesurfaceandthatwidenedwithincreasing
altitudeintheinitialphaseoftheconvection.Interestingly,theconvectiveflow,
confinedbystreamlines,maintainedapproximatelythesamewidththroughout
theboundary-layerdepth.Here,theverticalvelocitycluster(updraft)detached
(bubblecharacter)atalaterstageintheevolutionoftheconvectivecirculation.
Thiseventinitialisedthebreakdownofcirculation,asbuoyantforcingdecreased
andonlyinertiamaintainedthecirculationagainstback-pressure(seeFig.3.2)
anddragforces.

Despitesimilarforcingbyincomingshort-waveandlong-waveradiationand
resultingsimilarturbulentheatfluxes,thetwocasestudiesevaluatedinPaperIII
resultinadifferentevolutionoftheconvectivecirculationandtheboundary
layerparameters.Thelargestdifferencesobservedbetweenthecaseswerethe
boundary-layerdepthandthenear-surfacefluxRichardsonnumber.Incontrast
totheobservationsintheMABL,thecasewithbuoyancydominatedturbulence
generation(Starmoenairport)featuredlargerconvectivestructuresandadeeper
boundarylayerthanthecasewhereturbulencewasapproximatelybalancedbe-
tweenbuoyancyandshear(Vaksinenairport).Still,inbothcasestheevaluated
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impacted the location at which convection was triggered and convective struc-
tures tended to maintain a similar triggering region over their life-cycle. During
the two cases, presented in Paper III, the region of horizontal convergence around
the lower part of the updraft was much clearer defined than the region of di-
vergence around the upper part. In the case observed at Vaksinen airport, the
updrafts were rather narrow and featured well defined cores, that originated as
continuous streams at the surface (thermal characteristics). In the divergence re-
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orlarger,penetratethewholeboundarylayerandcontributetotheconvective
over-turninganddeepeningoftheCBL.

Theinvestigatedconvectivestructuresonlyrepresenthighlyorganisedconvec-
tion,thatperiodicallyreoccursintheflow(seeSect.4.21).Yet,inparticular
thelargestscaleconvectivestructures,donotnecessarilyfollowthisperiodicbe-
haviourasapatternofsuchstructurespossiblyevolvesandchangesduringthe
periodrequiredforthestructurestopassoverthelidar.Todetectandinclude
non-coherentconvectionintotheevaluation,adifferentmethodologyisneeded.
Apossibilityistoapplyawaveletanalysistotheseriesofvelocityfluctuationsto
identifythetemporalevolutionofbothcoherentandirregularconvectivestruc-
turesintheflow(seee.gBarthlottetal.,2007).Here,thechallengeistodis-
tinguishconvectivefromnon-convectivestructures,duetothelackofthephase
information.

7.2.2Land-basedobservationsinflatandcomplexterrain

Theanalysisoftheconvectivevelocityfieldretrievedfromthedual-lidarobserva-
tions(seeSect.4.2.2)revealedamultitudeofvaluableinsightsintoland-basedcon-
vectioninflatandcomplexterrain.Forinstance,surfaceheterogeneitiesstrongly
impactedthelocationatwhichconvectionwastriggeredandconvectivestruc-
turestendedtomaintainasimilartriggeringregionovertheirlife-cycle.During
thetwocases,presentedinPaperIII,theregionofhorizontalconvergencearound
thelowerpartoftheupdraftwasmuchclearerdefinedthantheregionofdi-
vergencearoundtheupperpart.InthecaseobservedatVaksinenairport,the
updraftswererathernarrowandfeaturedwelldefinedcores,thatoriginatedas
continuousstreamsatthesurface(thermalcharacteristics).Inthedivergencere-
gion,towardsthetopoftheconvectivecirculation,however,clustersofincreased
updraftvelocitydetached(bubblecharacteristics).Here,theindividualconvective
structuresmodulatedtheboundarylayerdepthhorizontally,beingslightlydeeper
abovetheupdraft.ThecaseobservedatStarmoenairportfeaturedanarrowup-
draftcorethatwasattachedtothesurfaceandthatwidenedwithincreasing
altitudeintheinitialphaseoftheconvection.Interestingly,theconvectiveflow,
confinedbystreamlines,maintainedapproximatelythesamewidththroughout
theboundary-layerdepth.Here,theverticalvelocitycluster(updraft)detached
(bubblecharacter)atalaterstageintheevolutionoftheconvectivecirculation.
Thiseventinitialisedthebreakdownofcirculation,asbuoyantforcingdecreased
andonlyinertiamaintainedthecirculationagainstback-pressure(seeFig.3.2)
anddragforces.

Despitesimilarforcingbyincomingshort-waveandlong-waveradiationand
resultingsimilarturbulentheatfluxes,thetwocasestudiesevaluatedinPaperIII
resultinadifferentevolutionoftheconvectivecirculationandtheboundary
layerparameters.Thelargestdifferencesobservedbetweenthecaseswerethe
boundary-layerdepthandthenear-surfacefluxRichardsonnumber.Incontrast
totheobservationsintheMABL,thecasewithbuoyancydominatedturbulence
generation(Starmoenairport)featuredlargerconvectivestructuresandadeeper
boundarylayerthanthecasewhereturbulencewasapproximatelybalancedbe-
tweenbuoyancyandshear(Vaksinenairport).Still,inbothcasestheevaluated
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convective structures spanned the entire boundary layer and featured similar max-
imum updraft velocities (between 2 m s−1 and 3 m s−1). Mainly the differences in
geography and terrain were postulated to be responsible for the different responses
to the forcing mechanisms.

The site corresponding to the shallow boundary-layer case (Vaksinen airport)
is located in close vicinity to the North Sea and in rather complex terrain with
peaks around 300 m. Here, accumulation of cold air in the studied valley system
possibly caused a nocturnal low-level temperature inversion. Further, cold air
advection from sea possibly created an internal boundary layer, that contributed
to the maintenance of the inversion and increased horizontal velocity (shear) in
the free atmosphere, that is too strong to penetrate by the vertical velocities of
the observed convection. The site corresponding to the deeper boundary layer and
convection (Starmoen airport), on the other hand, is located further inland and
in rather flat terrain. Here, a deeper residual layer remained from the proceeding
day presumably with a weaker capping inversion and weaker wind shear to free
atmosphere aloft. However, to confirm this hypothesis without doubt, additional
profile series of temperature that complement the lidar estimates are required and
should be included in future setups.

Results presented for collocated observations sampled by dual-scanning lidars,
and sensors installed on paragliders and a skydiving plane in the Voss area (see
Sect. 6.4), provided first insights into the potential of such complementing pro-
files for studying atmospheric convection in complex terrain. Here, the dual-lidar
installation was able to capture and resolve the lower part of a convective circu-
lation, while paraglider data contributed complementing information about the
updraft velocity and virtual potential temperature anomaly in the upper part of
the convective updraft. During the growth of the convective boundary layer, max-
imum updraft velocities of up to 4.5 m s−1 were obtained just below the capping
inversion. Here, virtual potential temperature anomalies between 1 K and 1.5 K
were measured inside the updraft. Despite the considerably large updraft ve-
locities and virtual potential temperature anomalies, the boundary-layer growth
was capped at approximately 1800 m, opposed to a boundary-layer depth above
2000 m in the cloud-topped case at Starmoen Airport. In contrast to the cases
evaluated in Paper III, the convective structures were considerably tilted and their
aspect ratio was comparably smaller. For the latter, it should be noted, that eval-
uation in the Voss case was focused on the period of boundary-layer growth, in
contrast to evaluation of a convective circulation in the fully developed convective
boundary layer. Already from the selection of these three cases of convection it
can be confirmed, that the interplay of convection and boundary-layer processes
is complex and the number of different mechanisms is manifold.
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Sect.6.4),providedfirstinsightsintothepotentialofsuchcomplementingpro-
filesforstudyingatmosphericconvectionincomplexterrain.Here,thedual-lidar
installationwasabletocaptureandresolvethelowerpartofaconvectivecircu-
lation,whileparagliderdatacontributedcomplementinginformationaboutthe
updraftvelocityandvirtualpotentialtemperatureanomalyintheupperpartof
theconvectiveupdraft.Duringthegrowthoftheconvectiveboundarylayer,max-
imumupdraftvelocitiesofupto4.5ms−1wereobtainedjustbelowthecapping
inversion.Here,virtualpotentialtemperatureanomaliesbetween1Kand1.5K
weremeasuredinsidetheupdraft.Despitetheconsiderablylargeupdraftve-
locitiesandvirtualpotentialtemperatureanomalies,theboundary-layergrowth
wascappedatapproximately1800m,opposedtoaboundary-layerdepthabove
2000minthecloud-toppedcaseatStarmoenAirport.Incontrasttothecases
evaluatedinPaperIII,theconvectivestructureswereconsiderablytiltedandtheir
aspectratiowascomparablysmaller.Forthelatter,itshouldbenoted,thateval-
uationintheVosscasewasfocusedontheperiodofboundary-layergrowth,in
contrasttoevaluationofaconvectivecirculationinthefullydevelopedconvective
boundarylayer.Alreadyfromtheselectionofthesethreecasesofconvectionit
canbeconfirmed,thattheinterplayofconvectionandboundary-layerprocesses
iscomplexandthenumberofdifferentmechanismsismanifold.
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7.3 Further perspective

The profiling and dual-scanning lidar approaches evaluated in this dissertation
yield promising insight into the structure and dynamics of convection. They
constitute a very promising proof-of-concept and open up for new pathways to
overcome the still existent observational gaps in CBL research. Here, more li-
dar installations with similar or improved strategies to observe convection, com-
bined with conventional meteorological observations and new approaches, such
as the highly resolved background temperature and humidity profiles and pro-
files from within the convective updraft as tested during the gLidar campaign in
Voss (Sect. 6.2), are required. These observations need to be based on longer
observational periods and need to cover a larger variety of geographical and me-
teorological background conditions. Corresponding long term lidar installations
can in the future provide robust and representative statistics on convective key
parameters that will further deepen our understanding of atmospheric convection
and its relation to atmospheric boundary-layer processes. In combination with
Large Eddy Simulations, that require high-resolution observations both for the
initialization of the model runs and their validation, this will also provide consid-
erable potential for a future improvement of the boundary layer and convection
parameterization schemes in the numerical weather prediction and climate mod-
els.
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Abstract. Ship-based profiling Lidar systems experience a strong influence of rotational and
translational motion on beam direction and hence the line-of-sight velocity. This motion error
is inherited by the retrieved 3-dimensional wind vector and is especially visible in the velocity
spectra and cross-spectra of velocities at different measurement heights (coherence). Applying
motion compensation on the line-of-sight velocity observations was found to have a strong
impact on the statistical properties of the retrieved wind vector and successfully improved
the corresponding velocity distributions. The impact of motion correction on the spectra of
the horizontal wind speed components was found to be neglectable. The Lidar measurement
principle, in particular the effect of cross-contamination at higher frequencies, was found to
have a larger impact in shaping the horizontal spectra than motion correction. Vertical velocity
spectra were strongly affected by ship motion and the motion correction was only partly
successful. Precisely, this effect was present at frequencies larger than the resonance frequency
of the ship.

1. Introduction
The rotor diameter of state-of-the-art and future planned offshore wind turbines is increasing
rapidly, now already exceeding 200 m. Nowadays, most wind power production and turbine load
estimates are mainly based on the extrapolation of mean wind characteristics from lower levels,
utilizing either the simple wind shear exponent approach or the more advanced Monin-Obukhov
similarity theory (MOST)[1]. However, these methods are only applicable within the surface
layer, i.e. the lowest part of the atmospheric boundary layer, and in addition only under certain
stability conditions [2]. Yet, at the length scale of these new wind turbines, it is not given
that these assumptions are valid over the whole rotor diameter. It was found, that assimilating
atmospheric observations, such as wind shear, turbulence and atmospheric stability significantly
improves both the quality of power production and risk estimates from physical models as well
as from statistical models, which are based on machine learning [3].
Unfortunately, the availability of the corresponding marine boundary layer observations is still
sparse. Only few platforms featuring meteorological masts (e.g. the FINO platforms in the
North and Baltic Sea [4]) or buoy mounted Lidars [5] are installed today. A novel approach to
gain detailed observations of wind speed profiles over a larger spacial extend was presented by
Gottschall et al. 2018 [6]. They utilized a profiling Lidar on a ferry route over the baltic sea
to sample different wind and boundary layer parameters in order to validate the New European
Wind Atlas (NEWA) [7]. Similar and accessible ferry infrastructures exist in many coastal
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thehorizontalwindspeedcomponentswasfoundtobeneglectable.TheLidarmeasurement
principle,inparticulartheeffectofcross-contaminationathigherfrequencies,wasfoundto
havealargerimpactinshapingthehorizontalspectrathanmotioncorrection.Verticalvelocity
spectrawerestronglyaffectedbyshipmotionandthemotioncorrectionwasonlypartly
successful.Precisely,thiseffectwaspresentatfrequencieslargerthantheresonancefrequency
oftheship.
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rapidly,nowalreadyexceeding200m.Nowadays,mostwindpowerproductionandturbineload
estimatesaremainlybasedontheextrapolationofmeanwindcharacteristicsfromlowerlevels,
utilizingeitherthesimplewindshearexponentapproachorthemoreadvancedMonin-Obukhov
similaritytheory(MOST)[1].However,thesemethodsareonlyapplicablewithinthesurface
layer,i.e.thelowestpartoftheatmosphericboundarylayer,andinadditiononlyundercertain
stabilityconditions[2].Yet,atthelengthscaleofthesenewwindturbines,itisnotgiven
thattheseassumptionsarevalidoverthewholerotordiameter.Itwasfound,thatassimilating
atmosphericobservations,suchaswindshear,turbulenceandatmosphericstabilitysignificantly
improvesboththequalityofpowerproductionandriskestimatesfromphysicalmodelsaswell
asfromstatisticalmodels,whicharebasedonmachinelearning[3].
Unfortunately,theavailabilityofthecorrespondingmarineboundarylayerobservationsisstill
sparse.Onlyfewplatformsfeaturingmeteorologicalmasts(e.g.theFINOplatformsinthe
NorthandBalticSea[4])orbuoymountedLidars[5]areinstalledtoday.Anovelapproachto
gaindetailedobservationsofwindspeedprofilesoveralargerspacialextendwaspresentedby
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have a larger impact in shaping the horizontal spectra than motion correction. Vertical velocity
spectra were strongly affected by ship motion and the motion correction was only partly
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of the ship.

1. Introduction
The rotor diameter of state-of-the-art and future planned offshore wind turbines is increasing
rapidly, now already exceeding 200 m. Nowadays, most wind power production and turbine load
estimates are mainly based on the extrapolation of mean wind characteristics from lower levels,
utilizing either the simple wind shear exponent approach or the more advanced Monin-Obukhov
similarity theory (MOST)[1]. However, these methods are only applicable within the surface
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that these assumptions are valid over the whole rotor diameter. It was found, that assimilating
atmospheric observations, such as wind shear, turbulence and atmospheric stability significantly
improves both the quality of power production and risk estimates from physical models as well
as from statistical models, which are based on machine learning [3].
Unfortunately, the availability of the corresponding marine boundary layer observations is still
sparse. Only few platforms featuring meteorological masts (e.g. the FINO platforms in the
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gain detailed observations of wind speed profiles over a larger spacial extend was presented by
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to sample different wind and boundary layer parameters in order to validate the New European
Wind Atlas (NEWA) [7]. Similar and accessible ferry infrastructures exist in many coastal

Content from this work may be used under the terms of the Creative CommonsAttribution 3.0 licence. Any further distribution
of this work must maintain attribution to the author(s) and the title of the work, journal citation and DOI.

Published under licence by IOP Publishing Ltd

EERA DeepWind'2020

Journal of Physics: Conference Series 1669 (2020) 012020

IOP Publishing

doi:10.1088/1742-6596/1669/1/012020

1

Statistic and Coherence Response of Ship-based

Lidar Observations to Motion Compensation

Christiane Duscha1, Mostafa Bakhoday Paskyabi1, Joachim Reuder1

1
Geophysical Institute, Bergen Offshore Wind Center, University of Bergen and Bjerknes

Centre for Climate Research, Postbox 7803, 5020 Bergen, Norway

E-mail: christiane.duscha@uib.no

Abstract. Ship-based profiling Lidar systems experience a strong influence of rotational and
translational motion on beam direction and hence the line-of-sight velocity. This motion error
is inherited by the retrieved 3-dimensional wind vector and is especially visible in the velocity
spectra and cross-spectra of velocities at different measurement heights (coherence). Applying
motion compensation on the line-of-sight velocity observations was found to have a strong
impact on the statistical properties of the retrieved wind vector and successfully improved
the corresponding velocity distributions. The impact of motion correction on the spectra of
the horizontal wind speed components was found to be neglectable. The Lidar measurement
principle, in particular the effect of cross-contamination at higher frequencies, was found to
have a larger impact in shaping the horizontal spectra than motion correction. Vertical velocity
spectra were strongly affected by ship motion and the motion correction was only partly
successful. Precisely, this effect was present at frequencies larger than the resonance frequency
of the ship.

1. Introduction
The rotor diameter of state-of-the-art and future planned offshore wind turbines is increasing
rapidly, now already exceeding 200 m. Nowadays, most wind power production and turbine load
estimates are mainly based on the extrapolation of mean wind characteristics from lower levels,
utilizing either the simple wind shear exponent approach or the more advanced Monin-Obukhov
similarity theory (MOST)[1]. However, these methods are only applicable within the surface
layer, i.e. the lowest part of the atmospheric boundary layer, and in addition only under certain
stability conditions [2]. Yet, at the length scale of these new wind turbines, it is not given
that these assumptions are valid over the whole rotor diameter. It was found, that assimilating
atmospheric observations, such as wind shear, turbulence and atmospheric stability significantly
improves both the quality of power production and risk estimates from physical models as well
as from statistical models, which are based on machine learning [3].
Unfortunately, the availability of the corresponding marine boundary layer observations is still
sparse. Only few platforms featuring meteorological masts (e.g. the FINO platforms in the
North and Baltic Sea [4]) or buoy mounted Lidars [5] are installed today. A novel approach to
gain detailed observations of wind speed profiles over a larger spacial extend was presented by
Gottschall et al. 2018 [6]. They utilized a profiling Lidar on a ferry route over the baltic sea
to sample different wind and boundary layer parameters in order to validate the New European
Wind Atlas (NEWA) [7]. Similar and accessible ferry infrastructures exist in many coastal

ContentfromthisworkmaybeusedunderthetermsoftheCreativeCommonsAttribution3.0licence.Anyfurtherdistribution
ofthisworkmustmaintainattributiontotheauthor(s)andthetitleofthework,journalcitationandDOI.

PublishedunderlicencebyIOPPublishingLtd

EERA DeepWind'2020

Journal of Physics: Conference Series1669 (2020) 012020

IOP Publishing

doi:10.1088/1742-6596/1669/1/012020

1

StatisticandCoherenceResponseofShip-based

LidarObservationstoMotionCompensation

ChristianeDuscha1,MostafaBakhodayPaskyabi1,JoachimReuder1

1
GeophysicalInstitute,BergenOffshoreWindCenter,UniversityofBergenandBjerknes

CentreforClimateResearch,Postbox7803,5020Bergen,Norway

E-mail:christiane.duscha@uib.no

Abstract.Ship-basedprofilingLidarsystemsexperienceastronginfluenceofrotationaland
translationalmotiononbeamdirectionandhencetheline-of-sightvelocity.Thismotionerror
isinheritedbytheretrieved3-dimensionalwindvectorandisespeciallyvisibleinthevelocity
spectraandcross-spectraofvelocitiesatdifferentmeasurementheights(coherence).Applying
motioncompensationontheline-of-sightvelocityobservationswasfoundtohaveastrong
impactonthestatisticalpropertiesoftheretrievedwindvectorandsuccessfullyimproved
thecorrespondingvelocitydistributions.Theimpactofmotioncorrectiononthespectraof
thehorizontalwindspeedcomponentswasfoundtobeneglectable.TheLidarmeasurement
principle,inparticulartheeffectofcross-contaminationathigherfrequencies,wasfoundto
havealargerimpactinshapingthehorizontalspectrathanmotioncorrection.Verticalvelocity
spectrawerestronglyaffectedbyshipmotionandthemotioncorrectionwasonlypartly
successful.Precisely,thiseffectwaspresentatfrequencieslargerthantheresonancefrequency
oftheship.

1.Introduction
Therotordiameterofstate-of-the-artandfutureplannedoffshorewindturbinesisincreasing
rapidly,nowalreadyexceeding200m.Nowadays,mostwindpowerproductionandturbineload
estimatesaremainlybasedontheextrapolationofmeanwindcharacteristicsfromlowerlevels,
utilizingeitherthesimplewindshearexponentapproachorthemoreadvancedMonin-Obukhov
similaritytheory(MOST)[1].However,thesemethodsareonlyapplicablewithinthesurface
layer,i.e.thelowestpartoftheatmosphericboundarylayer,andinadditiononlyundercertain
stabilityconditions[2].Yet,atthelengthscaleofthesenewwindturbines,itisnotgiven
thattheseassumptionsarevalidoverthewholerotordiameter.Itwasfound,thatassimilating
atmosphericobservations,suchaswindshear,turbulenceandatmosphericstabilitysignificantly
improvesboththequalityofpowerproductionandriskestimatesfromphysicalmodelsaswell
asfromstatisticalmodels,whicharebasedonmachinelearning[3].
Unfortunately,theavailabilityofthecorrespondingmarineboundarylayerobservationsisstill
sparse.Onlyfewplatformsfeaturingmeteorologicalmasts(e.g.theFINOplatformsinthe
NorthandBalticSea[4])orbuoymountedLidars[5]areinstalledtoday.Anovelapproachto
gaindetailedobservationsofwindspeedprofilesoveralargerspacialextendwaspresentedby
Gottschalletal.2018[6].TheyutilizedaprofilingLidaronaferryrouteoverthebalticsea
tosampledifferentwindandboundarylayerparametersinordertovalidatetheNewEuropean
WindAtlas(NEWA)[7].Similarandaccessibleferryinfrastructuresexistinmanycoastal

ContentfromthisworkmaybeusedunderthetermsoftheCreativeCommonsAttribution3.0licence.Anyfurtherdistribution
ofthisworkmustmaintainattributiontotheauthor(s)andthetitleofthework,journalcitationandDOI.

PublishedunderlicencebyIOPPublishingLtd

EERA DeepWind'2020

Journal of Physics: Conference Series1669 (2020) 012020

IOP Publishing

doi:10.1088/1742-6596/1669/1/012020

1

StatisticandCoherenceResponseofShip-based

LidarObservationstoMotionCompensation

ChristianeDuscha1,MostafaBakhodayPaskyabi1,JoachimReuder1

1
GeophysicalInstitute,BergenOffshoreWindCenter,UniversityofBergenandBjerknes

CentreforClimateResearch,Postbox7803,5020Bergen,Norway

E-mail:christiane.duscha@uib.no

Abstract.Ship-basedprofilingLidarsystemsexperienceastronginfluenceofrotationaland
translationalmotiononbeamdirectionandhencetheline-of-sightvelocity.Thismotionerror
isinheritedbytheretrieved3-dimensionalwindvectorandisespeciallyvisibleinthevelocity
spectraandcross-spectraofvelocitiesatdifferentmeasurementheights(coherence).Applying
motioncompensationontheline-of-sightvelocityobservationswasfoundtohaveastrong
impactonthestatisticalpropertiesoftheretrievedwindvectorandsuccessfullyimproved
thecorrespondingvelocitydistributions.Theimpactofmotioncorrectiononthespectraof
thehorizontalwindspeedcomponentswasfoundtobeneglectable.TheLidarmeasurement
principle,inparticulartheeffectofcross-contaminationathigherfrequencies,wasfoundto
havealargerimpactinshapingthehorizontalspectrathanmotioncorrection.Verticalvelocity
spectrawerestronglyaffectedbyshipmotionandthemotioncorrectionwasonlypartly
successful.Precisely,thiseffectwaspresentatfrequencieslargerthantheresonancefrequency
oftheship.

1.Introduction
Therotordiameterofstate-of-the-artandfutureplannedoffshorewindturbinesisincreasing
rapidly,nowalreadyexceeding200m.Nowadays,mostwindpowerproductionandturbineload
estimatesaremainlybasedontheextrapolationofmeanwindcharacteristicsfromlowerlevels,
utilizingeitherthesimplewindshearexponentapproachorthemoreadvancedMonin-Obukhov
similaritytheory(MOST)[1].However,thesemethodsareonlyapplicablewithinthesurface
layer,i.e.thelowestpartoftheatmosphericboundarylayer,andinadditiononlyundercertain
stabilityconditions[2].Yet,atthelengthscaleofthesenewwindturbines,itisnotgiven
thattheseassumptionsarevalidoverthewholerotordiameter.Itwasfound,thatassimilating
atmosphericobservations,suchaswindshear,turbulenceandatmosphericstabilitysignificantly
improvesboththequalityofpowerproductionandriskestimatesfromphysicalmodelsaswell
asfromstatisticalmodels,whicharebasedonmachinelearning[3].
Unfortunately,theavailabilityofthecorrespondingmarineboundarylayerobservationsisstill
sparse.Onlyfewplatformsfeaturingmeteorologicalmasts(e.g.theFINOplatformsinthe
NorthandBalticSea[4])orbuoymountedLidars[5]areinstalledtoday.Anovelapproachto
gaindetailedobservationsofwindspeedprofilesoveralargerspacialextendwaspresentedby
Gottschalletal.2018[6].TheyutilizedaprofilingLidaronaferryrouteoverthebalticsea
tosampledifferentwindandboundarylayerparametersinordertovalidatetheNewEuropean
WindAtlas(NEWA)[7].Similarandaccessibleferryinfrastructuresexistinmanycoastal

ContentfromthisworkmaybeusedunderthetermsoftheCreativeCommonsAttribution3.0licence.Anyfurtherdistribution
ofthisworkmustmaintainattributiontotheauthor(s)andthetitleofthework,journalcitationandDOI.

PublishedunderlicencebyIOPPublishingLtd

EERA DeepWind'2020

Journal of Physics: Conference Series1669 (2020) 012020

IOP Publishing

doi:10.1088/1742-6596/1669/1/012020

1

StatisticandCoherenceResponseofShip-based

LidarObservationstoMotionCompensation

ChristianeDuscha1,MostafaBakhodayPaskyabi1,JoachimReuder1

1
GeophysicalInstitute,BergenOffshoreWindCenter,UniversityofBergenandBjerknes

CentreforClimateResearch,Postbox7803,5020Bergen,Norway

E-mail:christiane.duscha@uib.no

Abstract.Ship-basedprofilingLidarsystemsexperienceastronginfluenceofrotationaland
translationalmotiononbeamdirectionandhencetheline-of-sightvelocity.Thismotionerror
isinheritedbytheretrieved3-dimensionalwindvectorandisespeciallyvisibleinthevelocity
spectraandcross-spectraofvelocitiesatdifferentmeasurementheights(coherence).Applying
motioncompensationontheline-of-sightvelocityobservationswasfoundtohaveastrong
impactonthestatisticalpropertiesoftheretrievedwindvectorandsuccessfullyimproved
thecorrespondingvelocitydistributions.Theimpactofmotioncorrectiononthespectraof
thehorizontalwindspeedcomponentswasfoundtobeneglectable.TheLidarmeasurement
principle,inparticulartheeffectofcross-contaminationathigherfrequencies,wasfoundto
havealargerimpactinshapingthehorizontalspectrathanmotioncorrection.Verticalvelocity
spectrawerestronglyaffectedbyshipmotionandthemotioncorrectionwasonlypartly
successful.Precisely,thiseffectwaspresentatfrequencieslargerthantheresonancefrequency
oftheship.

1.Introduction
Therotordiameterofstate-of-the-artandfutureplannedoffshorewindturbinesisincreasing
rapidly,nowalreadyexceeding200m.Nowadays,mostwindpowerproductionandturbineload
estimatesaremainlybasedontheextrapolationofmeanwindcharacteristicsfromlowerlevels,
utilizingeitherthesimplewindshearexponentapproachorthemoreadvancedMonin-Obukhov
similaritytheory(MOST)[1].However,thesemethodsareonlyapplicablewithinthesurface
layer,i.e.thelowestpartoftheatmosphericboundarylayer,andinadditiononlyundercertain
stabilityconditions[2].Yet,atthelengthscaleofthesenewwindturbines,itisnotgiven
thattheseassumptionsarevalidoverthewholerotordiameter.Itwasfound,thatassimilating
atmosphericobservations,suchaswindshear,turbulenceandatmosphericstabilitysignificantly
improvesboththequalityofpowerproductionandriskestimatesfromphysicalmodelsaswell
asfromstatisticalmodels,whicharebasedonmachinelearning[3].
Unfortunately,theavailabilityofthecorrespondingmarineboundarylayerobservationsisstill
sparse.Onlyfewplatformsfeaturingmeteorologicalmasts(e.g.theFINOplatformsinthe
NorthandBalticSea[4])orbuoymountedLidars[5]areinstalledtoday.Anovelapproachto
gaindetailedobservationsofwindspeedprofilesoveralargerspacialextendwaspresentedby
Gottschalletal.2018[6].TheyutilizedaprofilingLidaronaferryrouteoverthebalticsea
tosampledifferentwindandboundarylayerparametersinordertovalidatetheNewEuropean
WindAtlas(NEWA)[7].Similarandaccessibleferryinfrastructuresexistinmanycoastal

ContentfromthisworkmaybeusedunderthetermsoftheCreativeCommonsAttribution3.0licence.Anyfurtherdistribution
ofthisworkmustmaintainattributiontotheauthor(s)andthetitleofthework,journalcitationandDOI.

PublishedunderlicencebyIOPPublishingLtd

EERA DeepWind'2020

Journal of Physics: Conference Series1669 (2020) 012020

IOP Publishing

doi:10.1088/1742-6596/1669/1/012020

1

StatisticandCoherenceResponseofShip-based

LidarObservationstoMotionCompensation

ChristianeDuscha1,MostafaBakhodayPaskyabi1,JoachimReuder1

1
GeophysicalInstitute,BergenOffshoreWindCenter,UniversityofBergenandBjerknes

CentreforClimateResearch,Postbox7803,5020Bergen,Norway

E-mail:christiane.duscha@uib.no

Abstract.Ship-basedprofilingLidarsystemsexperienceastronginfluenceofrotationaland
translationalmotiononbeamdirectionandhencetheline-of-sightvelocity.Thismotionerror
isinheritedbytheretrieved3-dimensionalwindvectorandisespeciallyvisibleinthevelocity
spectraandcross-spectraofvelocitiesatdifferentmeasurementheights(coherence).Applying
motioncompensationontheline-of-sightvelocityobservationswasfoundtohaveastrong
impactonthestatisticalpropertiesoftheretrievedwindvectorandsuccessfullyimproved
thecorrespondingvelocitydistributions.Theimpactofmotioncorrectiononthespectraof
thehorizontalwindspeedcomponentswasfoundtobeneglectable.TheLidarmeasurement
principle,inparticulartheeffectofcross-contaminationathigherfrequencies,wasfoundto
havealargerimpactinshapingthehorizontalspectrathanmotioncorrection.Verticalvelocity
spectrawerestronglyaffectedbyshipmotionandthemotioncorrectionwasonlypartly
successful.Precisely,thiseffectwaspresentatfrequencieslargerthantheresonancefrequency
oftheship.

1.Introduction
Therotordiameterofstate-of-the-artandfutureplannedoffshorewindturbinesisincreasing
rapidly,nowalreadyexceeding200m.Nowadays,mostwindpowerproductionandturbineload
estimatesaremainlybasedontheextrapolationofmeanwindcharacteristicsfromlowerlevels,
utilizingeitherthesimplewindshearexponentapproachorthemoreadvancedMonin-Obukhov
similaritytheory(MOST)[1].However,thesemethodsareonlyapplicablewithinthesurface
layer,i.e.thelowestpartoftheatmosphericboundarylayer,andinadditiononlyundercertain
stabilityconditions[2].Yet,atthelengthscaleofthesenewwindturbines,itisnotgiven
thattheseassumptionsarevalidoverthewholerotordiameter.Itwasfound,thatassimilating
atmosphericobservations,suchaswindshear,turbulenceandatmosphericstabilitysignificantly
improvesboththequalityofpowerproductionandriskestimatesfromphysicalmodelsaswell
asfromstatisticalmodels,whicharebasedonmachinelearning[3].
Unfortunately,theavailabilityofthecorrespondingmarineboundarylayerobservationsisstill
sparse.Onlyfewplatformsfeaturingmeteorologicalmasts(e.g.theFINOplatformsinthe
NorthandBalticSea[4])orbuoymountedLidars[5]areinstalledtoday.Anovelapproachto
gaindetailedobservationsofwindspeedprofilesoveralargerspacialextendwaspresentedby
Gottschalletal.2018[6].TheyutilizedaprofilingLidaronaferryrouteoverthebalticsea
tosampledifferentwindandboundarylayerparametersinordertovalidatetheNewEuropean
WindAtlas(NEWA)[7].Similarandaccessibleferryinfrastructuresexistinmanycoastal



EERA DeepWind'2020

Journal of Physics: Conference Series 1669 (2020) 012020

IOP Publishing

doi:10.1088/1742-6596/1669/1/012020

2

regions interesting for offshore wind exploration. In the future, these might be utilized as a
network of mobile wind profile observatories, when equipped with profiling Lidar.
Platforms at sea, e.g. buoys, are exposed to the transfer of momentum from the underlying
wave field, causing the platform and the installed Lidar system to move. Here, six degrees
of freedom have to be considered, namely the rotational motions around the three main axes,
defined as pitch, roll and yaw, and the translational motion along those axes defined as heave,
sway and surge. Additional translational motion is generated, if the lidar is installed on a ship
for example. Both, wave induced and ship induced motion, influences thus the observation of a
ship mounted Lidar.
The following study evaluates the potential of ship-based Lidar installations, with focus on
the impact of motion and motion compensation on the Lidar observations. The manuscript
is structured as follows. Section 2 describes the measurement campaign, the instrumentation
and its limitations used in this study. Section 3 introduces the measurement and retrieval
principle, the motion correction algorithm and the data analysis methodology. The main results
on statistical, spectral and coherence impact of motion compensation are presented and discussed
in Section 4, followed by some concluding remarks in Section 5.

2. Measurements and Instrumentation
2.1. Campaign
The data evaluated in this study originates from the Wincube V2 Lidar observations (see Section
2.2) during the Iceland Greenland Seas Project [8]. During the 7 weeks of the campaign (Feb-
Mar 2018), the Lidar was installed on deck (stern side) of the NATO Research Vessel Alliance.
For the period of the Lidar deployment, the Alliance travelled the Iceland and Greenland Seas
area, featuring a large range of wind, wave and atmospheric stability conditions. The main part
of the cruise was performed at large distance to shore and is therefore representative for offshore
conditions. A great advantage of this campaign was the extensive availability of an additional
remote sensing and in situ observations. Specifically important boundary layer variables at
different heights, such as temperature, humidity and wind were obtained from Radiosonde
launches (in situ). This enabled the classification of the data, for example by stability conditions
as well as a validation of the remote sensing observations.

2.2. Windcube V2 Lidar Wind Profiler
The Windcube V2 system, manufactured by Leosphere, consists of two main parts: a pulsed
doppler Lidar and an Inertial Motion Unit (IMU). The pulsed doppler Lidar performs a four
beam doppler beam swinging (DBS) scanning pattern (0◦, 90◦, 180◦, 270◦) that includes
an additional vertical beam (V). A whole cycle of 5 beams corresponds to a duration of
approximately 3.8 s (0.72 s for each DBS and 0.97 s for the vertical beam). Along each beam,
or line-of-sight (LOS), the Lidar measures radial velocities (−→vr ), obtained from doppler shift
of the back-scattered Lidar signal. The three dimensional wind vector −→u can be retrieved by
combining subsequent measurements of −→vr (see Section 3.1). The wind vector is obtained at
twelve range gates between 40 m and 290 m, with a gate width of 20 m between the lower levels
and 30 m between the four highest levels.
When installed on a moving platform at sea (e.g. a ship), the IMU integrated within the
Windcube V2 system can be used to obtain motion angles, motion velocities and translational
horizontal velocity of the instrument. These parameters are retrieved from internal processing
with a frequency of 10Hz. Motions cause the Lidar to observe −→vr in a moving coordinate system,
that is rotated relative to the earths coordinate system. A basic retrieval (see Section 3.1) in
the earths coordinate system, based on this modified −→vr will yield incorrect results of three
dimensional wind speed. Angular displacement causes exchange of absolute velocity between
the different wind speed components. Motion velocities modulate the wind speed components

EERA DeepWind'2020

Journal of Physics: Conference Series1669 (2020) 012020

IOP Publishing

doi:10.1088/1742-6596/1669/1/012020

2

regionsinterestingforoffshorewindexploration.Inthefuture,thesemightbeutilizedasa
networkofmobilewindprofileobservatories,whenequippedwithprofilingLidar.
Platformsatsea,e.g.buoys,areexposedtothetransferofmomentumfromtheunderlying
wavefield,causingtheplatformandtheinstalledLidarsystemtomove.Here,sixdegrees
offreedomhavetobeconsidered,namelytherotationalmotionsaroundthethreemainaxes,
definedaspitch,rollandyaw,andthetranslationalmotionalongthoseaxesdefinedasheave,
swayandsurge.Additionaltranslationalmotionisgenerated,ifthelidarisinstalledonaship
forexample.Both,waveinducedandshipinducedmotion,influencesthustheobservationofa
shipmountedLidar.
Thefollowingstudyevaluatesthepotentialofship-basedLidarinstallations,withfocuson
theimpactofmotionandmotioncompensationontheLidarobservations.Themanuscript
isstructuredasfollows.Section2describesthemeasurementcampaign,theinstrumentation
anditslimitationsusedinthisstudy.Section3introducesthemeasurementandretrieval
principle,themotioncorrectionalgorithmandthedataanalysismethodology.Themainresults
onstatistical,spectralandcoherenceimpactofmotioncompensationarepresentedanddiscussed
inSection4,followedbysomeconcludingremarksinSection5.

2.MeasurementsandInstrumentation
2.1.Campaign
ThedataevaluatedinthisstudyoriginatesfromtheWincubeV2Lidarobservations(seeSection
2.2)duringtheIcelandGreenlandSeasProject[8].Duringthe7weeksofthecampaign(Feb-
Mar2018),theLidarwasinstalledondeck(sternside)oftheNATOResearchVesselAlliance.
FortheperiodoftheLidardeployment,theAlliancetravelledtheIcelandandGreenlandSeas
area,featuringalargerangeofwind,waveandatmosphericstabilityconditions.Themainpart
ofthecruisewasperformedatlargedistancetoshoreandisthereforerepresentativeforoffshore
conditions.Agreatadvantageofthiscampaignwastheextensiveavailabilityofanadditional
remotesensingandinsituobservations.Specificallyimportantboundarylayervariablesat
differentheights,suchastemperature,humidityandwindwereobtainedfromRadiosonde
launches(insitu).Thisenabledtheclassificationofthedata,forexamplebystabilityconditions
aswellasavalidationoftheremotesensingobservations.

2.2.WindcubeV2LidarWindProfiler
TheWindcubeV2system,manufacturedbyLeosphere,consistsoftwomainparts:apulsed
dopplerLidarandanInertialMotionUnit(IMU).ThepulseddopplerLidarperformsafour
beamdopplerbeamswinging(DBS)scanningpattern(0◦,90◦,180◦,270◦)thatincludes
anadditionalverticalbeam(V).Awholecycleof5beamscorrespondstoadurationof
approximately3.8s(0.72sforeachDBSand0.97sfortheverticalbeam).Alongeachbeam,
orline-of-sight(LOS),theLidarmeasuresradialvelocities(−→vr),obtainedfromdopplershift
oftheback-scatteredLidarsignal.Thethreedimensionalwindvector−→ucanberetrievedby
combiningsubsequentmeasurementsof−→vr(seeSection3.1).Thewindvectorisobtainedat
twelverangegatesbetween40mand290m,withagatewidthof20mbetweenthelowerlevels
and30mbetweenthefourhighestlevels.
Wheninstalledonamovingplatformatsea(e.g.aship),theIMUintegratedwithinthe
WindcubeV2systemcanbeusedtoobtainmotionangles,motionvelocitiesandtranslational
horizontalvelocityoftheinstrument.Theseparametersareretrievedfrominternalprocessing
withafrequencyof10Hz.MotionscausetheLidartoobserve−→vrinamovingcoordinatesystem,
thatisrotatedrelativetotheearthscoordinatesystem.Abasicretrieval(seeSection3.1)in
theearthscoordinatesystem,basedonthismodified−→vrwillyieldincorrectresultsofthree
dimensionalwindspeed.Angulardisplacementcausesexchangeofabsolutevelocitybetween
thedifferentwindspeedcomponents.Motionvelocitiesmodulatethewindspeedcomponents
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regions interesting for offshore wind exploration. In the future, these might be utilized as a
network of mobile wind profile observatories, when equipped with profiling Lidar.
Platforms at sea, e.g. buoys, are exposed to the transfer of momentum from the underlying
wave field, causing the platform and the installed Lidar system to move. Here, six degrees
of freedom have to be considered, namely the rotational motions around the three main axes,
defined as pitch, roll and yaw, and the translational motion along those axes defined as heave,
sway and surge. Additional translational motion is generated, if the lidar is installed on a ship
for example. Both, wave induced and ship induced motion, influences thus the observation of a
ship mounted Lidar.
The following study evaluates the potential of ship-based Lidar installations, with focus on
the impact of motion and motion compensation on the Lidar observations. The manuscript
is structured as follows. Section 2 describes the measurement campaign, the instrumentation
and its limitations used in this study. Section 3 introduces the measurement and retrieval
principle, the motion correction algorithm and the data analysis methodology. The main results
on statistical, spectral and coherence impact of motion compensation are presented and discussed
in Section 4, followed by some concluding remarks in Section 5.

2. Measurements and Instrumentation
2.1. Campaign
The data evaluated in this study originates from the Wincube V2 Lidar observations (see Section
2.2) during the Iceland Greenland Seas Project [8]. During the 7 weeks of the campaign (Feb-
Mar 2018), the Lidar was installed on deck (stern side) of the NATO Research Vessel Alliance.
For the period of the Lidar deployment, the Alliance travelled the Iceland and Greenland Seas
area, featuring a large range of wind, wave and atmospheric stability conditions. The main part
of the cruise was performed at large distance to shore and is therefore representative for offshore
conditions. A great advantage of this campaign was the extensive availability of an additional
remote sensing and in situ observations. Specifically important boundary layer variables at
different heights, such as temperature, humidity and wind were obtained from Radiosonde
launches (in situ). This enabled the classification of the data, for example by stability conditions
as well as a validation of the remote sensing observations.

2.2. Windcube V2 Lidar Wind Profiler
The Windcube V2 system, manufactured by Leosphere, consists of two main parts: a pulsed
doppler Lidar and an Inertial Motion Unit (IMU). The pulsed doppler Lidar performs a four
beam doppler beam swinging (DBS) scanning pattern (0◦, 90◦, 180◦, 270◦) that includes
an additional vertical beam (V). A whole cycle of 5 beams corresponds to a duration of
approximately 3.8 s (0.72 s for each DBS and 0.97 s for the vertical beam). Along each beam,
or line-of-sight (LOS), the Lidar measures radial velocities (−→vr ), obtained from doppler shift
of the back-scattered Lidar signal. The three dimensional wind vector −→u can be retrieved by
combining subsequent measurements of −→vr (see Section 3.1). The wind vector is obtained at
twelve range gates between 40 m and 290 m, with a gate width of 20 m between the lower levels
and 30 m between the four highest levels.
When installed on a moving platform at sea (e.g. a ship), the IMU integrated within the
Windcube V2 system can be used to obtain motion angles, motion velocities and translational
horizontal velocity of the instrument. These parameters are retrieved from internal processing
with a frequency of 10Hz. Motions cause the Lidar to observe −→vr in a moving coordinate system,
that is rotated relative to the earths coordinate system. A basic retrieval (see Section 3.1) in
the earths coordinate system, based on this modified −→vr will yield incorrect results of three
dimensional wind speed. Angular displacement causes exchange of absolute velocity between
the different wind speed components. Motion velocities modulate the wind speed components
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isstructuredasfollows.Section2describesthemeasurementcampaign,theinstrumentation
anditslimitationsusedinthisstudy.Section3introducesthemeasurementandretrieval
principle,themotioncorrectionalgorithmandthedataanalysismethodology.Themainresults
onstatistical,spectralandcoherenceimpactofmotioncompensationarepresentedanddiscussed
inSection4,followedbysomeconcludingremarksinSection5.

2.MeasurementsandInstrumentation
2.1.Campaign
ThedataevaluatedinthisstudyoriginatesfromtheWincubeV2Lidarobservations(seeSection
2.2)duringtheIcelandGreenlandSeasProject[8].Duringthe7weeksofthecampaign(Feb-
Mar2018),theLidarwasinstalledondeck(sternside)oftheNATOResearchVesselAlliance.
FortheperiodoftheLidardeployment,theAlliancetravelledtheIcelandandGreenlandSeas
area,featuringalargerangeofwind,waveandatmosphericstabilityconditions.Themainpart
ofthecruisewasperformedatlargedistancetoshoreandisthereforerepresentativeforoffshore
conditions.Agreatadvantageofthiscampaignwastheextensiveavailabilityofanadditional
remotesensingandinsituobservations.Specificallyimportantboundarylayervariablesat
differentheights,suchastemperature,humidityandwindwereobtainedfromRadiosonde
launches(insitu).Thisenabledtheclassificationofthedata,forexamplebystabilityconditions
aswellasavalidationoftheremotesensingobservations.

2.2.WindcubeV2LidarWindProfiler
TheWindcubeV2system,manufacturedbyLeosphere,consistsoftwomainparts:apulsed
dopplerLidarandanInertialMotionUnit(IMU).ThepulseddopplerLidarperformsafour
beamdopplerbeamswinging(DBS)scanningpattern(0◦,90◦,180◦,270◦)thatincludes
anadditionalverticalbeam(V).Awholecycleof5beamscorrespondstoadurationof
approximately3.8s(0.72sforeachDBSand0.97sfortheverticalbeam).Alongeachbeam,
orline-of-sight(LOS),theLidarmeasuresradialvelocities(−→vr),obtainedfromdopplershift
oftheback-scatteredLidarsignal.Thethreedimensionalwindvector−→ucanberetrievedby
combiningsubsequentmeasurementsof−→vr(seeSection3.1).Thewindvectorisobtainedat
twelverangegatesbetween40mand290m,withagatewidthof20mbetweenthelowerlevels
and30mbetweenthefourhighestlevels.
Wheninstalledonamovingplatformatsea(e.g.aship),theIMUintegratedwithinthe
WindcubeV2systemcanbeusedtoobtainmotionangles,motionvelocitiesandtranslational
horizontalvelocityoftheinstrument.Theseparametersareretrievedfrominternalprocessing
withafrequencyof10Hz.MotionscausetheLidartoobserve−→vrinamovingcoordinatesystem,
thatisrotatedrelativetotheearthscoordinatesystem.Abasicretrieval(seeSection3.1)in
theearthscoordinatesystem,basedonthismodified−→vrwillyieldincorrectresultsofthree
dimensionalwindspeed.Angulardisplacementcausesexchangeofabsolutevelocitybetween
thedifferentwindspeedcomponents.Motionvelocitiesmodulatethewindspeedcomponents
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along the same axis. Finally, translational motions cause a modulation of the horizontal wind
speed, depending on the platform heading relative to the wind direction.

2.3. Instrument Limitations with regard to Turbulence
In this study, we will eventually evaluate the impact of motion compensation on the velocity
spectra of the wind components, retrieved from Lidar observations. However, general limitations
of doppler swinging and profiling Lidar, which are not in motion must be recalled first. In the
past, Sathe et. al 2011 [9] found that these kind of Lidar do not perform well in observing
turbulence by evaluating 2nd order statistics. Comparisons of Lidar and Sonic spectra (e.g. [10],
[11]) found only poor agreement when a certain frequency range was exceeded. Keberlau and
Mann 2019 [12] evaluated the main causes for this erroneous spectral behaviour. They concluded
that cross-contamination of the horizontal velocity components due to large separation distances
of the beams is the dominant source for errors, that is visible in the spectrum. They identified
resonance frequencies for eddies corresponding to 2/n times the size of the spacial separation
distance between the beams (n = 1, 2, ...). Secondary sources of contamination were identified
from time averaging effects: beams in one complete scanning pattern are used multiple times
during the retrieval (see Section 3.1). Retrieved values are therefore not independent from one
another, causing a ”running mean” effect at frequencies larger than the sampling frequency of
the complete scan (∼ 3.8s). Additionally, the LOS averaging effect can influence the spectrum
and is mainly present at higher frequencies.

3. Methodology
3.1. Lidar Measurement Principle and Basic Retrieval
In its inertial state (no motion), radial velocities measured by the Lidar can be linked to the 3D
wind speed vector −→u following [13] (adjusted for Windcube V2 system):

vr(θ, ϕ) = u · sin(ϕ)sin(θ) + v · cos(ϕ)sin(θ) + w · cos(θ) (1)

with ϕ as the azimuth angle and θ as the cone angle of the DBS pattern (θ = 28◦). Setting in
ϕ and θ corresponding to the five beams of −→vr yields an equation system, that can be solved
analytically for −→u = (u, v, w):

u =
vr(28◦, 90◦)− vr(28◦, 270◦)

2 · sin(θ = 28◦)
v =

vr(28◦, 0◦)− vr(28◦, 180◦)

2 · sin(θ = 28◦)
w = vr(θ = 0◦) (2)

It should be noted, that unlike the conventional meteorological definition, w is negative defined
for upwards directed velocities within the Windcube V2 coordinate system.

3.2. Lidar Motion Compensation
In order to gain motion independent observations of the wind vector, it is possible to apply
motion correction to the observations of the Windcube V2 system. The challenge is to
compensate for the complex interaction between rotation of the platform’s coordinate system
and translational and heave motion.
In this study, two simple motion correction methods, introduced by Wolken-Möhlmann et al.
2014 [14], are tested. The computational cheaper method of the two applies motion correction
to the retrieved wind vector −→ur (see Section 3.1). Here, −→ur is rotated corresponding to the
motion angles, utilizing the inverse rotation matrix R−1 (for details on R and its limitations
see [15]) and the ship velocity vector −−→uship is simply subtracted. A disadvantage of this method
is, however, that motion correction due to angular displacement and translational and heave
motion are decoupled. Additionally, the retrieved wind vector will always be dependent on the
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alongthesameaxis.Finally,translationalmotionscauseamodulationofthehorizontalwind
speed,dependingontheplatformheadingrelativetothewinddirection.

2.3.InstrumentLimitationswithregardtoTurbulence
Inthisstudy,wewilleventuallyevaluatetheimpactofmotioncompensationonthevelocity
spectraofthewindcomponents,retrievedfromLidarobservations.However,generallimitations
ofdopplerswingingandprofilingLidar,whicharenotinmotionmustberecalledfirst.Inthe
past,Satheet.al2011[9]foundthatthesekindofLidardonotperformwellinobserving
turbulencebyevaluating2ndorderstatistics.ComparisonsofLidarandSonicspectra(e.g.[10],
[11])foundonlypooragreementwhenacertainfrequencyrangewasexceeded.Keberlauand
Mann2019[12]evaluatedthemaincausesforthiserroneousspectralbehaviour.Theyconcluded
thatcross-contaminationofthehorizontalvelocitycomponentsduetolargeseparationdistances
ofthebeamsisthedominantsourceforerrors,thatisvisibleinthespectrum.Theyidentified
resonancefrequenciesforeddiescorrespondingto2/ntimesthesizeofthespacialseparation
distancebetweenthebeams(n=1,2,...).Secondarysourcesofcontaminationwereidentified
fromtimeaveragingeffects:beamsinonecompletescanningpatternareusedmultipletimes
duringtheretrieval(seeSection3.1).Retrievedvaluesarethereforenotindependentfromone
another,causinga”runningmean”effectatfrequencieslargerthanthesamplingfrequencyof
thecompletescan(∼3.8s).Additionally,theLOSaveragingeffectcaninfluencethespectrum
andismainlypresentathigherfrequencies.

3.Methodology
3.1.LidarMeasurementPrincipleandBasicRetrieval
Initsinertialstate(nomotion),radialvelocitiesmeasuredbytheLidarcanbelinkedtothe3D
windspeedvector−→ufollowing[13](adjustedforWindcubeV2system):

vr(θ,ϕ)=u·sin(ϕ)sin(θ)+v·cos(ϕ)sin(θ)+w·cos(θ)(1)

withϕastheazimuthangleandθastheconeangleoftheDBSpattern(θ=28◦).Settingin
ϕandθcorrespondingtothefivebeamsof−→vryieldsanequationsystem,thatcanbesolved
analyticallyfor−→u=(u,v,w):

u=
vr(28◦,90◦)−vr(28◦,270◦)

2·sin(θ=28◦)
v=

vr(28◦,0◦)−vr(28◦,180◦)

2·sin(θ=28◦)
w=vr(θ=0◦)(2)

Itshouldbenoted,thatunliketheconventionalmeteorologicaldefinition,wisnegativedefined
forupwardsdirectedvelocitieswithintheWindcubeV2coordinatesystem.

3.2.LidarMotionCompensation
Inordertogainmotionindependentobservationsofthewindvector,itispossibletoapply
motioncorrectiontotheobservationsoftheWindcubeV2system.Thechallengeisto
compensateforthecomplexinteractionbetweenrotationoftheplatform’scoordinatesystem
andtranslationalandheavemotion.
Inthisstudy,twosimplemotioncorrectionmethods,introducedbyWolken-Möhlmannetal.
2014[14],aretested.Thecomputationalcheapermethodofthetwoappliesmotioncorrection
totheretrievedwindvector−→ur(seeSection3.1).Here,−→urisrotatedcorrespondingtothe
motionangles,utilizingtheinverserotationmatrixR−1(fordetailsonRanditslimitations
see[15])andtheshipvelocityvector−−→ushipissimplysubtracted.Adisadvantageofthismethod
is,however,thatmotioncorrectionduetoangulardisplacementandtranslationalandheave
motionaredecoupled.Additionally,theretrievedwindvectorwillalwaysbedependentonthe
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along the same axis. Finally, translational motions cause a modulation of the horizontal wind
speed, depending on the platform heading relative to the wind direction.

2.3. Instrument Limitations with regard to Turbulence
In this study, we will eventually evaluate the impact of motion compensation on the velocity
spectra of the wind components, retrieved from Lidar observations. However, general limitations
of doppler swinging and profiling Lidar, which are not in motion must be recalled first. In the
past, Sathe et. al 2011 [9] found that these kind of Lidar do not perform well in observing
turbulence by evaluating 2nd order statistics. Comparisons of Lidar and Sonic spectra (e.g. [10],
[11]) found only poor agreement when a certain frequency range was exceeded. Keberlau and
Mann 2019 [12] evaluated the main causes for this erroneous spectral behaviour. They concluded
that cross-contamination of the horizontal velocity components due to large separation distances
of the beams is the dominant source for errors, that is visible in the spectrum. They identified
resonance frequencies for eddies corresponding to 2/n times the size of the spacial separation
distance between the beams (n = 1, 2, ...). Secondary sources of contamination were identified
from time averaging effects: beams in one complete scanning pattern are used multiple times
during the retrieval (see Section 3.1). Retrieved values are therefore not independent from one
another, causing a ”running mean” effect at frequencies larger than the sampling frequency of
the complete scan (∼ 3.8s). Additionally, the LOS averaging effect can influence the spectrum
and is mainly present at higher frequencies.

3. Methodology
3.1. Lidar Measurement Principle and Basic Retrieval
In its inertial state (no motion), radial velocities measured by the Lidar can be linked to the 3D
wind speed vector −→u following [13] (adjusted for Windcube V2 system):

vr(θ, ϕ) = u · sin(ϕ)sin(θ) + v · cos(ϕ)sin(θ) + w · cos(θ) (1)

with ϕ as the azimuth angle and θ as the cone angle of the DBS pattern (θ = 28◦). Setting in
ϕ and θ corresponding to the five beams of −→vr yields an equation system, that can be solved
analytically for −→u = (u, v, w):

u =
vr(28◦, 90◦)− vr(28◦, 270◦)

2 · sin(θ = 28◦) v =
vr(28◦, 0◦)− vr(28◦, 180◦)

2 · sin(θ = 28◦) w = vr(θ = 0◦) (2)

It should be noted, that unlike the conventional meteorological definition, w is negative defined
for upwards directed velocities within the Windcube V2 coordinate system.

3.2. Lidar Motion Compensation
In order to gain motion independent observations of the wind vector, it is possible to apply
motion correction to the observations of the Windcube V2 system. The challenge is to
compensate for the complex interaction between rotation of the platform’s coordinate system
and translational and heave motion.
In this study, two simple motion correction methods, introduced by Wolken-Möhlmann et al.
2014 [14], are tested. The computational cheaper method of the two applies motion correction
to the retrieved wind vector −→ur (see Section 3.1). Here, −→ur is rotated corresponding to the
motion angles, utilizing the inverse rotation matrix R−1 (for details on R and its limitations
see [15]) and the ship velocity vector −−→uship is simply subtracted. A disadvantage of this method
is, however, that motion correction due to angular displacement and translational and heave
motion are decoupled. Additionally, the retrieved wind vector will always be dependent on the
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see [15]) and the ship velocity vector −−→uship is simply subtracted. A disadvantage of this method
is, however, that motion correction due to angular displacement and translational and heave
motion are decoupled. Additionally, the retrieved wind vector will always be dependent on the
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alongthesameaxis.Finally,translationalmotionscauseamodulationofthehorizontalwind
speed,dependingontheplatformheadingrelativetothewinddirection.

2.3.InstrumentLimitationswithregardtoTurbulence
Inthisstudy,wewilleventuallyevaluatetheimpactofmotioncompensationonthevelocity
spectraofthewindcomponents,retrievedfromLidarobservations.However,generallimitations
ofdopplerswingingandprofilingLidar,whicharenotinmotionmustberecalledfirst.Inthe
past,Satheet.al2011[9]foundthatthesekindofLidardonotperformwellinobserving
turbulencebyevaluating2ndorderstatistics.ComparisonsofLidarandSonicspectra(e.g.[10],
[11])foundonlypooragreementwhenacertainfrequencyrangewasexceeded.Keberlauand
Mann2019[12]evaluatedthemaincausesforthiserroneousspectralbehaviour.Theyconcluded
thatcross-contaminationofthehorizontalvelocitycomponentsduetolargeseparationdistances
ofthebeamsisthedominantsourceforerrors,thatisvisibleinthespectrum.Theyidentified
resonancefrequenciesforeddiescorrespondingto2/ntimesthesizeofthespacialseparation
distancebetweenthebeams(n=1,2,...).Secondarysourcesofcontaminationwereidentified
fromtimeaveragingeffects:beamsinonecompletescanningpatternareusedmultipletimes
duringtheretrieval(seeSection3.1).Retrievedvaluesarethereforenotindependentfromone
another,causinga”runningmean”effectatfrequencieslargerthanthesamplingfrequencyof
thecompletescan(∼3.8s).Additionally,theLOSaveragingeffectcaninfluencethespectrum
andismainlypresentathigherfrequencies.

3.Methodology
3.1.LidarMeasurementPrincipleandBasicRetrieval
Initsinertialstate(nomotion),radialvelocitiesmeasuredbytheLidarcanbelinkedtothe3D
windspeedvector−→ufollowing[13](adjustedforWindcubeV2system):

vr(θ,ϕ)=u·sin(ϕ)sin(θ)+v·cos(ϕ)sin(θ)+w·cos(θ)(1)

withϕastheazimuthangleandθastheconeangleoftheDBSpattern(θ=28◦).Settingin
ϕandθcorrespondingtothefivebeamsof−→vryieldsanequationsystem,thatcanbesolved
analyticallyfor−→u=(u,v,w):

u=
vr(28◦,90◦)−vr(28◦,270◦)

2·sin(θ=28◦)v=
vr(28◦,0◦)−vr(28◦,180◦)

2·sin(θ=28◦)w=vr(θ=0◦)(2)

Itshouldbenoted,thatunliketheconventionalmeteorologicaldefinition,wisnegativedefined
forupwardsdirectedvelocitieswithintheWindcubeV2coordinatesystem.

3.2.LidarMotionCompensation
Inordertogainmotionindependentobservationsofthewindvector,itispossibletoapply
motioncorrectiontotheobservationsoftheWindcubeV2system.Thechallengeisto
compensateforthecomplexinteractionbetweenrotationoftheplatform’scoordinatesystem
andtranslationalandheavemotion.
Inthisstudy,twosimplemotioncorrectionmethods,introducedbyWolken-Möhlmannetal.
2014[14],aretested.Thecomputationalcheapermethodofthetwoappliesmotioncorrection
totheretrievedwindvector−→ur(seeSection3.1).Here,−→urisrotatedcorrespondingtothe
motionangles,utilizingtheinverserotationmatrixR−1(fordetailsonRanditslimitations
see[15])andtheshipvelocityvector−−→ushipissimplysubtracted.Adisadvantageofthismethod
is,however,thatmotioncorrectionduetoangulardisplacementandtranslationalandheave
motionaredecoupled.Additionally,theretrievedwindvectorwillalwaysbedependentonthe
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radial velocity observations corresponding to different time steps. Hence, the choice of time step
corresponding to the motion data (10Hz resolution) will not sufficiently cover all utilized radial
velocity observations (∼ 3.8s).
A possible approach for improvement is to apply the motion correction already on −→vr or ”pre-
retrieval” (also see [14]). A shortcoming of this method is, however, a higher computational cost.
For this method, −−→uship is projected on to the vector along the LOS of each of the Lidar beams.
This vector is then subtracted from −→vr . The resulting motion velocity compensated radial
velocity vector −→vrc can be expressed in terms of the rotated (utilizing R) and LOS projected,
three dimensional wind vector. The resulting equation system is, however, not as trivial to solve,
as the one introduced in Section 3.1. In order to solve this equation system, linear regression,
based on a least squares approach is utilized, following [16].

3.3. Statistic, Spectral and Coherence Analysis
To evaluate the overall quality of the corrected wind speed profile series, it is compared (consis-
tency check) to in situ wind speed measurements that are obtained from 86 Radiosonde ascents,
over the course of the cruise at the different Lidar levels. Here, two common error metrics
between Lidar and Radisonde data are used: the systematic error (BIAS) and the random or
standard deviation error (SDE).
To evaluate the impact of motions on the statistics of Lidar wind observations, a histogram
(distribution) of horizontal wind speed and vertical wind speed are created, both for corrected
and original series. For more insight on the specific impact of motion velocity on the horizontal
wind, an additional histogram of the difference between the corrected and the original horizon-
tal wind speed is estimated, which is conditioned by present and non-present ship translational
movement.
For the spectral analysis, the energy spectra of the three wind components, rotated in wind
direction (along wind u, cross wind v and vertical wind w) at one level are investigated. Addi-
tionally, the cross-correlation spectra between observations of the Lidar at different levels and
vertical motion velocity (heave) are evaluated in terms of corresponding coherent modes at spe-
cific frequencies. The coherence estimates are constructed from the cross spectral density Gxy

(and its complex conjugate G′xy), which is the Fourier transform of the cross-covariance function
between the variables x and y [17] (x and y are for example series of velocity observed at two
different Lidar levels). The coherence estimates are calculated following [17]:

Coherence estimate C:

Cxy =
Gxy ·G′xy
Gxx ·Gyy

(3)

real part of Co-Coherence estimate Co (coincident spectrum):

Coxy = Re

(
Gxy√

Gxx ·Gyy

)
(4)

imaginary part of Co-Coherence estimate iCo (quadrature spectrum):

iCoxy = Im

(
Gxy√

Gxx ·Gyy

)
(5)

phase ρ:
ρ = atan2 (Im(Gxy),Re(Gxy)) (6)

The coincident spectrum determines the contributions to the correlation of x and y at different
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radialvelocityobservationscorrespondingtodifferenttimesteps.Hence,thechoiceoftimestep
correspondingtothemotiondata(10Hzresolution)willnotsufficientlycoverallutilizedradial
velocityobservations(∼3.8s).
Apossibleapproachforimprovementistoapplythemotioncorrectionalreadyon−→vror”pre-
retrieval”(alsosee[14]).Ashortcomingofthismethodis,however,ahighercomputationalcost.
Forthismethod,−−→ushipisprojectedontothevectoralongtheLOSofeachoftheLidarbeams.
Thisvectoristhensubtractedfrom−→vr.Theresultingmotionvelocitycompensatedradial
velocityvector−→vrccanbeexpressedintermsoftherotated(utilizingR)andLOSprojected,
threedimensionalwindvector.Theresultingequationsystemis,however,notastrivialtosolve,
astheoneintroducedinSection3.1.Inordertosolvethisequationsystem,linearregression,
basedonaleastsquaresapproachisutilized,following[16].

3.3.Statistic,SpectralandCoherenceAnalysis
Toevaluatetheoverallqualityofthecorrectedwindspeedprofileseries,itiscompared(consis-
tencycheck)toinsituwindspeedmeasurementsthatareobtainedfrom86Radiosondeascents,
overthecourseofthecruiseatthedifferentLidarlevels.Here,twocommonerrormetrics
betweenLidarandRadisondedataareused:thesystematicerror(BIAS)andtherandomor
standarddeviationerror(SDE).
ToevaluatetheimpactofmotionsonthestatisticsofLidarwindobservations,ahistogram
(distribution)ofhorizontalwindspeedandverticalwindspeedarecreated,bothforcorrected
andoriginalseries.Formoreinsightonthespecificimpactofmotionvelocityonthehorizontal
wind,anadditionalhistogramofthedifferencebetweenthecorrectedandtheoriginalhorizon-
talwindspeedisestimated,whichisconditionedbypresentandnon-presentshiptranslational
movement.
Forthespectralanalysis,theenergyspectraofthethreewindcomponents,rotatedinwind
direction(alongwindu,crosswindvandverticalwindw)atonelevelareinvestigated.Addi-
tionally,thecross-correlationspectrabetweenobservationsoftheLidaratdifferentlevelsand
verticalmotionvelocity(heave)areevaluatedintermsofcorrespondingcoherentmodesatspe-
cificfrequencies.ThecoherenceestimatesareconstructedfromthecrossspectraldensityGxy

(anditscomplexconjugateG′xy),whichistheFouriertransformofthecross-covariancefunction
betweenthevariablesxandy[17](xandyareforexampleseriesofvelocityobservedattwo
differentLidarlevels).Thecoherenceestimatesarecalculatedfollowing[17]:

CoherenceestimateC:

Cxy=
Gxy·G′xy
Gxx·Gyy

(3)

realpartofCo-CoherenceestimateCo(coincidentspectrum):

Coxy=Re

(
Gxy √

Gxx·Gyy
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(4)

imaginarypartofCo-CoherenceestimateiCo(quadraturespectrum):
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(
Gxy √

Gxx·Gyy

)
(5)

phaseρ:
ρ=atan2(Im(Gxy),Re(Gxy))(6)

Thecoincidentspectrumdeterminesthecontributionstothecorrelationofxandyatdifferent
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radial velocity observations corresponding to different time steps. Hence, the choice of time step
corresponding to the motion data (10Hz resolution) will not sufficiently cover all utilized radial
velocity observations (∼ 3.8s).
A possible approach for improvement is to apply the motion correction already on −→vr or ”pre-
retrieval” (also see [14]). A shortcoming of this method is, however, a higher computational cost.
For this method, −−→uship is projected on to the vector along the LOS of each of the Lidar beams.
This vector is then subtracted from −→vr . The resulting motion velocity compensated radial
velocity vector −→vrc can be expressed in terms of the rotated (utilizing R) and LOS projected,
three dimensional wind vector. The resulting equation system is, however, not as trivial to solve,
as the one introduced in Section 3.1. In order to solve this equation system, linear regression,
based on a least squares approach is utilized, following [16].

3.3. Statistic, Spectral and Coherence Analysis
To evaluate the overall quality of the corrected wind speed profile series, it is compared (consis-
tency check) to in situ wind speed measurements that are obtained from 86 Radiosonde ascents,
over the course of the cruise at the different Lidar levels. Here, two common error metrics
between Lidar and Radisonde data are used: the systematic error (BIAS) and the random or
standard deviation error (SDE).
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as the one introduced in Section 3.1. In order to solve this equation system, linear regression,
based on a least squares approach is utilized, following [16].
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(and its complex conjugate G′
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Coherence estimate C:

Cxy =
Gxy ·G′xy
Gxx ·Gyy

(3)

real part of Co-Coherence estimate Co (coincident spectrum):

Coxy = Re( Gxy
√Gxx ·Gyy

) (4)

imaginary part of Co-Coherence estimate iCo (quadrature spectrum):

iCoxy = Im( Gxy
√Gxx ·Gyy

) (5)

phase ρ:
ρ = atan2 (Im(Gxy),Re(Gxy)) (6)

The coincident spectrum determines the contributions to the correlation of x and y at different
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radialvelocityobservationscorrespondingtodifferenttimesteps.Hence,thechoiceoftimestep
correspondingtothemotiondata(10Hzresolution)willnotsufficientlycoverallutilizedradial
velocityobservations(∼3.8s).
Apossibleapproachforimprovementistoapplythemotioncorrectionalreadyon−→vror”pre-
retrieval”(alsosee[14]).Ashortcomingofthismethodis,however,ahighercomputationalcost.
Forthismethod,−−→ushipisprojectedontothevectoralongtheLOSofeachoftheLidarbeams.
Thisvectoristhensubtractedfrom−→vr.Theresultingmotionvelocitycompensatedradial
velocityvector−→vrccanbeexpressedintermsoftherotated(utilizingR)andLOSprojected,
threedimensionalwindvector.Theresultingequationsystemis,however,notastrivialtosolve,
astheoneintroducedinSection3.1.Inordertosolvethisequationsystem,linearregression,
basedonaleastsquaresapproachisutilized,following[16].

3.3.Statistic,SpectralandCoherenceAnalysis
Toevaluatetheoverallqualityofthecorrectedwindspeedprofileseries,itiscompared(consis-
tencycheck)toinsituwindspeedmeasurementsthatareobtainedfrom86Radiosondeascents,
overthecourseofthecruiseatthedifferentLidarlevels.Here,twocommonerrormetrics
betweenLidarandRadisondedataareused:thesystematicerror(BIAS)andtherandomor
standarddeviationerror(SDE).
ToevaluatetheimpactofmotionsonthestatisticsofLidarwindobservations,ahistogram
(distribution)ofhorizontalwindspeedandverticalwindspeedarecreated,bothforcorrected
andoriginalseries.Formoreinsightonthespecificimpactofmotionvelocityonthehorizontal
wind,anadditionalhistogramofthedifferencebetweenthecorrectedandtheoriginalhorizon-
talwindspeedisestimated,whichisconditionedbypresentandnon-presentshiptranslational
movement.
Forthespectralanalysis,theenergyspectraofthethreewindcomponents,rotatedinwind
direction(alongwindu,crosswindvandverticalwindw)atonelevelareinvestigated.Addi-
tionally,thecross-correlationspectrabetweenobservationsoftheLidaratdifferentlevelsand
verticalmotionvelocity(heave)areevaluatedintermsofcorrespondingcoherentmodesatspe-
cificfrequencies.ThecoherenceestimatesareconstructedfromthecrossspectraldensityGxy

(anditscomplexconjugateG′
xy),whichistheFouriertransformofthecross-covariancefunction

betweenthevariablesxandy[17](xandyareforexampleseriesofvelocityobservedattwo
differentLidarlevels).Thecoherenceestimatesarecalculatedfollowing[17]:

CoherenceestimateC:

Cxy=
Gxy·G′xy
Gxx·Gyy

(3)

realpartofCo-CoherenceestimateCo(coincidentspectrum):

Coxy=Re(Gxy
√Gxx·Gyy

)(4)

imaginarypartofCo-CoherenceestimateiCo(quadraturespectrum):

iCoxy=Im(Gxy
√Gxx·Gyy

)(5)

phaseρ:
ρ=atan2(Im(Gxy),Re(Gxy))(6)

Thecoincidentspectrumdeterminesthecontributionstothecorrelationofxandyatdifferent
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frequencies, that are ”in phase” (phase: 0◦ or 180◦), while the quadrature spectrum determines
those, that are ”out of phase” (phase: ± 90◦) [17].
For analysis, the spectra corresponding to the three velocity components are each combined as
a composite of discrete fast Fourier transformation of several time series slices of 30 min length.
Each time slice is shifted by 1 min to the proceeding one, over a period of 6 h. Composites of
coherence and corresponding estimates (compare Equations 3-6) are estimated in a similar way.
A time period of maximum data availability, stationary wind and motion signal was chosen for
the spectral analysis of this study. The requirements for stationary were achieved for periods
where the statistical properties, in particular mean µ and standard deviation σ, of the evaluated
series were independent of absolute time [17], utilizing thresholds for µ and σ of 0.1 m/s and
0.1◦, respectively.

4. Results and Discussion
The following Subsections will evaluate and discuss the impact of motion compensation from
three points of view: statistical, spectral and from coherent modes. In the process of analysis
it was found that distributions, spectra and coherence are similar for the two motion correction
approaches introduced in Section 3.2 in almost all evaluated cases. Hence, in order to increase
the readability, results from both approaches are only shown and discussed, in case they differ
significantly. Otherwise, only the method that applies motion correction ”pre”-retrieval is shown.

4.1. Lidar Profile Assessment

Figure 1. Lidar data availability with height
over whole series (a) and Error estimates E
(BIAS and SDE) between the horizontal wind
speed of Lidar (wsL) and Radiosonde (wsR)
from original and corrected series (b).

First, the quality of the Lidar observations
is evaluated in terms of data availability [%]
at each level, displayed in Figure 1a. In
the lowest levels (up to 100m), the data
availability is very close to 100% for the whole
campaign (excluding harbour time). However,
at higher levels, a decreasing trend of −→u data
availability with increasing Lidar level can be
recognised. With decreasing data availability,
also reliability decreases and gaps in the series
reduce the quality of spectral analysis.
Before determining the consistency of the
evaluated Lidar dataset with independent
Radiosonde measurements, we need to discuss
the limitations such a comparison implies.
Previous studies (e.g. [18]) found that
Radiosonde measurements of the horizontal
wind speed do not agree well with Lidar
observations close to the surface, due to
inertia effects during the acceleration and
oscillatory motion of the Radiosonde. This
superimposed motion naturally reduces the
reliability and accuracy of the Radiosonde measurements close to the ground. However, there
is no standardized cut-off height for Radiosonde measurements, as inertia and oscillatory effects
are dependent on the environmental conditions during release. Lidar observations do not
experience such inertial forcing and were in general found to perform well independent of height
in comparison to met masts (see e.g. [19]). Flow distortion around the research vessel, however,
evidently influences wind speed observations [20]. This can potentially enhance the inertia effect
on the Radiosondes, but also modify the wind field observed by the Lidar at the lowest levels
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Foranalysis,thespectracorrespondingtothethreevelocitycomponentsareeachcombinedas
acompositeofdiscretefastFouriertransformationofseveraltimeseriesslicesof30minlength.
Eachtimesliceisshiftedby1mintotheproceedingone,overaperiodof6h.Compositesof
coherenceandcorrespondingestimates(compareEquations3-6)areestimatedinasimilarway.
Atimeperiodofmaximumdataavailability,stationarywindandmotionsignalwaschosenfor
thespectralanalysisofthisstudy.Therequirementsforstationarywereachievedforperiods
wherethestatisticalproperties,inparticularmeanµandstandarddeviationσ,oftheevaluated
serieswereindependentofabsolutetime[17],utilizingthresholdsforµandσof0.1m/sand
0.1◦,respectively.

4.ResultsandDiscussion
ThefollowingSubsectionswillevaluateanddiscusstheimpactofmotioncompensationfrom
threepointsofview:statistical,spectralandfromcoherentmodes.Intheprocessofanalysis
itwasfoundthatdistributions,spectraandcoherencearesimilarforthetwomotioncorrection
approachesintroducedinSection3.2inalmostallevaluatedcases.Hence,inordertoincrease
thereadability,resultsfrombothapproachesareonlyshownanddiscussed,incasetheydiffer
significantly.Otherwise,onlythemethodthatappliesmotioncorrection”pre”-retrievalisshown.

4.1.LidarProfileAssessment

Figure1.Lidardataavailabilitywithheight
overwholeseries(a)andErrorestimatesE
(BIASandSDE)betweenthehorizontalwind
speedofLidar(wsL)andRadiosonde(wsR)
fromoriginalandcorrectedseries(b).

First,thequalityoftheLidarobservations
isevaluatedintermsofdataavailability[%]
ateachlevel,displayedinFigure1a.In
thelowestlevels(upto100m),thedata
availabilityisverycloseto100%forthewhole
campaign(excludingharbourtime).However,
athigherlevels,adecreasingtrendof−→udata
availabilitywithincreasingLidarlevelcanbe
recognised.Withdecreasingdataavailability,
alsoreliabilitydecreasesandgapsintheseries
reducethequalityofspectralanalysis.
Beforedeterminingtheconsistencyofthe
evaluatedLidardatasetwithindependent
Radiosondemeasurements,weneedtodiscuss
thelimitationssuchacomparisonimplies.
Previousstudies(e.g.[18])foundthat
Radiosondemeasurementsofthehorizontal
windspeeddonotagreewellwithLidar
observationsclosetothesurface,dueto
inertiaeffectsduringtheaccelerationand
oscillatorymotionoftheRadiosonde.This
superimposedmotionnaturallyreducesthe
reliabilityandaccuracyoftheRadiosondemeasurementsclosetotheground.However,there
isnostandardizedcut-offheightforRadiosondemeasurements,asinertiaandoscillatoryeffects
aredependentontheenvironmentalconditionsduringrelease.Lidarobservationsdonot
experiencesuchinertialforcingandwereingeneralfoundtoperformwellindependentofheight
incomparisontometmasts(seee.g.[19]).Flowdistortionaroundtheresearchvessel,however,
evidentlyinfluenceswindspeedobservations[20].Thiscanpotentiallyenhancetheinertiaeffect
ontheRadiosondes,butalsomodifythewindfieldobservedbytheLidaratthelowestlevels
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4.1. Lidar Profile Assessment

Figure 1. Lidar data availability with height
over whole series (a) and Error estimates E
(BIAS and SDE) between the horizontal wind
speed of Lidar (wsL) and Radiosonde (wsR)
from original and corrected series (b).

First, the quality of the Lidar observations
is evaluated in terms of data availability [%]
at each level, displayed in Figure 1a. In
the lowest levels (up to 100m), the data
availability is very close to 100% for the whole
campaign (excluding harbour time). However,
at higher levels, a decreasing trend of −→u data
availability with increasing Lidar level can be
recognised. With decreasing data availability,
also reliability decreases and gaps in the series
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Before determining the consistency of the
evaluated Lidar dataset with independent
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Previous studies (e.g. [18]) found that
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inertia effects during the acceleration and
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on the Radiosondes, but also modify the wind field observed by the Lidar at the lowest levels
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frequencies,thatare”inphase”(phase:0◦or180◦),whilethequadraturespectrumdetermines
those,thatare”outofphase”(phase:±90◦)[17].
Foranalysis,thespectracorrespondingtothethreevelocitycomponentsareeachcombinedas
acompositeofdiscretefastFouriertransformationofseveraltimeseriesslicesof30minlength.
Eachtimesliceisshiftedby1mintotheproceedingone,overaperiodof6h.Compositesof
coherenceandcorrespondingestimates(compareEquations3-6)areestimatedinasimilarway.
Atimeperiodofmaximumdataavailability,stationarywindandmotionsignalwaschosenfor
thespectralanalysisofthisstudy.Therequirementsforstationarywereachievedforperiods
wherethestatisticalproperties,inparticularmeanµandstandarddeviationσ,oftheevaluated
serieswereindependentofabsolutetime[17],utilizingthresholdsforµandσof0.1m/sand
0.1◦,respectively.

4.ResultsandDiscussion
ThefollowingSubsectionswillevaluateanddiscusstheimpactofmotioncompensationfrom
threepointsofview:statistical,spectralandfromcoherentmodes.Intheprocessofanalysis
itwasfoundthatdistributions,spectraandcoherencearesimilarforthetwomotioncorrection
approachesintroducedinSection3.2inalmostallevaluatedcases.Hence,inordertoincrease
thereadability,resultsfrombothapproachesareonlyshownanddiscussed,incasetheydiffer
significantly.Otherwise,onlythemethodthatappliesmotioncorrection”pre”-retrievalisshown.

4.1.LidarProfileAssessment

Figure1.Lidardataavailabilitywithheight
overwholeseries(a)andErrorestimatesE
(BIASandSDE)betweenthehorizontalwind
speedofLidar(wsL)andRadiosonde(wsR)
fromoriginalandcorrectedseries(b).

First,thequalityoftheLidarobservations
isevaluatedintermsofdataavailability[%]
ateachlevel,displayedinFigure1a.In
thelowestlevels(upto100m),thedata
availabilityisverycloseto100%forthewhole
campaign(excludingharbourtime).However,
athigherlevels,adecreasingtrendof−→udata
availabilitywithincreasingLidarlevelcanbe
recognised.Withdecreasingdataavailability,
alsoreliabilitydecreasesandgapsintheseries
reducethequalityofspectralanalysis.
Beforedeterminingtheconsistencyofthe
evaluatedLidardatasetwithindependent
Radiosondemeasurements,weneedtodiscuss
thelimitationssuchacomparisonimplies.
Previousstudies(e.g.[18])foundthat
Radiosondemeasurementsofthehorizontal
windspeeddonotagreewellwithLidar
observationsclosetothesurface,dueto
inertiaeffectsduringtheaccelerationand
oscillatorymotionoftheRadiosonde.This
superimposedmotionnaturallyreducesthe
reliabilityandaccuracyoftheRadiosondemeasurementsclosetotheground.However,there
isnostandardizedcut-offheightforRadiosondemeasurements,asinertiaandoscillatoryeffects
aredependentontheenvironmentalconditionsduringrelease.Lidarobservationsdonot
experiencesuchinertialforcingandwereingeneralfoundtoperformwellindependentofheight
incomparisontometmasts(seee.g.[19]).Flowdistortionaroundtheresearchvessel,however,
evidentlyinfluenceswindspeedobservations[20].Thiscanpotentiallyenhancetheinertiaeffect
ontheRadiosondes,butalsomodifythewindfieldobservedbytheLidaratthelowestlevels
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close to the ship.
Direct comparison of the independent datasets displayed in Figure 1b, indeed confirms the
observations of previous studies. The systematic differences between Lidar and Radiosonde
wind speed are most dominant at the lowest levels. In case of the evaluated campaign, these
differences vanish around 100 m for both, the corrected and the original Lidar dataset. In order
to avoid potential criticism of ”cherry picking” and to make this relevant information available for
further deployments, we choose to display the whole profile assessment, but added a shading at
the height levels that are critical for the Radiosonde measurements. Still, the strong consistency
between Lidar and Radiosonde ws at higher levels, despite the decreased data availability of
Lidar data comparable to lower levels, give strong confidence in the Lidar observations.
Even though the systematic differences are very similar between original and corrected ws, a
clear improvement of the corrected ws compared to the original ws can be observed in terms of
the random differences.

4.2. Statistical Analysis
The original and motion corrected distributions of horizontal and vertical wind speed at the
Lidar level corresponding to 100 m are displayed in Figure 2. This level was chosen, because

Figure 2. Distribution of original and corrected horizontal wind speed ws (a), distribution of
difference between original and corrected horizontal wind speed ∆ws, conditioned by resting and
moving ship (b) and distribution of original and corrected vertical wind speed w distribution.

the most robust results in combined data availability and consistency (Section 4.1) were found
at that level.
The distribution of corrected ws (0.25 m/s bin width), shown in Figure 2.a, implies an overall
reduction in the amount of observations at higher ws values (between 15 and 20 m/s) in compar-
ison to the original distribution. The amount of observations at lower ws values (between 0 and
15 m/s), on the other hand is increased for almost every bin in this velocity range. The largest
impact on the horizontal velocity is expected from ship translational movement (see Section 2.2).
If this assumption applies, the adjustment of the ws distribution towards lower ws values after
motion correction suggest that the ship was sailing against the mean wind for a longer part of
the campaign, or at a higher speed than with the wind.
The distribution of the difference between original and corrected series (∆ws = wscorrected −
wsoriginal) is shown in Figure 2.b. From this distribution (0.1 m/s bin width) a more detailed
insight into the cause of adjustment of corrected compared to original ws distribution can be
gained. This distribution is conditioned by cases, where the ship was in translational movement
and cases, where it was resting at a certain point in space. A distribution of absolute ship
speed is shown in Figure 3. As surge and sway are still larger than zero during periods of rest,
translational movement is defined as uship > 0.25 m/s.
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closetotheship.
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windspeedaremostdominantatthelowestlevels.Incaseoftheevaluatedcampaign,these
differencesvanisharound100mforboth,thecorrectedandtheoriginalLidardataset.Inorder
toavoidpotentialcriticismof”cherrypicking”andtomakethisrelevantinformationavailablefor
furtherdeployments,wechoosetodisplaythewholeprofileassessment,butaddedashadingat
theheightlevelsthatarecriticalfortheRadiosondemeasurements.Still,thestrongconsistency
betweenLidarandRadiosondewsathigherlevels,despitethedecreaseddataavailabilityof
Lidardatacomparabletolowerlevels,givestrongconfidenceintheLidarobservations.
Eventhoughthesystematicdifferencesareverysimilarbetweenoriginalandcorrectedws,a
clearimprovementofthecorrectedwscomparedtotheoriginalwscanbeobservedintermsof
therandomdifferences.

4.2.StatisticalAnalysis
Theoriginalandmotioncorrecteddistributionsofhorizontalandverticalwindspeedatthe
Lidarlevelcorrespondingto100maredisplayedinFigure2.Thislevelwaschosen,because

Figure2.Distributionoforiginalandcorrectedhorizontalwindspeedws(a),distributionof
differencebetweenoriginalandcorrectedhorizontalwindspeed∆ws,conditionedbyrestingand
movingship(b)anddistributionoforiginalandcorrectedverticalwindspeedwdistribution.

themostrobustresultsincombineddataavailabilityandconsistency(Section4.1)werefound
atthatlevel.
Thedistributionofcorrectedws(0.25m/sbinwidth),showninFigure2.a,impliesanoverall
reductionintheamountofobservationsathigherwsvalues(between15and20m/s)incompar-
isontotheoriginaldistribution.Theamountofobservationsatlowerwsvalues(between0and
15m/s),ontheotherhandisincreasedforalmosteverybininthisvelocityrange.Thelargest
impactonthehorizontalvelocityisexpectedfromshiptranslationalmovement(seeSection2.2).
Ifthisassumptionapplies,theadjustmentofthewsdistributiontowardslowerwsvaluesafter
motioncorrectionsuggestthattheshipwassailingagainstthemeanwindforalongerpartof
thecampaign,oratahigherspeedthanwiththewind.
Thedistributionofthedifferencebetweenoriginalandcorrectedseries(∆ws=wscorrected−
wsoriginal)isshowninFigure2.b.Fromthisdistribution(0.1m/sbinwidth)amoredetailed
insightintothecauseofadjustmentofcorrectedcomparedtooriginalwsdistributioncanbe
gained.Thisdistributionisconditionedbycases,wheretheshipwasintranslationalmovement
andcases,whereitwasrestingatacertainpointinspace.Adistributionofabsoluteship
speedisshowninFigure3.Assurgeandswayarestilllargerthanzeroduringperiodsofrest,
translationalmovementisdefinedasuship>0.25m/s.
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EERA DeepWind'2020

Journal of Physics: Conference Series1669 (2020) 012020

IOP Publishing

doi:10.1088/1742-6596/1669/1/012020

6

closetotheship.
DirectcomparisonoftheindependentdatasetsdisplayedinFigure1b,indeedconfirmsthe
observationsofpreviousstudies.ThesystematicdifferencesbetweenLidarandRadiosonde
windspeedaremostdominantatthelowestlevels.Incaseoftheevaluatedcampaign,these
differencesvanisharound100mforboth,thecorrectedandtheoriginalLidardataset.Inorder
toavoidpotentialcriticismof”cherrypicking”andtomakethisrelevantinformationavailablefor
furtherdeployments,wechoosetodisplaythewholeprofileassessment,butaddedashadingat
theheightlevelsthatarecriticalfortheRadiosondemeasurements.Still,thestrongconsistency
betweenLidarandRadiosondewsathigherlevels,despitethedecreaseddataavailabilityof
Lidardatacomparabletolowerlevels,givestrongconfidenceintheLidarobservations.
Eventhoughthesystematicdifferencesareverysimilarbetweenoriginalandcorrectedws,a
clearimprovementofthecorrectedwscomparedtotheoriginalwscanbeobservedintermsof
therandomdifferences.

4.2.StatisticalAnalysis
Theoriginalandmotioncorrecteddistributionsofhorizontalandverticalwindspeedatthe
Lidarlevelcorrespondingto100maredisplayedinFigure2.Thislevelwaschosen,because

Figure2.Distributionoforiginalandcorrectedhorizontalwindspeedws(a),distributionof
differencebetweenoriginalandcorrectedhorizontalwindspeed∆ws,conditionedbyrestingand
movingship(b)anddistributionoforiginalandcorrectedverticalwindspeedwdistribution.

themostrobustresultsincombineddataavailabilityandconsistency(Section4.1)werefound
atthatlevel.
Thedistributionofcorrectedws(0.25m/sbinwidth),showninFigure2.a,impliesanoverall
reductionintheamountofobservationsathigherwsvalues(between15and20m/s)incompar-
isontotheoriginaldistribution.Theamountofobservationsatlowerwsvalues(between0and
15m/s),ontheotherhandisincreasedforalmosteverybininthisvelocityrange.Thelargest
impactonthehorizontalvelocityisexpectedfromshiptranslationalmovement(seeSection2.2).
Ifthisassumptionapplies,theadjustmentofthewsdistributiontowardslowerwsvaluesafter
motioncorrectionsuggestthattheshipwassailingagainstthemeanwindforalongerpartof
thecampaign,oratahigherspeedthanwiththewind.
Thedistributionofthedifferencebetweenoriginalandcorrectedseries(∆ws=wscorrected−
wsoriginal)isshowninFigure2.b.Fromthisdistribution(0.1m/sbinwidth)amoredetailed
insightintothecauseofadjustmentofcorrectedcomparedtooriginalwsdistributioncanbe
gained.Thisdistributionisconditionedbycases,wheretheshipwasintranslationalmovement
andcases,whereitwasrestingatacertainpointinspace.Adistributionofabsoluteship
speedisshowninFigure3.Assurgeandswayarestilllargerthanzeroduringperiodsofrest,
translationalmovementisdefinedasuship>0.25m/s.
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Figure 3. Distribution of 1 min resolution
absolute ship speed |−−→uship|

The ∆ws distribution shows a distinct peak
around 0 m/s. For resting conditions (uship <
0.25 m/s) this peak is almost perfectly
mapped. Here, maximum and minimum ve-
locity differences vary only around ±2 m/s.
A comparably small portion (∆ws >
|0.25m/s|) of the distribution (resting condi-
tions) can be accounted to the angular mo-
tion, meaning a transfer of horizontal velocity
to the vertical velocity and vice versa (see Sec-
tion 3.2). The influence of angular motion on
the horizontal wind speed is therefore small in
comparison to the overall observed wind speed
values. For translational movement conditions
(uship > 0.25 m/s), the peak is barely recog-
nisable. For this condition the distribution ranges between -8 m/s to 8 m/s, which is approxi-
mately the maximum speed the ship reached within the observation period. This confirms the
above formulated hypothesis: ship translational movement can be identified as the dominant
motion impact on the originally obtained ws. The amount of negative ∆ws exceeds the amount
of positive ∆ws. This confirms, that the ship was dominantly sailing against the wind during
the evaluated campaign.
For the vertical velocity distributions, which are displayed in Figure 2c, a distinct shift from
the original (∼ 0.5 m/s) to the corrected (∼ 0 m/s) peak velocity value can be observed. The
peak additionally narrows after motion compensation. A hypothesis to explain the shift is the
dominant presence of a static angular displacement of the Lidar beams. Such an angular dis-
placement causes parts of the horizontal wind speed to be mis-interpreted as vertical velocity and
vice versa (see Section 2.2). A reason for displacement could for example be due to imperfectly
leveling during installation or a change in ship listing angle over the course of the campaign,
e.g. caused by a change in weight distribution by fuel consumption. The hypothesis behind the
narrowing of the peak is the successful removal of artificial variance due to a combination of
ship angular motion, heave motion and non-linear transfer of velocity from the horizontal wind
speed components.

4.3. Spectral Analysis
The statistical analysis (Section 4.2) was able to give insight to mean features caused by motion
compensation. How and at which frequencies motion compensation is of dominant influence,
can on the other hand, be evaluated from original and corrected energy spectra of the three
wind components. Figure 4 shows the spectra of those three wind speed components (as defined
in Section 3.3) for corrected and original series at the 100 m level. For each spectrum, the
frequency range from 1.3·10−1Hz (Nyquist frequency corresponding to one complete scan) and
larger frequencies is shaded in grey. At this range, time averaging (”running mean”) effects in
combination with cross-contamination effects were found to be dominant (see Section 2.3). These
effects are visible in all three wind components, but especially in the u and v spectra (Figure 4a
& b), in form of a drop in spectral energy at frequencies slightly larger than 1.3·10−1Hz.
Only minor differences between original and corrected spectra of u and v (Figure 4a & b)
can be recognised. There is for example slightly less energy in the corrected u and v spectra
at the lowest frequencies. A potential explanation for this is the removal of periodic ship
movement present during the evaluated period (movement in between periods of resting).
Additionally, the corrected v spectrum (Figure 4b) improves slightly in comparison to the original
spectrum with respect to the -5/3 slope, characteristic for the inertial subrange of turbulence.
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Figure3.Distributionof1minresolution
absoluteshipspeed|−−→uship|

The∆wsdistributionshowsadistinctpeak
around0m/s.Forrestingconditions(uship<
0.25m/s)thispeakisalmostperfectly
mapped.Here,maximumandminimumve-
locitydifferencesvaryonlyaround±2m/s.
Acomparablysmallportion(∆ws>
|0.25m/s|)ofthedistribution(restingcondi-
tions)canbeaccountedtotheangularmo-
tion,meaningatransferofhorizontalvelocity
totheverticalvelocityandviceversa(seeSec-
tion3.2).Theinfluenceofangularmotionon
thehorizontalwindspeedisthereforesmallin
comparisontotheoverallobservedwindspeed
values.Fortranslationalmovementconditions
(uship>0.25m/s),thepeakisbarelyrecog-
nisable.Forthisconditionthedistributionrangesbetween-8m/sto8m/s,whichisapproxi-
matelythemaximumspeedtheshipreachedwithintheobservationperiod.Thisconfirmsthe
aboveformulatedhypothesis:shiptranslationalmovementcanbeidentifiedasthedominant
motionimpactontheoriginallyobtainedws.Theamountofnegative∆wsexceedstheamount
ofpositive∆ws.Thisconfirms,thattheshipwasdominantlysailingagainstthewindduring
theevaluatedcampaign.
Fortheverticalvelocitydistributions,whicharedisplayedinFigure2c,adistinctshiftfrom
theoriginal(∼0.5m/s)tothecorrected(∼0m/s)peakvelocityvaluecanbeobserved.The
peakadditionallynarrowsaftermotioncompensation.Ahypothesistoexplaintheshiftisthe
dominantpresenceofastaticangulardisplacementoftheLidarbeams.Suchanangulardis-
placementcausespartsofthehorizontalwindspeedtobemis-interpretedasverticalvelocityand
viceversa(seeSection2.2).Areasonfordisplacementcouldforexamplebeduetoimperfectly
levelingduringinstallationorachangeinshiplistingangleoverthecourseofthecampaign,
e.g.causedbyachangeinweightdistributionbyfuelconsumption.Thehypothesisbehindthe
narrowingofthepeakisthesuccessfulremovalofartificialvarianceduetoacombinationof
shipangularmotion,heavemotionandnon-lineartransferofvelocityfromthehorizontalwind
speedcomponents.

4.3.SpectralAnalysis
Thestatisticalanalysis(Section4.2)wasabletogiveinsighttomeanfeaturescausedbymotion
compensation.Howandatwhichfrequenciesmotioncompensationisofdominantinfluence,
canontheotherhand,beevaluatedfromoriginalandcorrectedenergyspectraofthethree
windcomponents.Figure4showsthespectraofthosethreewindspeedcomponents(asdefined
inSection3.3)forcorrectedandoriginalseriesatthe100mlevel.Foreachspectrum,the
frequencyrangefrom1.3·10−1Hz(Nyquistfrequencycorrespondingtoonecompletescan)and
largerfrequenciesisshadedingrey.Atthisrange,timeaveraging(”runningmean”)effectsin
combinationwithcross-contaminationeffectswerefoundtobedominant(seeSection2.3).These
effectsarevisibleinallthreewindcomponents,butespeciallyintheuandvspectra(Figure4a
&b),informofadropinspectralenergyatfrequenciesslightlylargerthan1.3·10−1Hz.
Onlyminordifferencesbetweenoriginalandcorrectedspectraofuandv(Figure4a&b)
canberecognised.Thereisforexampleslightlylessenergyinthecorrecteduandvspectra
atthelowestfrequencies.Apotentialexplanationforthisistheremovalofperiodicship
movementpresentduringtheevaluatedperiod(movementinbetweenperiodsofresting).
Additionally,thecorrectedvspectrum(Figure4b)improvesslightlyincomparisontotheoriginal
spectrumwithrespecttothe-5/3slope,characteristicfortheinertialsubrangeofturbulence.
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to the vertical velocity and vice versa (see Sec-
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the horizontal wind speed is therefore small in
comparison to the overall observed wind speed
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larger frequencies is shaded in grey. At this range, time averaging (”running mean”) effects in
combination with cross-contamination effects were found to be dominant (see Section 2.3). These
effects are visible in all three wind components, but especially in the u and v spectra (Figure 4a
& b), in form of a drop in spectral energy at frequencies slightly larger than 1.3·10−1Hz.
Only minor differences between original and corrected spectra of u and v (Figure 4a & b)
can be recognised. There is for example slightly less energy in the corrected u and v spectra
at the lowest frequencies. A potential explanation for this is the removal of periodic ship
movement present during the evaluated period (movement in between periods of resting).
Additionally, the corrected v spectrum (Figure 4b) improves slightly in comparison to the original
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movement present during the evaluated period (movement in between periods of resting).
Additionally, the corrected v spectrum (Figure 4b) improves slightly in comparison to the original
spectrum with respect to the -5/3 slope, characteristic for the inertial subrange of turbulence.
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around0m/s.Forrestingconditions(uship<
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mapped.Here,maximumandminimumve-
locitydifferencesvaryonlyaround±2m/s.
Acomparablysmallportion(∆ws>
|0.25m/s|)ofthedistribution(restingcondi-
tions)canbeaccountedtotheangularmo-
tion,meaningatransferofhorizontalvelocity
totheverticalvelocityandviceversa(seeSec-
tion3.2).Theinfluenceofangularmotionon
thehorizontalwindspeedisthereforesmallin
comparisontotheoverallobservedwindspeed
values.Fortranslationalmovementconditions
(uship>0.25m/s),thepeakisbarelyrecog-
nisable.Forthisconditionthedistributionrangesbetween-8m/sto8m/s,whichisapproxi-
matelythemaximumspeedtheshipreachedwithintheobservationperiod.Thisconfirmsthe
aboveformulatedhypothesis:shiptranslationalmovementcanbeidentifiedasthedominant
motionimpactontheoriginallyobtainedws.Theamountofnegative∆wsexceedstheamount
ofpositive∆ws.Thisconfirms,thattheshipwasdominantlysailingagainstthewindduring
theevaluatedcampaign.
Fortheverticalvelocitydistributions,whicharedisplayedinFigure2c,adistinctshiftfrom
theoriginal(∼0.5m/s)tothecorrected(∼0m/s)peakvelocityvaluecanbeobserved.The
peakadditionallynarrowsaftermotioncompensation.Ahypothesistoexplaintheshiftisthe
dominantpresenceofastaticangulardisplacementoftheLidarbeams.Suchanangulardis-
placementcausespartsofthehorizontalwindspeedtobemis-interpretedasverticalvelocityand
viceversa(seeSection2.2).Areasonfordisplacementcouldforexamplebeduetoimperfectly
levelingduringinstallationorachangeinshiplistingangleoverthecourseofthecampaign,
e.g.causedbyachangeinweightdistributionbyfuelconsumption.Thehypothesisbehindthe
narrowingofthepeakisthesuccessfulremovalofartificialvarianceduetoacombinationof
shipangularmotion,heavemotionandnon-lineartransferofvelocityfromthehorizontalwind
speedcomponents.

4.3.SpectralAnalysis
Thestatisticalanalysis(Section4.2)wasabletogiveinsighttomeanfeaturescausedbymotion
compensation.Howandatwhichfrequenciesmotioncompensationisofdominantinfluence,
canontheotherhand,beevaluatedfromoriginalandcorrectedenergyspectraofthethree
windcomponents.Figure4showsthespectraofthosethreewindspeedcomponents(asdefined
inSection3.3)forcorrectedandoriginalseriesatthe100mlevel.Foreachspectrum,the
frequencyrangefrom1.3·10−1Hz(Nyquistfrequencycorrespondingtoonecompletescan)and
largerfrequenciesisshadedingrey.Atthisrange,timeaveraging(”runningmean”)effectsin
combinationwithcross-contaminationeffectswerefoundtobedominant(seeSection2.3).These
effectsarevisibleinallthreewindcomponents,butespeciallyintheuandvspectra(Figure4a
&b),informofadropinspectralenergyatfrequenciesslightlylargerthan1.3·10−1Hz.
Onlyminordifferencesbetweenoriginalandcorrectedspectraofuandv(Figure4a&b)
canberecognised.Thereisforexampleslightlylessenergyinthecorrecteduandvspectra
atthelowestfrequencies.Apotentialexplanationforthisistheremovalofperiodicship
movementpresentduringtheevaluatedperiod(movementinbetweenperiodsofresting).
Additionally,thecorrectedvspectrum(Figure4b)improvesslightlyincomparisontotheoriginal
spectrumwithrespecttothe-5/3slope,characteristicfortheinertialsubrangeofturbulence.
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Figure 4. Original and corrected frequency (f)
dependent energy spectrum Eu(f) of the along
wind component u (a), Ev(f) of the cross-wind
component v (b), Ew(f) of the vertical wind
speed component w (c). The vertical spectra are
accompanied heave spectrum. The grey shading
indicates the frequency range which exceeds the
Nyquist frequency (∼0.13Hz).

Unfortunately, no in situ measurements of
turbulence are available to confirm, that the
inertial subrange really is present at this
frequency range for the evaluated situation. In
contrast to the v spectra (Figure 4b), the slope
of both the original and corrected u spectra
(Figure 4a) deviates from the -5/3 slope. As
this deviation increases with increasing level
height and therefore increasing separation
distance (see Appendix Figure A1), the cross-
contamination effect is most likely responsible
for the deviation in slope from the inertial
subrange.
In case of the vertical component, the
spectra were found to differ in between the
retrieval methods introduced in Section 3.2.
Both corrected and original spectra of the
two retrieval methods are displayed in the
Appendix Figure A2. One major difference
to point out between the two methods: the
spectra corresponding to the ”basic” retrieval
were found to fit better with the -5/3 slope of
the inertial subrange than the ”pre”-retrieval
method.
In contrast to the u and v spectra, the impact
of motion compensation can be identified
clearly, when evaluating the w energy spectra,
shown in Figure 4c. One advantage in the
analysis of the w spectra is, that we also can
display heave in the same coordinate system
(here plotted in red), as it has the same
unit [m/s] and direction (z) as w. Heave
motion results from the ship oscillations,
which are forced by the underlying wave field.
These oscillations amplify close to the natural
frequency specific to the ship. A peak in
heave spectrum can therefore be related to the
resonance frequency of ship and wave field.
A clear peak at 8 · 10−2Hz can be identified in
the original w spectrum, shown in Figure 4c.

This peak is maximal at the same frequency and is of similar magnitude as the peak in heave
spectrum (Figure 4c). However, at frequencies larger than 1.3·10−1Hz, the slope of the original
w spectrum is steeper than the slope of the heave spectrum. The peak is also observed for
the corrected w spectrum, yet it is reduced in comparison to the original w spectrum between
6·10−2Hz and 1.3·10−1Hz. For f > 1.3·10−1Hz, on the other hand, the spectral energy of the
corrected spectrum is increased. At this frequency range it is of similar magnitude and slope
as the heave spectrum. A hypothesis to explain this behaviour is, that the oscillations caused
by motion can not be resolved at this frequency range by the Lidar measurement principle
(Section 3.1). If this hypothesis is true, motion compensation possibly caused a transfer of
energy, which is conserved in the motion measurement, artificially to the spectral energy of
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Figure4.Originalandcorrectedfrequency(f)
dependentenergyspectrumEu(f)ofthealong
windcomponentu(a),Ev(f)ofthecross-wind
componentv(b),Ew(f)oftheverticalwind
speedcomponentw(c).Theverticalspectraare
accompaniedheavespectrum.Thegreyshading
indicatesthefrequencyrangewhichexceedsthe
Nyquistfrequency(∼0.13Hz).

Unfortunately,noinsitumeasurementsof
turbulenceareavailabletoconfirm,thatthe
inertialsubrangereallyispresentatthis
frequencyrangefortheevaluatedsituation.In
contrasttothevspectra(Figure4b),theslope
ofboththeoriginalandcorrecteduspectra
(Figure4a)deviatesfromthe-5/3slope.As
thisdeviationincreaseswithincreasinglevel
heightandthereforeincreasingseparation
distance(seeAppendixFigureA1),thecross-
contaminationeffectismostlikelyresponsible
forthedeviationinslopefromtheinertial
subrange.
Incaseoftheverticalcomponent,the
spectrawerefoundtodifferinbetweenthe
retrievalmethodsintroducedinSection3.2.
Bothcorrectedandoriginalspectraofthe
tworetrievalmethodsaredisplayedinthe
AppendixFigureA2.Onemajordifference
topointoutbetweenthetwomethods:the
spectracorrespondingtothe”basic”retrieval
werefoundtofitbetterwiththe-5/3slopeof
theinertialsubrangethanthe”pre”-retrieval
method.
Incontrasttotheuandvspectra,theimpact
ofmotioncompensationcanbeidentified
clearly,whenevaluatingthewenergyspectra,
showninFigure4c.Oneadvantageinthe
analysisofthewspectrais,thatwealsocan
displayheaveinthesamecoordinatesystem
(hereplottedinred),asithasthesame
unit[m/s]anddirection(z)asw.Heave
motionresultsfromtheshiposcillations,
whichareforcedbytheunderlyingwavefield.
Theseoscillationsamplifyclosetothenatural
frequencyspecifictotheship.Apeakin
heavespectrumcanthereforeberelatedtothe
resonancefrequencyofshipandwavefield.
Aclearpeakat8·10−2Hzcanbeidentifiedin
theoriginalwspectrum,showninFigure4c.

Thispeakismaximalatthesamefrequencyandisofsimilarmagnitudeasthepeakinheave
spectrum(Figure4c).However,atfrequencieslargerthan1.3·10−1Hz,theslopeoftheoriginal
wspectrumissteeperthantheslopeoftheheavespectrum.Thepeakisalsoobservedfor
thecorrectedwspectrum,yetitisreducedincomparisontotheoriginalwspectrumbetween
6·10−2Hzand1.3·10−1Hz.Forf>1.3·10−1Hz,ontheotherhand,thespectralenergyofthe
correctedspectrumisincreased.Atthisfrequencyrangeitisofsimilarmagnitudeandslope
astheheavespectrum.Ahypothesistoexplainthisbehaviouris,thattheoscillationscaused
bymotioncannotberesolvedatthisfrequencyrangebytheLidarmeasurementprinciple
(Section3.1).Ifthishypothesisistrue,motioncompensationpossiblycausedatransferof
energy,whichisconservedinthemotionmeasurement,artificiallytothespectralenergyof
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Figure 4. Original and corrected frequency (f)
dependent energy spectrum Eu(f) of the along
wind component u (a), Ev(f) of the cross-wind
component v (b), Ew(f) of the vertical wind
speed component w (c). The vertical spectra are
accompanied heave spectrum. The grey shading
indicates the frequency range which exceeds the
Nyquist frequency (∼0.13Hz).
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Figure 4. Original and corrected frequency (f)
dependent energy spectrum Eu(f) of the along
wind component u (a), Ev(f) of the cross-wind
component v (b), Ew(f) of the vertical wind
speed component w (c). The vertical spectra are
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indicates the frequency range which exceeds the
Nyquist frequency (∼0.13Hz).
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energy, which is conserved in the motion measurement, artificially to the spectral energy of
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Figure4.Originalandcorrectedfrequency(f)
dependentenergyspectrumEu(f)ofthealong
windcomponentu(a),Ev(f)ofthecross-wind
componentv(b),Ew(f)oftheverticalwind
speedcomponentw(c).Theverticalspectraare
accompaniedheavespectrum.Thegreyshading
indicatesthefrequencyrangewhichexceedsthe
Nyquistfrequency(∼0.13Hz).

Unfortunately,noinsitumeasurementsof
turbulenceareavailabletoconfirm,thatthe
inertialsubrangereallyispresentatthis
frequencyrangefortheevaluatedsituation.In
contrasttothevspectra(Figure4b),theslope
ofboththeoriginalandcorrecteduspectra
(Figure4a)deviatesfromthe-5/3slope.As
thisdeviationincreaseswithincreasinglevel
heightandthereforeincreasingseparation
distance(seeAppendixFigureA1),thecross-
contaminationeffectismostlikelyresponsible
forthedeviationinslopefromtheinertial
subrange.
Incaseoftheverticalcomponent,the
spectrawerefoundtodifferinbetweenthe
retrievalmethodsintroducedinSection3.2.
Bothcorrectedandoriginalspectraofthe
tworetrievalmethodsaredisplayedinthe
AppendixFigureA2.Onemajordifference
topointoutbetweenthetwomethods:the
spectracorrespondingtothe”basic”retrieval
werefoundtofitbetterwiththe-5/3slopeof
theinertialsubrangethanthe”pre”-retrieval
method.
Incontrasttotheuandvspectra,theimpact
ofmotioncompensationcanbeidentified
clearly,whenevaluatingthewenergyspectra,
showninFigure4c.Oneadvantageinthe
analysisofthewspectrais,thatwealsocan
displayheaveinthesamecoordinatesystem
(hereplottedinred),asithasthesame
unit[m/s]anddirection(z)asw.Heave
motionresultsfromtheshiposcillations,
whichareforcedbytheunderlyingwavefield.
Theseoscillationsamplifyclosetothenatural
frequencyspecifictotheship.Apeakin
heavespectrumcanthereforeberelatedtothe
resonancefrequencyofshipandwavefield.
Aclearpeakat8·10−2Hzcanbeidentifiedin
theoriginalwspectrum,showninFigure4c.

Thispeakismaximalatthesamefrequencyandisofsimilarmagnitudeasthepeakinheave
spectrum(Figure4c).However,atfrequencieslargerthan1.3·10−1Hz,theslopeoftheoriginal
wspectrumissteeperthantheslopeoftheheavespectrum.Thepeakisalsoobservedfor
thecorrectedwspectrum,yetitisreducedincomparisontotheoriginalwspectrumbetween
6·10−2Hzand1.3·10−1Hz.Forf>1.3·10−1Hz,ontheotherhand,thespectralenergyofthe
correctedspectrumisincreased.Atthisfrequencyrangeitisofsimilarmagnitudeandslope
astheheavespectrum.Ahypothesistoexplainthisbehaviouris,thattheoscillationscaused
bymotioncannotberesolvedatthisfrequencyrangebytheLidarmeasurementprinciple
(Section3.1).Ifthishypothesisistrue,motioncompensationpossiblycausedatransferof
energy,whichisconservedinthemotionmeasurement,artificiallytothespectralenergyof
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corrected w. This hypothesis is evaluated utilizing coherence estimates and coherent modes in
the following subsection.

4.4. Coherence Analysis
Original and corrected estimates of spectral coherence, real and imaginary part of the co-
coherence and the phase between series of w at different Lidar levels are, together with heave,
displayed in Figure 5. These estimates are in the following utilized to identify coherent modes

Figure 5. Coherence estimates from cross spectral density estimates of vertical velocity wiwj

between different Lidar levels (i = 40m and j = [60m, 100m, 200m]) and heave. Coherence Cwiwj

and Cwi,heave of original w (a) and corrected w (b), real co-coherence Cowiwj and Cowi,heave of
original w (c) and corrected w (d), imaginary co-coherence iCowiwj and iCowi,heave of original
w (e) and corrected w (f) and phase ρwiwj and ρwi,heave of original w (g) and corrected w (h).

at specific frequencies, with focus on motion impact.
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A turbulent eddy of a specific size sE (∼ f) will be recognised at two different points in space
(correlation), if their separation distance is smaller than sE . Hence, in theory, the spectral
coherence of w at two different levels is expected to overall decrease with frequency and vertical
separation distance.
From the original spectral coherence estimate shown in Figure 5a, a coherent mode ( 6·10−2 Hz<
f <2·10−1 Hz) can be identified for all coherence estimates of wiwj at two different levels i and
j. The maximum of the coherent mode can be identified around 10−1Hz. At a frequency around
6·10−2Hz, the spectral coherence of wiwj (j = 100m and j = 200m) decreases to minimal values,
then both coherence estimates increase rapidly (to ∼ 0.8) and in the same manner, matching
the spectral coherence between w and heave. This implies that spectral coherence (correlation)
at this frequency range is mainly caused by ship motion (around the resonance frequency). At
higher frequencies (f >2·10−1Hz) the coherent modes can be identified in between w at different
levels, but not with heave. For this frequency range, the increased spectral coherence between
w at different levels is potentially connected to the limitations in the measurement and retrieval
principle in combination with cross-contamination at the resonance frequencies (Section 2.3).

Figure 6. Spectral coherence between different
levels of observations from a Lidar installed on
a fixed platform (no motion)

Similar, and even more distinct peaks were
also identified from coherence estimates of
a Lidar, which was installed on a fixed
platform. The w coherence estimate from
a measurement corresponding to this fixed
period is shown in Figure 6.
For all frequencies of the coherent mode,
the real part of the original spectral co-
coherence (Figure 5c), is positive (correlated).
For frequencies around maximum correlation
(∼ 10−1Hz), the imaginary part of the co-
coherence (Fig. 5e) is very close to zero. This
implies, that the w series in not only strongly
correlated with heave and in between the
levels for the frequency range of the coherent
mode, but also also in phase (phase mode), as
shown in Figure 5g.
The spectral coherence corresponding to the corrected w series at different levels and with
heave is shown Figure 5b. In comparison to the original coherent mode with heave (Fig. 5a),
the corrected coherent mode with heave is present over a larger frequency range and at higher
frequencies. Within the frequency range of the original coherent mode, the corrected coherent
mode is reduced in magnitude. Yet, real corrected spectral co-coherence (Figure 5d) is negative
(anti-correlated) and the imaginary corrected spectral co-coherence (Figure 5f) is strongly
increased and therefore out of phase (anti-phase mode) at this frequency range (Figure 5h).
This implies that the motion correction potentially overcompensates and introduces opposing
and out of phase oscillations to the w series. At frequencies larger than the Nyquist frequency
(grey shaded), cross-correlation with heave and corrected spectral coherence in between the
levels increases (Figure 5b). From the real part of the corrected spectral co-coherence (Figure
5d) it can be observed, that the motion correction causes w and heave to be anti-correlated as
well. Especially for frequencies > 1.3·10−1Hz the anti-correlation corresponding to the corrected
coherent mode (Figure 5d) is strongly increased in comparison to the original coherent mode
(Figure 5c). This supports the hypothesis formulated in Section 4.3: At this frequency range
the Lidar observations are not able to resolve oscillations connected to ship motion and motion
correction introduces artificial oscillation on the corrected w series.
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(correlation),iftheirseparationdistanceissmallerthansE.Hence,intheory,thespectral
coherenceofwattwodifferentlevelsisexpectedtooveralldecreasewithfrequencyandvertical
separationdistance.
FromtheoriginalspectralcoherenceestimateshowninFigure5a,acoherentmode(6·10−2Hz<
f<2·10−1Hz)canbeidentifiedforallcoherenceestimatesofwiwjattwodifferentlevelsiand
j.Themaximumofthecoherentmodecanbeidentifiedaround10−1Hz.Atafrequencyaround
6·10−2Hz,thespectralcoherenceofwiwj(j=100mandj=200m)decreasestominimalvalues,
thenbothcoherenceestimatesincreaserapidly(to∼0.8)andinthesamemanner,matching
thespectralcoherencebetweenwandheave.Thisimpliesthatspectralcoherence(correlation)
atthisfrequencyrangeismainlycausedbyshipmotion(aroundtheresonancefrequency).At
higherfrequencies(f>2·10−1Hz)thecoherentmodescanbeidentifiedinbetweenwatdifferent
levels,butnotwithheave.Forthisfrequencyrange,theincreasedspectralcoherencebetween
watdifferentlevelsispotentiallyconnectedtothelimitationsinthemeasurementandretrieval
principleincombinationwithcross-contaminationattheresonancefrequencies(Section2.3).

Figure6.Spectralcoherencebetweendifferent
levelsofobservationsfromaLidarinstalledon
afixedplatform(nomotion)

Similar,andevenmoredistinctpeakswere
alsoidentifiedfromcoherenceestimatesof
aLidar,whichwasinstalledonafixed
platform.Thewcoherenceestimatefrom
ameasurementcorrespondingtothisfixed
periodisshowninFigure6.
Forallfrequenciesofthecoherentmode,
therealpartoftheoriginalspectralco-
coherence(Figure5c),ispositive(correlated).
Forfrequenciesaroundmaximumcorrelation
(∼10−1Hz),theimaginarypartoftheco-
coherence(Fig.5e)isveryclosetozero.This
implies,thatthewseriesinnotonlystrongly
correlatedwithheaveandinbetweenthe
levelsforthefrequencyrangeofthecoherent
mode,butalsoalsoinphase(phasemode),as
showninFigure5g.
Thespectralcoherencecorrespondingtothecorrectedwseriesatdifferentlevelsandwith
heaveisshownFigure5b.Incomparisontotheoriginalcoherentmodewithheave(Fig.5a),
thecorrectedcoherentmodewithheaveispresentoveralargerfrequencyrangeandathigher
frequencies.Withinthefrequencyrangeoftheoriginalcoherentmode,thecorrectedcoherent
modeisreducedinmagnitude.Yet,realcorrectedspectralco-coherence(Figure5d)isnegative
(anti-correlated)andtheimaginarycorrectedspectralco-coherence(Figure5f)isstrongly
increasedandthereforeoutofphase(anti-phasemode)atthisfrequencyrange(Figure5h).
Thisimpliesthatthemotioncorrectionpotentiallyovercompensatesandintroducesopposing
andoutofphaseoscillationstothewseries.AtfrequencieslargerthantheNyquistfrequency
(greyshaded),cross-correlationwithheaveandcorrectedspectralcoherenceinbetweenthe
levelsincreases(Figure5b).Fromtherealpartofthecorrectedspectralco-coherence(Figure
5d)itcanbeobserved,thatthemotioncorrectioncauseswandheavetobeanti-correlatedas
well.Especiallyforfrequencies>1.3·10−1Hztheanti-correlationcorrespondingtothecorrected
coherentmode(Figure5d)isstronglyincreasedincomparisontotheoriginalcoherentmode
(Figure5c).ThissupportsthehypothesisformulatedinSection4.3:Atthisfrequencyrange
theLidarobservationsarenotabletoresolveoscillationsconnectedtoshipmotionandmotion
correctionintroducesartificialoscillationonthecorrectedwseries.
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A turbulent eddy of a specific size sE (∼ f) will be recognised at two different points in space
(correlation), if their separation distance is smaller than sE . Hence, in theory, the spectral
coherence of w at two different levels is expected to overall decrease with frequency and vertical
separation distance.
From the original spectral coherence estimate shown in Figure 5a, a coherent mode ( 6·10−2 Hz<
f <2·10−1 Hz) can be identified for all coherence estimates of wiwj at two different levels i and
j. The maximum of the coherent mode can be identified around 10−1Hz. At a frequency around
6·10−2Hz, the spectral coherence of wiwj (j = 100m and j = 200m) decreases to minimal values,
then both coherence estimates increase rapidly (to ∼ 0.8) and in the same manner, matching
the spectral coherence between w and heave. This implies that spectral coherence (correlation)
at this frequency range is mainly caused by ship motion (around the resonance frequency). At
higher frequencies (f >2·10−1Hz) the coherent modes can be identified in between w at different
levels, but not with heave. For this frequency range, the increased spectral coherence between
w at different levels is potentially connected to the limitations in the measurement and retrieval
principle in combination with cross-contamination at the resonance frequencies (Section 2.3).

Figure 6. Spectral coherence between different
levels of observations from a Lidar installed on
a fixed platform (no motion)

Similar, and even more distinct peaks were
also identified from coherence estimates of
a Lidar, which was installed on a fixed
platform. The w coherence estimate from
a measurement corresponding to this fixed
period is shown in Figure 6.
For all frequencies of the coherent mode,
the real part of the original spectral co-
coherence (Figure 5c), is positive (correlated).
For frequencies around maximum correlation
(∼ 10−1Hz), the imaginary part of the co-
coherence (Fig. 5e) is very close to zero. This
implies, that the w series in not only strongly
correlated with heave and in between the
levels for the frequency range of the coherent
mode, but also also in phase (phase mode), as
shown in Figure 5g.
The spectral coherence corresponding to the corrected w series at different levels and with
heave is shown Figure 5b. In comparison to the original coherent mode with heave (Fig. 5a),
the corrected coherent mode with heave is present over a larger frequency range and at higher
frequencies. Within the frequency range of the original coherent mode, the corrected coherent
mode is reduced in magnitude. Yet, real corrected spectral co-coherence (Figure 5d) is negative
(anti-correlated) and the imaginary corrected spectral co-coherence (Figure 5f) is strongly
increased and therefore out of phase (anti-phase mode) at this frequency range (Figure 5h).
This implies that the motion correction potentially overcompensates and introduces opposing
and out of phase oscillations to the w series. At frequencies larger than the Nyquist frequency
(grey shaded), cross-correlation with heave and corrected spectral coherence in between the
levels increases (Figure 5b). From the real part of the corrected spectral co-coherence (Figure
5d) it can be observed, that the motion correction causes w and heave to be anti-correlated as
well. Especially for frequencies > 1.3·10−1Hz the anti-correlation corresponding to the corrected
coherent mode (Figure 5d) is strongly increased in comparison to the original coherent mode
(Figure 5c). This supports the hypothesis formulated in Section 4.3: At this frequency range
the Lidar observations are not able to resolve oscillations connected to ship motion and motion
correction introduces artificial oscillation on the corrected w series.
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thenbothcoherenceestimatesincreaserapidly(to∼0.8)andinthesamemanner,matching
thespectralcoherencebetweenwandheave.Thisimpliesthatspectralcoherence(correlation)
atthisfrequencyrangeismainlycausedbyshipmotion(aroundtheresonancefrequency).At
higherfrequencies(f>2·10−1Hz)thecoherentmodescanbeidentifiedinbetweenwatdifferent
levels,butnotwithheave.Forthisfrequencyrange,theincreasedspectralcoherencebetween
watdifferentlevelsispotentiallyconnectedtothelimitationsinthemeasurementandretrieval
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increasedandthereforeoutofphase(anti-phasemode)atthisfrequencyrange(Figure5h).
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5. Conclusions and Outlook
Motion correction has a strong impact on mean horizontal and vertical wind speed and was
found to be able to adjust the analysed series towards more realistic distributions. The
impact of motion on spectra of horizontal wind speed components, is found to be small in
comparison to limitations caused by the measurement principle, in particular due to cross-
contamination. In contrast, the vertical velocity spectrum was found to be strongly impacted
by motion contamination. Motion correction is only partly successful. It even causes the series
(and spectrum) to be more complicated to separate in a realistic and an erroneous part. On
basis of these findings, it is not recommended to utilize a time resolution finer than the time
the Lidar system requires for one complete scanning cycle (∼3.8 s), even though it can be
provided. Specifically for the vertical component, an even smaller part of the spectrum should
be considered, depending on the natural frequency of the ship, the Lidar is installed on. In this
case, it is recommended to utilize the w component, which is only retrieved from the vertical
beam (”basic”), as it is less contaminated by cross-contamination, inherited from the horizontal
components.
In order to gain information on turbulence, there exists the possibility to replace the un-
resolvable part of the velocity spectra by a theoretical formulation (e.g. the Kaimal spectrum
[21]), if it is possible to identify the inertial subrange1. Here additional information on stability
can for example be used to achieve more realistic spectra. Improved turbulence estimates such
as turbulent kinetic energy (TKE) and turbulence intensity can be acquired from integrating
the adjusted spectra.
There are also other approaches to correct for motion in turbulence estimates. In order to
remove motion impact on momentum flux estimates, Rieder and Smith 1998 [23] suggested a
method which utilizes the cross-correlation spectra between velocity components and motion
estimates to directly correct cross-correlation spectra between two of the velocity components
(momentum flux).
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5.ConclusionsandOutlook
Motioncorrectionhasastrongimpactonmeanhorizontalandverticalwindspeedandwas
foundtobeabletoadjusttheanalysedseriestowardsmorerealisticdistributions.The
impactofmotiononspectraofhorizontalwindspeedcomponents,isfoundtobesmallin
comparisontolimitationscausedbythemeasurementprinciple,inparticularduetocross-
contamination.Incontrast,theverticalvelocityspectrumwasfoundtobestronglyimpacted
bymotioncontamination.Motioncorrectionisonlypartlysuccessful.Itevencausestheseries
(andspectrum)tobemorecomplicatedtoseparateinarealisticandanerroneouspart.On
basisofthesefindings,itisnotrecommendedtoutilizeatimeresolutionfinerthanthetime
theLidarsystemrequiresforonecompletescanningcycle(∼3.8s),eventhoughitcanbe
provided.Specificallyfortheverticalcomponent,anevensmallerpartofthespectrumshould
beconsidered,dependingonthenaturalfrequencyoftheship,theLidarisinstalledon.Inthis
case,itisrecommendedtoutilizethewcomponent,whichisonlyretrievedfromthevertical
beam(”basic”),asitislesscontaminatedbycross-contamination,inheritedfromthehorizontal
components.
Inordertogaininformationonturbulence,thereexiststhepossibilitytoreplacetheun-
resolvablepartofthevelocityspectrabyatheoreticalformulation(e.g.theKaimalspectrum
[21]),ifitispossibletoidentifytheinertialsubrange1.Hereadditionalinformationonstability
canforexamplebeusedtoachievemorerealisticspectra.Improvedturbulenceestimatessuch
asturbulentkineticenergy(TKE)andturbulenceintensitycanbeacquiredfromintegrating
theadjustedspectra.
Therearealsootherapproachestocorrectformotioninturbulenceestimates.Inorderto
removemotionimpactonmomentumfluxestimates,RiederandSmith1998[23]suggesteda
methodwhichutilizesthecross-correlationspectrabetweenvelocitycomponentsandmotion
estimatestodirectlycorrectcross-correlationspectrabetweentwoofthevelocitycomponents
(momentumflux).
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J.,KöppelJ.,PetersW.(eds),OffshoreWindEnergy.Springer,Berlin,Heidelberg,doi:10.1007/978-3-540-
34677-7-15.

[5]Gottschall,J.,GribbenB.,SteinD.,andWürthI.,2017,Floatinglidarasanadvancedoffshorewindspeed
measurementtechnique:currenttechnologystatusandgapanalysisinregardtofullmaturity,Wiley
InterdisciplinaryReviews:EnergyandEnvironment,6(5),e250,doi:10.1002/wene.250.
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[6]GottschallJ.,CatalanoE.,DörenkämperM.andB.Witha,2018,TheNEWAFerryLidar
Experiment:MeasuringMesoscaleWindsintheSouthernBalticSea.RemoteSensing,10(10),1620,
doi:10.3390/rs10101620.

[7]Karagali,I.,HahmannA.N.,BadgerM.,HasagerC.,andMannJ.,2018,OffshoreNewEuropeanWind
Atlas,JournalofPhysics:ConferenceSeries,1037,052007,doi:10.1088/1742-6596/1037/5/052007.

[8]Renfrew,I.A.etal.,2019,TheIcelandGreenlandSeasProject,BulletinoftheAmericanMeteorological
Society,Volume100,Number9,Pages1795-1817,https://doi.org/10.1175/BAMS-D-18-0217.1

1Itshouldbenotedthatnotonlymotionandcross-contaminationeffectscancontaminatetheinertialsubrange.
Alsorandomwaves(wave-inducedmotions)canmodifytheslopeoftheinertialsubrange,evenforfrequencies
farfromthewavepeak[22]

EERA DeepWind'2020

Journal of Physics: Conference Series 1669 (2020) 012020

IOP Publishing

doi:10.1088/1742-6596/1669/1/012020

11

5. Conclusions and Outlook
Motion correction has a strong impact on mean horizontal and vertical wind speed and was
found to be able to adjust the analysed series towards more realistic distributions. The
impact of motion on spectra of horizontal wind speed components, is found to be small in
comparison to limitations caused by the measurement principle, in particular due to cross-
contamination. In contrast, the vertical velocity spectrum was found to be strongly impacted
by motion contamination. Motion correction is only partly successful. It even causes the series
(and spectrum) to be more complicated to separate in a realistic and an erroneous part. On
basis of these findings, it is not recommended to utilize a time resolution finer than the time
the Lidar system requires for one complete scanning cycle (∼3.8 s), even though it can be
provided. Specifically for the vertical component, an even smaller part of the spectrum should
be considered, depending on the natural frequency of the ship, the Lidar is installed on. In this
case, it is recommended to utilize the w component, which is only retrieved from the vertical
beam (”basic”), as it is less contaminated by cross-contamination, inherited from the horizontal
components.
In order to gain information on turbulence, there exists the possibility to replace the un-
resolvable part of the velocity spectra by a theoretical formulation (e.g. the Kaimal spectrum
[21]), if it is possible to identify the inertial subrange1. Here additional information on stability
can for example be used to achieve more realistic spectra. Improved turbulence estimates such
as turbulent kinetic energy (TKE) and turbulence intensity can be acquired from integrating
the adjusted spectra.
There are also other approaches to correct for motion in turbulence estimates. In order to
remove motion impact on momentum flux estimates, Rieder and Smith 1998 [23] suggested a
method which utilizes the cross-correlation spectra between velocity components and motion
estimates to directly correct cross-correlation spectra between two of the velocity components
(momentum flux).
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J., Köppel J., Peters W. (eds), Offshore Wind Energy. Springer, Berlin, Heidelberg, doi:10.1007/978-3-540-
34677-7-15.

[5] Gottschall, J., Gribben B., Stein D., and Würth I., 2017, Floating lidar as an advanced offshore wind speed
measurement technique: current technology status and gap analysis in regard to full maturity, Wiley
Interdisciplinary Reviews: Energy and Environment, 6(5), e250, doi:10.1002/wene.250.
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J., Köppel J., Peters W. (eds), Offshore Wind Energy. Springer, Berlin, Heidelberg, doi:10.1007/978-3-540-
34677-7-15.

[5] Gottschall, J., Gribben B., Stein D., and Würth I., 2017, Floating lidar as an advanced offshore wind speed
measurement technique: current technology status and gap analysis in regard to full maturity, Wiley
Interdisciplinary Reviews: Energy and Environment, 6(5), e250, doi:10.1002/wene.250.
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comparisontolimitationscausedbythemeasurementprinciple,inparticularduetocross-
contamination.Incontrast,theverticalvelocityspectrumwasfoundtobestronglyimpacted
bymotioncontamination.Motioncorrectionisonlypartlysuccessful.Itevencausestheseries
(andspectrum)tobemorecomplicatedtoseparateinarealisticandanerroneouspart.On
basisofthesefindings,itisnotrecommendedtoutilizeatimeresolutionfinerthanthetime
theLidarsystemrequiresforonecompletescanningcycle(∼3.8s),eventhoughitcanbe
provided.Specificallyfortheverticalcomponent,anevensmallerpartofthespectrumshould
beconsidered,dependingonthenaturalfrequencyoftheship,theLidarisinstalledon.Inthis
case,itisrecommendedtoutilizethewcomponent,whichisonlyretrievedfromthevertical
beam(”basic”),asitislesscontaminatedbycross-contamination,inheritedfromthehorizontal
components.
Inordertogaininformationonturbulence,thereexiststhepossibilitytoreplacetheun-
resolvablepartofthevelocityspectrabyatheoreticalformulation(e.g.theKaimalspectrum
[21]),ifitispossibletoidentifytheinertialsubrange1.Hereadditionalinformationonstability
canforexamplebeusedtoachievemorerealisticspectra.Improvedturbulenceestimatessuch
asturbulentkineticenergy(TKE)andturbulenceintensitycanbeacquiredfromintegrating
theadjustedspectra.
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[10]Canadillas,B.,Bégué,A.andT.Neumann,2010:ComparisonofturbulencespectraderivedfromLiDAR
andsonicmeasurementsattheoffshoreplatformFINO1.10thGermanWindEnergyConference(DEWEK
2010),No.Dewek

[11]Kumer,V.M.,ReuderJ.,Dorninger,M.,Zauner,R.andV.Grubisic,2016,Turbulentkineticenergyestimates
fromprofilingwindLiDARmeasurementsandtheirpotentialforwindenergyapplications.Renewable
Energy,99,898-910,https://doi.org/10.1016/j.renene.2016.07.014

[12]Kelberlau,F.andMann,J.,2019,Cross-contaminationeffectonturbulencespectrafromDopplerbeam
swingingwindlidar,WindEnerg.Sci.Discuss.,https://doi.org/10.5194/wes-2019-71,inreview

[13]Weitkamp,C.,2005,Lidar:Range-ResolvedOpticalRemoteSensingoftheAtmosphere,SpringerSeriesin
OpticalSciences,Vol.102,Springer,NewYork,NY,USA
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Abstract
Convective coherent structures shape the atmospheric boundary layer over the lifecycle of
marine cold-air outbreaks (CAOs). Aircraft measurements have been used to characterize
such structures in past CAOs. Yet, aircraft case studies are limited to snapshots of a few hours
and do not capture how coherent structures, and the associated boundary-layer characteristics,
change over the CAO time scale, which can be on the order of several days.We present a novel
ship-based approach to determine the evolution of the coherent-structure characteristics,
based on profiling lidar observations. Over the lifecycle of a multi-day CAO we show how
these structures interact with boundary-layer characteristics, simultaneously obtained by
a multi-sensor set-up. Observations are taken during the Iceland Greenland Seas Project’s
wintertime cruise in February andMarch 2018. For the evaluated CAO event, we successfully
identify cellular coherent structures of varying size in the order of 4 × 102 m to 104 m
and velocity amplitudes of up to 0.5 m s−1 in the vertical and 1 m s−1 in the horizontal.
The structures’ characteristics are sensitive to the near-surface stability and the Richardson
number. We observe the largest coherent structures most frequently for conditions when
turbulence generation is weakly buoyancy dominated. Structures of increasing size contribute
efficiently to the overturning of the boundary layer and are linked to the growth of the
convective boundary-layer depth. The new approach provides robust statistics for organized
convection, which would be easy to extend by additional observations during convective
events from vessels of opportunity operating in relevant areas.
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amulti-sensorset-up.ObservationsaretakenduringtheIcelandGreenlandSeasProject’s
wintertimecruiseinFebruaryandMarch2018.FortheevaluatedCAOevent,wesuccessfully
identifycellularcoherentstructuresofvaryingsizeintheorderof4×102mto104m
andvelocityamplitudesofupto0.5ms−1intheverticaland1ms−1inthehorizontal.
Thestructures’characteristicsaresensitivetothenear-surfacestabilityandtheRichardson
number.Weobservethelargestcoherentstructuresmostfrequentlyforconditionswhen
turbulencegenerationisweaklybuoyancydominated.Structuresofincreasingsizecontribute
efficientlytotheoverturningoftheboundarylayerandarelinkedtothegrowthofthe
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1 Introduction

Large temperature differences between the atmosphere and ocean typically develop due to
the advection of cold air over a warmer ocean surface. This process is often referred to
as a marine cold-air outbreak (CAO). The elevated turbulent fluxes of sensible and latent
heat initiated by the large air–sea temperature contrast can easily reach several hundreds of
Wm−2, or, in extreme cases, even exceed1000Wm−2 (Grossman andBetts 1990).Organized
convective structures contribute an essential part to these compensating fluxes. Detailed
statistical sampling of the parameters necessary to characterize these structures is still sparse
in the relevant regions. During the Iceland–Greenland Seas Project (IGP) in February and
March 2018 we observed several CAO events from aboard the NRV Alliance (Renfrew et al.
2019). For one of these CAOs we investigate the impact of organized convective-structure
development on the evolution of the instabilities and the turbulent fluxes.

The heat fluxes during CAOs typically result in significant boundary-layer warming and
moistening (e.g., Papritz and Spengler 2017). Further, Papritz and Sodemann (2018) found
that CAOs create an intense local water cycle, with rapid turnover of water vapour associated
with a distinct signature in the stable water isotope composition (Thurnherr et al. 2020).
The warming and moistening of the atmosphere occurs at the expense of ocean surface-
layer cooling and salinification, important drivers for the formation of dense water and thus
important for the global ocean circulation (Buckley and Marshall 2016). The turbulent heat
fluxes into the atmospheric boundary layer also play an important role for the maturing of
polar lows responsible for high-impactweather conditions in theNordic Seas and the adjacent
coasts (e.g., Føre et al. 2011). Consequently, regional weather as well as the global climate
system are directly affected by elevated turbulent heat fluxes during CAOs.

Organized convection, which results in coherent structures in the wind, temperature, and
moisture fields, was found to contribute an essential part to these turbulent heat fluxes (e.g.,
LeMone 1973; Chou and Ferguson 1991; Brilouet et al. 2020). Mesoscale shallow convec-
tion patterns, such as roll vortices, open cellular convection, and closed cellular convection,
are generally affiliated with marine CAO events (Atkinson and Zhang 1996). Even though
these mesoscale structures have received major attention in the past, small-scale cellular
structures, comparable to cellular Rayleigh–Bénard convection, studied in laboratory exper-
iments, are also important in the convective marine atmospheric boundary layer (MABL)
(Cieszelski 1998). Mesoscale convection often manifests in the form of organized cloud pat-
terns clearly seen in satellite images. However, characterizing small-scale convection requires
more detailed observations of the meteorological variables, such as wind speed and direction,
in the MABL.

Previous case studies of marine CAOs have identified coherent-structure characteristics
from research aircraft measurements (Atlas et al. 1986; Chang and Braham 1991; Brümmer
1996; Hartmann et al. 1997; Cieszelski 1998; Renfrew and Moore 1999; Cook and Renfrew
2015; Brilouet et al. 2017). These studies determined coherent-structure characteristics, such
as along and across wind asymmetries, the wavelength and aspect ratio of roll vortices, and
snapshots of the turbulence characteristics throughout the MABL. Yet research flights only
have a few hours to sample. Thus, the estimated characteristics of coherent structures are
averages over short periods, and the evolution of coherent structures in time remains poorly
sampled. Hence, achieving detailed statistical sampling of coherent structures during CAO
conditions is an important goal of this study.

Here, we utilize ship-based observations from the Iceland and Greenland Seas region,
obtained by a multi-sensor set-up during the IGP campaign. A distinct CAO case forms
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1 Introduction

Large temperature differences between the atmosphere and ocean typically develop due to
the advection of cold air over a warmer ocean surface. This process is often referred to
as a marine cold-air outbreak (CAO). The elevated turbulent fluxes of sensible and latent
heat initiated by the large air–sea temperature contrast can easily reach several hundreds of
Wm−2, or, in extreme cases, even exceed1000Wm−2 (Grossman andBetts 1990).Organized
convective structures contribute an essential part to these compensating fluxes. Detailed
statistical sampling of the parameters necessary to characterize these structures is still sparse
in the relevant regions. During the Iceland–Greenland Seas Project (IGP) in February and
March 2018 we observed several CAO events from aboard the NRV Alliance (Renfrew et al.
2019). For one of these CAOs we investigate the impact of organized convective-structure
development on the evolution of the instabilities and the turbulent fluxes.

The heat fluxes during CAOs typically result in significant boundary-layer warming and
moistening (e.g., Papritz and Spengler 2017). Further, Papritz and Sodemann (2018) found
that CAOs create an intense local water cycle, with rapid turnover of water vapour associated
with a distinct signature in the stable water isotope composition (Thurnherr et al. 2020).
The warming and moistening of the atmosphere occurs at the expense of ocean surface-
layer cooling and salinification, important drivers for the formation of dense water and thus
important for the global ocean circulation (Buckley and Marshall 2016). The turbulent heat
fluxes into the atmospheric boundary layer also play an important role for the maturing of
polar lows responsible for high-impactweather conditions in theNordic Seas and the adjacent
coasts (e.g., Føre et al. 2011). Consequently, regional weather as well as the global climate
system are directly affected by elevated turbulent heat fluxes during CAOs.

Organized convection, which results in coherent structures in the wind, temperature, and
moisture fields, was found to contribute an essential part to these turbulent heat fluxes (e.g.,
LeMone 1973; Chou and Ferguson 1991; Brilouet et al. 2020). Mesoscale shallow convec-
tion patterns, such as roll vortices, open cellular convection, and closed cellular convection,
are generally affiliated with marine CAO events (Atkinson and Zhang 1996). Even though
these mesoscale structures have received major attention in the past, small-scale cellular
structures, comparable to cellular Rayleigh–Bénard convection, studied in laboratory exper-
iments, are also important in the convective marine atmospheric boundary layer (MABL)
(Cieszelski 1998). Mesoscale convection often manifests in the form of organized cloud pat-
terns clearly seen in satellite images. However, characterizing small-scale convection requires
more detailed observations of the meteorological variables, such as wind speed and direction,
in the MABL.

Previous case studies of marine CAOs have identified coherent-structure characteristics
from research aircraft measurements (Atlas et al. 1986; Chang and Braham 1991; Brümmer
1996; Hartmann et al. 1997; Cieszelski 1998; Renfrew and Moore 1999; Cook and Renfrew
2015; Brilouet et al. 2017). These studies determined coherent-structure characteristics, such
as along and across wind asymmetries, the wavelength and aspect ratio of roll vortices, and
snapshots of the turbulence characteristics throughout the MABL. Yet research flights only
have a few hours to sample. Thus, the estimated characteristics of coherent structures are
averages over short periods, and the evolution of coherent structures in time remains poorly
sampled. Hence, achieving detailed statistical sampling of coherent structures during CAO
conditions is an important goal of this study.

Here, we utilize ship-based observations from the Iceland and Greenland Seas region,
obtained by a multi-sensor set-up during the IGP campaign. A distinct CAO case forms
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the basis of our study. We sampled profiles of the core MABL variables, such as temper-
ature, humidity, precipitation, and wind with three remote-sensing instruments: a passive
microwave radiometer, a micro rain radar, and a wind-profiling Doppler lidar. The resulting
observations provide improved temporal and vertical resolutions compared to those pro-
vided by aircraft measurements. Brooks et al. (2017) demonstrate the large potential of
such multi-sensor and ship-based MABL estimates, utilizing a similar set of remote-sensing
instrumentation. Nonetheless, the sampling of coherent structures remains challenging with
the available instrumentation and from aboard a ship exposed to wave motion. Here, we use
motion-compensated lidar observations to identify coherent structures and investigate their
temporal development. Such an improved statistical sampling of the coherent structures over
the lifecycle of CAOs directly contributes to the overall goal of the IGP mission. The project
aims to identify and characterize the exact atmospheric mechanisms, including the impact of
coherent structures, involved in the high-latitudewatermass transformations. In this study,we
provide the methodology to estimate the coherent-structure characteristics from observations
over the lifecycle of a CAO, evaluate the inter-dependency of the structures’ characteristics,
and evaluate the processes which link the structure evolution to the respective boundary-layer
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We focus on the ship-based part of the IGP campaign, which lasted 43 days, starting on
6 February and terminating on 21 March 2018 in Reykjavik, Iceland. For an overview of
the entire IGP campaign as well as the major atmospheric and oceanic events over the
corresponding observational period we refer the reader to Renfrew et al. (2019). The cruise
on the NRV Alliance covered an area of the Iceland and southern Greenland Seas. Over the
course of the cruise, Renfrew et al. (2019) identified several marine CAOs, of which we
study one in more detail. Figure 1 shows a map of the study area relevant to the IGP cruise
(Fig. 1a) and a close up of the area relevant to the ship track corresponding to the evaluated
CAO event from 28 February to 3 March (Fig. 1b). Also displayed are radiosonde launches
along the track, as well as the sea-surface temperature, SST , and the sea-ice cover averaged
over the evaluated CAO period.

2.1 Ship-Based Observations

Time series of air temperature, Ta ; relative humidity, RH ; pressure, P; wind speed, ws; and
wind direction, wd , were sampled with a 1-min time resolution by three automatic weather
stations, situated on the bow mast of the NRV Alliance at ≈ 15 m above sea level. Also, the
sea-surface temperature was measured continuously at the bow of the ship using a digital
oceanographic thermometer (SBE 38, Sea-Bird Scientific, Bellevue, USA). The data are fully
quality controlled (see Renfrew et al. 2021) and time series of measurements are combined
and made available by Barrell and Renfrew (2020) in the Centre for Environmental Data
Analysis (CEDA) archive.

In addition to the instruments permanently installed on the ship we installed several sen-
sors to obtain a wider range of variables and, in particular, atmospheric profiles of Ta , RH ,
the three-dimensional wind vector, u, and precipitation properties, in particular the terminal
or fall velocity of precipitating particles, vt . These instruments included a Doppler wind-
profiling lidar (WindCube V2 Offshore 8.66, Leosphere, Orsay, France), a micro rain radar
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ature,humidity,precipitation,andwindwiththreeremote-sensinginstruments:apassive
microwaveradiometer,amicrorainradar,andawind-profilingDopplerlidar.Theresulting
observationsprovideimprovedtemporalandverticalresolutionscomparedtothosepro-
videdbyaircraftmeasurements.Brooksetal.(2017)demonstratethelargepotentialof
suchmulti-sensorandship-basedMABLestimates,utilizingasimilarsetofremote-sensing
instrumentation.Nonetheless,thesamplingofcoherentstructuresremainschallengingwith
theavailableinstrumentationandfromaboardashipexposedtowavemotion.Here,weuse
motion-compensatedlidarobservationstoidentifycoherentstructuresandinvestigatetheir
temporaldevelopment.Suchanimprovedstatisticalsamplingofthecoherentstructuresover
thelifecycleofCAOsdirectlycontributestotheoverallgoaloftheIGPmission.Theproject
aimstoidentifyandcharacterizetheexactatmosphericmechanisms,includingtheimpactof
coherentstructures,involvedinthehigh-latitudewatermasstransformations.Inthisstudy,we
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(Fig.1a)andacloseupofthearearelevanttotheshiptrackcorrespondingtotheevaluated
CAOeventfrom28Februaryto3March(Fig.1b).Alsodisplayedareradiosondelaunches
alongthetrack,aswellasthesea-surfacetemperature,SST,andthesea-icecoveraveraged
overtheevaluatedCAOperiod.

2.1Ship-BasedObservations

Timeseriesofairtemperature,Ta;relativehumidity,RH;pressure,P;windspeed,ws;and
winddirection,wd,weresampledwitha1-mintimeresolutionbythreeautomaticweather
stations,situatedonthebowmastoftheNRVAllianceat≈15mabovesealevel.Also,the
sea-surfacetemperaturewasmeasuredcontinuouslyatthebowoftheshipusingadigital
oceanographicthermometer(SBE38,Sea-BirdScientific,Bellevue,USA).Thedataarefully
qualitycontrolled(seeRenfrewetal.2021)andtimeseriesofmeasurementsarecombined
andmadeavailablebyBarrellandRenfrew(2020)intheCentreforEnvironmentalData
Analysis(CEDA)archive.

Inadditiontotheinstrumentspermanentlyinstalledontheshipweinstalledseveralsen-
sorstoobtainawiderrangeofvariablesand,inparticular,atmosphericprofilesofTa,RH,
thethree-dimensionalwindvector,u,andprecipitationproperties,inparticulartheterminal
orfallvelocityofprecipitatingparticles,vt.TheseinstrumentsincludedaDopplerwind-
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microwave radiometer, a micro rain radar, and a wind-profiling Doppler lidar. The resulting
observations provide improved temporal and vertical resolutions compared to those pro-
vided by aircraft measurements. Brooks et al. (2017) demonstrate the large potential of
such multi-sensor and ship-based MABL estimates, utilizing a similar set of remote-sensing
instrumentation. Nonetheless, the sampling of coherent structures remains challenging with
the available instrumentation and from aboard a ship exposed to wave motion. Here, we use
motion-compensated lidar observations to identify coherent structures and investigate their
temporal development. Such an improved statistical sampling of the coherent structures over
the lifecycle of CAOs directly contributes to the overall goal of the IGP mission. The project
aims to identify and characterize the exact atmospheric mechanisms, including the impact of
coherent structures, involved in the high-latitudewatermass transformations. In this study,we
provide the methodology to estimate the coherent-structure characteristics from observations
over the lifecycle of a CAO, evaluate the inter-dependency of the structures’ characteristics,
and evaluate the processes which link the structure evolution to the respective boundary-layer
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6 February and terminating on 21 March 2018 in Reykjavik, Iceland. For an overview of
the entire IGP campaign as well as the major atmospheric and oceanic events over the
corresponding observational period we refer the reader to Renfrew et al. (2019). The cruise
on the NRV Alliance covered an area of the Iceland and southern Greenland Seas. Over the
course of the cruise, Renfrew et al. (2019) identified several marine CAOs, of which we
study one in more detail. Figure 1 shows a map of the study area relevant to the IGP cruise
(Fig. 1a) and a close up of the area relevant to the ship track corresponding to the evaluated
CAO event from 28 February to 3 March (Fig. 1b). Also displayed are radiosonde launches
along the track, as well as the sea-surface temperature, SST , and the sea-ice cover averaged
over the evaluated CAO period.
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wind direction, wd , were sampled with a 1-min time resolution by three automatic weather
stations, situated on the bow mast of the NRV Alliance at ≈ 15 m above sea level. Also, the
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Analysis (CEDA) archive.
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andmadeavailablebyBarrellandRenfrew(2020)intheCentreforEnvironmentalData
Analysis(CEDA)archive.

Inadditiontotheinstrumentspermanentlyinstalledontheshipweinstalledseveralsen-
sorstoobtainawiderrangeofvariablesand,inparticular,atmosphericprofilesofTa,RH,
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Fig. 1 a Overview of the area relevant to the IGP cruise and b close-up of the study area in the Greenland
and Iceland Seas relevant to the CAO event from 28 February to 3 March, the corresponding track of the NRV
Alliance as well as the corresponding average SST, and sea-ice cover from the GHRSST satellite product.
Locations and time (UTC) of the ship corresponding to radiosonde launches are indicated along the track.
The red cross marks the location of the ship during the example situation discussed in Sect. 4. (Color figure
online)

(MRR-2, Metek, Elmshorn, Germany), a cavity ring-down spectrometer (L2140-i Ser. No.
HIDS2254, Picarro Inc, Sunnyvale, USA) for stable water isotope analysis, and a passive
microwave radiometer (RPG-HATPRO-G4, Radiometer Physics GmbH, Meckenheim, Ger-
many). The radiometer was situated on a single axis motion-correction table, following
Achtert et al. (2015), to compensate for the roll motion of the ship and minimize motion
errors during boundary-layer scans. Ship motion was removed during post-processing from
the lidar observations, as describedbyDuscha et al. (2020).Radar retrievalswere re-processed
to improve the data for snow-dominated precipitation (Maahn and Kollias 2012). Figure 2
shows the location of the instrumentation during the IGP cruise. The lidar, the radiometer,

123

358C.Duschaetal.

Fig.1aOverviewofthearearelevanttotheIGPcruiseandbclose-upofthestudyareaintheGreenland
andIcelandSeasrelevanttotheCAOeventfrom28Februaryto3March,thecorrespondingtrackoftheNRV
AllianceaswellasthecorrespondingaverageSST,andsea-icecoverfromtheGHRSSTsatelliteproduct.
Locationsandtime(UTC)oftheshipcorrespondingtoradiosondelaunchesareindicatedalongthetrack.
TheredcrossmarksthelocationoftheshipduringtheexamplesituationdiscussedinSect.4.(Colorfigure
online)

(MRR-2,Metek,Elmshorn,Germany),acavityring-downspectrometer(L2140-iSer.No.
HIDS2254,PicarroInc,Sunnyvale,USA)forstablewaterisotopeanalysis,andapassive
microwaveradiometer(RPG-HATPRO-G4,RadiometerPhysicsGmbH,Meckenheim,Ger-
many).Theradiometerwassituatedonasingleaxismotion-correctiontable,following
Achtertetal.(2015),tocompensatefortherollmotionoftheshipandminimizemotion
errorsduringboundary-layerscans.Shipmotionwasremovedduringpost-processingfrom
thelidarobservations,asdescribedbyDuschaetal.(2020).Radarretrievalswerere-processed
toimprovethedataforsnow-dominatedprecipitation(MaahnandKollias2012).Figure2
showsthelocationoftheinstrumentationduringtheIGPcruise.Thelidar,theradiometer,

123

358C.Duschaetal.

Fig.1aOverviewofthearearelevanttotheIGPcruiseandbclose-upofthestudyareaintheGreenland
andIcelandSeasrelevanttotheCAOeventfrom28Februaryto3March,thecorrespondingtrackoftheNRV
AllianceaswellasthecorrespondingaverageSST,andsea-icecoverfromtheGHRSSTsatelliteproduct.
Locationsandtime(UTC)oftheshipcorrespondingtoradiosondelaunchesareindicatedalongthetrack.
TheredcrossmarksthelocationoftheshipduringtheexamplesituationdiscussedinSect.4.(Colorfigure
online)

(MRR-2,Metek,Elmshorn,Germany),acavityring-downspectrometer(L2140-iSer.No.
HIDS2254,PicarroInc,Sunnyvale,USA)forstablewaterisotopeanalysis,andapassive
microwaveradiometer(RPG-HATPRO-G4,RadiometerPhysicsGmbH,Meckenheim,Ger-
many).Theradiometerwassituatedonasingleaxismotion-correctiontable,following
Achtertetal.(2015),tocompensatefortherollmotionoftheshipandminimizemotion
errorsduringboundary-layerscans.Shipmotionwasremovedduringpost-processingfrom
thelidarobservations,asdescribedbyDuschaetal.(2020).Radarretrievalswerere-processed
toimprovethedataforsnow-dominatedprecipitation(MaahnandKollias2012).Figure2
showsthelocationoftheinstrumentationduringtheIGPcruise.Thelidar,theradiometer,

123

358 C. Duscha et al.

Fig. 1 a Overview of the area relevant to the IGP cruise and b close-up of the study area in the Greenland
and Iceland Seas relevant to the CAO event from 28 February to 3 March, the corresponding track of the NRV
Alliance as well as the corresponding average SST, and sea-ice cover from the GHRSST satellite product.
Locations and time (UTC) of the ship corresponding to radiosonde launches are indicated along the track.
The red cross marks the location of the ship during the example situation discussed in Sect. 4. (Color figure
online)

(MRR-2, Metek, Elmshorn, Germany), a cavity ring-down spectrometer (L2140-i Ser. No.
HIDS2254, Picarro Inc, Sunnyvale, USA) for stable water isotope analysis, and a passive
microwave radiometer (RPG-HATPRO-G4, Radiometer Physics GmbH, Meckenheim, Ger-
many). The radiometer was situated on a single axis motion-correction table, following
Achtert et al. (2015), to compensate for the roll motion of the ship and minimize motion
errors during boundary-layer scans. Ship motion was removed during post-processing from
the lidar observations, as describedbyDuscha et al. (2020).Radar retrievalswere re-processed
to improve the data for snow-dominated precipitation (Maahn and Kollias 2012). Figure 2
shows the location of the instrumentation during the IGP cruise. The lidar, the radiometer,

123

358 C. Duscha et al.

Fig. 1 a Overview of the area relevant to the IGP cruise and b close-up of the study area in the Greenland
and Iceland Seas relevant to the CAO event from 28 February to 3 March, the corresponding track of the NRV
Alliance as well as the corresponding average SST, and sea-ice cover from the GHRSST satellite product.
Locations and time (UTC) of the ship corresponding to radiosonde launches are indicated along the track.
The red cross marks the location of the ship during the example situation discussed in Sect. 4. (Color figure
online)

(MRR-2, Metek, Elmshorn, Germany), a cavity ring-down spectrometer (L2140-i Ser. No.
HIDS2254, Picarro Inc, Sunnyvale, USA) for stable water isotope analysis, and a passive
microwave radiometer (RPG-HATPRO-G4, Radiometer Physics GmbH, Meckenheim, Ger-
many). The radiometer was situated on a single axis motion-correction table, following
Achtert et al. (2015), to compensate for the roll motion of the ship and minimize motion
errors during boundary-layer scans. Ship motion was removed during post-processing from
the lidar observations, as describedbyDuscha et al. (2020).Radar retrievalswere re-processed
to improve the data for snow-dominated precipitation (Maahn and Kollias 2012). Figure 2
shows the location of the instrumentation during the IGP cruise. The lidar, the radiometer,

123

358C.Duschaetal.

Fig.1aOverviewofthearearelevanttotheIGPcruiseandbclose-upofthestudyareaintheGreenland
andIcelandSeasrelevanttotheCAOeventfrom28Februaryto3March,thecorrespondingtrackoftheNRV
AllianceaswellasthecorrespondingaverageSST,andsea-icecoverfromtheGHRSSTsatelliteproduct.
Locationsandtime(UTC)oftheshipcorrespondingtoradiosondelaunchesareindicatedalongthetrack.
TheredcrossmarksthelocationoftheshipduringtheexamplesituationdiscussedinSect.4.(Colorfigure
online)

(MRR-2,Metek,Elmshorn,Germany),acavityring-downspectrometer(L2140-iSer.No.
HIDS2254,PicarroInc,Sunnyvale,USA)forstablewaterisotopeanalysis,andapassive
microwaveradiometer(RPG-HATPRO-G4,RadiometerPhysicsGmbH,Meckenheim,Ger-
many).Theradiometerwassituatedonasingleaxismotion-correctiontable,following
Achtertetal.(2015),tocompensatefortherollmotionoftheshipandminimizemotion
errorsduringboundary-layerscans.Shipmotionwasremovedduringpost-processingfrom
thelidarobservations,asdescribedbyDuschaetal.(2020).Radarretrievalswerere-processed
toimprovethedataforsnow-dominatedprecipitation(MaahnandKollias2012).Figure2
showsthelocationoftheinstrumentationduringtheIGPcruise.Thelidar,theradiometer,

123

358C.Duschaetal.

Fig.1aOverviewofthearearelevanttotheIGPcruiseandbclose-upofthestudyareaintheGreenland
andIcelandSeasrelevanttotheCAOeventfrom28Februaryto3March,thecorrespondingtrackoftheNRV
AllianceaswellasthecorrespondingaverageSST,andsea-icecoverfromtheGHRSSTsatelliteproduct.
Locationsandtime(UTC)oftheshipcorrespondingtoradiosondelaunchesareindicatedalongthetrack.
TheredcrossmarksthelocationoftheshipduringtheexamplesituationdiscussedinSect.4.(Colorfigure
online)

(MRR-2,Metek,Elmshorn,Germany),acavityring-downspectrometer(L2140-iSer.No.
HIDS2254,PicarroInc,Sunnyvale,USA)forstablewaterisotopeanalysis,andapassive
microwaveradiometer(RPG-HATPRO-G4,RadiometerPhysicsGmbH,Meckenheim,Ger-
many).Theradiometerwassituatedonasingleaxismotion-correctiontable,following
Achtertetal.(2015),tocompensatefortherollmotionoftheshipandminimizemotion
errorsduringboundary-layerscans.Shipmotionwasremovedduringpost-processingfrom
thelidarobservations,asdescribedbyDuschaetal.(2020).Radarretrievalswerere-processed
toimprovethedataforsnow-dominatedprecipitation(MaahnandKollias2012).Figure2
showsthelocationoftheinstrumentationduringtheIGPcruise.Thelidar,theradiometer,

123

358C.Duschaetal.

Fig.1aOverviewofthearearelevanttotheIGPcruiseandbclose-upofthestudyareaintheGreenland
andIcelandSeasrelevanttotheCAOeventfrom28Februaryto3March,thecorrespondingtrackoftheNRV
AllianceaswellasthecorrespondingaverageSST,andsea-icecoverfromtheGHRSSTsatelliteproduct.
Locationsandtime(UTC)oftheshipcorrespondingtoradiosondelaunchesareindicatedalongthetrack.
TheredcrossmarksthelocationoftheshipduringtheexamplesituationdiscussedinSect.4.(Colorfigure
online)

(MRR-2,Metek,Elmshorn,Germany),acavityring-downspectrometer(L2140-iSer.No.
HIDS2254,PicarroInc,Sunnyvale,USA)forstablewaterisotopeanalysis,andapassive
microwaveradiometer(RPG-HATPRO-G4,RadiometerPhysicsGmbH,Meckenheim,Ger-
many).Theradiometerwassituatedonasingleaxismotion-correctiontable,following
Achtertetal.(2015),tocompensatefortherollmotionoftheshipandminimizemotion
errorsduringboundary-layerscans.Shipmotionwasremovedduringpost-processingfrom
thelidarobservations,asdescribedbyDuschaetal.(2020).Radarretrievalswerere-processed
toimprovethedataforsnow-dominatedprecipitation(MaahnandKollias2012).Figure2
showsthelocationoftheinstrumentationduringtheIGPcruise.Thelidar,theradiometer,

123

358C.Duschaetal.

Fig.1aOverviewofthearearelevanttotheIGPcruiseandbclose-upofthestudyareaintheGreenland
andIcelandSeasrelevanttotheCAOeventfrom28Februaryto3March,thecorrespondingtrackoftheNRV
AllianceaswellasthecorrespondingaverageSST,andsea-icecoverfromtheGHRSSTsatelliteproduct.
Locationsandtime(UTC)oftheshipcorrespondingtoradiosondelaunchesareindicatedalongthetrack.
TheredcrossmarksthelocationoftheshipduringtheexamplesituationdiscussedinSect.4.(Colorfigure
online)

(MRR-2,Metek,Elmshorn,Germany),acavityring-downspectrometer(L2140-iSer.No.
HIDS2254,PicarroInc,Sunnyvale,USA)forstablewaterisotopeanalysis,andapassive
microwaveradiometer(RPG-HATPRO-G4,RadiometerPhysicsGmbH,Meckenheim,Ger-
many).Theradiometerwassituatedonasingleaxismotion-correctiontable,following
Achtertetal.(2015),tocompensatefortherollmotionoftheshipandminimizemotion
errorsduringboundary-layerscans.Shipmotionwasremovedduringpost-processingfrom
thelidarobservations,asdescribedbyDuschaetal.(2020).Radarretrievalswerere-processed
toimprovethedataforsnow-dominatedprecipitation(MaahnandKollias2012).Figure2
showsthelocationoftheinstrumentationduringtheIGPcruise.Thelidar,theradiometer,

123



A Ship-Based Characterization of Coherent Boundary-Layer… 359

Fig. 2 Set-up of instrumentation utilized during the IGP campaign on theNRVAlliance. a Photos of the remote
sensing equipment and b photos of themeteorology sensors on the bowmast. c Schematics of theNRVAlliance
looking down and in cross-section (CMRE 2017), with the marked instrument locations: radar (orange),
lidar (blue), radiometer (purple), isotope container (red), ship’s in situ meteorology (black circle), and the
Sea-Bird Scientific digital oceanographic thermometer (green). (Color figure online)

and the radar were placed on the starboard side of the crew deck ≈ 10 m above sea level and
the spectrometer was operated from the isotope container. Radiosondes (RS41, Vaisala, Van-
taa, Finland) were launched from the ship at least every 24 h with high-frequency launches
throughout intensive observational periods. During the first 24 h of the evaluated CAO event,
for example, radiosondes were launched every 3 h. Further specifications of the profiling
instruments, in particular the vertical range (m above the respective instrument) and the
vertical and temporal resolution, are summarized in Table 1.

2.2 Satellite Observations

We extract the spatial distribution of SST and sea-ice cover over the course of the IGP cruise
displayed in Fig. 1b, as well as a series of SST along the track of the NRV Alliance, from
the GHRSST satellite product (JPL 2015). The dataset provides daily values at 0.1◦ × 0.1◦
spatial resolution. In addition, infrared and visible satellite images were collected and stored
for a predefined domain in real time for the IGP field campaign by the Natural Environment
Research Council Earth Observation Data Acquisition and Analysis Service. The images are
available up to 35 times per day with a resolution of 500 m.We utilize one of these satellite
images to display and evaluate the cloud situation, corresponding to the time and location
marked by the red cross in Fig. 1b (see Sect. 4). The image used here is from the MODIS
instrument aboard the NASA Aqua satellite.
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Fig.2Set-upofinstrumentationutilizedduringtheIGPcampaignontheNRVAlliance.aPhotosoftheremote
sensingequipmentandbphotosofthemeteorologysensorsonthebowmast.cSchematicsoftheNRVAlliance
lookingdownandincross-section(CMRE2017),withthemarkedinstrumentlocations:radar(orange),
lidar(blue),radiometer(purple),isotopecontainer(red),ship’sinsitumeteorology(blackcircle),andthe
Sea-BirdScientificdigitaloceanographicthermometer(green).(Colorfigureonline)

andtheradarwereplacedonthestarboardsideofthecrewdeck≈10mabovesealeveland
thespectrometerwasoperatedfromtheisotopecontainer.Radiosondes(RS41,Vaisala,Van-
taa,Finland)werelaunchedfromtheshipatleastevery24hwithhigh-frequencylaunches
throughoutintensiveobservationalperiods.Duringthefirst24hoftheevaluatedCAOevent,
forexample,radiosondeswerelaunchedevery3h.Furtherspecificationsoftheprofiling
instruments,inparticulartheverticalrange(mabovetherespectiveinstrument)andthe
verticalandtemporalresolution,aresummarizedinTable1.

2.2SatelliteObservations

WeextractthespatialdistributionofSSTandsea-icecoveroverthecourseoftheIGPcruise
displayedinFig.1b,aswellasaseriesofSSTalongthetrackoftheNRVAlliance,from
theGHRSSTsatelliteproduct(JPL2015).Thedatasetprovidesdailyvaluesat0.1◦×0.1◦
spatialresolution.Inaddition,infraredandvisiblesatelliteimageswerecollectedandstored
forapredefineddomaininrealtimefortheIGPfieldcampaignbytheNaturalEnvironment
ResearchCouncilEarthObservationDataAcquisitionandAnalysisService.Theimagesare
availableupto35timesperdaywitharesolutionof500m.Weutilizeoneofthesesatellite
imagestodisplayandevaluatethecloudsituation,correspondingtothetimeandlocation
markedbytheredcrossinFig.1b(seeSect.4).TheimageusedhereisfromtheMODIS
instrumentaboardtheNASAAquasatellite.
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We extract the spatial distribution of SST and sea-ice cover over the course of the IGP cruise
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the GHRSST satellite product (JPL 2015). The dataset provides daily values at 0.1◦ × 0.1◦
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spatialresolution.Inaddition,infraredandvisiblesatelliteimageswerecollectedandstored
forapredefineddomaininrealtimefortheIGPfieldcampaignbytheNaturalEnvironment
ResearchCouncilEarthObservationDataAcquisitionandAnalysisService.Theimagesare
availableupto35timesperdaywitharesolutionof500m.Weutilizeoneofthesesatellite
imagestodisplayandevaluatethecloudsituation,correspondingtothetimeandlocation
markedbytheredcrossinFig.1b(seeSect.4).TheimageusedhereisfromtheMODIS
instrumentaboardtheNASAAquasatellite.
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Fig.2Set-upofinstrumentationutilizedduringtheIGPcampaignontheNRVAlliance.aPhotosoftheremote
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lookingdownandincross-section(CMRE2017),withthemarkedinstrumentlocations:radar(orange),
lidar(blue),radiometer(purple),isotopecontainer(red),ship’sinsitumeteorology(blackcircle),andthe
Sea-BirdScientificdigitaloceanographicthermometer(green).(Colorfigureonline)
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forexample,radiosondeswerelaunchedevery3h.Furtherspecificationsoftheprofiling
instruments,inparticulartheverticalrange(mabovetherespectiveinstrument)andthe
verticalandtemporalresolution,aresummarizedinTable1.

2.2SatelliteObservations

WeextractthespatialdistributionofSSTandsea-icecoveroverthecourseoftheIGPcruise
displayedinFig.1b,aswellasaseriesofSSTalongthetrackoftheNRVAlliance,from
theGHRSSTsatelliteproduct(JPL2015).Thedatasetprovidesdailyvaluesat0.1◦×0.1◦
spatialresolution.Inaddition,infraredandvisiblesatelliteimageswerecollectedandstored
forapredefineddomaininrealtimefortheIGPfieldcampaignbytheNaturalEnvironment
ResearchCouncilEarthObservationDataAcquisitionandAnalysisService.Theimagesare
availableupto35timesperdaywitharesolutionof500m.Weutilizeoneofthesesatellite
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Table 1 Specification of the profiling instruments operated from the NRV Alliance during the IGP campaign

Instrument Variables Resolution Dataset

(Identifier) Direct Retrieval Time Range Reference

Lidar
(WindCube)

vr (m s−1) u (m s−1) 0.26 Hz
(every 3.8 s)

20 m (40–200 m)
30 m (200–290 m)

Duscha (2020)

Radiometer
(HATPRO)

Tb (K) Ta (K)
RH (%)

1.67×10−3 Hz
(every 10 min)

Discretized to 10 m
(0–3 km)

Brooks (2019a)

Radar
(MRR)

vt (m s−1)
Ze (dBZ)

0.1 Hz
(every 10 s)

75 m
(75–2325 m)

Sodemann (2021)

Radiosonde
(RS41)

Ta (K)
RH (%)
z (m)

P (hPa)
ws (m s−1)
wd (◦)

1 Hz
(every 1 s)

5 m
(up to 20000 m)

Brooks (2019b)

Documentation of the main evaluated variables (measured and retrieved), the temporal and vertical resolution
of the instruments, and the reference to the data in the CEDA database. The vertical resolution is documented
as range resolution, valid for a certain range (in brackets) above the respective instrument. The variables are
defined in the text, with the exception of the radial velocity vector, vr , the brightness temperature, Tb , and the
radar reflectivity, Ze , directly observed by the remote-sensing instruments

3 Methodology

3.1 Boundary-Layer Diagnostics

Based on the variables obtained from the ship-installed and ship-launched instrumentation,
we estimate several diagnostics that characterize the structure of the MABL. Many of these
diagnostics require a profile of potential temperature, θ(z), which we estimate from T (z),
and p(z), obtained by the radiometer and the radiosondes, respectively. We also calculate the
local lapse rate, �θ/�z, using �z = 100 m, with the respective level, z, in the centre. We
estimate �θ/�z in overlapping intervals every 10 m, starting at z = 50 m above sea level.

3.1.1 Convective Boundary-Layer Depth

TheMABL is the layer of the atmosphere that is directly impacted by ocean surface fluxes. It
is hence characterized by the presence of mechanically and thermally generated turbulence.
During marine CAO events a convective boundary layer develops. In this case the maxi-
mum depth of the turbulent convective motion, initiated at the sea surface, predominantly
determines the depth of the mixed layer and hence the depth of the MABL. Utilizing the par-
cel method (Holzworth 1964), we determine the convective boundary-layer depth, hb. The
method relies on the principle of adiabatically following an air parcel from the sea surface,
where θ = θSST , to its height of neutral buoyancy. The level that precedes the first instance
of θ(z j ) − θSST ≥ 0 K, so the level z j−1, is defined as hb

hb = z j−1|(θ(z j )−θSST )≥0 K .

The parcel method has been found to work well for convective conditions (Seibert et al.
2000). Additionally, Collaud Coen et al. (2014) found very good agreement of the convec-
tive boundary-layer depth between radiometer and radiosonde estimates, utilizing the parcel
method. The uncertainty of hb, in particular for the radiometer, was found to be most sensi-
tive to the accuracy in the measurement of sea-surface temperature, which is within ±0.5 K
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Brooks(2019b)

Documentationofthemainevaluatedvariables(measuredandretrieved),thetemporalandverticalresolution
oftheinstruments,andthereferencetothedataintheCEDAdatabase.Theverticalresolutionisdocumented
asrangeresolution,validforacertainrange(inbrackets)abovetherespectiveinstrument.Thevariablesare
definedinthetext,withtheexceptionoftheradialvelocityvector,vr,thebrightnesstemperature,Tb,andthe
radarreflectivity,Ze,directlyobservedbytheremote-sensinginstruments

3Methodology

3.1Boundary-LayerDiagnostics

Basedonthevariablesobtainedfromtheship-installedandship-launchedinstrumentation,
weestimateseveraldiagnosticsthatcharacterizethestructureoftheMABL.Manyofthese
diagnosticsrequireaprofileofpotentialtemperature,θ(z),whichweestimatefromT(z),
andp(z),obtainedbytheradiometerandtheradiosondes,respectively.Wealsocalculatethe
locallapserate,�θ/�z,using�z=100m,withtherespectivelevel,z,inthecentre.We
estimate�θ/�zinoverlappingintervalsevery10m,startingatz=50mabovesealevel.

3.1.1ConvectiveBoundary-LayerDepth

TheMABListhelayeroftheatmospherethatisdirectlyimpactedbyoceansurfacefluxes.It
ishencecharacterizedbythepresenceofmechanicallyandthermallygeneratedturbulence.
DuringmarineCAOeventsaconvectiveboundarylayerdevelops.Inthiscasethemaxi-
mumdepthoftheturbulentconvectivemotion,initiatedattheseasurface,predominantly
determinesthedepthofthemixedlayerandhencethedepthoftheMABL.Utilizingthepar-
celmethod(Holzworth1964),wedeterminetheconvectiveboundary-layerdepth,hb.The
methodreliesontheprincipleofadiabaticallyfollowinganairparcelfromtheseasurface,
whereθ=θSST,toitsheightofneutralbuoyancy.Thelevelthatprecedesthefirstinstance
ofθ(zj)−θSST≥0K,sothelevelzj−1,isdefinedashb

hb=zj−1|(θ(zj)−θSST)≥0K.

Theparcelmethodhasbeenfoundtoworkwellforconvectiveconditions(Seibertetal.
2000).Additionally,CollaudCoenetal.(2014)foundverygoodagreementoftheconvec-
tiveboundary-layerdepthbetweenradiometerandradiosondeestimates,utilizingtheparcel
method.Theuncertaintyofhb,inparticularfortheradiometer,wasfoundtobemostsensi-
tivetotheaccuracyinthemeasurementofsea-surfacetemperature,whichiswithin±0.5K

123

360C.Duschaetal.

Table1SpecificationoftheprofilinginstrumentsoperatedfromtheNRVAllianceduringtheIGPcampaign

InstrumentVariablesResolutionDataset

(Identifier)DirectRetrievalTimeRangeReference

Lidar
(WindCube)

vr(ms−1)u(ms−1)0.26Hz
(every3.8s)

20m(40–200m)
30m(200–290m)

Duscha(2020)

Radiometer
(HATPRO)

Tb(K)Ta(K)
RH(%)

1.67×10−3Hz
(every10min)

Discretizedto10m
(0–3km)

Brooks(2019a)

Radar
(MRR)

vt(ms−1)
Ze(dBZ)

0.1Hz
(every10s)

75m
(75–2325m)

Sodemann(2021)

Radiosonde
(RS41)

Ta(K)
RH(%)
z(m)

P(hPa)
ws(ms−1)
wd(◦)

1Hz
(every1s)

5m
(upto20000m)

Brooks(2019b)

Documentationofthemainevaluatedvariables(measuredandretrieved),thetemporalandverticalresolution
oftheinstruments,andthereferencetothedataintheCEDAdatabase.Theverticalresolutionisdocumented
asrangeresolution,validforacertainrange(inbrackets)abovetherespectiveinstrument.Thevariablesare
definedinthetext,withtheexceptionoftheradialvelocityvector,vr,thebrightnesstemperature,Tb,andthe
radarreflectivity,Ze,directlyobservedbytheremote-sensinginstruments

3Methodology

3.1Boundary-LayerDiagnostics

Basedonthevariablesobtainedfromtheship-installedandship-launchedinstrumentation,
weestimateseveraldiagnosticsthatcharacterizethestructureoftheMABL.Manyofthese
diagnosticsrequireaprofileofpotentialtemperature,θ(z),whichweestimatefromT(z),
andp(z),obtainedbytheradiometerandtheradiosondes,respectively.Wealsocalculatethe
locallapserate,�θ/�z,using�z=100m,withtherespectivelevel,z,inthecentre.We
estimate�θ/�zinoverlappingintervalsevery10m,startingatz=50mabovesealevel.

3.1.1ConvectiveBoundary-LayerDepth

TheMABListhelayeroftheatmospherethatisdirectlyimpactedbyoceansurfacefluxes.It
ishencecharacterizedbythepresenceofmechanicallyandthermallygeneratedturbulence.
DuringmarineCAOeventsaconvectiveboundarylayerdevelops.Inthiscasethemaxi-
mumdepthoftheturbulentconvectivemotion,initiatedattheseasurface,predominantly
determinesthedepthofthemixedlayerandhencethedepthoftheMABL.Utilizingthepar-
celmethod(Holzworth1964),wedeterminetheconvectiveboundary-layerdepth,hb.The
methodreliesontheprincipleofadiabaticallyfollowinganairparcelfromtheseasurface,
whereθ=θSST,toitsheightofneutralbuoyancy.Thelevelthatprecedesthefirstinstance
ofθ(zj)−θSST≥0K,sothelevelzj−1,isdefinedashb

hb=zj−1|(θ(zj)−θSST)≥0K.

Theparcelmethodhasbeenfoundtoworkwellforconvectiveconditions(Seibertetal.
2000).Additionally,CollaudCoenetal.(2014)foundverygoodagreementoftheconvec-
tiveboundary-layerdepthbetweenradiometerandradiosondeestimates,utilizingtheparcel
method.Theuncertaintyofhb,inparticularfortheradiometer,wasfoundtobemostsensi-
tivetotheaccuracyinthemeasurementofsea-surfacetemperature,whichiswithin±0.5K

123

360 C. Duscha et al.

Table 1 Specification of the profiling instruments operated from the NRV Alliance during the IGP campaign

Instrument Variables Resolution Dataset

(Identifier) Direct Retrieval Time Range Reference

Lidar
(WindCube)

vr (m s−1) u (m s−1) 0.26 Hz
(every 3.8 s)

20 m (40–200 m)
30 m (200–290 m)

Duscha (2020)

Radiometer
(HATPRO)

Tb (K) Ta (K)
RH (%)

1.67×10−3 Hz
(every 10 min)

Discretized to 10 m
(0–3 km)

Brooks (2019a)

Radar
(MRR)

vt (m s−1)
Ze (dBZ)

0.1 Hz
(every 10 s)

75 m
(75–2325 m)

Sodemann (2021)

Radiosonde
(RS41)

Ta (K)
RH (%)
z (m)

P (hPa)
ws (m s−1)
wd (◦)

1 Hz
(every 1 s)

5 m
(up to 20000 m)

Brooks (2019b)

Documentation of the main evaluated variables (measured and retrieved), the temporal and vertical resolution
of the instruments, and the reference to the data in the CEDA database. The vertical resolution is documented
as range resolution, valid for a certain range (in brackets) above the respective instrument. The variables are
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3 Methodology

3.1 Boundary-Layer Diagnostics

Based on the variables obtained from the ship-installed and ship-launched instrumentation,
we estimate several diagnostics that characterize the structure of the MABL. Many of these
diagnostics require a profile of potential temperature, θ(z), which we estimate from T (z),
and p(z), obtained by the radiometer and the radiosondes, respectively. We also calculate the
local lapse rate, �θ/�z, using �z = 100 m, with the respective level, z, in the centre. We
estimate �θ/�z in overlapping intervals every 10 m, starting at z = 50 m above sea level.

3.1.1 Convective Boundary-Layer Depth

TheMABL is the layer of the atmosphere that is directly impacted by ocean surface fluxes. It
is hence characterized by the presence of mechanically and thermally generated turbulence.
During marine CAO events a convective boundary layer develops. In this case the maxi-
mum depth of the turbulent convective motion, initiated at the sea surface, predominantly
determines the depth of the mixed layer and hence the depth of the MABL. Utilizing the par-
cel method (Holzworth 1964), we determine the convective boundary-layer depth, hb. The
method relies on the principle of adiabatically following an air parcel from the sea surface,
where θ = θSST , to its height of neutral buoyancy. The level that precedes the first instance
of θ(z j ) − θSST ≥ 0 K, so the level z j−1, is defined as hb

hb = z j−1|(θ(z j )−θSST )≥0 K .

The parcel method has been found to work well for convective conditions (Seibert et al.
2000). Additionally, Collaud Coen et al. (2014) found very good agreement of the convec-
tive boundary-layer depth between radiometer and radiosonde estimates, utilizing the parcel
method. The uncertainty of hb, in particular for the radiometer, was found to be most sensi-
tive to the accuracy in the measurement of sea-surface temperature, which is within ±0.5 K
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TheMABL is the layer of the atmosphere that is directly impacted by ocean surface fluxes. It
is hence characterized by the presence of mechanically and thermally generated turbulence.
During marine CAO events a convective boundary layer develops. In this case the maxi-
mum depth of the turbulent convective motion, initiated at the sea surface, predominantly
determines the depth of the mixed layer and hence the depth of the MABL. Utilizing the par-
cel method (Holzworth 1964), we determine the convective boundary-layer depth, hb. The
method relies on the principle of adiabatically following an air parcel from the sea surface,
where θ = θSST , to its height of neutral buoyancy. The level that precedes the first instance
of θ(z j ) − θSST ≥ 0 K, so the level z j−1, is defined as hb
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The parcel method has been found to work well for convective conditions (Seibert et al.
2000). Additionally, Collaud Coen et al. (2014) found very good agreement of the convec-
tive boundary-layer depth between radiometer and radiosonde estimates, utilizing the parcel
method. The uncertainty of hb, in particular for the radiometer, was found to be most sensi-
tive to the accuracy in the measurement of sea-surface temperature, which is within ±0.5 K
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3Methodology

3.1Boundary-LayerDiagnostics

Basedonthevariablesobtainedfromtheship-installedandship-launchedinstrumentation,
weestimateseveraldiagnosticsthatcharacterizethestructureoftheMABL.Manyofthese
diagnosticsrequireaprofileofpotentialtemperature,θ(z),whichweestimatefromT(z),
andp(z),obtainedbytheradiometerandtheradiosondes,respectively.Wealsocalculatethe
locallapserate,�θ/�z,using�z=100m,withtherespectivelevel,z,inthecentre.We
estimate�θ/�zinoverlappingintervalsevery10m,startingatz=50mabovesealevel.

3.1.1ConvectiveBoundary-LayerDepth

TheMABListhelayeroftheatmospherethatisdirectlyimpactedbyoceansurfacefluxes.It
ishencecharacterizedbythepresenceofmechanicallyandthermallygeneratedturbulence.
DuringmarineCAOeventsaconvectiveboundarylayerdevelops.Inthiscasethemaxi-
mumdepthoftheturbulentconvectivemotion,initiatedattheseasurface,predominantly
determinesthedepthofthemixedlayerandhencethedepthoftheMABL.Utilizingthepar-
celmethod(Holzworth1964),wedeterminetheconvectiveboundary-layerdepth,hb.The
methodreliesontheprincipleofadiabaticallyfollowinganairparcelfromtheseasurface,
whereθ=θSST,toitsheightofneutralbuoyancy.Thelevelthatprecedesthefirstinstance
ofθ(zj)−θSST≥0K,sothelevelzj−1,isdefinedashb

hb=zj−1|(θ(zj)−θSST)≥0K.

Theparcelmethodhasbeenfoundtoworkwellforconvectiveconditions(Seibertetal.
2000).Additionally,CollaudCoenetal.(2014)foundverygoodagreementoftheconvec-
tiveboundary-layerdepthbetweenradiometerandradiosondeestimates,utilizingtheparcel
method.Theuncertaintyofhb,inparticularfortheradiometer,wasfoundtobemostsensi-
tivetotheaccuracyinthemeasurementofsea-surfacetemperature,whichiswithin±0.5K
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3.1Boundary-LayerDiagnostics

Basedonthevariablesobtainedfromtheship-installedandship-launchedinstrumentation,
weestimateseveraldiagnosticsthatcharacterizethestructureoftheMABL.Manyofthese
diagnosticsrequireaprofileofpotentialtemperature,θ(z),whichweestimatefromT(z),
andp(z),obtainedbytheradiometerandtheradiosondes,respectively.Wealsocalculatethe
locallapserate,�θ/�z,using�z=100m,withtherespectivelevel,z,inthecentre.We
estimate�θ/�zinoverlappingintervalsevery10m,startingatz=50mabovesealevel.

3.1.1ConvectiveBoundary-LayerDepth

TheMABListhelayeroftheatmospherethatisdirectlyimpactedbyoceansurfacefluxes.It
ishencecharacterizedbythepresenceofmechanicallyandthermallygeneratedturbulence.
DuringmarineCAOeventsaconvectiveboundarylayerdevelops.Inthiscasethemaxi-
mumdepthoftheturbulentconvectivemotion,initiatedattheseasurface,predominantly
determinesthedepthofthemixedlayerandhencethedepthoftheMABL.Utilizingthepar-
celmethod(Holzworth1964),wedeterminetheconvectiveboundary-layerdepth,hb.The
methodreliesontheprincipleofadiabaticallyfollowinganairparcelfromtheseasurface,
whereθ=θSST,toitsheightofneutralbuoyancy.Thelevelthatprecedesthefirstinstance
ofθ(zj)−θSST≥0K,sothelevelzj−1,isdefinedashb

hb=zj−1|(θ(zj)−θSST)≥0K.
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tiveboundary-layerdepthbetweenradiometerandradiosondeestimates,utilizingtheparcel
method.Theuncertaintyofhb,inparticularfortheradiometer,wasfoundtobemostsensi-
tivetotheaccuracyinthemeasurementofsea-surfacetemperature,whichiswithin±0.5K
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(Collaud Coen et al. 2014). The value of hb additionally serves as a measure of the potential
maximum vertical extent of convective structures.

3.1.2 Gradient Richardson Number

Even though convective conditions usually predominate during marine CAOs, we still expect
wind shear to have a strong influence on turbulence generation. To evaluate the dominant
source of near-surface turbulence, we estimate the discretized, near-surface gradient Richard-
son number, Rig (e.g., Stull 1988)

Rig = g

θ

�θ/�z
[
(�u/�z)2 + (�v/�z)2

] ,

with g being the the acceleration due to gravity. Here, we estimate Rig , centred at z = 100m
above sea level, utilizing lidar observations of u and v at 50 m and 150 m above sea level in
order to estimate the corresponding velocity gradients. We average the lidar estimates over
10 min to match the time resolution of the radiometer estimates of θ(z) and the lapse rate
between 50 m and 150 m above sea level.

3.1.3 Updraft and Downdraft Velocities

To evaluate the strength of the near-surface turbulent circulation, we estimate the maximum
updraft and downdraft velocity,w↑

max andw
↓
max, from lidar observations of the vertical veloc-

ity component, w. We evaluate the positive and negative w as two separate time series, using
absolute values. For both the updraft and downdraft series we estimate the value of maximum
velocity over the whole lidar altitude range at each timestep. We average the resulting series
of maximum updraft and downdraft velocities over a 10-min interval to again match the time
resolution of the radiometer.

3.1.4 Stable Water Isotope Composition

Cold-air outbreak events feature large humidity gradients and high wind speeds, which lead
to intense evaporation from the sea surface (e.g., Papritz and Pfahl 2016). Under such condi-
tions, the stable water isotopes H18

2 O and HDO (deuterium-enriched water) carry a specific
signature in the evaporating vapour. We use this isotopic signature here as an integrating
process tracer. More specifically, in intense evaporation conditions, the comparably higher
diffusion speed of the HDO molecules compared to H18

2 O molecules leads to relatively high
values (>15 o/oo) of the secondary isotope parameter d-excess (d) defined as

d = δD − 8 δ18O,

where δD and δ18O denote the deuterium and oxygen-18 abundance in the water vapour
relative to VSMOW (Vienna StandardMean OceanWater, e.g., Dansgaard 1964). Generally,
d in water vapour is close to 10 o/oo on a global average, and tends towards lower values as
ambient conditions approach saturation (e.g., Pfahl and Sodemann 2014). The particular use
of the parameter d in the context of this study is its ability to integrate over the evaporation
history and mixing processes of water vapour in an airmass along its trajectory. Within a
CAO, the local, high d signal from intense evaporation can be moderated by convective
overturning of the MABL that transports comparably dry air with low d vapour, originating
from heights dominated by condensation or from outside of the CAO to the surface. The
isotope data are available in the CEDA archive (Sodemann and Weng 2022).
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(CollaudCoenetal.2014).Thevalueofhbadditionallyservesasameasureofthepotential
maximumverticalextentofconvectivestructures.

3.1.2GradientRichardsonNumber

EventhoughconvectiveconditionsusuallypredominateduringmarineCAOs,westillexpect
windsheartohaveastronginfluenceonturbulencegeneration.Toevaluatethedominant
sourceofnear-surfaceturbulence,weestimatethediscretized,near-surfacegradientRichard-
sonnumber,Rig(e.g.,Stull1988)

Rig=g

θ

�θ/�z
[

(�u/�z)2+(�v/�z)2
],

withgbeingthetheaccelerationduetogravity.Here,weestimateRig,centredatz=100m
abovesealevel,utilizinglidarobservationsofuandvat50mand150mabovesealevelin
ordertoestimatethecorrespondingvelocitygradients.Weaveragethelidarestimatesover
10mintomatchthetimeresolutionoftheradiometerestimatesofθ(z)andthelapserate
between50mand150mabovesealevel.

3.1.3UpdraftandDowndraftVelocities

Toevaluatethestrengthofthenear-surfaceturbulentcirculation,weestimatethemaximum
updraftanddowndraftvelocity,w↑

maxandw
↓
max,fromlidarobservationsoftheverticalveloc-

itycomponent,w.Weevaluatethepositiveandnegativewastwoseparatetimeseries,using
absolutevalues.Forboththeupdraftanddowndraftseriesweestimatethevalueofmaximum
velocityoverthewholelidaraltituderangeateachtimestep.Weaveragetheresultingseries
ofmaximumupdraftanddowndraftvelocitiesovera10-minintervaltoagainmatchthetime
resolutionoftheradiometer.

3.1.4StableWaterIsotopeComposition

Cold-airoutbreakeventsfeaturelargehumiditygradientsandhighwindspeeds,whichlead
tointenseevaporationfromtheseasurface(e.g.,PapritzandPfahl2016).Undersuchcondi-
tions,thestablewaterisotopesH18

2OandHDO(deuterium-enrichedwater)carryaspecific
signatureintheevaporatingvapour.Weusethisisotopicsignaturehereasanintegrating
processtracer.Morespecifically,inintenseevaporationconditions,thecomparablyhigher
diffusionspeedoftheHDOmoleculescomparedtoH18

2Omoleculesleadstorelativelyhigh
values(>15o/oo)ofthesecondaryisotopeparameterd-excess(d)definedas

d=δD−8δ18O,

whereδDandδ18Odenotethedeuteriumandoxygen-18abundanceinthewatervapour
relativetoVSMOW(ViennaStandardMeanOceanWater,e.g.,Dansgaard1964).Generally,
dinwatervapouriscloseto10o/ooonaglobalaverage,andtendstowardslowervaluesas
ambientconditionsapproachsaturation(e.g.,PfahlandSodemann2014).Theparticularuse
oftheparameterdinthecontextofthisstudyisitsabilitytointegrateovertheevaporation
historyandmixingprocessesofwatervapourinanairmassalongitstrajectory.Withina
CAO,thelocal,highdsignalfromintenseevaporationcanbemoderatedbyconvective
overturningoftheMABLthattransportscomparablydryairwithlowdvapour,originating
fromheightsdominatedbycondensationorfromoutsideoftheCAOtothesurface.The
isotopedataareavailableintheCEDAarchive(SodemannandWeng2022).
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(Collaud Coen et al. 2014). The value of hb additionally serves as a measure of the potential
maximum vertical extent of convective structures.

3.1.2 Gradient Richardson Number

Even though convective conditions usually predominate during marine CAOs, we still expect
wind shear to have a strong influence on turbulence generation. To evaluate the dominant
source of near-surface turbulence, we estimate the discretized, near-surface gradient Richard-
son number, Rig (e.g., Stull 1988)

Rig =
g

θ

�θ/�z
[
(�u/�z)2 + (�v/�z)2] ,

with g being the the acceleration due to gravity. Here, we estimate Rig , centred at z = 100m
above sea level, utilizing lidar observations of u and v at 50 m and 150 m above sea level in
order to estimate the corresponding velocity gradients. We average the lidar estimates over
10 min to match the time resolution of the radiometer estimates of θ(z) and the lapse rate
between 50 m and 150 m above sea level.

3.1.3 Updraft and Downdraft Velocities

To evaluate the strength of the near-surface turbulent circulation, we estimate the maximum
updraft and downdraft velocity,w↑max andw↓max, from lidar observations of the vertical veloc-
ity component, w. We evaluate the positive and negative w as two separate time series, using
absolute values. For both the updraft and downdraft series we estimate the value of maximum
velocity over the whole lidar altitude range at each timestep. We average the resulting series
of maximum updraft and downdraft velocities over a 10-min interval to again match the time
resolution of the radiometer.

3.1.4 Stable Water Isotope Composition

Cold-air outbreak events feature large humidity gradients and high wind speeds, which lead
to intense evaporation from the sea surface (e.g., Papritz and Pfahl 2016). Under such condi-
tions, the stable water isotopes H18

2 O and HDO (deuterium-enriched water) carry a specific
signature in the evaporating vapour. We use this isotopic signature here as an integrating
process tracer. More specifically, in intense evaporation conditions, the comparably higher
diffusion speed of the HDO molecules compared to H18

2 O molecules leads to relatively high
values (>15 o/

oo) of the secondary isotope parameter d-excess (d) defined as

d = δD − 8 δ18O,

where δD and δ18O denote the deuterium and oxygen-18 abundance in the water vapour
relative to VSMOW (Vienna StandardMean OceanWater, e.g., Dansgaard 1964). Generally,
d in water vapour is close to 10 o/

oo on a global average, and tends towards lower values as
ambient conditions approach saturation (e.g., Pfahl and Sodemann 2014). The particular use
of the parameter d in the context of this study is its ability to integrate over the evaporation
history and mixing processes of water vapour in an airmass along its trajectory. Within a
CAO, the local, high d signal from intense evaporation can be moderated by convective
overturning of the MABL that transports comparably dry air with low d vapour, originating
from heights dominated by condensation or from outside of the CAO to the surface. The
isotope data are available in the CEDA archive (Sodemann and Weng 2022).
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diffusion speed of the HDO molecules compared to H18

2 O molecules leads to relatively high
values (>15 o/
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d in water vapour is close to 10 o/

oo on a global average, and tends towards lower values as
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(CollaudCoenetal.2014).Thevalueofhbadditionallyservesasameasureofthepotential
maximumverticalextentofconvectivestructures.

3.1.2GradientRichardsonNumber

EventhoughconvectiveconditionsusuallypredominateduringmarineCAOs,westillexpect
windsheartohaveastronginfluenceonturbulencegeneration.Toevaluatethedominant
sourceofnear-surfaceturbulence,weestimatethediscretized,near-surfacegradientRichard-
sonnumber,Rig(e.g.,Stull1988)

Rig=
g

θ

�θ/�z
[
(�u/�z)2+(�v/�z)2],

withgbeingthetheaccelerationduetogravity.Here,weestimateRig,centredatz=100m
abovesealevel,utilizinglidarobservationsofuandvat50mand150mabovesealevelin
ordertoestimatethecorrespondingvelocitygradients.Weaveragethelidarestimatesover
10mintomatchthetimeresolutionoftheradiometerestimatesofθ(z)andthelapserate
between50mand150mabovesealevel.

3.1.3UpdraftandDowndraftVelocities

Toevaluatethestrengthofthenear-surfaceturbulentcirculation,weestimatethemaximum
updraftanddowndraftvelocity,w↑maxandw↓max,fromlidarobservationsoftheverticalveloc-
itycomponent,w.Weevaluatethepositiveandnegativewastwoseparatetimeseries,using
absolutevalues.Forboththeupdraftanddowndraftseriesweestimatethevalueofmaximum
velocityoverthewholelidaraltituderangeateachtimestep.Weaveragetheresultingseries
ofmaximumupdraftanddowndraftvelocitiesovera10-minintervaltoagainmatchthetime
resolutionoftheradiometer.

3.1.4StableWaterIsotopeComposition

Cold-airoutbreakeventsfeaturelargehumiditygradientsandhighwindspeeds,whichlead
tointenseevaporationfromtheseasurface(e.g.,PapritzandPfahl2016).Undersuchcondi-
tions,thestablewaterisotopesH18

2OandHDO(deuterium-enrichedwater)carryaspecific
signatureintheevaporatingvapour.Weusethisisotopicsignaturehereasanintegrating
processtracer.Morespecifically,inintenseevaporationconditions,thecomparablyhigher
diffusionspeedoftheHDOmoleculescomparedtoH18

2Omoleculesleadstorelativelyhigh
values(>15o/

oo)ofthesecondaryisotopeparameterd-excess(d)definedas

d=δD−8δ18O,

whereδDandδ18Odenotethedeuteriumandoxygen-18abundanceinthewatervapour
relativetoVSMOW(ViennaStandardMeanOceanWater,e.g.,Dansgaard1964).Generally,
dinwatervapouriscloseto10o/

ooonaglobalaverage,andtendstowardslowervaluesas
ambientconditionsapproachsaturation(e.g.,PfahlandSodemann2014).Theparticularuse
oftheparameterdinthecontextofthisstudyisitsabilitytointegrateovertheevaporation
historyandmixingprocessesofwatervapourinanairmassalongitstrajectory.Withina
CAO,thelocal,highdsignalfromintenseevaporationcanbemoderatedbyconvective
overturningoftheMABLthattransportscomparablydryairwithlowdvapour,originating
fromheightsdominatedbycondensationorfromoutsideoftheCAOtothesurface.The
isotopedataareavailableintheCEDAarchive(SodemannandWeng2022).
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abovesealevel,utilizinglidarobservationsofuandvat50mand150mabovesealevelin
ordertoestimatethecorrespondingvelocitygradients.Weaveragethelidarestimatesover
10mintomatchthetimeresolutionoftheradiometerestimatesofθ(z)andthelapserate
between50mand150mabovesealevel.

3.1.3UpdraftandDowndraftVelocities

Toevaluatethestrengthofthenear-surfaceturbulentcirculation,weestimatethemaximum
updraftanddowndraftvelocity,w↑maxandw↓max,fromlidarobservationsoftheverticalveloc-
itycomponent,w.Weevaluatethepositiveandnegativewastwoseparatetimeseries,using
absolutevalues.Forboththeupdraftanddowndraftseriesweestimatethevalueofmaximum
velocityoverthewholelidaraltituderangeateachtimestep.Weaveragetheresultingseries
ofmaximumupdraftanddowndraftvelocitiesovera10-minintervaltoagainmatchthetime
resolutionoftheradiometer.

3.1.4StableWaterIsotopeComposition

Cold-airoutbreakeventsfeaturelargehumiditygradientsandhighwindspeeds,whichlead
tointenseevaporationfromtheseasurface(e.g.,PapritzandPfahl2016).Undersuchcondi-
tions,thestablewaterisotopesH18

2OandHDO(deuterium-enrichedwater)carryaspecific
signatureintheevaporatingvapour.Weusethisisotopicsignaturehereasanintegrating
processtracer.Morespecifically,inintenseevaporationconditions,thecomparablyhigher
diffusionspeedoftheHDOmoleculescomparedtoH18

2Omoleculesleadstorelativelyhigh
values(>15o/

oo)ofthesecondaryisotopeparameterd-excess(d)definedas
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relativetoVSMOW(ViennaStandardMeanOceanWater,e.g.,Dansgaard1964).Generally,
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overturningoftheMABLthattransportscomparablydryairwithlowdvapour,originating
fromheightsdominatedbycondensationorfromoutsideoftheCAOtothesurface.The
isotopedataareavailableintheCEDAarchive(SodemannandWeng2022).
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3.1.5 Fetch

Apart from the temporal evolution, the ship-based observations also describe a spatial evo-
lution of the boundary-layer parameters, as the ship moves. This spatial evolution can be
quantified by the fetch, f (km), the distance to the sea-ice edge, following the trajectory of
the wind. Here, we estimate the fetch on the basis of the sea-ice edge from the GHRSST sea
ice product and the locally observed wd , which is varied by ± 5◦ to achieve an uncertainty
estimate.

3.1.6 Surface Heat Fluxes

Turbulent sensible and latent heat fluxes, QH and QL , are ameasure of the local energy trans-
port of heat andmoisture between the ocean and the atmosphere due to turbulent atmospheric
motion. We determine these surface fluxes from the ship’s meteorological observations (see
Barrell and Renfrew 2020; Renfrew et al. 2021) using the well-established COARE 3.0 bulk
flux algorithm (Fairall et al. 2003).

3.2 Coherent Structures

During CAO conditions, convective structures are superimposed on to the mean wind speed,
ws. For this study, we rely on the assumption that these structures are stationary, or “frozen”,
when sampled (i.e., Taylor’s hypothesis). Also, the presence of advection or movement of
the ship is a requirement to capture the convective signal with the lidar. Relative to the ship,
convective structures are transported by the mean apparent wind speed, wsa , which results
from the sumof u and the ship’s translational velocity vector,uship.We apply a rolling average
for ws and wsa (local Taylor hypothesis). We chose a rolling average of 1 h, as it captures
the synoptic and the diurnal variations in the flow, but filters variations due to convective
structures ≤ O (104 m) for the range of apparent wind velocity scales of O (10 m s−1),
obtained during the CAO event. The coherent signal of convection needs to be evaluated
along the mean apparent wind direction, wda . So we rotate u into wda and subtract ws
from the rotated u component to obtain the along-wind, cross-wind, and vertical velocity
fluctuations, u′, v′, and w′, respectively.
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The series of the velocity fluctuations u′, v′, and w′ enable an estimate of the dynamic and
spatial properties of coherent structures in the flow.

3.2.1 Cellular Structures

For a set of idealized convective cells, Fig. 3 illustrates how u′(t) andw′(t)would be observed
by the ship-based lidar set-up at two altitude ranges, z1 and z2. In this idealized case, u′(t)
and w′(t) oscillate with the same period, Tcell . At both displayed levels, the two series are
cross-correlated, but have a phase shift �ρu′w′ = ± π/2 (± 90◦). The sign of �ρu′w′ is
reversed for the upper and lower part of the cell. This is the case because the sign of w′(t)
is conserved over the depth of the cell (lines overlap), while u′(t) switches sign from the
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lutionoftheboundary-layerparameters,astheshipmoves.Thisspatialevolutioncanbe
quantifiedbythefetch,f(km),thedistancetothesea-iceedge,followingthetrajectoryof
thewind.Here,weestimatethefetchonthebasisofthesea-iceedgefromtheGHRSSTsea
iceproductandthelocallyobservedwd,whichisvariedby±5◦toachieveanuncertainty
estimate.

3.1.6SurfaceHeatFluxes

Turbulentsensibleandlatentheatfluxes,QHandQL,areameasureofthelocalenergytrans-
portofheatandmoisturebetweentheoceanandtheatmosphereduetoturbulentatmospheric
motion.Wedeterminethesesurfacefluxesfromtheship’smeteorologicalobservations(see
BarrellandRenfrew2020;Renfrewetal.2021)usingthewell-establishedCOARE3.0bulk
fluxalgorithm(Fairalletal.2003).

3.2CoherentStructures

DuringCAOconditions,convectivestructuresaresuperimposedontothemeanwindspeed,
ws.Forthisstudy,werelyontheassumptionthatthesestructuresarestationary,or“frozen”,
whensampled(i.e.,Taylor’shypothesis).Also,thepresenceofadvectionormovementof
theshipisarequirementtocapturetheconvectivesignalwiththelidar.Relativetotheship,
convectivestructuresaretransportedbythemeanapparentwindspeed,wsa,whichresults
fromthesumofuandtheship’stranslationalvelocityvector,uship.Weapplyarollingaverage
forwsandwsa(localTaylorhypothesis).Wechosearollingaverageof1h,asitcaptures
thesynopticandthediurnalvariationsintheflow,butfiltersvariationsduetoconvective
structures≤O(104m)fortherangeofapparentwindvelocityscalesofO(10ms−1),
obtainedduringtheCAOevent.Thecoherentsignalofconvectionneedstobeevaluated
alongthemeanapparentwinddirection,wda.Sowerotateuintowdaandsubtractws
fromtherotateducomponenttoobtainthealong-wind,cross-wind,andverticalvelocity
fluctuations,u′,v′,andw′,respectively.

⎛

⎝
u′
v′
w′

⎞

⎠=
⎛

⎝
cos(wda)sin(wda)0
−sin(wda)cos(wda)0

001

⎞

⎠

⎛

⎝
u
v

w

⎞

⎠−
⎛

⎝
ws
0
0

⎞

⎠

Theseriesofthevelocityfluctuationsu′,v′,andw′enableanestimateofthedynamicand
spatialpropertiesofcoherentstructuresintheflow.

3.2.1CellularStructures

Forasetofidealizedconvectivecells,Fig.3illustrateshowu′(t)andw′(t)wouldbeobserved
bytheship-basedlidarset-upattwoaltituderanges,z1andz2.Inthisidealizedcase,u′(t)
andw′(t)oscillatewiththesameperiod,Tcell.Atbothdisplayedlevels,thetwoseriesare
cross-correlated,buthaveaphaseshift�ρu′w′=±π/2(±90◦).Thesignof�ρu′w′is
reversedfortheupperandlowerpartofthecell.Thisisthecasebecausethesignofw′(t)
isconservedoverthedepthofthecell(linesoverlap),whileu′(t)switchessignfromthe
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Apart from the temporal evolution, the ship-based observations also describe a spatial evo-
lution of the boundary-layer parameters, as the ship moves. This spatial evolution can be
quantified by the fetch, f (km), the distance to the sea-ice edge, following the trajectory of
the wind. Here, we estimate the fetch on the basis of the sea-ice edge from the GHRSST sea
ice product and the locally observed wd , which is varied by ± 5◦ to achieve an uncertainty
estimate.

3.1.6 Surface Heat Fluxes

Turbulent sensible and latent heat fluxes, QH and QL , are ameasure of the local energy trans-
port of heat andmoisture between the ocean and the atmosphere due to turbulent atmospheric
motion. We determine these surface fluxes from the ship’s meteorological observations (see
Barrell and Renfrew 2020; Renfrew et al. 2021) using the well-established COARE 3.0 bulk
flux algorithm (Fairall et al. 2003).

3.2 Coherent Structures

During CAO conditions, convective structures are superimposed on to the mean wind speed,
ws. For this study, we rely on the assumption that these structures are stationary, or “frozen”,
when sampled (i.e., Taylor’s hypothesis). Also, the presence of advection or movement of
the ship is a requirement to capture the convective signal with the lidar. Relative to the ship,
convective structures are transported by the mean apparent wind speed, wsa , which results
from the sumof u and the ship’s translational velocity vector,uship.We apply a rolling average
for ws and wsa (local Taylor hypothesis). We chose a rolling average of 1 h, as it captures
the synoptic and the diurnal variations in the flow, but filters variations due to convective
structures ≤ O (104 m) for the range of apparent wind velocity scales of O (10 m s−1),
obtained during the CAO event. The coherent signal of convection needs to be evaluated
along the mean apparent wind direction, wda . So we rotate u into wda and subtract ws
from the rotated u component to obtain the along-wind, cross-wind, and vertical velocity
fluctuations, u′, v′, and w′, respectively.
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The series of the velocity fluctuations u′, v′, and w′ enable an estimate of the dynamic and
spatial properties of coherent structures in the flow.

3.2.1 Cellular Structures

For a set of idealized convective cells, Fig. 3 illustrates how u′(t) andw′(t)would be observed
by the ship-based lidar set-up at two altitude ranges, z1 and z2. In this idealized case, u′(t)
and w′(t) oscillate with the same period, Tcell . At both displayed levels, the two series are
cross-correlated, but have a phase shift �ρu′w′ = ± π/2 (± 90◦). The sign of �ρu′w′ is
reversed for the upper and lower part of the cell. This is the case because the sign of w′(t)
is conserved over the depth of the cell (lines overlap), while u′(t) switches sign from the
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from the rotated u component to obtain the along-wind, cross-wind, and vertical velocity
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3.1.5Fetch

Apartfromthetemporalevolution,theship-basedobservationsalsodescribeaspatialevo-
lutionoftheboundary-layerparameters,astheshipmoves.Thisspatialevolutioncanbe
quantifiedbythefetch,f(km),thedistancetothesea-iceedge,followingthetrajectoryof
thewind.Here,weestimatethefetchonthebasisofthesea-iceedgefromtheGHRSSTsea
iceproductandthelocallyobservedwd,whichisvariedby±5◦toachieveanuncertainty
estimate.

3.1.6SurfaceHeatFluxes

Turbulentsensibleandlatentheatfluxes,QHandQL,areameasureofthelocalenergytrans-
portofheatandmoisturebetweentheoceanandtheatmosphereduetoturbulentatmospheric
motion.Wedeterminethesesurfacefluxesfromtheship’smeteorologicalobservations(see
BarrellandRenfrew2020;Renfrewetal.2021)usingthewell-establishedCOARE3.0bulk
fluxalgorithm(Fairalletal.2003).

3.2CoherentStructures

DuringCAOconditions,convectivestructuresaresuperimposedontothemeanwindspeed,
ws.Forthisstudy,werelyontheassumptionthatthesestructuresarestationary,or“frozen”,
whensampled(i.e.,Taylor’shypothesis).Also,thepresenceofadvectionormovementof
theshipisarequirementtocapturetheconvectivesignalwiththelidar.Relativetotheship,
convectivestructuresaretransportedbythemeanapparentwindspeed,wsa,whichresults
fromthesumofuandtheship’stranslationalvelocityvector,uship.Weapplyarollingaverage
forwsandwsa(localTaylorhypothesis).Wechosearollingaverageof1h,asitcaptures
thesynopticandthediurnalvariationsintheflow,butfiltersvariationsduetoconvective
structures≤O(104m)fortherangeofapparentwindvelocityscalesofO(10ms−1),
obtainedduringtheCAOevent.Thecoherentsignalofconvectionneedstobeevaluated
alongthemeanapparentwinddirection,wda.Sowerotateuintowdaandsubtractws
fromtherotateducomponenttoobtainthealong-wind,cross-wind,andverticalvelocity
fluctuations,u′,v′,andw′,respectively.
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Theseriesofthevelocityfluctuationsu′,v′,andw′enableanestimateofthedynamicand
spatialpropertiesofcoherentstructuresintheflow.

3.2.1CellularStructures

Forasetofidealizedconvectivecells,Fig.3illustrateshowu′(t)andw′(t)wouldbeobserved
bytheship-basedlidarset-upattwoaltituderanges,z1andz2.Inthisidealizedcase,u′(t)
andw′(t)oscillatewiththesameperiod,Tcell.Atbothdisplayedlevels,thetwoseriesare
cross-correlated,buthaveaphaseshift�ρu′w′=±π/2(±90◦).Thesignof�ρu′w′is
reversedfortheupperandlowerpartofthecell.Thisisthecasebecausethesignofw′(t)
isconservedoverthedepthofthecell(linesoverlap),whileu′(t)switchessignfromthe
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Fig. 3 Schematic of themethod utilized to observe cellular coherent structures with the ship-based lidar set-up.
The top panel illustrates a cross-section through convective cells, along the mean apparent wind speed wsa .
The bottom panels show the series of u′(t) and w′(t) the ship-based lidar observes at two levels, z1 and z2,
when these cells are advected over the ship with wsa

lower to the upper part of the cell. The wavelength of the advected cell is proportional to the
lidar-observed period (λcell ∝ Tcellwsa).

Figure 3 displays only the two-dimensional, observational perspective from the ship-based
lidar of a phenomenon that is three-dimensional in reality. In the idealized case, the convective
cells are horizontally isotropic. Consider the case that the centre of such an isotropic cell is
advected over the shipwithwsa . Here, the amplitude, u′

A, of the observed u
′ ismaximal, while

the amplitude, v′
A, of the observed v′ is zero. Now consider the case that a cell is advected

over the ship at a certain distance to its centre. Here, we expect to observe a contribution of the
cellular circulation to v′

A. In contrast to the u′ series, which is phase-shifted to w′ by ±π/2
(Fig. 3), the corresponding v′ series is instead anti-correlated to w′, hence phase-shifted by
π . The ratio between v′

A and u′
A increases if the cell is sampled at an increasing distance to

its center and this ratio can even exceed 1. Yet, the absolute values of u′
A and v′

A decrease
towards the cell’s edges rendering the coherent signal less reliable. Only if the cell passes the
ship at approximately half the distance between its centre and edge is v′

A expected to yield
a considerable coherent signal. Thus, in contrast to u′, the evaluation of v′ is only reliable
if a comparably narrow segment of the subsequent cells passes over the ship. This narrow
segment is more likely to be missed by our set-up, compared to the larger segment relevant
to the analysis of u′. Therefore, we focus our investigation on the estimation of the coherent
signal between u′ and w′ to identify cellular coherent structures with the ship-based set-up.

3.2.2 Spectral Analysis

Based on the assumptions presented above, a measure of cross-correlation between the series
of u′ and w′, and a corresponding estimate of the phase shift for a range of periods or
wavelengths can provide information about the presence of convective structures in the flow,
including their respective Tcell and λcell. The coherence spectrum Cou′w′ is a measure for
normalized cross-correlation between u′ and w′ (Emery and Thomson 2001)

Cou′w′ = Gu′w′ · GT
u′w′

Gu′u′ · Gw′w′
,
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Fig.3Schematicofthemethodutilizedtoobservecellularcoherentstructureswiththeship-basedlidarset-up.
Thetoppanelillustratesacross-sectionthroughconvectivecells,alongthemeanapparentwindspeedwsa.
Thebottompanelsshowtheseriesofu′(t)andw′(t)theship-basedlidarobservesattwolevels,z1andz2,
whenthesecellsareadvectedovertheshipwithwsa

lowertotheupperpartofthecell.Thewavelengthoftheadvectedcellisproportionaltothe
lidar-observedperiod(λcell∝Tcellwsa).

Figure3displaysonlythetwo-dimensional,observationalperspectivefromtheship-based
lidarofaphenomenonthatisthree-dimensionalinreality.Intheidealizedcase,theconvective
cellsarehorizontallyisotropic.Considerthecasethatthecentreofsuchanisotropiccellis
advectedovertheshipwithwsa.Here,theamplitude,u′

A,oftheobservedu
′ismaximal,while

theamplitude,v′
A,oftheobservedv′iszero.Nowconsiderthecasethatacellisadvected

overtheshipatacertaindistancetoitscentre.Here,weexpecttoobserveacontributionofthe
cellularcirculationtov′

A.Incontrasttotheu′series,whichisphase-shiftedtow′by±π/2
(Fig.3),thecorrespondingv′seriesisinsteadanti-correlatedtow′,hencephase-shiftedby
π.Theratiobetweenv′

Aandu′
Aincreasesifthecellissampledatanincreasingdistanceto

itscenterandthisratiocanevenexceed1.Yet,theabsolutevaluesofu′
Aandv′

Adecrease
towardsthecell’sedgesrenderingthecoherentsignallessreliable.Onlyifthecellpassesthe
shipatapproximatelyhalfthedistancebetweenitscentreandedgeisv′

Aexpectedtoyield
aconsiderablecoherentsignal.Thus,incontrasttou′,theevaluationofv′isonlyreliable
ifacomparablynarrowsegmentofthesubsequentcellspassesovertheship.Thisnarrow
segmentismorelikelytobemissedbyourset-up,comparedtothelargersegmentrelevant
totheanalysisofu′.Therefore,wefocusourinvestigationontheestimationofthecoherent
signalbetweenu′andw′toidentifycellularcoherentstructureswiththeship-basedset-up.

3.2.2SpectralAnalysis

Basedontheassumptionspresentedabove,ameasureofcross-correlationbetweentheseries
ofu′andw′,andacorrespondingestimateofthephaseshiftforarangeofperiodsor
wavelengthscanprovideinformationaboutthepresenceofconvectivestructuresintheflow,
includingtheirrespectiveTcellandλcell.ThecoherencespectrumCou′w′isameasurefor
normalizedcross-correlationbetweenu′andw′(EmeryandThomson2001)

Cou′w′=Gu′w′·GT
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Fig. 3 Schematic of themethod utilized to observe cellular coherent structures with the ship-based lidar set-up.
The top panel illustrates a cross-section through convective cells, along the mean apparent wind speed wsa .
The bottom panels show the series of u′(t) and w′(t) the ship-based lidar observes at two levels, z1 and z2,
when these cells are advected over the ship with wsa

lower to the upper part of the cell. The wavelength of the advected cell is proportional to the
lidar-observed period (λcell ∝ Tcellwsa).

Figure 3 displays only the two-dimensional, observational perspective from the ship-based
lidar of a phenomenon that is three-dimensional in reality. In the idealized case, the convective
cells are horizontally isotropic. Consider the case that the centre of such an isotropic cell is
advected over the shipwithwsa . Here, the amplitude, u′A, of the observed u′ ismaximal, while
the amplitude, v′A, of the observed v′ is zero. Now consider the case that a cell is advected
over the ship at a certain distance to its centre. Here, we expect to observe a contribution of the
cellular circulation to v′A. In contrast to the u′ series, which is phase-shifted to w′ by ±π/2
(Fig. 3), the corresponding v′ series is instead anti-correlated to w′, hence phase-shifted by
π . The ratio between v′A and u′A increases if the cell is sampled at an increasing distance to
its center and this ratio can even exceed 1. Yet, the absolute values of u′A and v′A decrease
towards the cell’s edges rendering the coherent signal less reliable. Only if the cell passes the
ship at approximately half the distance between its centre and edge is v′A expected to yield
a considerable coherent signal. Thus, in contrast to u′, the evaluation of v′ is only reliable
if a comparably narrow segment of the subsequent cells passes over the ship. This narrow
segment is more likely to be missed by our set-up, compared to the larger segment relevant
to the analysis of u′. Therefore, we focus our investigation on the estimation of the coherent
signal between u′ and w′ to identify cellular coherent structures with the ship-based set-up.

3.2.2 Spectral Analysis

Based on the assumptions presented above, a measure of cross-correlation between the series
of u′ and w′, and a corresponding estimate of the phase shift for a range of periods or
wavelengths can provide information about the presence of convective structures in the flow,
including their respective Tcell and λcell. The coherence spectrum Cou′w′ is a measure for
normalized cross-correlation between u′ and w′ (Emery and Thomson 2001)
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where Gu′w′ is the cross-covariance spectrum of u′ and w′, and GT
u′w′ its complex conjugate.

Further, Gu′u′ and Gw′w′ are the auto-correlation spectra of u′ and w′, respectively. The
Cou′w′ takes on values between 0 and 1, where 0 implies that u′ and w′ are not correlated,
while 1 implies that u′ and w′ are correlated for a certain period or wavelength. If coherent
structures are present in the flow, we expect to detect a spike in the Cou′w′ at Tcell or λcell,
respectively. A spike in the Cou′w′ is the necessary condition for the presence of coherent
structures. The corresponding sufficient condition is the presence of a phase shift of ±π/2
between u′ and w′ at the spike in the Cou′w′ (see Sect. 3.2.1). The phase spectrum ρu′w′ is
defined as follows (Emery and Thomson 2001)

ρu′w′ = atan2[Im(Gu′w′),Re(Gu′w′)].
WithCou′w′ and ρu′w′ we can identify if coherent structures are superimposed on to the mean
flow and estimate their horizontal length scale, Lh,c, along wda .

3.2.3 The Coherent Length Scale

We found that the periodicity of the convective structures is sensitive to temporal changes
in wsa , which can cause corresponding spikes in the frequency dependent Cou′w′ to widen
and reduce in maximum value. A reliable interpretation of convection in the time domain
is therefore not given (Lohse and Xia 2010). Hence, we convert both u′(t) and w′(t), from
a time to a space dependent series, u′(x) and w′(x), using an approach based on the local
Taylor hypothesis (see Pinton and Labbé 1994). We construct the space index, x (m), which
describes the increasing distance covered along wda , by multiplying the timestep �t = 3.8 s
of the lidar observations with wsa(t) (m s−1) and integrate over t ,

x(t) =
t∑

0

�t wsa(t).

We then rearrange the resulting u′(x) andw′(x) series to an equidistant grid. We chose a grid
resolution of 50 m, to avoid aliasing effects at scales of O (102 m). We then split the series
into a number of independent segments to capture the evolution of coherent structures. For
a robust spectral analysis, the evaluated segment should contain at least five to ten cycles
of the convective circulation. The length of the chosen segment should therefore be at least
five times longer than the maximum coherent length scale of interest. For increasing scales
the assumption of stationarity is less likely to be applicable and the application of the local
Taylor hypothesis limits the maximum detectable structures to O (104 m). We utilize the u′
and the w′ series in segments of 100 km length to estimate Cou′w′(λ) and ρu′w′(λ). Here,
each segment overlaps the next evaluated segment by 90 km, to ensure the detection of the
large structures, which only persist at a constant scale for a limited number of consecutive
structures throughout the observations. For each segment, this yields Cou′w′(λ) and ρu′w′(λ)

for a range of λ between 102 m (Nyquist) and 2× 104 m (five cycles over 100 km). However,
the coherent signal in the lidar observations can be attenuated by ship-motion, the post-
processing procedure applied to the lidar data to remove the ship-motion signal, and the lidar
measurement principle. For the maximum observedwsa ≈ 20m s−1 this limits the detectable
structures to Lh,c > 400 m along wda . Even though coherent structures with Lh,c < 400 m
likely occur in the flow, it is difficult to detect them with the utilized set-up. Such scales will
thus be under-represented in the structure statistics. For the range of obtainedwsa , we expect
to achieve robust coherent-structure statistics for Lh,c between 4 × 102 m and 2 × 104 m.
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whereGu′w′isthecross-covariancespectrumofu′andw′,andGT
u′w′itscomplexconjugate.

Further,Gu′u′andGw′w′aretheauto-correlationspectraofu′andw′,respectively.The
Cou′w′takesonvaluesbetween0and1,where0impliesthatu′andw′arenotcorrelated,
while1impliesthatu′andw′arecorrelatedforacertainperiodorwavelength.Ifcoherent
structuresarepresentintheflow,weexpecttodetectaspikeintheCou′w′atTcellorλcell,
respectively.AspikeintheCou′w′isthenecessaryconditionforthepresenceofcoherent
structures.Thecorrespondingsufficientconditionisthepresenceofaphaseshiftof±π/2
betweenu′andw′atthespikeintheCou′w′(seeSect.3.2.1).Thephasespectrumρu′w′is
definedasfollows(EmeryandThomson2001)

ρu′w′=atan2[Im(Gu′w′),Re(Gu′w′)].
WithCou′w′andρu′w′wecanidentifyifcoherentstructuresaresuperimposedontothemean
flowandestimatetheirhorizontallengthscale,Lh,c,alongwda.

3.2.3TheCoherentLengthScale

Wefoundthattheperiodicityoftheconvectivestructuresissensitivetotemporalchanges
inwsa,whichcancausecorrespondingspikesinthefrequencydependentCou′w′towiden
andreduceinmaximumvalue.Areliableinterpretationofconvectioninthetimedomain
isthereforenotgiven(LohseandXia2010).Hence,weconvertbothu′(t)andw′(t),from
atimetoaspacedependentseries,u′(x)andw′(x),usinganapproachbasedonthelocal
Taylorhypothesis(seePintonandLabbé1994).Weconstructthespaceindex,x(m),which
describestheincreasingdistancecoveredalongwda,bymultiplyingthetimestep�t=3.8s
ofthelidarobservationswithwsa(t)(ms−1)andintegrateovert,

x(t)=
t ∑

0

�twsa(t).

Wethenrearrangetheresultingu′(x)andw′(x)seriestoanequidistantgrid.Wechoseagrid
resolutionof50m,toavoidaliasingeffectsatscalesofO(102m).Wethensplittheseries
intoanumberofindependentsegmentstocapturetheevolutionofcoherentstructures.For
arobustspectralanalysis,theevaluatedsegmentshouldcontainatleastfivetotencycles
oftheconvectivecirculation.Thelengthofthechosensegmentshouldthereforebeatleast
fivetimeslongerthanthemaximumcoherentlengthscaleofinterest.Forincreasingscales
theassumptionofstationarityislesslikelytobeapplicableandtheapplicationofthelocal
TaylorhypothesislimitsthemaximumdetectablestructurestoO(104m).Weutilizetheu′
andthew′seriesinsegmentsof100kmlengthtoestimateCou′w′(λ)andρu′w′(λ).Here,
eachsegmentoverlapsthenextevaluatedsegmentby90km,toensurethedetectionofthe
largestructures,whichonlypersistataconstantscaleforalimitednumberofconsecutive
structuresthroughouttheobservations.Foreachsegment,thisyieldsCou′w′(λ)andρu′w′(λ)

forarangeofλbetween102m(Nyquist)and2×104m(fivecyclesover100km).However,
thecoherentsignalinthelidarobservationscanbeattenuatedbyship-motion,thepost-
processingprocedureappliedtothelidardatatoremovetheship-motionsignal,andthelidar
measurementprinciple.Forthemaximumobservedwsa≈20ms−1thislimitsthedetectable
structurestoLh,c>400malongwda.EventhoughcoherentstructureswithLh,c<400m
likelyoccurintheflow,itisdifficulttodetectthemwiththeutilizedset-up.Suchscaleswill
thusbeunder-representedinthestructurestatistics.Fortherangeofobtainedwsa,weexpect
toachieverobustcoherent-structurestatisticsforLh,cbetween4×102mand2×104m.
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where Gu′w′ is the cross-covariance spectrum of u′ and w′, and GT
u′w′ its complex conjugate.

Further, Gu′u′ and Gw′w′ are the auto-correlation spectra of u′ and w′, respectively. The
Cou′w′ takes on values between 0 and 1, where 0 implies that u′ and w′ are not correlated,
while 1 implies that u′ and w′ are correlated for a certain period or wavelength. If coherent
structures are present in the flow, we expect to detect a spike in the Cou′w′ at Tcell or λcell,
respectively. A spike in the Cou′w′ is the necessary condition for the presence of coherent
structures. The corresponding sufficient condition is the presence of a phase shift of ±π/2
between u′ and w′ at the spike in the Cou′w′ (see Sect. 3.2.1). The phase spectrum ρu′w′ is
defined as follows (Emery and Thomson 2001)

ρu′w′ = atan2[Im(Gu′w′),Re(Gu′w′)].
WithCou′w′ and ρu′w′ we can identify if coherent structures are superimposed on to the mean
flow and estimate their horizontal length scale, Lh,c, along wda .

3.2.3 The Coherent Length Scale

We found that the periodicity of the convective structures is sensitive to temporal changes
in wsa , which can cause corresponding spikes in the frequency dependent Cou′w′ to widen
and reduce in maximum value. A reliable interpretation of convection in the time domain
is therefore not given (Lohse and Xia 2010). Hence, we convert both u′(t) and w′(t), from
a time to a space dependent series, u′(x) and w′(x), using an approach based on the local
Taylor hypothesis (see Pinton and Labbé 1994). We construct the space index, x (m), which
describes the increasing distance covered along wda , by multiplying the timestep �t = 3.8 s
of the lidar observations with wsa(t) (m s−1) and integrate over t ,

x(t) =
t∑

0

�t wsa(t).

We then rearrange the resulting u′(x) andw′(x) series to an equidistant grid. We chose a grid
resolution of 50 m, to avoid aliasing effects at scales of O (102 m). We then split the series
into a number of independent segments to capture the evolution of coherent structures. For
a robust spectral analysis, the evaluated segment should contain at least five to ten cycles
of the convective circulation. The length of the chosen segment should therefore be at least
five times longer than the maximum coherent length scale of interest. For increasing scales
the assumption of stationarity is less likely to be applicable and the application of the local
Taylor hypothesis limits the maximum detectable structures to O (104 m). We utilize the u′
and the w′ series in segments of 100 km length to estimate Cou′w′(λ) and ρu′w′(λ). Here,
each segment overlaps the next evaluated segment by 90 km, to ensure the detection of the
large structures, which only persist at a constant scale for a limited number of consecutive
structures throughout the observations. For each segment, this yields Cou′w′(λ) and ρu′w′(λ)

for a range of λ between 102 m (Nyquist) and 2× 104 m (five cycles over 100 km). However,
the coherent signal in the lidar observations can be attenuated by ship-motion, the post-
processing procedure applied to the lidar data to remove the ship-motion signal, and the lidar
measurement principle. For the maximum observedwsa ≈ 20m s−1 this limits the detectable
structures to Lh,c > 400 m along wda . Even though coherent structures with Lh,c < 400 m
likely occur in the flow, it is difficult to detect them with the utilized set-up. Such scales will
thus be under-represented in the structure statistics. For the range of obtainedwsa , we expect
to achieve robust coherent-structure statistics for Lh,c between 4 × 102 m and 2 × 104 m.
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Cou′w′takesonvaluesbetween0and1,where0impliesthatu′andw′arenotcorrelated,
while1impliesthatu′andw′arecorrelatedforacertainperiodorwavelength.Ifcoherent
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oftheconvectivecirculation.Thelengthofthechosensegmentshouldthereforebeatleast
fivetimeslongerthanthemaximumcoherentlengthscaleofinterest.Forincreasingscales
theassumptionofstationarityislesslikelytobeapplicableandtheapplicationofthelocal
TaylorhypothesislimitsthemaximumdetectablestructurestoO(104m).Weutilizetheu′
andthew′seriesinsegmentsof100kmlengthtoestimateCou′w′(λ)andρu′w′(λ).Here,
eachsegmentoverlapsthenextevaluatedsegmentby90km,toensurethedetectionofthe
largestructures,whichonlypersistataconstantscaleforalimitednumberofconsecutive
structuresthroughouttheobservations.Foreachsegment,thisyieldsCou′w′(λ)andρu′w′(λ)

forarangeofλbetween102m(Nyquist)and2×104m(fivecyclesover100km).However,
thecoherentsignalinthelidarobservationscanbeattenuatedbyship-motion,thepost-
processingprocedureappliedtothelidardatatoremovetheship-motionsignal,andthelidar
measurementprinciple.Forthemaximumobservedwsa≈20ms−1thislimitsthedetectable
structurestoLh,c>400malongwda.EventhoughcoherentstructureswithLh,c<400m
likelyoccurintheflow,itisdifficulttodetectthemwiththeutilizedset-up.Suchscaleswill
thusbeunder-representedinthestructurestatistics.Fortherangeofobtainedwsa,weexpect
toachieverobustcoherent-structurestatisticsforLh,cbetween4×102mand2×104m.
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Each Lh,c can be traced back to a certain time interval, as x is a function of t . We can
thereby estimate the temporal fraction of the CAO that is occupied by coherent structures
of a certain Lh,c. We estimate this temporal fraction relative to the whole duration of the
CAO period. Integrating this relative time fraction over the duration of the whole CAO
period results in the occurrence (%) of the respective Lh,c. If a coherent-structure pattern of
respective Lh,c would persist throughout the whole CAO period, it would correspond to a
100% occurrence. The temporal occurrence of each Lh,c can be estimated for any given time
interval of the CAO. Here, we use 10-min intervals, to match the resolution of the boundary-
layer parameters. Note, for each Cou′w′(λ) and ρu′w′(λ), it is possible to identify several
coherent circulation patterns of different scales, coexisting in the flow field. Consequently,
each evaluated segment is not limited to only a single length scale, Lh,c, but can host a
multitude of them and their occurrences need to be interpreted independently. To identify the
respective Lh,c, which correspond to coherent structures, we first need to define thresholds
for Cou′w′(λ) and ρu′w′(λ), which are representative for real convective circulation in the
atmospheric flow.

3.2.4 Thresholds for Atmospheric Convection

Convective circulation in the atmosphere deviates from the ideal case displayed in Fig. 3. We
neither expect u′(x) andw′(x) to be perfectly correlated nor phase shifted. We need to define
thresholds for Cou′w′ and ρu′w′ that ensure that we correctly identify convective structures
in the flow. A spectral analysis of horizontal and vertical velocity fluctuations by Hartmann
et al. (1997) yielded a maximum coherence ≈ 0.9 when sampling organized convection
during CAO conditions. Hartmann et al. (1997) sampled the velocity fluctuations along an
aircraft track, perpendicular to the convective circulation, hence with a similar perspective as
for one altitude displayed in Fig. 3. Here, coherence was generally smaller than 0.7, at scales
that did not correspond to convective motion. Also, Hartmann et al. (1997) found the phase
shift to be very close to the theoretical value of ±π/2. Orienting on the thresholds defined
by Hartmann et al. (1997), we select all λ as corresponding Lh,c (Sect. 3.2.2), for which the
following criteria apply

Cou′w′(λ) > 0.7,

85◦ < |ρu′w′(λ)| < 95◦.

These thresholds ensure an exclusive detection of atmospheric convective structures with
high confidence.

3.2.5 Strength of the Convective Circulation

In addition to the auto and cross-correlation spectra, we estimate the amplitude spectra of
u′, v′, and w′. Hence, each identified coherent structure can be linked to its corresponding
horizontal and vertical velocity amplitudes, u′

A(Lh,c), v′
A(Lh,c), and w′

A(Lh,c). It should be
noted that the velocity amplitudes are conservative estimates, as they depend on which part
of the structure passes over the ship. The values of u′

A and w′
A are reduced if the intersect is

closer towards the structures’ edges.

4 Coherent Structures During a Cold-air Outbreak

We estimate u′, v′, and w′ from the motion-corrected and post-processed lidar observations
obtained during the CAO. To demonstrate the methodology described in Sect. 3.2, we first
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EachLh,ccanbetracedbacktoacertaintimeinterval,asxisafunctionoft.Wecan
therebyestimatethetemporalfractionoftheCAOthatisoccupiedbycoherentstructures
ofacertainLh,c.Weestimatethistemporalfractionrelativetothewholedurationofthe
CAOperiod.IntegratingthisrelativetimefractionoverthedurationofthewholeCAO
periodresultsintheoccurrence(%)oftherespectiveLh,c.Ifacoherent-structurepatternof
respectiveLh,cwouldpersistthroughoutthewholeCAOperiod,itwouldcorrespondtoa
100%occurrence.ThetemporaloccurrenceofeachLh,ccanbeestimatedforanygiventime
intervaloftheCAO.Here,weuse10-minintervals,tomatchtheresolutionoftheboundary-
layerparameters.Note,foreachCou′w′(λ)andρu′w′(λ),itispossibletoidentifyseveral
coherentcirculationpatternsofdifferentscales,coexistingintheflowfield.Consequently,
eachevaluatedsegmentisnotlimitedtoonlyasinglelengthscale,Lh,c,butcanhosta
multitudeofthemandtheiroccurrencesneedtobeinterpretedindependently.Toidentifythe
respectiveLh,c,whichcorrespondtocoherentstructures,wefirstneedtodefinethresholds
forCou′w′(λ)andρu′w′(λ),whicharerepresentativeforrealconvectivecirculationinthe
atmosphericflow.

3.2.4ThresholdsforAtmosphericConvection

ConvectivecirculationintheatmospheredeviatesfromtheidealcasedisplayedinFig.3.We
neitherexpectu′(x)andw′(x)tobeperfectlycorrelatednorphaseshifted.Weneedtodefine
thresholdsforCou′w′andρu′w′thatensurethatwecorrectlyidentifyconvectivestructures
intheflow.AspectralanalysisofhorizontalandverticalvelocityfluctuationsbyHartmann
etal.(1997)yieldedamaximumcoherence≈0.9whensamplingorganizedconvection
duringCAOconditions.Hartmannetal.(1997)sampledthevelocityfluctuationsalongan
aircrafttrack,perpendiculartotheconvectivecirculation,hencewithasimilarperspectiveas
foronealtitudedisplayedinFig.3.Here,coherencewasgenerallysmallerthan0.7,atscales
thatdidnotcorrespondtoconvectivemotion.Also,Hartmannetal.(1997)foundthephase
shifttobeveryclosetothetheoreticalvalueof±π/2.Orientingonthethresholdsdefined
byHartmannetal.(1997),weselectallλascorrespondingLh,c(Sect.3.2.2),forwhichthe
followingcriteriaapply

Cou′w′(λ)>0.7,

85◦<|ρu′w′(λ)|<95◦.

Thesethresholdsensureanexclusivedetectionofatmosphericconvectivestructureswith
highconfidence.

3.2.5StrengthoftheConvectiveCirculation

Inadditiontotheautoandcross-correlationspectra,weestimatetheamplitudespectraof
u′,v′,andw′.Hence,eachidentifiedcoherentstructurecanbelinkedtoitscorresponding
horizontalandverticalvelocityamplitudes,u′

A(Lh,c),v′
A(Lh,c),andw′

A(Lh,c).Itshouldbe
notedthatthevelocityamplitudesareconservativeestimates,astheydependonwhichpart
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closertowardsthestructures’edges.

4CoherentStructuresDuringaCold-airOutbreak

Weestimateu′,v′,andw′fromthemotion-correctedandpost-processedlidarobservations
obtainedduringtheCAO.TodemonstratethemethodologydescribedinSect.3.2,wefirst

123

AShip-BasedCharacterizationofCoherentBoundary-Layer…365

EachLh,ccanbetracedbacktoacertaintimeinterval,asxisafunctionoft.Wecan
therebyestimatethetemporalfractionoftheCAOthatisoccupiedbycoherentstructures
ofacertainLh,c.Weestimatethistemporalfractionrelativetothewholedurationofthe
CAOperiod.IntegratingthisrelativetimefractionoverthedurationofthewholeCAO
periodresultsintheoccurrence(%)oftherespectiveLh,c.Ifacoherent-structurepatternof
respectiveLh,cwouldpersistthroughoutthewholeCAOperiod,itwouldcorrespondtoa
100%occurrence.ThetemporaloccurrenceofeachLh,ccanbeestimatedforanygiventime
intervaloftheCAO.Here,weuse10-minintervals,tomatchtheresolutionoftheboundary-
layerparameters.Note,foreachCou′w′(λ)andρu′w′(λ),itispossibletoidentifyseveral
coherentcirculationpatternsofdifferentscales,coexistingintheflowfield.Consequently,
eachevaluatedsegmentisnotlimitedtoonlyasinglelengthscale,Lh,c,butcanhosta
multitudeofthemandtheiroccurrencesneedtobeinterpretedindependently.Toidentifythe
respectiveLh,c,whichcorrespondtocoherentstructures,wefirstneedtodefinethresholds
forCou′w′(λ)andρu′w′(λ),whicharerepresentativeforrealconvectivecirculationinthe
atmosphericflow.

3.2.4ThresholdsforAtmosphericConvection

ConvectivecirculationintheatmospheredeviatesfromtheidealcasedisplayedinFig.3.We
neitherexpectu′(x)andw′(x)tobeperfectlycorrelatednorphaseshifted.Weneedtodefine
thresholdsforCou′w′andρu′w′thatensurethatwecorrectlyidentifyconvectivestructures
intheflow.AspectralanalysisofhorizontalandverticalvelocityfluctuationsbyHartmann
etal.(1997)yieldedamaximumcoherence≈0.9whensamplingorganizedconvection
duringCAOconditions.Hartmannetal.(1997)sampledthevelocityfluctuationsalongan
aircrafttrack,perpendiculartotheconvectivecirculation,hencewithasimilarperspectiveas
foronealtitudedisplayedinFig.3.Here,coherencewasgenerallysmallerthan0.7,atscales
thatdidnotcorrespondtoconvectivemotion.Also,Hartmannetal.(1997)foundthephase
shifttobeveryclosetothetheoreticalvalueof±π/2.Orientingonthethresholdsdefined
byHartmannetal.(1997),weselectallλascorrespondingLh,c(Sect.3.2.2),forwhichthe
followingcriteriaapply

Cou′w′(λ)>0.7,

85◦<|ρu′w′(λ)|<95◦.

Thesethresholdsensureanexclusivedetectionofatmosphericconvectivestructureswith
highconfidence.

3.2.5StrengthoftheConvectiveCirculation

Inadditiontotheautoandcross-correlationspectra,weestimatetheamplitudespectraof
u′,v′,andw′.Hence,eachidentifiedcoherentstructurecanbelinkedtoitscorresponding
horizontalandverticalvelocityamplitudes,u′

A(Lh,c),v′
A(Lh,c),andw′

A(Lh,c).Itshouldbe
notedthatthevelocityamplitudesareconservativeestimates,astheydependonwhichpart
ofthestructurepassesovertheship.Thevaluesofu′

Aandw′
Aarereducediftheintersectis

closertowardsthestructures’edges.

4CoherentStructuresDuringaCold-airOutbreak

Weestimateu′,v′,andw′fromthemotion-correctedandpost-processedlidarobservations
obtainedduringtheCAO.TodemonstratethemethodologydescribedinSect.3.2,wefirst

123

A Ship-Based Characterization of Coherent Boundary-Layer… 365

Each Lh,c can be traced back to a certain time interval, as x is a function of t . We can
thereby estimate the temporal fraction of the CAO that is occupied by coherent structures
of a certain Lh,c. We estimate this temporal fraction relative to the whole duration of the
CAO period. Integrating this relative time fraction over the duration of the whole CAO
period results in the occurrence (%) of the respective Lh,c. If a coherent-structure pattern of
respective Lh,c would persist throughout the whole CAO period, it would correspond to a
100% occurrence. The temporal occurrence of each Lh,c can be estimated for any given time
interval of the CAO. Here, we use 10-min intervals, to match the resolution of the boundary-
layer parameters. Note, for each Cou′w′(λ) and ρu′w′(λ), it is possible to identify several
coherent circulation patterns of different scales, coexisting in the flow field. Consequently,
each evaluated segment is not limited to only a single length scale, Lh,c, but can host a
multitude of them and their occurrences need to be interpreted independently. To identify the
respective Lh,c, which correspond to coherent structures, we first need to define thresholds
for Cou′w′(λ) and ρu′w′(λ), which are representative for real convective circulation in the
atmospheric flow.

3.2.4 Thresholds for Atmospheric Convection

Convective circulation in the atmosphere deviates from the ideal case displayed in Fig. 3. We
neither expect u′(x) andw′(x) to be perfectly correlated nor phase shifted. We need to define
thresholds for Cou′w′ and ρu′w′ that ensure that we correctly identify convective structures
in the flow. A spectral analysis of horizontal and vertical velocity fluctuations by Hartmann
et al. (1997) yielded a maximum coherence ≈ 0.9 when sampling organized convection
during CAO conditions. Hartmann et al. (1997) sampled the velocity fluctuations along an
aircraft track, perpendicular to the convective circulation, hence with a similar perspective as
for one altitude displayed in Fig. 3. Here, coherence was generally smaller than 0.7, at scales
that did not correspond to convective motion. Also, Hartmann et al. (1997) found the phase
shift to be very close to the theoretical value of ±π/2. Orienting on the thresholds defined
by Hartmann et al. (1997), we select all λ as corresponding Lh,c (Sect. 3.2.2), for which the
following criteria apply

Cou′w′(λ) > 0.7,

85◦ < |ρu′w′(λ)| < 95◦.

These thresholds ensure an exclusive detection of atmospheric convective structures with
high confidence.

3.2.5 Strength of the Convective Circulation

In addition to the auto and cross-correlation spectra, we estimate the amplitude spectra of
u′, v′, and w′. Hence, each identified coherent structure can be linked to its corresponding
horizontal and vertical velocity amplitudes, u′A(Lh,c), v′A(Lh,c), and w′A(Lh,c). It should be
noted that the velocity amplitudes are conservative estimates, as they depend on which part
of the structure passes over the ship. The values of u′A and w′A are reduced if the intersect is
closer towards the structures’ edges.

4 Coherent Structures During a Cold-air Outbreak

We estimate u′, v′, and w′ from the motion-corrected and post-processed lidar observations
obtained during the CAO. To demonstrate the methodology described in Sect. 3.2, we first
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Fig. 4 a Snapshot of the u′w′ vector field retrieved from lidar observations, here displayed at an along-wind
resolution of 200 m. b Corresponding coherence (Co) spectra and c phase (ρ) spectra calculated at 110 m
above sea level obtained on 1 March 2018 at 0300 UTC. Grey shading highlights the range of Co and ρ where
the criteria for coherent structures apply. Red markers indicate λ which fulfill the criteria in the displayed
example. (Color figure online)

evaluate only a single exemplary situation. Here, we illustrate a convective situation, sampled
on 1 March at 0300 UTC. Figure 4 displays the vector field of the u′ and w′ fluctuation, as
well as the Cou′w′(λ), Cov′w′(λ), ρu′w′(λ), and ρv′w′(λ) spectra.

The vector field displayed in Fig. 4a is dominated by wide, diverging downdrafts which
feed the comparably narrow, converging updrafts. Such proportions in the convective updraft
and downdraft are typically observed for open cells, which are dynamically driven from
the bottom to the top (Salesky et al. 2017). In this 10-km-wide slice, approximately three
wavelengths (Lh,c ≈ 3 – 4 km) of the lower part of the convective circulation pattern
are represented. The convection pattern is level-consistent, except for one updraft around
the 9 km mark, which does not penetrate as high. The corresponding coherence and phase
spectra, estimated at 110 m above sea level, are displayed in Fig. 4b, c. The Cou′w′ spectrum
shows three instances of λwhere theCou′w′ threshold is exceeded. As anticipated for cellular
convection obtained by the ship-based lidar set-up (Sect. 3.2.1), theCov′w′ spectrum features
smaller values than the Cou′w′ spectrum and does not show the same distinct spikes. For the
chosen example situation, the two criteria for the presence of a coherent-structure pattern
defined in Sect. 3.2.4 apply for the coherence and phase spectra corresponding to the u′
and w′ series, Cou′w′ , and the ρu′w′ , at λ ≈ 3.7 km. Hence, the spectral analysis method
(Sect. 3.2.2), which identifies a pattern of convective structures of Lh,c ≈ 3.7 km, matches
the visual evaluation corresponding to 3 to 4 km (Fig. 4a).

The large-scale cloud situation, obtained by the NASA Aqua polar orbiting satellite on
1 March 2018 at 0317 UTC, is shown in Fig. 5a. The satellite snapshot documents the cloud
situation above the Iceland and Greenland Seas during the period relevant to the convective
situation discussed above, representative for the early stage of the CAO. Surface pressure
isobars and fronts from theU.K.MetOffice’s 0000UTCanalysis chart on 1Marchwere added
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Fig.4aSnapshotoftheu′w′vectorfieldretrievedfromlidarobservations,heredisplayedatanalong-wind
resolutionof200m.bCorrespondingcoherence(Co)spectraandcphase(ρ)spectracalculatedat110m
abovesealevelobtainedon1March2018at0300UTC.GreyshadinghighlightstherangeofCoandρwhere
thecriteriaforcoherentstructuresapply.Redmarkersindicateλwhichfulfillthecriteriainthedisplayed
example.(Colorfigureonline)

evaluateonlyasingleexemplarysituation.Here,weillustrateaconvectivesituation,sampled
on1Marchat0300UTC.Figure4displaysthevectorfieldoftheu′andw′fluctuation,as
wellastheCou′w′(λ),Cov′w′(λ),ρu′w′(λ),andρv′w′(λ)spectra.

ThevectorfielddisplayedinFig.4aisdominatedbywide,divergingdowndraftswhich
feedthecomparablynarrow,convergingupdrafts.Suchproportionsintheconvectiveupdraft
anddowndraftaretypicallyobservedforopencells,whicharedynamicallydrivenfrom
thebottomtothetop(Saleskyetal.2017).Inthis10-km-wideslice,approximatelythree
wavelengths(Lh,c≈3–4km)ofthelowerpartoftheconvectivecirculationpattern
arerepresented.Theconvectionpatternislevel-consistent,exceptforoneupdraftaround
the9kmmark,whichdoesnotpenetrateashigh.Thecorrespondingcoherenceandphase
spectra,estimatedat110mabovesealevel,aredisplayedinFig.4b,c.TheCou′w′spectrum
showsthreeinstancesofλwheretheCou′w′thresholdisexceeded.Asanticipatedforcellular
convectionobtainedbytheship-basedlidarset-up(Sect.3.2.1),theCov′w′spectrumfeatures
smallervaluesthantheCou′w′spectrumanddoesnotshowthesamedistinctspikes.Forthe
chosenexamplesituation,thetwocriteriaforthepresenceofacoherent-structurepattern
definedinSect.3.2.4applyforthecoherenceandphasespectracorrespondingtotheu′
andw′series,Cou′w′,andtheρu′w′,atλ≈3.7km.Hence,thespectralanalysismethod
(Sect.3.2.2),whichidentifiesapatternofconvectivestructuresofLh,c≈3.7km,matches
thevisualevaluationcorrespondingto3to4km(Fig.4a).

Thelarge-scalecloudsituation,obtainedbytheNASAAquapolarorbitingsatelliteon
1March2018at0317UTC,isshowninFig.5a.Thesatellitesnapshotdocumentsthecloud
situationabovetheIcelandandGreenlandSeasduringtheperiodrelevanttotheconvective
situationdiscussedabove,representativefortheearlystageoftheCAO.Surfacepressure
isobarsandfrontsfromtheU.K.MetOffice’s0000UTCanalysischarton1Marchwereadded
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Fig. 4 a Snapshot of the u′w′ vector field retrieved from lidar observations, here displayed at an along-wind
resolution of 200 m. b Corresponding coherence (Co) spectra and c phase (ρ) spectra calculated at 110 m
above sea level obtained on 1 March 2018 at 0300 UTC. Grey shading highlights the range of Co and ρ where
the criteria for coherent structures apply. Red markers indicate λ which fulfill the criteria in the displayed
example. (Color figure online)

evaluate only a single exemplary situation. Here, we illustrate a convective situation, sampled
on 1 March at 0300 UTC. Figure 4 displays the vector field of the u′ and w′ fluctuation, as
well as the Cou′w′(λ), Cov′w′(λ), ρu′w′(λ), and ρv′w′(λ) spectra.

The vector field displayed in Fig. 4a is dominated by wide, diverging downdrafts which
feed the comparably narrow, converging updrafts. Such proportions in the convective updraft
and downdraft are typically observed for open cells, which are dynamically driven from
the bottom to the top (Salesky et al. 2017). In this 10-km-wide slice, approximately three
wavelengths (Lh,c ≈ 3 – 4 km) of the lower part of the convective circulation pattern
are represented. The convection pattern is level-consistent, except for one updraft around
the 9 km mark, which does not penetrate as high. The corresponding coherence and phase
spectra, estimated at 110 m above sea level, are displayed in Fig. 4b, c. The Cou′w′ spectrum
shows three instances of λwhere theCou′w′ threshold is exceeded. As anticipated for cellular
convection obtained by the ship-based lidar set-up (Sect. 3.2.1), theCov′w′ spectrum features
smaller values than the Cou′w′ spectrum and does not show the same distinct spikes. For the
chosen example situation, the two criteria for the presence of a coherent-structure pattern
defined in Sect. 3.2.4 apply for the coherence and phase spectra corresponding to the u′
and w′ series, Cou′w′ , and the ρu′w′ , at λ ≈ 3.7 km. Hence, the spectral analysis method
(Sect. 3.2.2), which identifies a pattern of convective structures of Lh,c ≈ 3.7 km, matches
the visual evaluation corresponding to 3 to 4 km (Fig. 4a).

The large-scale cloud situation, obtained by the NASA Aqua polar orbiting satellite on
1 March 2018 at 0317 UTC, is shown in Fig. 5a. The satellite snapshot documents the cloud
situation above the Iceland and Greenland Seas during the period relevant to the convective
situation discussed above, representative for the early stage of the CAO. Surface pressure
isobars and fronts from theU.K.MetOffice’s 0000UTCanalysis chart on 1Marchwere added
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Fig. 5 a Observations fromMODIS on the NASAAqua satellite, representing the cloud situation for the CAO
on 1March 2018 at 0317 UTC and surface pressure isobars and fronts, corresponding to the U.K. Met Office’s
0000 UTC analysis chart on 1 March 2018. b Close-up of the cloud pattern in the vicinity of the ship (red
cross) and corresponding MODIS reflectance along the longitudinal cross-section (orange line). (Color figure
online)

to document the synoptic situation. Here, the geostrophic flow is predominantly directed from
north-north-east to south-south-west. Closer to the surface, the flow is expected to gain amore
northerly component due to friction. This flow initiated the advection of cold and dry air from
the sea-ice, which eventually initiated the onset of the CAO conditions in the Iceland and
Greenland Seas region. The organization of the flow is connected to the passage of a cyclone
through the area of the Iceland and Greenland Seas, a typical mechanism for the genesis
of CAOs over high-latitude ocean areas (e.g., Fletcher et al. 2016). The area in the ship’s
vicinity, marked by a red cross in Fig. 5a (see also Fig. 1a), is covered by cellular clouds.
Figure 5b shows a close-up of this cloud pattern and the corresponding reflectance in the
satellite observations, along the longitudinal cross-section at±50 km distance from the ship.
Along the 100-km-long cross-section, we observe 13 single cellular clouds, which yields a
corresponding cloud wavelength, λcloud ≈ 7.7 km. The horizontal cloud scale is therefore
approximately twice as large as the Lh,c found from spectral analysis on 1March at 0300UTC
of the near-surface range of the wind-profiling lidar (Fig. 4). Similar to findings presented
by Renfrew and Moore (1999), this observation implies that every second convective cell,
initiated near the surface and observed by the ship-based lidar (Fig. 4), manifested as a cloud,
which can be identified from the satellite image (Fig. 5).

4.1 Coherent-Structure Statistics

We now apply the methodology demonstrated above over the lifecycle of the CAO event
and integrate the occurrence of each identified Lh,c over the entire evaluated period. Fig-
ure 6a shows the resulting occurrence for structures integrated over all the lidar levels. Note,
individual structures that span the entire vertical lidar range are counted as one. Identified
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northerlycomponentduetofriction.Thisflowinitiatedtheadvectionofcoldanddryairfrom
thesea-ice,whicheventuallyinitiatedtheonsetoftheCAOconditionsintheIcelandand
GreenlandSeasregion.Theorganizationoftheflowisconnectedtothepassageofacyclone
throughtheareaoftheIcelandandGreenlandSeas,atypicalmechanismforthegenesis
ofCAOsoverhigh-latitudeoceanareas(e.g.,Fletcheretal.2016).Theareaintheship’s
vicinity,markedbyaredcrossinFig.5a(seealsoFig.1a),iscoveredbycellularclouds.
Figure5bshowsaclose-upofthiscloudpatternandthecorrespondingreflectanceinthe
satelliteobservations,alongthelongitudinalcross-sectionat±50kmdistancefromtheship.
Alongthe100-km-longcross-section,weobserve13singlecellularclouds,whichyieldsa
correspondingcloudwavelength,λcloud≈7.7km.Thehorizontalcloudscaleistherefore
approximatelytwiceaslargeastheLh,cfoundfromspectralanalysison1Marchat0300UTC
ofthenear-surfacerangeofthewind-profilinglidar(Fig.4).Similartofindingspresented
byRenfrewandMoore(1999),thisobservationimpliesthateverysecondconvectivecell,
initiatednearthesurfaceandobservedbytheship-basedlidar(Fig.4),manifestedasacloud,
whichcanbeidentifiedfromthesatelliteimage(Fig.5).

4.1Coherent-StructureStatistics

WenowapplythemethodologydemonstratedaboveoverthelifecycleoftheCAOevent
andintegratetheoccurrenceofeachidentifiedLh,covertheentireevaluatedperiod.Fig-
ure6ashowstheresultingoccurrenceforstructuresintegratedoverallthelidarlevels.Note,
individualstructuresthatspantheentireverticallidarrangearecountedasone.Identified
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Fig.5aObservationsfromMODISontheNASAAquasatellite,representingthecloudsituationfortheCAO
on1March2018at0317UTCandsurfacepressureisobarsandfronts,correspondingtotheU.K.MetOffice’s
0000UTCanalysischarton1March2018.bClose-upofthecloudpatterninthevicinityoftheship(red
cross)andcorrespondingMODISreflectancealongthelongitudinalcross-section(orangeline).(Colorfigure
online)

todocumentthesynopticsituation.Here,thegeostrophicflowispredominantlydirectedfrom
north-north-easttosouth-south-west.Closertothesurface,theflowisexpectedtogainamore
northerlycomponentduetofriction.Thisflowinitiatedtheadvectionofcoldanddryairfrom
thesea-ice,whicheventuallyinitiatedtheonsetoftheCAOconditionsintheIcelandand
GreenlandSeasregion.Theorganizationoftheflowisconnectedtothepassageofacyclone
throughtheareaoftheIcelandandGreenlandSeas,atypicalmechanismforthegenesis
ofCAOsoverhigh-latitudeoceanareas(e.g.,Fletcheretal.2016).Theareaintheship’s
vicinity,markedbyaredcrossinFig.5a(seealsoFig.1a),iscoveredbycellularclouds.
Figure5bshowsaclose-upofthiscloudpatternandthecorrespondingreflectanceinthe
satelliteobservations,alongthelongitudinalcross-sectionat±50kmdistancefromtheship.
Alongthe100-km-longcross-section,weobserve13singlecellularclouds,whichyieldsa
correspondingcloudwavelength,λcloud≈7.7km.Thehorizontalcloudscaleistherefore
approximatelytwiceaslargeastheLh,cfoundfromspectralanalysison1Marchat0300UTC
ofthenear-surfacerangeofthewind-profilinglidar(Fig.4).Similartofindingspresented
byRenfrewandMoore(1999),thisobservationimpliesthateverysecondconvectivecell,
initiatednearthesurfaceandobservedbytheship-basedlidar(Fig.4),manifestedasacloud,
whichcanbeidentifiedfromthesatelliteimage(Fig.5).

4.1Coherent-StructureStatistics

WenowapplythemethodologydemonstratedaboveoverthelifecycleoftheCAOevent
andintegratetheoccurrenceofeachidentifiedLh,covertheentireevaluatedperiod.Fig-
ure6ashowstheresultingoccurrenceforstructuresintegratedoverallthelidarlevels.Note,
individualstructuresthatspantheentireverticallidarrangearecountedasone.Identified
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Fig. 6 Coherent-structure occurrence, displayed versus Lh,c over the evaluated CAO period. The panels show
a integrated Lh,c occurrence. b Lh,c occurrence per vertical lidar level. c Lh,c occurrence per u

′
A interval. d

Lh,c occurrence per w′
A interval

structures with Lh,c between 4 × 102 m and 6 × 103 m occur frequently. This is in line
with the range of scales we expect to obtain with the ship-based lidar (Sect. 3.2.3). Coherent
structures with Lh,c ≈ 7 × 102 m are most frequently observed corresponding to ≈ 20%
of the evaluated CAO period (Fig. 6a). Here, the occurrences of Lh,c at the individual lidar
levels provide an interesting insight (Fig. 6b). For Lh,c smaller than 2 × 103 m the identified
Lh,c increase with increasing lidar level, explaining the frequent Lh,c occurrences at smaller
scales (Fig. 6a). The increasing Lh,c with height, evident in Fig. 6b, indicates that only a
fraction of the individual thermals observed at the lowest lidar levels reaches up to higher
altitudes.We also observed this process during the investigation of the 10-km-widewind fluc-
tuation field (Fig. 4). If an individual thermal does not reach as high, the distance between
the updrafts increases at higher altitudes and hence causes the identified Lh,c to increase.
The formation of clouds with λcloud , identified to be twice the size of Lh,c at comparably
lower altitudes (Fig. 4, Fig. 5), follows the same mechanism at larger scales. This mechanism
was also reported in past CAO studies (e.g., Atlas et al. 1986; Renfrew and Moore 1999;
Cook and Renfrew 2015). With increasing structure scales, e.g. at Lh,c ≈ 2.5 × 103 m
and Lh,c ≈ 5 × 103 m, individual structures span the entire lidar range more frequently
throughout the CAO event (Fig. 6b). Due to the higher occurrence of smaller Lh,c, identified
at lower lidar levels, the corresponding Lh,c occurrence distribution features more distinct
peaks than the occurrence of structures with the respective Lh,c at the higher levels (Fig. 6a,
b).

Figure 6c, d show the respective dependency of u′
A and w′

A on Lh,c. Small coherent
structures (Lh,c < 103 m) contribute exclusively with small u′

A and w′
A (< 0.2 m s−1), i.e.

reduced turbulent mixing in the MABL. With increasing Lh,c, the corresponding u′
A and w′

A
increase. The velocity amplitude u′

A exhibits a stronger increase with increasing Lh,c than
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structureswithLh,cbetween4×102mand6×103moccurfrequently.Thisisinline
withtherangeofscalesweexpecttoobtainwiththeship-basedlidar(Sect.3.2.3).Coherent
structureswithLh,c≈7×102maremostfrequentlyobservedcorrespondingto≈20%
oftheevaluatedCAOperiod(Fig.6a).Here,theoccurrencesofLh,cattheindividuallidar
levelsprovideaninterestinginsight(Fig.6b).ForLh,csmallerthan2×103mtheidentified
Lh,cincreasewithincreasinglidarlevel,explainingthefrequentLh,coccurrencesatsmaller
scales(Fig.6a).TheincreasingLh,cwithheight,evidentinFig.6b,indicatesthatonlya
fractionoftheindividualthermalsobservedatthelowestlidarlevelsreachesuptohigher
altitudes.Wealsoobservedthisprocessduringtheinvestigationofthe10-km-widewindfluc-
tuationfield(Fig.4).Ifanindividualthermaldoesnotreachashigh,thedistancebetween
theupdraftsincreasesathigheraltitudesandhencecausestheidentifiedLh,ctoincrease.
Theformationofcloudswithλcloud,identifiedtobetwicethesizeofLh,catcomparably
loweraltitudes(Fig.4,Fig.5),followsthesamemechanismatlargerscales.Thismechanism
wasalsoreportedinpastCAOstudies(e.g.,Atlasetal.1986;RenfrewandMoore1999;
CookandRenfrew2015).Withincreasingstructurescales,e.g.atLh,c≈2.5×103m
andLh,c≈5×103m,individualstructuresspantheentirelidarrangemorefrequently
throughouttheCAOevent(Fig.6b).DuetothehigheroccurrenceofsmallerLh,c,identified
atlowerlidarlevels,thecorrespondingLh,coccurrencedistributionfeaturesmoredistinct
peaksthantheoccurrenceofstructureswiththerespectiveLh,catthehigherlevels(Fig.6a,
b).

Figure6c,dshowtherespectivedependencyofu′
Aandw′

AonLh,c.Smallcoherent
structures(Lh,c<103m)contributeexclusivelywithsmallu′

Aandw′
A(<0.2ms−1),i.e.

reducedturbulentmixingintheMABL.WithincreasingLh,c,thecorrespondingu′
Aandw′

A
increase.Thevelocityamplitudeu′

AexhibitsastrongerincreasewithincreasingLh,cthan
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Fig. 6 Coherent-structure occurrence, displayed versus Lh,c over the evaluated CAO period. The panels show
a integrated Lh,c occurrence. b Lh,c occurrence per vertical lidar level. c Lh,c occurrence per u′A interval. d
Lh,c occurrence per w′A interval

structures with Lh,c between 4 × 102 m and 6 × 103 m occur frequently. This is in line
with the range of scales we expect to obtain with the ship-based lidar (Sect. 3.2.3). Coherent
structures with Lh,c ≈ 7 × 102 m are most frequently observed corresponding to ≈ 20%
of the evaluated CAO period (Fig. 6a). Here, the occurrences of Lh,c at the individual lidar
levels provide an interesting insight (Fig. 6b). For Lh,c smaller than 2 × 103 m the identified
Lh,c increase with increasing lidar level, explaining the frequent Lh,c occurrences at smaller
scales (Fig. 6a). The increasing Lh,c with height, evident in Fig. 6b, indicates that only a
fraction of the individual thermals observed at the lowest lidar levels reaches up to higher
altitudes.We also observed this process during the investigation of the 10-km-widewind fluc-
tuation field (Fig. 4). If an individual thermal does not reach as high, the distance between
the updrafts increases at higher altitudes and hence causes the identified Lh,c to increase.
The formation of clouds with λcloud , identified to be twice the size of Lh,c at comparably
lower altitudes (Fig. 4, Fig. 5), follows the same mechanism at larger scales. This mechanism
was also reported in past CAO studies (e.g., Atlas et al. 1986; Renfrew and Moore 1999;
Cook and Renfrew 2015). With increasing structure scales, e.g. at Lh,c ≈ 2.5 × 103 m
and Lh,c ≈ 5 × 103 m, individual structures span the entire lidar range more frequently
throughout the CAO event (Fig. 6b). Due to the higher occurrence of smaller Lh,c, identified
at lower lidar levels, the corresponding Lh,c occurrence distribution features more distinct
peaks than the occurrence of structures with the respective Lh,c at the higher levels (Fig. 6a,
b).

Figure 6c, d show the respective dependency of u′A and w′A on Lh,c. Small coherent
structures (Lh,c < 103 m) contribute exclusively with small u′A and w′A (< 0.2 m s−1), i.e.
reduced turbulent mixing in the MABL. With increasing Lh,c, the corresponding u′A and w′A
increase. The velocity amplitude u′A exhibits a stronger increase with increasing Lh,c than
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structureswithLh,c≈7×102maremostfrequentlyobservedcorrespondingto≈20%
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Lh,cincreasewithincreasinglidarlevel,explainingthefrequentLh,coccurrencesatsmaller
scales(Fig.6a).TheincreasingLh,cwithheight,evidentinFig.6b,indicatesthatonlya
fractionoftheindividualthermalsobservedatthelowestlidarlevelsreachesuptohigher
altitudes.Wealsoobservedthisprocessduringtheinvestigationofthe10-km-widewindfluc-
tuationfield(Fig.4).Ifanindividualthermaldoesnotreachashigh,thedistancebetween
theupdraftsincreasesathigheraltitudesandhencecausestheidentifiedLh,ctoincrease.
Theformationofcloudswithλcloud,identifiedtobetwicethesizeofLh,catcomparably
loweraltitudes(Fig.4,Fig.5),followsthesamemechanismatlargerscales.Thismechanism
wasalsoreportedinpastCAOstudies(e.g.,Atlasetal.1986;RenfrewandMoore1999;
CookandRenfrew2015).Withincreasingstructurescales,e.g.atLh,c≈2.5×103m
andLh,c≈5×103m,individualstructuresspantheentirelidarrangemorefrequently
throughouttheCAOevent(Fig.6b).DuetothehigheroccurrenceofsmallerLh,c,identified
atlowerlidarlevels,thecorrespondingLh,coccurrencedistributionfeaturesmoredistinct
peaksthantheoccurrenceofstructureswiththerespectiveLh,catthehigherlevels(Fig.6a,
b).

Figure6c,dshowtherespectivedependencyofu′Aandw′AonLh,c.Smallcoherent
structures(Lh,c<103m)contributeexclusivelywithsmallu′Aandw′A(<0.2ms−1),i.e.
reducedturbulentmixingintheMABL.WithincreasingLh,c,thecorrespondingu′Aandw′A
increase.Thevelocityamplitudeu′AexhibitsastrongerincreasewithincreasingLh,cthan
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Fig. 7 Scatter of u′
A against a w′

A and b v′
A corresponding to each coherent structure identified for the whole

range of Lh,c and throughout the evaluated CAO period. Grey lines indicate the proportions between u′
A and

w′
A and u′

A and v′
A , respectively

w′
A. In fact, w

′
A increases only until Lh,c ≈ 8 × 103 m and remains at the same maximum

value and velocity range for larger Lh,c. For Lh,c < 8 × 103m, u′
A is mostly two to

three times as large as the correspondingw′
A. These large differences are also apparent in the

scatter of u′
A against w′

A for the whole range of obtained Lh,c, which is displayed in Fig. 7a.
For the evaluated CAO event, the maximum observed amplitude of the vertical overturning
of the MABL is capped at approximately 0.5 m s−1 (Figs. 6d, 7a). The velocity amplitude,
u′
A, which compensates the vertical contribution to the convective circulation along-wind,

reaches much larger values of up to 1 m s−1 (Figs. 6c, 7a). For small coherent structures
and velocity amplitudes, u′

A and w′
A scatter around the 2:1 ratio (Fig. 7a). For increasing

u′
A, which also correspond to larger Lh,c (Fig. 6c), the scatter of u′

A and w′
A is closer to the

4:1 ratio (Fig. 7a). An implication of this increasing ratio between u′
A and w′

A is that the
ratio between Lh,c and the vertical coherent-structure depth also increases from small Lh,c

to large Lh,c.
Figure 7b displays the scatter of u′

A against v′
A for the whole range of Lh,c over the

evaluated CAO period. Note, we find a similar relationship between Lh,c and v′
A as for Lh,c

and u′
A (not shown). The scatter between u′

A and v′
A is dense about the 1:1 ratio and mainly

within the 1:2 and 2:1 ratios for small u′
A and v′

A (Fig. 7b), corresponding to Lh,c, which are
predominantly smaller than 2× 103 m (Fig. 6c). A ratio close to 1 iswithin the range expected
for horizontally isotropic cells. The velocity amplitudes, u′

A and v′
A, result from composites

of several structures intersecting the ship’s path at varying distance to their centre. For small
Lh,c, a large number of structures resemble the corresponding coherent-structure pattern,
representing average u′

A and v′
A over the different intersects (see Sect. 3.2.1). Neither u′

A
nor v′

A represents the maximum strength of the structures, but rather average properties over
the corresponding structure sizes. For increasing u′

A and v′
A, the spread of the scatter points

increases (Fig. 7b). A relatively higher fraction of scatter points than for small u′
A or v′

A lies
outside the 1:2 and 2:1 ratios, respectively. The larger spread at increasingly large velocity
amplitudes corresponds to Lh,c larger than 2 × 103 m (Fig. 6c). Here, the ship’s intersection
with a single large-scale structure strongly contributes to the corresponding values of u′

A and
v′
A in contrast to a composite velocity amplitude of multiple small coherent structures.
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Fig.7Scatterofu′
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Fig. 7 Scatter of u′A against a w′A and b v′A corresponding to each coherent structure identified for the whole
range of Lh,c and throughout the evaluated CAO period. Grey lines indicate the proportions between u′A and
w′A and u′A and v′A , respectively

w′A. In fact, w′A increases only until Lh,c ≈ 8 × 103 m and remains at the same maximum
value and velocity range for larger Lh,c. For Lh,c < 8 × 103m, u′A is mostly two to
three times as large as the correspondingw′A. These large differences are also apparent in the
scatter of u′A against w′A for the whole range of obtained Lh,c, which is displayed in Fig. 7a.
For the evaluated CAO event, the maximum observed amplitude of the vertical overturning
of the MABL is capped at approximately 0.5 m s−1 (Figs. 6d, 7a). The velocity amplitude,
u′A, which compensates the vertical contribution to the convective circulation along-wind,
reaches much larger values of up to 1 m s−1 (Figs. 6c, 7a). For small coherent structures
and velocity amplitudes, u′A and w′A scatter around the 2:1 ratio (Fig. 7a). For increasing
u′A, which also correspond to larger Lh,c (Fig. 6c), the scatter of u′A and w′A is closer to the
4:1 ratio (Fig. 7a). An implication of this increasing ratio between u′A and w′A is that the
ratio between Lh,c and the vertical coherent-structure depth also increases from small Lh,c

to large Lh,c.
Figure 7b displays the scatter of u′A against v′A for the whole range of Lh,c over the

evaluated CAO period. Note, we find a similar relationship between Lh,c and v′A as for Lh,c

and u′A (not shown). The scatter between u′A and v′A is dense about the 1:1 ratio and mainly
within the 1:2 and 2:1 ratios for small u′A and v′A (Fig. 7b), corresponding to Lh,c, which are
predominantly smaller than 2× 103 m (Fig. 6c). A ratio close to 1 iswithin the range expected
for horizontally isotropic cells. The velocity amplitudes, u′A and v′A, result from composites
of several structures intersecting the ship’s path at varying distance to their centre. For small
Lh,c, a large number of structures resemble the corresponding coherent-structure pattern,
representing average u′A and v′A over the different intersects (see Sect. 3.2.1). Neither u′A
nor v′A represents the maximum strength of the structures, but rather average properties over
the corresponding structure sizes. For increasing u′A and v′A, the spread of the scatter points
increases (Fig. 7b). A relatively higher fraction of scatter points than for small u′A or v′A lies
outside the 1:2 and 2:1 ratios, respectively. The larger spread at increasingly large velocity
amplitudes corresponds to Lh,c larger than 2 × 103 m (Fig. 6c). Here, the ship’s intersection
with a single large-scale structure strongly contributes to the corresponding values of u′A and
v′A in contrast to a composite velocity amplitude of multiple small coherent structures.
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Fig.7Scatterofu′Aagainstaw′Aandbv′Acorrespondingtoeachcoherentstructureidentifiedforthewhole
rangeofLh,candthroughouttheevaluatedCAOperiod.Greylinesindicatetheproportionsbetweenu′Aand
w′Aandu′Aandv′A,respectively

w′A.Infact,w′AincreasesonlyuntilLh,c≈8×103mandremainsatthesamemaximum
valueandvelocityrangeforlargerLh,c.ForLh,c<8×103m,u′Aismostlytwoto
threetimesaslargeasthecorrespondingw′A.Theselargedifferencesarealsoapparentinthe
scatterofu′Aagainstw′AforthewholerangeofobtainedLh,c,whichisdisplayedinFig.7a.
FortheevaluatedCAOevent,themaximumobservedamplitudeoftheverticaloverturning
oftheMABLiscappedatapproximately0.5ms−1(Figs.6d,7a).Thevelocityamplitude,
u′A,whichcompensatestheverticalcontributiontotheconvectivecirculationalong-wind,
reachesmuchlargervaluesofupto1ms−1(Figs.6c,7a).Forsmallcoherentstructures
andvelocityamplitudes,u′Aandw′Ascatteraroundthe2:1ratio(Fig.7a).Forincreasing
u′A,whichalsocorrespondtolargerLh,c(Fig.6c),thescatterofu′Aandw′Aisclosertothe
4:1ratio(Fig.7a).Animplicationofthisincreasingratiobetweenu′Aandw′Aisthatthe
ratiobetweenLh,candtheverticalcoherent-structuredepthalsoincreasesfromsmallLh,c

tolargeLh,c.
Figure7bdisplaysthescatterofu′Aagainstv′AforthewholerangeofLh,coverthe

evaluatedCAOperiod.Note,wefindasimilarrelationshipbetweenLh,candv′AasforLh,c

andu′A(notshown).Thescatterbetweenu′Aandv′Aisdenseaboutthe1:1ratioandmainly
withinthe1:2and2:1ratiosforsmallu′Aandv′A(Fig.7b),correspondingtoLh,c,whichare
predominantlysmallerthan2×103m(Fig.6c).Aratiocloseto1iswithintherangeexpected
forhorizontallyisotropiccells.Thevelocityamplitudes,u′Aandv′A,resultfromcomposites
ofseveralstructuresintersectingtheship’spathatvaryingdistancetotheircentre.Forsmall
Lh,c,alargenumberofstructuresresemblethecorrespondingcoherent-structurepattern,
representingaverageu′Aandv′Aoverthedifferentintersects(seeSect.3.2.1).Neitheru′A
norv′Arepresentsthemaximumstrengthofthestructures,butratheraveragepropertiesover
thecorrespondingstructuresizes.Forincreasingu′Aandv′A,thespreadofthescatterpoints
increases(Fig.7b).Arelativelyhigherfractionofscatterpointsthanforsmallu′Aorv′Alies
outsidethe1:2and2:1ratios,respectively.Thelargerspreadatincreasinglylargevelocity
amplitudescorrespondstoLh,clargerthan2×103m(Fig.6c).Here,theship’sintersection
withasinglelarge-scalestructurestronglycontributestothecorrespondingvaluesofu′Aand
v′Aincontrasttoacompositevelocityamplitudeofmultiplesmallcoherentstructures.
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Fig. 8 Occurrence of coherent structures of respective Lh,c , corresponding to the evaluated CAO period and
integrated over a hb range bins of 150 m between 800 m and 1550 m, b Rig range bins of 0.5, ranging
from −4.25 to 0.25. Occurrences corresponding to structures outside of the displayed hb and Rig ranges are
counted to the corresponding lowest or highest range bins, respectively. For each bin of the corresponding
boundary-layer parameter, the quartiles (25-percentile, median, 75-percentile) are indicated in red. Themedian
is indicated by red diamonds and the interquartile range of Lh,c is indicated by the horizontal red line. (Colour
figure online)

We now shift the focus of the discussion from the inter dependency of the coherent-
structure characteristics to their dependency on the obtained boundary-layer parameters.
Each boundary-layer parameter, introduced in Sect. 3.1, is separated into bins, correspond-
ing to their respective uncertainty range. We combine the time series of the identified Lh,c

and the time series of the boundary-layer parameters by integrating the temporal occurrence
of each Lh,c over each of the boundary-layer bin ranges. Similar to the occurrence distribu-
tion displayed in Fig. 6a, we count a Lh,c that is simultaneously observed at several lidar
levels as a single coherent-structure pattern. Hence, integrating the resulting Lh,c occurrence
distribution over the whole range of the respective boundary-layer parameter would yield the
same distribution as shown in Fig. 6a. Note, an integration of the occurrences over the range
of Lh,c, on the other hand will not yield the occurrence of the boundary-layer parameter,
because structures of different scales can coexist in the flow field. Figure 8 displays the Lh,c

occurrences, corresponding to hb and Rig , which show a noticeable dependency on Lh,c over
the course of the evaluated CAO period.

Figure 8a shows the dependency of the Lh,c occurrences on hb range bins.With increasing
hb, the occurrence distribution of Lh,c shifts to larger Lh,c values. Except for the lowest hb
bin between 800 m and 950 m, which includes only a small fraction of the Lh,c occurrence,
the median Lh,c is in the range of ≈ 2 × 103 m to 4 × 103 m (2 to 4 km). The median Lh,c

is approximately twice as large as hb over the range of hb between ≈ 1 km and 1.5 km.
We observe similar values for the ratio between u′

A and w′
A displayed in Fig. 7a. Cieszelski

(1998) sampled cellular convection , which featured a very similar horizontal extent of 2 km
to 3 km at a comparable convective boundary-layer depth of 1 km. Cieszelski′s observations
corresponded very well with ratios between the horizontal and the vertical convective scales
found in laboratory experiments of cellular Rayleigh–Bénard convection. Based on their size
and ratios, we also expect the coherent structures obtained during this study to have properties
which are similar to cellular Rayleigh–Bénard convection, such as their dependency on the
temperature gradient in the flow.

The Richardson number Rig is a measure for the balance between buoyancy (temperature
gradient) and shear (velocity gradient) in the boundary layer. For the evaluated CAO, we
observe a distinct dependency between the Lh,c-occurrence distribution and the near-surface
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isapproximatelytwiceaslargeashbovertherangeofhbbetween≈1kmand1.5km.
Weobservesimilarvaluesfortheratiobetweenu′

Aandw′
AdisplayedinFig.7a.Cieszelski
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Fig. 8 Occurrence of coherent structures of respective Lh,c , corresponding to the evaluated CAO period and
integrated over a hb range bins of 150 m between 800 m and 1550 m, b Rig range bins of 0.5, ranging
from −4.25 to 0.25. Occurrences corresponding to structures outside of the displayed hb and Rig ranges are
counted to the corresponding lowest or highest range bins, respectively. For each bin of the corresponding
boundary-layer parameter, the quartiles (25-percentile, median, 75-percentile) are indicated in red. Themedian
is indicated by red diamonds and the interquartile range of Lh,c is indicated by the horizontal red line. (Colour
figure online)

We now shift the focus of the discussion from the inter dependency of the coherent-
structure characteristics to their dependency on the obtained boundary-layer parameters.
Each boundary-layer parameter, introduced in Sect. 3.1, is separated into bins, correspond-
ing to their respective uncertainty range. We combine the time series of the identified Lh,c

and the time series of the boundary-layer parameters by integrating the temporal occurrence
of each Lh,c over each of the boundary-layer bin ranges. Similar to the occurrence distribu-
tion displayed in Fig. 6a, we count a Lh,c that is simultaneously observed at several lidar
levels as a single coherent-structure pattern. Hence, integrating the resulting Lh,c occurrence
distribution over the whole range of the respective boundary-layer parameter would yield the
same distribution as shown in Fig. 6a. Note, an integration of the occurrences over the range
of Lh,c, on the other hand will not yield the occurrence of the boundary-layer parameter,
because structures of different scales can coexist in the flow field. Figure 8 displays the Lh,c

occurrences, corresponding to hb and Rig , which show a noticeable dependency on Lh,c over
the course of the evaluated CAO period.

Figure 8a shows the dependency of the Lh,c occurrences on hb range bins.With increasing
hb, the occurrence distribution of Lh,c shifts to larger Lh,c values. Except for the lowest hb
bin between 800 m and 950 m, which includes only a small fraction of the Lh,c occurrence,
the median Lh,c is in the range of ≈ 2 × 103 m to 4 × 103 m (2 to 4 km). The median Lh,c

is approximately twice as large as hb over the range of hb between ≈ 1 km and 1.5 km.
We observe similar values for the ratio between u′A and w′A displayed in Fig. 7a. Cieszelski
(1998) sampled cellular convection , which featured a very similar horizontal extent of 2 km
to 3 km at a comparable convective boundary-layer depth of 1 km. Cieszelski′s observations
corresponded very well with ratios between the horizontal and the vertical convective scales
found in laboratory experiments of cellular Rayleigh–Bénard convection. Based on their size
and ratios, we also expect the coherent structures obtained during this study to have properties
which are similar to cellular Rayleigh–Bénard convection, such as their dependency on the
temperature gradient in the flow.

The Richardson number Rig is a measure for the balance between buoyancy (temperature
gradient) and shear (velocity gradient) in the boundary layer. For the evaluated CAO, we
observe a distinct dependency between the Lh,c-occurrence distribution and the near-surface
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Fig.8OccurrenceofcoherentstructuresofrespectiveLh,c,correspondingtotheevaluatedCAOperiodand
integratedoverahbrangebinsof150mbetween800mand1550m,bRigrangebinsof0.5,ranging
from−4.25to0.25.OccurrencescorrespondingtostructuresoutsideofthedisplayedhbandRigrangesare
countedtothecorrespondinglowestorhighestrangebins,respectively.Foreachbinofthecorresponding
boundary-layerparameter,thequartiles(25-percentile,median,75-percentile)areindicatedinred.Themedian
isindicatedbyreddiamondsandtheinterquartilerangeofLh,cisindicatedbythehorizontalredline.(Colour
figureonline)

Wenowshiftthefocusofthediscussionfromtheinterdependencyofthecoherent-
structurecharacteristicstotheirdependencyontheobtainedboundary-layerparameters.
Eachboundary-layerparameter,introducedinSect.3.1,isseparatedintobins,correspond-
ingtotheirrespectiveuncertaintyrange.WecombinethetimeseriesoftheidentifiedLh,c

andthetimeseriesoftheboundary-layerparametersbyintegratingthetemporaloccurrence
ofeachLh,covereachoftheboundary-layerbinranges.Similartotheoccurrencedistribu-
tiondisplayedinFig.6a,wecountaLh,cthatissimultaneouslyobservedatseverallidar
levelsasasinglecoherent-structurepattern.Hence,integratingtheresultingLh,coccurrence
distributionoverthewholerangeoftherespectiveboundary-layerparameterwouldyieldthe
samedistributionasshowninFig.6a.Note,anintegrationoftheoccurrencesovertherange
ofLh,c,ontheotherhandwillnotyieldtheoccurrenceoftheboundary-layerparameter,
becausestructuresofdifferentscalescancoexistintheflowfield.Figure8displaystheLh,c

occurrences,correspondingtohbandRig,whichshowanoticeabledependencyonLh,cover
thecourseoftheevaluatedCAOperiod.

Figure8ashowsthedependencyoftheLh,coccurrencesonhbrangebins.Withincreasing
hb,theoccurrencedistributionofLh,cshiftstolargerLh,cvalues.Exceptforthelowesthb
binbetween800mand950m,whichincludesonlyasmallfractionoftheLh,coccurrence,
themedianLh,cisintherangeof≈2×103mto4×103m(2to4km).ThemedianLh,c

isapproximatelytwiceaslargeashbovertherangeofhbbetween≈1kmand1.5km.
Weobservesimilarvaluesfortheratiobetweenu′Aandw′AdisplayedinFig.7a.Cieszelski
(1998)sampledcellularconvection,whichfeaturedaverysimilarhorizontalextentof2km
to3kmatacomparableconvectiveboundary-layerdepthof1km.Cieszelski′sobservations
correspondedverywellwithratiosbetweenthehorizontalandtheverticalconvectivescales
foundinlaboratoryexperimentsofcellularRayleigh–Bénardconvection.Basedontheirsize
andratios,wealsoexpectthecoherentstructuresobtainedduringthisstudytohaveproperties
whicharesimilartocellularRayleigh–Bénardconvection,suchastheirdependencyonthe
temperaturegradientintheflow.

TheRichardsonnumberRigisameasureforthebalancebetweenbuoyancy(temperature
gradient)andshear(velocitygradient)intheboundarylayer.FortheevaluatedCAO,we
observeadistinctdependencybetweentheLh,c-occurrencedistributionandthenear-surface
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Rig (Fig. 8b). Here, themedian Lh,c decreases with increasingly negative Rig ≤ −2. This is
in line with the development of Rayleigh–Bénard convection scales with increasing buoyant
forcing observed in laboratory experiments (e.g., Hu et al. 1995). Figure 8b shows that the
largest median Lh,c ≈ 3 × 103 m are present at Rig between −1.75 and −1.25, where the
turbulence generation is weakly buoyancy dominated. For the Rig bin centred at −1, where
the turbulence generation is equally balanced between buoyancy and shear, we observe the
most frequent occurrence of coherent structures, which is consistently high over almost the
whole range of Lh,c. This dense Lh,c occurrence is both due to the frequent occurrence of Rig
around minus 1, and due to increased multi-scale characteristics of the coherent structures
for this Rig range bin. For Rig ≥ −1, medium Lh,c decreases with increasing Rig . Yet, the
occurrence of Lh,c also decreases for the more shear-dominated conditions corresponding to
Rig values around 0. For Rig ≥ 0.5 (not shown), we identify no Lh,c. This is mainly because
this condition is sparsely present during the obtainedCAOperiod. Butwe also do not expect to
obtain coherent structures during increasingly stable conditions, for which past studies (e.g.,
Barthlott et al. 2007) predominantly report very small turbulent-structure scales< 2 × 102 m
in the boundary layer. Such small-scale structures are unlikely to be resolved accurately with
the observations available here. Positive Rig correspond to comparably small Lh,c, because
structures are hindered to grow to large scale, while a positive lapse rate works against the
structure’s expansion. Yet, large negative Rig also correspond to comparably small Lh,c.
On the contrary to positive Rig , however, vertical decoupling is a key mechanism for large
negative Rig and the strong buoyant forcing enhances the emergence of individual thermals.
In the absence of the suppressing, enhancing, or vertically restricting factors, turbulence
conditions, which are balanced between buoyancy and shear, favour comparably increased
Lh,c.

The boundary-layer parameters, w↑
max, w

↓
max, QH , QL , and d are not displayed in Fig. 8,

as they exhibit a more complex dependency on Lh,c than hb and Rig . The parameters are
obtained during evolving synoptic conditions as well as from a moving ship, which results in
both a temporal and a spatial perspective of the processes that shape the coherent structures
during the CAO event. In the following section, we investigate this temporal and spatial
development of the boundary-layer parameters, the connected predominating processes, and
their impact on the coherent-structure development.

4.2 Coherent-Structure Evolution

The final shape of the Lh,c-occurrence distribution (Fig. 6a) depends on the temporal and
spatial evolution of the coherent structures identified during the evaluated CAO period. The
time series of the predominating Lh,c is now examined via Fig. 9a. Displayed are the time
series of structures with respective Lh,c which occurred most frequently throughout the
CAO. Figure 9b–f shows the complementing time series of the boundary-layer parameters.
Additionally, Fig. 9g depicts the general evolution of Ta , SST , and wind during the CAO
and Fig. 9h shows the fetch, representative for the spatial evolution of the evaluated CAO
from the ship’s perspective.

We identify the first robust signal of coherent structures in the lidar observations shortly
after an initial increase in hb, d , QH , and QL (Fig. 9b, e, f). The increase of these parameters
is due to the advection of cold air from the north, indicated by a drop in Ta (Fig. 9g). The
fetch corresponding to these first hours of the CAO event is consistently fixed at f ≈ 250 km
(Fig. 9h). Even though near-surface instability is increased, the turbulence generation and
deepening of the boundary layer to 1 km is mainly shear-driven, indicated by a Rig close to
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Rig(Fig.8b).Here,themedianLh,cdecreaseswithincreasinglynegativeRig≤−2.Thisis
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largestmedianLh,c≈3×103marepresentatRigbetween−1.75and−1.25,wherethe
turbulencegenerationisweaklybuoyancydominated.FortheRigbincentredat−1,where
theturbulencegenerationisequallybalancedbetweenbuoyancyandshear,weobservethe
mostfrequentoccurrenceofcoherentstructures,whichisconsistentlyhighoveralmostthe
wholerangeofLh,c.ThisdenseLh,coccurrenceisbothduetothefrequentoccurrenceofRig
aroundminus1,andduetoincreasedmulti-scalecharacteristicsofthecoherentstructures
forthisRigrangebin.ForRig≥−1,mediumLh,cdecreaseswithincreasingRig.Yet,the
occurrenceofLh,calsodecreasesforthemoreshear-dominatedconditionscorrespondingto
Rigvaluesaround0.ForRig≥0.5(notshown),weidentifynoLh,c.Thisismainlybecause
thisconditionissparselypresentduringtheobtainedCAOperiod.Butwealsodonotexpectto
obtaincoherentstructuresduringincreasinglystableconditions,forwhichpaststudies(e.g.,
Barthlottetal.2007)predominantlyreportverysmallturbulent-structurescales<2×102m
intheboundarylayer.Suchsmall-scalestructuresareunlikelytoberesolvedaccuratelywith
theobservationsavailablehere.PositiveRigcorrespondtocomparablysmallLh,c,because
structuresarehinderedtogrowtolargescale,whileapositivelapserateworksagainstthe
structure’sexpansion.Yet,largenegativeRigalsocorrespondtocomparablysmallLh,c.
OnthecontrarytopositiveRig,however,verticaldecouplingisakeymechanismforlarge
negativeRigandthestrongbuoyantforcingenhancestheemergenceofindividualthermals.
Intheabsenceofthesuppressing,enhancing,orverticallyrestrictingfactors,turbulence
conditions,whicharebalancedbetweenbuoyancyandshear,favourcomparablyincreased
Lh,c.

Theboundary-layerparameters,w↑
max,w

↓
max,QH,QL,anddarenotdisplayedinFig.8,

astheyexhibitamorecomplexdependencyonLh,cthanhbandRig.Theparametersare
obtainedduringevolvingsynopticconditionsaswellasfromamovingship,whichresultsin
bothatemporalandaspatialperspectiveoftheprocessesthatshapethecoherentstructures
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Rig (Fig. 8b). Here, themedian Lh,c decreases with increasingly negative Rig ≤ −2. This is
in line with the development of Rayleigh–Bénard convection scales with increasing buoyant
forcing observed in laboratory experiments (e.g., Hu et al. 1995). Figure 8b shows that the
largest median Lh,c ≈ 3 × 103 m are present at Rig between −1.75 and −1.25, where the
turbulence generation is weakly buoyancy dominated. For the Rig bin centred at −1, where
the turbulence generation is equally balanced between buoyancy and shear, we observe the
most frequent occurrence of coherent structures, which is consistently high over almost the
whole range of Lh,c. This dense Lh,c occurrence is both due to the frequent occurrence of Rig
around minus 1, and due to increased multi-scale characteristics of the coherent structures
for this Rig range bin. For Rig ≥ −1, medium Lh,c decreases with increasing Rig . Yet, the
occurrence of Lh,c also decreases for the more shear-dominated conditions corresponding to
Rig values around 0. For Rig ≥ 0.5 (not shown), we identify no Lh,c. This is mainly because
this condition is sparsely present during the obtainedCAOperiod. Butwe also do not expect to
obtain coherent structures during increasingly stable conditions, for which past studies (e.g.,
Barthlott et al. 2007) predominantly report very small turbulent-structure scales< 2 × 102 m
in the boundary layer. Such small-scale structures are unlikely to be resolved accurately with
the observations available here. Positive Rig correspond to comparably small Lh,c, because
structures are hindered to grow to large scale, while a positive lapse rate works against the
structure’s expansion. Yet, large negative Rig also correspond to comparably small Lh,c.
On the contrary to positive Rig , however, vertical decoupling is a key mechanism for large
negative Rig and the strong buoyant forcing enhances the emergence of individual thermals.
In the absence of the suppressing, enhancing, or vertically restricting factors, turbulence
conditions, which are balanced between buoyancy and shear, favour comparably increased
Lh,c.

The boundary-layer parameters, w↑max, w↓max, QH , QL , and d are not displayed in Fig. 8,
as they exhibit a more complex dependency on Lh,c than hb and Rig . The parameters are
obtained during evolving synoptic conditions as well as from a moving ship, which results in
both a temporal and a spatial perspective of the processes that shape the coherent structures
during the CAO event. In the following section, we investigate this temporal and spatial
development of the boundary-layer parameters, the connected predominating processes, and
their impact on the coherent-structure development.

4.2 Coherent-Structure Evolution

The final shape of the Lh,c-occurrence distribution (Fig. 6a) depends on the temporal and
spatial evolution of the coherent structures identified during the evaluated CAO period. The
time series of the predominating Lh,c is now examined via Fig. 9a. Displayed are the time
series of structures with respective Lh,c which occurred most frequently throughout the
CAO. Figure 9b–f shows the complementing time series of the boundary-layer parameters.
Additionally, Fig. 9g depicts the general evolution of Ta , SST , and wind during the CAO
and Fig. 9h shows the fetch, representative for the spatial evolution of the evaluated CAO
from the ship’s perspective.

We identify the first robust signal of coherent structures in the lidar observations shortly
after an initial increase in hb, d , QH , and QL (Fig. 9b, e, f). The increase of these parameters
is due to the advection of cold air from the north, indicated by a drop in Ta (Fig. 9g). The
fetch corresponding to these first hours of the CAO event is consistently fixed at f ≈ 250 km
(Fig. 9h). Even though near-surface instability is increased, the turbulence generation and
deepening of the boundary layer to 1 km is mainly shear-driven, indicated by a Rig close to
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Rig(Fig.8b).Here,themedianLh,cdecreaseswithincreasinglynegativeRig≤−2.Thisis
inlinewiththedevelopmentofRayleigh–Bénardconvectionscaleswithincreasingbuoyant
forcingobservedinlaboratoryexperiments(e.g.,Huetal.1995).Figure8bshowsthatthe
largestmedianLh,c≈3×103marepresentatRigbetween−1.75and−1.25,wherethe
turbulencegenerationisweaklybuoyancydominated.FortheRigbincentredat−1,where
theturbulencegenerationisequallybalancedbetweenbuoyancyandshear,weobservethe
mostfrequentoccurrenceofcoherentstructures,whichisconsistentlyhighoveralmostthe
wholerangeofLh,c.ThisdenseLh,coccurrenceisbothduetothefrequentoccurrenceofRig
aroundminus1,andduetoincreasedmulti-scalecharacteristicsofthecoherentstructures
forthisRigrangebin.ForRig≥−1,mediumLh,cdecreaseswithincreasingRig.Yet,the
occurrenceofLh,calsodecreasesforthemoreshear-dominatedconditionscorrespondingto
Rigvaluesaround0.ForRig≥0.5(notshown),weidentifynoLh,c.Thisismainlybecause
thisconditionissparselypresentduringtheobtainedCAOperiod.Butwealsodonotexpectto
obtaincoherentstructuresduringincreasinglystableconditions,forwhichpaststudies(e.g.,
Barthlottetal.2007)predominantlyreportverysmallturbulent-structurescales<2×102m
intheboundarylayer.Suchsmall-scalestructuresareunlikelytoberesolvedaccuratelywith
theobservationsavailablehere.PositiveRigcorrespondtocomparablysmallLh,c,because
structuresarehinderedtogrowtolargescale,whileapositivelapserateworksagainstthe
structure’sexpansion.Yet,largenegativeRigalsocorrespondtocomparablysmallLh,c.
OnthecontrarytopositiveRig,however,verticaldecouplingisakeymechanismforlarge
negativeRigandthestrongbuoyantforcingenhancestheemergenceofindividualthermals.
Intheabsenceofthesuppressing,enhancing,orverticallyrestrictingfactors,turbulence
conditions,whicharebalancedbetweenbuoyancyandshear,favourcomparablyincreased
Lh,c.

Theboundary-layerparameters,w↑max,w↓max,QH,QL,anddarenotdisplayedinFig.8,
astheyexhibitamorecomplexdependencyonLh,cthanhbandRig.Theparametersare
obtainedduringevolvingsynopticconditionsaswellasfromamovingship,whichresultsin
bothatemporalandaspatialperspectiveoftheprocessesthatshapethecoherentstructures
duringtheCAOevent.Inthefollowingsection,weinvestigatethistemporalandspatial
developmentoftheboundary-layerparameters,theconnectedpredominatingprocesses,and
theirimpactonthecoherent-structuredevelopment.

4.2Coherent-StructureEvolution

ThefinalshapeoftheLh,c-occurrencedistribution(Fig.6a)dependsonthetemporaland
spatialevolutionofthecoherentstructuresidentifiedduringtheevaluatedCAOperiod.The
timeseriesofthepredominatingLh,cisnowexaminedviaFig.9a.Displayedarethetime
seriesofstructureswithrespectiveLh,cwhichoccurredmostfrequentlythroughoutthe
CAO.Figure9b–fshowsthecomplementingtimeseriesoftheboundary-layerparameters.
Additionally,Fig.9gdepictsthegeneralevolutionofTa,SST,andwindduringtheCAO
andFig.9hshowsthefetch,representativeforthespatialevolutionoftheevaluatedCAO
fromtheship’sperspective.

Weidentifythefirstrobustsignalofcoherentstructuresinthelidarobservationsshortly
afteraninitialincreaseinhb,d,QH,andQL(Fig.9b,e,f).Theincreaseoftheseparameters
isduetotheadvectionofcoldairfromthenorth,indicatedbyadropinTa(Fig.9g).The
fetchcorrespondingtothesefirsthoursoftheCAOeventisconsistentlyfixedatf≈250km
(Fig.9h).Eventhoughnear-surfaceinstabilityisincreased,theturbulencegenerationand
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Fig. 9 Time series of various variables obtained during theCAOperiod. aHourly,most frequent Lh,c , obtained
at different lidar levels. Timesteps, at which no coherent structures were identified are left blank. b Lapse rate
�θ/�z and buoyancy height hb with corresponding uncertainty ranges from radiometer and radiosondes,
with missing data marked in light grey. c Rig and indication of buoyancy-driven, shear-driven, and suppressed
turbulence regime. d Time series of maximum velocities in up- and downdrafts. e Time series of d, with
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zero (Fig. 9b, c). Remarkably, the evolution of hb, estimated on the basis of the radiometer
observation, is very close to those from the radiosonde measurements. During the first hours
of the CAO, observations of small terminal velocities of precipitation (vt ≤ 1 m s−1, Fig. 9d)
indicate the presence of snow-type precipitation (Maahn and Kollias 2012). Simultaneously
increased w

↓
max and low w

↑
max values indicate an impact of this type of precipitation on

the absolute vertical velocity observations by the lidar. Because an accurate observation of
w is essential to estimate Lh,c, such a long period of precipitation potentially impacts the
applicability of the spectral analysis method (Sect. 3.2.2), when the velocity fluctuations
are dampened by the precipitation signal. This precipitation event also marks a halt in the
otherwise monotonic increase of d from 0 o/oo to ≈ 18 o/oo at the beginning of the CAO
(Fig. 9e). As long as d increases any convective overturning of the MABL is not sufficient to
compensate for the increasing relative enrichment of HDOmolecules in thewater vapour, due
to increased evaporation in the CAO conditions. Hence, along the whole distance between
the ship and the origin of the CAO air masses ( f ≈ 250 km), the evaporation process at the
sea surface provides a stronger isotopic signal than the mixing by convection. Unfortunately
we cannot directly evaluate the observed trends in the boundary-layer parameters (Fig. 9b–f)
in the context of Lh,c as no coherent structures could be detected during these first few hours
(Fig. 9a). Assuming that precipitation does not conceal coherent-structure development, this
indicates that the organization of coherent structures in the flow requires a certain spin-up
time. This spin-up time is determined by the strength and speed of the cold-air advection.

From 28 February 1200 UTC, the evaluated CAO features organized convection,
detectable with the spectral-analysis method introduced in Sect. 3.2. The predominating
Lh,c gradually increase from O (4 × 102 m) on 28 February 1200 UTC to O (104 m) on
1 March 0000 UTC and overall decrease again to O (4 × 102 m) within 1 March 1200 UTC.
On this comparably long time scale of 24 h, the boundary-layer parameters, hb, wmax, d , and
Q show a response to the overall evolution of Lh,c (Fig. 9a–f). Yet a distinct, short-livedmini-
mum Lh,c ≈ O (4× 102 m) around 1March 0200 UTC is not captured by these parameters.
Here, only the near-surface instability and Rig (Fig. 9b, c) take increasingly negative values
in correspondence. This observation confirms the sensitivity of Lh,c to Rig found in the
Rig-dependent heatmap of Lh,c occurrences (Fig. 8b), while the other evaluated boundary-
layer parameters show a less distinct relationship to Lh,c. The processes responsible for the
evolution of the near-surface instability and Rig are therefore particularly interesting. On
the short time scales, which are of interest to the evolution of Rig , changes in atmospheric
conditions due to the ship’s movement play a key role. From 28 February 1200 UTC to
1March 0300 UTC f increases to≈ 500 km, as the ship steamed to the south and away from
the sea-ice edge (Fig 1b, Fig. 9h). Along the way, on 1 March around 0000 UTC, the rain
radar detects two short precipitation events with vT > 2 m s−1 (Fig. 9d), indicating that liquid
droplets predominate during these events (see Maahn and Kollias 2012). With increasing
fetch and time such precipitation events are expected to occur more frequently, as a response
to the convective overturning of water vapour and cloud growth during the progressing CAO
(e.g, Papritz and Sodemann 2018). Locally, evaporating precipitation can cause cooling in the
near-surface layers. This can result in increased negative lapse rate and a stronger near-surface
instability, which is observed when the ship moves into a location affected by precipitation.
Cooling of the lower atmospheric layers can introduce vertical decoupling of the air-masses
(Abel et al. 2017) and a corresponding restriction of the vertical structure scale and corre-
sponding Lh,c, as observed on 1 March around 0200 UTC. Such decoupling is independent
of the theoretical maximum vertical structure extension, represented by hb. Except for the
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zero(Fig.9b,c).Remarkably,theevolutionofhb,estimatedonthebasisoftheradiometer
observation,isveryclosetothosefromtheradiosondemeasurements.Duringthefirsthours
oftheCAO,observationsofsmallterminalvelocitiesofprecipitation(vt≤1ms−1,Fig.9d)
indicatethepresenceofsnow-typeprecipitation(MaahnandKollias2012).Simultaneously
increasedw

↓
maxandloww

↑
maxvaluesindicateanimpactofthistypeofprecipitationon

theabsoluteverticalvelocityobservationsbythelidar.Becauseanaccurateobservationof
wisessentialtoestimateLh,c,suchalongperiodofprecipitationpotentiallyimpactsthe
applicabilityofthespectralanalysismethod(Sect.3.2.2),whenthevelocityfluctuations
aredampenedbytheprecipitationsignal.Thisprecipitationeventalsomarksahaltinthe
otherwisemonotonicincreaseofdfrom0o/ooto≈18o/ooatthebeginningoftheCAO
(Fig.9e).AslongasdincreasesanyconvectiveoverturningoftheMABLisnotsufficientto
compensatefortheincreasingrelativeenrichmentofHDOmoleculesinthewatervapour,due
toincreasedevaporationintheCAOconditions.Hence,alongthewholedistancebetween
theshipandtheoriginoftheCAOairmasses(f≈250km),theevaporationprocessatthe
seasurfaceprovidesastrongerisotopicsignalthanthemixingbyconvection.Unfortunately
wecannotdirectlyevaluatetheobservedtrendsintheboundary-layerparameters(Fig.9b–f)
inthecontextofLh,casnocoherentstructurescouldbedetectedduringthesefirstfewhours
(Fig.9a).Assumingthatprecipitationdoesnotconcealcoherent-structuredevelopment,this
indicatesthattheorganizationofcoherentstructuresintheflowrequiresacertainspin-up
time.Thisspin-uptimeisdeterminedbythestrengthandspeedofthecold-airadvection.

From28February1200UTC,theevaluatedCAOfeaturesorganizedconvection,
detectablewiththespectral-analysismethodintroducedinSect.3.2.Thepredominating
Lh,cgraduallyincreasefromO(4×102m)on28February1200UTCtoO(104m)on
1March0000UTCandoveralldecreaseagaintoO(4×102m)within1March1200UTC.
Onthiscomparablylongtimescaleof24h,theboundary-layerparameters,hb,wmax,d,and
QshowaresponsetotheoverallevolutionofLh,c(Fig.9a–f).Yetadistinct,short-livedmini-
mumLh,c≈O(4×102m)around1March0200UTCisnotcapturedbytheseparameters.
Here,onlythenear-surfaceinstabilityandRig(Fig.9b,c)takeincreasinglynegativevalues
incorrespondence.ThisobservationconfirmsthesensitivityofLh,ctoRigfoundinthe
Rig-dependentheatmapofLh,coccurrences(Fig.8b),whiletheotherevaluatedboundary-
layerparametersshowalessdistinctrelationshiptoLh,c.Theprocessesresponsibleforthe
evolutionofthenear-surfaceinstabilityandRigarethereforeparticularlyinteresting.On
theshorttimescales,whichareofinteresttotheevolutionofRig,changesinatmospheric
conditionsduetotheship’smovementplayakeyrole.From28February1200UTCto
1March0300UTCfincreasesto≈500km,astheshipsteamedtothesouthandawayfrom
thesea-iceedge(Fig1b,Fig.9h).Alongtheway,on1Marcharound0000UTC,therain
radardetectstwoshortprecipitationeventswithvT>2ms−1(Fig.9d),indicatingthatliquid
dropletspredominateduringtheseevents(seeMaahnandKollias2012).Withincreasing
fetchandtimesuchprecipitationeventsareexpectedtooccurmorefrequently,asaresponse
totheconvectiveoverturningofwatervapourandcloudgrowthduringtheprogressingCAO
(e.g,PapritzandSodemann2018).Locally,evaporatingprecipitationcancausecoolinginthe
near-surfacelayers.Thiscanresultinincreasednegativelapserateandastrongernear-surface
instability,whichisobservedwhentheshipmovesintoalocationaffectedbyprecipitation.
Coolingoftheloweratmosphericlayerscanintroduceverticaldecouplingoftheair-masses
(Abeletal.2017)andacorrespondingrestrictionoftheverticalstructurescaleandcorre-
spondingLh,c,asobservedon1Marcharound0200UTC.Suchdecouplingisindependent
ofthetheoreticalmaximumverticalstructureextension,representedbyhb.Exceptforthe
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zero (Fig. 9b, c). Remarkably, the evolution of hb, estimated on the basis of the radiometer
observation, is very close to those from the radiosonde measurements. During the first hours
of the CAO, observations of small terminal velocities of precipitation (vt ≤ 1 m s−1, Fig. 9d)
indicate the presence of snow-type precipitation (Maahn and Kollias 2012). Simultaneously
increased w↓max and low w↑max values indicate an impact of this type of precipitation on
the absolute vertical velocity observations by the lidar. Because an accurate observation of
w is essential to estimate Lh,c, such a long period of precipitation potentially impacts the
applicability of the spectral analysis method (Sect. 3.2.2), when the velocity fluctuations
are dampened by the precipitation signal. This precipitation event also marks a halt in the
otherwise monotonic increase of d from 0 o/

oo to ≈ 18 o/
oo at the beginning of the CAO

(Fig. 9e). As long as d increases any convective overturning of the MABL is not sufficient to
compensate for the increasing relative enrichment of HDOmolecules in thewater vapour, due
to increased evaporation in the CAO conditions. Hence, along the whole distance between
the ship and the origin of the CAO air masses ( f ≈ 250 km), the evaporation process at the
sea surface provides a stronger isotopic signal than the mixing by convection. Unfortunately
we cannot directly evaluate the observed trends in the boundary-layer parameters (Fig. 9b–f)
in the context of Lh,c as no coherent structures could be detected during these first few hours
(Fig. 9a). Assuming that precipitation does not conceal coherent-structure development, this
indicates that the organization of coherent structures in the flow requires a certain spin-up
time. This spin-up time is determined by the strength and speed of the cold-air advection.

From 28 February 1200 UTC, the evaluated CAO features organized convection,
detectable with the spectral-analysis method introduced in Sect. 3.2. The predominating
Lh,c gradually increase from O (4 × 102 m) on 28 February 1200 UTC to O (104 m) on
1 March 0000 UTC and overall decrease again to O (4 × 102 m) within 1 March 1200 UTC.
On this comparably long time scale of 24 h, the boundary-layer parameters, hb, wmax, d , and
Q show a response to the overall evolution of Lh,c (Fig. 9a–f). Yet a distinct, short-livedmini-
mum Lh,c ≈ O (4× 102 m) around 1March 0200 UTC is not captured by these parameters.
Here, only the near-surface instability and Rig (Fig. 9b, c) take increasingly negative values
in correspondence. This observation confirms the sensitivity of Lh,c to Rig found in the
Rig-dependent heatmap of Lh,c occurrences (Fig. 8b), while the other evaluated boundary-
layer parameters show a less distinct relationship to Lh,c. The processes responsible for the
evolution of the near-surface instability and Rig are therefore particularly interesting. On
the short time scales, which are of interest to the evolution of Rig , changes in atmospheric
conditions due to the ship’s movement play a key role. From 28 February 1200 UTC to
1March 0300 UTC f increases to≈ 500 km, as the ship steamed to the south and away from
the sea-ice edge (Fig 1b, Fig. 9h). Along the way, on 1 March around 0000 UTC, the rain
radar detects two short precipitation events with vT > 2 m s−1 (Fig. 9d), indicating that liquid
droplets predominate during these events (see Maahn and Kollias 2012). With increasing
fetch and time such precipitation events are expected to occur more frequently, as a response
to the convective overturning of water vapour and cloud growth during the progressing CAO
(e.g, Papritz and Sodemann 2018). Locally, evaporating precipitation can cause cooling in the
near-surface layers. This can result in increased negative lapse rate and a stronger near-surface
instability, which is observed when the ship moves into a location affected by precipitation.
Cooling of the lower atmospheric layers can introduce vertical decoupling of the air-masses
(Abel et al. 2017) and a corresponding restriction of the vertical structure scale and corre-
sponding Lh,c, as observed on 1 March around 0200 UTC. Such decoupling is independent
of the theoretical maximum vertical structure extension, represented by hb. Except for the
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instability, which is observed when the ship moves into a location affected by precipitation.
Cooling of the lower atmospheric layers can introduce vertical decoupling of the air-masses
(Abel et al. 2017) and a corresponding restriction of the vertical structure scale and corre-
sponding Lh,c, as observed on 1 March around 0200 UTC. Such decoupling is independent
of the theoretical maximum vertical structure extension, represented by hb. Except for the
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zero(Fig.9b,c).Remarkably,theevolutionofhb,estimatedonthebasisoftheradiometer
observation,isveryclosetothosefromtheradiosondemeasurements.Duringthefirsthours
oftheCAO,observationsofsmallterminalvelocitiesofprecipitation(vt≤1ms−1,Fig.9d)
indicatethepresenceofsnow-typeprecipitation(MaahnandKollias2012).Simultaneously
increasedw↓maxandloww↑maxvaluesindicateanimpactofthistypeofprecipitationon
theabsoluteverticalvelocityobservationsbythelidar.Becauseanaccurateobservationof
wisessentialtoestimateLh,c,suchalongperiodofprecipitationpotentiallyimpactsthe
applicabilityofthespectralanalysismethod(Sect.3.2.2),whenthevelocityfluctuations
aredampenedbytheprecipitationsignal.Thisprecipitationeventalsomarksahaltinthe
otherwisemonotonicincreaseofdfrom0o/

ooto≈18o/
ooatthebeginningoftheCAO

(Fig.9e).AslongasdincreasesanyconvectiveoverturningoftheMABLisnotsufficientto
compensatefortheincreasingrelativeenrichmentofHDOmoleculesinthewatervapour,due
toincreasedevaporationintheCAOconditions.Hence,alongthewholedistancebetween
theshipandtheoriginoftheCAOairmasses(f≈250km),theevaporationprocessatthe
seasurfaceprovidesastrongerisotopicsignalthanthemixingbyconvection.Unfortunately
wecannotdirectlyevaluatetheobservedtrendsintheboundary-layerparameters(Fig.9b–f)
inthecontextofLh,casnocoherentstructurescouldbedetectedduringthesefirstfewhours
(Fig.9a).Assumingthatprecipitationdoesnotconcealcoherent-structuredevelopment,this
indicatesthattheorganizationofcoherentstructuresintheflowrequiresacertainspin-up
time.Thisspin-uptimeisdeterminedbythestrengthandspeedofthecold-airadvection.

From28February1200UTC,theevaluatedCAOfeaturesorganizedconvection,
detectablewiththespectral-analysismethodintroducedinSect.3.2.Thepredominating
Lh,cgraduallyincreasefromO(4×102m)on28February1200UTCtoO(104m)on
1March0000UTCandoveralldecreaseagaintoO(4×102m)within1March1200UTC.
Onthiscomparablylongtimescaleof24h,theboundary-layerparameters,hb,wmax,d,and
QshowaresponsetotheoverallevolutionofLh,c(Fig.9a–f).Yetadistinct,short-livedmini-
mumLh,c≈O(4×102m)around1March0200UTCisnotcapturedbytheseparameters.
Here,onlythenear-surfaceinstabilityandRig(Fig.9b,c)takeincreasinglynegativevalues
incorrespondence.ThisobservationconfirmsthesensitivityofLh,ctoRigfoundinthe
Rig-dependentheatmapofLh,coccurrences(Fig.8b),whiletheotherevaluatedboundary-
layerparametersshowalessdistinctrelationshiptoLh,c.Theprocessesresponsibleforthe
evolutionofthenear-surfaceinstabilityandRigarethereforeparticularlyinteresting.On
theshorttimescales,whichareofinteresttotheevolutionofRig,changesinatmospheric
conditionsduetotheship’smovementplayakeyrole.From28February1200UTCto
1March0300UTCfincreasesto≈500km,astheshipsteamedtothesouthandawayfrom
thesea-iceedge(Fig1b,Fig.9h).Alongtheway,on1Marcharound0000UTC,therain
radardetectstwoshortprecipitationeventswithvT>2ms−1(Fig.9d),indicatingthatliquid
dropletspredominateduringtheseevents(seeMaahnandKollias2012).Withincreasing
fetchandtimesuchprecipitationeventsareexpectedtooccurmorefrequently,asaresponse
totheconvectiveoverturningofwatervapourandcloudgrowthduringtheprogressingCAO
(e.g,PapritzandSodemann2018).Locally,evaporatingprecipitationcancausecoolinginthe
near-surfacelayers.Thiscanresultinincreasednegativelapserateandastrongernear-surface
instability,whichisobservedwhentheshipmovesintoalocationaffectedbyprecipitation.
Coolingoftheloweratmosphericlayerscanintroduceverticaldecouplingoftheair-masses
(Abeletal.2017)andacorrespondingrestrictionoftheverticalstructurescaleandcorre-
spondingLh,c,asobservedon1Marcharound0200UTC.Suchdecouplingisindependent
ofthetheoreticalmaximumverticalstructureextension,representedbyhb.Exceptforthe
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near-surface instability and Rig , none of the boundary-layer parameters respond or can be
identified as cause for the decreased Lh,c for this local, short-term mechanism.

After 1 March 0300 UTC the ship moves almost perpendicular to the wind direction and
towards the sea-ice edge in the west (see Fig. 1b). Here, a secondmechanism connected to the
ship’s movement impacts the evolution of Rig , Lh,c, and most of the boundary-layer param-
eters. The fetch decreases and temporarily reaches a minimum around 1 March 1500 UTC
(Fig. 9h). For a short fetch, the internal boundary layer initiated at the sea-ice edge is expected
to be comparably shallow. Here, the value of hb is not representative of the actual boundary-
layer depth because it corresponds to that of a fully developed boundary layer, which is not
present for such a short fetch.Within the shallow boundary layer the near-surface temperature
gradient is steeper and coherent structures are restricted in vertical extent and hence in Lh,c,
corresponding to a large negative Rig . With decreasing f , Rig , and Lh,c (Fig. 9a, b, h), the

strength of the vertical circulation, w↑
max and w

↓
max and the turbulent fluxes, QH and QL , are

correspondingly reduced (Fig. 9d, f). Also, d temporarily decreases from ≈ 18 o/oo to a local
minimum of ≈ 12 o/oo (Fig. 9e). Here, the convective overturning of the MABL by predom-
inantly small and weak convective structures is negligible and the structures’ contribution
to the exchange of near-surface air-masses exposed to evaporation is expected to be small.
Hence, the sharp decrease in d can mainly be linked to the short fetch, as d results from
an accumulated signal of the evaporation along the distance of the air-masses’ trajectory.
Large changes in f close to the spatial boundary of the CAO therefore yield the strongest
concurrent impact of the ship’s movement on the coherent-structure and the boundary-layer
characteristics and need to be taken into account, when evaluating the event from a temporal
perspective.

Over the lifecycle of the CAO, the predominantly northerly wind direction gains a small
easterly component (Fig. 9g). This small change in wind direction causes an overall increase
of the estimated f from≈ 250 km at the onset of the CAO event to≈ 750 km at the end of the
evaluated period, independent of the ship’s movement. There are two exceptions, where the
ship’s movement becomes apparent in a drop of f , on 1March from 1200 UTC to 2100 UTC,
which is discussed in the preceding paragraph and on 2March from 1200 UTC to 1800 UTC,
respectively. Following the overall trend of f , we identify the largest predominating coherent
structures, corresponding to Lh,c of O (103 m) to O (104 m) more frequently towards the
end of the evaluated CAO period. Also hb increases from around 1 km in the first half to
around 1.5 km in the second half of the evaluated CAO period, for which the near-surface
lapse rate approaches zero. Notably, the trend identified for the overall evolution in f , the
boundary-layer characteristics, and the coherent-structure characteristics is present for two
periods corresponding to 1 March around 0600 UTC and 2 March around 0800 UTC. These
two periods represent almost the same point in space, yet are separated by 26 h in time. Thus,
temporal evolution and maturing of the CAO event impacts the evolution of the boundary-
layer parameters and the corresponding coherent-structure characteristics. In contrast to the
rapid changes observed for spatial changes, the temporal CAO evolution has amoremoderate
impact on the boundary-layer and the coherent-structure development.

For several of the boundary-layer parameters, we identify a long-term evolution, which
can be linked to the coherent-structure characteristics. For periods during which we observe
a coherent signal, we predominantly observe w

↑
max larger or equal to w

↓
max (Fig. 9d). This

implies that the turbulent circulation generally features strong, but narrow updrafts andwider,
but generally weaker downdrafts. Such a behaviour of the wind field is already depicted in
Figure 4. Throughout the CAO, the estimated coherent vertical velocity amplitudes (Fig. 6d)
correspond to approximately 10% of the sum of maximum updraft and downdraft veloci-
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near-surfaceinstabilityandRig,noneoftheboundary-layerparametersrespondorcanbe
identifiedascauseforthedecreasedLh,cforthislocal,short-termmechanism.

After1March0300UTCtheshipmovesalmostperpendiculartothewinddirectionand
towardsthesea-iceedgeinthewest(seeFig.1b).Here,asecondmechanismconnectedtothe
ship’smovementimpactstheevolutionofRig,Lh,c,andmostoftheboundary-layerparam-
eters.Thefetchdecreasesandtemporarilyreachesaminimumaround1March1500UTC
(Fig.9h).Forashortfetch,theinternalboundarylayerinitiatedatthesea-iceedgeisexpected
tobecomparablyshallow.Here,thevalueofhbisnotrepresentativeoftheactualboundary-
layerdepthbecauseitcorrespondstothatofafullydevelopedboundarylayer,whichisnot
presentforsuchashortfetch.Withintheshallowboundarylayerthenear-surfacetemperature
gradientissteeperandcoherentstructuresarerestrictedinverticalextentandhenceinLh,c,
correspondingtoalargenegativeRig.Withdecreasingf,Rig,andLh,c(Fig.9a,b,h),the

strengthoftheverticalcirculation,w↑
maxandw

↓
maxandtheturbulentfluxes,QHandQL,are

correspondinglyreduced(Fig.9d,f).Also,dtemporarilydecreasesfrom≈18o/ootoalocal
minimumof≈12o/oo(Fig.9e).Here,theconvectiveoverturningoftheMABLbypredom-
inantlysmallandweakconvectivestructuresisnegligibleandthestructures’contribution
totheexchangeofnear-surfaceair-massesexposedtoevaporationisexpectedtobesmall.
Hence,thesharpdecreaseindcanmainlybelinkedtotheshortfetch,asdresultsfrom
anaccumulatedsignaloftheevaporationalongthedistanceoftheair-masses’trajectory.
LargechangesinfclosetothespatialboundaryoftheCAOthereforeyieldthestrongest
concurrentimpactoftheship’smovementonthecoherent-structureandtheboundary-layer
characteristicsandneedtobetakenintoaccount,whenevaluatingtheeventfromatemporal
perspective.

OverthelifecycleoftheCAO,thepredominantlynortherlywinddirectiongainsasmall
easterlycomponent(Fig.9g).Thissmallchangeinwinddirectioncausesanoverallincrease
oftheestimatedffrom≈250kmattheonsetoftheCAOeventto≈750kmattheendofthe
evaluatedperiod,independentoftheship’smovement.Therearetwoexceptions,wherethe
ship’smovementbecomesapparentinadropoff,on1Marchfrom1200UTCto2100UTC,
whichisdiscussedintheprecedingparagraphandon2Marchfrom1200UTCto1800UTC,
respectively.Followingtheoveralltrendoff,weidentifythelargestpredominatingcoherent
structures,correspondingtoLh,cofO(103m)toO(104m)morefrequentlytowardsthe
endoftheevaluatedCAOperiod.Alsohbincreasesfromaround1kminthefirsthalfto
around1.5kminthesecondhalfoftheevaluatedCAOperiod,forwhichthenear-surface
lapserateapproacheszero.Notably,thetrendidentifiedfortheoverallevolutioninf,the
boundary-layercharacteristics,andthecoherent-structurecharacteristicsispresentfortwo
periodscorrespondingto1Marcharound0600UTCand2Marcharound0800UTC.These
twoperiodsrepresentalmostthesamepointinspace,yetareseparatedby26hintime.Thus,
temporalevolutionandmaturingoftheCAOeventimpactstheevolutionoftheboundary-
layerparametersandthecorrespondingcoherent-structurecharacteristics.Incontrasttothe
rapidchangesobservedforspatialchanges,thetemporalCAOevolutionhasamoremoderate
impactontheboundary-layerandthecoherent-structuredevelopment.

Forseveraloftheboundary-layerparameters,weidentifyalong-termevolution,which
canbelinkedtothecoherent-structurecharacteristics.Forperiodsduringwhichweobserve
acoherentsignal,wepredominantlyobservew

↑
maxlargerorequaltow

↓
max(Fig.9d).This

impliesthattheturbulentcirculationgenerallyfeaturesstrong,butnarrowupdraftsandwider,
butgenerallyweakerdowndrafts.Suchabehaviourofthewindfieldisalreadydepictedin
Figure4.ThroughouttheCAO,theestimatedcoherentverticalvelocityamplitudes(Fig.6d)
correspondtoapproximately10%ofthesumofmaximumupdraftanddowndraftveloci-
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near-surface instability and Rig , none of the boundary-layer parameters respond or can be
identified as cause for the decreased Lh,c for this local, short-term mechanism.

After 1 March 0300 UTC the ship moves almost perpendicular to the wind direction and
towards the sea-ice edge in the west (see Fig. 1b). Here, a secondmechanism connected to the
ship’s movement impacts the evolution of Rig , Lh,c, and most of the boundary-layer param-
eters. The fetch decreases and temporarily reaches a minimum around 1 March 1500 UTC
(Fig. 9h). For a short fetch, the internal boundary layer initiated at the sea-ice edge is expected
to be comparably shallow. Here, the value of hb is not representative of the actual boundary-
layer depth because it corresponds to that of a fully developed boundary layer, which is not
present for such a short fetch.Within the shallow boundary layer the near-surface temperature
gradient is steeper and coherent structures are restricted in vertical extent and hence in Lh,c,
corresponding to a large negative Rig . With decreasing f , Rig , and Lh,c (Fig. 9a, b, h), the

strength of the vertical circulation, w↑max and w↓max and the turbulent fluxes, QH and QL , are
correspondingly reduced (Fig. 9d, f). Also, d temporarily decreases from ≈ 18 o/

oo to a local
minimum of ≈ 12 o/

oo (Fig. 9e). Here, the convective overturning of the MABL by predom-
inantly small and weak convective structures is negligible and the structures’ contribution
to the exchange of near-surface air-masses exposed to evaporation is expected to be small.
Hence, the sharp decrease in d can mainly be linked to the short fetch, as d results from
an accumulated signal of the evaporation along the distance of the air-masses’ trajectory.
Large changes in f close to the spatial boundary of the CAO therefore yield the strongest
concurrent impact of the ship’s movement on the coherent-structure and the boundary-layer
characteristics and need to be taken into account, when evaluating the event from a temporal
perspective.

Over the lifecycle of the CAO, the predominantly northerly wind direction gains a small
easterly component (Fig. 9g). This small change in wind direction causes an overall increase
of the estimated f from≈ 250 km at the onset of the CAO event to≈ 750 km at the end of the
evaluated period, independent of the ship’s movement. There are two exceptions, where the
ship’s movement becomes apparent in a drop of f , on 1March from 1200 UTC to 2100 UTC,
which is discussed in the preceding paragraph and on 2March from 1200 UTC to 1800 UTC,
respectively. Following the overall trend of f , we identify the largest predominating coherent
structures, corresponding to Lh,c of O (103 m) to O (104 m) more frequently towards the
end of the evaluated CAO period. Also hb increases from around 1 km in the first half to
around 1.5 km in the second half of the evaluated CAO period, for which the near-surface
lapse rate approaches zero. Notably, the trend identified for the overall evolution in f , the
boundary-layer characteristics, and the coherent-structure characteristics is present for two
periods corresponding to 1 March around 0600 UTC and 2 March around 0800 UTC. These
two periods represent almost the same point in space, yet are separated by 26 h in time. Thus,
temporal evolution and maturing of the CAO event impacts the evolution of the boundary-
layer parameters and the corresponding coherent-structure characteristics. In contrast to the
rapid changes observed for spatial changes, the temporal CAO evolution has amoremoderate
impact on the boundary-layer and the coherent-structure development.

For several of the boundary-layer parameters, we identify a long-term evolution, which
can be linked to the coherent-structure characteristics. For periods during which we observe
a coherent signal, we predominantly observe w↑max larger or equal to w↓max (Fig. 9d). This
implies that the turbulent circulation generally features strong, but narrow updrafts andwider,
but generally weaker downdrafts. Such a behaviour of the wind field is already depicted in
Figure 4. Throughout the CAO, the estimated coherent vertical velocity amplitudes (Fig. 6d)
correspond to approximately 10% of the sum of maximum updraft and downdraft veloci-
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near-surfaceinstabilityandRig,noneoftheboundary-layerparametersrespondorcanbe
identifiedascauseforthedecreasedLh,cforthislocal,short-termmechanism.

After1March0300UTCtheshipmovesalmostperpendiculartothewinddirectionand
towardsthesea-iceedgeinthewest(seeFig.1b).Here,asecondmechanismconnectedtothe
ship’smovementimpactstheevolutionofRig,Lh,c,andmostoftheboundary-layerparam-
eters.Thefetchdecreasesandtemporarilyreachesaminimumaround1March1500UTC
(Fig.9h).Forashortfetch,theinternalboundarylayerinitiatedatthesea-iceedgeisexpected
tobecomparablyshallow.Here,thevalueofhbisnotrepresentativeoftheactualboundary-
layerdepthbecauseitcorrespondstothatofafullydevelopedboundarylayer,whichisnot
presentforsuchashortfetch.Withintheshallowboundarylayerthenear-surfacetemperature
gradientissteeperandcoherentstructuresarerestrictedinverticalextentandhenceinLh,c,
correspondingtoalargenegativeRig.Withdecreasingf,Rig,andLh,c(Fig.9a,b,h),the

strengthoftheverticalcirculation,w↑maxandw↓maxandtheturbulentfluxes,QHandQL,are
correspondinglyreduced(Fig.9d,f).Also,dtemporarilydecreasesfrom≈18o/

ootoalocal
minimumof≈12o/

oo(Fig.9e).Here,theconvectiveoverturningoftheMABLbypredom-
inantlysmallandweakconvectivestructuresisnegligibleandthestructures’contribution
totheexchangeofnear-surfaceair-massesexposedtoevaporationisexpectedtobesmall.
Hence,thesharpdecreaseindcanmainlybelinkedtotheshortfetch,asdresultsfrom
anaccumulatedsignaloftheevaporationalongthedistanceoftheair-masses’trajectory.
LargechangesinfclosetothespatialboundaryoftheCAOthereforeyieldthestrongest
concurrentimpactoftheship’smovementonthecoherent-structureandtheboundary-layer
characteristicsandneedtobetakenintoaccount,whenevaluatingtheeventfromatemporal
perspective.

OverthelifecycleoftheCAO,thepredominantlynortherlywinddirectiongainsasmall
easterlycomponent(Fig.9g).Thissmallchangeinwinddirectioncausesanoverallincrease
oftheestimatedffrom≈250kmattheonsetoftheCAOeventto≈750kmattheendofthe
evaluatedperiod,independentoftheship’smovement.Therearetwoexceptions,wherethe
ship’smovementbecomesapparentinadropoff,on1Marchfrom1200UTCto2100UTC,
whichisdiscussedintheprecedingparagraphandon2Marchfrom1200UTCto1800UTC,
respectively.Followingtheoveralltrendoff,weidentifythelargestpredominatingcoherent
structures,correspondingtoLh,cofO(103m)toO(104m)morefrequentlytowardsthe
endoftheevaluatedCAOperiod.Alsohbincreasesfromaround1kminthefirsthalfto
around1.5kminthesecondhalfoftheevaluatedCAOperiod,forwhichthenear-surface
lapserateapproacheszero.Notably,thetrendidentifiedfortheoverallevolutioninf,the
boundary-layercharacteristics,andthecoherent-structurecharacteristicsispresentfortwo
periodscorrespondingto1Marcharound0600UTCand2Marcharound0800UTC.These
twoperiodsrepresentalmostthesamepointinspace,yetareseparatedby26hintime.Thus,
temporalevolutionandmaturingoftheCAOeventimpactstheevolutionoftheboundary-
layerparametersandthecorrespondingcoherent-structurecharacteristics.Incontrasttothe
rapidchangesobservedforspatialchanges,thetemporalCAOevolutionhasamoremoderate
impactontheboundary-layerandthecoherent-structuredevelopment.

Forseveraloftheboundary-layerparameters,weidentifyalong-termevolution,which
canbelinkedtothecoherent-structurecharacteristics.Forperiodsduringwhichweobserve
acoherentsignal,wepredominantlyobservew↑maxlargerorequaltow↓max(Fig.9d).This
impliesthattheturbulentcirculationgenerallyfeaturesstrong,butnarrowupdraftsandwider,
butgenerallyweakerdowndrafts.Suchabehaviourofthewindfieldisalreadydepictedin
Figure4.ThroughouttheCAO,theestimatedcoherentverticalvelocityamplitudes(Fig.6d)
correspondtoapproximately10%ofthesumofmaximumupdraftanddowndraftveloci-
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ties (Fig. 9d). In the presence of predominantly large-scale coherent structures, d remains
mostly constant. Coherent structures are an important driver of the convective turnover of
the MABL and hence work against the increase of d in the near-surface layers. During CAO
conditions with large humidity gradients in the near-surface layer, a constant d implies that
the enrichment of HDO due to evaporation is balanced by the convective overturning, which
exchanges the air in the near-surface layer with comparably dry air from higher atmospheric
levels. Here, d reaches maximum values of 18 o/oo to 20 o/oo throughout the evaluated CAO
period. To maintain such moderately high values of d , in the presence of strong turnover of
the MABL, a large humidity gradient is required above the water surface along the trajectory
of the CAO air masses. According to the empirical relation of Pfahl and Sodemann (2014),
the relative humidity above the water surface needs to be ≈ 60% on average along the tra-
jectory, when calculated with respect to the measured SST , to yield such a value of d . The
humidity and temperature gradients we observe during the CAO period result in turbulent
heat fluxes. In comparison to previously studied CAOs, however, the turbulent heat fluxes
obtained during the evaluated CAO event are relatively weak. Yet, the heat fluxes are elevated
during periods, where large-scale coherent structures predominate relative to periods where
small-scale coherent structures predominate. Hence, the coherent structures and large-scale
overturning of the MABL have an impact on the overall evolution of QH and QL . The vari-
ations in QH and QL are, however, less sensitive to the coherent-structure characteristics,
than for example those in Rig . This implies that small-scale and non-coherent turbulence
also has an impact on QH and QL in the CAO event evaluated here and the turbulent heat
fluxes result from a complex composite of irregular turbulent structures and convectively
driven coherent structures. On the long-term, large-scale coherent structures yield the largest
contribution to the heat fluxes and overturning of the MABL.

5 Conclusions

Wedevelop a novelmethodology to identify coherent structures based on the velocity fluctua-
tions in the atmospheric flow during CAO conditions. We utilize a ship-based, wind-profiling
lidar, employed during the IGP campaign on board of the NRV Alliance. We estimate the
characteristics of the convective structures, and evaluate their interplay with other boundary-
layer parameters. The ship-based approach captures the long-term statistics of the structure
characteristics, an advantage over aircraft observations, which are limited to relatively short
observational periods. In contrast to satellite snapshots, the ship-based approach provides a
dynamical perspective on convection, and is able to determine coherent structures of multi-
ple sizes in the flow simultaneously. Furthermore, the method does not require the formation
of clouds in order to identify these structures and their corresponding characteristic spatial
dimension.

The evaluated ship-based andmulti-sensor set-up provides a detailed insight into themajor
processes revolving around coherent structures and the evolution of their characteristic size
and strength in the MABL. Spectral analysis of the along-wind and vertical velocity fluctu-
ations frequently yields a strong coherent signal throughout the lifecycle of the CAO. This
indicates the organization of the convection into coherent structures. Each of these structures
is linked to a characteristic horizontal length scale and an along-wind, cross-wind, and verti-
cal velocity amplitude, under the assumption that isotropic cells predominate in the flow. The
structures’ characteristics identified for the evaluated CAO period match the characteristics
expected for cellular convection. Over the course of the CAO event, the coherent structures
feature variations in horizontal size and strength, which are sensitive to the near-surface
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ties(Fig.9d).Inthepresenceofpredominantlylarge-scalecoherentstructures,dremains
mostlyconstant.Coherentstructuresareanimportantdriveroftheconvectiveturnoverof
theMABLandhenceworkagainsttheincreaseofdinthenear-surfacelayers.DuringCAO
conditionswithlargehumiditygradientsinthenear-surfacelayer,aconstantdimpliesthat
theenrichmentofHDOduetoevaporationisbalancedbytheconvectiveoverturning,which
exchangestheairinthenear-surfacelayerwithcomparablydryairfromhigheratmospheric
levels.Here,dreachesmaximumvaluesof18o/ooto20o/oothroughouttheevaluatedCAO
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jectory,whencalculatedwithrespecttothemeasuredSST,toyieldsuchavalueofd.The
humidityandtemperaturegradientsweobserveduringtheCAOperiodresultinturbulent
heatfluxes.IncomparisontopreviouslystudiedCAOs,however,theturbulentheatfluxes
obtainedduringtheevaluatedCAOeventarerelativelyweak.Yet,theheatfluxesareelevated
duringperiods,wherelarge-scalecoherentstructurespredominaterelativetoperiodswhere
small-scalecoherentstructurespredominate.Hence,thecoherentstructuresandlarge-scale
overturningoftheMABLhaveanimpactontheoverallevolutionofQHandQL.Thevari-
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thanforexamplethoseinRig.Thisimpliesthatsmall-scaleandnon-coherentturbulence
alsohasanimpactonQHandQLintheCAOeventevaluatedhereandtheturbulentheat
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drivencoherentstructures.Onthelong-term,large-scalecoherentstructuresyieldthelargest
contributiontotheheatfluxesandoverturningoftheMABL.

5Conclusions
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tionsintheatmosphericflowduringCAOconditions.Weutilizeaship-based,wind-profiling
lidar,employedduringtheIGPcampaignonboardoftheNRVAlliance.Weestimatethe
characteristicsoftheconvectivestructures,andevaluatetheirinterplaywithotherboundary-
layerparameters.Theship-basedapproachcapturesthelong-termstatisticsofthestructure
characteristics,anadvantageoveraircraftobservations,whicharelimitedtorelativelyshort
observationalperiods.Incontrasttosatellitesnapshots,theship-basedapproachprovidesa
dynamicalperspectiveonconvection,andisabletodeterminecoherentstructuresofmulti-
plesizesintheflowsimultaneously.Furthermore,themethoddoesnotrequiretheformation
ofcloudsinordertoidentifythesestructuresandtheircorrespondingcharacteristicspatial
dimension.

Theevaluatedship-basedandmulti-sensorset-upprovidesadetailedinsightintothemajor
processesrevolvingaroundcoherentstructuresandtheevolutionoftheircharacteristicsize
andstrengthintheMABL.Spectralanalysisofthealong-windandverticalvelocityfluctu-
ationsfrequentlyyieldsastrongcoherentsignalthroughoutthelifecycleoftheCAO.This
indicatestheorganizationoftheconvectionintocoherentstructures.Eachofthesestructures
islinkedtoacharacteristichorizontallengthscaleandanalong-wind,cross-wind,andverti-
calvelocityamplitude,undertheassumptionthatisotropiccellspredominateintheflow.The
structures’characteristicsidentifiedfortheevaluatedCAOperiodmatchthecharacteristics
expectedforcellularconvection.OverthecourseoftheCAOevent,thecoherentstructures
featurevariationsinhorizontalsizeandstrength,whicharesensitivetothenear-surface
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ties (Fig. 9d). In the presence of predominantly large-scale coherent structures, d remains
mostly constant. Coherent structures are an important driver of the convective turnover of
the MABL and hence work against the increase of d in the near-surface layers. During CAO
conditions with large humidity gradients in the near-surface layer, a constant d implies that
the enrichment of HDO due to evaporation is balanced by the convective overturning, which
exchanges the air in the near-surface layer with comparably dry air from higher atmospheric
levels. Here, d reaches maximum values of 18 o/

oo to 20 o/
oo throughout the evaluated CAO

period. To maintain such moderately high values of d , in the presence of strong turnover of
the MABL, a large humidity gradient is required above the water surface along the trajectory
of the CAO air masses. According to the empirical relation of Pfahl and Sodemann (2014),
the relative humidity above the water surface needs to be ≈ 60% on average along the tra-
jectory, when calculated with respect to the measured SST , to yield such a value of d . The
humidity and temperature gradients we observe during the CAO period result in turbulent
heat fluxes. In comparison to previously studied CAOs, however, the turbulent heat fluxes
obtained during the evaluated CAO event are relatively weak. Yet, the heat fluxes are elevated
during periods, where large-scale coherent structures predominate relative to periods where
small-scale coherent structures predominate. Hence, the coherent structures and large-scale
overturning of the MABL have an impact on the overall evolution of QH and QL . The vari-
ations in QH and QL are, however, less sensitive to the coherent-structure characteristics,
than for example those in Rig . This implies that small-scale and non-coherent turbulence
also has an impact on QH and QL in the CAO event evaluated here and the turbulent heat
fluxes result from a complex composite of irregular turbulent structures and convectively
driven coherent structures. On the long-term, large-scale coherent structures yield the largest
contribution to the heat fluxes and overturning of the MABL.

5 Conclusions

Wedevelop a novelmethodology to identify coherent structures based on the velocity fluctua-
tions in the atmospheric flow during CAO conditions. We utilize a ship-based, wind-profiling
lidar, employed during the IGP campaign on board of the NRV Alliance. We estimate the
characteristics of the convective structures, and evaluate their interplay with other boundary-
layer parameters. The ship-based approach captures the long-term statistics of the structure
characteristics, an advantage over aircraft observations, which are limited to relatively short
observational periods. In contrast to satellite snapshots, the ship-based approach provides a
dynamical perspective on convection, and is able to determine coherent structures of multi-
ple sizes in the flow simultaneously. Furthermore, the method does not require the formation
of clouds in order to identify these structures and their corresponding characteristic spatial
dimension.

The evaluated ship-based andmulti-sensor set-up provides a detailed insight into themajor
processes revolving around coherent structures and the evolution of their characteristic size
and strength in the MABL. Spectral analysis of the along-wind and vertical velocity fluctu-
ations frequently yields a strong coherent signal throughout the lifecycle of the CAO. This
indicates the organization of the convection into coherent structures. Each of these structures
is linked to a characteristic horizontal length scale and an along-wind, cross-wind, and verti-
cal velocity amplitude, under the assumption that isotropic cells predominate in the flow. The
structures’ characteristics identified for the evaluated CAO period match the characteristics
expected for cellular convection. Over the course of the CAO event, the coherent structures
feature variations in horizontal size and strength, which are sensitive to the near-surface
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period.Tomaintainsuchmoderatelyhighvaluesofd,inthepresenceofstrongturnoverof
theMABL,alargehumiditygradientisrequiredabovethewatersurfacealongthetrajectory
oftheCAOairmasses.AccordingtotheempiricalrelationofPfahlandSodemann(2014),
therelativehumidityabovethewatersurfaceneedstobe≈60%onaveragealongthetra-
jectory,whencalculatedwithrespecttothemeasuredSST,toyieldsuchavalueofd.The
humidityandtemperaturegradientsweobserveduringtheCAOperiodresultinturbulent
heatfluxes.IncomparisontopreviouslystudiedCAOs,however,theturbulentheatfluxes
obtainedduringtheevaluatedCAOeventarerelativelyweak.Yet,theheatfluxesareelevated
duringperiods,wherelarge-scalecoherentstructurespredominaterelativetoperiodswhere
small-scalecoherentstructurespredominate.Hence,thecoherentstructuresandlarge-scale
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characteristicsoftheconvectivestructures,andevaluatetheirinterplaywithotherboundary-
layerparameters.Theship-basedapproachcapturesthelong-termstatisticsofthestructure
characteristics,anadvantageoveraircraftobservations,whicharelimitedtorelativelyshort
observationalperiods.Incontrasttosatellitesnapshots,theship-basedapproachprovidesa
dynamicalperspectiveonconvection,andisabletodeterminecoherentstructuresofmulti-
plesizesintheflowsimultaneously.Furthermore,themethoddoesnotrequiretheformation
ofcloudsinordertoidentifythesestructuresandtheircorrespondingcharacteristicspatial
dimension.

Theevaluatedship-basedandmulti-sensorset-upprovidesadetailedinsightintothemajor
processesrevolvingaroundcoherentstructuresandtheevolutionoftheircharacteristicsize
andstrengthintheMABL.Spectralanalysisofthealong-windandverticalvelocityfluctu-
ationsfrequentlyyieldsastrongcoherentsignalthroughoutthelifecycleoftheCAO.This
indicatestheorganizationoftheconvectionintocoherentstructures.Eachofthesestructures
islinkedtoacharacteristichorizontallengthscaleandanalong-wind,cross-wind,andverti-
calvelocityamplitude,undertheassumptionthatisotropiccellspredominateintheflow.The
structures’characteristicsidentifiedfortheevaluatedCAOperiodmatchthecharacteristics
expectedforcellularconvection.OverthecourseoftheCAOevent,thecoherentstructures
featurevariationsinhorizontalsizeandstrength,whicharesensitivetothenear-surface
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stratification and Rig . For unstable conditions, where turbulence generation is strongly dom-
inated by buoyancy, small-scale structures O (4 × 102 m) predominate. These structures are
comparably weak and contribute little to the turbulent mixing in the MABL. We identify
these small-scale structures more frequently in the lower lidar levels, while individual large-
scale structures occur over the whole lidar range. Only a fraction of the individual thermals
initiated at the surface occur throughout the lidar range and an even smaller number manifest
as clouds. As shear-generated turbulence increases in importance, the size and strength of
the coherent structures increases. Increasing median horizontal structure size of O (103 m)
coincides with increasing convective boundary-layer depth. The ratio between the median
horizontal structure size and the boundary-layer depth is ≈ 2. This ratio coincides with the
median ratio found between the along-wind and vertical velocity amplitudes of the coherent
structures. Throughout the evaluated CAO event the identified coherent convective structures
mainly feature comparably wide and weak downdrafts and comparably narrow and strong
updrafts. The largest coherent structures predominate for weakly buoyancy dominated condi-
tions and for conditions equally balanced between buoyancy and shear-generated turbulence.
For these large coherent structures, the size and horizontal velocity amplitude greatly exceed
the vertical counterparts. The efficiency of the vertical overturning of the MABL is found
to be capped for structures exceeding ≈ 8 × 103 m for the evaluated CAO event. The
overturning of the MABL compensates the near-surface enrichment of HDO, corresponding
to the evaporation along the trajectory of CAO air-masses, yielding a maximum d between
18 o/oo and 20 o/oo. Turbulent heat fluxes observed here are partly driven by small-scale and
non-coherent turbulence and correspond to organized large-scale convective overturning by
coherent structures only on long time scales. Short-term variations of the coherent-structure
characteristics correspond almost exclusively to the near-surface stratification and Rig , which
are mainly introduced by the ship’s movement and the respective fetch.

The coherent structures discussed in this study correspond to oneCAOcase study obtained
during the IGP campaign. The detailed observations of the velocity fluctuations provide the
opportunity to further study the dynamics and direct impacts of the single or composite
convective cells on the processes acting in the MABL. This can be particularly useful if
additional observations of highly resolved boundary-layer processes are available. An exam-
ple are the observations from additional platforms operated during IGP, such as a research
aircraft, which provide overlapping observations corresponding to a few single convective
structures. Investigating the observed structures in such detail will be the subject of a subse-
quent study. Yet to achieve statistics on coherent-structure characteristics applicable to the
extensive range of CAO conditions in theArctic, a larger observational basis is required. Such
enhanced statistics on atmospheric convection during CAOs can, for example, be beneficial
to model validation. Here, one should consider the utility of ship-based remote sensing, e.g.,
by ships of opportunity, which are operated in relevant but remote locations.
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stratificationandRig.Forunstableconditions,whereturbulencegenerationisstronglydom-
inatedbybuoyancy,small-scalestructuresO(4×102m)predominate.Thesestructuresare
comparablyweakandcontributelittletotheturbulentmixingintheMABL.Weidentify
thesesmall-scalestructuresmorefrequentlyinthelowerlidarlevels,whileindividuallarge-
scalestructuresoccuroverthewholelidarrange.Onlyafractionoftheindividualthermals
initiatedatthesurfaceoccurthroughoutthelidarrangeandanevensmallernumbermanifest
asclouds.Asshear-generatedturbulenceincreasesinimportance,thesizeandstrengthof
thecoherentstructuresincreases.IncreasingmedianhorizontalstructuresizeofO(103m)
coincideswithincreasingconvectiveboundary-layerdepth.Theratiobetweenthemedian
horizontalstructuresizeandtheboundary-layerdepthis≈2.Thisratiocoincideswiththe
medianratiofoundbetweenthealong-windandverticalvelocityamplitudesofthecoherent
structures.ThroughouttheevaluatedCAOeventtheidentifiedcoherentconvectivestructures
mainlyfeaturecomparablywideandweakdowndraftsandcomparablynarrowandstrong
updrafts.Thelargestcoherentstructurespredominateforweaklybuoyancydominatedcondi-
tionsandforconditionsequallybalancedbetweenbuoyancyandshear-generatedturbulence.
Fortheselargecoherentstructures,thesizeandhorizontalvelocityamplitudegreatlyexceed
theverticalcounterparts.TheefficiencyoftheverticaloverturningoftheMABLisfound
tobecappedforstructuresexceeding≈8×103mfortheevaluatedCAOevent.The
overturningoftheMABLcompensatesthenear-surfaceenrichmentofHDO,corresponding
totheevaporationalongthetrajectoryofCAOair-masses,yieldingamaximumdbetween
18o/ooand20o/oo.Turbulentheatfluxesobservedherearepartlydrivenbysmall-scaleand
non-coherentturbulenceandcorrespondtoorganizedlarge-scaleconvectiveoverturningby
coherentstructuresonlyonlongtimescales.Short-termvariationsofthecoherent-structure
characteristicscorrespondalmostexclusivelytothenear-surfacestratificationandRig,which
aremainlyintroducedbytheship’smovementandtherespectivefetch.

ThecoherentstructuresdiscussedinthisstudycorrespondtooneCAOcasestudyobtained
duringtheIGPcampaign.Thedetailedobservationsofthevelocityfluctuationsprovidethe
opportunitytofurtherstudythedynamicsanddirectimpactsofthesingleorcomposite
convectivecellsontheprocessesactingintheMABL.Thiscanbeparticularlyusefulif
additionalobservationsofhighlyresolvedboundary-layerprocessesareavailable.Anexam-
plearetheobservationsfromadditionalplatformsoperatedduringIGP,suchasaresearch
aircraft,whichprovideoverlappingobservationscorrespondingtoafewsingleconvective
structures.Investigatingtheobservedstructuresinsuchdetailwillbethesubjectofasubse-
quentstudy.Yettoachievestatisticsoncoherent-structurecharacteristicsapplicabletothe
extensiverangeofCAOconditionsintheArctic,alargerobservationalbasisisrequired.Such
enhancedstatisticsonatmosphericconvectionduringCAOscan,forexample,bebeneficial
tomodelvalidation.Here,oneshouldconsidertheutilityofship-basedremotesensing,e.g.,
byshipsofopportunity,whichareoperatedinrelevantbutremotelocations.
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stratification and Rig . For unstable conditions, where turbulence generation is strongly dom-
inated by buoyancy, small-scale structures O (4 × 102 m) predominate. These structures are
comparably weak and contribute little to the turbulent mixing in the MABL. We identify
these small-scale structures more frequently in the lower lidar levels, while individual large-
scale structures occur over the whole lidar range. Only a fraction of the individual thermals
initiated at the surface occur throughout the lidar range and an even smaller number manifest
as clouds. As shear-generated turbulence increases in importance, the size and strength of
the coherent structures increases. Increasing median horizontal structure size of O (103 m)
coincides with increasing convective boundary-layer depth. The ratio between the median
horizontal structure size and the boundary-layer depth is ≈ 2. This ratio coincides with the
median ratio found between the along-wind and vertical velocity amplitudes of the coherent
structures. Throughout the evaluated CAO event the identified coherent convective structures
mainly feature comparably wide and weak downdrafts and comparably narrow and strong
updrafts. The largest coherent structures predominate for weakly buoyancy dominated condi-
tions and for conditions equally balanced between buoyancy and shear-generated turbulence.
For these large coherent structures, the size and horizontal velocity amplitude greatly exceed
the vertical counterparts. The efficiency of the vertical overturning of the MABL is found
to be capped for structures exceeding ≈ 8 × 103 m for the evaluated CAO event. The
overturning of the MABL compensates the near-surface enrichment of HDO, corresponding
to the evaporation along the trajectory of CAO air-masses, yielding a maximum d between
18 o/

oo and 20 o/
oo. Turbulent heat fluxes observed here are partly driven by small-scale and

non-coherent turbulence and correspond to organized large-scale convective overturning by
coherent structures only on long time scales. Short-term variations of the coherent-structure
characteristics correspond almost exclusively to the near-surface stratification and Rig , which
are mainly introduced by the ship’s movement and the respective fetch.

The coherent structures discussed in this study correspond to oneCAOcase study obtained
during the IGP campaign. The detailed observations of the velocity fluctuations provide the
opportunity to further study the dynamics and direct impacts of the single or composite
convective cells on the processes acting in the MABL. This can be particularly useful if
additional observations of highly resolved boundary-layer processes are available. An exam-
ple are the observations from additional platforms operated during IGP, such as a research
aircraft, which provide overlapping observations corresponding to a few single convective
structures. Investigating the observed structures in such detail will be the subject of a subse-
quent study. Yet to achieve statistics on coherent-structure characteristics applicable to the
extensive range of CAO conditions in theArctic, a larger observational basis is required. Such
enhanced statistics on atmospheric convection during CAOs can, for example, be beneficial
to model validation. Here, one should consider the utility of ship-based remote sensing, e.g.,
by ships of opportunity, which are operated in relevant but remote locations.
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stratificationandRig.Forunstableconditions,whereturbulencegenerationisstronglydom-
inatedbybuoyancy,small-scalestructuresO(4×102m)predominate.Thesestructuresare
comparablyweakandcontributelittletotheturbulentmixingintheMABL.Weidentify
thesesmall-scalestructuresmorefrequentlyinthelowerlidarlevels,whileindividuallarge-
scalestructuresoccuroverthewholelidarrange.Onlyafractionoftheindividualthermals
initiatedatthesurfaceoccurthroughoutthelidarrangeandanevensmallernumbermanifest
asclouds.Asshear-generatedturbulenceincreasesinimportance,thesizeandstrengthof
thecoherentstructuresincreases.IncreasingmedianhorizontalstructuresizeofO(103m)
coincideswithincreasingconvectiveboundary-layerdepth.Theratiobetweenthemedian
horizontalstructuresizeandtheboundary-layerdepthis≈2.Thisratiocoincideswiththe
medianratiofoundbetweenthealong-windandverticalvelocityamplitudesofthecoherent
structures.ThroughouttheevaluatedCAOeventtheidentifiedcoherentconvectivestructures
mainlyfeaturecomparablywideandweakdowndraftsandcomparablynarrowandstrong
updrafts.Thelargestcoherentstructurespredominateforweaklybuoyancydominatedcondi-
tionsandforconditionsequallybalancedbetweenbuoyancyandshear-generatedturbulence.
Fortheselargecoherentstructures,thesizeandhorizontalvelocityamplitudegreatlyexceed
theverticalcounterparts.TheefficiencyoftheverticaloverturningoftheMABLisfound
tobecappedforstructuresexceeding≈8×103mfortheevaluatedCAOevent.The
overturningoftheMABLcompensatesthenear-surfaceenrichmentofHDO,corresponding
totheevaporationalongthetrajectoryofCAOair-masses,yieldingamaximumdbetween
18o/

ooand20o/
oo.Turbulentheatfluxesobservedherearepartlydrivenbysmall-scaleand

non-coherentturbulenceandcorrespondtoorganizedlarge-scaleconvectiveoverturningby
coherentstructuresonlyonlongtimescales.Short-termvariationsofthecoherent-structure
characteristicscorrespondalmostexclusivelytothenear-surfacestratificationandRig,which
aremainlyintroducedbytheship’smovementandtherespectivefetch.

ThecoherentstructuresdiscussedinthisstudycorrespondtooneCAOcasestudyobtained
duringtheIGPcampaign.Thedetailedobservationsofthevelocityfluctuationsprovidethe
opportunitytofurtherstudythedynamicsanddirectimpactsofthesingleorcomposite
convectivecellsontheprocessesactingintheMABL.Thiscanbeparticularlyusefulif
additionalobservationsofhighlyresolvedboundary-layerprocessesareavailable.Anexam-
plearetheobservationsfromadditionalplatformsoperatedduringIGP,suchasaresearch
aircraft,whichprovideoverlappingobservationscorrespondingtoafewsingleconvective
structures.Investigatingtheobservedstructuresinsuchdetailwillbethesubjectofasubse-
quentstudy.Yettoachievestatisticsoncoherent-structurecharacteristicsapplicabletothe
extensiverangeofCAOconditionsintheArctic,alargerobservationalbasisisrequired.Such
enhancedstatisticsonatmosphericconvectionduringCAOscan,forexample,bebeneficial
tomodelvalidation.Here,oneshouldconsidertheutilityofship-basedremotesensing,e.g.,
byshipsofopportunity,whichareoperatedinrelevantbutremotelocations.
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tionsandforconditionsequallybalancedbetweenbuoyancyandshear-generatedturbulence.
Fortheselargecoherentstructures,thesizeandhorizontalvelocityamplitudegreatlyexceed
theverticalcounterparts.TheefficiencyoftheverticaloverturningoftheMABLisfound
tobecappedforstructuresexceeding≈8×103mfortheevaluatedCAOevent.The
overturningoftheMABLcompensatesthenear-surfaceenrichmentofHDO,corresponding
totheevaporationalongthetrajectoryofCAOair-masses,yieldingamaximumdbetween
18o/

ooand20o/
oo.Turbulentheatfluxesobservedherearepartlydrivenbysmall-scaleand

non-coherentturbulenceandcorrespondtoorganizedlarge-scaleconvectiveoverturningby
coherentstructuresonlyonlongtimescales.Short-termvariationsofthecoherent-structure
characteristicscorrespondalmostexclusivelytothenear-surfacestratificationandRig,which
aremainlyintroducedbytheship’smovementandtherespectivefetch.

ThecoherentstructuresdiscussedinthisstudycorrespondtooneCAOcasestudyobtained
duringtheIGPcampaign.Thedetailedobservationsofthevelocityfluctuationsprovidethe
opportunitytofurtherstudythedynamicsanddirectimpactsofthesingleorcomposite
convectivecellsontheprocessesactingintheMABL.Thiscanbeparticularlyusefulif
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Appendix: Applicability to Mesoscale Convection and Roll Vortices

For the utilized ship-based lidar set-up, the presented methodology (Sect. 3.2) is restricted
to estimates of Lh,c along the apparent wind direction, wda . For a horizontally isotropic
convective cell, the estimated Lh,c from spectral analysis directly represents its spatial extent.
Yet, previous CAO studies (e.g., Atkinson and Zhang 1996; Hartmann et al. 1997; Renfrew
and Moore 1999) report the presence of roll vortices, convective structures that have a much
larger spatial extent along-wind than cross-wind. Due to this horizontal anisotropy, these
structures need to be interpreted with care in terms of Lh,c. The longitudinal axis of rolls
tends to align with a small angle, α, to the mean wind direction. This is, for example,
discussed by Atkinson and Zhang (1996), and evident in large-eddy simulations by Brilouet
et al. (2020). Cross-wind movement of the ship can introduce an increased α, relative towda .
The roll circulation, v′

roll , perpendicular to the longitudinal roll axis, projected to u
′
A and v′

A
yields the following dependencies

u′

v′
roll

= sin(α); v′

v′
roll

= cos(α) ⇒ u′

v′ = tan(α).

When rolls are present in the flow and α is small yet larger than 0◦ the coherent signal,
obtained by the ship-based lidar, has a much larger contribution to v′

A, than to u′
A. The

distribution of the ratio between u′
A and v′

A is expected to clearly shift to values close to
zero. The v′ series is proportional to v′

roll , which follows an analogous circulation with w′
as illustrated in Fig. 3 in the cross-wind direction. The obtained v′ for the roll case is thus
phase-shifted by ±π/2 to the corresponding w′, in contrast to v′ for isotropic cells. Hence,
in the presence of roll vortices, one should also take Cov′w′ and ρv′w′ into account as an
criterion for the estimation of Lh,c. On the one hand, v′ is expected to yield a much clearer
coherent signal, at least for small α. On the other hand, a corresponding phase shift between
v′ and w′, which is close to ±π/2, provides the sufficient criterion that rolls are present in
the flow. We tested this criterion for the evaluated CAO period, yet found no evidence that
such anisotropic structures are present.

In the roll case, an estimate of Lh,c using the proposed method will correspond to the
wavelength, λ′

roll , which describes the roll wavelength, λroll , transposed to the axis of wda

λroll

λ′
roll

= sin(α).

The obtained Lh,c for rolls will be larger than the roll extent perpendicular to the longitudinal
roll axis and smaller than the extent parallel to this axis.

123

AShip-BasedCharacterizationofCoherentBoundary-Layer…377

ResearchCouncil(NERC)GrantNE/N009754/1,whichalsopartlyfundedthecontributionofI.Renfrewand
C.Barrelltothestudy.

FundingOpenaccessfundingprovidedbyUniversityofBergen(inclHaukelandUniversityHospital).

OpenAccessThisarticleislicensedunderaCreativeCommonsAttribution4.0InternationalLicense,which
permitsuse,sharing,adaptation,distributionandreproductioninanymediumorformat,aslongasyougive
appropriatecredittotheoriginalauthor(s)andthesource,providealinktotheCreativeCommonslicence,
andindicateifchangesweremade.Theimagesorotherthirdpartymaterialinthisarticleareincludedinthe
article’sCreativeCommonslicence,unlessindicatedotherwiseinacreditlinetothematerial.Ifmaterialis
notincludedinthearticle’sCreativeCommonslicenceandyourintendeduseisnotpermittedbystatutory
regulationorexceedsthepermitteduse,youwillneedtoobtainpermissiondirectlyfromthecopyrightholder.
Toviewacopyofthislicence,visithttp://creativecommons.org/licenses/by/4.0/.

Appendix:ApplicabilitytoMesoscaleConvectionandRollVortices

Fortheutilizedship-basedlidarset-up,thepresentedmethodology(Sect.3.2)isrestricted
toestimatesofLh,calongtheapparentwinddirection,wda.Forahorizontallyisotropic
convectivecell,theestimatedLh,cfromspectralanalysisdirectlyrepresentsitsspatialextent.
Yet,previousCAOstudies(e.g.,AtkinsonandZhang1996;Hartmannetal.1997;Renfrew
andMoore1999)reportthepresenceofrollvortices,convectivestructuresthathaveamuch
largerspatialextentalong-windthancross-wind.Duetothishorizontalanisotropy,these
structuresneedtobeinterpretedwithcareintermsofLh,c.Thelongitudinalaxisofrolls
tendstoalignwithasmallangle,α,tothemeanwinddirection.Thisis,forexample,
discussedbyAtkinsonandZhang(1996),andevidentinlarge-eddysimulationsbyBrilouet
etal.(2020).Cross-windmovementoftheshipcanintroduceanincreasedα,relativetowda.
Therollcirculation,v′

roll,perpendiculartothelongitudinalrollaxis,projectedtou
′
Aandv′

A
yieldsthefollowingdependencies

u′

v′
roll

=sin(α);v′

v′
roll

=cos(α)⇒u′

v′=tan(α).

Whenrollsarepresentintheflowandαissmallyetlargerthan0◦thecoherentsignal,
obtainedbytheship-basedlidar,hasamuchlargercontributiontov′

A,thantou′
A.The

distributionoftheratiobetweenu′
Aandv′

Aisexpectedtoclearlyshifttovaluescloseto
zero.Thev′seriesisproportionaltov′

roll,whichfollowsananalogouscirculationwithw′
asillustratedinFig.3inthecross-winddirection.Theobtainedv′fortherollcaseisthus
phase-shiftedby±π/2tothecorrespondingw′,incontrasttov′forisotropiccells.Hence,
inthepresenceofrollvortices,oneshouldalsotakeCov′w′andρv′w′intoaccountasan
criterionfortheestimationofLh,c.Ontheonehand,v′isexpectedtoyieldamuchclearer
coherentsignal,atleastforsmallα.Ontheotherhand,acorrespondingphaseshiftbetween
v′andw′,whichiscloseto±π/2,providesthesufficientcriterionthatrollsarepresentin
theflow.WetestedthiscriterionfortheevaluatedCAOperiod,yetfoundnoevidencethat
suchanisotropicstructuresarepresent.

Intherollcase,anestimateofLh,cusingtheproposedmethodwillcorrespondtothe
wavelength,λ′

roll,whichdescribestherollwavelength,λroll,transposedtotheaxisofwda

λroll

λ′
roll

=sin(α).

TheobtainedLh,cforrollswillbelargerthantherollextentperpendiculartothelongitudinal
rollaxisandsmallerthantheextentparalleltothisaxis.
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Appendix: Applicability to Mesoscale Convection and Roll Vortices

For the utilized ship-based lidar set-up, the presented methodology (Sect. 3.2) is restricted
to estimates of Lh,c along the apparent wind direction, wda . For a horizontally isotropic
convective cell, the estimated Lh,c from spectral analysis directly represents its spatial extent.
Yet, previous CAO studies (e.g., Atkinson and Zhang 1996; Hartmann et al. 1997; Renfrew
and Moore 1999) report the presence of roll vortices, convective structures that have a much
larger spatial extent along-wind than cross-wind. Due to this horizontal anisotropy, these
structures need to be interpreted with care in terms of Lh,c. The longitudinal axis of rolls
tends to align with a small angle, α, to the mean wind direction. This is, for example,
discussed by Atkinson and Zhang (1996), and evident in large-eddy simulations by Brilouet
et al. (2020). Cross-wind movement of the ship can introduce an increased α, relative towda .
The roll circulation, v′roll , perpendicular to the longitudinal roll axis, projected to u′A and v′A
yields the following dependencies

u′

v′roll = sin(α);
v′

v′roll = cos(α) ⇒
u′

v′ = tan(α).

When rolls are present in the flow and α is small yet larger than 0◦ the coherent signal,
obtained by the ship-based lidar, has a much larger contribution to v′A, than to u′A. The
distribution of the ratio between u′A and v′A is expected to clearly shift to values close to
zero. The v′ series is proportional to v′roll , which follows an analogous circulation with w′
as illustrated in Fig. 3 in the cross-wind direction. The obtained v′ for the roll case is thus
phase-shifted by ±π/2 to the corresponding w′, in contrast to v′ for isotropic cells. Hence,
in the presence of roll vortices, one should also take Cov′w′ and ρv′w′ into account as an
criterion for the estimation of Lh,c. On the one hand, v′ is expected to yield a much clearer
coherent signal, at least for small α. On the other hand, a corresponding phase shift between
v′ and w′, which is close to ±π/2, provides the sufficient criterion that rolls are present in
the flow. We tested this criterion for the evaluated CAO period, yet found no evidence that
such anisotropic structures are present.

In the roll case, an estimate of Lh,c using the proposed method will correspond to the
wavelength, λ′roll , which describes the roll wavelength, λroll , transposed to the axis of wda

λroll

λ′roll = sin(α).

The obtained Lh,c for rolls will be larger than the roll extent perpendicular to the longitudinal
roll axis and smaller than the extent parallel to this axis.
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Abstract. While convection is a key process in the develop-
ment of the atmospheric boundary layer, conventional meteo-
rological measurement approaches fall short in capturing the
evolution of the complex dynamics of convection. To obtain
deeper observational insight into convection, we assess the
potential of a dual-lidar approach. We present the capabil-
ity of two pre-processing procedures, an advanced clustering
filter instead of a simple threshold filter and a temporal inter-
polation, to increase data availability and reduce errors in the
individual lidar observations that would be amplified in the
dual-lidar retrieval. To evaluate the optimal balance between
spatial and temporal resolution to sufficiently resolve con-
vective properties, we test a set of scan configurations. We
deployed the dual-lidar setup at two Norwegian airfields in a
different geographic setting and demonstrate its capabilities
as a proof of concept. We present a retrieval of the convec-
tive flow field in a vertical plane above the airfield for each
of these setups. The advanced data filtering and temporal in-
terpolation approaches show an improving effect on the data
availability and quality and are applied to the observations
used in the dual-lidar retrieval. All tested angular resolutions
captured the relevant spatial features of the convective flow
field, and balance between resolutions can be shifted towards
a higher temporal resolution. Based on the evaluated cases,
we show that the dual-lidar approach sufficiently resolves
and provides valuable insight into the dynamic properties of
atmospheric convection.

1 Introduction

Convection plays a key role in the redistribution of en-
ergy, heat, moisture, momentum, and matter in the atmo-
spheric boundary layer. Convection also contributes to the
deepening of the boundary layer, the formation of con-
vective clouds, and the generation of precipitation (Stull,
1988; Emanuel, 1994). Accurately resolving or parameter-
izing convection in our weather and climate models is thus
of great importance. However, the adequate physical and
dynamical representation of atmospheric convection in our
models remains challenging (Siebesma et al., 2007; Prein et
al., 2017). Conventional meteorological instrumentation usu-
ally provides in situ point measurements, profiles (meteo-
rological masts, radiosondes, or ground-based remote sens-
ing), or measurements along an aircraft track of limited
spatiotemporal resolution and coverage. Given the complex
three-dimensional and short-lived nature of convection, such
conventional instrumentation setups are often unsuitable to
constrain or validate convection parameterization schemes
(Kunkel et al., 1977; Geerts et al., 2018). Instead, we must re-
sort to large-eddy simulations (LESs) that resolve the three-
dimensional dynamics of convection to guide such parame-
terizations (Brown et al., 2002; Siebesma et al., 2007). How-
ever, LESs used to constrain the convection parameterization
schemes also lack sophisticated observations to be validated
against. Hence, there is a demand for high-resolution and
long-term observations of the multidimensional character of
convection. We introduce a combined measurement and pro-
cessing technique to achieve observations that cover the spa-
tial and temporal scales necessary to resolve convection. We
present and assess this novel methodology based on a dual-
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Abstract.Whileconvectionisakeyprocessinthedevelop-
mentoftheatmosphericboundarylayer,conventionalmeteo-
rologicalmeasurementapproachesfallshortincapturingthe
evolutionofthecomplexdynamicsofconvection.Toobtain
deeperobservationalinsightintoconvection,weassessthe
potentialofadual-lidarapproach.Wepresentthecapabil-
ityoftwopre-processingprocedures,anadvancedclustering
filterinsteadofasimplethresholdfilterandatemporalinter-
polation,toincreasedataavailabilityandreduceerrorsinthe
individuallidarobservationsthatwouldbeamplifiedinthe
dual-lidarretrieval.Toevaluatetheoptimalbalancebetween
spatialandtemporalresolutiontosufficientlyresolvecon-
vectiveproperties,wetestasetofscanconfigurations.We
deployedthedual-lidarsetupattwoNorwegianairfieldsina
differentgeographicsettinganddemonstrateitscapabilities
asaproofofconcept.Wepresentaretrievaloftheconvec-
tiveflowfieldinaverticalplaneabovetheairfieldforeach
ofthesesetups.Theadvanceddatafilteringandtemporalin-
terpolationapproachesshowanimprovingeffectonthedata
availabilityandqualityandareappliedtotheobservations
usedinthedual-lidarretrieval.Alltestedangularresolutions
capturedtherelevantspatialfeaturesoftheconvectiveflow
field,andbalancebetweenresolutionscanbeshiftedtowards
ahighertemporalresolution.Basedontheevaluatedcases,
weshowthatthedual-lidarapproachsufficientlyresolves
andprovidesvaluableinsightintothedynamicpropertiesof
atmosphericconvection.

1Introduction

Convectionplaysakeyroleintheredistributionofen-
ergy,heat,moisture,momentum,andmatterintheatmo-
sphericboundarylayer.Convectionalsocontributestothe
deepeningoftheboundarylayer,theformationofcon-
vectiveclouds,andthegenerationofprecipitation(Stull,
1988;Emanuel,1994).Accuratelyresolvingorparameter-
izingconvectioninourweatherandclimatemodelsisthus
ofgreatimportance.However,theadequatephysicaland
dynamicalrepresentationofatmosphericconvectioninour
modelsremainschallenging(Siebesmaetal.,2007;Preinet
al.,2017).Conventionalmeteorologicalinstrumentationusu-
allyprovidesinsitupointmeasurements,profiles(meteo-
rologicalmasts,radiosondes,orground-basedremotesens-
ing),ormeasurementsalonganaircrafttrackoflimited
spatiotemporalresolutionandcoverage.Giventhecomplex
three-dimensionalandshort-livednatureofconvection,such
conventionalinstrumentationsetupsareoftenunsuitableto
constrainorvalidateconvectionparameterizationschemes
(Kunkeletal.,1977;Geertsetal.,2018).Instead,wemustre-
sorttolarge-eddysimulations(LESs)thatresolvethethree-
dimensionaldynamicsofconvectiontoguidesuchparame-
terizations(Brownetal.,2002;Siebesmaetal.,2007).How-
ever,LESsusedtoconstraintheconvectionparameterization
schemesalsolacksophisticatedobservationstobevalidated
against.Hence,thereisademandforhigh-resolutionand
long-termobservationsofthemultidimensionalcharacterof
convection.Weintroduceacombinedmeasurementandpro-
cessingtechniquetoachieveobservationsthatcoverthespa-
tialandtemporalscalesnecessarytoresolveconvection.We
presentandassessthisnovelmethodologybasedonadual-
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rological measurement approaches fall short in capturing the
evolution of the complex dynamics of convection. To obtain
deeper observational insight into convection, we assess the
potential of a dual-lidar approach. We present the capabil-
ity of two pre-processing procedures, an advanced clustering
filter instead of a simple threshold filter and a temporal inter-
polation, to increase data availability and reduce errors in the
individual lidar observations that would be amplified in the
dual-lidar retrieval. To evaluate the optimal balance between
spatial and temporal resolution to sufficiently resolve con-
vective properties, we test a set of scan configurations. We
deployed the dual-lidar setup at two Norwegian airfields in a
different geographic setting and demonstrate its capabilities
as a proof of concept. We present a retrieval of the convec-
tive flow field in a vertical plane above the airfield for each
of these setups. The advanced data filtering and temporal in-
terpolation approaches show an improving effect on the data
availability and quality and are applied to the observations
used in the dual-lidar retrieval. All tested angular resolutions
captured the relevant spatial features of the convective flow
field, and balance between resolutions can be shifted towards
a higher temporal resolution. Based on the evaluated cases,
we show that the dual-lidar approach sufficiently resolves
and provides valuable insight into the dynamic properties of
atmospheric convection.
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ing), or measurements along an aircraft track of limited
spatiotemporal resolution and coverage. Given the complex
three-dimensional and short-lived nature of convection, such
conventional instrumentation setups are often unsuitable to
constrain or validate convection parameterization schemes
(Kunkel et al., 1977; Geerts et al., 2018). Instead, we must re-
sort to large-eddy simulations (LESs) that resolve the three-
dimensional dynamics of convection to guide such parame-
terizations (Brown et al., 2002; Siebesma et al., 2007). How-
ever, LESs used to constrain the convection parameterization
schemes also lack sophisticated observations to be validated
against. Hence, there is a demand for high-resolution and
long-term observations of the multidimensional character of
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scanning lidar retrieval combined with an advanced filtering
and a temporal interpolation approach.

Early aerosol–backscatter lidar observations demonstrated
the potential of scanning lidars to capture the size and life cy-
cle of convective thermals in the boundary layer (Kunkel et
al., 1977). Lidar technology has advanced significantly since
then with substantially increased spatial and temporal reso-
lution. In addition to aerosol and cloud–particle backscatter,
Doppler lidar can also obtain the wind velocity field pro-
jected onto the lidar’s beam. Lidar scan configurations and
setups have been developed and optimized to retrieve wind
vector profiles (e.g., Werner, 2005; Calhoun et al., 2006) or
even in multidimensional space when combining multiple in-
struments (e.g., Newsom et al., 2005, 2008; Iwai et al., 2008;
Stawiarski et al., 2013; Whiteman et al., 2018; Wildmann et
al., 2018; Haid et al., 2020; Adler et al., 2020, 2021).

Single profiling lidars are able to capture properties of
convective structures that move over the instrument within
timescales that are shorter than the life cycle of the convec-
tive structures (Duscha et al., 2022). However, these struc-
tures are mainly found in the marine boundary layer under
extreme atmospheric conditions in the presence of strong ad-
vection. Over land, however, convection is often more local-
ized and the timescale of horizontal displacements by ad-
vection is usually slower than the life cycle of the convec-
tive structures (Kunkel et al., 1977). Hence, a more advanced
approach is required to sample these land-based convective
structures. In our study, we propose and evaluate the poten-
tial of a dual-lidar setup that obtains the convective flow field
in a vertical two-dimensional cross-section.

There have been attempts to characterize convection with
such dual-Doppler lidar setups. Röhner and Träumner (2013)
evaluated variance profiles of convection with a dual-lidar
setup in a vertical plane. However, they only utilize certain
points along two lines within this cross-section and thus do
not make use of the entire plane. Iwai et al. (2008) present
a retrieval of all three wind components of the convective
flow field on a three-dimensional Cartesian grid using a set
of overlapping near-horizontal planes of two scanning lidars
and assuming continuity to retrieve the vertical wind compo-
nent. The timescale to obtain one retrieval based on a full set
of scans, however, exceeds the typically expected life cycle
of the convective structures of interest, thereby limiting its
assessment.

Motivated by the shortcomings of earlier attempts, we
develop and optimize a methodology for the use of dual-
scanning Doppler lidars to probe atmospheric convection.
Superior to conventional meteorological instrument setups,
this dual-lidar approach extends the observations of the con-
vective boundary layer by a spatial dimension. We investi-
gate the performance of the proposed measurement and pro-
cessing technique to capture convective structures and suf-
ficiently resolve essential characteristics of the convective
flow field in space and time. We define the following crite-
ria to achieve this goal: the dual-lidar retrieval should resolve

convective circulation in sufficient detail on the Cartesian re-
trieval grid; the retrieval section should extend at least over
one wavelength of the convective circulation such that both
updraft and downdraft are captured; the retrieval of the flow
field should be continuous and undisturbed by noise or erro-
neous features; though the emphasis is on the performance
of the approach in space, it should not be at the cost of suf-
ficient temporal resolution needed to describe the evolution
of the convective circulation. We evaluate the performance
of the proposed dual-lidar approach and evaluate the benefit
of improved filtering and temporal interpolation of the lidar
scans as a proof of concept based on two cases obtained dur-
ing convective days at two small airports in Norway.

Evaluating the potential of the dual-lidar approach to ac-
curately sample the convective flow is a part of the gLidar
project (Pálenik, 2022). The project aims to enhance sam-
pling capacity and understanding of convection by combin-
ing Eulerian (lidar) and Lagrangian observations. The latter
are based on voluntary observing pilots of sailplanes, hang
gliders, and paragliders, equipped with instrumentation to
measure and log real-time position together with tempera-
ture, humidity, and pressure. These gliders utilize convec-
tive updrafts to gain altitude and hence also provide verti-
cal convective velocities as well as temperature and humidity
anomalies of the convective updraft. Environmental profiles
outside the convective updrafts are obtained from parts of the
flight track outside convective plumes or from a skydiving
airplane that is also equipped with the identical sensors. The
collocation of these in situ data, together with the dual-lidar
retrievals, is utilized in the empirical convection model by
Pálenik et al. (2021) to enhance our process understanding
of convection in the atmospheric boundary layer.

2 The experiment

The data collected for this study originate from a similar ex-
perimental setup at two sites. The instrumentation installed at
these two sites, the measurement strategy of the lidars, which
are the main instrumentation of the setup, and the challenges,
which were met during the experiment at each site, are intro-
duced in the following sections.

2.1 The sites

We have chosen two small airports in Norway for sailplanes
and small motor planes as measurement sites for the dual-
lidar experiment. From 12 May until 7 June 2021, we in-
stalled two WindCube-100S scanning lidars, an automatic
weather station (AWS), and a surface energy balance sta-
tion (SEBS) at Vaksinen airport, Os, in western Norway, ca.
25 km south of Bergen. The same instrumentation was de-
ployed from 14 July until 30 July 2022 for the second field
campaign at Starmoen airport, Elverum, in eastern Norway,
about 120 km northeast of Oslo. Figure 1 shows the mea-
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scanninglidarretrievalcombinedwithanadvancedfiltering
andatemporalinterpolationapproach.

Earlyaerosol–backscatterlidarobservationsdemonstrated
thepotentialofscanninglidarstocapturethesizeandlifecy-
cleofconvectivethermalsintheboundarylayer(Kunkelet
al.,1977).Lidartechnologyhasadvancedsignificantlysince
thenwithsubstantiallyincreasedspatialandtemporalreso-
lution.Inadditiontoaerosolandcloud–particlebackscatter,
Dopplerlidarcanalsoobtainthewindvelocityfieldpro-
jectedontothelidar’sbeam.Lidarscanconfigurationsand
setupshavebeendevelopedandoptimizedtoretrievewind
vectorprofiles(e.g.,Werner,2005;Calhounetal.,2006)or
eveninmultidimensionalspacewhencombiningmultiplein-
struments(e.g.,Newsometal.,2005,2008;Iwaietal.,2008;
Stawiarskietal.,2013;Whitemanetal.,2018;Wildmannet
al.,2018;Haidetal.,2020;Adleretal.,2020,2021).

Singleprofilinglidarsareabletocapturepropertiesof
convectivestructuresthatmoveovertheinstrumentwithin
timescalesthatareshorterthanthelifecycleoftheconvec-
tivestructures(Duschaetal.,2022).However,thesestruc-
turesaremainlyfoundinthemarineboundarylayerunder
extremeatmosphericconditionsinthepresenceofstrongad-
vection.Overland,however,convectionisoftenmorelocal-
izedandthetimescaleofhorizontaldisplacementsbyad-
vectionisusuallyslowerthanthelifecycleoftheconvec-
tivestructures(Kunkeletal.,1977).Hence,amoreadvanced
approachisrequiredtosampletheseland-basedconvective
structures.Inourstudy,weproposeandevaluatethepoten-
tialofadual-lidarsetupthatobtainstheconvectiveflowfield
inaverticaltwo-dimensionalcross-section.

Therehavebeenattemptstocharacterizeconvectionwith
suchdual-Dopplerlidarsetups.RöhnerandTräumner(2013)
evaluatedvarianceprofilesofconvectionwithadual-lidar
setupinaverticalplane.However,theyonlyutilizecertain
pointsalongtwolineswithinthiscross-sectionandthusdo
notmakeuseoftheentireplane.Iwaietal.(2008)present
aretrievalofallthreewindcomponentsoftheconvective
flowfieldonathree-dimensionalCartesiangridusingaset
ofoverlappingnear-horizontalplanesoftwoscanninglidars
andassumingcontinuitytoretrievetheverticalwindcompo-
nent.Thetimescaletoobtainoneretrievalbasedonafullset
ofscans,however,exceedsthetypicallyexpectedlifecycle
oftheconvectivestructuresofinterest,therebylimitingits
assessment.

Motivatedbytheshortcomingsofearlierattempts,we
developandoptimizeamethodologyfortheuseofdual-
scanningDopplerlidarstoprobeatmosphericconvection.
Superiortoconventionalmeteorologicalinstrumentsetups,
thisdual-lidarapproachextendstheobservationsofthecon-
vectiveboundarylayerbyaspatialdimension.Weinvesti-
gatetheperformanceoftheproposedmeasurementandpro-
cessingtechniquetocaptureconvectivestructuresandsuf-
ficientlyresolveessentialcharacteristicsoftheconvective
flowfieldinspaceandtime.Wedefinethefollowingcrite-
riatoachievethisgoal:thedual-lidarretrievalshouldresolve

convectivecirculationinsufficientdetailontheCartesianre-
trievalgrid;theretrievalsectionshouldextendatleastover
onewavelengthoftheconvectivecirculationsuchthatboth
updraftanddowndraftarecaptured;theretrievaloftheflow
fieldshouldbecontinuousandundisturbedbynoiseorerro-
neousfeatures;thoughtheemphasisisontheperformance
oftheapproachinspace,itshouldnotbeatthecostofsuf-
ficienttemporalresolutionneededtodescribetheevolution
oftheconvectivecirculation.Weevaluatetheperformance
oftheproposeddual-lidarapproachandevaluatethebenefit
ofimprovedfilteringandtemporalinterpolationofthelidar
scansasaproofofconceptbasedontwocasesobtaineddur-
ingconvectivedaysattwosmallairportsinNorway.

Evaluatingthepotentialofthedual-lidarapproachtoac-
curatelysampletheconvectiveflowisapartofthegLidar
project(Pálenik,2022).Theprojectaimstoenhancesam-
plingcapacityandunderstandingofconvectionbycombin-
ingEulerian(lidar)andLagrangianobservations.Thelatter
arebasedonvoluntaryobservingpilotsofsailplanes,hang
gliders,andparagliders,equippedwithinstrumentationto
measureandlogreal-timepositiontogetherwithtempera-
ture,humidity,andpressure.Theseglidersutilizeconvec-
tiveupdraftstogainaltitudeandhencealsoprovideverti-
calconvectivevelocitiesaswellastemperatureandhumidity
anomaliesoftheconvectiveupdraft.Environmentalprofiles
outsidetheconvectiveupdraftsareobtainedfrompartsofthe
flighttrackoutsideconvectiveplumesorfromaskydiving
airplanethatisalsoequippedwiththeidenticalsensors.The
collocationoftheseinsitudata,togetherwiththedual-lidar
retrievals,isutilizedintheempiricalconvectionmodelby
Páleniketal.(2021)toenhanceourprocessunderstanding
ofconvectionintheatmosphericboundarylayer.

2Theexperiment

Thedatacollectedforthisstudyoriginatefromasimilarex-
perimentalsetupattwosites.Theinstrumentationinstalledat
thesetwosites,themeasurementstrategyofthelidars,which
arethemaininstrumentationofthesetup,andthechallenges,
whichweremetduringtheexperimentateachsite,areintro-
ducedinthefollowingsections.

2.1Thesites

WehavechosentwosmallairportsinNorwayforsailplanes
andsmallmotorplanesasmeasurementsitesforthedual-
lidarexperiment.From12Mayuntil7June2021,wein-
stalledtwoWindCube-100Sscanninglidars,anautomatic
weatherstation(AWS),andasurfaceenergybalancesta-
tion(SEBS)atVaksinenairport,Os,inwesternNorway,ca.
25kmsouthofBergen.Thesameinstrumentationwasde-
ployedfrom14Julyuntil30July2022forthesecondfield
campaignatStarmoenairport,Elverum,ineasternNorway,
about120kmnortheastofOslo.Figure1showsthemea-
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scanning lidar retrieval combined with an advanced filtering
and a temporal interpolation approach.

Early aerosol–backscatter lidar observations demonstrated
the potential of scanning lidars to capture the size and life cy-
cle of convective thermals in the boundary layer (Kunkel et
al., 1977). Lidar technology has advanced significantly since
then with substantially increased spatial and temporal reso-
lution. In addition to aerosol and cloud–particle backscatter,
Doppler lidar can also obtain the wind velocity field pro-
jected onto the lidar’s beam. Lidar scan configurations and
setups have been developed and optimized to retrieve wind
vector profiles (e.g., Werner, 2005; Calhoun et al., 2006) or
even in multidimensional space when combining multiple in-
struments (e.g., Newsom et al., 2005, 2008; Iwai et al., 2008;
Stawiarski et al., 2013; Whiteman et al., 2018; Wildmann et
al., 2018; Haid et al., 2020; Adler et al., 2020, 2021).

Single profiling lidars are able to capture properties of
convective structures that move over the instrument within
timescales that are shorter than the life cycle of the convec-
tive structures (Duscha et al., 2022). However, these struc-
tures are mainly found in the marine boundary layer under
extreme atmospheric conditions in the presence of strong ad-
vection. Over land, however, convection is often more local-
ized and the timescale of horizontal displacements by ad-
vection is usually slower than the life cycle of the convec-
tive structures (Kunkel et al., 1977). Hence, a more advanced
approach is required to sample these land-based convective
structures. In our study, we propose and evaluate the poten-
tial of a dual-lidar setup that obtains the convective flow field
in a vertical two-dimensional cross-section.

There have been attempts to characterize convection with
such dual-Doppler lidar setups. Röhner and Träumner (2013)
evaluated variance profiles of convection with a dual-lidar
setup in a vertical plane. However, they only utilize certain
points along two lines within this cross-section and thus do
not make use of the entire plane. Iwai et al. (2008) present
a retrieval of all three wind components of the convective
flow field on a three-dimensional Cartesian grid using a set
of overlapping near-horizontal planes of two scanning lidars
and assuming continuity to retrieve the vertical wind compo-
nent. The timescale to obtain one retrieval based on a full set
of scans, however, exceeds the typically expected life cycle
of the convective structures of interest, thereby limiting its
assessment.

Motivated by the shortcomings of earlier attempts, we
develop and optimize a methodology for the use of dual-
scanning Doppler lidars to probe atmospheric convection.
Superior to conventional meteorological instrument setups,
this dual-lidar approach extends the observations of the con-
vective boundary layer by a spatial dimension. We investi-
gate the performance of the proposed measurement and pro-
cessing technique to capture convective structures and suf-
ficiently resolve essential characteristics of the convective
flow field in space and time. We define the following crite-
ria to achieve this goal: the dual-lidar retrieval should resolve

convective circulation in sufficient detail on the Cartesian re-
trieval grid; the retrieval section should extend at least over
one wavelength of the convective circulation such that both
updraft and downdraft are captured; the retrieval of the flow
field should be continuous and undisturbed by noise or erro-
neous features; though the emphasis is on the performance
of the approach in space, it should not be at the cost of suf-
ficient temporal resolution needed to describe the evolution
of the convective circulation. We evaluate the performance
of the proposed dual-lidar approach and evaluate the benefit
of improved filtering and temporal interpolation of the lidar
scans as a proof of concept based on two cases obtained dur-
ing convective days at two small airports in Norway.

Evaluating the potential of the dual-lidar approach to ac-
curately sample the convective flow is a part of the gLidar
project (Pálenik, 2022). The project aims to enhance sam-
pling capacity and understanding of convection by combin-
ing Eulerian (lidar) and Lagrangian observations. The latter
are based on voluntary observing pilots of sailplanes, hang
gliders, and paragliders, equipped with instrumentation to
measure and log real-time position together with tempera-
ture, humidity, and pressure. These gliders utilize convec-
tive updrafts to gain altitude and hence also provide verti-
cal convective velocities as well as temperature and humidity
anomalies of the convective updraft. Environmental profiles
outside the convective updrafts are obtained from parts of the
flight track outside convective plumes or from a skydiving
airplane that is also equipped with the identical sensors. The
collocation of these in situ data, together with the dual-lidar
retrievals, is utilized in the empirical convection model by
Pálenik et al. (2021) to enhance our process understanding
of convection in the atmospheric boundary layer.

2 The experiment

The data collected for this study originate from a similar ex-
perimental setup at two sites. The instrumentation installed at
these two sites, the measurement strategy of the lidars, which
are the main instrumentation of the setup, and the challenges,
which were met during the experiment at each site, are intro-
duced in the following sections.

2.1 The sites

We have chosen two small airports in Norway for sailplanes
and small motor planes as measurement sites for the dual-
lidar experiment. From 12 May until 7 June 2021, we in-
stalled two WindCube-100S scanning lidars, an automatic
weather station (AWS), and a surface energy balance sta-
tion (SEBS) at Vaksinen airport, Os, in western Norway, ca.
25 km south of Bergen. The same instrumentation was de-
ployed from 14 July until 30 July 2022 for the second field
campaign at Starmoen airport, Elverum, in eastern Norway,
about 120 km northeast of Oslo. Figure 1 shows the mea-
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Motivated by the shortcomings of earlier attempts, we
develop and optimize a methodology for the use of dual-
scanning Doppler lidars to probe atmospheric convection.
Superior to conventional meteorological instrument setups,
this dual-lidar approach extends the observations of the con-
vective boundary layer by a spatial dimension. We investi-
gate the performance of the proposed measurement and pro-
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retrievals, is utilized in the empirical convection model by
Pálenik et al. (2021) to enhance our process understanding
of convection in the atmospheric boundary layer.

2 The experiment

The data collected for this study originate from a similar ex-
perimental setup at two sites. The instrumentation installed at
these two sites, the measurement strategy of the lidars, which
are the main instrumentation of the setup, and the challenges,
which were met during the experiment at each site, are intro-
duced in the following sections.

2.1 The sites

We have chosen two small airports in Norway for sailplanes
and small motor planes as measurement sites for the dual-
lidar experiment. From 12 May until 7 June 2021, we in-
stalled two WindCube-100S scanning lidars, an automatic
weather station (AWS), and a surface energy balance sta-
tion (SEBS) at Vaksinen airport, Os, in western Norway, ca.
25 km south of Bergen. The same instrumentation was de-
ployed from 14 July until 30 July 2022 for the second field
campaign at Starmoen airport, Elverum, in eastern Norway,
about 120 km northeast of Oslo. Figure 1 shows the mea-
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scanninglidarretrievalcombinedwithanadvancedfiltering
andatemporalinterpolationapproach.

Earlyaerosol–backscatterlidarobservationsdemonstrated
thepotentialofscanninglidarstocapturethesizeandlifecy-
cleofconvectivethermalsintheboundarylayer(Kunkelet
al.,1977).Lidartechnologyhasadvancedsignificantlysince
thenwithsubstantiallyincreasedspatialandtemporalreso-
lution.Inadditiontoaerosolandcloud–particlebackscatter,
Dopplerlidarcanalsoobtainthewindvelocityfieldpro-
jectedontothelidar’sbeam.Lidarscanconfigurationsand
setupshavebeendevelopedandoptimizedtoretrievewind
vectorprofiles(e.g.,Werner,2005;Calhounetal.,2006)or
eveninmultidimensionalspacewhencombiningmultiplein-
struments(e.g.,Newsometal.,2005,2008;Iwaietal.,2008;
Stawiarskietal.,2013;Whitemanetal.,2018;Wildmannet
al.,2018;Haidetal.,2020;Adleretal.,2020,2021).

Singleprofilinglidarsareabletocapturepropertiesof
convectivestructuresthatmoveovertheinstrumentwithin
timescalesthatareshorterthanthelifecycleoftheconvec-
tivestructures(Duschaetal.,2022).However,thesestruc-
turesaremainlyfoundinthemarineboundarylayerunder
extremeatmosphericconditionsinthepresenceofstrongad-
vection.Overland,however,convectionisoftenmorelocal-
izedandthetimescaleofhorizontaldisplacementsbyad-
vectionisusuallyslowerthanthelifecycleoftheconvec-
tivestructures(Kunkeletal.,1977).Hence,amoreadvanced
approachisrequiredtosampletheseland-basedconvective
structures.Inourstudy,weproposeandevaluatethepoten-
tialofadual-lidarsetupthatobtainstheconvectiveflowfield
inaverticaltwo-dimensionalcross-section.

Therehavebeenattemptstocharacterizeconvectionwith
suchdual-Dopplerlidarsetups.RöhnerandTräumner(2013)
evaluatedvarianceprofilesofconvectionwithadual-lidar
setupinaverticalplane.However,theyonlyutilizecertain
pointsalongtwolineswithinthiscross-sectionandthusdo
notmakeuseoftheentireplane.Iwaietal.(2008)present
aretrievalofallthreewindcomponentsoftheconvective
flowfieldonathree-dimensionalCartesiangridusingaset
ofoverlappingnear-horizontalplanesoftwoscanninglidars
andassumingcontinuitytoretrievetheverticalwindcompo-
nent.Thetimescaletoobtainoneretrievalbasedonafullset
ofscans,however,exceedsthetypicallyexpectedlifecycle
oftheconvectivestructuresofinterest,therebylimitingits
assessment.

Motivatedbytheshortcomingsofearlierattempts,we
developandoptimizeamethodologyfortheuseofdual-
scanningDopplerlidarstoprobeatmosphericconvection.
Superiortoconventionalmeteorologicalinstrumentsetups,
thisdual-lidarapproachextendstheobservationsofthecon-
vectiveboundarylayerbyaspatialdimension.Weinvesti-
gatetheperformanceoftheproposedmeasurementandpro-
cessingtechniquetocaptureconvectivestructuresandsuf-
ficientlyresolveessentialcharacteristicsoftheconvective
flowfieldinspaceandtime.Wedefinethefollowingcrite-
riatoachievethisgoal:thedual-lidarretrievalshouldresolve

convectivecirculationinsufficientdetailontheCartesianre-
trievalgrid;theretrievalsectionshouldextendatleastover
onewavelengthoftheconvectivecirculationsuchthatboth
updraftanddowndraftarecaptured;theretrievaloftheflow
fieldshouldbecontinuousandundisturbedbynoiseorerro-
neousfeatures;thoughtheemphasisisontheperformance
oftheapproachinspace,itshouldnotbeatthecostofsuf-
ficienttemporalresolutionneededtodescribetheevolution
oftheconvectivecirculation.Weevaluatetheperformance
oftheproposeddual-lidarapproachandevaluatethebenefit
ofimprovedfilteringandtemporalinterpolationofthelidar
scansasaproofofconceptbasedontwocasesobtaineddur-
ingconvectivedaysattwosmallairportsinNorway.

Evaluatingthepotentialofthedual-lidarapproachtoac-
curatelysampletheconvectiveflowisapartofthegLidar
project(Pálenik,2022).Theprojectaimstoenhancesam-
plingcapacityandunderstandingofconvectionbycombin-
ingEulerian(lidar)andLagrangianobservations.Thelatter
arebasedonvoluntaryobservingpilotsofsailplanes,hang
gliders,andparagliders,equippedwithinstrumentationto
measureandlogreal-timepositiontogetherwithtempera-
ture,humidity,andpressure.Theseglidersutilizeconvec-
tiveupdraftstogainaltitudeandhencealsoprovideverti-
calconvectivevelocitiesaswellastemperatureandhumidity
anomaliesoftheconvectiveupdraft.Environmentalprofiles
outsidetheconvectiveupdraftsareobtainedfrompartsofthe
flighttrackoutsideconvectiveplumesorfromaskydiving
airplanethatisalsoequippedwiththeidenticalsensors.The
collocationoftheseinsitudata,togetherwiththedual-lidar
retrievals,isutilizedintheempiricalconvectionmodelby
Páleniketal.(2021)toenhanceourprocessunderstanding
ofconvectionintheatmosphericboundarylayer.

2Theexperiment

Thedatacollectedforthisstudyoriginatefromasimilarex-
perimentalsetupattwosites.Theinstrumentationinstalledat
thesetwosites,themeasurementstrategyofthelidars,which
arethemaininstrumentationofthesetup,andthechallenges,
whichweremetduringtheexperimentateachsite,areintro-
ducedinthefollowingsections.

2.1Thesites

WehavechosentwosmallairportsinNorwayforsailplanes
andsmallmotorplanesasmeasurementsitesforthedual-
lidarexperiment.From12Mayuntil7June2021,wein-
stalledtwoWindCube-100Sscanninglidars,anautomatic
weatherstation(AWS),andasurfaceenergybalancesta-
tion(SEBS)atVaksinenairport,Os,inwesternNorway,ca.
25kmsouthofBergen.Thesameinstrumentationwasde-
ployedfrom14Julyuntil30July2022forthesecondfield
campaignatStarmoenairport,Elverum,ineasternNorway,
about120kmnortheastofOslo.Figure1showsthemea-
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weatherstation(AWS),andasurfaceenergybalancesta-
tion(SEBS)atVaksinenairport,Os,inwesternNorway,ca.
25kmsouthofBergen.Thesameinstrumentationwasde-
ployedfrom14Julyuntil30July2022forthesecondfield
campaignatStarmoenairport,Elverum,ineasternNorway,
about120kmnortheastofOslo.Figure1showsthemea-
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scanninglidarretrievalcombinedwithanadvancedfiltering
andatemporalinterpolationapproach.
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struments(e.g.,Newsometal.,2005,2008;Iwaietal.,2008;
Stawiarskietal.,2013;Whitemanetal.,2018;Wildmannet
al.,2018;Haidetal.,2020;Adleretal.,2020,2021).

Singleprofilinglidarsareabletocapturepropertiesof
convectivestructuresthatmoveovertheinstrumentwithin
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assessment.

Motivatedbytheshortcomingsofearlierattempts,we
developandoptimizeamethodologyfortheuseofdual-
scanningDopplerlidarstoprobeatmosphericconvection.
Superiortoconventionalmeteorologicalinstrumentsetups,
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measureandlogreal-timepositiontogetherwithtempera-
ture,humidity,andpressure.Theseglidersutilizeconvec-
tiveupdraftstogainaltitudeandhencealsoprovideverti-
calconvectivevelocitiesaswellastemperatureandhumidity
anomaliesoftheconvectiveupdraft.Environmentalprofiles
outsidetheconvectiveupdraftsareobtainedfrompartsofthe
flighttrackoutsideconvectiveplumesorfromaskydiving
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2Theexperiment
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thesetwosites,themeasurementstrategyofthelidars,which
arethemaininstrumentationofthesetup,andthechallenges,
whichweremetduringtheexperimentateachsite,areintro-
ducedinthefollowingsections.

2.1Thesites

WehavechosentwosmallairportsinNorwayforsailplanes
andsmallmotorplanesasmeasurementsitesforthedual-
lidarexperiment.From12Mayuntil7June2021,wein-
stalledtwoWindCube-100Sscanninglidars,anautomatic
weatherstation(AWS),andasurfaceenergybalancesta-
tion(SEBS)atVaksinenairport,Os,inwesternNorway,ca.
25kmsouthofBergen.Thesameinstrumentationwasde-
ployedfrom14Julyuntil30July2022forthesecondfield
campaignatStarmoenairport,Elverum,ineasternNorway,
about120kmnortheastofOslo.Figure1showsthemea-
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Figure 1. Location of the measurement sites and instrument setup. Top left: overview map of Europe. Top center: zoomed-in view of southern
Norway with markers for the location of Os (orange) and Elverum (purple). Bottom left: overview of the measurement site at Vaksinen airport
in Os with the locations of the utilized lidars, AWS, and SEBS indicated by red markers as well as distance, 1x, and angle, ϕ, relative to
north between the lidars indicated in blue. Right: overview of the measurement site at Starmoen airport near Elverum with the locations of
the utilized lidars, AWS, and SEBS indicated by red markers and 1x and ϕ indicated in blue.

Table 1. Coordinates (◦ N, ◦ E) of the instrumentation at Vaksinen
airport and Starmoen airport. The numbering of the lidars corre-
sponds to the respective serial numbers of the WindCube-100S se-
ries.

Vaksinen Starmoen

Lidar-34 Not installed 60.874353, 11.6793316
Lidar-37 60.1936435, 5.4242786 60.880778, 11.6703844
Lidar-40 60.1891728, 5.4166957 Not installed
AWS 60.1926322, 5.4216220 60.8787601, 11.6741224
SEBS 60.1925799, 5.4216013 60.8743419, 11.6794812

surement sites and the location of the instrumentation, and
Table 1 documents the coordinates of each instrument.

2.2 The instrumentation

The AWS provides background information on the basic me-
teorological parameters of pressure, temperature, humidity,
wind speed, wind direction, incoming shortwave radiation,
and precipitation at 1 min temporal resolution. The SEBS
measures the four components of the radiation balance, i.e.,
incoming and outgoing shortwave and longwave radiation,

together with highly resolved (20 Hz) measurements of tem-
perature, humidity, and three-dimensional wind speed, each
variable at a single altitude above ground. In addition the
SEBS also provided profile measurements of temperature,
humidity and wind at 1, 2, and 4 m above the surface at a
lower resolution (1 min). In this study, we utilize measure-
ments from AWS and SEBS mainly to identify precipitation-
free periods that favor convective conditions throughout the
two campaigns and to estimate the surface heat flux (see
Sect. 5.2) and flux Richardson number (see Sect. 5.3) as an
indication of the presence of convection.

In both campaigns the two scanning lidars were installed
with a relative distance, 1x (m), and angle, ϕ (◦), relative
to north to each other at opposing ends of the runway of the
corresponding airfields (Fig. 1). The lidars observe radial ve-
locity, vr (m s−1), which is the velocity of the wind projected
to the line of sight (LOS) of the lidar beam. The scanning
lidars used in the experiment can be programmed to point to-
wards a direction corresponding to a certain azimuth angle,
α (◦), and an elevation angle, θ (◦). For each combination
of α and θ , vr values are simultaneously obtained at several
ranges, r (m), from the lidar.
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Figure1.Locationofthemeasurementsitesandinstrumentsetup.Topleft:overviewmapofEurope.Topcenter:zoomed-inviewofsouthern
NorwaywithmarkersforthelocationofOs(orange)andElverum(purple).Bottomleft:overviewofthemeasurementsiteatVaksinenairport
inOswiththelocationsoftheutilizedlidars,AWS,andSEBSindicatedbyredmarkersaswellasdistance,1x,andangle,ϕ,relativeto
northbetweenthelidarsindicatedinblue.Right:overviewofthemeasurementsiteatStarmoenairportnearElverumwiththelocationsof
theutilizedlidars,AWS,andSEBSindicatedbyredmarkersand1xandϕindicatedinblue.

Table1.Coordinates(◦N,◦E)oftheinstrumentationatVaksinen
airportandStarmoenairport.Thenumberingofthelidarscorre-
spondstotherespectiveserialnumbersoftheWindCube-100Sse-
ries.

VaksinenStarmoen

Lidar-34Notinstalled60.874353,11.6793316
Lidar-3760.1936435,5.424278660.880778,11.6703844
Lidar-4060.1891728,5.4166957Notinstalled
AWS60.1926322,5.421622060.8787601,11.6741224
SEBS60.1925799,5.421601360.8743419,11.6794812

surementsitesandthelocationoftheinstrumentation,and
Table1documentsthecoordinatesofeachinstrument.

2.2Theinstrumentation

TheAWSprovidesbackgroundinformationonthebasicme-
teorologicalparametersofpressure,temperature,humidity,
windspeed,winddirection,incomingshortwaveradiation,
andprecipitationat1mintemporalresolution.TheSEBS
measuresthefourcomponentsoftheradiationbalance,i.e.,
incomingandoutgoingshortwaveandlongwaveradiation,

togetherwithhighlyresolved(20Hz)measurementsoftem-
perature,humidity,andthree-dimensionalwindspeed,each
variableatasinglealtitudeaboveground.Inadditionthe
SEBSalsoprovidedprofilemeasurementsoftemperature,
humidityandwindat1,2,and4mabovethesurfaceata
lowerresolution(1min).Inthisstudy,weutilizemeasure-
mentsfromAWSandSEBSmainlytoidentifyprecipitation-
freeperiodsthatfavorconvectiveconditionsthroughoutthe
twocampaignsandtoestimatethesurfaceheatflux(see
Sect.5.2)andfluxRichardsonnumber(seeSect.5.3)asan
indicationofthepresenceofconvection.

Inbothcampaignsthetwoscanninglidarswereinstalled
witharelativedistance,1x(m),andangle,ϕ(◦),relative
tonorthtoeachotheratopposingendsoftherunwayofthe
correspondingairfields(Fig.1).Thelidarsobserveradialve-
locity,vr(ms−1),whichisthevelocityofthewindprojected
tothelineofsight(LOS)ofthelidarbeam.Thescanning
lidarsusedintheexperimentcanbeprogrammedtopointto-
wardsadirectioncorrespondingtoacertainazimuthangle,
α(◦),andanelevationangle,θ(◦).Foreachcombination
ofαandθ,vrvaluesaresimultaneouslyobtainedatseveral
ranges,r(m),fromthelidar.
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surementsitesandthelocationoftheinstrumentation,and
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2.2Theinstrumentation

TheAWSprovidesbackgroundinformationonthebasicme-
teorologicalparametersofpressure,temperature,humidity,
windspeed,winddirection,incomingshortwaveradiation,
andprecipitationat1mintemporalresolution.TheSEBS
measuresthefourcomponentsoftheradiationbalance,i.e.,
incomingandoutgoingshortwaveandlongwaveradiation,

togetherwithhighlyresolved(20Hz)measurementsoftem-
perature,humidity,andthree-dimensionalwindspeed,each
variableatasinglealtitudeaboveground.Inadditionthe
SEBSalsoprovidedprofilemeasurementsoftemperature,
humidityandwindat1,2,and4mabovethesurfaceata
lowerresolution(1min).Inthisstudy,weutilizemeasure-
mentsfromAWSandSEBSmainlytoidentifyprecipitation-
freeperiodsthatfavorconvectiveconditionsthroughoutthe
twocampaignsandtoestimatethesurfaceheatflux(see
Sect.5.2)andfluxRichardsonnumber(seeSect.5.3)asan
indicationofthepresenceofconvection.

Inbothcampaignsthetwoscanninglidarswereinstalled
witharelativedistance,1x(m),andangle,ϕ(◦),relative
tonorthtoeachotheratopposingendsoftherunwayofthe
correspondingairfields(Fig.1).Thelidarsobserveradialve-
locity,vr(ms−1),whichisthevelocityofthewindprojected
tothelineofsight(LOS)ofthelidarbeam.Thescanning
lidarsusedintheexperimentcanbeprogrammedtopointto-
wardsadirectioncorrespondingtoacertainazimuthangle,
α(◦),andanelevationangle,θ(◦).Foreachcombination
ofαandθ,vrvaluesaresimultaneouslyobtainedatseveral
ranges,r(m),fromthelidar.
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Figure 1. Location of the measurement sites and instrument setup. Top left: overview map of Europe. Top center: zoomed-in view of southern
Norway with markers for the location of Os (orange) and Elverum (purple). Bottom left: overview of the measurement site at Vaksinen airport
in Os with the locations of the utilized lidars, AWS, and SEBS indicated by red markers as well as distance, 1x, and angle, ϕ, relative to
north between the lidars indicated in blue. Right: overview of the measurement site at Starmoen airport near Elverum with the locations of
the utilized lidars, AWS, and SEBS indicated by red markers and 1x and ϕ indicated in blue.

Table 1. Coordinates (
◦

N,
◦

E) of the instrumentation at Vaksinen
airport and Starmoen airport. The numbering of the lidars corre-
sponds to the respective serial numbers of the WindCube-100S se-
ries.

Vaksinen Starmoen

Lidar-34 Not installed 60.874353, 11.6793316
Lidar-37 60.1936435, 5.4242786 60.880778, 11.6703844
Lidar-40 60.1891728, 5.4166957 Not installed
AWS 60.1926322, 5.4216220 60.8787601, 11.6741224
SEBS 60.1925799, 5.4216013 60.8743419, 11.6794812

surement sites and the location of the instrumentation, and
Table 1 documents the coordinates of each instrument.

2.2 The instrumentation

The AWS provides background information on the basic me-
teorological parameters of pressure, temperature, humidity,
wind speed, wind direction, incoming shortwave radiation,
and precipitation at 1 min temporal resolution. The SEBS
measures the four components of the radiation balance, i.e.,
incoming and outgoing shortwave and longwave radiation,

together with highly resolved (20 Hz) measurements of tem-
perature, humidity, and three-dimensional wind speed, each
variable at a single altitude above ground. In addition the
SEBS also provided profile measurements of temperature,
humidity and wind at 1, 2, and 4 m above the surface at a
lower resolution (1 min). In this study, we utilize measure-
ments from AWS and SEBS mainly to identify precipitation-
free periods that favor convective conditions throughout the
two campaigns and to estimate the surface heat flux (see
Sect. 5.2) and flux Richardson number (see Sect. 5.3) as an
indication of the presence of convection.

In both campaigns the two scanning lidars were installed
with a relative distance, 1x (m), and angle, ϕ (

◦
), relative

to north to each other at opposing ends of the runway of the
corresponding airfields (Fig. 1). The lidars observe radial ve-
locity, vr (m s

−1), which is the velocity of the wind projected
to the line of sight (LOS) of the lidar beam. The scanning
lidars used in the experiment can be programmed to point to-
wards a direction corresponding to a certain azimuth angle,
α (
◦
), and an elevation angle, θ (

◦
). For each combination

of α and θ , vr values are simultaneously obtained at several
ranges, r (m), from the lidar.
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surement sites and the location of the instrumentation, and
Table 1 documents the coordinates of each instrument.

2.2 The instrumentation

The AWS provides background information on the basic me-
teorological parameters of pressure, temperature, humidity,
wind speed, wind direction, incoming shortwave radiation,
and precipitation at 1 min temporal resolution. The SEBS
measures the four components of the radiation balance, i.e.,
incoming and outgoing shortwave and longwave radiation,

together with highly resolved (20 Hz) measurements of tem-
perature, humidity, and three-dimensional wind speed, each
variable at a single altitude above ground. In addition the
SEBS also provided profile measurements of temperature,
humidity and wind at 1, 2, and 4 m above the surface at a
lower resolution (1 min). In this study, we utilize measure-
ments from AWS and SEBS mainly to identify precipitation-
free periods that favor convective conditions throughout the
two campaigns and to estimate the surface heat flux (see
Sect. 5.2) and flux Richardson number (see Sect. 5.3) as an
indication of the presence of convection.

In both campaigns the two scanning lidars were installed
with a relative distance, 1x (m), and angle, ϕ (

◦
), relative

to north to each other at opposing ends of the runway of the
corresponding airfields (Fig. 1). The lidars observe radial ve-
locity, vr (m s

−1), which is the velocity of the wind projected
to the line of sight (LOS) of the lidar beam. The scanning
lidars used in the experiment can be programmed to point to-
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α (
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), and an elevation angle, θ (

◦
). For each combination

of α and θ , vr values are simultaneously obtained at several
ranges, r (m), from the lidar.
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Figure1.Locationofthemeasurementsitesandinstrumentsetup.Topleft:overviewmapofEurope.Topcenter:zoomed-inviewofsouthern
NorwaywithmarkersforthelocationofOs(orange)andElverum(purple).Bottomleft:overviewofthemeasurementsiteatVaksinenairport
inOswiththelocationsoftheutilizedlidars,AWS,andSEBSindicatedbyredmarkersaswellasdistance,1x,andangle,ϕ,relativeto
northbetweenthelidarsindicatedinblue.Right:overviewofthemeasurementsiteatStarmoenairportnearElverumwiththelocationsof
theutilizedlidars,AWS,andSEBSindicatedbyredmarkersand1xandϕindicatedinblue.
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◦
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◦

E)oftheinstrumentationatVaksinen
airportandStarmoenairport.Thenumberingofthelidarscorre-
spondstotherespectiveserialnumbersoftheWindCube-100Sse-
ries.
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surementsitesandthelocationoftheinstrumentation,and
Table1documentsthecoordinatesofeachinstrument.

2.2Theinstrumentation

TheAWSprovidesbackgroundinformationonthebasicme-
teorologicalparametersofpressure,temperature,humidity,
windspeed,winddirection,incomingshortwaveradiation,
andprecipitationat1mintemporalresolution.TheSEBS
measuresthefourcomponentsoftheradiationbalance,i.e.,
incomingandoutgoingshortwaveandlongwaveradiation,

togetherwithhighlyresolved(20Hz)measurementsoftem-
perature,humidity,andthree-dimensionalwindspeed,each
variableatasinglealtitudeaboveground.Inadditionthe
SEBSalsoprovidedprofilemeasurementsoftemperature,
humidityandwindat1,2,and4mabovethesurfaceata
lowerresolution(1min).Inthisstudy,weutilizemeasure-
mentsfromAWSandSEBSmainlytoidentifyprecipitation-
freeperiodsthatfavorconvectiveconditionsthroughoutthe
twocampaignsandtoestimatethesurfaceheatflux(see
Sect.5.2)andfluxRichardsonnumber(seeSect.5.3)asan
indicationofthepresenceofconvection.

Inbothcampaignsthetwoscanninglidarswereinstalled
witharelativedistance,1x(m),andangle,ϕ(

◦
),relative

tonorthtoeachotheratopposingendsoftherunwayofthe
correspondingairfields(Fig.1).Thelidarsobserveradialve-
locity,vr(ms

−1),whichisthevelocityofthewindprojected
tothelineofsight(LOS)ofthelidarbeam.Thescanning
lidarsusedintheexperimentcanbeprogrammedtopointto-
wardsadirectioncorrespondingtoacertainazimuthangle,
α(
◦
),andanelevationangle,θ(

◦
).Foreachcombination

ofαandθ,vrvaluesaresimultaneouslyobtainedatseveral
ranges,r(m),fromthelidar.
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Table 2. Dual-lidar setup specifications for the two sites at Vaksinen
airport and Starmoen airport.

Vaksinen Starmoen

1x (m) 669 863
ϕ (◦) 40 326
rmin (m) 50 50
rmax (m) 3000 3146
1r (m) 25 25
Ngates 119 259
rres (m) 25 12

Along the lidar beam, each vr value is observed as a com-
posite of the Doppler velocity of all particles, which con-
tribute to the lidar’s backscattering signal (e.g., aerosols)
within the lidar range gate length, 1r (m). The strength of
the particle backscatter is related to the signal-to-noise ra-
tio, SNR (dB), which is also recorded by the lidar. By de-
fault, the distance between the range gates, which defines the
range gate resolution, rres (m), is equal to 1r . Yet, rres can
also be set manually, e.g., smaller than 1r , such that range
gates overlap. The minimum range, rmin (m), needs to be at
least 2 ·1r and the maximum range, rmax (m), is dependent
on the number of utilized range gates,Ngates, and rres. Table 2
summarizes the lidar parameter specifications utilized during
the two campaigns.

2.3 The lidar strategy

We utilized two lidar measurement strategies. In both cam-
paigns, we sampled the three-dimensional wind profile us-
ing a Doppler beam swinging mode (DBS) with five con-
secutive beams: four beams, which are perpendicular at
α = (0◦,90◦,180◦,270◦), each with θ = 75◦. The fifth beam
points upward with θ = 90◦. The DBS is programmed to run
for a duration, Drun, of 10 min within each hour. We retrieve
an average of the wind profile over these 10 min, which we
assume to be the representative profile for the corresponding
hour.

The main strategy of the experiment aims to enable a
retrieval of the plane-parallel horizontal and the vertical
velocity components, u and w (m s−1), in a vertical cross-
section above the runway of each airport. As displayed in
Fig. 2, this is achieved by range height indicator (RHI)
scanning patterns performed by each lidar. Here, the lidar
points horizontally to the complementing lidar (lidar1: α =
ϕ, lidar2: α = ϕ+180◦, with θ = 0◦ orientation in the direc-
tion of ϕ) and then performs a continuous scan by changing
θ (lidar1: from θ = 0 to 150◦, lidar2: θ = 180 to 30◦). The
accuracy of the horizontal (azimuth) alignment was ensured
by a hard-target calibration of each lidar at the start of the
campaigns. We utilize a retrieval to estimate u and w from
overlapping RHI scans of the two lidars in the vertical cross-
section above the runway. The retrieval combines vr values

Table 3. Hourly returning schedule (∗ starting each hour at MM:SS)
of the RHI scan configurations during the Vaksinen and Starmoen
campaign.

Site
Return Drun vscan Tint 1θ Dscan
∗ (min) (◦ s−1) (s) (◦) (s)

10:00 10 1.0 0.5 0.5 150.0
Vaksinen 20:00 10 1.0 1.0 1.0 150.0

30:00 10 4.0 0.5 2.0 37.5

Starmoen 00:00 50 2.0 0.5 1.0 80.0

of the two lidars with different polar coordinate systems and
achieves u and w values on a Cartesian grid (see Fig. 2).
We document further details of this retrieval method and its
shortcomings in Sect. 3.

Convection is a dynamic process, which may rapidly mod-
ify u and w on short timescales and small spatial scales. It
is therefore an important goal of this study to investigate the
combination of temporal and spatial RHI scan resolution that
accurately captures the development of the convective circu-
lation. The combination of the following parameters deter-
mines the temporal and spatial resolution of a single RHI
scan. The scan speed, vscan (◦ s−1), determines the duration,
Dscan (s), of a single RHI scan, which spans a certain range of
θ (i.e., 150◦ from θ = 30◦ to θ = 180◦). The product of vscan
and the integration time, Tint (s), of the Doppler velocities
that contribute to a single vr values determines the angular
resolution, 1θ (◦), of the RHI scan.

High angular (spatial) resolution can be achieved with a
low vscan at the cost of a longDscan and hence a low temporal
resolution when keeping the angular range and Tint constant.
On the other hand, by decreasing Tint, the angular resolution
can be increased without changing vscan and consequently
without sacrificing temporal resolution for covering the same
angular range in a scan. However, short Tint can result in poor
quality of the measured data due to low SNR.

During the two campaigns, we tested different scan-
ning configurations with varying balance between temporal
and spatial resolutions, as well as integration time. These
configurations are summarized in Table 3.

A major goal of the Vaksinen campaign was to evaluate
the ability of different scan configurations to accurately map
convection. At Vaksinen airport, several scanning patterns
with either high temporal or high spatial resolution were run
in sequence within a 1 h return period: first the wind profile
was observed with a DBS scan for 10 min. Then the three
scan configurations introduced in Table 3 were subsequently
scheduled for 10 min each. This was followed by a series
of fixed, out-of-plane RHI and plan position indicator (PPI)
scans for 20 min. These latter scan configurations of the ex-
periment are, however, not relevant for this study and thus
not further described.
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Table2.Dual-lidarsetupspecificationsforthetwositesatVaksinen
airportandStarmoenairport.

VaksinenStarmoen

1x(m)669863
ϕ(◦)40326
rmin(m)5050
rmax(m)30003146
1r(m)2525
Ngates119259
rres(m)2512

Alongthelidarbeam,eachvrvalueisobservedasacom-
positeoftheDopplervelocityofallparticles,whichcon-
tributetothelidar’sbackscatteringsignal(e.g.,aerosols)
withinthelidarrangegatelength,1r(m).Thestrengthof
theparticlebackscatterisrelatedtothesignal-to-noisera-
tio,SNR(dB),whichisalsorecordedbythelidar.Byde-
fault,thedistancebetweentherangegates,whichdefinesthe
rangegateresolution,rres(m),isequalto1r.Yet,rrescan
alsobesetmanually,e.g.,smallerthan1r,suchthatrange
gatesoverlap.Theminimumrange,rmin(m),needstobeat
least2·1randthemaximumrange,rmax(m),isdependent
onthenumberofutilizedrangegates,Ngates,andrres.Table2
summarizesthelidarparameterspecificationsutilizedduring
thetwocampaigns.

2.3Thelidarstrategy

Weutilizedtwolidarmeasurementstrategies.Inbothcam-
paigns,wesampledthethree-dimensionalwindprofileus-
ingaDopplerbeamswingingmode(DBS)withfivecon-
secutivebeams:fourbeams,whichareperpendicularat
α=(0◦,90◦,180◦,270◦),eachwithθ=75◦.Thefifthbeam
pointsupwardwithθ=90◦.TheDBSisprogrammedtorun
foraduration,Drun,of10minwithineachhour.Weretrieve
anaverageofthewindprofileoverthese10min,whichwe
assumetobetherepresentativeprofileforthecorresponding
hour.

Themainstrategyoftheexperimentaimstoenablea
retrievaloftheplane-parallelhorizontalandthevertical
velocitycomponents,uandw(ms−1),inaverticalcross-
sectionabovetherunwayofeachairport.Asdisplayedin
Fig.2,thisisachievedbyrangeheightindicator(RHI)
scanningpatternsperformedbyeachlidar.Here,thelidar
pointshorizontallytothecomplementinglidar(lidar1:α=
ϕ,lidar2:α=ϕ+180◦,withθ=0◦orientationinthedirec-
tionofϕ)andthenperformsacontinuousscanbychanging
θ(lidar1:fromθ=0to150◦,lidar2:θ=180to30◦).The
accuracyofthehorizontal(azimuth)alignmentwasensured
byahard-targetcalibrationofeachlidaratthestartofthe
campaigns.Weutilizearetrievaltoestimateuandwfrom
overlappingRHIscansofthetwolidarsintheverticalcross-
sectionabovetherunway.Theretrievalcombinesvrvalues

Table3.Hourlyreturningschedule(∗startingeachhouratMM:SS)
oftheRHIscanconfigurationsduringtheVaksinenandStarmoen
campaign.

Site
ReturnDrunvscanTint1θDscan

∗(min)(◦s−1)(s)(◦)(s)

10:00101.00.50.5150.0
Vaksinen20:00101.01.01.0150.0

30:00104.00.52.037.5

Starmoen00:00502.00.51.080.0

ofthetwolidarswithdifferentpolarcoordinatesystemsand
achievesuandwvaluesonaCartesiangrid(seeFig.2).
Wedocumentfurtherdetailsofthisretrievalmethodandits
shortcomingsinSect.3.

Convectionisadynamicprocess,whichmayrapidlymod-
ifyuandwonshorttimescalesandsmallspatialscales.It
isthereforeanimportantgoalofthisstudytoinvestigatethe
combinationoftemporalandspatialRHIscanresolutionthat
accuratelycapturesthedevelopmentoftheconvectivecircu-
lation.Thecombinationofthefollowingparametersdeter-
minesthetemporalandspatialresolutionofasingleRHI
scan.Thescanspeed,vscan(◦s−1),determinestheduration,
Dscan(s),ofasingleRHIscan,whichspansacertainrangeof
θ(i.e.,150◦fromθ=30◦toθ=180◦).Theproductofvscan
andtheintegrationtime,Tint(s),oftheDopplervelocities
thatcontributetoasinglevrvaluesdeterminestheangular
resolution,1θ(◦),oftheRHIscan.

Highangular(spatial)resolutioncanbeachievedwitha
lowvscanatthecostofalongDscanandhencealowtemporal
resolutionwhenkeepingtheangularrangeandTintconstant.
Ontheotherhand,bydecreasingTint,theangularresolution
canbeincreasedwithoutchangingvscanandconsequently
withoutsacrificingtemporalresolutionforcoveringthesame
angularrangeinascan.However,shortTintcanresultinpoor
qualityofthemeasureddataduetolowSNR.

Duringthetwocampaigns,wetesteddifferentscan-
ningconfigurationswithvaryingbalancebetweentemporal
andspatialresolutions,aswellasintegrationtime.These
configurationsaresummarizedinTable3.

AmajorgoaloftheVaksinencampaignwastoevaluate
theabilityofdifferentscanconfigurationstoaccuratelymap
convection.AtVaksinenairport,severalscanningpatterns
witheitherhightemporalorhighspatialresolutionwererun
insequencewithina1hreturnperiod:firstthewindprofile
wasobservedwithaDBSscanfor10min.Thenthethree
scanconfigurationsintroducedinTable3weresubsequently
scheduledfor10mineach.Thiswasfollowedbyaseries
offixed,out-of-planeRHIandplanpositionindicator(PPI)
scansfor20min.Theselatterscanconfigurationsoftheex-
perimentare,however,notrelevantforthisstudyandthus
notfurtherdescribed.
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qualityofthemeasureddataduetolowSNR.
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configurationsaresummarizedinTable3.
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Table 2. Dual-lidar setup specifications for the two sites at Vaksinen
airport and Starmoen airport.

Vaksinen Starmoen

1x (m) 669 863
ϕ (
◦
) 40 326

rmin (m) 50 50
rmax (m) 3000 3146
1r (m) 25 25
Ngates 119 259
rres (m) 25 12

Along the lidar beam, each vr value is observed as a com-
posite of the Doppler velocity of all particles, which con-
tribute to the lidar’s backscattering signal (e.g., aerosols)
within the lidar range gate length, 1r (m). The strength of
the particle backscatter is related to the signal-to-noise ra-
tio, SNR (dB), which is also recorded by the lidar. By de-
fault, the distance between the range gates, which defines the
range gate resolution, rres (m), is equal to 1r . Yet, rres can
also be set manually, e.g., smaller than 1r , such that range
gates overlap. The minimum range, rmin (m), needs to be at
least 2 ·1r and the maximum range, rmax (m), is dependent
on the number of utilized range gates,Ngates, and rres. Table 2
summarizes the lidar parameter specifications utilized during
the two campaigns.

2.3 The lidar strategy

We utilized two lidar measurement strategies. In both cam-
paigns, we sampled the three-dimensional wind profile us-
ing a Doppler beam swinging mode (DBS) with five con-
secutive beams: four beams, which are perpendicular at
α = (0

◦
,90
◦
,180

◦
,270

◦
), each with θ = 75

◦
. The fifth beam

points upward with θ = 90
◦
. The DBS is programmed to run

for a duration, Drun, of 10 min within each hour. We retrieve
an average of the wind profile over these 10 min, which we
assume to be the representative profile for the corresponding
hour.

The main strategy of the experiment aims to enable a
retrieval of the plane-parallel horizontal and the vertical
velocity components, u and w (m s

−1), in a vertical cross-
section above the runway of each airport. As displayed in
Fig. 2, this is achieved by range height indicator (RHI)
scanning patterns performed by each lidar. Here, the lidar
points horizontally to the complementing lidar (lidar1: α =
ϕ, lidar2: α = ϕ+180

◦
, with θ = 0

◦
orientation in the direc-

tion of ϕ) and then performs a continuous scan by changing
θ (lidar1: from θ = 0 to 150

◦
, lidar2: θ = 180 to 30

◦
). The

accuracy of the horizontal (azimuth) alignment was ensured
by a hard-target calibration of each lidar at the start of the
campaigns. We utilize a retrieval to estimate u and w from
overlapping RHI scans of the two lidars in the vertical cross-
section above the runway. The retrieval combines vr values

Table 3. Hourly returning schedule (
∗

starting each hour at MM:SS)
of the RHI scan configurations during the Vaksinen and Starmoen
campaign.

Site
Return Drun vscan Tint 1θ Dscan
∗

(min) (
◦

s
−1) (s) (

◦
) (s)

10:00 10 1.0 0.5 0.5 150.0
Vaksinen 20:00 10 1.0 1.0 1.0 150.0

30:00 10 4.0 0.5 2.0 37.5

Starmoen 00:00 50 2.0 0.5 1.0 80.0

of the two lidars with different polar coordinate systems and
achieves u and w values on a Cartesian grid (see Fig. 2).
We document further details of this retrieval method and its
shortcomings in Sect. 3.

Convection is a dynamic process, which may rapidly mod-
ify u and w on short timescales and small spatial scales. It
is therefore an important goal of this study to investigate the
combination of temporal and spatial RHI scan resolution that
accurately captures the development of the convective circu-
lation. The combination of the following parameters deter-
mines the temporal and spatial resolution of a single RHI
scan. The scan speed, vscan (

◦
s
−1), determines the duration,

Dscan (s), of a single RHI scan, which spans a certain range of
θ (i.e., 150

◦
from θ = 30

◦
to θ = 180

◦
). The product of vscan

and the integration time, Tint (s), of the Doppler velocities
that contribute to a single vr values determines the angular
resolution, 1θ (

◦
), of the RHI scan.

High angular (spatial) resolution can be achieved with a
low vscan at the cost of a longDscan and hence a low temporal
resolution when keeping the angular range and Tint constant.
On the other hand, by decreasing Tint, the angular resolution
can be increased without changing vscan and consequently
without sacrificing temporal resolution for covering the same
angular range in a scan. However, short Tint can result in poor
quality of the measured data due to low SNR.

During the two campaigns, we tested different scan-
ning configurations with varying balance between temporal
and spatial resolutions, as well as integration time. These
configurations are summarized in Table 3.

A major goal of the Vaksinen campaign was to evaluate
the ability of different scan configurations to accurately map
convection. At Vaksinen airport, several scanning patterns
with either high temporal or high spatial resolution were run
in sequence within a 1 h return period: first the wind profile
was observed with a DBS scan for 10 min. Then the three
scan configurations introduced in Table 3 were subsequently
scheduled for 10 min each. This was followed by a series
of fixed, out-of-plane RHI and plan position indicator (PPI)
scans for 20 min. These latter scan configurations of the ex-
periment are, however, not relevant for this study and thus
not further described.
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Table 2. Dual-lidar setup specifications for the two sites at Vaksinen
airport and Starmoen airport.

Vaksinen Starmoen

1x (m) 669 863
ϕ (
◦
) 40 326

rmin (m) 50 50
rmax (m) 3000 3146
1r (m) 25 25
Ngates 119 259
rres (m) 25 12

Along the lidar beam, each vr value is observed as a com-
posite of the Doppler velocity of all particles, which con-
tribute to the lidar’s backscattering signal (e.g., aerosols)
within the lidar range gate length, 1r (m). The strength of
the particle backscatter is related to the signal-to-noise ra-
tio, SNR (dB), which is also recorded by the lidar. By de-
fault, the distance between the range gates, which defines the
range gate resolution, rres (m), is equal to 1r . Yet, rres can
also be set manually, e.g., smaller than 1r , such that range
gates overlap. The minimum range, rmin (m), needs to be at
least 2 ·1r and the maximum range, rmax (m), is dependent
on the number of utilized range gates,Ngates, and rres. Table 2
summarizes the lidar parameter specifications utilized during
the two campaigns.

2.3 The lidar strategy

We utilized two lidar measurement strategies. In both cam-
paigns, we sampled the three-dimensional wind profile us-
ing a Doppler beam swinging mode (DBS) with five con-
secutive beams: four beams, which are perpendicular at
α = (0

◦
,90
◦
,180

◦
,270

◦
), each with θ = 75

◦
. The fifth beam

points upward with θ = 90
◦
. The DBS is programmed to run

for a duration, Drun, of 10 min within each hour. We retrieve
an average of the wind profile over these 10 min, which we
assume to be the representative profile for the corresponding
hour.

The main strategy of the experiment aims to enable a
retrieval of the plane-parallel horizontal and the vertical
velocity components, u and w (m s

−1), in a vertical cross-
section above the runway of each airport. As displayed in
Fig. 2, this is achieved by range height indicator (RHI)
scanning patterns performed by each lidar. Here, the lidar
points horizontally to the complementing lidar (lidar1: α =
ϕ, lidar2: α = ϕ+180

◦
, with θ = 0

◦
orientation in the direc-

tion of ϕ) and then performs a continuous scan by changing
θ (lidar1: from θ = 0 to 150

◦
, lidar2: θ = 180 to 30

◦
). The

accuracy of the horizontal (azimuth) alignment was ensured
by a hard-target calibration of each lidar at the start of the
campaigns. We utilize a retrieval to estimate u and w from
overlapping RHI scans of the two lidars in the vertical cross-
section above the runway. The retrieval combines vr values

Table 3. Hourly returning schedule (
∗

starting each hour at MM:SS)
of the RHI scan configurations during the Vaksinen and Starmoen
campaign.

Site
Return Drun vscan Tint 1θ Dscan
∗

(min) (
◦

s
−1) (s) (

◦
) (s)

10:00 10 1.0 0.5 0.5 150.0
Vaksinen 20:00 10 1.0 1.0 1.0 150.0

30:00 10 4.0 0.5 2.0 37.5

Starmoen 00:00 50 2.0 0.5 1.0 80.0

of the two lidars with different polar coordinate systems and
achieves u and w values on a Cartesian grid (see Fig. 2).
We document further details of this retrieval method and its
shortcomings in Sect. 3.

Convection is a dynamic process, which may rapidly mod-
ify u and w on short timescales and small spatial scales. It
is therefore an important goal of this study to investigate the
combination of temporal and spatial RHI scan resolution that
accurately captures the development of the convective circu-
lation. The combination of the following parameters deter-
mines the temporal and spatial resolution of a single RHI
scan. The scan speed, vscan (

◦
s
−1), determines the duration,

Dscan (s), of a single RHI scan, which spans a certain range of
θ (i.e., 150

◦
from θ = 30

◦
to θ = 180

◦
). The product of vscan

and the integration time, Tint (s), of the Doppler velocities
that contribute to a single vr values determines the angular
resolution, 1θ (

◦
), of the RHI scan.

High angular (spatial) resolution can be achieved with a
low vscan at the cost of a longDscan and hence a low temporal
resolution when keeping the angular range and Tint constant.
On the other hand, by decreasing Tint, the angular resolution
can be increased without changing vscan and consequently
without sacrificing temporal resolution for covering the same
angular range in a scan. However, short Tint can result in poor
quality of the measured data due to low SNR.

During the two campaigns, we tested different scan-
ning configurations with varying balance between temporal
and spatial resolutions, as well as integration time. These
configurations are summarized in Table 3.

A major goal of the Vaksinen campaign was to evaluate
the ability of different scan configurations to accurately map
convection. At Vaksinen airport, several scanning patterns
with either high temporal or high spatial resolution were run
in sequence within a 1 h return period: first the wind profile
was observed with a DBS scan for 10 min. Then the three
scan configurations introduced in Table 3 were subsequently
scheduled for 10 min each. This was followed by a series
of fixed, out-of-plane RHI and plan position indicator (PPI)
scans for 20 min. These latter scan configurations of the ex-
periment are, however, not relevant for this study and thus
not further described.
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Table2.Dual-lidarsetupspecificationsforthetwositesatVaksinen
airportandStarmoenairport.

VaksinenStarmoen

1x(m)669863
ϕ(
◦
)40326

rmin(m)5050
rmax(m)30003146
1r(m)2525
Ngates119259
rres(m)2512

Alongthelidarbeam,eachvrvalueisobservedasacom-
positeoftheDopplervelocityofallparticles,whichcon-
tributetothelidar’sbackscatteringsignal(e.g.,aerosols)
withinthelidarrangegatelength,1r(m).Thestrengthof
theparticlebackscatterisrelatedtothesignal-to-noisera-
tio,SNR(dB),whichisalsorecordedbythelidar.Byde-
fault,thedistancebetweentherangegates,whichdefinesthe
rangegateresolution,rres(m),isequalto1r.Yet,rrescan
alsobesetmanually,e.g.,smallerthan1r,suchthatrange
gatesoverlap.Theminimumrange,rmin(m),needstobeat
least2·1randthemaximumrange,rmax(m),isdependent
onthenumberofutilizedrangegates,Ngates,andrres.Table2
summarizesthelidarparameterspecificationsutilizedduring
thetwocampaigns.

2.3Thelidarstrategy

Weutilizedtwolidarmeasurementstrategies.Inbothcam-
paigns,wesampledthethree-dimensionalwindprofileus-
ingaDopplerbeamswingingmode(DBS)withfivecon-
secutivebeams:fourbeams,whichareperpendicularat
α=(0

◦
,90
◦
,180

◦
,270

◦
),eachwithθ=75

◦
.Thefifthbeam

pointsupwardwithθ=90
◦
.TheDBSisprogrammedtorun

foraduration,Drun,of10minwithineachhour.Weretrieve
anaverageofthewindprofileoverthese10min,whichwe
assumetobetherepresentativeprofileforthecorresponding
hour.

Themainstrategyoftheexperimentaimstoenablea
retrievaloftheplane-parallelhorizontalandthevertical
velocitycomponents,uandw(ms

−1),inaverticalcross-
sectionabovetherunwayofeachairport.Asdisplayedin
Fig.2,thisisachievedbyrangeheightindicator(RHI)
scanningpatternsperformedbyeachlidar.Here,thelidar
pointshorizontallytothecomplementinglidar(lidar1:α=
ϕ,lidar2:α=ϕ+180

◦
,withθ=0

◦
orientationinthedirec-

tionofϕ)andthenperformsacontinuousscanbychanging
θ(lidar1:fromθ=0to150

◦
,lidar2:θ=180to30

◦
).The

accuracyofthehorizontal(azimuth)alignmentwasensured
byahard-targetcalibrationofeachlidaratthestartofthe
campaigns.Weutilizearetrievaltoestimateuandwfrom
overlappingRHIscansofthetwolidarsintheverticalcross-
sectionabovetherunway.Theretrievalcombinesvrvalues

Table3.Hourlyreturningschedule(
∗

startingeachhouratMM:SS)
oftheRHIscanconfigurationsduringtheVaksinenandStarmoen
campaign.

Site
ReturnDrunvscanTint1θDscan
∗

(min)(
◦

s
−1)(s)(

◦
)(s)

10:00101.00.50.5150.0
Vaksinen20:00101.01.01.0150.0

30:00104.00.52.037.5

Starmoen00:00502.00.51.080.0

ofthetwolidarswithdifferentpolarcoordinatesystemsand
achievesuandwvaluesonaCartesiangrid(seeFig.2).
Wedocumentfurtherdetailsofthisretrievalmethodandits
shortcomingsinSect.3.

Convectionisadynamicprocess,whichmayrapidlymod-
ifyuandwonshorttimescalesandsmallspatialscales.It
isthereforeanimportantgoalofthisstudytoinvestigatethe
combinationoftemporalandspatialRHIscanresolutionthat
accuratelycapturesthedevelopmentoftheconvectivecircu-
lation.Thecombinationofthefollowingparametersdeter-
minesthetemporalandspatialresolutionofasingleRHI
scan.Thescanspeed,vscan(

◦
s
−1),determinestheduration,

Dscan(s),ofasingleRHIscan,whichspansacertainrangeof
θ(i.e.,150

◦
fromθ=30

◦
toθ=180

◦
).Theproductofvscan

andtheintegrationtime,Tint(s),oftheDopplervelocities
thatcontributetoasinglevrvaluesdeterminestheangular
resolution,1θ(

◦
),oftheRHIscan.

Highangular(spatial)resolutioncanbeachievedwitha
lowvscanatthecostofalongDscanandhencealowtemporal
resolutionwhenkeepingtheangularrangeandTintconstant.
Ontheotherhand,bydecreasingTint,theangularresolution
canbeincreasedwithoutchangingvscanandconsequently
withoutsacrificingtemporalresolutionforcoveringthesame
angularrangeinascan.However,shortTintcanresultinpoor
qualityofthemeasureddataduetolowSNR.

Duringthetwocampaigns,wetesteddifferentscan-
ningconfigurationswithvaryingbalancebetweentemporal
andspatialresolutions,aswellasintegrationtime.These
configurationsaresummarizedinTable3.

AmajorgoaloftheVaksinencampaignwastoevaluate
theabilityofdifferentscanconfigurationstoaccuratelymap
convection.AtVaksinenairport,severalscanningpatterns
witheitherhightemporalorhighspatialresolutionwererun
insequencewithina1hreturnperiod:firstthewindprofile
wasobservedwithaDBSscanfor10min.Thenthethree
scanconfigurationsintroducedinTable3weresubsequently
scheduledfor10mineach.Thiswasfollowedbyaseries
offixed,out-of-planeRHIandplanpositionindicator(PPI)
scansfor20min.Theselatterscanconfigurationsoftheex-
perimentare,however,notrelevantforthisstudyandthus
notfurtherdescribed.
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Table2.Dual-lidarsetupspecificationsforthetwositesatVaksinen
airportandStarmoenairport.

VaksinenStarmoen

1x(m)669863
ϕ(
◦
)40326

rmin(m)5050
rmax(m)30003146
1r(m)2525
Ngates119259
rres(m)2512

Alongthelidarbeam,eachvrvalueisobservedasacom-
positeoftheDopplervelocityofallparticles,whichcon-
tributetothelidar’sbackscatteringsignal(e.g.,aerosols)
withinthelidarrangegatelength,1r(m).Thestrengthof
theparticlebackscatterisrelatedtothesignal-to-noisera-
tio,SNR(dB),whichisalsorecordedbythelidar.Byde-
fault,thedistancebetweentherangegates,whichdefinesthe
rangegateresolution,rres(m),isequalto1r.Yet,rrescan
alsobesetmanually,e.g.,smallerthan1r,suchthatrange
gatesoverlap.Theminimumrange,rmin(m),needstobeat
least2·1randthemaximumrange,rmax(m),isdependent
onthenumberofutilizedrangegates,Ngates,andrres.Table2
summarizesthelidarparameterspecificationsutilizedduring
thetwocampaigns.

2.3Thelidarstrategy

Weutilizedtwolidarmeasurementstrategies.Inbothcam-
paigns,wesampledthethree-dimensionalwindprofileus-
ingaDopplerbeamswingingmode(DBS)withfivecon-
secutivebeams:fourbeams,whichareperpendicularat
α=(0

◦
,90
◦
,180

◦
,270

◦
),eachwithθ=75

◦
.Thefifthbeam

pointsupwardwithθ=90
◦
.TheDBSisprogrammedtorun

foraduration,Drun,of10minwithineachhour.Weretrieve
anaverageofthewindprofileoverthese10min,whichwe
assumetobetherepresentativeprofileforthecorresponding
hour.

Themainstrategyoftheexperimentaimstoenablea
retrievaloftheplane-parallelhorizontalandthevertical
velocitycomponents,uandw(ms

−1),inaverticalcross-
sectionabovetherunwayofeachairport.Asdisplayedin
Fig.2,thisisachievedbyrangeheightindicator(RHI)
scanningpatternsperformedbyeachlidar.Here,thelidar
pointshorizontallytothecomplementinglidar(lidar1:α=
ϕ,lidar2:α=ϕ+180

◦
,withθ=0

◦
orientationinthedirec-

tionofϕ)andthenperformsacontinuousscanbychanging
θ(lidar1:fromθ=0to150

◦
,lidar2:θ=180to30

◦
).The

accuracyofthehorizontal(azimuth)alignmentwasensured
byahard-targetcalibrationofeachlidaratthestartofthe
campaigns.Weutilizearetrievaltoestimateuandwfrom
overlappingRHIscansofthetwolidarsintheverticalcross-
sectionabovetherunway.Theretrievalcombinesvrvalues

Table3.Hourlyreturningschedule(
∗

startingeachhouratMM:SS)
oftheRHIscanconfigurationsduringtheVaksinenandStarmoen
campaign.

Site
ReturnDrunvscanTint1θDscan
∗

(min)(
◦

s
−1)(s)(

◦
)(s)

10:00101.00.50.5150.0
Vaksinen20:00101.01.01.0150.0

30:00104.00.52.037.5

Starmoen00:00502.00.51.080.0

ofthetwolidarswithdifferentpolarcoordinatesystemsand
achievesuandwvaluesonaCartesiangrid(seeFig.2).
Wedocumentfurtherdetailsofthisretrievalmethodandits
shortcomingsinSect.3.

Convectionisadynamicprocess,whichmayrapidlymod-
ifyuandwonshorttimescalesandsmallspatialscales.It
isthereforeanimportantgoalofthisstudytoinvestigatethe
combinationoftemporalandspatialRHIscanresolutionthat
accuratelycapturesthedevelopmentoftheconvectivecircu-
lation.Thecombinationofthefollowingparametersdeter-
minesthetemporalandspatialresolutionofasingleRHI
scan.Thescanspeed,vscan(

◦
s
−1),determinestheduration,

Dscan(s),ofasingleRHIscan,whichspansacertainrangeof
θ(i.e.,150

◦
fromθ=30

◦
toθ=180

◦
).Theproductofvscan

andtheintegrationtime,Tint(s),oftheDopplervelocities
thatcontributetoasinglevrvaluesdeterminestheangular
resolution,1θ(

◦
),oftheRHIscan.

Highangular(spatial)resolutioncanbeachievedwitha
lowvscanatthecostofalongDscanandhencealowtemporal
resolutionwhenkeepingtheangularrangeandTintconstant.
Ontheotherhand,bydecreasingTint,theangularresolution
canbeincreasedwithoutchangingvscanandconsequently
withoutsacrificingtemporalresolutionforcoveringthesame
angularrangeinascan.However,shortTintcanresultinpoor
qualityofthemeasureddataduetolowSNR.

Duringthetwocampaigns,wetesteddifferentscan-
ningconfigurationswithvaryingbalancebetweentemporal
andspatialresolutions,aswellasintegrationtime.These
configurationsaresummarizedinTable3.

AmajorgoaloftheVaksinencampaignwastoevaluate
theabilityofdifferentscanconfigurationstoaccuratelymap
convection.AtVaksinenairport,severalscanningpatterns
witheitherhightemporalorhighspatialresolutionwererun
insequencewithina1hreturnperiod:firstthewindprofile
wasobservedwithaDBSscanfor10min.Thenthethree
scanconfigurationsintroducedinTable3weresubsequently
scheduledfor10mineach.Thiswasfollowedbyaseries
offixed,out-of-planeRHIandplanpositionindicator(PPI)
scansfor20min.Theselatterscanconfigurationsoftheex-
perimentare,however,notrelevantforthisstudyandthus
notfurtherdescribed.
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Table2.Dual-lidarsetupspecificationsforthetwositesatVaksinen
airportandStarmoenairport.

VaksinenStarmoen

1x(m)669863
ϕ(
◦
)40326

rmin(m)5050
rmax(m)30003146
1r(m)2525
Ngates119259
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Alongthelidarbeam,eachvrvalueisobservedasacom-
positeoftheDopplervelocityofallparticles,whichcon-
tributetothelidar’sbackscatteringsignal(e.g.,aerosols)
withinthelidarrangegatelength,1r(m).Thestrengthof
theparticlebackscatterisrelatedtothesignal-to-noisera-
tio,SNR(dB),whichisalsorecordedbythelidar.Byde-
fault,thedistancebetweentherangegates,whichdefinesthe
rangegateresolution,rres(m),isequalto1r.Yet,rrescan
alsobesetmanually,e.g.,smallerthan1r,suchthatrange
gatesoverlap.Theminimumrange,rmin(m),needstobeat
least2·1randthemaximumrange,rmax(m),isdependent
onthenumberofutilizedrangegates,Ngates,andrres.Table2
summarizesthelidarparameterspecificationsutilizedduring
thetwocampaigns.

2.3Thelidarstrategy

Weutilizedtwolidarmeasurementstrategies.Inbothcam-
paigns,wesampledthethree-dimensionalwindprofileus-
ingaDopplerbeamswingingmode(DBS)withfivecon-
secutivebeams:fourbeams,whichareperpendicularat
α=(0

◦
,90
◦
,180

◦
,270

◦
),eachwithθ=75

◦
.Thefifthbeam

pointsupwardwithθ=90
◦
.TheDBSisprogrammedtorun

foraduration,Drun,of10minwithineachhour.Weretrieve
anaverageofthewindprofileoverthese10min,whichwe
assumetobetherepresentativeprofileforthecorresponding
hour.

Themainstrategyoftheexperimentaimstoenablea
retrievaloftheplane-parallelhorizontalandthevertical
velocitycomponents,uandw(ms

−1),inaverticalcross-
sectionabovetherunwayofeachairport.Asdisplayedin
Fig.2,thisisachievedbyrangeheightindicator(RHI)
scanningpatternsperformedbyeachlidar.Here,thelidar
pointshorizontallytothecomplementinglidar(lidar1:α=
ϕ,lidar2:α=ϕ+180

◦
,withθ=0

◦
orientationinthedirec-

tionofϕ)andthenperformsacontinuousscanbychanging
θ(lidar1:fromθ=0to150

◦
,lidar2:θ=180to30

◦
).The

accuracyofthehorizontal(azimuth)alignmentwasensured
byahard-targetcalibrationofeachlidaratthestartofthe
campaigns.Weutilizearetrievaltoestimateuandwfrom
overlappingRHIscansofthetwolidarsintheverticalcross-
sectionabovetherunway.Theretrievalcombinesvrvalues

Table3.Hourlyreturningschedule(
∗

startingeachhouratMM:SS)
oftheRHIscanconfigurationsduringtheVaksinenandStarmoen
campaign.

Site
ReturnDrunvscanTint1θDscan
∗
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◦
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◦
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10:00101.00.50.5150.0
Vaksinen20:00101.01.01.0150.0

30:00104.00.52.037.5

Starmoen00:00502.00.51.080.0

ofthetwolidarswithdifferentpolarcoordinatesystemsand
achievesuandwvaluesonaCartesiangrid(seeFig.2).
Wedocumentfurtherdetailsofthisretrievalmethodandits
shortcomingsinSect.3.

Convectionisadynamicprocess,whichmayrapidlymod-
ifyuandwonshorttimescalesandsmallspatialscales.It
isthereforeanimportantgoalofthisstudytoinvestigatethe
combinationoftemporalandspatialRHIscanresolutionthat
accuratelycapturesthedevelopmentoftheconvectivecircu-
lation.Thecombinationofthefollowingparametersdeter-
minesthetemporalandspatialresolutionofasingleRHI
scan.Thescanspeed,vscan(

◦
s
−1),determinestheduration,

Dscan(s),ofasingleRHIscan,whichspansacertainrangeof
θ(i.e.,150

◦
fromθ=30

◦
toθ=180

◦
).Theproductofvscan

andtheintegrationtime,Tint(s),oftheDopplervelocities
thatcontributetoasinglevrvaluesdeterminestheangular
resolution,1θ(

◦
),oftheRHIscan.

Highangular(spatial)resolutioncanbeachievedwitha
lowvscanatthecostofalongDscanandhencealowtemporal
resolutionwhenkeepingtheangularrangeandTintconstant.
Ontheotherhand,bydecreasingTint,theangularresolution
canbeincreasedwithoutchangingvscanandconsequently
withoutsacrificingtemporalresolutionforcoveringthesame
angularrangeinascan.However,shortTintcanresultinpoor
qualityofthemeasureddataduetolowSNR.

Duringthetwocampaigns,wetesteddifferentscan-
ningconfigurationswithvaryingbalancebetweentemporal
andspatialresolutions,aswellasintegrationtime.These
configurationsaresummarizedinTable3.

AmajorgoaloftheVaksinencampaignwastoevaluate
theabilityofdifferentscanconfigurationstoaccuratelymap
convection.AtVaksinenairport,severalscanningpatterns
witheitherhightemporalorhighspatialresolutionwererun
insequencewithina1hreturnperiod:firstthewindprofile
wasobservedwithaDBSscanfor10min.Thenthethree
scanconfigurationsintroducedinTable3weresubsequently
scheduledfor10mineach.Thiswasfollowedbyaseries
offixed,out-of-planeRHIandplanpositionindicator(PPI)
scansfor20min.Theselatterscanconfigurationsoftheex-
perimentare,however,notrelevantforthisstudyandthus
notfurtherdescribed.
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Table2.Dual-lidarsetupspecificationsforthetwositesatVaksinen
airportandStarmoenairport.

VaksinenStarmoen

1x(m)669863
ϕ(
◦
)40326

rmin(m)5050
rmax(m)30003146
1r(m)2525
Ngates119259
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Alongthelidarbeam,eachvrvalueisobservedasacom-
positeoftheDopplervelocityofallparticles,whichcon-
tributetothelidar’sbackscatteringsignal(e.g.,aerosols)
withinthelidarrangegatelength,1r(m).Thestrengthof
theparticlebackscatterisrelatedtothesignal-to-noisera-
tio,SNR(dB),whichisalsorecordedbythelidar.Byde-
fault,thedistancebetweentherangegates,whichdefinesthe
rangegateresolution,rres(m),isequalto1r.Yet,rrescan
alsobesetmanually,e.g.,smallerthan1r,suchthatrange
gatesoverlap.Theminimumrange,rmin(m),needstobeat
least2·1randthemaximumrange,rmax(m),isdependent
onthenumberofutilizedrangegates,Ngates,andrres.Table2
summarizesthelidarparameterspecificationsutilizedduring
thetwocampaigns.

2.3Thelidarstrategy

Weutilizedtwolidarmeasurementstrategies.Inbothcam-
paigns,wesampledthethree-dimensionalwindprofileus-
ingaDopplerbeamswingingmode(DBS)withfivecon-
secutivebeams:fourbeams,whichareperpendicularat
α=(0

◦
,90
◦
,180

◦
,270

◦
),eachwithθ=75

◦
.Thefifthbeam

pointsupwardwithθ=90
◦
.TheDBSisprogrammedtorun

foraduration,Drun,of10minwithineachhour.Weretrieve
anaverageofthewindprofileoverthese10min,whichwe
assumetobetherepresentativeprofileforthecorresponding
hour.

Themainstrategyoftheexperimentaimstoenablea
retrievaloftheplane-parallelhorizontalandthevertical
velocitycomponents,uandw(ms

−1),inaverticalcross-
sectionabovetherunwayofeachairport.Asdisplayedin
Fig.2,thisisachievedbyrangeheightindicator(RHI)
scanningpatternsperformedbyeachlidar.Here,thelidar
pointshorizontallytothecomplementinglidar(lidar1:α=
ϕ,lidar2:α=ϕ+180

◦
,withθ=0

◦
orientationinthedirec-

tionofϕ)andthenperformsacontinuousscanbychanging
θ(lidar1:fromθ=0to150

◦
,lidar2:θ=180to30

◦
).The

accuracyofthehorizontal(azimuth)alignmentwasensured
byahard-targetcalibrationofeachlidaratthestartofthe
campaigns.Weutilizearetrievaltoestimateuandwfrom
overlappingRHIscansofthetwolidarsintheverticalcross-
sectionabovetherunway.Theretrievalcombinesvrvalues

Table3.Hourlyreturningschedule(
∗

startingeachhouratMM:SS)
oftheRHIscanconfigurationsduringtheVaksinenandStarmoen
campaign.

Site
ReturnDrunvscanTint1θDscan
∗

(min)(
◦

s
−1)(s)(

◦
)(s)

10:00101.00.50.5150.0
Vaksinen20:00101.01.01.0150.0

30:00104.00.52.037.5

Starmoen00:00502.00.51.080.0

ofthetwolidarswithdifferentpolarcoordinatesystemsand
achievesuandwvaluesonaCartesiangrid(seeFig.2).
Wedocumentfurtherdetailsofthisretrievalmethodandits
shortcomingsinSect.3.

Convectionisadynamicprocess,whichmayrapidlymod-
ifyuandwonshorttimescalesandsmallspatialscales.It
isthereforeanimportantgoalofthisstudytoinvestigatethe
combinationoftemporalandspatialRHIscanresolutionthat
accuratelycapturesthedevelopmentoftheconvectivecircu-
lation.Thecombinationofthefollowingparametersdeter-
minesthetemporalandspatialresolutionofasingleRHI
scan.Thescanspeed,vscan(

◦
s
−1),determinestheduration,

Dscan(s),ofasingleRHIscan,whichspansacertainrangeof
θ(i.e.,150

◦
fromθ=30

◦
toθ=180

◦
).Theproductofvscan

andtheintegrationtime,Tint(s),oftheDopplervelocities
thatcontributetoasinglevrvaluesdeterminestheangular
resolution,1θ(

◦
),oftheRHIscan.

Highangular(spatial)resolutioncanbeachievedwitha
lowvscanatthecostofalongDscanandhencealowtemporal
resolutionwhenkeepingtheangularrangeandTintconstant.
Ontheotherhand,bydecreasingTint,theangularresolution
canbeincreasedwithoutchangingvscanandconsequently
withoutsacrificingtemporalresolutionforcoveringthesame
angularrangeinascan.However,shortTintcanresultinpoor
qualityofthemeasureddataduetolowSNR.

Duringthetwocampaigns,wetesteddifferentscan-
ningconfigurationswithvaryingbalancebetweentemporal
andspatialresolutions,aswellasintegrationtime.These
configurationsaresummarizedinTable3.

AmajorgoaloftheVaksinencampaignwastoevaluate
theabilityofdifferentscanconfigurationstoaccuratelymap
convection.AtVaksinenairport,severalscanningpatterns
witheitherhightemporalorhighspatialresolutionwererun
insequencewithina1hreturnperiod:firstthewindprofile
wasobservedwithaDBSscanfor10min.Thenthethree
scanconfigurationsintroducedinTable3weresubsequently
scheduledfor10mineach.Thiswasfollowedbyaseries
offixed,out-of-planeRHIandplanpositionindicator(PPI)
scansfor20min.Theselatterscanconfigurationsoftheex-
perimentare,however,notrelevantforthisstudyandthus
notfurtherdescribed.
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Figure 2. Vertical cross-section of the dual-lidar setup utilized during the campaigns at Vaksinen airport and Starmoen airport, respectively.
The transparent red and blue surface areas represent the angular range covered by the RHI scans of the individual lidars, which are represented
by the red and blue boxes. The dark grey dots represent a schematic of the Cartesian retrieval grid. A zoom in on to the polar grid of the two
lidars and the corresponding positions of all vr values used for the retrieval of u and w in an exemplary point (x,z) of the Cartesian grid is
shown on the right-hand side of the figure.

At Starmoen airport, we aimed to study the evolution of
convection more continuously than during the Vaksinen air-
port campaign, utilizing longer Drun and sampling with only
one scan configuration throughout the campaign (see Ta-
ble 3). The RHI scan configuration is scheduled for 50 min,
followed by a 10 min DBS scan. This schedule is repeated by
each of the two lidars with a return period of 60 min through-
out the campaign. The scan configuration chosen here is
a compromise between the extremes of temporal or spatial
resolution utilized during the Vaksinen campaign.

2.4 The challenges

During both campaigns, we encountered various challenges
that affected the availability and quality of the data. At
the Vaksinen airport site, there were several power outages
that disordered the schedule of lidar-37 (northeastern end of
Vaksinen airport, see Fig. 1), demanding a manual fix on site.
This led to a substantial loss of data during several convective
days, as the failure was first detected after a site visit. Also,
the data download from the internal computer of the lidars
was very slow, which delayed full recovery of the data, pro-
cessing, and the identification of further problems occurring
during the campaign until after the recovery of the instrumen-
tation from the field. Despite the challenges encountered, we
were able to secure representative observations from both li-
dars simultaneously during 1 very convective day (28 May
2021), which will be evaluated and discussed in Sect. 6.

As a consequence of the challenges during the Vaksinen
airport campaign, we developed an upgraded version of our
lidar setup. During the Starmoen campaign, the data were not
only stored on the internal computer of the lidars, but also

transferred via “sftp” protocol to a Raspberry Pi 4 Model B1.
The Raspberry Pi was integrated into a remote access sys-
tem developed by the Geophysical Institute, University of
Bergen, and solved the problem of the slow data download.
The remote access system also includes an industrial router,
which enabled real-time data upload and visualization of the
lidar observations on a server provided by the Norwegian Re-
search and Education Cloud (NREC2), as well as a time syn-
chronization of the lidars independent from GPS. This en-
abled us to identify and already fix problems occurring dur-
ing the campaign and ensured that the schedule of the lidar
program was kept throughout the campaign. A future appli-
cation of this remote access system includes, among others,
remote control and programming of the lidar in the field.

Nonetheless, the period of installation at Starmoen airport
was impacted by several precipitation events during the first
half of the campaign, which almost completely depleted the
aerosol content in the boundary layer. This strongly reduced
the SNR obtained by the lidars and hence the reliability of the
observed vr. It required several convective days after the pre-
cipitation period for the SNR to increase such that sufficient
data availability of vr for processing and data analysis was
achieved. After the precipitation period during the Starmoen
campaign, mainly 1 convective day (29 July 2022) with weak
synoptic wind and strong fluxes qualified for further detailed
analysis (see Sect. 6).

1see https://www.raspberrypi.com (last access: 21 March 2022)
2see https://www.nrec.no (last access: 5 April 2022)

https://doi.org/10.5194/amt-16-5103-2023 Atmos. Meas. Tech., 16, 5103–5123, 2023

C.Duschaetal.:Observingatmosphericconvectionwithdual-scanninglidars5107

Figure2.Verticalcross-sectionofthedual-lidarsetuputilizedduringthecampaignsatVaksinenairportandStarmoenairport,respectively.
ThetransparentredandbluesurfaceareasrepresenttheangularrangecoveredbytheRHIscansoftheindividuallidars,whicharerepresented
bytheredandblueboxes.ThedarkgreydotsrepresentaschematicoftheCartesianretrievalgrid.Azoominontothepolargridofthetwo
lidarsandthecorrespondingpositionsofallvrvaluesusedfortheretrievalofuandwinanexemplarypoint(x,z)oftheCartesiangridis
shownontheright-handsideofthefigure.

AtStarmoenairport,weaimedtostudytheevolutionof
convectionmorecontinuouslythanduringtheVaksinenair-
portcampaign,utilizinglongerDrunandsamplingwithonly
onescanconfigurationthroughoutthecampaign(seeTa-
ble3).TheRHIscanconfigurationisscheduledfor50min,
followedbya10minDBSscan.Thisscheduleisrepeatedby
eachofthetwolidarswithareturnperiodof60minthrough-
outthecampaign.Thescanconfigurationchosenhereis
acompromisebetweentheextremesoftemporalorspatial
resolutionutilizedduringtheVaksinencampaign.

2.4Thechallenges

Duringbothcampaigns,weencounteredvariouschallenges
thataffectedtheavailabilityandqualityofthedata.At
theVaksinenairportsite,therewereseveralpoweroutages
thatdisorderedthescheduleoflidar-37(northeasternendof
Vaksinenairport,seeFig.1),demandingamanualfixonsite.
Thisledtoasubstantiallossofdataduringseveralconvective
days,asthefailurewasfirstdetectedafterasitevisit.Also,
thedatadownloadfromtheinternalcomputerofthelidars
wasveryslow,whichdelayedfullrecoveryofthedata,pro-
cessing,andtheidentificationoffurtherproblemsoccurring
duringthecampaignuntilaftertherecoveryoftheinstrumen-
tationfromthefield.Despitethechallengesencountered,we
wereabletosecurerepresentativeobservationsfrombothli-
darssimultaneouslyduring1veryconvectiveday(28May
2021),whichwillbeevaluatedanddiscussedinSect.6.

AsaconsequenceofthechallengesduringtheVaksinen
airportcampaign,wedevelopedanupgradedversionofour
lidarsetup.DuringtheStarmoencampaign,thedatawerenot
onlystoredontheinternalcomputerofthelidars,butalso

transferredvia“sftp”protocoltoaRaspberryPi4ModelB1.
TheRaspberryPiwasintegratedintoaremoteaccesssys-
temdevelopedbytheGeophysicalInstitute,Universityof
Bergen,andsolvedtheproblemoftheslowdatadownload.
Theremoteaccesssystemalsoincludesanindustrialrouter,
whichenabledreal-timedatauploadandvisualizationofthe
lidarobservationsonaserverprovidedbytheNorwegianRe-
searchandEducationCloud(NREC2),aswellasatimesyn-
chronizationofthelidarsindependentfromGPS.Thisen-
abledustoidentifyandalreadyfixproblemsoccurringdur-
ingthecampaignandensuredthatthescheduleofthelidar
programwaskeptthroughoutthecampaign.Afutureappli-
cationofthisremoteaccesssystemincludes,amongothers,
remotecontrolandprogrammingofthelidarinthefield.

Nonetheless,theperiodofinstallationatStarmoenairport
wasimpactedbyseveralprecipitationeventsduringthefirst
halfofthecampaign,whichalmostcompletelydepletedthe
aerosolcontentintheboundarylayer.Thisstronglyreduced
theSNRobtainedbythelidarsandhencethereliabilityofthe
observedvr.Itrequiredseveralconvectivedaysafterthepre-
cipitationperiodfortheSNRtoincreasesuchthatsufficient
dataavailabilityofvrforprocessinganddataanalysiswas
achieved.AftertheprecipitationperiodduringtheStarmoen
campaign,mainly1convectiveday(29July2022)withweak
synopticwindandstrongfluxesqualifiedforfurtherdetailed
analysis(seeSect.6).

1seehttps://www.raspberrypi.com(lastaccess:21March2022)
2seehttps://www.nrec.no(lastaccess:5April2022)
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Figure2.Verticalcross-sectionofthedual-lidarsetuputilizedduringthecampaignsatVaksinenairportandStarmoenairport,respectively.
ThetransparentredandbluesurfaceareasrepresenttheangularrangecoveredbytheRHIscansoftheindividuallidars,whicharerepresented
bytheredandblueboxes.ThedarkgreydotsrepresentaschematicoftheCartesianretrievalgrid.Azoominontothepolargridofthetwo
lidarsandthecorrespondingpositionsofallvrvaluesusedfortheretrievalofuandwinanexemplarypoint(x,z)oftheCartesiangridis
shownontheright-handsideofthefigure.

AtStarmoenairport,weaimedtostudytheevolutionof
convectionmorecontinuouslythanduringtheVaksinenair-
portcampaign,utilizinglongerDrunandsamplingwithonly
onescanconfigurationthroughoutthecampaign(seeTa-
ble3).TheRHIscanconfigurationisscheduledfor50min,
followedbya10minDBSscan.Thisscheduleisrepeatedby
eachofthetwolidarswithareturnperiodof60minthrough-
outthecampaign.Thescanconfigurationchosenhereis
acompromisebetweentheextremesoftemporalorspatial
resolutionutilizedduringtheVaksinencampaign.

2.4Thechallenges

Duringbothcampaigns,weencounteredvariouschallenges
thataffectedtheavailabilityandqualityofthedata.At
theVaksinenairportsite,therewereseveralpoweroutages
thatdisorderedthescheduleoflidar-37(northeasternendof
Vaksinenairport,seeFig.1),demandingamanualfixonsite.
Thisledtoasubstantiallossofdataduringseveralconvective
days,asthefailurewasfirstdetectedafterasitevisit.Also,
thedatadownloadfromtheinternalcomputerofthelidars
wasveryslow,whichdelayedfullrecoveryofthedata,pro-
cessing,andtheidentificationoffurtherproblemsoccurring
duringthecampaignuntilaftertherecoveryoftheinstrumen-
tationfromthefield.Despitethechallengesencountered,we
wereabletosecurerepresentativeobservationsfrombothli-
darssimultaneouslyduring1veryconvectiveday(28May
2021),whichwillbeevaluatedanddiscussedinSect.6.

AsaconsequenceofthechallengesduringtheVaksinen
airportcampaign,wedevelopedanupgradedversionofour
lidarsetup.DuringtheStarmoencampaign,thedatawerenot
onlystoredontheinternalcomputerofthelidars,butalso

transferredvia“sftp”protocoltoaRaspberryPi4ModelB1.
TheRaspberryPiwasintegratedintoaremoteaccesssys-
temdevelopedbytheGeophysicalInstitute,Universityof
Bergen,andsolvedtheproblemoftheslowdatadownload.
Theremoteaccesssystemalsoincludesanindustrialrouter,
whichenabledreal-timedatauploadandvisualizationofthe
lidarobservationsonaserverprovidedbytheNorwegianRe-
searchandEducationCloud(NREC2),aswellasatimesyn-
chronizationofthelidarsindependentfromGPS.Thisen-
abledustoidentifyandalreadyfixproblemsoccurringdur-
ingthecampaignandensuredthatthescheduleofthelidar
programwaskeptthroughoutthecampaign.Afutureappli-
cationofthisremoteaccesssystemincludes,amongothers,
remotecontrolandprogrammingofthelidarinthefield.

Nonetheless,theperiodofinstallationatStarmoenairport
wasimpactedbyseveralprecipitationeventsduringthefirst
halfofthecampaign,whichalmostcompletelydepletedthe
aerosolcontentintheboundarylayer.Thisstronglyreduced
theSNRobtainedbythelidarsandhencethereliabilityofthe
observedvr.Itrequiredseveralconvectivedaysafterthepre-
cipitationperiodfortheSNRtoincreasesuchthatsufficient
dataavailabilityofvrforprocessinganddataanalysiswas
achieved.AftertheprecipitationperiodduringtheStarmoen
campaign,mainly1convectiveday(29July2022)withweak
synopticwindandstrongfluxesqualifiedforfurtherdetailed
analysis(seeSect.6).

1seehttps://www.raspberrypi.com(lastaccess:21March2022)
2seehttps://www.nrec.no(lastaccess:5April2022)
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Figure 2. Vertical cross-section of the dual-lidar setup utilized during the campaigns at Vaksinen airport and Starmoen airport, respectively.
The transparent red and blue surface areas represent the angular range covered by the RHI scans of the individual lidars, which are represented
by the red and blue boxes. The dark grey dots represent a schematic of the Cartesian retrieval grid. A zoom in on to the polar grid of the two
lidars and the corresponding positions of all vr values used for the retrieval of u and w in an exemplary point (x,z) of the Cartesian grid is
shown on the right-hand side of the figure.

At Starmoen airport, we aimed to study the evolution of
convection more continuously than during the Vaksinen air-
port campaign, utilizing longer Drun and sampling with only
one scan configuration throughout the campaign (see Ta-
ble 3). The RHI scan configuration is scheduled for 50 min,
followed by a 10 min DBS scan. This schedule is repeated by
each of the two lidars with a return period of 60 min through-
out the campaign. The scan configuration chosen here is
a compromise between the extremes of temporal or spatial
resolution utilized during the Vaksinen campaign.

2.4 The challenges

During both campaigns, we encountered various challenges
that affected the availability and quality of the data. At
the Vaksinen airport site, there were several power outages
that disordered the schedule of lidar-37 (northeastern end of
Vaksinen airport, see Fig. 1), demanding a manual fix on site.
This led to a substantial loss of data during several convective
days, as the failure was first detected after a site visit. Also,
the data download from the internal computer of the lidars
was very slow, which delayed full recovery of the data, pro-
cessing, and the identification of further problems occurring
during the campaign until after the recovery of the instrumen-
tation from the field. Despite the challenges encountered, we
were able to secure representative observations from both li-
dars simultaneously during 1 very convective day (28 May
2021), which will be evaluated and discussed in Sect. 6.

As a consequence of the challenges during the Vaksinen
airport campaign, we developed an upgraded version of our
lidar setup. During the Starmoen campaign, the data were not
only stored on the internal computer of the lidars, but also

transferred via “sftp” protocol to a Raspberry Pi 4 Model B1.
The Raspberry Pi was integrated into a remote access sys-
tem developed by the Geophysical Institute, University of
Bergen, and solved the problem of the slow data download.
The remote access system also includes an industrial router,
which enabled real-time data upload and visualization of the
lidar observations on a server provided by the Norwegian Re-
search and Education Cloud (NREC2), as well as a time syn-
chronization of the lidars independent from GPS. This en-
abled us to identify and already fix problems occurring dur-
ing the campaign and ensured that the schedule of the lidar
program was kept throughout the campaign. A future appli-
cation of this remote access system includes, among others,
remote control and programming of the lidar in the field.

Nonetheless, the period of installation at Starmoen airport
was impacted by several precipitation events during the first
half of the campaign, which almost completely depleted the
aerosol content in the boundary layer. This strongly reduced
the SNR obtained by the lidars and hence the reliability of the
observed vr. It required several convective days after the pre-
cipitation period for the SNR to increase such that sufficient
data availability of vr for processing and data analysis was
achieved. After the precipitation period during the Starmoen
campaign, mainly 1 convective day (29 July 2022) with weak
synoptic wind and strong fluxes qualified for further detailed
analysis (see Sect. 6).

1see https://www.raspberrypi.com (last access: 21 March 2022)
2see https://www.nrec.no (last access: 5 April 2022)
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Figure 2. Vertical cross-section of the dual-lidar setup utilized during the campaigns at Vaksinen airport and Starmoen airport, respectively.
The transparent red and blue surface areas represent the angular range covered by the RHI scans of the individual lidars, which are represented
by the red and blue boxes. The dark grey dots represent a schematic of the Cartesian retrieval grid. A zoom in on to the polar grid of the two
lidars and the corresponding positions of all vr values used for the retrieval of u and w in an exemplary point (x,z) of the Cartesian grid is
shown on the right-hand side of the figure.

At Starmoen airport, we aimed to study the evolution of
convection more continuously than during the Vaksinen air-
port campaign, utilizing longer Drun and sampling with only
one scan configuration throughout the campaign (see Ta-
ble 3). The RHI scan configuration is scheduled for 50 min,
followed by a 10 min DBS scan. This schedule is repeated by
each of the two lidars with a return period of 60 min through-
out the campaign. The scan configuration chosen here is
a compromise between the extremes of temporal or spatial
resolution utilized during the Vaksinen campaign.

2.4 The challenges

During both campaigns, we encountered various challenges
that affected the availability and quality of the data. At
the Vaksinen airport site, there were several power outages
that disordered the schedule of lidar-37 (northeastern end of
Vaksinen airport, see Fig. 1), demanding a manual fix on site.
This led to a substantial loss of data during several convective
days, as the failure was first detected after a site visit. Also,
the data download from the internal computer of the lidars
was very slow, which delayed full recovery of the data, pro-
cessing, and the identification of further problems occurring
during the campaign until after the recovery of the instrumen-
tation from the field. Despite the challenges encountered, we
were able to secure representative observations from both li-
dars simultaneously during 1 very convective day (28 May
2021), which will be evaluated and discussed in Sect. 6.

As a consequence of the challenges during the Vaksinen
airport campaign, we developed an upgraded version of our
lidar setup. During the Starmoen campaign, the data were not
only stored on the internal computer of the lidars, but also

transferred via “sftp” protocol to a Raspberry Pi 4 Model B1.
The Raspberry Pi was integrated into a remote access sys-
tem developed by the Geophysical Institute, University of
Bergen, and solved the problem of the slow data download.
The remote access system also includes an industrial router,
which enabled real-time data upload and visualization of the
lidar observations on a server provided by the Norwegian Re-
search and Education Cloud (NREC2), as well as a time syn-
chronization of the lidars independent from GPS. This en-
abled us to identify and already fix problems occurring dur-
ing the campaign and ensured that the schedule of the lidar
program was kept throughout the campaign. A future appli-
cation of this remote access system includes, among others,
remote control and programming of the lidar in the field.

Nonetheless, the period of installation at Starmoen airport
was impacted by several precipitation events during the first
half of the campaign, which almost completely depleted the
aerosol content in the boundary layer. This strongly reduced
the SNR obtained by the lidars and hence the reliability of the
observed vr. It required several convective days after the pre-
cipitation period for the SNR to increase such that sufficient
data availability of vr for processing and data analysis was
achieved. After the precipitation period during the Starmoen
campaign, mainly 1 convective day (29 July 2022) with weak
synoptic wind and strong fluxes qualified for further detailed
analysis (see Sect. 6).

1see https://www.raspberrypi.com (last access: 21 March 2022)
2see https://www.nrec.no (last access: 5 April 2022)

https://doi.org/10.5194/amt-16-5103-2023 Atmos. Meas. Tech., 16, 5103–5123, 2023

C.Duschaetal.:Observingatmosphericconvectionwithdual-scanninglidars5107

Figure2.Verticalcross-sectionofthedual-lidarsetuputilizedduringthecampaignsatVaksinenairportandStarmoenairport,respectively.
ThetransparentredandbluesurfaceareasrepresenttheangularrangecoveredbytheRHIscansoftheindividuallidars,whicharerepresented
bytheredandblueboxes.ThedarkgreydotsrepresentaschematicoftheCartesianretrievalgrid.Azoominontothepolargridofthetwo
lidarsandthecorrespondingpositionsofallvrvaluesusedfortheretrievalofuandwinanexemplarypoint(x,z)oftheCartesiangridis
shownontheright-handsideofthefigure.

AtStarmoenairport,weaimedtostudytheevolutionof
convectionmorecontinuouslythanduringtheVaksinenair-
portcampaign,utilizinglongerDrunandsamplingwithonly
onescanconfigurationthroughoutthecampaign(seeTa-
ble3).TheRHIscanconfigurationisscheduledfor50min,
followedbya10minDBSscan.Thisscheduleisrepeatedby
eachofthetwolidarswithareturnperiodof60minthrough-
outthecampaign.Thescanconfigurationchosenhereis
acompromisebetweentheextremesoftemporalorspatial
resolutionutilizedduringtheVaksinencampaign.

2.4Thechallenges

Duringbothcampaigns,weencounteredvariouschallenges
thataffectedtheavailabilityandqualityofthedata.At
theVaksinenairportsite,therewereseveralpoweroutages
thatdisorderedthescheduleoflidar-37(northeasternendof
Vaksinenairport,seeFig.1),demandingamanualfixonsite.
Thisledtoasubstantiallossofdataduringseveralconvective
days,asthefailurewasfirstdetectedafterasitevisit.Also,
thedatadownloadfromtheinternalcomputerofthelidars
wasveryslow,whichdelayedfullrecoveryofthedata,pro-
cessing,andtheidentificationoffurtherproblemsoccurring
duringthecampaignuntilaftertherecoveryoftheinstrumen-
tationfromthefield.Despitethechallengesencountered,we
wereabletosecurerepresentativeobservationsfrombothli-
darssimultaneouslyduring1veryconvectiveday(28May
2021),whichwillbeevaluatedanddiscussedinSect.6.

AsaconsequenceofthechallengesduringtheVaksinen
airportcampaign,wedevelopedanupgradedversionofour
lidarsetup.DuringtheStarmoencampaign,thedatawerenot
onlystoredontheinternalcomputerofthelidars,butalso

transferredvia“sftp”protocoltoaRaspberryPi4ModelB1.
TheRaspberryPiwasintegratedintoaremoteaccesssys-
temdevelopedbytheGeophysicalInstitute,Universityof
Bergen,andsolvedtheproblemoftheslowdatadownload.
Theremoteaccesssystemalsoincludesanindustrialrouter,
whichenabledreal-timedatauploadandvisualizationofthe
lidarobservationsonaserverprovidedbytheNorwegianRe-
searchandEducationCloud(NREC2),aswellasatimesyn-
chronizationofthelidarsindependentfromGPS.Thisen-
abledustoidentifyandalreadyfixproblemsoccurringdur-
ingthecampaignandensuredthatthescheduleofthelidar
programwaskeptthroughoutthecampaign.Afutureappli-
cationofthisremoteaccesssystemincludes,amongothers,
remotecontrolandprogrammingofthelidarinthefield.

Nonetheless,theperiodofinstallationatStarmoenairport
wasimpactedbyseveralprecipitationeventsduringthefirst
halfofthecampaign,whichalmostcompletelydepletedthe
aerosolcontentintheboundarylayer.Thisstronglyreduced
theSNRobtainedbythelidarsandhencethereliabilityofthe
observedvr.Itrequiredseveralconvectivedaysafterthepre-
cipitationperiodfortheSNRtoincreasesuchthatsufficient
dataavailabilityofvrforprocessinganddataanalysiswas
achieved.AftertheprecipitationperiodduringtheStarmoen
campaign,mainly1convectiveday(29July2022)withweak
synopticwindandstrongfluxesqualifiedforfurtherdetailed
analysis(seeSect.6).
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AtStarmoenairport,weaimedtostudytheevolutionof
convectionmorecontinuouslythanduringtheVaksinenair-
portcampaign,utilizinglongerDrunandsamplingwithonly
onescanconfigurationthroughoutthecampaign(seeTa-
ble3).TheRHIscanconfigurationisscheduledfor50min,
followedbya10minDBSscan.Thisscheduleisrepeatedby
eachofthetwolidarswithareturnperiodof60minthrough-
outthecampaign.Thescanconfigurationchosenhereis
acompromisebetweentheextremesoftemporalorspatial
resolutionutilizedduringtheVaksinencampaign.

2.4Thechallenges

Duringbothcampaigns,weencounteredvariouschallenges
thataffectedtheavailabilityandqualityofthedata.At
theVaksinenairportsite,therewereseveralpoweroutages
thatdisorderedthescheduleoflidar-37(northeasternendof
Vaksinenairport,seeFig.1),demandingamanualfixonsite.
Thisledtoasubstantiallossofdataduringseveralconvective
days,asthefailurewasfirstdetectedafterasitevisit.Also,
thedatadownloadfromtheinternalcomputerofthelidars
wasveryslow,whichdelayedfullrecoveryofthedata,pro-
cessing,andtheidentificationoffurtherproblemsoccurring
duringthecampaignuntilaftertherecoveryoftheinstrumen-
tationfromthefield.Despitethechallengesencountered,we
wereabletosecurerepresentativeobservationsfrombothli-
darssimultaneouslyduring1veryconvectiveday(28May
2021),whichwillbeevaluatedanddiscussedinSect.6.

AsaconsequenceofthechallengesduringtheVaksinen
airportcampaign,wedevelopedanupgradedversionofour
lidarsetup.DuringtheStarmoencampaign,thedatawerenot
onlystoredontheinternalcomputerofthelidars,butalso

transferredvia“sftp”protocoltoaRaspberryPi4ModelB1.
TheRaspberryPiwasintegratedintoaremoteaccesssys-
temdevelopedbytheGeophysicalInstitute,Universityof
Bergen,andsolvedtheproblemoftheslowdatadownload.
Theremoteaccesssystemalsoincludesanindustrialrouter,
whichenabledreal-timedatauploadandvisualizationofthe
lidarobservationsonaserverprovidedbytheNorwegianRe-
searchandEducationCloud(NREC2),aswellasatimesyn-
chronizationofthelidarsindependentfromGPS.Thisen-
abledustoidentifyandalreadyfixproblemsoccurringdur-
ingthecampaignandensuredthatthescheduleofthelidar
programwaskeptthroughoutthecampaign.Afutureappli-
cationofthisremoteaccesssystemincludes,amongothers,
remotecontrolandprogrammingofthelidarinthefield.

Nonetheless,theperiodofinstallationatStarmoenairport
wasimpactedbyseveralprecipitationeventsduringthefirst
halfofthecampaign,whichalmostcompletelydepletedthe
aerosolcontentintheboundarylayer.Thisstronglyreduced
theSNRobtainedbythelidarsandhencethereliabilityofthe
observedvr.Itrequiredseveralconvectivedaysafterthepre-
cipitationperiodfortheSNRtoincreasesuchthatsufficient
dataavailabilityofvrforprocessinganddataanalysiswas
achieved.AftertheprecipitationperiodduringtheStarmoen
campaign,mainly1convectiveday(29July2022)withweak
synopticwindandstrongfluxesqualifiedforfurtherdetailed
analysis(seeSect.6).

1seehttps://www.raspberrypi.com(lastaccess:21March2022)
2seehttps://www.nrec.no(lastaccess:5April2022)
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Figure2.Verticalcross-sectionofthedual-lidarsetuputilizedduringthecampaignsatVaksinenairportandStarmoenairport,respectively.
ThetransparentredandbluesurfaceareasrepresenttheangularrangecoveredbytheRHIscansoftheindividuallidars,whicharerepresented
bytheredandblueboxes.ThedarkgreydotsrepresentaschematicoftheCartesianretrievalgrid.Azoominontothepolargridofthetwo
lidarsandthecorrespondingpositionsofallvrvaluesusedfortheretrievalofuandwinanexemplarypoint(x,z)oftheCartesiangridis
shownontheright-handsideofthefigure.
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3 Retrieval of the two-dimensional wind field

To retrieve the u and w wind components for any point (x,z)
in the lidar cross-section at discrete points in time, we com-
bine pre-processed vr fields (see Sect. 4) from both lidars.
The temporal resolution of the retrieved cross-sections is the
same as the temporal resolution of the utilized vr fields. As
we save the vr fields once per 1 s or even once per 0.5 s (see
Tint in Table 3), we can retrieve u and w fields at any lower
resolution that fits the purpose of interest. The methodology
to estimate u and w from independent vr observations and
the errors connected to the method are documented in the
two subsections below.

3.1 Retrieval principle

At any position (x,z) within the vertical cross-section of
the overlapping RHI scans, vr is related to the instantaneous
u and w components of the real wind projected to the θ -
dependent LOS of the lidar beam,

vr(x,z)= u(x,z) · cosθ +w(x,z) · sin θ, (1)

with (x,z) connected to θ and r by(
x

z

)
= r

(
cosθ
sinθ

)
+

(
x0
z0

)
, (2)

where x0 and z0 define the relative position of the lidar to
the origin point (0,0) of the Cartesian coordinate system of
choice for the retrieval. We set the location of the origin point
at the individual ground level of the two sites in the middle
of the two lidars.

To solve Eq. (1) for u and w in the point (x,z), we need to
construct an equation system utilizing at least two observa-
tions of vr, each obtained with an independent θ . Since lidars
do not operate on a Cartesian coordinate system (x,z) but on
individual polar coordinate systems (θ,r), there are very few
combinations of θ and r for the two lidars for which the vr
observations fall into exactly the same point (x,z) in space
(see Fig. 2). Still, retrieving the u and w on a Cartesian in-
stead of a polar retrieval grid is a common approach to merge
the observations of two lidars (e.g., Stawiarski et al., 2013;
Adler et al., 2020; Haid et al., 2020).

Here, instead of using only two independent vr observa-
tions in a single point (x,z), we construct an equation system
(based on Eq. 1), containing all valid vr values (excluding
“not a number” or NaN values) and their individual depen-
dencies on r and θ , from the two lidars within a radius, R,
around the Cartesian point (x,z) of interest (see Fig. 2).
vr1(r1,θ1)

vr2(r2,θ2)

·

·

vrn(rn,θn)

=


cosθ1 sinθ1
cosθ2 sinθ2
· ·

· ·

cosθn sinθn


(
u

w

)
(3)

The equation system can also be written in vector and matrix
format.

vr = Nv (4)

If more than two independent vr observations are within R to
construct the equation system, it is over-constrained. To solve
the over-constrained equation system which results from us-
ing R, we apply a least-squares approach (see Lai et al.,
1978; Cherukuru et al., 2015) using matrix inversion:

v̂ =
(

NTN
)−1

NT vr, (5)

where v̂ is the best fit of v considering all utilized vr observa-
tions. Note that u and w are only retrieved if there is at least
one valid vr value provided by each lidar within R; other-
wise, u and w are set to NaN in the corresponding Cartesian
grid point.

It is also possible to incorporate vr observations within a
temporal radius, Tr, around the point of interest in time into
the over-constrained equation system discussed above (see
Newsom et al., 2008). Yet, the usage of Tr rather represents
a temporal average of the flow field and is not meaningful
when using instantaneous RHI scans which result from the
temporal interpolation (see Sect. 4.2).

3.2 Retrieval errors and uncertainties

There are several sources of errors and uncertainties, which
need to be considered for dual-lidar retrievals. Many errors
in the single-lidar observation are projected and amplified in
the co-planar, dual-lidar retrieval, e.g., lidar-specific uncorre-
lated noise and systematic error, as well as imprecise azimuth
adjustment or leveling during the lidar setup and calibration
(see, e.g., Stawiarski et al., 2013).

We attempt to minimize or avoid the errors and error am-
plifications that are connected to the dual-lidar retrieval. One
prominent error in the dual-lidar retrieval is the temporal
under-sampling error: the observations of vr of the two li-
dars may each correspond to a different state of u and w due
to a difference in the time at which vr was observed by each
lidar. Utilizing vr values which do not correspond to the same
state of u and w in reality will yield retrieved u and w values
that may correspond to neither of the wind fields sampled by
the individual lidar. The magnitude of the temporal under-
sampling error is proportional to the absolute velocity differ-
ence in the flow field at the two time steps the two individual
lidar obtained vr (Stawiarski et al., 2013).

σtime(1t)≈ |vr1(t1)− vr2(t2)| (6)

The time difference,1t = |t2−t1|, is dependent on the spatial
location (x,z) in the dual-lidar cross-section. In Sect. 4.2 we
introduce a processing procedure to minimize the temporal
under-sampling error using instantaneous RHI cross-sections
achieved from temporal interpolation instead of single scans.
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3Retrievalofthetwo-dimensionalwindfield

Toretrievetheuandwwindcomponentsforanypoint(x,z)
inthelidarcross-sectionatdiscretepointsintime,wecom-
binepre-processedvrfields(seeSect.4)frombothlidars.
Thetemporalresolutionoftheretrievedcross-sectionsisthe
sameasthetemporalresolutionoftheutilizedvrfields.As
wesavethevrfieldsonceper1sorevenonceper0.5s(see
TintinTable3),wecanretrieveuandwfieldsatanylower
resolutionthatfitsthepurposeofinterest.Themethodology
toestimateuandwfromindependentvrobservationsand
theerrorsconnectedtothemethodaredocumentedinthe
twosubsectionsbelow.

3.1Retrievalprinciple

Atanyposition(x,z)withintheverticalcross-sectionof
theoverlappingRHIscans,vrisrelatedtotheinstantaneous
uandwcomponentsoftherealwindprojectedtotheθ-
dependentLOSofthelidarbeam,

vr(x,z)=u(x,z)·cosθ+w(x,z)·sinθ,(1)

with(x,z)connectedtoθandrby (
x

z

)
=r

(
cosθ
sinθ

)
+

(
x0
z0

)
,(2)

wherex0andz0definetherelativepositionofthelidarto
theoriginpoint(0,0)oftheCartesiancoordinatesystemof
choicefortheretrieval.Wesetthelocationoftheoriginpoint
attheindividualgroundlevelofthetwositesinthemiddle
ofthetwolidars.

TosolveEq.(1)foruandwinthepoint(x,z),weneedto
constructanequationsystemutilizingatleasttwoobserva-
tionsofvr,eachobtainedwithanindependentθ.Sincelidars
donotoperateonaCartesiancoordinatesystem(x,z)buton
individualpolarcoordinatesystems(θ,r),thereareveryfew
combinationsofθandrforthetwolidarsforwhichthevr
observationsfallintoexactlythesamepoint(x,z)inspace
(seeFig.2).Still,retrievingtheuandwonaCartesianin-
steadofapolarretrievalgridisacommonapproachtomerge
theobservationsoftwolidars(e.g.,Stawiarskietal.,2013;
Adleretal.,2020;Haidetal.,2020).

Here,insteadofusingonlytwoindependentvrobserva-
tionsinasinglepoint(x,z),weconstructanequationsystem
(basedonEq.1),containingallvalidvrvalues(excluding
“notanumber”orNaNvalues)andtheirindividualdepen-
denciesonrandθ,fromthetwolidarswithinaradius,R,
aroundtheCartesianpoint(x,z)ofinterest(seeFig.2). 

vr1(r1,θ1)

vr2(r2,θ2)

·

·

vrn(rn,θn)

=


cosθ1sinθ1
cosθ2sinθ2
··

··

cosθnsinθn


(

u

w

)
(3)

Theequationsystemcanalsobewritteninvectorandmatrix
format.

vr=Nv(4)

IfmorethantwoindependentvrobservationsarewithinRto
constructtheequationsystem,itisover-constrained.Tosolve
theover-constrainedequationsystemwhichresultsfromus-
ingR,weapplyaleast-squaresapproach(seeLaietal.,
1978;Cherukuruetal.,2015)usingmatrixinversion:

v̂=
(

NTN
)−1

NTvr,(5)

wherev̂isthebestfitofvconsideringallutilizedvrobserva-
tions.Notethatuandwareonlyretrievedifthereisatleast
onevalidvrvalueprovidedbyeachlidarwithinR;other-
wise,uandwaresettoNaNinthecorrespondingCartesian
gridpoint.

Itisalsopossibletoincorporatevrobservationswithina
temporalradius,Tr,aroundthepointofinterestintimeinto
theover-constrainedequationsystemdiscussedabove(see
Newsometal.,2008).Yet,theusageofTrratherrepresents
atemporalaverageoftheflowfieldandisnotmeaningful
whenusinginstantaneousRHIscanswhichresultfromthe
temporalinterpolation(seeSect.4.2).

3.2Retrievalerrorsanduncertainties

Thereareseveralsourcesoferrorsanduncertainties,which
needtobeconsideredfordual-lidarretrievals.Manyerrors
inthesingle-lidarobservationareprojectedandamplifiedin
theco-planar,dual-lidarretrieval,e.g.,lidar-specificuncorre-
latednoiseandsystematicerror,aswellasimpreciseazimuth
adjustmentorlevelingduringthelidarsetupandcalibration
(see,e.g.,Stawiarskietal.,2013).

Weattempttominimizeoravoidtheerrorsanderroram-
plificationsthatareconnectedtothedual-lidarretrieval.One
prominenterrorinthedual-lidarretrievalisthetemporal
under-samplingerror:theobservationsofvrofthetwoli-
darsmayeachcorrespondtoadifferentstateofuandwdue
toadifferenceinthetimeatwhichvrwasobservedbyeach
lidar.Utilizingvrvalueswhichdonotcorrespondtothesame
stateofuandwinrealitywillyieldretrieveduandwvalues
thatmaycorrespondtoneitherofthewindfieldssampledby
theindividuallidar.Themagnitudeofthetemporalunder-
samplingerrorisproportionaltotheabsolutevelocitydiffer-
enceintheflowfieldatthetwotimestepsthetwoindividual
lidarobtainedvr(Stawiarskietal.,2013).

σtime(1t)≈|vr1(t1)−vr2(t2)|(6)

Thetimedifference,1t=|t2−t1|,isdependentonthespatial
location(x,z)inthedual-lidarcross-section.InSect.4.2we
introduceaprocessingproceduretominimizethetemporal
under-samplingerrorusinginstantaneousRHIcross-sections
achievedfromtemporalinterpolationinsteadofsinglescans.
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enceintheflowfieldatthetwotimestepsthetwoindividual
lidarobtainedvr(Stawiarskietal.,2013).

σtime(1t)≈|vr1(t1)−vr2(t2)|(6)

Thetimedifference,1t=|t2−t1|,isdependentonthespatial
location(x,z)inthedual-lidarcross-section.InSect.4.2we
introduceaprocessingproceduretominimizethetemporal
under-samplingerrorusinginstantaneousRHIcross-sections
achievedfromtemporalinterpolationinsteadofsinglescans.
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3 Retrieval of the two-dimensional wind field

To retrieve the u and w wind components for any point (x,z)
in the lidar cross-section at discrete points in time, we com-
bine pre-processed vr fields (see Sect. 4) from both lidars.
The temporal resolution of the retrieved cross-sections is the
same as the temporal resolution of the utilized vr fields. As
we save the vr fields once per 1 s or even once per 0.5 s (see
Tint in Table 3), we can retrieve u and w fields at any lower
resolution that fits the purpose of interest. The methodology
to estimate u and w from independent vr observations and
the errors connected to the method are documented in the
two subsections below.

3.1 Retrieval principle

At any position (x,z) within the vertical cross-section of
the overlapping RHI scans, vr is related to the instantaneous
u and w components of the real wind projected to the θ -
dependent LOS of the lidar beam,

vr(x,z)= u(x,z) · cosθ +w(x,z) · sin θ, (1)

with (x,z) connected to θ and r by
( x

z

)= r( cosθ
sinθ

)+( x0
z0

) , (2)

where x0 and z0 define the relative position of the lidar to
the origin point (0,0) of the Cartesian coordinate system of
choice for the retrieval. We set the location of the origin point
at the individual ground level of the two sites in the middle
of the two lidars.

To solve Eq. (1) for u and w in the point (x,z), we need to
construct an equation system utilizing at least two observa-
tions of vr, each obtained with an independent θ . Since lidars
do not operate on a Cartesian coordinate system (x,z) but on
individual polar coordinate systems (θ,r), there are very few
combinations of θ and r for the two lidars for which the vr
observations fall into exactly the same point (x,z) in space
(see Fig. 2). Still, retrieving the u and w on a Cartesian in-
stead of a polar retrieval grid is a common approach to merge
the observations of two lidars (e.g., Stawiarski et al., 2013;
Adler et al., 2020; Haid et al., 2020).

Here, instead of using only two independent vr observa-
tions in a single point (x,z), we construct an equation system
(based on Eq. 1), containing all valid vr values (excluding
“not a number” or NaN values) and their individual depen-
dencies on r and θ , from the two lidars within a radius, R,
around the Cartesian point (x,z) of interest (see Fig. 2).


vr1(r1,θ1)

vr2(r2,θ2)

·

·

vrn(rn,θn)


=




cosθ1 sinθ1
cosθ2 sinθ2
· ·

· ·

cosθn sinθn


( u

w

) (3)

The equation system can also be written in vector and matrix
format.

vr = Nv (4)

If more than two independent vr observations are within R to
construct the equation system, it is over-constrained. To solve
the over-constrained equation system which results from us-
ing R, we apply a least-squares approach (see Lai et al.,
1978; Cherukuru et al., 2015) using matrix inversion:

v̂ = (N
T

N)−1
N
T
vr, (5)

where v̂ is the best fit of v considering all utilized vr observa-
tions. Note that u and w are only retrieved if there is at least
one valid vr value provided by each lidar within R; other-
wise, u and w are set to NaN in the corresponding Cartesian
grid point.

It is also possible to incorporate vr observations within a
temporal radius, Tr, around the point of interest in time into
the over-constrained equation system discussed above (see
Newsom et al., 2008). Yet, the usage of Tr rather represents
a temporal average of the flow field and is not meaningful
when using instantaneous RHI scans which result from the
temporal interpolation (see Sect. 4.2).

3.2 Retrieval errors and uncertainties

There are several sources of errors and uncertainties, which
need to be considered for dual-lidar retrievals. Many errors
in the single-lidar observation are projected and amplified in
the co-planar, dual-lidar retrieval, e.g., lidar-specific uncorre-
lated noise and systematic error, as well as imprecise azimuth
adjustment or leveling during the lidar setup and calibration
(see, e.g., Stawiarski et al., 2013).

We attempt to minimize or avoid the errors and error am-
plifications that are connected to the dual-lidar retrieval. One
prominent error in the dual-lidar retrieval is the temporal
under-sampling error: the observations of vr of the two li-
dars may each correspond to a different state of u and w due
to a difference in the time at which vr was observed by each
lidar. Utilizing vr values which do not correspond to the same
state of u and w in reality will yield retrieved u and w values
that may correspond to neither of the wind fields sampled by
the individual lidar. The magnitude of the temporal under-
sampling error is proportional to the absolute velocity differ-
ence in the flow field at the two time steps the two individual
lidar obtained vr (Stawiarski et al., 2013).

σtime(1t)≈ |vr1(t1)− vr2(t2)| (6)

The time difference,1t = |t2−t1|, is dependent on the spatial
location (x,z) in the dual-lidar cross-section. In Sect. 4.2 we
introduce a processing procedure to minimize the temporal
under-sampling error using instantaneous RHI cross-sections
achieved from temporal interpolation instead of single scans.
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3 Retrieval of the two-dimensional wind field

To retrieve the u and w wind components for any point (x,z)
in the lidar cross-section at discrete points in time, we com-
bine pre-processed vr fields (see Sect. 4) from both lidars.
The temporal resolution of the retrieved cross-sections is the
same as the temporal resolution of the utilized vr fields. As
we save the vr fields once per 1 s or even once per 0.5 s (see
Tint in Table 3), we can retrieve u and w fields at any lower
resolution that fits the purpose of interest. The methodology
to estimate u and w from independent vr observations and
the errors connected to the method are documented in the
two subsections below.

3.1 Retrieval principle

At any position (x,z) within the vertical cross-section of
the overlapping RHI scans, vr is related to the instantaneous
u and w components of the real wind projected to the θ -
dependent LOS of the lidar beam,

vr(x,z)= u(x,z) · cosθ +w(x,z) · sin θ, (1)

with (x,z) connected to θ and r by
( x

z

)= r( cosθ
sinθ

)+( x0
z0

) , (2)

where x0 and z0 define the relative position of the lidar to
the origin point (0,0) of the Cartesian coordinate system of
choice for the retrieval. We set the location of the origin point
at the individual ground level of the two sites in the middle
of the two lidars.

To solve Eq. (1) for u and w in the point (x,z), we need to
construct an equation system utilizing at least two observa-
tions of vr, each obtained with an independent θ . Since lidars
do not operate on a Cartesian coordinate system (x,z) but on
individual polar coordinate systems (θ,r), there are very few
combinations of θ and r for the two lidars for which the vr
observations fall into exactly the same point (x,z) in space
(see Fig. 2). Still, retrieving the u and w on a Cartesian in-
stead of a polar retrieval grid is a common approach to merge
the observations of two lidars (e.g., Stawiarski et al., 2013;
Adler et al., 2020; Haid et al., 2020).

Here, instead of using only two independent vr observa-
tions in a single point (x,z), we construct an equation system
(based on Eq. 1), containing all valid vr values (excluding
“not a number” or NaN values) and their individual depen-
dencies on r and θ , from the two lidars within a radius, R,
around the Cartesian point (x,z) of interest (see Fig. 2).


vr1(r1,θ1)
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
=




cosθ1 sinθ1
cosθ2 sinθ2
· ·

· ·

cosθn sinθn


( u

w

) (3)

The equation system can also be written in vector and matrix
format.

vr = Nv (4)

If more than two independent vr observations are within R to
construct the equation system, it is over-constrained. To solve
the over-constrained equation system which results from us-
ing R, we apply a least-squares approach (see Lai et al.,
1978; Cherukuru et al., 2015) using matrix inversion:

v̂ = (N
T

N)−1
N
T
vr, (5)

where v̂ is the best fit of v considering all utilized vr observa-
tions. Note that u and w are only retrieved if there is at least
one valid vr value provided by each lidar within R; other-
wise, u and w are set to NaN in the corresponding Cartesian
grid point.

It is also possible to incorporate vr observations within a
temporal radius, Tr, around the point of interest in time into
the over-constrained equation system discussed above (see
Newsom et al., 2008). Yet, the usage of Tr rather represents
a temporal average of the flow field and is not meaningful
when using instantaneous RHI scans which result from the
temporal interpolation (see Sect. 4.2).

3.2 Retrieval errors and uncertainties

There are several sources of errors and uncertainties, which
need to be considered for dual-lidar retrievals. Many errors
in the single-lidar observation are projected and amplified in
the co-planar, dual-lidar retrieval, e.g., lidar-specific uncorre-
lated noise and systematic error, as well as imprecise azimuth
adjustment or leveling during the lidar setup and calibration
(see, e.g., Stawiarski et al., 2013).

We attempt to minimize or avoid the errors and error am-
plifications that are connected to the dual-lidar retrieval. One
prominent error in the dual-lidar retrieval is the temporal
under-sampling error: the observations of vr of the two li-
dars may each correspond to a different state of u and w due
to a difference in the time at which vr was observed by each
lidar. Utilizing vr values which do not correspond to the same
state of u and w in reality will yield retrieved u and w values
that may correspond to neither of the wind fields sampled by
the individual lidar. The magnitude of the temporal under-
sampling error is proportional to the absolute velocity differ-
ence in the flow field at the two time steps the two individual
lidar obtained vr (Stawiarski et al., 2013).

σtime(1t)≈ |vr1(t1)− vr2(t2)| (6)

The time difference,1t = |t2−t1|, is dependent on the spatial
location (x,z) in the dual-lidar cross-section. In Sect. 4.2 we
introduce a processing procedure to minimize the temporal
under-sampling error using instantaneous RHI cross-sections
achieved from temporal interpolation instead of single scans.
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3Retrievalofthetwo-dimensionalwindfield

Toretrievetheuandwwindcomponentsforanypoint(x,z)
inthelidarcross-sectionatdiscretepointsintime,wecom-
binepre-processedvrfields(seeSect.4)frombothlidars.
Thetemporalresolutionoftheretrievedcross-sectionsisthe
sameasthetemporalresolutionoftheutilizedvrfields.As
wesavethevrfieldsonceper1sorevenonceper0.5s(see
TintinTable3),wecanretrieveuandwfieldsatanylower
resolutionthatfitsthepurposeofinterest.Themethodology
toestimateuandwfromindependentvrobservationsand
theerrorsconnectedtothemethodaredocumentedinthe
twosubsectionsbelow.

3.1Retrievalprinciple

Atanyposition(x,z)withintheverticalcross-sectionof
theoverlappingRHIscans,vrisrelatedtotheinstantaneous
uandwcomponentsoftherealwindprojectedtotheθ-
dependentLOSofthelidarbeam,

vr(x,z)=u(x,z)·cosθ+w(x,z)·sinθ,(1)

with(x,z)connectedtoθandrby
(x

z

)=r(cosθ
sinθ

)+(x0
z0

),(2)

wherex0andz0definetherelativepositionofthelidarto
theoriginpoint(0,0)oftheCartesiancoordinatesystemof
choicefortheretrieval.Wesetthelocationoftheoriginpoint
attheindividualgroundlevelofthetwositesinthemiddle
ofthetwolidars.

TosolveEq.(1)foruandwinthepoint(x,z),weneedto
constructanequationsystemutilizingatleasttwoobserva-
tionsofvr,eachobtainedwithanindependentθ.Sincelidars
donotoperateonaCartesiancoordinatesystem(x,z)buton
individualpolarcoordinatesystems(θ,r),thereareveryfew
combinationsofθandrforthetwolidarsforwhichthevr
observationsfallintoexactlythesamepoint(x,z)inspace
(seeFig.2).Still,retrievingtheuandwonaCartesianin-
steadofapolarretrievalgridisacommonapproachtomerge
theobservationsoftwolidars(e.g.,Stawiarskietal.,2013;
Adleretal.,2020;Haidetal.,2020).

Here,insteadofusingonlytwoindependentvrobserva-
tionsinasinglepoint(x,z),weconstructanequationsystem
(basedonEq.1),containingallvalidvrvalues(excluding
“notanumber”orNaNvalues)andtheirindividualdepen-
denciesonrandθ,fromthetwolidarswithinaradius,R,
aroundtheCartesianpoint(x,z)ofinterest(seeFig.2).


vr1(r1,θ1)

vr2(r2,θ2)

·

·

vrn(rn,θn)


=




cosθ1sinθ1
cosθ2sinθ2
··

··

cosθnsinθn


(u

w

)(3)

Theequationsystemcanalsobewritteninvectorandmatrix
format.

vr=Nv(4)

IfmorethantwoindependentvrobservationsarewithinRto
constructtheequationsystem,itisover-constrained.Tosolve
theover-constrainedequationsystemwhichresultsfromus-
ingR,weapplyaleast-squaresapproach(seeLaietal.,
1978;Cherukuruetal.,2015)usingmatrixinversion:

v̂=(N
T

N)−1
N
T
vr,(5)

wherev̂isthebestfitofvconsideringallutilizedvrobserva-
tions.Notethatuandwareonlyretrievedifthereisatleast
onevalidvrvalueprovidedbyeachlidarwithinR;other-
wise,uandwaresettoNaNinthecorrespondingCartesian
gridpoint.

Itisalsopossibletoincorporatevrobservationswithina
temporalradius,Tr,aroundthepointofinterestintimeinto
theover-constrainedequationsystemdiscussedabove(see
Newsometal.,2008).Yet,theusageofTrratherrepresents
atemporalaverageoftheflowfieldandisnotmeaningful
whenusinginstantaneousRHIscanswhichresultfromthe
temporalinterpolation(seeSect.4.2).

3.2Retrievalerrorsanduncertainties

Thereareseveralsourcesoferrorsanduncertainties,which
needtobeconsideredfordual-lidarretrievals.Manyerrors
inthesingle-lidarobservationareprojectedandamplifiedin
theco-planar,dual-lidarretrieval,e.g.,lidar-specificuncorre-
latednoiseandsystematicerror,aswellasimpreciseazimuth
adjustmentorlevelingduringthelidarsetupandcalibration
(see,e.g.,Stawiarskietal.,2013).

Weattempttominimizeoravoidtheerrorsanderroram-
plificationsthatareconnectedtothedual-lidarretrieval.One
prominenterrorinthedual-lidarretrievalisthetemporal
under-samplingerror:theobservationsofvrofthetwoli-
darsmayeachcorrespondtoadifferentstateofuandwdue
toadifferenceinthetimeatwhichvrwasobservedbyeach
lidar.Utilizingvrvalueswhichdonotcorrespondtothesame
stateofuandwinrealitywillyieldretrieveduandwvalues
thatmaycorrespondtoneitherofthewindfieldssampledby
theindividuallidar.Themagnitudeofthetemporalunder-
samplingerrorisproportionaltotheabsolutevelocitydiffer-
enceintheflowfieldatthetwotimestepsthetwoindividual
lidarobtainedvr(Stawiarskietal.,2013).

σtime(1t)≈|vr1(t1)−vr2(t2)|(6)

Thetimedifference,1t=|t2−t1|,isdependentonthespatial
location(x,z)inthedual-lidarcross-section.InSect.4.2we
introduceaprocessingproceduretominimizethetemporal
under-samplingerrorusinginstantaneousRHIcross-sections
achievedfromtemporalinterpolationinsteadofsinglescans.
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3Retrievalofthetwo-dimensionalwindfield

Toretrievetheuandwwindcomponentsforanypoint(x,z)
inthelidarcross-sectionatdiscretepointsintime,wecom-
binepre-processedvrfields(seeSect.4)frombothlidars.
Thetemporalresolutionoftheretrievedcross-sectionsisthe
sameasthetemporalresolutionoftheutilizedvrfields.As
wesavethevrfieldsonceper1sorevenonceper0.5s(see
TintinTable3),wecanretrieveuandwfieldsatanylower
resolutionthatfitsthepurposeofinterest.Themethodology
toestimateuandwfromindependentvrobservationsand
theerrorsconnectedtothemethodaredocumentedinthe
twosubsectionsbelow.

3.1Retrievalprinciple

Atanyposition(x,z)withintheverticalcross-sectionof
theoverlappingRHIscans,vrisrelatedtotheinstantaneous
uandwcomponentsoftherealwindprojectedtotheθ-
dependentLOSofthelidarbeam,

vr(x,z)=u(x,z)·cosθ+w(x,z)·sinθ,(1)

with(x,z)connectedtoθandrby
(x

z

)=r(cosθ
sinθ

)+(x0
z0

),(2)

wherex0andz0definetherelativepositionofthelidarto
theoriginpoint(0,0)oftheCartesiancoordinatesystemof
choicefortheretrieval.Wesetthelocationoftheoriginpoint
attheindividualgroundlevelofthetwositesinthemiddle
ofthetwolidars.

TosolveEq.(1)foruandwinthepoint(x,z),weneedto
constructanequationsystemutilizingatleasttwoobserva-
tionsofvr,eachobtainedwithanindependentθ.Sincelidars
donotoperateonaCartesiancoordinatesystem(x,z)buton
individualpolarcoordinatesystems(θ,r),thereareveryfew
combinationsofθandrforthetwolidarsforwhichthevr
observationsfallintoexactlythesamepoint(x,z)inspace
(seeFig.2).Still,retrievingtheuandwonaCartesianin-
steadofapolarretrievalgridisacommonapproachtomerge
theobservationsoftwolidars(e.g.,Stawiarskietal.,2013;
Adleretal.,2020;Haidetal.,2020).

Here,insteadofusingonlytwoindependentvrobserva-
tionsinasinglepoint(x,z),weconstructanequationsystem
(basedonEq.1),containingallvalidvrvalues(excluding
“notanumber”orNaNvalues)andtheirindividualdepen-
denciesonrandθ,fromthetwolidarswithinaradius,R,
aroundtheCartesianpoint(x,z)ofinterest(seeFig.2).

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Theequationsystemcanalsobewritteninvectorandmatrix
format.

vr=Nv(4)

IfmorethantwoindependentvrobservationsarewithinRto
constructtheequationsystem,itisover-constrained.Tosolve
theover-constrainedequationsystemwhichresultsfromus-
ingR,weapplyaleast-squaresapproach(seeLaietal.,
1978;Cherukuruetal.,2015)usingmatrixinversion:

v̂=(N
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N)−1
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T
vr,(5)

wherev̂isthebestfitofvconsideringallutilizedvrobserva-
tions.Notethatuandwareonlyretrievedifthereisatleast
onevalidvrvalueprovidedbyeachlidarwithinR;other-
wise,uandwaresettoNaNinthecorrespondingCartesian
gridpoint.

Itisalsopossibletoincorporatevrobservationswithina
temporalradius,Tr,aroundthepointofinterestintimeinto
theover-constrainedequationsystemdiscussedabove(see
Newsometal.,2008).Yet,theusageofTrratherrepresents
atemporalaverageoftheflowfieldandisnotmeaningful
whenusinginstantaneousRHIscanswhichresultfromthe
temporalinterpolation(seeSect.4.2).

3.2Retrievalerrorsanduncertainties

Thereareseveralsourcesoferrorsanduncertainties,which
needtobeconsideredfordual-lidarretrievals.Manyerrors
inthesingle-lidarobservationareprojectedandamplifiedin
theco-planar,dual-lidarretrieval,e.g.,lidar-specificuncorre-
latednoiseandsystematicerror,aswellasimpreciseazimuth
adjustmentorlevelingduringthelidarsetupandcalibration
(see,e.g.,Stawiarskietal.,2013).

Weattempttominimizeoravoidtheerrorsanderroram-
plificationsthatareconnectedtothedual-lidarretrieval.One
prominenterrorinthedual-lidarretrievalisthetemporal
under-samplingerror:theobservationsofvrofthetwoli-
darsmayeachcorrespondtoadifferentstateofuandwdue
toadifferenceinthetimeatwhichvrwasobservedbyeach
lidar.Utilizingvrvalueswhichdonotcorrespondtothesame
stateofuandwinrealitywillyieldretrieveduandwvalues
thatmaycorrespondtoneitherofthewindfieldssampledby
theindividuallidar.Themagnitudeofthetemporalunder-
samplingerrorisproportionaltotheabsolutevelocitydiffer-
enceintheflowfieldatthetwotimestepsthetwoindividual
lidarobtainedvr(Stawiarskietal.,2013).

σtime(1t)≈|vr1(t1)−vr2(t2)|(6)

Thetimedifference,1t=|t2−t1|,isdependentonthespatial
location(x,z)inthedual-lidarcross-section.InSect.4.2we
introduceaprocessingproceduretominimizethetemporal
under-samplingerrorusinginstantaneousRHIcross-sections
achievedfromtemporalinterpolationinsteadofsinglescans.
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3Retrievalofthetwo-dimensionalwindfield

Toretrievetheuandwwindcomponentsforanypoint(x,z)
inthelidarcross-sectionatdiscretepointsintime,wecom-
binepre-processedvrfields(seeSect.4)frombothlidars.
Thetemporalresolutionoftheretrievedcross-sectionsisthe
sameasthetemporalresolutionoftheutilizedvrfields.As
wesavethevrfieldsonceper1sorevenonceper0.5s(see
TintinTable3),wecanretrieveuandwfieldsatanylower
resolutionthatfitsthepurposeofinterest.Themethodology
toestimateuandwfromindependentvrobservationsand
theerrorsconnectedtothemethodaredocumentedinthe
twosubsectionsbelow.
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Atanyposition(x,z)withintheverticalcross-sectionof
theoverlappingRHIscans,vrisrelatedtotheinstantaneous
uandwcomponentsoftherealwindprojectedtotheθ-
dependentLOSofthelidarbeam,

vr(x,z)=u(x,z)·cosθ+w(x,z)·sinθ,(1)

with(x,z)connectedtoθandrby
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sinθ

)+(x0
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wherex0andz0definetherelativepositionofthelidarto
theoriginpoint(0,0)oftheCartesiancoordinatesystemof
choicefortheretrieval.Wesetthelocationoftheoriginpoint
attheindividualgroundlevelofthetwositesinthemiddle
ofthetwolidars.

TosolveEq.(1)foruandwinthepoint(x,z),weneedto
constructanequationsystemutilizingatleasttwoobserva-
tionsofvr,eachobtainedwithanindependentθ.Sincelidars
donotoperateonaCartesiancoordinatesystem(x,z)buton
individualpolarcoordinatesystems(θ,r),thereareveryfew
combinationsofθandrforthetwolidarsforwhichthevr
observationsfallintoexactlythesamepoint(x,z)inspace
(seeFig.2).Still,retrievingtheuandwonaCartesianin-
steadofapolarretrievalgridisacommonapproachtomerge
theobservationsoftwolidars(e.g.,Stawiarskietal.,2013;
Adleretal.,2020;Haidetal.,2020).

Here,insteadofusingonlytwoindependentvrobserva-
tionsinasinglepoint(x,z),weconstructanequationsystem
(basedonEq.1),containingallvalidvrvalues(excluding
“notanumber”orNaNvalues)andtheirindividualdepen-
denciesonrandθ,fromthetwolidarswithinaradius,R,
aroundtheCartesianpoint(x,z)ofinterest(seeFig.2).
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format.
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IfmorethantwoindependentvrobservationsarewithinRto
constructtheequationsystem,itisover-constrained.Tosolve
theover-constrainedequationsystemwhichresultsfromus-
ingR,weapplyaleast-squaresapproach(seeLaietal.,
1978;Cherukuruetal.,2015)usingmatrixinversion:

v̂=(N
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wherev̂isthebestfitofvconsideringallutilizedvrobserva-
tions.Notethatuandwareonlyretrievedifthereisatleast
onevalidvrvalueprovidedbyeachlidarwithinR;other-
wise,uandwaresettoNaNinthecorrespondingCartesian
gridpoint.

Itisalsopossibletoincorporatevrobservationswithina
temporalradius,Tr,aroundthepointofinterestintimeinto
theover-constrainedequationsystemdiscussedabove(see
Newsometal.,2008).Yet,theusageofTrratherrepresents
atemporalaverageoftheflowfieldandisnotmeaningful
whenusinginstantaneousRHIscanswhichresultfromthe
temporalinterpolation(seeSect.4.2).

3.2Retrievalerrorsanduncertainties

Thereareseveralsourcesoferrorsanduncertainties,which
needtobeconsideredfordual-lidarretrievals.Manyerrors
inthesingle-lidarobservationareprojectedandamplifiedin
theco-planar,dual-lidarretrieval,e.g.,lidar-specificuncorre-
latednoiseandsystematicerror,aswellasimpreciseazimuth
adjustmentorlevelingduringthelidarsetupandcalibration
(see,e.g.,Stawiarskietal.,2013).

Weattempttominimizeoravoidtheerrorsanderroram-
plificationsthatareconnectedtothedual-lidarretrieval.One
prominenterrorinthedual-lidarretrievalisthetemporal
under-samplingerror:theobservationsofvrofthetwoli-
darsmayeachcorrespondtoadifferentstateofuandwdue
toadifferenceinthetimeatwhichvrwasobservedbyeach
lidar.Utilizingvrvalueswhichdonotcorrespondtothesame
stateofuandwinrealitywillyieldretrieveduandwvalues
thatmaycorrespondtoneitherofthewindfieldssampledby
theindividuallidar.Themagnitudeofthetemporalunder-
samplingerrorisproportionaltotheabsolutevelocitydiffer-
enceintheflowfieldatthetwotimestepsthetwoindividual
lidarobtainedvr(Stawiarskietal.,2013).

σtime(1t)≈|vr1(t1)−vr2(t2)|(6)

Thetimedifference,1t=|t2−t1|,isdependentonthespatial
location(x,z)inthedual-lidarcross-section.InSect.4.2we
introduceaprocessingproceduretominimizethetemporal
under-samplingerrorusinginstantaneousRHIcross-sections
achievedfromtemporalinterpolationinsteadofsinglescans.
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3Retrievalofthetwo-dimensionalwindfield

Toretrievetheuandwwindcomponentsforanypoint(x,z)
inthelidarcross-sectionatdiscretepointsintime,wecom-
binepre-processedvrfields(seeSect.4)frombothlidars.
Thetemporalresolutionoftheretrievedcross-sectionsisthe
sameasthetemporalresolutionoftheutilizedvrfields.As
wesavethevrfieldsonceper1sorevenonceper0.5s(see
TintinTable3),wecanretrieveuandwfieldsatanylower
resolutionthatfitsthepurposeofinterest.Themethodology
toestimateuandwfromindependentvrobservationsand
theerrorsconnectedtothemethodaredocumentedinthe
twosubsectionsbelow.

3.1Retrievalprinciple

Atanyposition(x,z)withintheverticalcross-sectionof
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with(x,z)connectedtoθandrby
(x

z

)=r(cosθ
sinθ

)+(x0
z0

),(2)
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

vr1(r1,θ1)

vr2(r2,θ2)

·

·

vrn(rn,θn)


=



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cosθ2sinθ2
··

··

cosθnsinθn


(u

w

)(3)

Theequationsystemcanalsobewritteninvectorandmatrix
format.

vr=Nv(4)

IfmorethantwoindependentvrobservationsarewithinRto
constructtheequationsystem,itisover-constrained.Tosolve
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v̂=(N
T

N)−1
N
T
vr,(5)
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Itisalsopossibletoincorporatevrobservationswithina
temporalradius,Tr,aroundthepointofinterestintimeinto
theover-constrainedequationsystemdiscussedabove(see
Newsometal.,2008).Yet,theusageofTrratherrepresents
atemporalaverageoftheflowfieldandisnotmeaningful
whenusinginstantaneousRHIscanswhichresultfromthe
temporalinterpolation(seeSect.4.2).

3.2Retrievalerrorsanduncertainties

Thereareseveralsourcesoferrorsanduncertainties,which
needtobeconsideredfordual-lidarretrievals.Manyerrors
inthesingle-lidarobservationareprojectedandamplifiedin
theco-planar,dual-lidarretrieval,e.g.,lidar-specificuncorre-
latednoiseandsystematicerror,aswellasimpreciseazimuth
adjustmentorlevelingduringthelidarsetupandcalibration
(see,e.g.,Stawiarskietal.,2013).

Weattempttominimizeoravoidtheerrorsanderroram-
plificationsthatareconnectedtothedual-lidarretrieval.One
prominenterrorinthedual-lidarretrievalisthetemporal
under-samplingerror:theobservationsofvrofthetwoli-
darsmayeachcorrespondtoadifferentstateofuandwdue
toadifferenceinthetimeatwhichvrwasobservedbyeach
lidar.Utilizingvrvalueswhichdonotcorrespondtothesame
stateofuandwinrealitywillyieldretrieveduandwvalues
thatmaycorrespondtoneitherofthewindfieldssampledby
theindividuallidar.Themagnitudeofthetemporalunder-
samplingerrorisproportionaltotheabsolutevelocitydiffer-
enceintheflowfieldatthetwotimestepsthetwoindividual
lidarobtainedvr(Stawiarskietal.,2013).

σtime(1t)≈|vr1(t1)−vr2(t2)|(6)

Thetimedifference,1t=|t2−t1|,isdependentonthespatial
location(x,z)inthedual-lidarcross-section.InSect.4.2we
introduceaprocessingproceduretominimizethetemporal
under-samplingerrorusinginstantaneousRHIcross-sections
achievedfromtemporalinterpolationinsteadofsinglescans.
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A further reduction of this error can be related to the usage
of R and over-constrained equation systems to retrieve u and
w for each point on the Cartesian grid. Here, temporal errors
caused by small spatial displacement (withinR) between two
scans are averaged out.

For certain conditions the equation system (see Eq. 4) is
ill-posed. In the case that the angles θ1 and θ2 of the two in-
tersecting lidar beams are both close to horizontal or close to
vertical, the vr observations are not really independent. This
is the case for 1χ = |θ1− θ2|, which is either very small or
very large (see Fig. 2). When the two lidars are both point-
ing horizontally, the horizontal component dominates the vr
observations of both lidars and the retrieval error of w is am-
plified. In this case 1χ is either large (beams point towards
each other) or small (both beam point in the same direc-
tion horizontally). Mainly vertically pointing beams result in
small 1χ and will amplify the retrieval error of u. Yet, with
a sufficiently large 1x, which is the case for our setups, the
point at which the retrieval error of u becomes important is
located above the retrieval grid. The amplification of the re-
trieval error, depending on 1χ , is defined by the factor σamp
(see Stawiarski et al., 2013):

σ iamp = σamp · σ
i
=

1

sin2(1χ)
· σ i, (7)

where σ i is a placeholder for any single- or dual-lidar er-
ror (e.g., the temporal under-sampling error). We remove
all retrieved values of w that correspond to 1χ > 150◦ and
1χ < 30◦ to avoid strongly amplified single- and dual-lidar
errors in the retrieval, such as those errors discussed in the
paragraphs above.

Utilizing an over-constrained equation system enables
quantifying the uncertainty in the retrieved wind field. The
least-squares retrieval yields the best fit and hence a single
retrieved value û or ŵ. By projecting these retrieved û and ŵ
values back onto the LOS (see Eq. 1), which yields a single
value vr(û, ŵ) for each grid point (x,z), we can estimate the
root mean square error, RMSE (m s−1).

RMSE=

√√√√ 1
N

N∑
n=1

∣∣vr (θn, rn)− vr
(
û, v̂

)∣∣2 (8)

The RMSE is estimated on the basis of all N points of vr
within eachR. This metric is useful to identify regions where
processes are averaged over the area covered by R on the dis-
crete Cartesian retrieval grid or where the temporal interpo-
lation (Sect. 4.2) is not able to accurately restore the dynamic
behavior of the convective circulation.

4 Processing of dual-scanning lidar observations

Before combining the vr values from the two lidars into the u
and w wind components, the RHI scan data from individual

instruments require processing. In particular, the data need
to be filtered for noise and erroneous features. After filter-
ing, we apply temporal gap filling using interpolation by re-
placing discarded data points, and achieve instantaneous RHI
scans with an increased temporal resolution.

4.1 Radial velocity filtering

We apply vr data filtering to all utilized lidar scanning pat-
terns (RHI and DBS). In a first step, we remove all vr ob-
servations with absolute values exceeding 30 m s−1, as they
are unrealistically high for convective conditions. Further,
we have observed three types of problems with the data:
individual data points with noise; larger irregular “streak”
patterns in the RHI scans, which can be associated with
range-folded ambiguities as described by Bonin and Brewer
(2017); and irregular patterns, which result from interaction
with obstacles. For the retrieval (Sect. 3) to work, it is critical
to remove the areas with points that correspond to these erro-
neous features and large spatial patches of noise. We address
these problems by using the Density-Based Spatial Cluster-
ing of Applications with Noise (DBSCAN) algorithm, which
was previously used by Alcayaga (2020) to filter PPI scans
of Doppler lidar observations. In contrast to conventional fil-
ters, this clustering algorithm does not apply a fixed threshold
to either SNR or vr. Instead, the DBSCAN algorithm detects
clusters of dense data points characterized by both vr and
SNR. Therefore, it can distinguish between reasonable vr ob-
servations and noise in the same SNR range. This allows for
the recovery of reliable vr values for SNR values even below
−30 dB, which would be lost if the SNR threshold of−27 dB
that is suggested by the lidar manufacturer (Leosphere) were
applied.

We use the implementation of the DBSCAN algorithm in
the “scipy” Python package (Virtanen et al., 2020) to identify
clusters of data points in the SNR–vr space. Figure 3 displays
the application of the DBSCAN filter for one example RHI
scan obtained during the Starmoen campaign on 29 July 2022
starting at 14:20 UTC.

Here, vr is scattered against SNR and data points which are
identified as reasonable by the DBSCAN filter (dense scat-
terers) are highlighted in blue, while data points identified as
noise (rarefied scatterers) are displayed in grey. In addition,
we highlighted scatterers in mint that correspond to features
in the scan, though it should be noted that here these features
fall into the same rarefied DBSCAN cluster as the noise.

The DBSCAN algorithm clusters scatterers as dense (clus-
ter) or non-dense (noise) depending on a density radius, ε,
and minimum number of samples, nsample. Our criterion for
choosing a combination of ε and nsample was, apart from the
noise, that only one main cluster was identified and any sec-
ondary cluster needed to be separated from that main cluster
by at least 3ε. The same ε and nsample need to fulfill this cri-
terion for all scans of the same sample size and hence for all
scans using the same scan configuration. To determine the
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Afurtherreductionofthiserrorcanberelatedtotheusage
ofRandover-constrainedequationsystemstoretrieveuand
wforeachpointontheCartesiangrid.Here,temporalerrors
causedbysmallspatialdisplacement(withinR)betweentwo
scansareaveragedout.

Forcertainconditionstheequationsystem(seeEq.4)is
ill-posed.Inthecasethattheanglesθ1andθ2ofthetwoin-
tersectinglidarbeamsarebothclosetohorizontalorcloseto
vertical,thevrobservationsarenotreallyindependent.This
isthecasefor1χ=|θ1−θ2|,whichiseitherverysmallor
verylarge(seeFig.2).Whenthetwolidarsarebothpoint-
inghorizontally,thehorizontalcomponentdominatesthevr
observationsofbothlidarsandtheretrievalerrorofwisam-
plified.Inthiscase1χiseitherlarge(beamspointtowards
eachother)orsmall(bothbeampointinthesamedirec-
tionhorizontally).Mainlyverticallypointingbeamsresultin
small1χandwillamplifytheretrievalerrorofu.Yet,with
asufficientlylarge1x,whichisthecaseforoursetups,the
pointatwhichtheretrievalerrorofubecomesimportantis
locatedabovetheretrievalgrid.Theamplificationofthere-
trievalerror,dependingon1χ,isdefinedbythefactorσamp
(seeStawiarskietal.,2013):

σiamp=σamp·σ
i
=

1

sin2(1χ)
·σi,(7)

whereσiisaplaceholderforanysingle-ordual-lidarer-
ror(e.g.,thetemporalunder-samplingerror).Weremove
allretrievedvaluesofwthatcorrespondto1χ>150◦and
1χ<30◦toavoidstronglyamplifiedsingle-anddual-lidar
errorsintheretrieval,suchasthoseerrorsdiscussedinthe
paragraphsabove.

Utilizinganover-constrainedequationsystemenables
quantifyingtheuncertaintyintheretrievedwindfield.The
least-squaresretrievalyieldsthebestfitandhenceasingle
retrievedvalueûorˆw.Byprojectingtheseretrievedûandˆw
valuesbackontotheLOS(seeEq.1),whichyieldsasingle
valuevr(û,ˆw)foreachgridpoint(x,z),wecanestimatethe
rootmeansquareerror,RMSE(ms−1).

RMSE=

√√√√1
N

N∑
n=1

∣∣vr(θn,rn)−vr
(
û,v̂

)∣∣2(8)

TheRMSEisestimatedonthebasisofallNpointsofvr
withineachR.Thismetricisusefultoidentifyregionswhere
processesareaveragedovertheareacoveredbyRonthedis-
creteCartesianretrievalgridorwherethetemporalinterpo-
lation(Sect.4.2)isnotabletoaccuratelyrestorethedynamic
behavioroftheconvectivecirculation.

4Processingofdual-scanninglidarobservations

Beforecombiningthevrvaluesfromthetwolidarsintotheu
andwwindcomponents,theRHIscandatafromindividual

instrumentsrequireprocessing.Inparticular,thedataneed
tobefilteredfornoiseanderroneousfeatures.Afterfilter-
ing,weapplytemporalgapfillingusinginterpolationbyre-
placingdiscardeddatapoints,andachieveinstantaneousRHI
scanswithanincreasedtemporalresolution.

4.1Radialvelocityfiltering

Weapplyvrdatafilteringtoallutilizedlidarscanningpat-
terns(RHIandDBS).Inafirststep,weremoveallvrob-
servationswithabsolutevaluesexceeding30ms−1,asthey
areunrealisticallyhighforconvectiveconditions.Further,
wehaveobservedthreetypesofproblemswiththedata:
individualdatapointswithnoise;largerirregular“streak”
patternsintheRHIscans,whichcanbeassociatedwith
range-foldedambiguitiesasdescribedbyBoninandBrewer
(2017);andirregularpatterns,whichresultfrominteraction
withobstacles.Fortheretrieval(Sect.3)towork,itiscritical
toremovetheareaswithpointsthatcorrespondtotheseerro-
neousfeaturesandlargespatialpatchesofnoise.Weaddress
theseproblemsbyusingtheDensity-BasedSpatialCluster-
ingofApplicationswithNoise(DBSCAN)algorithm,which
waspreviouslyusedbyAlcayaga(2020)tofilterPPIscans
ofDopplerlidarobservations.Incontrasttoconventionalfil-
ters,thisclusteringalgorithmdoesnotapplyafixedthreshold
toeitherSNRorvr.Instead,theDBSCANalgorithmdetects
clustersofdensedatapointscharacterizedbybothvrand
SNR.Therefore,itcandistinguishbetweenreasonablevrob-
servationsandnoiseinthesameSNRrange.Thisallowsfor
therecoveryofreliablevrvaluesforSNRvaluesevenbelow
−30dB,whichwouldbelostiftheSNRthresholdof−27dB
thatissuggestedbythelidarmanufacturer(Leosphere)were
applied.

WeusetheimplementationoftheDBSCANalgorithmin
the“scipy”Pythonpackage(Virtanenetal.,2020)toidentify
clustersofdatapointsintheSNR–vrspace.Figure3displays
theapplicationoftheDBSCANfilterforoneexampleRHI
scanobtainedduringtheStarmoencampaignon29July2022
startingat14:20UTC.

Here,vrisscatteredagainstSNRanddatapointswhichare
identifiedasreasonablebytheDBSCANfilter(densescat-
terers)arehighlightedinblue,whiledatapointsidentifiedas
noise(rarefiedscatterers)aredisplayedingrey.Inaddition,
wehighlightedscatterersinmintthatcorrespondtofeatures
inthescan,thoughitshouldbenotedthatherethesefeatures
fallintothesamerarefiedDBSCANclusterasthenoise.

TheDBSCANalgorithmclustersscatterersasdense(clus-
ter)ornon-dense(noise)dependingonadensityradius,ε,
andminimumnumberofsamples,nsample.Ourcriterionfor
choosingacombinationofεandnsamplewas,apartfromthe
noise,thatonlyonemainclusterwasidentifiedandanysec-
ondaryclusterneededtobeseparatedfromthatmaincluster
byatleast3ε.Thesameεandnsampleneedtofulfillthiscri-
terionforallscansofthesamesamplesizeandhenceforall
scansusingthesamescanconfiguration.Todeterminethe

https://doi.org/10.5194/amt-16-5103-2023Atmos.Meas.Tech.,16,5103–5123,2023

C.Duschaetal.:Observingatmosphericconvectionwithdual-scanninglidars5109

Afurtherreductionofthiserrorcanberelatedtotheusage
ofRandover-constrainedequationsystemstoretrieveuand
wforeachpointontheCartesiangrid.Here,temporalerrors
causedbysmallspatialdisplacement(withinR)betweentwo
scansareaveragedout.

Forcertainconditionstheequationsystem(seeEq.4)is
ill-posed.Inthecasethattheanglesθ1andθ2ofthetwoin-
tersectinglidarbeamsarebothclosetohorizontalorcloseto
vertical,thevrobservationsarenotreallyindependent.This
isthecasefor1χ=|θ1−θ2|,whichiseitherverysmallor
verylarge(seeFig.2).Whenthetwolidarsarebothpoint-
inghorizontally,thehorizontalcomponentdominatesthevr
observationsofbothlidarsandtheretrievalerrorofwisam-
plified.Inthiscase1χiseitherlarge(beamspointtowards
eachother)orsmall(bothbeampointinthesamedirec-
tionhorizontally).Mainlyverticallypointingbeamsresultin
small1χandwillamplifytheretrievalerrorofu.Yet,with
asufficientlylarge1x,whichisthecaseforoursetups,the
pointatwhichtheretrievalerrorofubecomesimportantis
locatedabovetheretrievalgrid.Theamplificationofthere-
trievalerror,dependingon1χ,isdefinedbythefactorσamp
(seeStawiarskietal.,2013):

σiamp=σamp·σ
i
=

1

sin2(1χ)
·σi,(7)

whereσiisaplaceholderforanysingle-ordual-lidarer-
ror(e.g.,thetemporalunder-samplingerror).Weremove
allretrievedvaluesofwthatcorrespondto1χ>150◦and
1χ<30◦toavoidstronglyamplifiedsingle-anddual-lidar
errorsintheretrieval,suchasthoseerrorsdiscussedinthe
paragraphsabove.

Utilizinganover-constrainedequationsystemenables
quantifyingtheuncertaintyintheretrievedwindfield.The
least-squaresretrievalyieldsthebestfitandhenceasingle
retrievedvalueûorˆw.Byprojectingtheseretrievedûandˆw
valuesbackontotheLOS(seeEq.1),whichyieldsasingle
valuevr(û,ˆw)foreachgridpoint(x,z),wecanestimatethe
rootmeansquareerror,RMSE(ms−1).

RMSE=

√√√√1
N

N∑
n=1

∣∣vr(θn,rn)−vr
(
û,v̂

)∣∣2(8)

TheRMSEisestimatedonthebasisofallNpointsofvr
withineachR.Thismetricisusefultoidentifyregionswhere
processesareaveragedovertheareacoveredbyRonthedis-
creteCartesianretrievalgridorwherethetemporalinterpo-
lation(Sect.4.2)isnotabletoaccuratelyrestorethedynamic
behavioroftheconvectivecirculation.

4Processingofdual-scanninglidarobservations

Beforecombiningthevrvaluesfromthetwolidarsintotheu
andwwindcomponents,theRHIscandatafromindividual

instrumentsrequireprocessing.Inparticular,thedataneed
tobefilteredfornoiseanderroneousfeatures.Afterfilter-
ing,weapplytemporalgapfillingusinginterpolationbyre-
placingdiscardeddatapoints,andachieveinstantaneousRHI
scanswithanincreasedtemporalresolution.

4.1Radialvelocityfiltering

Weapplyvrdatafilteringtoallutilizedlidarscanningpat-
terns(RHIandDBS).Inafirststep,weremoveallvrob-
servationswithabsolutevaluesexceeding30ms−1,asthey
areunrealisticallyhighforconvectiveconditions.Further,
wehaveobservedthreetypesofproblemswiththedata:
individualdatapointswithnoise;largerirregular“streak”
patternsintheRHIscans,whichcanbeassociatedwith
range-foldedambiguitiesasdescribedbyBoninandBrewer
(2017);andirregularpatterns,whichresultfrominteraction
withobstacles.Fortheretrieval(Sect.3)towork,itiscritical
toremovetheareaswithpointsthatcorrespondtotheseerro-
neousfeaturesandlargespatialpatchesofnoise.Weaddress
theseproblemsbyusingtheDensity-BasedSpatialCluster-
ingofApplicationswithNoise(DBSCAN)algorithm,which
waspreviouslyusedbyAlcayaga(2020)tofilterPPIscans
ofDopplerlidarobservations.Incontrasttoconventionalfil-
ters,thisclusteringalgorithmdoesnotapplyafixedthreshold
toeitherSNRorvr.Instead,theDBSCANalgorithmdetects
clustersofdensedatapointscharacterizedbybothvrand
SNR.Therefore,itcandistinguishbetweenreasonablevrob-
servationsandnoiseinthesameSNRrange.Thisallowsfor
therecoveryofreliablevrvaluesforSNRvaluesevenbelow
−30dB,whichwouldbelostiftheSNRthresholdof−27dB
thatissuggestedbythelidarmanufacturer(Leosphere)were
applied.

WeusetheimplementationoftheDBSCANalgorithmin
the“scipy”Pythonpackage(Virtanenetal.,2020)toidentify
clustersofdatapointsintheSNR–vrspace.Figure3displays
theapplicationoftheDBSCANfilterforoneexampleRHI
scanobtainedduringtheStarmoencampaignon29July2022
startingat14:20UTC.

Here,vrisscatteredagainstSNRanddatapointswhichare
identifiedasreasonablebytheDBSCANfilter(densescat-
terers)arehighlightedinblue,whiledatapointsidentifiedas
noise(rarefiedscatterers)aredisplayedingrey.Inaddition,
wehighlightedscatterersinmintthatcorrespondtofeatures
inthescan,thoughitshouldbenotedthatherethesefeatures
fallintothesamerarefiedDBSCANclusterasthenoise.

TheDBSCANalgorithmclustersscatterersasdense(clus-
ter)ornon-dense(noise)dependingonadensityradius,ε,
andminimumnumberofsamples,nsample.Ourcriterionfor
choosingacombinationofεandnsamplewas,apartfromthe
noise,thatonlyonemainclusterwasidentifiedandanysec-
ondaryclusterneededtobeseparatedfromthatmaincluster
byatleast3ε.Thesameεandnsampleneedtofulfillthiscri-
terionforallscansofthesamesamplesizeandhenceforall
scansusingthesamescanconfiguration.Todeterminethe
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A further reduction of this error can be related to the usage
of R and over-constrained equation systems to retrieve u and
w for each point on the Cartesian grid. Here, temporal errors
caused by small spatial displacement (withinR) between two
scans are averaged out.

For certain conditions the equation system (see Eq. 4) is
ill-posed. In the case that the angles θ1 and θ2 of the two in-
tersecting lidar beams are both close to horizontal or close to
vertical, the vr observations are not really independent. This
is the case for 1χ = |θ1− θ2|, which is either very small or
very large (see Fig. 2). When the two lidars are both point-
ing horizontally, the horizontal component dominates the vr
observations of both lidars and the retrieval error of w is am-
plified. In this case 1χ is either large (beams point towards
each other) or small (both beam point in the same direc-
tion horizontally). Mainly vertically pointing beams result in
small 1χ and will amplify the retrieval error of u. Yet, with
a sufficiently large 1x, which is the case for our setups, the
point at which the retrieval error of u becomes important is
located above the retrieval grid. The amplification of the re-
trieval error, depending on 1χ , is defined by the factor σamp
(see Stawiarski et al., 2013):

σ
i
amp = σamp · σ

i
=

1

sin2(1χ)
· σ

i
, (7)

where σ
i

is a placeholder for any single- or dual-lidar er-
ror (e.g., the temporal under-sampling error). We remove
all retrieved values of w that correspond to 1χ > 150

◦
and

1χ < 30
◦

to avoid strongly amplified single- and dual-lidar
errors in the retrieval, such as those errors discussed in the
paragraphs above.

Utilizing an over-constrained equation system enables
quantifying the uncertainty in the retrieved wind field. The
least-squares retrieval yields the best fit and hence a single
retrieved value û or ŵ. By projecting these retrieved û and ŵ
values back onto the LOS (see Eq. 1), which yields a single
value vr(û, ŵ) for each grid point (x,z), we can estimate the
root mean square error, RMSE (m s

−1).

RMSE=

√√√√ 1
N

N∑
n=1

∣∣vr (θn, rn)− vr (û, v̂)∣∣2 (8)

The RMSE is estimated on the basis of all N points of vr
within eachR. This metric is useful to identify regions where
processes are averaged over the area covered by R on the dis-
crete Cartesian retrieval grid or where the temporal interpo-
lation (Sect. 4.2) is not able to accurately restore the dynamic
behavior of the convective circulation.

4 Processing of dual-scanning lidar observations

Before combining the vr values from the two lidars into the u
and w wind components, the RHI scan data from individual

instruments require processing. In particular, the data need
to be filtered for noise and erroneous features. After filter-
ing, we apply temporal gap filling using interpolation by re-
placing discarded data points, and achieve instantaneous RHI
scans with an increased temporal resolution.

4.1 Radial velocity filtering

We apply vr data filtering to all utilized lidar scanning pat-
terns (RHI and DBS). In a first step, we remove all vr ob-
servations with absolute values exceeding 30 m s

−1, as they
are unrealistically high for convective conditions. Further,
we have observed three types of problems with the data:
individual data points with noise; larger irregular “streak”
patterns in the RHI scans, which can be associated with
range-folded ambiguities as described by Bonin and Brewer
(2017); and irregular patterns, which result from interaction
with obstacles. For the retrieval (Sect. 3) to work, it is critical
to remove the areas with points that correspond to these erro-
neous features and large spatial patches of noise. We address
these problems by using the Density-Based Spatial Cluster-
ing of Applications with Noise (DBSCAN) algorithm, which
was previously used by Alcayaga (2020) to filter PPI scans
of Doppler lidar observations. In contrast to conventional fil-
ters, this clustering algorithm does not apply a fixed threshold
to either SNR or vr. Instead, the DBSCAN algorithm detects
clusters of dense data points characterized by both vr and
SNR. Therefore, it can distinguish between reasonable vr ob-
servations and noise in the same SNR range. This allows for
the recovery of reliable vr values for SNR values even below
−30 dB, which would be lost if the SNR threshold of−27 dB
that is suggested by the lidar manufacturer (Leosphere) were
applied.

We use the implementation of the DBSCAN algorithm in
the “scipy” Python package (Virtanen et al., 2020) to identify
clusters of data points in the SNR–vr space. Figure 3 displays
the application of the DBSCAN filter for one example RHI
scan obtained during the Starmoen campaign on 29 July 2022
starting at 14:20 UTC.

Here, vr is scattered against SNR and data points which are
identified as reasonable by the DBSCAN filter (dense scat-
terers) are highlighted in blue, while data points identified as
noise (rarefied scatterers) are displayed in grey. In addition,
we highlighted scatterers in mint that correspond to features
in the scan, though it should be noted that here these features
fall into the same rarefied DBSCAN cluster as the noise.

The DBSCAN algorithm clusters scatterers as dense (clus-
ter) or non-dense (noise) depending on a density radius, ε,
and minimum number of samples, nsample. Our criterion for
choosing a combination of ε and nsample was, apart from the
noise, that only one main cluster was identified and any sec-
ondary cluster needed to be separated from that main cluster
by at least 3ε. The same ε and nsample need to fulfill this cri-
terion for all scans of the same sample size and hence for all
scans using the same scan configuration. To determine the
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A further reduction of this error can be related to the usage
of R and over-constrained equation systems to retrieve u and
w for each point on the Cartesian grid. Here, temporal errors
caused by small spatial displacement (withinR) between two
scans are averaged out.

For certain conditions the equation system (see Eq. 4) is
ill-posed. In the case that the angles θ1 and θ2 of the two in-
tersecting lidar beams are both close to horizontal or close to
vertical, the vr observations are not really independent. This
is the case for 1χ = |θ1− θ2|, which is either very small or
very large (see Fig. 2). When the two lidars are both point-
ing horizontally, the horizontal component dominates the vr
observations of both lidars and the retrieval error of w is am-
plified. In this case 1χ is either large (beams point towards
each other) or small (both beam point in the same direc-
tion horizontally). Mainly vertically pointing beams result in
small 1χ and will amplify the retrieval error of u. Yet, with
a sufficiently large 1x, which is the case for our setups, the
point at which the retrieval error of u becomes important is
located above the retrieval grid. The amplification of the re-
trieval error, depending on 1χ , is defined by the factor σamp
(see Stawiarski et al., 2013):

σ
i
amp = σamp · σ

i
=

1

sin2(1χ)
· σ

i
, (7)

where σ
i

is a placeholder for any single- or dual-lidar er-
ror (e.g., the temporal under-sampling error). We remove
all retrieved values of w that correspond to 1χ > 150

◦
and

1χ < 30
◦

to avoid strongly amplified single- and dual-lidar
errors in the retrieval, such as those errors discussed in the
paragraphs above.

Utilizing an over-constrained equation system enables
quantifying the uncertainty in the retrieved wind field. The
least-squares retrieval yields the best fit and hence a single
retrieved value û or ŵ. By projecting these retrieved û and ŵ
values back onto the LOS (see Eq. 1), which yields a single
value vr(û, ŵ) for each grid point (x,z), we can estimate the
root mean square error, RMSE (m s

−1).

RMSE=

√√√√ 1
N

N∑
n=1

∣∣vr (θn, rn)− vr (û, v̂)∣∣2 (8)

The RMSE is estimated on the basis of all N points of vr
within eachR. This metric is useful to identify regions where
processes are averaged over the area covered by R on the dis-
crete Cartesian retrieval grid or where the temporal interpo-
lation (Sect. 4.2) is not able to accurately restore the dynamic
behavior of the convective circulation.

4 Processing of dual-scanning lidar observations

Before combining the vr values from the two lidars into the u
and w wind components, the RHI scan data from individual

instruments require processing. In particular, the data need
to be filtered for noise and erroneous features. After filter-
ing, we apply temporal gap filling using interpolation by re-
placing discarded data points, and achieve instantaneous RHI
scans with an increased temporal resolution.

4.1 Radial velocity filtering

We apply vr data filtering to all utilized lidar scanning pat-
terns (RHI and DBS). In a first step, we remove all vr ob-
servations with absolute values exceeding 30 m s

−1, as they
are unrealistically high for convective conditions. Further,
we have observed three types of problems with the data:
individual data points with noise; larger irregular “streak”
patterns in the RHI scans, which can be associated with
range-folded ambiguities as described by Bonin and Brewer
(2017); and irregular patterns, which result from interaction
with obstacles. For the retrieval (Sect. 3) to work, it is critical
to remove the areas with points that correspond to these erro-
neous features and large spatial patches of noise. We address
these problems by using the Density-Based Spatial Cluster-
ing of Applications with Noise (DBSCAN) algorithm, which
was previously used by Alcayaga (2020) to filter PPI scans
of Doppler lidar observations. In contrast to conventional fil-
ters, this clustering algorithm does not apply a fixed threshold
to either SNR or vr. Instead, the DBSCAN algorithm detects
clusters of dense data points characterized by both vr and
SNR. Therefore, it can distinguish between reasonable vr ob-
servations and noise in the same SNR range. This allows for
the recovery of reliable vr values for SNR values even below
−30 dB, which would be lost if the SNR threshold of−27 dB
that is suggested by the lidar manufacturer (Leosphere) were
applied.

We use the implementation of the DBSCAN algorithm in
the “scipy” Python package (Virtanen et al., 2020) to identify
clusters of data points in the SNR–vr space. Figure 3 displays
the application of the DBSCAN filter for one example RHI
scan obtained during the Starmoen campaign on 29 July 2022
starting at 14:20 UTC.

Here, vr is scattered against SNR and data points which are
identified as reasonable by the DBSCAN filter (dense scat-
terers) are highlighted in blue, while data points identified as
noise (rarefied scatterers) are displayed in grey. In addition,
we highlighted scatterers in mint that correspond to features
in the scan, though it should be noted that here these features
fall into the same rarefied DBSCAN cluster as the noise.

The DBSCAN algorithm clusters scatterers as dense (clus-
ter) or non-dense (noise) depending on a density radius, ε,
and minimum number of samples, nsample. Our criterion for
choosing a combination of ε and nsample was, apart from the
noise, that only one main cluster was identified and any sec-
ondary cluster needed to be separated from that main cluster
by at least 3ε. The same ε and nsample need to fulfill this cri-
terion for all scans of the same sample size and hence for all
scans using the same scan configuration. To determine the
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Afurtherreductionofthiserrorcanberelatedtotheusage
ofRandover-constrainedequationsystemstoretrieveuand
wforeachpointontheCartesiangrid.Here,temporalerrors
causedbysmallspatialdisplacement(withinR)betweentwo
scansareaveragedout.

Forcertainconditionstheequationsystem(seeEq.4)is
ill-posed.Inthecasethattheanglesθ1andθ2ofthetwoin-
tersectinglidarbeamsarebothclosetohorizontalorcloseto
vertical,thevrobservationsarenotreallyindependent.This
isthecasefor1χ=|θ1−θ2|,whichiseitherverysmallor
verylarge(seeFig.2).Whenthetwolidarsarebothpoint-
inghorizontally,thehorizontalcomponentdominatesthevr
observationsofbothlidarsandtheretrievalerrorofwisam-
plified.Inthiscase1χiseitherlarge(beamspointtowards
eachother)orsmall(bothbeampointinthesamedirec-
tionhorizontally).Mainlyverticallypointingbeamsresultin
small1χandwillamplifytheretrievalerrorofu.Yet,with
asufficientlylarge1x,whichisthecaseforoursetups,the
pointatwhichtheretrievalerrorofubecomesimportantis
locatedabovetheretrievalgrid.Theamplificationofthere-
trievalerror,dependingon1χ,isdefinedbythefactorσamp
(seeStawiarskietal.,2013):

σ
i
amp=σamp·σ

i
=

1

sin2(1χ)
·σ

i
,(7)

whereσ
i

isaplaceholderforanysingle-ordual-lidarer-
ror(e.g.,thetemporalunder-samplingerror).Weremove
allretrievedvaluesofwthatcorrespondto1χ>150

◦
and

1χ<30
◦

toavoidstronglyamplifiedsingle-anddual-lidar
errorsintheretrieval,suchasthoseerrorsdiscussedinthe
paragraphsabove.

Utilizinganover-constrainedequationsystemenables
quantifyingtheuncertaintyintheretrievedwindfield.The
least-squaresretrievalyieldsthebestfitandhenceasingle
retrievedvalueûorŵ.Byprojectingtheseretrievedûandŵ
valuesbackontotheLOS(seeEq.1),whichyieldsasingle
valuevr(û,ŵ)foreachgridpoint(x,z),wecanestimatethe
rootmeansquareerror,RMSE(ms

−1).

RMSE=

√√√√1
N

N∑
n=1

∣∣vr(θn,rn)−vr(û,v̂)∣∣2(8)

TheRMSEisestimatedonthebasisofallNpointsofvr
withineachR.Thismetricisusefultoidentifyregionswhere
processesareaveragedovertheareacoveredbyRonthedis-
creteCartesianretrievalgridorwherethetemporalinterpo-
lation(Sect.4.2)isnotabletoaccuratelyrestorethedynamic
behavioroftheconvectivecirculation.

4Processingofdual-scanninglidarobservations

Beforecombiningthevrvaluesfromthetwolidarsintotheu
andwwindcomponents,theRHIscandatafromindividual

instrumentsrequireprocessing.Inparticular,thedataneed
tobefilteredfornoiseanderroneousfeatures.Afterfilter-
ing,weapplytemporalgapfillingusinginterpolationbyre-
placingdiscardeddatapoints,andachieveinstantaneousRHI
scanswithanincreasedtemporalresolution.

4.1Radialvelocityfiltering

Weapplyvrdatafilteringtoallutilizedlidarscanningpat-
terns(RHIandDBS).Inafirststep,weremoveallvrob-
servationswithabsolutevaluesexceeding30ms

−1,asthey
areunrealisticallyhighforconvectiveconditions.Further,
wehaveobservedthreetypesofproblemswiththedata:
individualdatapointswithnoise;largerirregular“streak”
patternsintheRHIscans,whichcanbeassociatedwith
range-foldedambiguitiesasdescribedbyBoninandBrewer
(2017);andirregularpatterns,whichresultfrominteraction
withobstacles.Fortheretrieval(Sect.3)towork,itiscritical
toremovetheareaswithpointsthatcorrespondtotheseerro-
neousfeaturesandlargespatialpatchesofnoise.Weaddress
theseproblemsbyusingtheDensity-BasedSpatialCluster-
ingofApplicationswithNoise(DBSCAN)algorithm,which
waspreviouslyusedbyAlcayaga(2020)tofilterPPIscans
ofDopplerlidarobservations.Incontrasttoconventionalfil-
ters,thisclusteringalgorithmdoesnotapplyafixedthreshold
toeitherSNRorvr.Instead,theDBSCANalgorithmdetects
clustersofdensedatapointscharacterizedbybothvrand
SNR.Therefore,itcandistinguishbetweenreasonablevrob-
servationsandnoiseinthesameSNRrange.Thisallowsfor
therecoveryofreliablevrvaluesforSNRvaluesevenbelow
−30dB,whichwouldbelostiftheSNRthresholdof−27dB
thatissuggestedbythelidarmanufacturer(Leosphere)were
applied.

WeusetheimplementationoftheDBSCANalgorithmin
the“scipy”Pythonpackage(Virtanenetal.,2020)toidentify
clustersofdatapointsintheSNR–vrspace.Figure3displays
theapplicationoftheDBSCANfilterforoneexampleRHI
scanobtainedduringtheStarmoencampaignon29July2022
startingat14:20UTC.

Here,vrisscatteredagainstSNRanddatapointswhichare
identifiedasreasonablebytheDBSCANfilter(densescat-
terers)arehighlightedinblue,whiledatapointsidentifiedas
noise(rarefiedscatterers)aredisplayedingrey.Inaddition,
wehighlightedscatterersinmintthatcorrespondtofeatures
inthescan,thoughitshouldbenotedthatherethesefeatures
fallintothesamerarefiedDBSCANclusterasthenoise.

TheDBSCANalgorithmclustersscatterersasdense(clus-
ter)ornon-dense(noise)dependingonadensityradius,ε,
andminimumnumberofsamples,nsample.Ourcriterionfor
choosingacombinationofεandnsamplewas,apartfromthe
noise,thatonlyonemainclusterwasidentifiedandanysec-
ondaryclusterneededtobeseparatedfromthatmaincluster
byatleast3ε.Thesameεandnsampleneedtofulfillthiscri-
terionforallscansofthesamesamplesizeandhenceforall
scansusingthesamescanconfiguration.Todeterminethe
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Afurtherreductionofthiserrorcanberelatedtotheusage
ofRandover-constrainedequationsystemstoretrieveuand
wforeachpointontheCartesiangrid.Here,temporalerrors
causedbysmallspatialdisplacement(withinR)betweentwo
scansareaveragedout.

Forcertainconditionstheequationsystem(seeEq.4)is
ill-posed.Inthecasethattheanglesθ1andθ2ofthetwoin-
tersectinglidarbeamsarebothclosetohorizontalorcloseto
vertical,thevrobservationsarenotreallyindependent.This
isthecasefor1χ=|θ1−θ2|,whichiseitherverysmallor
verylarge(seeFig.2).Whenthetwolidarsarebothpoint-
inghorizontally,thehorizontalcomponentdominatesthevr
observationsofbothlidarsandtheretrievalerrorofwisam-
plified.Inthiscase1χiseitherlarge(beamspointtowards
eachother)orsmall(bothbeampointinthesamedirec-
tionhorizontally).Mainlyverticallypointingbeamsresultin
small1χandwillamplifytheretrievalerrorofu.Yet,with
asufficientlylarge1x,whichisthecaseforoursetups,the
pointatwhichtheretrievalerrorofubecomesimportantis
locatedabovetheretrievalgrid.Theamplificationofthere-
trievalerror,dependingon1χ,isdefinedbythefactorσamp
(seeStawiarskietal.,2013):

σ
i
amp=σamp·σ

i
=

1

sin2(1χ)
·σ

i
,(7)

whereσ
i

isaplaceholderforanysingle-ordual-lidarer-
ror(e.g.,thetemporalunder-samplingerror).Weremove
allretrievedvaluesofwthatcorrespondto1χ>150

◦
and

1χ<30
◦

toavoidstronglyamplifiedsingle-anddual-lidar
errorsintheretrieval,suchasthoseerrorsdiscussedinthe
paragraphsabove.

Utilizinganover-constrainedequationsystemenables
quantifyingtheuncertaintyintheretrievedwindfield.The
least-squaresretrievalyieldsthebestfitandhenceasingle
retrievedvalueûorŵ.Byprojectingtheseretrievedûandŵ
valuesbackontotheLOS(seeEq.1),whichyieldsasingle
valuevr(û,ŵ)foreachgridpoint(x,z),wecanestimatethe
rootmeansquareerror,RMSE(ms

−1).

RMSE=

√√√√1
N

N∑
n=1

∣∣vr(θn,rn)−vr(û,v̂)∣∣2(8)

TheRMSEisestimatedonthebasisofallNpointsofvr
withineachR.Thismetricisusefultoidentifyregionswhere
processesareaveragedovertheareacoveredbyRonthedis-
creteCartesianretrievalgridorwherethetemporalinterpo-
lation(Sect.4.2)isnotabletoaccuratelyrestorethedynamic
behavioroftheconvectivecirculation.

4Processingofdual-scanninglidarobservations

Beforecombiningthevrvaluesfromthetwolidarsintotheu
andwwindcomponents,theRHIscandatafromindividual

instrumentsrequireprocessing.Inparticular,thedataneed
tobefilteredfornoiseanderroneousfeatures.Afterfilter-
ing,weapplytemporalgapfillingusinginterpolationbyre-
placingdiscardeddatapoints,andachieveinstantaneousRHI
scanswithanincreasedtemporalresolution.

4.1Radialvelocityfiltering

Weapplyvrdatafilteringtoallutilizedlidarscanningpat-
terns(RHIandDBS).Inafirststep,weremoveallvrob-
servationswithabsolutevaluesexceeding30ms

−1,asthey
areunrealisticallyhighforconvectiveconditions.Further,
wehaveobservedthreetypesofproblemswiththedata:
individualdatapointswithnoise;largerirregular“streak”
patternsintheRHIscans,whichcanbeassociatedwith
range-foldedambiguitiesasdescribedbyBoninandBrewer
(2017);andirregularpatterns,whichresultfrominteraction
withobstacles.Fortheretrieval(Sect.3)towork,itiscritical
toremovetheareaswithpointsthatcorrespondtotheseerro-
neousfeaturesandlargespatialpatchesofnoise.Weaddress
theseproblemsbyusingtheDensity-BasedSpatialCluster-
ingofApplicationswithNoise(DBSCAN)algorithm,which
waspreviouslyusedbyAlcayaga(2020)tofilterPPIscans
ofDopplerlidarobservations.Incontrasttoconventionalfil-
ters,thisclusteringalgorithmdoesnotapplyafixedthreshold
toeitherSNRorvr.Instead,theDBSCANalgorithmdetects
clustersofdensedatapointscharacterizedbybothvrand
SNR.Therefore,itcandistinguishbetweenreasonablevrob-
servationsandnoiseinthesameSNRrange.Thisallowsfor
therecoveryofreliablevrvaluesforSNRvaluesevenbelow
−30dB,whichwouldbelostiftheSNRthresholdof−27dB
thatissuggestedbythelidarmanufacturer(Leosphere)were
applied.

WeusetheimplementationoftheDBSCANalgorithmin
the“scipy”Pythonpackage(Virtanenetal.,2020)toidentify
clustersofdatapointsintheSNR–vrspace.Figure3displays
theapplicationoftheDBSCANfilterforoneexampleRHI
scanobtainedduringtheStarmoencampaignon29July2022
startingat14:20UTC.

Here,vrisscatteredagainstSNRanddatapointswhichare
identifiedasreasonablebytheDBSCANfilter(densescat-
terers)arehighlightedinblue,whiledatapointsidentifiedas
noise(rarefiedscatterers)aredisplayedingrey.Inaddition,
wehighlightedscatterersinmintthatcorrespondtofeatures
inthescan,thoughitshouldbenotedthatherethesefeatures
fallintothesamerarefiedDBSCANclusterasthenoise.

TheDBSCANalgorithmclustersscatterersasdense(clus-
ter)ornon-dense(noise)dependingonadensityradius,ε,
andminimumnumberofsamples,nsample.Ourcriterionfor
choosingacombinationofεandnsamplewas,apartfromthe
noise,thatonlyonemainclusterwasidentifiedandanysec-
ondaryclusterneededtobeseparatedfromthatmaincluster
byatleast3ε.Thesameεandnsampleneedtofulfillthiscri-
terionforallscansofthesamesamplesizeandhenceforall
scansusingthesamescanconfiguration.Todeterminethe
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Afurtherreductionofthiserrorcanberelatedtotheusage
ofRandover-constrainedequationsystemstoretrieveuand
wforeachpointontheCartesiangrid.Here,temporalerrors
causedbysmallspatialdisplacement(withinR)betweentwo
scansareaveragedout.

Forcertainconditionstheequationsystem(seeEq.4)is
ill-posed.Inthecasethattheanglesθ1andθ2ofthetwoin-
tersectinglidarbeamsarebothclosetohorizontalorcloseto
vertical,thevrobservationsarenotreallyindependent.This
isthecasefor1χ=|θ1−θ2|,whichiseitherverysmallor
verylarge(seeFig.2).Whenthetwolidarsarebothpoint-
inghorizontally,thehorizontalcomponentdominatesthevr
observationsofbothlidarsandtheretrievalerrorofwisam-
plified.Inthiscase1χiseitherlarge(beamspointtowards
eachother)orsmall(bothbeampointinthesamedirec-
tionhorizontally).Mainlyverticallypointingbeamsresultin
small1χandwillamplifytheretrievalerrorofu.Yet,with
asufficientlylarge1x,whichisthecaseforoursetups,the
pointatwhichtheretrievalerrorofubecomesimportantis
locatedabovetheretrievalgrid.Theamplificationofthere-
trievalerror,dependingon1χ,isdefinedbythefactorσamp
(seeStawiarskietal.,2013):

σ
i
amp=σamp·σ

i
=
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sin2(1χ)
·σ

i
,(7)

whereσ
i

isaplaceholderforanysingle-ordual-lidarer-
ror(e.g.,thetemporalunder-samplingerror).Weremove
allretrievedvaluesofwthatcorrespondto1χ>150

◦
and

1χ<30
◦

toavoidstronglyamplifiedsingle-anddual-lidar
errorsintheretrieval,suchasthoseerrorsdiscussedinthe
paragraphsabove.

Utilizinganover-constrainedequationsystemenables
quantifyingtheuncertaintyintheretrievedwindfield.The
least-squaresretrievalyieldsthebestfitandhenceasingle
retrievedvalueûorŵ.Byprojectingtheseretrievedûandŵ
valuesbackontotheLOS(seeEq.1),whichyieldsasingle
valuevr(û,ŵ)foreachgridpoint(x,z),wecanestimatethe
rootmeansquareerror,RMSE(ms

−1).

RMSE=

√√√√1
N

N∑
n=1

∣∣vr(θn,rn)−vr(û,v̂)∣∣2(8)

TheRMSEisestimatedonthebasisofallNpointsofvr
withineachR.Thismetricisusefultoidentifyregionswhere
processesareaveragedovertheareacoveredbyRonthedis-
creteCartesianretrievalgridorwherethetemporalinterpo-
lation(Sect.4.2)isnotabletoaccuratelyrestorethedynamic
behavioroftheconvectivecirculation.

4Processingofdual-scanninglidarobservations

Beforecombiningthevrvaluesfromthetwolidarsintotheu
andwwindcomponents,theRHIscandatafromindividual

instrumentsrequireprocessing.Inparticular,thedataneed
tobefilteredfornoiseanderroneousfeatures.Afterfilter-
ing,weapplytemporalgapfillingusinginterpolationbyre-
placingdiscardeddatapoints,andachieveinstantaneousRHI
scanswithanincreasedtemporalresolution.

4.1Radialvelocityfiltering

Weapplyvrdatafilteringtoallutilizedlidarscanningpat-
terns(RHIandDBS).Inafirststep,weremoveallvrob-
servationswithabsolutevaluesexceeding30ms

−1,asthey
areunrealisticallyhighforconvectiveconditions.Further,
wehaveobservedthreetypesofproblemswiththedata:
individualdatapointswithnoise;largerirregular“streak”
patternsintheRHIscans,whichcanbeassociatedwith
range-foldedambiguitiesasdescribedbyBoninandBrewer
(2017);andirregularpatterns,whichresultfrominteraction
withobstacles.Fortheretrieval(Sect.3)towork,itiscritical
toremovetheareaswithpointsthatcorrespondtotheseerro-
neousfeaturesandlargespatialpatchesofnoise.Weaddress
theseproblemsbyusingtheDensity-BasedSpatialCluster-
ingofApplicationswithNoise(DBSCAN)algorithm,which
waspreviouslyusedbyAlcayaga(2020)tofilterPPIscans
ofDopplerlidarobservations.Incontrasttoconventionalfil-
ters,thisclusteringalgorithmdoesnotapplyafixedthreshold
toeitherSNRorvr.Instead,theDBSCANalgorithmdetects
clustersofdensedatapointscharacterizedbybothvrand
SNR.Therefore,itcandistinguishbetweenreasonablevrob-
servationsandnoiseinthesameSNRrange.Thisallowsfor
therecoveryofreliablevrvaluesforSNRvaluesevenbelow
−30dB,whichwouldbelostiftheSNRthresholdof−27dB
thatissuggestedbythelidarmanufacturer(Leosphere)were
applied.

WeusetheimplementationoftheDBSCANalgorithmin
the“scipy”Pythonpackage(Virtanenetal.,2020)toidentify
clustersofdatapointsintheSNR–vrspace.Figure3displays
theapplicationoftheDBSCANfilterforoneexampleRHI
scanobtainedduringtheStarmoencampaignon29July2022
startingat14:20UTC.

Here,vrisscatteredagainstSNRanddatapointswhichare
identifiedasreasonablebytheDBSCANfilter(densescat-
terers)arehighlightedinblue,whiledatapointsidentifiedas
noise(rarefiedscatterers)aredisplayedingrey.Inaddition,
wehighlightedscatterersinmintthatcorrespondtofeatures
inthescan,thoughitshouldbenotedthatherethesefeatures
fallintothesamerarefiedDBSCANclusterasthenoise.

TheDBSCANalgorithmclustersscatterersasdense(clus-
ter)ornon-dense(noise)dependingonadensityradius,ε,
andminimumnumberofsamples,nsample.Ourcriterionfor
choosingacombinationofεandnsamplewas,apartfromthe
noise,thatonlyonemainclusterwasidentifiedandanysec-
ondaryclusterneededtobeseparatedfromthatmaincluster
byatleast3ε.Thesameεandnsampleneedtofulfillthiscri-
terionforallscansofthesamesamplesizeandhenceforall
scansusingthesamescanconfiguration.Todeterminethe
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Afurtherreductionofthiserrorcanberelatedtotheusage
ofRandover-constrainedequationsystemstoretrieveuand
wforeachpointontheCartesiangrid.Here,temporalerrors
causedbysmallspatialdisplacement(withinR)betweentwo
scansareaveragedout.

Forcertainconditionstheequationsystem(seeEq.4)is
ill-posed.Inthecasethattheanglesθ1andθ2ofthetwoin-
tersectinglidarbeamsarebothclosetohorizontalorcloseto
vertical,thevrobservationsarenotreallyindependent.This
isthecasefor1χ=|θ1−θ2|,whichiseitherverysmallor
verylarge(seeFig.2).Whenthetwolidarsarebothpoint-
inghorizontally,thehorizontalcomponentdominatesthevr
observationsofbothlidarsandtheretrievalerrorofwisam-
plified.Inthiscase1χiseitherlarge(beamspointtowards
eachother)orsmall(bothbeampointinthesamedirec-
tionhorizontally).Mainlyverticallypointingbeamsresultin
small1χandwillamplifytheretrievalerrorofu.Yet,with
asufficientlylarge1x,whichisthecaseforoursetups,the
pointatwhichtheretrievalerrorofubecomesimportantis
locatedabovetheretrievalgrid.Theamplificationofthere-
trievalerror,dependingon1χ,isdefinedbythefactorσamp
(seeStawiarskietal.,2013):

σ
i
amp=σamp·σ

i
=

1

sin2(1χ)
·σ

i
,(7)

whereσ
i

isaplaceholderforanysingle-ordual-lidarer-
ror(e.g.,thetemporalunder-samplingerror).Weremove
allretrievedvaluesofwthatcorrespondto1χ>150

◦
and

1χ<30
◦

toavoidstronglyamplifiedsingle-anddual-lidar
errorsintheretrieval,suchasthoseerrorsdiscussedinthe
paragraphsabove.

Utilizinganover-constrainedequationsystemenables
quantifyingtheuncertaintyintheretrievedwindfield.The
least-squaresretrievalyieldsthebestfitandhenceasingle
retrievedvalueûorŵ.Byprojectingtheseretrievedûandŵ
valuesbackontotheLOS(seeEq.1),whichyieldsasingle
valuevr(û,ŵ)foreachgridpoint(x,z),wecanestimatethe
rootmeansquareerror,RMSE(ms

−1).

RMSE=

√√√√1
N

N∑
n=1

∣∣vr(θn,rn)−vr(û,v̂)∣∣2(8)

TheRMSEisestimatedonthebasisofallNpointsofvr
withineachR.Thismetricisusefultoidentifyregionswhere
processesareaveragedovertheareacoveredbyRonthedis-
creteCartesianretrievalgridorwherethetemporalinterpo-
lation(Sect.4.2)isnotabletoaccuratelyrestorethedynamic
behavioroftheconvectivecirculation.

4Processingofdual-scanninglidarobservations

Beforecombiningthevrvaluesfromthetwolidarsintotheu
andwwindcomponents,theRHIscandatafromindividual

instrumentsrequireprocessing.Inparticular,thedataneed
tobefilteredfornoiseanderroneousfeatures.Afterfilter-
ing,weapplytemporalgapfillingusinginterpolationbyre-
placingdiscardeddatapoints,andachieveinstantaneousRHI
scanswithanincreasedtemporalresolution.

4.1Radialvelocityfiltering

Weapplyvrdatafilteringtoallutilizedlidarscanningpat-
terns(RHIandDBS).Inafirststep,weremoveallvrob-
servationswithabsolutevaluesexceeding30ms

−1,asthey
areunrealisticallyhighforconvectiveconditions.Further,
wehaveobservedthreetypesofproblemswiththedata:
individualdatapointswithnoise;largerirregular“streak”
patternsintheRHIscans,whichcanbeassociatedwith
range-foldedambiguitiesasdescribedbyBoninandBrewer
(2017);andirregularpatterns,whichresultfrominteraction
withobstacles.Fortheretrieval(Sect.3)towork,itiscritical
toremovetheareaswithpointsthatcorrespondtotheseerro-
neousfeaturesandlargespatialpatchesofnoise.Weaddress
theseproblemsbyusingtheDensity-BasedSpatialCluster-
ingofApplicationswithNoise(DBSCAN)algorithm,which
waspreviouslyusedbyAlcayaga(2020)tofilterPPIscans
ofDopplerlidarobservations.Incontrasttoconventionalfil-
ters,thisclusteringalgorithmdoesnotapplyafixedthreshold
toeitherSNRorvr.Instead,theDBSCANalgorithmdetects
clustersofdensedatapointscharacterizedbybothvrand
SNR.Therefore,itcandistinguishbetweenreasonablevrob-
servationsandnoiseinthesameSNRrange.Thisallowsfor
therecoveryofreliablevrvaluesforSNRvaluesevenbelow
−30dB,whichwouldbelostiftheSNRthresholdof−27dB
thatissuggestedbythelidarmanufacturer(Leosphere)were
applied.

WeusetheimplementationoftheDBSCANalgorithmin
the“scipy”Pythonpackage(Virtanenetal.,2020)toidentify
clustersofdatapointsintheSNR–vrspace.Figure3displays
theapplicationoftheDBSCANfilterforoneexampleRHI
scanobtainedduringtheStarmoencampaignon29July2022
startingat14:20UTC.

Here,vrisscatteredagainstSNRanddatapointswhichare
identifiedasreasonablebytheDBSCANfilter(densescat-
terers)arehighlightedinblue,whiledatapointsidentifiedas
noise(rarefiedscatterers)aredisplayedingrey.Inaddition,
wehighlightedscatterersinmintthatcorrespondtofeatures
inthescan,thoughitshouldbenotedthatherethesefeatures
fallintothesamerarefiedDBSCANclusterasthenoise.

TheDBSCANalgorithmclustersscatterersasdense(clus-
ter)ornon-dense(noise)dependingonadensityradius,ε,
andminimumnumberofsamples,nsample.Ourcriterionfor
choosingacombinationofεandnsamplewas,apartfromthe
noise,thatonlyonemainclusterwasidentifiedandanysec-
ondaryclusterneededtobeseparatedfromthatmaincluster
byatleast3ε.Thesameεandnsampleneedtofulfillthiscri-
terionforallscansofthesamesamplesizeandhenceforall
scansusingthesamescanconfiguration.Todeterminethe
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Figure 3. Scatter of vr against SNR, with a DBSCAN-identified
cluster of dense scatterers (valid vr) marked in blue, rarefied scat-
terers (noise) marked in grey, and rarefied scatterers correspond-
ing to features marked in mint. The number of points (and the
percentage relative to all data) classified as noise (Nnoise, grey), fea-
tures (Nfeatures, mint), and clusters of reasonable points (Ncluster,
blue) are documented in the upper left corner. The dashed red line
indicates the −27 dB SNR threshold. Values of vr corresponding to
SNR values below this line are discarded by the SNR filter. NSNR
(red) corresponds to the number of points (and percentage relative
to all data) recovered by the SNR filter, while Ncluster>−27 dB (blue)
andNnoise>−27 dB (grey) correspond to the number of scatterers (and
percentage relative to all data) recovered by the SNR filter but at-
tributed to the points corresponding to noise and reasonable values
by the DBSCAN filter, respectively.

parameters for each scan configuration, we kept ε constant
and adjusted nsample according to the change in absolute sam-
ple size. For RHI scans the DBSCAN algorithm with cor-
responding ε and nsample was applied to each cross-section
individually, while for the DBS scans, the DBSCAN algo-
rithm was applied to the 10 min time series of each beam
direction individually. Specific to the number of points sam-
pled in the RHI scan presented here, we apply ε = 0.6 and
nsample = 150.

For the example displayed in Fig. 3, the DBSCAN algo-
rithm identifies a cluster of vr values as reasonable, which
makes up 62 % of the observed data points. The remain-
ing 38 % of the data points are classified as noise (36 %)
or features (2 %), such as range-folded ambiguities (Bonin
and Brewer, 2017), obstacles, and clouds. The majority of
noise identified by the DBSCAN algorithm (31 %) is evident
just below SNR=−27 dB, where vr fluctuates ±30 m s−1.
In order to remove noise from the vr data the conventional
SNR threshold is therefore reasonably set to −27 dB. How-
ever, when applying the SNR threshold filter to the RHI scan,
only 19 % of the vr values are kept and a large amount of
data identified as reasonable by the DBSCAN filter (48 %)
are discarded. Further, only 14 % of the data points are both
above the SNR threshold and within the cluster identified as
reasonable by the DBSCAN algorithm, while 5 % of the data

points which are above the SNR threshold are classified as
noise (3 %) or irregular erroneous features and clouds (2 %).

Figure 4 shows the RHI cross-sections of vr values
(Fig. 4a) and SNR values (Fig. 4b) that are scattered against
each other in Fig. 3, as well as the filtered vr values using
the SNR threshold (Fig. 4c) and using the DBSCAN algo-
rithm (Fig. 4d). This depiction allows us to investigate the
ability of the SNR threshold filter as well as the DBSCAN
filter to discard noise and erroneous features, while retaining
valid data points. The situation captured on 29 July 2022 at
Starmoen by this RHI scan is convective and rather complex,
which is evident mainly from the convergence of the horizon-
tal velocity close to the surface around the x =−1 km hor-
izontal of distance mark, visible in the non-filtered vr data
(Fig. 4a). The obtained SNR is very low (below −27 dB)
both close to lidar and at a larger range (Fig. 4b). For r be-
yond ≈ 2 km distance from the lidar the originally observed
vr values (Fig. 4a) are irregular and noisy, while they appear
rather regular close to the lidar despite the comparable low
SNR (Fig. 4b). Only for r between 0.8 and 1.8 km from the
lidar is the SNR increased overall. Additionally, several fea-
tures of partially irregular vr values, which correspond to lo-
cal, strongly increased SNR, are visible (Fig. 4b). We iden-
tify range-folded ambiguities around (x,z)= (1.0,0.5) and
(x,z)= (−3.0,0.5) km, a physical obstacle which blocks
the LOS around (x,z)= (−1.2,0.0) km, and a cloud around
(x,z)= (−2.0,2.3) km. These features are also apparent in
the vr values (Fig. 4a) and highlighted in mint in the RHI
cross-section with the DBSCAN filter applied (Fig. 4d).

The SNR threshold filter (Fig. 4c) removes a large number
of vr values within a 1 km radius around the lidar and at r
larger than 2 km from the lidar. Yet, erroneous vr values cor-
responding to range-folded ambiguities are not filtered out.
On the basis of the remaining vr data, the convective circu-
lation is hardly recognizable. The RHI scan observed during
the same time period from the complementary lidar experi-
ences a similar extreme reduction of vr values when applying
the SNR threshold filter (not shown here). As a consequence
the region of valid overlapping vr is even more reduced and
will yield an even less valuable retrieval of u and w after
applying the SNR threshold filter.

The DBSCAN filter (Fig. 4d), on the other hand, success-
fully removes noise, which is clearly evident in the non-
filtered vr observations (Fig. 4a) at r > 2 km from the lidar.
Reasonable vr values with SNR <−27 dB, which follow the
same radial velocity patterns as the surrounding non-noisy
points that are above the −27 dB threshold, are not filtered
close to the lidar or at larger distances. In contrast to the SNR
threshold filter (Fig. 4c) the information about the convective
flow field is retained by the DBSCAN filter (Fig. 4d). The
small number of points attributed to noise above −27 dB by
the DBSCAN algorithm (3 %) are distributed over the cross-
section and therefore have no relevance for the retrieval per-
formance. Here, a sufficient number of valid vr values are
within R for most Cartesian points covering the convective
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Figure3.ScatterofvragainstSNR,withaDBSCAN-identified
clusterofdensescatterers(validvr)markedinblue,rarefiedscat-
terers(noise)markedingrey,andrarefiedscattererscorrespond-
ingtofeaturesmarkedinmint.Thenumberofpoints(andthe
percentagerelativetoalldata)classifiedasnoise(Nnoise,grey),fea-
tures(Nfeatures,mint),andclustersofreasonablepoints(Ncluster,
blue)aredocumentedintheupperleftcorner.Thedashedredline
indicatesthe−27dBSNRthreshold.Valuesofvrcorrespondingto
SNRvaluesbelowthislinearediscardedbytheSNRfilter.NSNR
(red)correspondstothenumberofpoints(andpercentagerelative
toalldata)recoveredbytheSNRfilter,whileNcluster>−27dB(blue)
andNnoise>−27dB(grey)correspondtothenumberofscatterers(and
percentagerelativetoalldata)recoveredbytheSNRfilterbutat-
tributedtothepointscorrespondingtonoiseandreasonablevalues
bytheDBSCANfilter,respectively.

parametersforeachscanconfiguration,wekeptεconstant
andadjustednsampleaccordingtothechangeinabsolutesam-
plesize.ForRHIscanstheDBSCANalgorithmwithcor-
respondingεandnsamplewasappliedtoeachcross-section
individually,whilefortheDBSscans,theDBSCANalgo-
rithmwasappliedtothe10mintimeseriesofeachbeam
directionindividually.Specifictothenumberofpointssam-
pledintheRHIscanpresentedhere,weapplyε=0.6and
nsample=150.

FortheexampledisplayedinFig.3,theDBSCANalgo-
rithmidentifiesaclusterofvrvaluesasreasonable,which
makesup62%oftheobserveddatapoints.Theremain-
ing38%ofthedatapointsareclassifiedasnoise(36%)
orfeatures(2%),suchasrange-foldedambiguities(Bonin
andBrewer,2017),obstacles,andclouds.Themajorityof
noiseidentifiedbytheDBSCANalgorithm(31%)isevident
justbelowSNR=−27dB,wherevrfluctuates±30ms−1.
Inordertoremovenoisefromthevrdatatheconventional
SNRthresholdisthereforereasonablysetto−27dB.How-
ever,whenapplyingtheSNRthresholdfiltertotheRHIscan,
only19%ofthevrvaluesarekeptandalargeamountof
dataidentifiedasreasonablebytheDBSCANfilter(48%)
arediscarded.Further,only14%ofthedatapointsareboth
abovetheSNRthresholdandwithintheclusteridentifiedas
reasonablebytheDBSCANalgorithm,while5%ofthedata

pointswhichareabovetheSNRthresholdareclassifiedas
noise(3%)orirregularerroneousfeaturesandclouds(2%).

Figure4showstheRHIcross-sectionsofvrvalues
(Fig.4a)andSNRvalues(Fig.4b)thatarescatteredagainst
eachotherinFig.3,aswellasthefilteredvrvaluesusing
theSNRthreshold(Fig.4c)andusingtheDBSCANalgo-
rithm(Fig.4d).Thisdepictionallowsustoinvestigatethe
abilityoftheSNRthresholdfilteraswellastheDBSCAN
filtertodiscardnoiseanderroneousfeatures,whileretaining
validdatapoints.Thesituationcapturedon29July2022at
StarmoenbythisRHIscanisconvectiveandrathercomplex,
whichisevidentmainlyfromtheconvergenceofthehorizon-
talvelocityclosetothesurfacearoundthex=−1kmhor-
izontalofdistancemark,visibleinthenon-filteredvrdata
(Fig.4a).TheobtainedSNRisverylow(below−27dB)
bothclosetolidarandatalargerrange(Fig.4b).Forrbe-
yond≈2kmdistancefromthelidartheoriginallyobserved
vrvalues(Fig.4a)areirregularandnoisy,whiletheyappear
ratherregularclosetothelidardespitethecomparablelow
SNR(Fig.4b).Onlyforrbetween0.8and1.8kmfromthe
lidaristheSNRincreasedoverall.Additionally,severalfea-
turesofpartiallyirregularvrvalues,whichcorrespondtolo-
cal,stronglyincreasedSNR,arevisible(Fig.4b).Weiden-
tifyrange-foldedambiguitiesaround(x,z)=(1.0,0.5)and
(x,z)=(−3.0,0.5)km,aphysicalobstaclewhichblocks
theLOSaround(x,z)=(−1.2,0.0)km,andacloudaround
(x,z)=(−2.0,2.3)km.Thesefeaturesarealsoapparentin
thevrvalues(Fig.4a)andhighlightedinmintintheRHI
cross-sectionwiththeDBSCANfilterapplied(Fig.4d).

TheSNRthresholdfilter(Fig.4c)removesalargenumber
ofvrvalueswithina1kmradiusaroundthelidarandatr
largerthan2kmfromthelidar.Yet,erroneousvrvaluescor-
respondingtorange-foldedambiguitiesarenotfilteredout.
Onthebasisoftheremainingvrdata,theconvectivecircu-
lationishardlyrecognizable.TheRHIscanobservedduring
thesametimeperiodfromthecomplementarylidarexperi-
encesasimilarextremereductionofvrvalueswhenapplying
theSNRthresholdfilter(notshownhere).Asaconsequence
theregionofvalidoverlappingvrisevenmorereducedand
willyieldanevenlessvaluableretrievalofuandwafter
applyingtheSNRthresholdfilter.

TheDBSCANfilter(Fig.4d),ontheotherhand,success-
fullyremovesnoise,whichisclearlyevidentinthenon-
filteredvrobservations(Fig.4a)atr>2kmfromthelidar.
ReasonablevrvalueswithSNR<−27dB,whichfollowthe
sameradialvelocitypatternsasthesurroundingnon-noisy
pointsthatareabovethe−27dBthreshold,arenotfiltered
closetothelidaroratlargerdistances.IncontrasttotheSNR
thresholdfilter(Fig.4c)theinformationabouttheconvective
flowfieldisretainedbytheDBSCANfilter(Fig.4d).The
smallnumberofpointsattributedtonoiseabove−27dBby
theDBSCANalgorithm(3%)aredistributedoverthecross-
sectionandthereforehavenorelevancefortheretrievalper-
formance.Here,asufficientnumberofvalidvrvaluesare
withinRformostCartesianpointscoveringtheconvective
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Figure3.ScatterofvragainstSNR,withaDBSCAN-identified
clusterofdensescatterers(validvr)markedinblue,rarefiedscat-
terers(noise)markedingrey,andrarefiedscattererscorrespond-
ingtofeaturesmarkedinmint.Thenumberofpoints(andthe
percentagerelativetoalldata)classifiedasnoise(Nnoise,grey),fea-
tures(Nfeatures,mint),andclustersofreasonablepoints(Ncluster,
blue)aredocumentedintheupperleftcorner.Thedashedredline
indicatesthe−27dBSNRthreshold.Valuesofvrcorrespondingto
SNRvaluesbelowthislinearediscardedbytheSNRfilter.NSNR
(red)correspondstothenumberofpoints(andpercentagerelative
toalldata)recoveredbytheSNRfilter,whileNcluster>−27dB(blue)
andNnoise>−27dB(grey)correspondtothenumberofscatterers(and
percentagerelativetoalldata)recoveredbytheSNRfilterbutat-
tributedtothepointscorrespondingtonoiseandreasonablevalues
bytheDBSCANfilter,respectively.

parametersforeachscanconfiguration,wekeptεconstant
andadjustednsampleaccordingtothechangeinabsolutesam-
plesize.ForRHIscanstheDBSCANalgorithmwithcor-
respondingεandnsamplewasappliedtoeachcross-section
individually,whilefortheDBSscans,theDBSCANalgo-
rithmwasappliedtothe10mintimeseriesofeachbeam
directionindividually.Specifictothenumberofpointssam-
pledintheRHIscanpresentedhere,weapplyε=0.6and
nsample=150.

FortheexampledisplayedinFig.3,theDBSCANalgo-
rithmidentifiesaclusterofvrvaluesasreasonable,which
makesup62%oftheobserveddatapoints.Theremain-
ing38%ofthedatapointsareclassifiedasnoise(36%)
orfeatures(2%),suchasrange-foldedambiguities(Bonin
andBrewer,2017),obstacles,andclouds.Themajorityof
noiseidentifiedbytheDBSCANalgorithm(31%)isevident
justbelowSNR=−27dB,wherevrfluctuates±30ms−1.
Inordertoremovenoisefromthevrdatatheconventional
SNRthresholdisthereforereasonablysetto−27dB.How-
ever,whenapplyingtheSNRthresholdfiltertotheRHIscan,
only19%ofthevrvaluesarekeptandalargeamountof
dataidentifiedasreasonablebytheDBSCANfilter(48%)
arediscarded.Further,only14%ofthedatapointsareboth
abovetheSNRthresholdandwithintheclusteridentifiedas
reasonablebytheDBSCANalgorithm,while5%ofthedata

pointswhichareabovetheSNRthresholdareclassifiedas
noise(3%)orirregularerroneousfeaturesandclouds(2%).

Figure4showstheRHIcross-sectionsofvrvalues
(Fig.4a)andSNRvalues(Fig.4b)thatarescatteredagainst
eachotherinFig.3,aswellasthefilteredvrvaluesusing
theSNRthreshold(Fig.4c)andusingtheDBSCANalgo-
rithm(Fig.4d).Thisdepictionallowsustoinvestigatethe
abilityoftheSNRthresholdfilteraswellastheDBSCAN
filtertodiscardnoiseanderroneousfeatures,whileretaining
validdatapoints.Thesituationcapturedon29July2022at
StarmoenbythisRHIscanisconvectiveandrathercomplex,
whichisevidentmainlyfromtheconvergenceofthehorizon-
talvelocityclosetothesurfacearoundthex=−1kmhor-
izontalofdistancemark,visibleinthenon-filteredvrdata
(Fig.4a).TheobtainedSNRisverylow(below−27dB)
bothclosetolidarandatalargerrange(Fig.4b).Forrbe-
yond≈2kmdistancefromthelidartheoriginallyobserved
vrvalues(Fig.4a)areirregularandnoisy,whiletheyappear
ratherregularclosetothelidardespitethecomparablelow
SNR(Fig.4b).Onlyforrbetween0.8and1.8kmfromthe
lidaristheSNRincreasedoverall.Additionally,severalfea-
turesofpartiallyirregularvrvalues,whichcorrespondtolo-
cal,stronglyincreasedSNR,arevisible(Fig.4b).Weiden-
tifyrange-foldedambiguitiesaround(x,z)=(1.0,0.5)and
(x,z)=(−3.0,0.5)km,aphysicalobstaclewhichblocks
theLOSaround(x,z)=(−1.2,0.0)km,andacloudaround
(x,z)=(−2.0,2.3)km.Thesefeaturesarealsoapparentin
thevrvalues(Fig.4a)andhighlightedinmintintheRHI
cross-sectionwiththeDBSCANfilterapplied(Fig.4d).

TheSNRthresholdfilter(Fig.4c)removesalargenumber
ofvrvalueswithina1kmradiusaroundthelidarandatr
largerthan2kmfromthelidar.Yet,erroneousvrvaluescor-
respondingtorange-foldedambiguitiesarenotfilteredout.
Onthebasisoftheremainingvrdata,theconvectivecircu-
lationishardlyrecognizable.TheRHIscanobservedduring
thesametimeperiodfromthecomplementarylidarexperi-
encesasimilarextremereductionofvrvalueswhenapplying
theSNRthresholdfilter(notshownhere).Asaconsequence
theregionofvalidoverlappingvrisevenmorereducedand
willyieldanevenlessvaluableretrievalofuandwafter
applyingtheSNRthresholdfilter.

TheDBSCANfilter(Fig.4d),ontheotherhand,success-
fullyremovesnoise,whichisclearlyevidentinthenon-
filteredvrobservations(Fig.4a)atr>2kmfromthelidar.
ReasonablevrvalueswithSNR<−27dB,whichfollowthe
sameradialvelocitypatternsasthesurroundingnon-noisy
pointsthatareabovethe−27dBthreshold,arenotfiltered
closetothelidaroratlargerdistances.IncontrasttotheSNR
thresholdfilter(Fig.4c)theinformationabouttheconvective
flowfieldisretainedbytheDBSCANfilter(Fig.4d).The
smallnumberofpointsattributedtonoiseabove−27dBby
theDBSCANalgorithm(3%)aredistributedoverthecross-
sectionandthereforehavenorelevancefortheretrievalper-
formance.Here,asufficientnumberofvalidvrvaluesare
withinRformostCartesianpointscoveringtheconvective
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Figure 3. Scatter of vr against SNR, with a DBSCAN-identified
cluster of dense scatterers (valid vr) marked in blue, rarefied scat-
terers (noise) marked in grey, and rarefied scatterers correspond-
ing to features marked in mint. The number of points (and the
percentage relative to all data) classified as noise (Nnoise, grey), fea-
tures (Nfeatures, mint), and clusters of reasonable points (Ncluster,
blue) are documented in the upper left corner. The dashed red line
indicates the −27 dB SNR threshold. Values of vr corresponding to
SNR values below this line are discarded by the SNR filter. NSNR
(red) corresponds to the number of points (and percentage relative
to all data) recovered by the SNR filter, while Ncluster>−27 dB (blue)
andNnoise>−27 dB (grey) correspond to the number of scatterers (and
percentage relative to all data) recovered by the SNR filter but at-
tributed to the points corresponding to noise and reasonable values
by the DBSCAN filter, respectively.

parameters for each scan configuration, we kept ε constant
and adjusted nsample according to the change in absolute sam-
ple size. For RHI scans the DBSCAN algorithm with cor-
responding ε and nsample was applied to each cross-section
individually, while for the DBS scans, the DBSCAN algo-
rithm was applied to the 10 min time series of each beam
direction individually. Specific to the number of points sam-
pled in the RHI scan presented here, we apply ε = 0.6 and
nsample = 150.

For the example displayed in Fig. 3, the DBSCAN algo-
rithm identifies a cluster of vr values as reasonable, which
makes up 62 % of the observed data points. The remain-
ing 38 % of the data points are classified as noise (36 %)
or features (2 %), such as range-folded ambiguities (Bonin
and Brewer, 2017), obstacles, and clouds. The majority of
noise identified by the DBSCAN algorithm (31 %) is evident
just below SNR=−27 dB, where vr fluctuates ±30 m s

−1.
In order to remove noise from the vr data the conventional
SNR threshold is therefore reasonably set to −27 dB. How-
ever, when applying the SNR threshold filter to the RHI scan,
only 19 % of the vr values are kept and a large amount of
data identified as reasonable by the DBSCAN filter (48 %)
are discarded. Further, only 14 % of the data points are both
above the SNR threshold and within the cluster identified as
reasonable by the DBSCAN algorithm, while 5 % of the data

points which are above the SNR threshold are classified as
noise (3 %) or irregular erroneous features and clouds (2 %).

Figure 4 shows the RHI cross-sections of vr values
(Fig. 4a) and SNR values (Fig. 4b) that are scattered against
each other in Fig. 3, as well as the filtered vr values using
the SNR threshold (Fig. 4c) and using the DBSCAN algo-
rithm (Fig. 4d). This depiction allows us to investigate the
ability of the SNR threshold filter as well as the DBSCAN
filter to discard noise and erroneous features, while retaining
valid data points. The situation captured on 29 July 2022 at
Starmoen by this RHI scan is convective and rather complex,
which is evident mainly from the convergence of the horizon-
tal velocity close to the surface around the x =−1 km hor-
izontal of distance mark, visible in the non-filtered vr data
(Fig. 4a). The obtained SNR is very low (below −27 dB)
both close to lidar and at a larger range (Fig. 4b). For r be-
yond ≈ 2 km distance from the lidar the originally observed
vr values (Fig. 4a) are irregular and noisy, while they appear
rather regular close to the lidar despite the comparable low
SNR (Fig. 4b). Only for r between 0.8 and 1.8 km from the
lidar is the SNR increased overall. Additionally, several fea-
tures of partially irregular vr values, which correspond to lo-
cal, strongly increased SNR, are visible (Fig. 4b). We iden-
tify range-folded ambiguities around (x,z)= (1.0,0.5) and
(x,z)= (−3.0,0.5) km, a physical obstacle which blocks
the LOS around (x,z)= (−1.2,0.0) km, and a cloud around
(x,z)= (−2.0,2.3) km. These features are also apparent in
the vr values (Fig. 4a) and highlighted in mint in the RHI
cross-section with the DBSCAN filter applied (Fig. 4d).

The SNR threshold filter (Fig. 4c) removes a large number
of vr values within a 1 km radius around the lidar and at r
larger than 2 km from the lidar. Yet, erroneous vr values cor-
responding to range-folded ambiguities are not filtered out.
On the basis of the remaining vr data, the convective circu-
lation is hardly recognizable. The RHI scan observed during
the same time period from the complementary lidar experi-
ences a similar extreme reduction of vr values when applying
the SNR threshold filter (not shown here). As a consequence
the region of valid overlapping vr is even more reduced and
will yield an even less valuable retrieval of u and w after
applying the SNR threshold filter.

The DBSCAN filter (Fig. 4d), on the other hand, success-
fully removes noise, which is clearly evident in the non-
filtered vr observations (Fig. 4a) at r > 2 km from the lidar.
Reasonable vr values with SNR <−27 dB, which follow the
same radial velocity patterns as the surrounding non-noisy
points that are above the −27 dB threshold, are not filtered
close to the lidar or at larger distances. In contrast to the SNR
threshold filter (Fig. 4c) the information about the convective
flow field is retained by the DBSCAN filter (Fig. 4d). The
small number of points attributed to noise above −27 dB by
the DBSCAN algorithm (3 %) are distributed over the cross-
section and therefore have no relevance for the retrieval per-
formance. Here, a sufficient number of valid vr values are
within R for most Cartesian points covering the convective
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Figure 3. Scatter of vr against SNR, with a DBSCAN-identified
cluster of dense scatterers (valid vr) marked in blue, rarefied scat-
terers (noise) marked in grey, and rarefied scatterers correspond-
ing to features marked in mint. The number of points (and the
percentage relative to all data) classified as noise (Nnoise, grey), fea-
tures (Nfeatures, mint), and clusters of reasonable points (Ncluster,
blue) are documented in the upper left corner. The dashed red line
indicates the −27 dB SNR threshold. Values of vr corresponding to
SNR values below this line are discarded by the SNR filter. NSNR
(red) corresponds to the number of points (and percentage relative
to all data) recovered by the SNR filter, while Ncluster>−27 dB (blue)
andNnoise>−27 dB (grey) correspond to the number of scatterers (and
percentage relative to all data) recovered by the SNR filter but at-
tributed to the points corresponding to noise and reasonable values
by the DBSCAN filter, respectively.

parameters for each scan configuration, we kept ε constant
and adjusted nsample according to the change in absolute sam-
ple size. For RHI scans the DBSCAN algorithm with cor-
responding ε and nsample was applied to each cross-section
individually, while for the DBS scans, the DBSCAN algo-
rithm was applied to the 10 min time series of each beam
direction individually. Specific to the number of points sam-
pled in the RHI scan presented here, we apply ε = 0.6 and
nsample = 150.

For the example displayed in Fig. 3, the DBSCAN algo-
rithm identifies a cluster of vr values as reasonable, which
makes up 62 % of the observed data points. The remain-
ing 38 % of the data points are classified as noise (36 %)
or features (2 %), such as range-folded ambiguities (Bonin
and Brewer, 2017), obstacles, and clouds. The majority of
noise identified by the DBSCAN algorithm (31 %) is evident
just below SNR=−27 dB, where vr fluctuates ±30 m s

−1.
In order to remove noise from the vr data the conventional
SNR threshold is therefore reasonably set to −27 dB. How-
ever, when applying the SNR threshold filter to the RHI scan,
only 19 % of the vr values are kept and a large amount of
data identified as reasonable by the DBSCAN filter (48 %)
are discarded. Further, only 14 % of the data points are both
above the SNR threshold and within the cluster identified as
reasonable by the DBSCAN algorithm, while 5 % of the data

points which are above the SNR threshold are classified as
noise (3 %) or irregular erroneous features and clouds (2 %).

Figure 4 shows the RHI cross-sections of vr values
(Fig. 4a) and SNR values (Fig. 4b) that are scattered against
each other in Fig. 3, as well as the filtered vr values using
the SNR threshold (Fig. 4c) and using the DBSCAN algo-
rithm (Fig. 4d). This depiction allows us to investigate the
ability of the SNR threshold filter as well as the DBSCAN
filter to discard noise and erroneous features, while retaining
valid data points. The situation captured on 29 July 2022 at
Starmoen by this RHI scan is convective and rather complex,
which is evident mainly from the convergence of the horizon-
tal velocity close to the surface around the x =−1 km hor-
izontal of distance mark, visible in the non-filtered vr data
(Fig. 4a). The obtained SNR is very low (below −27 dB)
both close to lidar and at a larger range (Fig. 4b). For r be-
yond ≈ 2 km distance from the lidar the originally observed
vr values (Fig. 4a) are irregular and noisy, while they appear
rather regular close to the lidar despite the comparable low
SNR (Fig. 4b). Only for r between 0.8 and 1.8 km from the
lidar is the SNR increased overall. Additionally, several fea-
tures of partially irregular vr values, which correspond to lo-
cal, strongly increased SNR, are visible (Fig. 4b). We iden-
tify range-folded ambiguities around (x,z)= (1.0,0.5) and
(x,z)= (−3.0,0.5) km, a physical obstacle which blocks
the LOS around (x,z)= (−1.2,0.0) km, and a cloud around
(x,z)= (−2.0,2.3) km. These features are also apparent in
the vr values (Fig. 4a) and highlighted in mint in the RHI
cross-section with the DBSCAN filter applied (Fig. 4d).

The SNR threshold filter (Fig. 4c) removes a large number
of vr values within a 1 km radius around the lidar and at r
larger than 2 km from the lidar. Yet, erroneous vr values cor-
responding to range-folded ambiguities are not filtered out.
On the basis of the remaining vr data, the convective circu-
lation is hardly recognizable. The RHI scan observed during
the same time period from the complementary lidar experi-
ences a similar extreme reduction of vr values when applying
the SNR threshold filter (not shown here). As a consequence
the region of valid overlapping vr is even more reduced and
will yield an even less valuable retrieval of u and w after
applying the SNR threshold filter.

The DBSCAN filter (Fig. 4d), on the other hand, success-
fully removes noise, which is clearly evident in the non-
filtered vr observations (Fig. 4a) at r > 2 km from the lidar.
Reasonable vr values with SNR <−27 dB, which follow the
same radial velocity patterns as the surrounding non-noisy
points that are above the −27 dB threshold, are not filtered
close to the lidar or at larger distances. In contrast to the SNR
threshold filter (Fig. 4c) the information about the convective
flow field is retained by the DBSCAN filter (Fig. 4d). The
small number of points attributed to noise above −27 dB by
the DBSCAN algorithm (3 %) are distributed over the cross-
section and therefore have no relevance for the retrieval per-
formance. Here, a sufficient number of valid vr values are
within R for most Cartesian points covering the convective
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Figure3.ScatterofvragainstSNR,withaDBSCAN-identified
clusterofdensescatterers(validvr)markedinblue,rarefiedscat-
terers(noise)markedingrey,andrarefiedscattererscorrespond-
ingtofeaturesmarkedinmint.Thenumberofpoints(andthe
percentagerelativetoalldata)classifiedasnoise(Nnoise,grey),fea-
tures(Nfeatures,mint),andclustersofreasonablepoints(Ncluster,
blue)aredocumentedintheupperleftcorner.Thedashedredline
indicatesthe−27dBSNRthreshold.Valuesofvrcorrespondingto
SNRvaluesbelowthislinearediscardedbytheSNRfilter.NSNR
(red)correspondstothenumberofpoints(andpercentagerelative
toalldata)recoveredbytheSNRfilter,whileNcluster>−27dB(blue)
andNnoise>−27dB(grey)correspondtothenumberofscatterers(and
percentagerelativetoalldata)recoveredbytheSNRfilterbutat-
tributedtothepointscorrespondingtonoiseandreasonablevalues
bytheDBSCANfilter,respectively.

parametersforeachscanconfiguration,wekeptεconstant
andadjustednsampleaccordingtothechangeinabsolutesam-
plesize.ForRHIscanstheDBSCANalgorithmwithcor-
respondingεandnsamplewasappliedtoeachcross-section
individually,whilefortheDBSscans,theDBSCANalgo-
rithmwasappliedtothe10mintimeseriesofeachbeam
directionindividually.Specifictothenumberofpointssam-
pledintheRHIscanpresentedhere,weapplyε=0.6and
nsample=150.

FortheexampledisplayedinFig.3,theDBSCANalgo-
rithmidentifiesaclusterofvrvaluesasreasonable,which
makesup62%oftheobserveddatapoints.Theremain-
ing38%ofthedatapointsareclassifiedasnoise(36%)
orfeatures(2%),suchasrange-foldedambiguities(Bonin
andBrewer,2017),obstacles,andclouds.Themajorityof
noiseidentifiedbytheDBSCANalgorithm(31%)isevident
justbelowSNR=−27dB,wherevrfluctuates±30ms

−1.
Inordertoremovenoisefromthevrdatatheconventional
SNRthresholdisthereforereasonablysetto−27dB.How-
ever,whenapplyingtheSNRthresholdfiltertotheRHIscan,
only19%ofthevrvaluesarekeptandalargeamountof
dataidentifiedasreasonablebytheDBSCANfilter(48%)
arediscarded.Further,only14%ofthedatapointsareboth
abovetheSNRthresholdandwithintheclusteridentifiedas
reasonablebytheDBSCANalgorithm,while5%ofthedata

pointswhichareabovetheSNRthresholdareclassifiedas
noise(3%)orirregularerroneousfeaturesandclouds(2%).

Figure4showstheRHIcross-sectionsofvrvalues
(Fig.4a)andSNRvalues(Fig.4b)thatarescatteredagainst
eachotherinFig.3,aswellasthefilteredvrvaluesusing
theSNRthreshold(Fig.4c)andusingtheDBSCANalgo-
rithm(Fig.4d).Thisdepictionallowsustoinvestigatethe
abilityoftheSNRthresholdfilteraswellastheDBSCAN
filtertodiscardnoiseanderroneousfeatures,whileretaining
validdatapoints.Thesituationcapturedon29July2022at
StarmoenbythisRHIscanisconvectiveandrathercomplex,
whichisevidentmainlyfromtheconvergenceofthehorizon-
talvelocityclosetothesurfacearoundthex=−1kmhor-
izontalofdistancemark,visibleinthenon-filteredvrdata
(Fig.4a).TheobtainedSNRisverylow(below−27dB)
bothclosetolidarandatalargerrange(Fig.4b).Forrbe-
yond≈2kmdistancefromthelidartheoriginallyobserved
vrvalues(Fig.4a)areirregularandnoisy,whiletheyappear
ratherregularclosetothelidardespitethecomparablelow
SNR(Fig.4b).Onlyforrbetween0.8and1.8kmfromthe
lidaristheSNRincreasedoverall.Additionally,severalfea-
turesofpartiallyirregularvrvalues,whichcorrespondtolo-
cal,stronglyincreasedSNR,arevisible(Fig.4b).Weiden-
tifyrange-foldedambiguitiesaround(x,z)=(1.0,0.5)and
(x,z)=(−3.0,0.5)km,aphysicalobstaclewhichblocks
theLOSaround(x,z)=(−1.2,0.0)km,andacloudaround
(x,z)=(−2.0,2.3)km.Thesefeaturesarealsoapparentin
thevrvalues(Fig.4a)andhighlightedinmintintheRHI
cross-sectionwiththeDBSCANfilterapplied(Fig.4d).

TheSNRthresholdfilter(Fig.4c)removesalargenumber
ofvrvalueswithina1kmradiusaroundthelidarandatr
largerthan2kmfromthelidar.Yet,erroneousvrvaluescor-
respondingtorange-foldedambiguitiesarenotfilteredout.
Onthebasisoftheremainingvrdata,theconvectivecircu-
lationishardlyrecognizable.TheRHIscanobservedduring
thesametimeperiodfromthecomplementarylidarexperi-
encesasimilarextremereductionofvrvalueswhenapplying
theSNRthresholdfilter(notshownhere).Asaconsequence
theregionofvalidoverlappingvrisevenmorereducedand
willyieldanevenlessvaluableretrievalofuandwafter
applyingtheSNRthresholdfilter.

TheDBSCANfilter(Fig.4d),ontheotherhand,success-
fullyremovesnoise,whichisclearlyevidentinthenon-
filteredvrobservations(Fig.4a)atr>2kmfromthelidar.
ReasonablevrvalueswithSNR<−27dB,whichfollowthe
sameradialvelocitypatternsasthesurroundingnon-noisy
pointsthatareabovethe−27dBthreshold,arenotfiltered
closetothelidaroratlargerdistances.IncontrasttotheSNR
thresholdfilter(Fig.4c)theinformationabouttheconvective
flowfieldisretainedbytheDBSCANfilter(Fig.4d).The
smallnumberofpointsattributedtonoiseabove−27dBby
theDBSCANalgorithm(3%)aredistributedoverthecross-
sectionandthereforehavenorelevancefortheretrievalper-
formance.Here,asufficientnumberofvalidvrvaluesare
withinRformostCartesianpointscoveringtheconvective
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Figure3.ScatterofvragainstSNR,withaDBSCAN-identified
clusterofdensescatterers(validvr)markedinblue,rarefiedscat-
terers(noise)markedingrey,andrarefiedscattererscorrespond-
ingtofeaturesmarkedinmint.Thenumberofpoints(andthe
percentagerelativetoalldata)classifiedasnoise(Nnoise,grey),fea-
tures(Nfeatures,mint),andclustersofreasonablepoints(Ncluster,
blue)aredocumentedintheupperleftcorner.Thedashedredline
indicatesthe−27dBSNRthreshold.Valuesofvrcorrespondingto
SNRvaluesbelowthislinearediscardedbytheSNRfilter.NSNR
(red)correspondstothenumberofpoints(andpercentagerelative
toalldata)recoveredbytheSNRfilter,whileNcluster>−27dB(blue)
andNnoise>−27dB(grey)correspondtothenumberofscatterers(and
percentagerelativetoalldata)recoveredbytheSNRfilterbutat-
tributedtothepointscorrespondingtonoiseandreasonablevalues
bytheDBSCANfilter,respectively.

parametersforeachscanconfiguration,wekeptεconstant
andadjustednsampleaccordingtothechangeinabsolutesam-
plesize.ForRHIscanstheDBSCANalgorithmwithcor-
respondingεandnsamplewasappliedtoeachcross-section
individually,whilefortheDBSscans,theDBSCANalgo-
rithmwasappliedtothe10mintimeseriesofeachbeam
directionindividually.Specifictothenumberofpointssam-
pledintheRHIscanpresentedhere,weapplyε=0.6and
nsample=150.

FortheexampledisplayedinFig.3,theDBSCANalgo-
rithmidentifiesaclusterofvrvaluesasreasonable,which
makesup62%oftheobserveddatapoints.Theremain-
ing38%ofthedatapointsareclassifiedasnoise(36%)
orfeatures(2%),suchasrange-foldedambiguities(Bonin
andBrewer,2017),obstacles,andclouds.Themajorityof
noiseidentifiedbytheDBSCANalgorithm(31%)isevident
justbelowSNR=−27dB,wherevrfluctuates±30ms

−1.
Inordertoremovenoisefromthevrdatatheconventional
SNRthresholdisthereforereasonablysetto−27dB.How-
ever,whenapplyingtheSNRthresholdfiltertotheRHIscan,
only19%ofthevrvaluesarekeptandalargeamountof
dataidentifiedasreasonablebytheDBSCANfilter(48%)
arediscarded.Further,only14%ofthedatapointsareboth
abovetheSNRthresholdandwithintheclusteridentifiedas
reasonablebytheDBSCANalgorithm,while5%ofthedata

pointswhichareabovetheSNRthresholdareclassifiedas
noise(3%)orirregularerroneousfeaturesandclouds(2%).

Figure4showstheRHIcross-sectionsofvrvalues
(Fig.4a)andSNRvalues(Fig.4b)thatarescatteredagainst
eachotherinFig.3,aswellasthefilteredvrvaluesusing
theSNRthreshold(Fig.4c)andusingtheDBSCANalgo-
rithm(Fig.4d).Thisdepictionallowsustoinvestigatethe
abilityoftheSNRthresholdfilteraswellastheDBSCAN
filtertodiscardnoiseanderroneousfeatures,whileretaining
validdatapoints.Thesituationcapturedon29July2022at
StarmoenbythisRHIscanisconvectiveandrathercomplex,
whichisevidentmainlyfromtheconvergenceofthehorizon-
talvelocityclosetothesurfacearoundthex=−1kmhor-
izontalofdistancemark,visibleinthenon-filteredvrdata
(Fig.4a).TheobtainedSNRisverylow(below−27dB)
bothclosetolidarandatalargerrange(Fig.4b).Forrbe-
yond≈2kmdistancefromthelidartheoriginallyobserved
vrvalues(Fig.4a)areirregularandnoisy,whiletheyappear
ratherregularclosetothelidardespitethecomparablelow
SNR(Fig.4b).Onlyforrbetween0.8and1.8kmfromthe
lidaristheSNRincreasedoverall.Additionally,severalfea-
turesofpartiallyirregularvrvalues,whichcorrespondtolo-
cal,stronglyincreasedSNR,arevisible(Fig.4b).Weiden-
tifyrange-foldedambiguitiesaround(x,z)=(1.0,0.5)and
(x,z)=(−3.0,0.5)km,aphysicalobstaclewhichblocks
theLOSaround(x,z)=(−1.2,0.0)km,andacloudaround
(x,z)=(−2.0,2.3)km.Thesefeaturesarealsoapparentin
thevrvalues(Fig.4a)andhighlightedinmintintheRHI
cross-sectionwiththeDBSCANfilterapplied(Fig.4d).

TheSNRthresholdfilter(Fig.4c)removesalargenumber
ofvrvalueswithina1kmradiusaroundthelidarandatr
largerthan2kmfromthelidar.Yet,erroneousvrvaluescor-
respondingtorange-foldedambiguitiesarenotfilteredout.
Onthebasisoftheremainingvrdata,theconvectivecircu-
lationishardlyrecognizable.TheRHIscanobservedduring
thesametimeperiodfromthecomplementarylidarexperi-
encesasimilarextremereductionofvrvalueswhenapplying
theSNRthresholdfilter(notshownhere).Asaconsequence
theregionofvalidoverlappingvrisevenmorereducedand
willyieldanevenlessvaluableretrievalofuandwafter
applyingtheSNRthresholdfilter.

TheDBSCANfilter(Fig.4d),ontheotherhand,success-
fullyremovesnoise,whichisclearlyevidentinthenon-
filteredvrobservations(Fig.4a)atr>2kmfromthelidar.
ReasonablevrvalueswithSNR<−27dB,whichfollowthe
sameradialvelocitypatternsasthesurroundingnon-noisy
pointsthatareabovethe−27dBthreshold,arenotfiltered
closetothelidaroratlargerdistances.IncontrasttotheSNR
thresholdfilter(Fig.4c)theinformationabouttheconvective
flowfieldisretainedbytheDBSCANfilter(Fig.4d).The
smallnumberofpointsattributedtonoiseabove−27dBby
theDBSCANalgorithm(3%)aredistributedoverthecross-
sectionandthereforehavenorelevancefortheretrievalper-
formance.Here,asufficientnumberofvalidvrvaluesare
withinRformostCartesianpointscoveringtheconvective
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Figure3.ScatterofvragainstSNR,withaDBSCAN-identified
clusterofdensescatterers(validvr)markedinblue,rarefiedscat-
terers(noise)markedingrey,andrarefiedscattererscorrespond-
ingtofeaturesmarkedinmint.Thenumberofpoints(andthe
percentagerelativetoalldata)classifiedasnoise(Nnoise,grey),fea-
tures(Nfeatures,mint),andclustersofreasonablepoints(Ncluster,
blue)aredocumentedintheupperleftcorner.Thedashedredline
indicatesthe−27dBSNRthreshold.Valuesofvrcorrespondingto
SNRvaluesbelowthislinearediscardedbytheSNRfilter.NSNR
(red)correspondstothenumberofpoints(andpercentagerelative
toalldata)recoveredbytheSNRfilter,whileNcluster>−27dB(blue)
andNnoise>−27dB(grey)correspondtothenumberofscatterers(and
percentagerelativetoalldata)recoveredbytheSNRfilterbutat-
tributedtothepointscorrespondingtonoiseandreasonablevalues
bytheDBSCANfilter,respectively.

parametersforeachscanconfiguration,wekeptεconstant
andadjustednsampleaccordingtothechangeinabsolutesam-
plesize.ForRHIscanstheDBSCANalgorithmwithcor-
respondingεandnsamplewasappliedtoeachcross-section
individually,whilefortheDBSscans,theDBSCANalgo-
rithmwasappliedtothe10mintimeseriesofeachbeam
directionindividually.Specifictothenumberofpointssam-
pledintheRHIscanpresentedhere,weapplyε=0.6and
nsample=150.

FortheexampledisplayedinFig.3,theDBSCANalgo-
rithmidentifiesaclusterofvrvaluesasreasonable,which
makesup62%oftheobserveddatapoints.Theremain-
ing38%ofthedatapointsareclassifiedasnoise(36%)
orfeatures(2%),suchasrange-foldedambiguities(Bonin
andBrewer,2017),obstacles,andclouds.Themajorityof
noiseidentifiedbytheDBSCANalgorithm(31%)isevident
justbelowSNR=−27dB,wherevrfluctuates±30ms

−1.
Inordertoremovenoisefromthevrdatatheconventional
SNRthresholdisthereforereasonablysetto−27dB.How-
ever,whenapplyingtheSNRthresholdfiltertotheRHIscan,
only19%ofthevrvaluesarekeptandalargeamountof
dataidentifiedasreasonablebytheDBSCANfilter(48%)
arediscarded.Further,only14%ofthedatapointsareboth
abovetheSNRthresholdandwithintheclusteridentifiedas
reasonablebytheDBSCANalgorithm,while5%ofthedata

pointswhichareabovetheSNRthresholdareclassifiedas
noise(3%)orirregularerroneousfeaturesandclouds(2%).

Figure4showstheRHIcross-sectionsofvrvalues
(Fig.4a)andSNRvalues(Fig.4b)thatarescatteredagainst
eachotherinFig.3,aswellasthefilteredvrvaluesusing
theSNRthreshold(Fig.4c)andusingtheDBSCANalgo-
rithm(Fig.4d).Thisdepictionallowsustoinvestigatethe
abilityoftheSNRthresholdfilteraswellastheDBSCAN
filtertodiscardnoiseanderroneousfeatures,whileretaining
validdatapoints.Thesituationcapturedon29July2022at
StarmoenbythisRHIscanisconvectiveandrathercomplex,
whichisevidentmainlyfromtheconvergenceofthehorizon-
talvelocityclosetothesurfacearoundthex=−1kmhor-
izontalofdistancemark,visibleinthenon-filteredvrdata
(Fig.4a).TheobtainedSNRisverylow(below−27dB)
bothclosetolidarandatalargerrange(Fig.4b).Forrbe-
yond≈2kmdistancefromthelidartheoriginallyobserved
vrvalues(Fig.4a)areirregularandnoisy,whiletheyappear
ratherregularclosetothelidardespitethecomparablelow
SNR(Fig.4b).Onlyforrbetween0.8and1.8kmfromthe
lidaristheSNRincreasedoverall.Additionally,severalfea-
turesofpartiallyirregularvrvalues,whichcorrespondtolo-
cal,stronglyincreasedSNR,arevisible(Fig.4b).Weiden-
tifyrange-foldedambiguitiesaround(x,z)=(1.0,0.5)and
(x,z)=(−3.0,0.5)km,aphysicalobstaclewhichblocks
theLOSaround(x,z)=(−1.2,0.0)km,andacloudaround
(x,z)=(−2.0,2.3)km.Thesefeaturesarealsoapparentin
thevrvalues(Fig.4a)andhighlightedinmintintheRHI
cross-sectionwiththeDBSCANfilterapplied(Fig.4d).

TheSNRthresholdfilter(Fig.4c)removesalargenumber
ofvrvalueswithina1kmradiusaroundthelidarandatr
largerthan2kmfromthelidar.Yet,erroneousvrvaluescor-
respondingtorange-foldedambiguitiesarenotfilteredout.
Onthebasisoftheremainingvrdata,theconvectivecircu-
lationishardlyrecognizable.TheRHIscanobservedduring
thesametimeperiodfromthecomplementarylidarexperi-
encesasimilarextremereductionofvrvalueswhenapplying
theSNRthresholdfilter(notshownhere).Asaconsequence
theregionofvalidoverlappingvrisevenmorereducedand
willyieldanevenlessvaluableretrievalofuandwafter
applyingtheSNRthresholdfilter.

TheDBSCANfilter(Fig.4d),ontheotherhand,success-
fullyremovesnoise,whichisclearlyevidentinthenon-
filteredvrobservations(Fig.4a)atr>2kmfromthelidar.
ReasonablevrvalueswithSNR<−27dB,whichfollowthe
sameradialvelocitypatternsasthesurroundingnon-noisy
pointsthatareabovethe−27dBthreshold,arenotfiltered
closetothelidaroratlargerdistances.IncontrasttotheSNR
thresholdfilter(Fig.4c)theinformationabouttheconvective
flowfieldisretainedbytheDBSCANfilter(Fig.4d).The
smallnumberofpointsattributedtonoiseabove−27dBby
theDBSCANalgorithm(3%)aredistributedoverthecross-
sectionandthereforehavenorelevancefortheretrievalper-
formance.Here,asufficientnumberofvalidvrvaluesare
withinRformostCartesianpointscoveringtheconvective

Atmos.Meas.Tech.,16,5103–5123,2023https://doi.org/10.5194/amt-16-5103-2023

5110C.Duschaetal.:Observingatmosphericconvectionwithdual-scanninglidars

Figure3.ScatterofvragainstSNR,withaDBSCAN-identified
clusterofdensescatterers(validvr)markedinblue,rarefiedscat-
terers(noise)markedingrey,andrarefiedscattererscorrespond-
ingtofeaturesmarkedinmint.Thenumberofpoints(andthe
percentagerelativetoalldata)classifiedasnoise(Nnoise,grey),fea-
tures(Nfeatures,mint),andclustersofreasonablepoints(Ncluster,
blue)aredocumentedintheupperleftcorner.Thedashedredline
indicatesthe−27dBSNRthreshold.Valuesofvrcorrespondingto
SNRvaluesbelowthislinearediscardedbytheSNRfilter.NSNR
(red)correspondstothenumberofpoints(andpercentagerelative
toalldata)recoveredbytheSNRfilter,whileNcluster>−27dB(blue)
andNnoise>−27dB(grey)correspondtothenumberofscatterers(and
percentagerelativetoalldata)recoveredbytheSNRfilterbutat-
tributedtothepointscorrespondingtonoiseandreasonablevalues
bytheDBSCANfilter,respectively.

parametersforeachscanconfiguration,wekeptεconstant
andadjustednsampleaccordingtothechangeinabsolutesam-
plesize.ForRHIscanstheDBSCANalgorithmwithcor-
respondingεandnsamplewasappliedtoeachcross-section
individually,whilefortheDBSscans,theDBSCANalgo-
rithmwasappliedtothe10mintimeseriesofeachbeam
directionindividually.Specifictothenumberofpointssam-
pledintheRHIscanpresentedhere,weapplyε=0.6and
nsample=150.

FortheexampledisplayedinFig.3,theDBSCANalgo-
rithmidentifiesaclusterofvrvaluesasreasonable,which
makesup62%oftheobserveddatapoints.Theremain-
ing38%ofthedatapointsareclassifiedasnoise(36%)
orfeatures(2%),suchasrange-foldedambiguities(Bonin
andBrewer,2017),obstacles,andclouds.Themajorityof
noiseidentifiedbytheDBSCANalgorithm(31%)isevident
justbelowSNR=−27dB,wherevrfluctuates±30ms
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SNRthresholdisthereforereasonablysetto−27dB.How-
ever,whenapplyingtheSNRthresholdfiltertotheRHIscan,
only19%ofthevrvaluesarekeptandalargeamountof
dataidentifiedasreasonablebytheDBSCANfilter(48%)
arediscarded.Further,only14%ofthedatapointsareboth
abovetheSNRthresholdandwithintheclusteridentifiedas
reasonablebytheDBSCANalgorithm,while5%ofthedata

pointswhichareabovetheSNRthresholdareclassifiedas
noise(3%)orirregularerroneousfeaturesandclouds(2%).

Figure4showstheRHIcross-sectionsofvrvalues
(Fig.4a)andSNRvalues(Fig.4b)thatarescatteredagainst
eachotherinFig.3,aswellasthefilteredvrvaluesusing
theSNRthreshold(Fig.4c)andusingtheDBSCANalgo-
rithm(Fig.4d).Thisdepictionallowsustoinvestigatethe
abilityoftheSNRthresholdfilteraswellastheDBSCAN
filtertodiscardnoiseanderroneousfeatures,whileretaining
validdatapoints.Thesituationcapturedon29July2022at
StarmoenbythisRHIscanisconvectiveandrathercomplex,
whichisevidentmainlyfromtheconvergenceofthehorizon-
talvelocityclosetothesurfacearoundthex=−1kmhor-
izontalofdistancemark,visibleinthenon-filteredvrdata
(Fig.4a).TheobtainedSNRisverylow(below−27dB)
bothclosetolidarandatalargerrange(Fig.4b).Forrbe-
yond≈2kmdistancefromthelidartheoriginallyobserved
vrvalues(Fig.4a)areirregularandnoisy,whiletheyappear
ratherregularclosetothelidardespitethecomparablelow
SNR(Fig.4b).Onlyforrbetween0.8and1.8kmfromthe
lidaristheSNRincreasedoverall.Additionally,severalfea-
turesofpartiallyirregularvrvalues,whichcorrespondtolo-
cal,stronglyincreasedSNR,arevisible(Fig.4b).Weiden-
tifyrange-foldedambiguitiesaround(x,z)=(1.0,0.5)and
(x,z)=(−3.0,0.5)km,aphysicalobstaclewhichblocks
theLOSaround(x,z)=(−1.2,0.0)km,andacloudaround
(x,z)=(−2.0,2.3)km.Thesefeaturesarealsoapparentin
thevrvalues(Fig.4a)andhighlightedinmintintheRHI
cross-sectionwiththeDBSCANfilterapplied(Fig.4d).

TheSNRthresholdfilter(Fig.4c)removesalargenumber
ofvrvalueswithina1kmradiusaroundthelidarandatr
largerthan2kmfromthelidar.Yet,erroneousvrvaluescor-
respondingtorange-foldedambiguitiesarenotfilteredout.
Onthebasisoftheremainingvrdata,theconvectivecircu-
lationishardlyrecognizable.TheRHIscanobservedduring
thesametimeperiodfromthecomplementarylidarexperi-
encesasimilarextremereductionofvrvalueswhenapplying
theSNRthresholdfilter(notshownhere).Asaconsequence
theregionofvalidoverlappingvrisevenmorereducedand
willyieldanevenlessvaluableretrievalofuandwafter
applyingtheSNRthresholdfilter.

TheDBSCANfilter(Fig.4d),ontheotherhand,success-
fullyremovesnoise,whichisclearlyevidentinthenon-
filteredvrobservations(Fig.4a)atr>2kmfromthelidar.
ReasonablevrvalueswithSNR<−27dB,whichfollowthe
sameradialvelocitypatternsasthesurroundingnon-noisy
pointsthatareabovethe−27dBthreshold,arenotfiltered
closetothelidaroratlargerdistances.IncontrasttotheSNR
thresholdfilter(Fig.4c)theinformationabouttheconvective
flowfieldisretainedbytheDBSCANfilter(Fig.4d).The
smallnumberofpointsattributedtonoiseabove−27dBby
theDBSCANalgorithm(3%)aredistributedoverthecross-
sectionandthereforehavenorelevancefortheretrievalper-
formance.Here,asufficientnumberofvalidvrvaluesare
withinRformostCartesianpointscoveringtheconvective
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Figure 4. Sample RHI scan from the Starmoen campaign on 29 July 2022 at 14:20 UTC with (a) observed vr, (b) observed SNR, (c) filtered
vr using an SNR threshold, and (d) filtered vr using the DBSCAN clustering algorithm. Grey areas correspond to filtered values flagged as
NaN by the (c) SNR threshold filter or the (d) DBSCAN filter. Features also flagged as NaN by the DBSCAN filter are highlighted in mint.

circulation. Further, most range-folded ambiguities and fea-
tures caused by blocking of LOS by obstacles are removed
from the data. Unfortunately, this also includes parts of the
data points obtained within clouds, which is of interest for the
convective circulation. Still, the gain of retained data points
corresponding to the convective circulation (48 %) within the
boundary layer outweighs the loss of data points within the
cloud (< 2 %) at the edge of the circulation achieved by the
DBSCAN filter.

The example presented in Figs. 3 and 4 corresponds to
conditions with comparably low aerosol content due to pre-
ceding periods with precipitation during the Starmoen cam-
paign. Considering the composite of relevant RHI scans
throughout the convective day at Starmoen (29 July 2022)
which is presented in this study, the DBSCAN filter discards
61 % (and retains 39 %) of data points, while the SNR fil-
ter discards 85 % (and retains only 15 %) of data points. The
lower recovery rates compared to the presented example are
mainly due to lower boundary layer depths at earlier hours
during the day (see Sects. 5.1 and 6.1). During the Vaksinen
campaign, we did not sample any precipitation event in the
period prior to the convective day, which is presented as an
example case in this study. As a consequence, aerosols could
accumulate in the boundary layer, and SNR was compara-
bly high. Filtering by DBSCAN (discarded: 38 %, retained:
62 %) and SNR threshold (discarded: 60 %, retained: 40 %)
yielded comparably lower rates of removal for the evaluated
convective day at Vaksinen (28 May 2021). Even lower and

more similar removal rates are found for the DBSCAN filter
(discarded: 19 %, retained: 81 %) and the SNR threshold fil-
ter (discarded: 23 %, retained: 77 %) on 28 May 2021 when
considering only the filtered values within the boundary layer
(for boundary layer depth estimation see Sect. 5.1). Here, the
DBSCAN filter outperforms the SNR threshold filter, mainly
by removing noise and range-folded ambiguities which are
also present at SNR>−27 dB.

Due to the improved data quality and availability, we
prepare the vr data for further processing by applying the
DBSCAN filter to each RHI scan (and DBS scan series)
throughout the evaluated convective days of both campaigns.
Since the DBSCAN algorithm is relatively costly in terms
of computational power, we store the filtered data in hourly
NetCDF files, along with the other relevant variables ob-
served by the lidar. This dataset is utilized in the following
processing step.

4.2 Temporal interpolation

Dependent on the scan configuration (Table 3), each indi-
vidual RHI scan takes a few tens of seconds up to 2.5 min.
Consequently, the RHI scans used for the reconstruction of
the wind field between the two lidars are not instantaneous
snapshots of the radial velocity field. Only the observations
along the beam of a single θ correspond to the same time step
within the same RHI scan. Even if the RHI scans of the two
lidars are perfectly synchronized, only a very small number
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Figure4.SampleRHIscanfromtheStarmoencampaignon29July2022at14:20UTCwith(a)observedvr,(b)observedSNR,(c)filtered
vrusinganSNRthreshold,and(d)filteredvrusingtheDBSCANclusteringalgorithm.Greyareascorrespondtofilteredvaluesflaggedas
NaNbythe(c)SNRthresholdfilterorthe(d)DBSCANfilter.FeaturesalsoflaggedasNaNbytheDBSCANfilterarehighlightedinmint.

circulation.Further,mostrange-foldedambiguitiesandfea-
turescausedbyblockingofLOSbyobstaclesareremoved
fromthedata.Unfortunately,thisalsoincludespartsofthe
datapointsobtainedwithinclouds,whichisofinterestforthe
convectivecirculation.Still,thegainofretaineddatapoints
correspondingtotheconvectivecirculation(48%)withinthe
boundarylayeroutweighsthelossofdatapointswithinthe
cloud(<2%)attheedgeofthecirculationachievedbythe
DBSCANfilter.

TheexamplepresentedinFigs.3and4correspondsto
conditionswithcomparablylowaerosolcontentduetopre-
cedingperiodswithprecipitationduringtheStarmoencam-
paign.ConsideringthecompositeofrelevantRHIscans
throughouttheconvectivedayatStarmoen(29July2022)
whichispresentedinthisstudy,theDBSCANfilterdiscards
61%(andretains39%)ofdatapoints,whiletheSNRfil-
terdiscards85%(andretainsonly15%)ofdatapoints.The
lowerrecoveryratescomparedtothepresentedexampleare
mainlyduetolowerboundarylayerdepthsatearlierhours
duringtheday(seeSects.5.1and6.1).DuringtheVaksinen
campaign,wedidnotsampleanyprecipitationeventinthe
periodpriortotheconvectiveday,whichispresentedasan
examplecaseinthisstudy.Asaconsequence,aerosolscould
accumulateintheboundarylayer,andSNRwascompara-
blyhigh.FilteringbyDBSCAN(discarded:38%,retained:
62%)andSNRthreshold(discarded:60%,retained:40%)
yieldedcomparablylowerratesofremovalfortheevaluated
convectivedayatVaksinen(28May2021).Evenlowerand

moresimilarremovalratesarefoundfortheDBSCANfilter
(discarded:19%,retained:81%)andtheSNRthresholdfil-
ter(discarded:23%,retained:77%)on28May2021when
consideringonlythefilteredvalueswithintheboundarylayer
(forboundarylayerdepthestimationseeSect.5.1).Here,the
DBSCANfilteroutperformstheSNRthresholdfilter,mainly
byremovingnoiseandrange-foldedambiguitieswhichare
alsopresentatSNR>−27dB.

Duetotheimproveddataqualityandavailability,we
preparethevrdataforfurtherprocessingbyapplyingthe
DBSCANfiltertoeachRHIscan(andDBSscanseries)
throughouttheevaluatedconvectivedaysofbothcampaigns.
SincetheDBSCANalgorithmisrelativelycostlyinterms
ofcomputationalpower,westorethefiltereddatainhourly
NetCDFfiles,alongwiththeotherrelevantvariablesob-
servedbythelidar.Thisdatasetisutilizedinthefollowing
processingstep.

4.2Temporalinterpolation

Dependentonthescanconfiguration(Table3),eachindi-
vidualRHIscantakesafewtensofsecondsupto2.5min.
Consequently,theRHIscansusedforthereconstructionof
thewindfieldbetweenthetwolidarsarenotinstantaneous
snapshotsoftheradialvelocityfield.Onlytheobservations
alongthebeamofasingleθcorrespondtothesametimestep
withinthesameRHIscan.EveniftheRHIscansofthetwo
lidarsareperfectlysynchronized,onlyaverysmallnumber
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Figure4.SampleRHIscanfromtheStarmoencampaignon29July2022at14:20UTCwith(a)observedvr,(b)observedSNR,(c)filtered
vrusinganSNRthreshold,and(d)filteredvrusingtheDBSCANclusteringalgorithm.Greyareascorrespondtofilteredvaluesflaggedas
NaNbythe(c)SNRthresholdfilterorthe(d)DBSCANfilter.FeaturesalsoflaggedasNaNbytheDBSCANfilterarehighlightedinmint.

circulation.Further,mostrange-foldedambiguitiesandfea-
turescausedbyblockingofLOSbyobstaclesareremoved
fromthedata.Unfortunately,thisalsoincludespartsofthe
datapointsobtainedwithinclouds,whichisofinterestforthe
convectivecirculation.Still,thegainofretaineddatapoints
correspondingtotheconvectivecirculation(48%)withinthe
boundarylayeroutweighsthelossofdatapointswithinthe
cloud(<2%)attheedgeofthecirculationachievedbythe
DBSCANfilter.

TheexamplepresentedinFigs.3and4correspondsto
conditionswithcomparablylowaerosolcontentduetopre-
cedingperiodswithprecipitationduringtheStarmoencam-
paign.ConsideringthecompositeofrelevantRHIscans
throughouttheconvectivedayatStarmoen(29July2022)
whichispresentedinthisstudy,theDBSCANfilterdiscards
61%(andretains39%)ofdatapoints,whiletheSNRfil-
terdiscards85%(andretainsonly15%)ofdatapoints.The
lowerrecoveryratescomparedtothepresentedexampleare
mainlyduetolowerboundarylayerdepthsatearlierhours
duringtheday(seeSects.5.1and6.1).DuringtheVaksinen
campaign,wedidnotsampleanyprecipitationeventinthe
periodpriortotheconvectiveday,whichispresentedasan
examplecaseinthisstudy.Asaconsequence,aerosolscould
accumulateintheboundarylayer,andSNRwascompara-
blyhigh.FilteringbyDBSCAN(discarded:38%,retained:
62%)andSNRthreshold(discarded:60%,retained:40%)
yieldedcomparablylowerratesofremovalfortheevaluated
convectivedayatVaksinen(28May2021).Evenlowerand

moresimilarremovalratesarefoundfortheDBSCANfilter
(discarded:19%,retained:81%)andtheSNRthresholdfil-
ter(discarded:23%,retained:77%)on28May2021when
consideringonlythefilteredvalueswithintheboundarylayer
(forboundarylayerdepthestimationseeSect.5.1).Here,the
DBSCANfilteroutperformstheSNRthresholdfilter,mainly
byremovingnoiseandrange-foldedambiguitieswhichare
alsopresentatSNR>−27dB.

Duetotheimproveddataqualityandavailability,we
preparethevrdataforfurtherprocessingbyapplyingthe
DBSCANfiltertoeachRHIscan(andDBSscanseries)
throughouttheevaluatedconvectivedaysofbothcampaigns.
SincetheDBSCANalgorithmisrelativelycostlyinterms
ofcomputationalpower,westorethefiltereddatainhourly
NetCDFfiles,alongwiththeotherrelevantvariablesob-
servedbythelidar.Thisdatasetisutilizedinthefollowing
processingstep.

4.2Temporalinterpolation

Dependentonthescanconfiguration(Table3),eachindi-
vidualRHIscantakesafewtensofsecondsupto2.5min.
Consequently,theRHIscansusedforthereconstructionof
thewindfieldbetweenthetwolidarsarenotinstantaneous
snapshotsoftheradialvelocityfield.Onlytheobservations
alongthebeamofasingleθcorrespondtothesametimestep
withinthesameRHIscan.EveniftheRHIscansofthetwo
lidarsareperfectlysynchronized,onlyaverysmallnumber

https://doi.org/10.5194/amt-16-5103-2023Atmos.Meas.Tech.,16,5103–5123,2023

C. Duscha et al.: Observing atmospheric convection with dual-scanning lidars 5111

Figure 4. Sample RHI scan from the Starmoen campaign on 29 July 2022 at 14:20 UTC with (a) observed vr, (b) observed SNR, (c) filtered
vr using an SNR threshold, and (d) filtered vr using the DBSCAN clustering algorithm. Grey areas correspond to filtered values flagged as
NaN by the (c) SNR threshold filter or the (d) DBSCAN filter. Features also flagged as NaN by the DBSCAN filter are highlighted in mint.

circulation. Further, most range-folded ambiguities and fea-
tures caused by blocking of LOS by obstacles are removed
from the data. Unfortunately, this also includes parts of the
data points obtained within clouds, which is of interest for the
convective circulation. Still, the gain of retained data points
corresponding to the convective circulation (48 %) within the
boundary layer outweighs the loss of data points within the
cloud (< 2 %) at the edge of the circulation achieved by the
DBSCAN filter.

The example presented in Figs. 3 and 4 corresponds to
conditions with comparably low aerosol content due to pre-
ceding periods with precipitation during the Starmoen cam-
paign. Considering the composite of relevant RHI scans
throughout the convective day at Starmoen (29 July 2022)
which is presented in this study, the DBSCAN filter discards
61 % (and retains 39 %) of data points, while the SNR fil-
ter discards 85 % (and retains only 15 %) of data points. The
lower recovery rates compared to the presented example are
mainly due to lower boundary layer depths at earlier hours
during the day (see Sects. 5.1 and 6.1). During the Vaksinen
campaign, we did not sample any precipitation event in the
period prior to the convective day, which is presented as an
example case in this study. As a consequence, aerosols could
accumulate in the boundary layer, and SNR was compara-
bly high. Filtering by DBSCAN (discarded: 38 %, retained:
62 %) and SNR threshold (discarded: 60 %, retained: 40 %)
yielded comparably lower rates of removal for the evaluated
convective day at Vaksinen (28 May 2021). Even lower and

more similar removal rates are found for the DBSCAN filter
(discarded: 19 %, retained: 81 %) and the SNR threshold fil-
ter (discarded: 23 %, retained: 77 %) on 28 May 2021 when
considering only the filtered values within the boundary layer
(for boundary layer depth estimation see Sect. 5.1). Here, the
DBSCAN filter outperforms the SNR threshold filter, mainly
by removing noise and range-folded ambiguities which are
also present at SNR>−27 dB.

Due to the improved data quality and availability, we
prepare the vr data for further processing by applying the
DBSCAN filter to each RHI scan (and DBS scan series)
throughout the evaluated convective days of both campaigns.
Since the DBSCAN algorithm is relatively costly in terms
of computational power, we store the filtered data in hourly
NetCDF files, along with the other relevant variables ob-
served by the lidar. This dataset is utilized in the following
processing step.

4.2 Temporal interpolation

Dependent on the scan configuration (Table 3), each indi-
vidual RHI scan takes a few tens of seconds up to 2.5 min.
Consequently, the RHI scans used for the reconstruction of
the wind field between the two lidars are not instantaneous
snapshots of the radial velocity field. Only the observations
along the beam of a single θ correspond to the same time step
within the same RHI scan. Even if the RHI scans of the two
lidars are perfectly synchronized, only a very small number
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Figure 4. Sample RHI scan from the Starmoen campaign on 29 July 2022 at 14:20 UTC with (a) observed vr, (b) observed SNR, (c) filtered
vr using an SNR threshold, and (d) filtered vr using the DBSCAN clustering algorithm. Grey areas correspond to filtered values flagged as
NaN by the (c) SNR threshold filter or the (d) DBSCAN filter. Features also flagged as NaN by the DBSCAN filter are highlighted in mint.

circulation. Further, most range-folded ambiguities and fea-
tures caused by blocking of LOS by obstacles are removed
from the data. Unfortunately, this also includes parts of the
data points obtained within clouds, which is of interest for the
convective circulation. Still, the gain of retained data points
corresponding to the convective circulation (48 %) within the
boundary layer outweighs the loss of data points within the
cloud (< 2 %) at the edge of the circulation achieved by the
DBSCAN filter.

The example presented in Figs. 3 and 4 corresponds to
conditions with comparably low aerosol content due to pre-
ceding periods with precipitation during the Starmoen cam-
paign. Considering the composite of relevant RHI scans
throughout the convective day at Starmoen (29 July 2022)
which is presented in this study, the DBSCAN filter discards
61 % (and retains 39 %) of data points, while the SNR fil-
ter discards 85 % (and retains only 15 %) of data points. The
lower recovery rates compared to the presented example are
mainly due to lower boundary layer depths at earlier hours
during the day (see Sects. 5.1 and 6.1). During the Vaksinen
campaign, we did not sample any precipitation event in the
period prior to the convective day, which is presented as an
example case in this study. As a consequence, aerosols could
accumulate in the boundary layer, and SNR was compara-
bly high. Filtering by DBSCAN (discarded: 38 %, retained:
62 %) and SNR threshold (discarded: 60 %, retained: 40 %)
yielded comparably lower rates of removal for the evaluated
convective day at Vaksinen (28 May 2021). Even lower and

more similar removal rates are found for the DBSCAN filter
(discarded: 19 %, retained: 81 %) and the SNR threshold fil-
ter (discarded: 23 %, retained: 77 %) on 28 May 2021 when
considering only the filtered values within the boundary layer
(for boundary layer depth estimation see Sect. 5.1). Here, the
DBSCAN filter outperforms the SNR threshold filter, mainly
by removing noise and range-folded ambiguities which are
also present at SNR>−27 dB.

Due to the improved data quality and availability, we
prepare the vr data for further processing by applying the
DBSCAN filter to each RHI scan (and DBS scan series)
throughout the evaluated convective days of both campaigns.
Since the DBSCAN algorithm is relatively costly in terms
of computational power, we store the filtered data in hourly
NetCDF files, along with the other relevant variables ob-
served by the lidar. This dataset is utilized in the following
processing step.

4.2 Temporal interpolation

Dependent on the scan configuration (Table 3), each indi-
vidual RHI scan takes a few tens of seconds up to 2.5 min.
Consequently, the RHI scans used for the reconstruction of
the wind field between the two lidars are not instantaneous
snapshots of the radial velocity field. Only the observations
along the beam of a single θ correspond to the same time step
within the same RHI scan. Even if the RHI scans of the two
lidars are perfectly synchronized, only a very small number
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Figure4.SampleRHIscanfromtheStarmoencampaignon29July2022at14:20UTCwith(a)observedvr,(b)observedSNR,(c)filtered
vrusinganSNRthreshold,and(d)filteredvrusingtheDBSCANclusteringalgorithm.Greyareascorrespondtofilteredvaluesflaggedas
NaNbythe(c)SNRthresholdfilterorthe(d)DBSCANfilter.FeaturesalsoflaggedasNaNbytheDBSCANfilterarehighlightedinmint.

circulation.Further,mostrange-foldedambiguitiesandfea-
turescausedbyblockingofLOSbyobstaclesareremoved
fromthedata.Unfortunately,thisalsoincludespartsofthe
datapointsobtainedwithinclouds,whichisofinterestforthe
convectivecirculation.Still,thegainofretaineddatapoints
correspondingtotheconvectivecirculation(48%)withinthe
boundarylayeroutweighsthelossofdatapointswithinthe
cloud(<2%)attheedgeofthecirculationachievedbythe
DBSCANfilter.

TheexamplepresentedinFigs.3and4correspondsto
conditionswithcomparablylowaerosolcontentduetopre-
cedingperiodswithprecipitationduringtheStarmoencam-
paign.ConsideringthecompositeofrelevantRHIscans
throughouttheconvectivedayatStarmoen(29July2022)
whichispresentedinthisstudy,theDBSCANfilterdiscards
61%(andretains39%)ofdatapoints,whiletheSNRfil-
terdiscards85%(andretainsonly15%)ofdatapoints.The
lowerrecoveryratescomparedtothepresentedexampleare
mainlyduetolowerboundarylayerdepthsatearlierhours
duringtheday(seeSects.5.1and6.1).DuringtheVaksinen
campaign,wedidnotsampleanyprecipitationeventinthe
periodpriortotheconvectiveday,whichispresentedasan
examplecaseinthisstudy.Asaconsequence,aerosolscould
accumulateintheboundarylayer,andSNRwascompara-
blyhigh.FilteringbyDBSCAN(discarded:38%,retained:
62%)andSNRthreshold(discarded:60%,retained:40%)
yieldedcomparablylowerratesofremovalfortheevaluated
convectivedayatVaksinen(28May2021).Evenlowerand

moresimilarremovalratesarefoundfortheDBSCANfilter
(discarded:19%,retained:81%)andtheSNRthresholdfil-
ter(discarded:23%,retained:77%)on28May2021when
consideringonlythefilteredvalueswithintheboundarylayer
(forboundarylayerdepthestimationseeSect.5.1).Here,the
DBSCANfilteroutperformstheSNRthresholdfilter,mainly
byremovingnoiseandrange-foldedambiguitieswhichare
alsopresentatSNR>−27dB.

Duetotheimproveddataqualityandavailability,we
preparethevrdataforfurtherprocessingbyapplyingthe
DBSCANfiltertoeachRHIscan(andDBSscanseries)
throughouttheevaluatedconvectivedaysofbothcampaigns.
SincetheDBSCANalgorithmisrelativelycostlyinterms
ofcomputationalpower,westorethefiltereddatainhourly
NetCDFfiles,alongwiththeotherrelevantvariablesob-
servedbythelidar.Thisdatasetisutilizedinthefollowing
processingstep.

4.2Temporalinterpolation

Dependentonthescanconfiguration(Table3),eachindi-
vidualRHIscantakesafewtensofsecondsupto2.5min.
Consequently,theRHIscansusedforthereconstructionof
thewindfieldbetweenthetwolidarsarenotinstantaneous
snapshotsoftheradialvelocityfield.Onlytheobservations
alongthebeamofasingleθcorrespondtothesametimestep
withinthesameRHIscan.EveniftheRHIscansofthetwo
lidarsareperfectlysynchronized,onlyaverysmallnumber
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Figure4.SampleRHIscanfromtheStarmoencampaignon29July2022at14:20UTCwith(a)observedvr,(b)observedSNR,(c)filtered
vrusinganSNRthreshold,and(d)filteredvrusingtheDBSCANclusteringalgorithm.Greyareascorrespondtofilteredvaluesflaggedas
NaNbythe(c)SNRthresholdfilterorthe(d)DBSCANfilter.FeaturesalsoflaggedasNaNbytheDBSCANfilterarehighlightedinmint.

circulation.Further,mostrange-foldedambiguitiesandfea-
turescausedbyblockingofLOSbyobstaclesareremoved
fromthedata.Unfortunately,thisalsoincludespartsofthe
datapointsobtainedwithinclouds,whichisofinterestforthe
convectivecirculation.Still,thegainofretaineddatapoints
correspondingtotheconvectivecirculation(48%)withinthe
boundarylayeroutweighsthelossofdatapointswithinthe
cloud(<2%)attheedgeofthecirculationachievedbythe
DBSCANfilter.

TheexamplepresentedinFigs.3and4correspondsto
conditionswithcomparablylowaerosolcontentduetopre-
cedingperiodswithprecipitationduringtheStarmoencam-
paign.ConsideringthecompositeofrelevantRHIscans
throughouttheconvectivedayatStarmoen(29July2022)
whichispresentedinthisstudy,theDBSCANfilterdiscards
61%(andretains39%)ofdatapoints,whiletheSNRfil-
terdiscards85%(andretainsonly15%)ofdatapoints.The
lowerrecoveryratescomparedtothepresentedexampleare
mainlyduetolowerboundarylayerdepthsatearlierhours
duringtheday(seeSects.5.1and6.1).DuringtheVaksinen
campaign,wedidnotsampleanyprecipitationeventinthe
periodpriortotheconvectiveday,whichispresentedasan
examplecaseinthisstudy.Asaconsequence,aerosolscould
accumulateintheboundarylayer,andSNRwascompara-
blyhigh.FilteringbyDBSCAN(discarded:38%,retained:
62%)andSNRthreshold(discarded:60%,retained:40%)
yieldedcomparablylowerratesofremovalfortheevaluated
convectivedayatVaksinen(28May2021).Evenlowerand

moresimilarremovalratesarefoundfortheDBSCANfilter
(discarded:19%,retained:81%)andtheSNRthresholdfil-
ter(discarded:23%,retained:77%)on28May2021when
consideringonlythefilteredvalueswithintheboundarylayer
(forboundarylayerdepthestimationseeSect.5.1).Here,the
DBSCANfilteroutperformstheSNRthresholdfilter,mainly
byremovingnoiseandrange-foldedambiguitieswhichare
alsopresentatSNR>−27dB.

Duetotheimproveddataqualityandavailability,we
preparethevrdataforfurtherprocessingbyapplyingthe
DBSCANfiltertoeachRHIscan(andDBSscanseries)
throughouttheevaluatedconvectivedaysofbothcampaigns.
SincetheDBSCANalgorithmisrelativelycostlyinterms
ofcomputationalpower,westorethefiltereddatainhourly
NetCDFfiles,alongwiththeotherrelevantvariablesob-
servedbythelidar.Thisdatasetisutilizedinthefollowing
processingstep.

4.2Temporalinterpolation

Dependentonthescanconfiguration(Table3),eachindi-
vidualRHIscantakesafewtensofsecondsupto2.5min.
Consequently,theRHIscansusedforthereconstructionof
thewindfieldbetweenthetwolidarsarenotinstantaneous
snapshotsoftheradialvelocityfield.Onlytheobservations
alongthebeamofasingleθcorrespondtothesametimestep
withinthesameRHIscan.EveniftheRHIscansofthetwo
lidarsareperfectlysynchronized,onlyaverysmallnumber
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Figure4.SampleRHIscanfromtheStarmoencampaignon29July2022at14:20UTCwith(a)observedvr,(b)observedSNR,(c)filtered
vrusinganSNRthreshold,and(d)filteredvrusingtheDBSCANclusteringalgorithm.Greyareascorrespondtofilteredvaluesflaggedas
NaNbythe(c)SNRthresholdfilterorthe(d)DBSCANfilter.FeaturesalsoflaggedasNaNbytheDBSCANfilterarehighlightedinmint.

circulation.Further,mostrange-foldedambiguitiesandfea-
turescausedbyblockingofLOSbyobstaclesareremoved
fromthedata.Unfortunately,thisalsoincludespartsofthe
datapointsobtainedwithinclouds,whichisofinterestforthe
convectivecirculation.Still,thegainofretaineddatapoints
correspondingtotheconvectivecirculation(48%)withinthe
boundarylayeroutweighsthelossofdatapointswithinthe
cloud(<2%)attheedgeofthecirculationachievedbythe
DBSCANfilter.

TheexamplepresentedinFigs.3and4correspondsto
conditionswithcomparablylowaerosolcontentduetopre-
cedingperiodswithprecipitationduringtheStarmoencam-
paign.ConsideringthecompositeofrelevantRHIscans
throughouttheconvectivedayatStarmoen(29July2022)
whichispresentedinthisstudy,theDBSCANfilterdiscards
61%(andretains39%)ofdatapoints,whiletheSNRfil-
terdiscards85%(andretainsonly15%)ofdatapoints.The
lowerrecoveryratescomparedtothepresentedexampleare
mainlyduetolowerboundarylayerdepthsatearlierhours
duringtheday(seeSects.5.1and6.1).DuringtheVaksinen
campaign,wedidnotsampleanyprecipitationeventinthe
periodpriortotheconvectiveday,whichispresentedasan
examplecaseinthisstudy.Asaconsequence,aerosolscould
accumulateintheboundarylayer,andSNRwascompara-
blyhigh.FilteringbyDBSCAN(discarded:38%,retained:
62%)andSNRthreshold(discarded:60%,retained:40%)
yieldedcomparablylowerratesofremovalfortheevaluated
convectivedayatVaksinen(28May2021).Evenlowerand

moresimilarremovalratesarefoundfortheDBSCANfilter
(discarded:19%,retained:81%)andtheSNRthresholdfil-
ter(discarded:23%,retained:77%)on28May2021when
consideringonlythefilteredvalueswithintheboundarylayer
(forboundarylayerdepthestimationseeSect.5.1).Here,the
DBSCANfilteroutperformstheSNRthresholdfilter,mainly
byremovingnoiseandrange-foldedambiguitieswhichare
alsopresentatSNR>−27dB.

Duetotheimproveddataqualityandavailability,we
preparethevrdataforfurtherprocessingbyapplyingthe
DBSCANfiltertoeachRHIscan(andDBSscanseries)
throughouttheevaluatedconvectivedaysofbothcampaigns.
SincetheDBSCANalgorithmisrelativelycostlyinterms
ofcomputationalpower,westorethefiltereddatainhourly
NetCDFfiles,alongwiththeotherrelevantvariablesob-
servedbythelidar.Thisdatasetisutilizedinthefollowing
processingstep.

4.2Temporalinterpolation

Dependentonthescanconfiguration(Table3),eachindi-
vidualRHIscantakesafewtensofsecondsupto2.5min.
Consequently,theRHIscansusedforthereconstructionof
thewindfieldbetweenthetwolidarsarenotinstantaneous
snapshotsoftheradialvelocityfield.Onlytheobservations
alongthebeamofasingleθcorrespondtothesametimestep
withinthesameRHIscan.EveniftheRHIscansofthetwo
lidarsareperfectlysynchronized,onlyaverysmallnumber
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Figure4.SampleRHIscanfromtheStarmoencampaignon29July2022at14:20UTCwith(a)observedvr,(b)observedSNR,(c)filtered
vrusinganSNRthreshold,and(d)filteredvrusingtheDBSCANclusteringalgorithm.Greyareascorrespondtofilteredvaluesflaggedas
NaNbythe(c)SNRthresholdfilterorthe(d)DBSCANfilter.FeaturesalsoflaggedasNaNbytheDBSCANfilterarehighlightedinmint.
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lowerrecoveryratescomparedtothepresentedexampleare
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duringtheday(seeSects.5.1and6.1).DuringtheVaksinen
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accumulateintheboundarylayer,andSNRwascompara-
blyhigh.FilteringbyDBSCAN(discarded:38%,retained:
62%)andSNRthreshold(discarded:60%,retained:40%)
yieldedcomparablylowerratesofremovalfortheevaluated
convectivedayatVaksinen(28May2021).Evenlowerand

moresimilarremovalratesarefoundfortheDBSCANfilter
(discarded:19%,retained:81%)andtheSNRthresholdfil-
ter(discarded:23%,retained:77%)on28May2021when
consideringonlythefilteredvalueswithintheboundarylayer
(forboundarylayerdepthestimationseeSect.5.1).Here,the
DBSCANfilteroutperformstheSNRthresholdfilter,mainly
byremovingnoiseandrange-foldedambiguitieswhichare
alsopresentatSNR>−27dB.

Duetotheimproveddataqualityandavailability,we
preparethevrdataforfurtherprocessingbyapplyingthe
DBSCANfiltertoeachRHIscan(andDBSscanseries)
throughouttheevaluatedconvectivedaysofbothcampaigns.
SincetheDBSCANalgorithmisrelativelycostlyinterms
ofcomputationalpower,westorethefiltereddatainhourly
NetCDFfiles,alongwiththeotherrelevantvariablesob-
servedbythelidar.Thisdatasetisutilizedinthefollowing
processingstep.

4.2Temporalinterpolation

Dependentonthescanconfiguration(Table3),eachindi-
vidualRHIscantakesafewtensofsecondsupto2.5min.
Consequently,theRHIscansusedforthereconstructionof
thewindfieldbetweenthetwolidarsarenotinstantaneous
snapshotsoftheradialvelocityfield.Onlytheobservations
alongthebeamofasingleθcorrespondtothesametimestep
withinthesameRHIscan.EveniftheRHIscansofthetwo
lidarsareperfectlysynchronized,onlyaverysmallnumber
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of spatially overlapping points in the cross-section (see Fig. 2
and Röhner and Träumner, 2013) are observed without any
time lag between the two lidars. For any fixed point in the
overlap of the lidar scans, the maximum possible time differ-
ence between observations by each lidar is bound byDscan. If
the time difference is considerably large, the convective wind
field observed as vr at a certain point in the cross-section by
one lidar can strongly differ from the wind field observed by
the complementing lidar. Such temporal deviation of the vr
observations in a given point propagates and is amplified as
a temporal under-sampling error in the retrieval of u and w
(see Sect. 3.2).

To reduce the impact of the temporally induced error,
we test the usage of an instantaneous lidar cross-section,
achieved by temporal interpolation. For that, we interpolate
linearly between each vr(r,θ, t) and vr(r,θ, t +Dscan), lo-
cated in the same position in space (r,θ) yet at the time of
the next scan (t +Dscan). The highest time resolution of the
interpolated grid corresponds to one RHI cross-section every
Tscan of the respective scan configuration (see Table 3). From
an interpolated array of vr values (with three dimensions: θ ,
r , t) we can now extract instantaneous cross-sections, where
all vr values correspond to one specific time stamp. Only val-
ues corresponding to one single θ are actually observed by
the lidar in this scan, and the remaining values are a result of
the interpolation. A big advantage of the temporal interpola-
tion is that we can utilize cross-sections from the two lidars
that correspond to the exact same t . Hence, when using tem-
poral interpolation, perfect synchronization of the RHI scans
of the two lidars is not required. The vr values will still be
most accurate around the θ that is observed at the time step
to which the instantaneous scan is interpolated. Synchroniza-
tion of the lidar scans mainly achieves a line of no time lag lo-
cated along the vertical profile above the mid-point between
the two lidars. Yet, convective eddies are not necessarily lo-
cated directly in the middle of the lidars.

To demonstrate how the maximum possible error of the
interpolated scan compares to the maximum possible error
between non-interpolated, consecutive scans, we create an
interpolated series. To achieve this, we interpolate between
every second RHI scan obtained. Here, we actually create
two interpolated series based on both the odd and even RHI
scans to double the number of interpolated cross-sections.
From both of these interpolated series we extract the vr val-
ues that correspond to θ(t) of the RHI scans, which are not
used to create an interpolated series. Thus, we can estimate
the average difference between an interpolated and the con-
trol RHI scan to quantify the error in the interpolated series,
eint. It should be mentioned that eint is conservative, as the
real interpolation is performed for only the half-time-step of
the presented validation method. Also, in contrast to an in-
stantaneous cross-section, here all extracted vr values from
the interpolated series correspond to the maximum time lag
within the cross-section, which is Dscan.

Figure 5. Maximum estimates of the temporal under-sampling er-
rors for consecutive RHI scans (econ) and for every second RHI
scan (eskip) as well as the temporal interpolation error (eint) at
(a) the Vaksinen site on 28 May 2021 between 07:00 and 19:00 UTC
and at (b) the Starmoen site on 29 July 2022 between 07:00 and
19:00 UTC. For both sites, the error reduction of econ and eint rel-
ative to the largest expected error eskip is also displayed with trian-
gles on a secondary right-bound y axis.

In a next step, we want to investigate the difference of
eint compared to the conservative temporal under-sampling
error of the corresponding RHI scan series. We expect the
maximum temporal under-sampling error for points where
vr values are measured with the maximum possible time lag
of Dscan between the data points of two synchronized RHI
scans. The average difference between two consecutive scans
therefore gives an estimate of the maximum expected tempo-
ral under-sampling error, econ, of the RHI scan series. In addi-
tion to econ, we also estimate the temporal under-sampling er-
ror, merged for odd and evenly skipped RHI scan series, eskip,
which is the RHI scan resolution (∼ 2 ·Dscan) we used to es-
timate the interpolated series on which eint is based. Figure 5
shows time series of these three error estimates eskip, econ,
and eint, how much eint decreases in comparison to econ, and
how both of these error estimates behave in comparison to
eskip for two cases at the Starmoen and the Vaksinen site. We
only consider values of the RHI scans which are within the
boundary layer and hence below the boundary layer depth;
see Sect. 5.1.

For the case on 28 May 2021 at the Vaksinen site (Fig. 5),
the error estimates correspond to the scan configuration with
the highest temporal scan resolution (Dscan = 37.5 s). Unfor-
tunately, the other two scan configurations (see Table 3) uti-
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ofspatiallyoverlappingpointsinthecross-section(seeFig.2
andRöhnerandTräumner,2013)areobservedwithoutany
timelagbetweenthetwolidars.Foranyfixedpointinthe
overlapofthelidarscans,themaximumpossibletimediffer-
encebetweenobservationsbyeachlidarisboundbyDscan.If
thetimedifferenceisconsiderablylarge,theconvectivewind
fieldobservedasvratacertainpointinthecross-sectionby
onelidarcanstronglydifferfromthewindfieldobservedby
thecomplementinglidar.Suchtemporaldeviationofthevr
observationsinagivenpointpropagatesandisamplifiedas
atemporalunder-samplingerrorintheretrievalofuandw
(seeSect.3.2).

Toreducetheimpactofthetemporallyinducederror,
wetesttheusageofaninstantaneouslidarcross-section,
achievedbytemporalinterpolation.Forthat,weinterpolate
linearlybetweeneachvr(r,θ,t)andvr(r,θ,t+Dscan),lo-
catedinthesamepositioninspace(r,θ)yetatthetimeof
thenextscan(t+Dscan).Thehighesttimeresolutionofthe
interpolatedgridcorrespondstooneRHIcross-sectionevery
Tscanoftherespectivescanconfiguration(seeTable3).From
aninterpolatedarrayofvrvalues(withthreedimensions:θ,
r,t)wecannowextractinstantaneouscross-sections,where
allvrvaluescorrespondtoonespecifictimestamp.Onlyval-
uescorrespondingtoonesingleθareactuallyobservedby
thelidarinthisscan,andtheremainingvaluesarearesultof
theinterpolation.Abigadvantageofthetemporalinterpola-
tionisthatwecanutilizecross-sectionsfromthetwolidars
thatcorrespondtotheexactsamet.Hence,whenusingtem-
poralinterpolation,perfectsynchronizationoftheRHIscans
ofthetwolidarsisnotrequired.Thevrvalueswillstillbe
mostaccuratearoundtheθthatisobservedatthetimestep
towhichtheinstantaneousscanisinterpolated.Synchroniza-
tionofthelidarscansmainlyachievesalineofnotimelaglo-
catedalongtheverticalprofileabovethemid-pointbetween
thetwolidars.Yet,convectiveeddiesarenotnecessarilylo-
cateddirectlyinthemiddleofthelidars.

Todemonstratehowthemaximumpossibleerrorofthe
interpolatedscancomparestothemaximumpossibleerror
betweennon-interpolated,consecutivescans,wecreatean
interpolatedseries.Toachievethis,weinterpolatebetween
everysecondRHIscanobtained.Here,weactuallycreate
twointerpolatedseriesbasedonboththeoddandevenRHI
scanstodoublethenumberofinterpolatedcross-sections.
Frombothoftheseinterpolatedseriesweextractthevrval-
uesthatcorrespondtoθ(t)oftheRHIscans,whicharenot
usedtocreateaninterpolatedseries.Thus,wecanestimate
theaveragedifferencebetweenaninterpolatedandthecon-
trolRHIscantoquantifytheerrorintheinterpolatedseries,
eint.Itshouldbementionedthateintisconservative,asthe
realinterpolationisperformedforonlythehalf-time-stepof
thepresentedvalidationmethod.Also,incontrasttoanin-
stantaneouscross-section,hereallextractedvrvaluesfrom
theinterpolatedseriescorrespondtothemaximumtimelag
withinthecross-section,whichisDscan.

Figure5.Maximumestimatesofthetemporalunder-samplinger-
rorsforconsecutiveRHIscans(econ)andforeverysecondRHI
scan(eskip)aswellasthetemporalinterpolationerror(eint)at
(a)theVaksinensiteon28May2021between07:00and19:00UTC
andat(b)theStarmoensiteon29July2022between07:00and
19:00UTC.Forbothsites,theerrorreductionofeconandeintrel-
ativetothelargestexpectederroreskipisalsodisplayedwithtrian-
glesonasecondaryright-boundyaxis.

Inanextstep,wewanttoinvestigatethedifferenceof
eintcomparedtotheconservativetemporalunder-sampling
errorofthecorrespondingRHIscanseries.Weexpectthe
maximumtemporalunder-samplingerrorforpointswhere
vrvaluesaremeasuredwiththemaximumpossibletimelag
ofDscanbetweenthedatapointsoftwosynchronizedRHI
scans.Theaveragedifferencebetweentwoconsecutivescans
thereforegivesanestimateofthemaximumexpectedtempo-
ralunder-samplingerror,econ,oftheRHIscanseries.Inaddi-
tiontoecon,wealsoestimatethetemporalunder-samplinger-
ror,mergedforoddandevenlyskippedRHIscanseries,eskip,
whichistheRHIscanresolution(∼2·Dscan)weusedtoes-
timatetheinterpolatedseriesonwhicheintisbased.Figure5
showstimeseriesofthesethreeerrorestimateseskip,econ,
andeint,howmucheintdecreasesincomparisontoecon,and
howbothoftheseerrorestimatesbehaveincomparisonto
eskipfortwocasesattheStarmoenandtheVaksinensite.We
onlyconsidervaluesoftheRHIscanswhicharewithinthe
boundarylayerandhencebelowtheboundarylayerdepth;
seeSect.5.1.

Forthecaseon28May2021attheVaksinensite(Fig.5),
theerrorestimatescorrespondtothescanconfigurationwith
thehighesttemporalscanresolution(Dscan=37.5s).Unfor-
tunately,theothertwoscanconfigurations(seeTable3)uti-
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ofspatiallyoverlappingpointsinthecross-section(seeFig.2
andRöhnerandTräumner,2013)areobservedwithoutany
timelagbetweenthetwolidars.Foranyfixedpointinthe
overlapofthelidarscans,themaximumpossibletimediffer-
encebetweenobservationsbyeachlidarisboundbyDscan.If
thetimedifferenceisconsiderablylarge,theconvectivewind
fieldobservedasvratacertainpointinthecross-sectionby
onelidarcanstronglydifferfromthewindfieldobservedby
thecomplementinglidar.Suchtemporaldeviationofthevr
observationsinagivenpointpropagatesandisamplifiedas
atemporalunder-samplingerrorintheretrievalofuandw
(seeSect.3.2).

Toreducetheimpactofthetemporallyinducederror,
wetesttheusageofaninstantaneouslidarcross-section,
achievedbytemporalinterpolation.Forthat,weinterpolate
linearlybetweeneachvr(r,θ,t)andvr(r,θ,t+Dscan),lo-
catedinthesamepositioninspace(r,θ)yetatthetimeof
thenextscan(t+Dscan).Thehighesttimeresolutionofthe
interpolatedgridcorrespondstooneRHIcross-sectionevery
Tscanoftherespectivescanconfiguration(seeTable3).From
aninterpolatedarrayofvrvalues(withthreedimensions:θ,
r,t)wecannowextractinstantaneouscross-sections,where
allvrvaluescorrespondtoonespecifictimestamp.Onlyval-
uescorrespondingtoonesingleθareactuallyobservedby
thelidarinthisscan,andtheremainingvaluesarearesultof
theinterpolation.Abigadvantageofthetemporalinterpola-
tionisthatwecanutilizecross-sectionsfromthetwolidars
thatcorrespondtotheexactsamet.Hence,whenusingtem-
poralinterpolation,perfectsynchronizationoftheRHIscans
ofthetwolidarsisnotrequired.Thevrvalueswillstillbe
mostaccuratearoundtheθthatisobservedatthetimestep
towhichtheinstantaneousscanisinterpolated.Synchroniza-
tionofthelidarscansmainlyachievesalineofnotimelaglo-
catedalongtheverticalprofileabovethemid-pointbetween
thetwolidars.Yet,convectiveeddiesarenotnecessarilylo-
cateddirectlyinthemiddleofthelidars.

Todemonstratehowthemaximumpossibleerrorofthe
interpolatedscancomparestothemaximumpossibleerror
betweennon-interpolated,consecutivescans,wecreatean
interpolatedseries.Toachievethis,weinterpolatebetween
everysecondRHIscanobtained.Here,weactuallycreate
twointerpolatedseriesbasedonboththeoddandevenRHI
scanstodoublethenumberofinterpolatedcross-sections.
Frombothoftheseinterpolatedseriesweextractthevrval-
uesthatcorrespondtoθ(t)oftheRHIscans,whicharenot
usedtocreateaninterpolatedseries.Thus,wecanestimate
theaveragedifferencebetweenaninterpolatedandthecon-
trolRHIscantoquantifytheerrorintheinterpolatedseries,
eint.Itshouldbementionedthateintisconservative,asthe
realinterpolationisperformedforonlythehalf-time-stepof
thepresentedvalidationmethod.Also,incontrasttoanin-
stantaneouscross-section,hereallextractedvrvaluesfrom
theinterpolatedseriescorrespondtothemaximumtimelag
withinthecross-section,whichisDscan.

Figure5.Maximumestimatesofthetemporalunder-samplinger-
rorsforconsecutiveRHIscans(econ)andforeverysecondRHI
scan(eskip)aswellasthetemporalinterpolationerror(eint)at
(a)theVaksinensiteon28May2021between07:00and19:00UTC
andat(b)theStarmoensiteon29July2022between07:00and
19:00UTC.Forbothsites,theerrorreductionofeconandeintrel-
ativetothelargestexpectederroreskipisalsodisplayedwithtrian-
glesonasecondaryright-boundyaxis.

Inanextstep,wewanttoinvestigatethedifferenceof
eintcomparedtotheconservativetemporalunder-sampling
errorofthecorrespondingRHIscanseries.Weexpectthe
maximumtemporalunder-samplingerrorforpointswhere
vrvaluesaremeasuredwiththemaximumpossibletimelag
ofDscanbetweenthedatapointsoftwosynchronizedRHI
scans.Theaveragedifferencebetweentwoconsecutivescans
thereforegivesanestimateofthemaximumexpectedtempo-
ralunder-samplingerror,econ,oftheRHIscanseries.Inaddi-
tiontoecon,wealsoestimatethetemporalunder-samplinger-
ror,mergedforoddandevenlyskippedRHIscanseries,eskip,
whichistheRHIscanresolution(∼2·Dscan)weusedtoes-
timatetheinterpolatedseriesonwhicheintisbased.Figure5
showstimeseriesofthesethreeerrorestimateseskip,econ,
andeint,howmucheintdecreasesincomparisontoecon,and
howbothoftheseerrorestimatesbehaveincomparisonto
eskipfortwocasesattheStarmoenandtheVaksinensite.We
onlyconsidervaluesoftheRHIscanswhicharewithinthe
boundarylayerandhencebelowtheboundarylayerdepth;
seeSect.5.1.

Forthecaseon28May2021attheVaksinensite(Fig.5),
theerrorestimatescorrespondtothescanconfigurationwith
thehighesttemporalscanresolution(Dscan=37.5s).Unfor-
tunately,theothertwoscanconfigurations(seeTable3)uti-
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of spatially overlapping points in the cross-section (see Fig. 2
and Röhner and Träumner, 2013) are observed without any
time lag between the two lidars. For any fixed point in the
overlap of the lidar scans, the maximum possible time differ-
ence between observations by each lidar is bound byDscan. If
the time difference is considerably large, the convective wind
field observed as vr at a certain point in the cross-section by
one lidar can strongly differ from the wind field observed by
the complementing lidar. Such temporal deviation of the vr
observations in a given point propagates and is amplified as
a temporal under-sampling error in the retrieval of u and w
(see Sect. 3.2).

To reduce the impact of the temporally induced error,
we test the usage of an instantaneous lidar cross-section,
achieved by temporal interpolation. For that, we interpolate
linearly between each vr(r,θ, t) and vr(r,θ, t +Dscan), lo-
cated in the same position in space (r,θ) yet at the time of
the next scan (t +Dscan). The highest time resolution of the
interpolated grid corresponds to one RHI cross-section every
Tscan of the respective scan configuration (see Table 3). From
an interpolated array of vr values (with three dimensions: θ ,
r , t) we can now extract instantaneous cross-sections, where
all vr values correspond to one specific time stamp. Only val-
ues corresponding to one single θ are actually observed by
the lidar in this scan, and the remaining values are a result of
the interpolation. A big advantage of the temporal interpola-
tion is that we can utilize cross-sections from the two lidars
that correspond to the exact same t . Hence, when using tem-
poral interpolation, perfect synchronization of the RHI scans
of the two lidars is not required. The vr values will still be
most accurate around the θ that is observed at the time step
to which the instantaneous scan is interpolated. Synchroniza-
tion of the lidar scans mainly achieves a line of no time lag lo-
cated along the vertical profile above the mid-point between
the two lidars. Yet, convective eddies are not necessarily lo-
cated directly in the middle of the lidars.

To demonstrate how the maximum possible error of the
interpolated scan compares to the maximum possible error
between non-interpolated, consecutive scans, we create an
interpolated series. To achieve this, we interpolate between
every second RHI scan obtained. Here, we actually create
two interpolated series based on both the odd and even RHI
scans to double the number of interpolated cross-sections.
From both of these interpolated series we extract the vr val-
ues that correspond to θ(t) of the RHI scans, which are not
used to create an interpolated series. Thus, we can estimate
the average difference between an interpolated and the con-
trol RHI scan to quantify the error in the interpolated series,
eint. It should be mentioned that eint is conservative, as the
real interpolation is performed for only the half-time-step of
the presented validation method. Also, in contrast to an in-
stantaneous cross-section, here all extracted vr values from
the interpolated series correspond to the maximum time lag
within the cross-section, which is Dscan.

Figure 5. Maximum estimates of the temporal under-sampling er-
rors for consecutive RHI scans (econ) and for every second RHI
scan (eskip) as well as the temporal interpolation error (eint) at
(a) the Vaksinen site on 28 May 2021 between 07:00 and 19:00 UTC
and at (b) the Starmoen site on 29 July 2022 between 07:00 and
19:00 UTC. For both sites, the error reduction of econ and eint rel-
ative to the largest expected error eskip is also displayed with trian-
gles on a secondary right-bound y axis.

In a next step, we want to investigate the difference of
eint compared to the conservative temporal under-sampling
error of the corresponding RHI scan series. We expect the
maximum temporal under-sampling error for points where
vr values are measured with the maximum possible time lag
of Dscan between the data points of two synchronized RHI
scans. The average difference between two consecutive scans
therefore gives an estimate of the maximum expected tempo-
ral under-sampling error, econ, of the RHI scan series. In addi-
tion to econ, we also estimate the temporal under-sampling er-
ror, merged for odd and evenly skipped RHI scan series, eskip,
which is the RHI scan resolution (∼ 2 ·Dscan) we used to es-
timate the interpolated series on which eint is based. Figure 5
shows time series of these three error estimates eskip, econ,
and eint, how much eint decreases in comparison to econ, and
how both of these error estimates behave in comparison to
eskip for two cases at the Starmoen and the Vaksinen site. We
only consider values of the RHI scans which are within the
boundary layer and hence below the boundary layer depth;
see Sect. 5.1.

For the case on 28 May 2021 at the Vaksinen site (Fig. 5),
the error estimates correspond to the scan configuration with
the highest temporal scan resolution (Dscan = 37.5 s). Unfor-
tunately, the other two scan configurations (see Table 3) uti-
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of spatially overlapping points in the cross-section (see Fig. 2
and Röhner and Träumner, 2013) are observed without any
time lag between the two lidars. For any fixed point in the
overlap of the lidar scans, the maximum possible time differ-
ence between observations by each lidar is bound byDscan. If
the time difference is considerably large, the convective wind
field observed as vr at a certain point in the cross-section by
one lidar can strongly differ from the wind field observed by
the complementing lidar. Such temporal deviation of the vr
observations in a given point propagates and is amplified as
a temporal under-sampling error in the retrieval of u and w
(see Sect. 3.2).

To reduce the impact of the temporally induced error,
we test the usage of an instantaneous lidar cross-section,
achieved by temporal interpolation. For that, we interpolate
linearly between each vr(r,θ, t) and vr(r,θ, t +Dscan), lo-
cated in the same position in space (r,θ) yet at the time of
the next scan (t +Dscan). The highest time resolution of the
interpolated grid corresponds to one RHI cross-section every
Tscan of the respective scan configuration (see Table 3). From
an interpolated array of vr values (with three dimensions: θ ,
r , t) we can now extract instantaneous cross-sections, where
all vr values correspond to one specific time stamp. Only val-
ues corresponding to one single θ are actually observed by
the lidar in this scan, and the remaining values are a result of
the interpolation. A big advantage of the temporal interpola-
tion is that we can utilize cross-sections from the two lidars
that correspond to the exact same t . Hence, when using tem-
poral interpolation, perfect synchronization of the RHI scans
of the two lidars is not required. The vr values will still be
most accurate around the θ that is observed at the time step
to which the instantaneous scan is interpolated. Synchroniza-
tion of the lidar scans mainly achieves a line of no time lag lo-
cated along the vertical profile above the mid-point between
the two lidars. Yet, convective eddies are not necessarily lo-
cated directly in the middle of the lidars.

To demonstrate how the maximum possible error of the
interpolated scan compares to the maximum possible error
between non-interpolated, consecutive scans, we create an
interpolated series. To achieve this, we interpolate between
every second RHI scan obtained. Here, we actually create
two interpolated series based on both the odd and even RHI
scans to double the number of interpolated cross-sections.
From both of these interpolated series we extract the vr val-
ues that correspond to θ(t) of the RHI scans, which are not
used to create an interpolated series. Thus, we can estimate
the average difference between an interpolated and the con-
trol RHI scan to quantify the error in the interpolated series,
eint. It should be mentioned that eint is conservative, as the
real interpolation is performed for only the half-time-step of
the presented validation method. Also, in contrast to an in-
stantaneous cross-section, here all extracted vr values from
the interpolated series correspond to the maximum time lag
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Figure 5. Maximum estimates of the temporal under-sampling er-
rors for consecutive RHI scans (econ) and for every second RHI
scan (eskip) as well as the temporal interpolation error (eint) at
(a) the Vaksinen site on 28 May 2021 between 07:00 and 19:00 UTC
and at (b) the Starmoen site on 29 July 2022 between 07:00 and
19:00 UTC. For both sites, the error reduction of econ and eint rel-
ative to the largest expected error eskip is also displayed with trian-
gles on a secondary right-bound y axis.

In a next step, we want to investigate the difference of
eint compared to the conservative temporal under-sampling
error of the corresponding RHI scan series. We expect the
maximum temporal under-sampling error for points where
vr values are measured with the maximum possible time lag
of Dscan between the data points of two synchronized RHI
scans. The average difference between two consecutive scans
therefore gives an estimate of the maximum expected tempo-
ral under-sampling error, econ, of the RHI scan series. In addi-
tion to econ, we also estimate the temporal under-sampling er-
ror, merged for odd and evenly skipped RHI scan series, eskip,
which is the RHI scan resolution (∼ 2 ·Dscan) we used to es-
timate the interpolated series on which eint is based. Figure 5
shows time series of these three error estimates eskip, econ,
and eint, how much eint decreases in comparison to econ, and
how both of these error estimates behave in comparison to
eskip for two cases at the Starmoen and the Vaksinen site. We
only consider values of the RHI scans which are within the
boundary layer and hence below the boundary layer depth;
see Sect. 5.1.

For the case on 28 May 2021 at the Vaksinen site (Fig. 5),
the error estimates correspond to the scan configuration with
the highest temporal scan resolution (Dscan = 37.5 s). Unfor-
tunately, the other two scan configurations (see Table 3) uti-
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ofspatiallyoverlappingpointsinthecross-section(seeFig.2
andRöhnerandTräumner,2013)areobservedwithoutany
timelagbetweenthetwolidars.Foranyfixedpointinthe
overlapofthelidarscans,themaximumpossibletimediffer-
encebetweenobservationsbyeachlidarisboundbyDscan.If
thetimedifferenceisconsiderablylarge,theconvectivewind
fieldobservedasvratacertainpointinthecross-sectionby
onelidarcanstronglydifferfromthewindfieldobservedby
thecomplementinglidar.Suchtemporaldeviationofthevr
observationsinagivenpointpropagatesandisamplifiedas
atemporalunder-samplingerrorintheretrievalofuandw
(seeSect.3.2).

Toreducetheimpactofthetemporallyinducederror,
wetesttheusageofaninstantaneouslidarcross-section,
achievedbytemporalinterpolation.Forthat,weinterpolate
linearlybetweeneachvr(r,θ,t)andvr(r,θ,t+Dscan),lo-
catedinthesamepositioninspace(r,θ)yetatthetimeof
thenextscan(t+Dscan).Thehighesttimeresolutionofthe
interpolatedgridcorrespondstooneRHIcross-sectionevery
Tscanoftherespectivescanconfiguration(seeTable3).From
aninterpolatedarrayofvrvalues(withthreedimensions:θ,
r,t)wecannowextractinstantaneouscross-sections,where
allvrvaluescorrespondtoonespecifictimestamp.Onlyval-
uescorrespondingtoonesingleθareactuallyobservedby
thelidarinthisscan,andtheremainingvaluesarearesultof
theinterpolation.Abigadvantageofthetemporalinterpola-
tionisthatwecanutilizecross-sectionsfromthetwolidars
thatcorrespondtotheexactsamet.Hence,whenusingtem-
poralinterpolation,perfectsynchronizationoftheRHIscans
ofthetwolidarsisnotrequired.Thevrvalueswillstillbe
mostaccuratearoundtheθthatisobservedatthetimestep
towhichtheinstantaneousscanisinterpolated.Synchroniza-
tionofthelidarscansmainlyachievesalineofnotimelaglo-
catedalongtheverticalprofileabovethemid-pointbetween
thetwolidars.Yet,convectiveeddiesarenotnecessarilylo-
cateddirectlyinthemiddleofthelidars.

Todemonstratehowthemaximumpossibleerrorofthe
interpolatedscancomparestothemaximumpossibleerror
betweennon-interpolated,consecutivescans,wecreatean
interpolatedseries.Toachievethis,weinterpolatebetween
everysecondRHIscanobtained.Here,weactuallycreate
twointerpolatedseriesbasedonboththeoddandevenRHI
scanstodoublethenumberofinterpolatedcross-sections.
Frombothoftheseinterpolatedseriesweextractthevrval-
uesthatcorrespondtoθ(t)oftheRHIscans,whicharenot
usedtocreateaninterpolatedseries.Thus,wecanestimate
theaveragedifferencebetweenaninterpolatedandthecon-
trolRHIscantoquantifytheerrorintheinterpolatedseries,
eint.Itshouldbementionedthateintisconservative,asthe
realinterpolationisperformedforonlythehalf-time-stepof
thepresentedvalidationmethod.Also,incontrasttoanin-
stantaneouscross-section,hereallextractedvrvaluesfrom
theinterpolatedseriescorrespondtothemaximumtimelag
withinthecross-section,whichisDscan.

Figure5.Maximumestimatesofthetemporalunder-samplinger-
rorsforconsecutiveRHIscans(econ)andforeverysecondRHI
scan(eskip)aswellasthetemporalinterpolationerror(eint)at
(a)theVaksinensiteon28May2021between07:00and19:00UTC
andat(b)theStarmoensiteon29July2022between07:00and
19:00UTC.Forbothsites,theerrorreductionofeconandeintrel-
ativetothelargestexpectederroreskipisalsodisplayedwithtrian-
glesonasecondaryright-boundyaxis.

Inanextstep,wewanttoinvestigatethedifferenceof
eintcomparedtotheconservativetemporalunder-sampling
errorofthecorrespondingRHIscanseries.Weexpectthe
maximumtemporalunder-samplingerrorforpointswhere
vrvaluesaremeasuredwiththemaximumpossibletimelag
ofDscanbetweenthedatapointsoftwosynchronizedRHI
scans.Theaveragedifferencebetweentwoconsecutivescans
thereforegivesanestimateofthemaximumexpectedtempo-
ralunder-samplingerror,econ,oftheRHIscanseries.Inaddi-
tiontoecon,wealsoestimatethetemporalunder-samplinger-
ror,mergedforoddandevenlyskippedRHIscanseries,eskip,
whichistheRHIscanresolution(∼2·Dscan)weusedtoes-
timatetheinterpolatedseriesonwhicheintisbased.Figure5
showstimeseriesofthesethreeerrorestimateseskip,econ,
andeint,howmucheintdecreasesincomparisontoecon,and
howbothoftheseerrorestimatesbehaveincomparisonto
eskipfortwocasesattheStarmoenandtheVaksinensite.We
onlyconsidervaluesoftheRHIscanswhicharewithinthe
boundarylayerandhencebelowtheboundarylayerdepth;
seeSect.5.1.

Forthecaseon28May2021attheVaksinensite(Fig.5),
theerrorestimatescorrespondtothescanconfigurationwith
thehighesttemporalscanresolution(Dscan=37.5s).Unfor-
tunately,theothertwoscanconfigurations(seeTable3)uti-
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andRöhnerandTräumner,2013)areobservedwithoutany
timelagbetweenthetwolidars.Foranyfixedpointinthe
overlapofthelidarscans,themaximumpossibletimediffer-
encebetweenobservationsbyeachlidarisboundbyDscan.If
thetimedifferenceisconsiderablylarge,theconvectivewind
fieldobservedasvratacertainpointinthecross-sectionby
onelidarcanstronglydifferfromthewindfieldobservedby
thecomplementinglidar.Suchtemporaldeviationofthevr
observationsinagivenpointpropagatesandisamplifiedas
atemporalunder-samplingerrorintheretrievalofuandw
(seeSect.3.2).

Toreducetheimpactofthetemporallyinducederror,
wetesttheusageofaninstantaneouslidarcross-section,
achievedbytemporalinterpolation.Forthat,weinterpolate
linearlybetweeneachvr(r,θ,t)andvr(r,θ,t+Dscan),lo-
catedinthesamepositioninspace(r,θ)yetatthetimeof
thenextscan(t+Dscan).Thehighesttimeresolutionofthe
interpolatedgridcorrespondstooneRHIcross-sectionevery
Tscanoftherespectivescanconfiguration(seeTable3).From
aninterpolatedarrayofvrvalues(withthreedimensions:θ,
r,t)wecannowextractinstantaneouscross-sections,where
allvrvaluescorrespondtoonespecifictimestamp.Onlyval-
uescorrespondingtoonesingleθareactuallyobservedby
thelidarinthisscan,andtheremainingvaluesarearesultof
theinterpolation.Abigadvantageofthetemporalinterpola-
tionisthatwecanutilizecross-sectionsfromthetwolidars
thatcorrespondtotheexactsamet.Hence,whenusingtem-
poralinterpolation,perfectsynchronizationoftheRHIscans
ofthetwolidarsisnotrequired.Thevrvalueswillstillbe
mostaccuratearoundtheθthatisobservedatthetimestep
towhichtheinstantaneousscanisinterpolated.Synchroniza-
tionofthelidarscansmainlyachievesalineofnotimelaglo-
catedalongtheverticalprofileabovethemid-pointbetween
thetwolidars.Yet,convectiveeddiesarenotnecessarilylo-
cateddirectlyinthemiddleofthelidars.

Todemonstratehowthemaximumpossibleerrorofthe
interpolatedscancomparestothemaximumpossibleerror
betweennon-interpolated,consecutivescans,wecreatean
interpolatedseries.Toachievethis,weinterpolatebetween
everysecondRHIscanobtained.Here,weactuallycreate
twointerpolatedseriesbasedonboththeoddandevenRHI
scanstodoublethenumberofinterpolatedcross-sections.
Frombothoftheseinterpolatedseriesweextractthevrval-
uesthatcorrespondtoθ(t)oftheRHIscans,whicharenot
usedtocreateaninterpolatedseries.Thus,wecanestimate
theaveragedifferencebetweenaninterpolatedandthecon-
trolRHIscantoquantifytheerrorintheinterpolatedseries,
eint.Itshouldbementionedthateintisconservative,asthe
realinterpolationisperformedforonlythehalf-time-stepof
thepresentedvalidationmethod.Also,incontrasttoanin-
stantaneouscross-section,hereallextractedvrvaluesfrom
theinterpolatedseriescorrespondtothemaximumtimelag
withinthecross-section,whichisDscan.

Figure5.Maximumestimatesofthetemporalunder-samplinger-
rorsforconsecutiveRHIscans(econ)andforeverysecondRHI
scan(eskip)aswellasthetemporalinterpolationerror(eint)at
(a)theVaksinensiteon28May2021between07:00and19:00UTC
andat(b)theStarmoensiteon29July2022between07:00and
19:00UTC.Forbothsites,theerrorreductionofeconandeintrel-
ativetothelargestexpectederroreskipisalsodisplayedwithtrian-
glesonasecondaryright-boundyaxis.

Inanextstep,wewanttoinvestigatethedifferenceof
eintcomparedtotheconservativetemporalunder-sampling
errorofthecorrespondingRHIscanseries.Weexpectthe
maximumtemporalunder-samplingerrorforpointswhere
vrvaluesaremeasuredwiththemaximumpossibletimelag
ofDscanbetweenthedatapointsoftwosynchronizedRHI
scans.Theaveragedifferencebetweentwoconsecutivescans
thereforegivesanestimateofthemaximumexpectedtempo-
ralunder-samplingerror,econ,oftheRHIscanseries.Inaddi-
tiontoecon,wealsoestimatethetemporalunder-samplinger-
ror,mergedforoddandevenlyskippedRHIscanseries,eskip,
whichistheRHIscanresolution(∼2·Dscan)weusedtoes-
timatetheinterpolatedseriesonwhicheintisbased.Figure5
showstimeseriesofthesethreeerrorestimateseskip,econ,
andeint,howmucheintdecreasesincomparisontoecon,and
howbothoftheseerrorestimatesbehaveincomparisonto
eskipfortwocasesattheStarmoenandtheVaksinensite.We
onlyconsidervaluesoftheRHIscanswhicharewithinthe
boundarylayerandhencebelowtheboundarylayerdepth;
seeSect.5.1.

Forthecaseon28May2021attheVaksinensite(Fig.5),
theerrorestimatescorrespondtothescanconfigurationwith
thehighesttemporalscanresolution(Dscan=37.5s).Unfor-
tunately,theothertwoscanconfigurations(seeTable3)uti-
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thetimedifferenceisconsiderablylarge,theconvectivewind
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onelidarcanstronglydifferfromthewindfieldobservedby
thecomplementinglidar.Suchtemporaldeviationofthevr
observationsinagivenpointpropagatesandisamplifiedas
atemporalunder-samplingerrorintheretrievalofuandw
(seeSect.3.2).

Toreducetheimpactofthetemporallyinducederror,
wetesttheusageofaninstantaneouslidarcross-section,
achievedbytemporalinterpolation.Forthat,weinterpolate
linearlybetweeneachvr(r,θ,t)andvr(r,θ,t+Dscan),lo-
catedinthesamepositioninspace(r,θ)yetatthetimeof
thenextscan(t+Dscan).Thehighesttimeresolutionofthe
interpolatedgridcorrespondstooneRHIcross-sectionevery
Tscanoftherespectivescanconfiguration(seeTable3).From
aninterpolatedarrayofvrvalues(withthreedimensions:θ,
r,t)wecannowextractinstantaneouscross-sections,where
allvrvaluescorrespondtoonespecifictimestamp.Onlyval-
uescorrespondingtoonesingleθareactuallyobservedby
thelidarinthisscan,andtheremainingvaluesarearesultof
theinterpolation.Abigadvantageofthetemporalinterpola-
tionisthatwecanutilizecross-sectionsfromthetwolidars
thatcorrespondtotheexactsamet.Hence,whenusingtem-
poralinterpolation,perfectsynchronizationoftheRHIscans
ofthetwolidarsisnotrequired.Thevrvalueswillstillbe
mostaccuratearoundtheθthatisobservedatthetimestep
towhichtheinstantaneousscanisinterpolated.Synchroniza-
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betweennon-interpolated,consecutivescans,wecreatean
interpolatedseries.Toachievethis,weinterpolatebetween
everysecondRHIscanobtained.Here,weactuallycreate
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scanstodoublethenumberofinterpolatedcross-sections.
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trolRHIscantoquantifytheerrorintheinterpolatedseries,
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realinterpolationisperformedforonlythehalf-time-stepof
thepresentedvalidationmethod.Also,incontrasttoanin-
stantaneouscross-section,hereallextractedvrvaluesfrom
theinterpolatedseriescorrespondtothemaximumtimelag
withinthecross-section,whichisDscan.
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andeint,howmucheintdecreasesincomparisontoecon,and
howbothoftheseerrorestimatesbehaveincomparisonto
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lized during the Vaksinen campaign do not provide a suffi-
cient number of RHI scans to estimate a representative esti-
mate of eint.

With enhanced convective activity during the daytime
hours, all three error estimates on 28 May 2021 (Fig. 5a)
generally increase from 07:00 until 16:00 UTC. Within the
early hours of the day (07:00–09:00 UTC), the average to-
tal error between consecutive scans is low (∼ 0.5 m s−1) and
increases to ∼ 1.5 m s−1 at the peak of the convective ac-
tivity (15:00–16:00 UTC). Over the course of the day, econ
improves by 2 %–10 % compared to eskip, while eint is con-
sistently reduced by at least 10 % and up to 25 % compared
to eskip. The improvement of eskip is approximately ∼ 15 %
larger when using interpolation instead of a doubled time res-
olution throughout almost the whole convective day.

In comparison to the temporal error series displayed for
the Vaksinen site (Fig. 5a), each RHI scan utilized to estimate
the temporal error at the Starmoen site (Fig. 5b) takes ap-
proximately twice as long to complete (Dscan = 80 s). Over-
all, temporal under-sampling errors estimated for the con-
vective day at Starmoen (Fig. 5b) are larger than at Vaksi-
nen (Fig. 5a). Also, all error estimates sampled on 29 July
2023 (Fig. 5b) reach their peak about 2 h earlier (between
13:00 and 14:00 UTC), exceeding 2 m s−1. Here, error re-
duction by simply doubling the temporal resolution of the
RHI scans is negligible (≤ 5 %). Strikingly, temporal interpo-
lation strongly reduces the temporal under-sampling errors.
For each displayed hour, eint corresponds to less than half of
the amount estimated for eskip and econ.

The much stronger error reduction by temporal interpo-
lation for the Starmoen compared to the Vaksinen case can
be partially linked to the longer (Drun = 50 min) and hence
more continuous RHI series at Starmoen. The representation
of individual convective structure dynamics potentially also
benefits more from temporal interpolation for the Starmoen
than for the Vaksinen case. Given that in both evaluated cases
(Fig. 5a and b) the interpolation consistently reduces the tem-
poral under-sampling errors (eskip and econ) and that it has
a larger improving effect than simply increasing (here dou-
bling) the time resolution, we utilize interpolated instanta-
neous RHI scan series for all further processing steps.

5 Convective boundary layer parameters

In addition to the retrieval of the two-dimensional velocity
field (û, ŵ), we estimate several boundary layer parameters
based on complementary measurements from the lidars, the
SEBS, and the AWS, but also from further processing the
retrieved velocity field.

5.1 Boundary layer depth

We estimate the boundary layer depth on the basis of the
derivative of unprocessed SNR with altitude. For both cam-

paigns, the lidars are scheduled to obtain mainly RHI cross-
sections. With Eq. (2) we can estimate the z coordinate cor-
responding to each SNR(θ,r) value and collapse all SNR
values of a RHI cross-section to a single profile. We further
average the profile for altitude bins of 25 m. For the bound-
ary layer depth estimate, we distinguish between clear-sky
and cloud-topped boundary layers.

For clear sky, relatively increased SNR values are usually
connected to an increased number of aerosol particles in the
air. Convection usually enhances the transport of aerosols
(Kunkel et al., 1977), and hence aerosol particles are usu-
ally more numerous in the convective boundary layer than
in the free atmosphere aloft. Hence, at the border between
the boundary layer and free atmosphere, a strong decrease
in SNR is usually observed. The height at which we identify
the strongest decrease in SNR with height is therefore esti-
mated to be the “clear-sky” or “dry” boundary layer height
(m a.s.l.). We define the clear-sky boundary layer depth as
the distance between the surface and the clear-sky boundary
layer height.

For atmospheric conditions in which convective clouds
form, we expect the SNR to rapidly increase at the cloud
base, as cloud droplets reflect the lidar beam even more
strongly than aerosol particles. Usually the lidar beam is ab-
sorbed after it penetrates a few range gates into the cloud
and SNR strongly decreases again. During convective con-
ditions with clouds, we assume the convective cloud-base
height to be the upper limit of the boundary layer. We identify
the cloud-base height at the altitude, where SNR increases
the most strongly with height. We define the cloud-topped
boundary layer depth as the distance from the surface to the
cloud-base height.

5.2 Turbulent surface heat fluxes

The eddy covariance instrumentation of the SEBS, utilized
in both campaigns, provides measurements of the three-
dimensional wind vector, (u,v,w) (m s−1), the sonic tem-
perature, Ts (◦C), and the specific humidity, q (kg kg−1), at
20 Hz time resolution. From the time series of w, Ts, and q,
we extract the fluctuations w′, T ′s , and q ′ by removing the
30 min average from the measured time series. Then we es-
timate the 30 min averaged sensible heat flux, Hs (based on
Stull, 1988):

Hs = ρair · cp ·w′T ′s , (9)

with the heat capacity of air cp = 1003.5 J kg−1 K−1 and the
covariance of w′ and T ′s averaged over a 30 min interval.
We further estimate the 30 min averaged latent heat flux, He
(based on Stull, 1988):

He = ρairLv ·w′q ′, (10)

with the density of air, ρair ≈ 1.25 kg m−3, and the latent heat
of water, Lv = 2264.705× 103 J kg−1. The covariance of w′

and q ′ is also averaged over the 30 min interval.
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lizedduringtheVaksinencampaigndonotprovideasuffi-
cientnumberofRHIscanstoestimatearepresentativeesti-
mateofeint.

Withenhancedconvectiveactivityduringthedaytime
hours,allthreeerrorestimateson28May2021(Fig.5a)
generallyincreasefrom07:00until16:00UTC.Withinthe
earlyhoursoftheday(07:00–09:00UTC),theaverageto-
talerrorbetweenconsecutivescansislow(∼0.5ms−1)and
increasesto∼1.5ms−1atthepeakoftheconvectiveac-
tivity(15:00–16:00UTC).Overthecourseoftheday,econ
improvesby2%–10%comparedtoeskip,whileeintiscon-
sistentlyreducedbyatleast10%andupto25%compared
toeskip.Theimprovementofeskipisapproximately∼15%
largerwhenusinginterpolationinsteadofadoubledtimeres-
olutionthroughoutalmostthewholeconvectiveday.

Incomparisontothetemporalerrorseriesdisplayedfor
theVaksinensite(Fig.5a),eachRHIscanutilizedtoestimate
thetemporalerrorattheStarmoensite(Fig.5b)takesap-
proximatelytwiceaslongtocomplete(Dscan=80s).Over-
all,temporalunder-samplingerrorsestimatedforthecon-
vectivedayatStarmoen(Fig.5b)arelargerthanatVaksi-
nen(Fig.5a).Also,allerrorestimatessampledon29July
2023(Fig.5b)reachtheirpeakabout2hearlier(between
13:00and14:00UTC),exceeding2ms−1.Here,errorre-
ductionbysimplydoublingthetemporalresolutionofthe
RHIscansisnegligible(≤5%).Strikingly,temporalinterpo-
lationstronglyreducesthetemporalunder-samplingerrors.
Foreachdisplayedhour,eintcorrespondstolessthanhalfof
theamountestimatedforeskipandecon.

Themuchstrongererrorreductionbytemporalinterpo-
lationfortheStarmoencomparedtotheVaksinencasecan
bepartiallylinkedtothelonger(Drun=50min)andhence
morecontinuousRHIseriesatStarmoen.Therepresentation
ofindividualconvectivestructuredynamicspotentiallyalso
benefitsmorefromtemporalinterpolationfortheStarmoen
thanfortheVaksinencase.Giventhatinbothevaluatedcases
(Fig.5aandb)theinterpolationconsistentlyreducesthetem-
poralunder-samplingerrors(eskipandecon)andthatithas
alargerimprovingeffectthansimplyincreasing(heredou-
bling)thetimeresolution,weutilizeinterpolatedinstanta-
neousRHIscanseriesforallfurtherprocessingsteps.

5Convectiveboundarylayerparameters

Inadditiontotheretrievalofthetwo-dimensionalvelocity
field(û,ˆw),weestimateseveralboundarylayerparameters
basedoncomplementarymeasurementsfromthelidars,the
SEBS,andtheAWS,butalsofromfurtherprocessingthe
retrievedvelocityfield.

5.1Boundarylayerdepth

Weestimatetheboundarylayerdepthonthebasisofthe
derivativeofunprocessedSNRwithaltitude.Forbothcam-

paigns,thelidarsarescheduledtoobtainmainlyRHIcross-
sections.WithEq.(2)wecanestimatethezcoordinatecor-
respondingtoeachSNR(θ,r)valueandcollapseallSNR
valuesofaRHIcross-sectiontoasingleprofile.Wefurther
averagetheprofileforaltitudebinsof25m.Forthebound-
arylayerdepthestimate,wedistinguishbetweenclear-sky
andcloud-toppedboundarylayers.

Forclearsky,relativelyincreasedSNRvaluesareusually
connectedtoanincreasednumberofaerosolparticlesinthe
air.Convectionusuallyenhancesthetransportofaerosols
(Kunkeletal.,1977),andhenceaerosolparticlesareusu-
allymorenumerousintheconvectiveboundarylayerthan
inthefreeatmospherealoft.Hence,attheborderbetween
theboundarylayerandfreeatmosphere,astrongdecrease
inSNRisusuallyobserved.Theheightatwhichweidentify
thestrongestdecreaseinSNRwithheightisthereforeesti-
matedtobethe“clear-sky”or“dry”boundarylayerheight
(ma.s.l.).Wedefinetheclear-skyboundarylayerdepthas
thedistancebetweenthesurfaceandtheclear-skyboundary
layerheight.

Foratmosphericconditionsinwhichconvectiveclouds
form,weexpecttheSNRtorapidlyincreaseatthecloud
base,asclouddropletsreflectthelidarbeamevenmore
stronglythanaerosolparticles.Usuallythelidarbeamisab-
sorbedafteritpenetratesafewrangegatesintothecloud
andSNRstronglydecreasesagain.Duringconvectivecon-
ditionswithclouds,weassumetheconvectivecloud-base
heighttobetheupperlimitoftheboundarylayer.Weidentify
thecloud-baseheightatthealtitude,whereSNRincreases
themoststronglywithheight.Wedefinethecloud-topped
boundarylayerdepthasthedistancefromthesurfacetothe
cloud-baseheight.

5.2Turbulentsurfaceheatfluxes

TheeddycovarianceinstrumentationoftheSEBS,utilized
inbothcampaigns,providesmeasurementsofthethree-
dimensionalwindvector,(u,v,w)(ms−1),thesonictem-
perature,Ts(◦C),andthespecifichumidity,q(kgkg−1),at
20Hztimeresolution.Fromthetimeseriesofw,Ts,andq,
weextractthefluctuationsw′,T′s,andq′byremovingthe
30minaveragefromthemeasuredtimeseries.Thenwees-
timatethe30minaveragedsensibleheatflux,Hs(basedon
Stull,1988):

Hs=ρair·cp·w′T′s,(9)

withtheheatcapacityofaircp=1003.5Jkg−1K−1andthe
covarianceofw′andT′saveragedovera30mininterval.
Wefurtherestimatethe30minaveragedlatentheatflux,He
(basedonStull,1988):

He=ρairLv·w′q′,(10)

withthedensityofair,ρair≈1.25kgm−3,andthelatentheat
ofwater,Lv=2264.705×103Jkg−1.Thecovarianceofw′

andq′isalsoaveragedoverthe30mininterval.
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20Hztimeresolution.Fromthetimeseriesofw,Ts,andq,
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lized during the Vaksinen campaign do not provide a suffi-
cient number of RHI scans to estimate a representative esti-
mate of eint.

With enhanced convective activity during the daytime
hours, all three error estimates on 28 May 2021 (Fig. 5a)
generally increase from 07:00 until 16:00 UTC. Within the
early hours of the day (07:00–09:00 UTC), the average to-
tal error between consecutive scans is low (∼ 0.5 m s

−1) and
increases to ∼ 1.5 m s

−1 at the peak of the convective ac-
tivity (15:00–16:00 UTC). Over the course of the day, econ
improves by 2 %–10 % compared to eskip, while eint is con-
sistently reduced by at least 10 % and up to 25 % compared
to eskip. The improvement of eskip is approximately ∼ 15 %
larger when using interpolation instead of a doubled time res-
olution throughout almost the whole convective day.

In comparison to the temporal error series displayed for
the Vaksinen site (Fig. 5a), each RHI scan utilized to estimate
the temporal error at the Starmoen site (Fig. 5b) takes ap-
proximately twice as long to complete (Dscan = 80 s). Over-
all, temporal under-sampling errors estimated for the con-
vective day at Starmoen (Fig. 5b) are larger than at Vaksi-
nen (Fig. 5a). Also, all error estimates sampled on 29 July
2023 (Fig. 5b) reach their peak about 2 h earlier (between
13:00 and 14:00 UTC), exceeding 2 m s

−1. Here, error re-
duction by simply doubling the temporal resolution of the
RHI scans is negligible (≤ 5 %). Strikingly, temporal interpo-
lation strongly reduces the temporal under-sampling errors.
For each displayed hour, eint corresponds to less than half of
the amount estimated for eskip and econ.

The much stronger error reduction by temporal interpo-
lation for the Starmoen compared to the Vaksinen case can
be partially linked to the longer (Drun = 50 min) and hence
more continuous RHI series at Starmoen. The representation
of individual convective structure dynamics potentially also
benefits more from temporal interpolation for the Starmoen
than for the Vaksinen case. Given that in both evaluated cases
(Fig. 5a and b) the interpolation consistently reduces the tem-
poral under-sampling errors (eskip and econ) and that it has
a larger improving effect than simply increasing (here dou-
bling) the time resolution, we utilize interpolated instanta-
neous RHI scan series for all further processing steps.

5 Convective boundary layer parameters

In addition to the retrieval of the two-dimensional velocity
field (û, ŵ), we estimate several boundary layer parameters
based on complementary measurements from the lidars, the
SEBS, and the AWS, but also from further processing the
retrieved velocity field.

5.1 Boundary layer depth

We estimate the boundary layer depth on the basis of the
derivative of unprocessed SNR with altitude. For both cam-

paigns, the lidars are scheduled to obtain mainly RHI cross-
sections. With Eq. (2) we can estimate the z coordinate cor-
responding to each SNR(θ,r) value and collapse all SNR
values of a RHI cross-section to a single profile. We further
average the profile for altitude bins of 25 m. For the bound-
ary layer depth estimate, we distinguish between clear-sky
and cloud-topped boundary layers.

For clear sky, relatively increased SNR values are usually
connected to an increased number of aerosol particles in the
air. Convection usually enhances the transport of aerosols
(Kunkel et al., 1977), and hence aerosol particles are usu-
ally more numerous in the convective boundary layer than
in the free atmosphere aloft. Hence, at the border between
the boundary layer and free atmosphere, a strong decrease
in SNR is usually observed. The height at which we identify
the strongest decrease in SNR with height is therefore esti-
mated to be the “clear-sky” or “dry” boundary layer height
(m a.s.l.). We define the clear-sky boundary layer depth as
the distance between the surface and the clear-sky boundary
layer height.

For atmospheric conditions in which convective clouds
form, we expect the SNR to rapidly increase at the cloud
base, as cloud droplets reflect the lidar beam even more
strongly than aerosol particles. Usually the lidar beam is ab-
sorbed after it penetrates a few range gates into the cloud
and SNR strongly decreases again. During convective con-
ditions with clouds, we assume the convective cloud-base
height to be the upper limit of the boundary layer. We identify
the cloud-base height at the altitude, where SNR increases
the most strongly with height. We define the cloud-topped
boundary layer depth as the distance from the surface to the
cloud-base height.

5.2 Turbulent surface heat fluxes

The eddy covariance instrumentation of the SEBS, utilized
in both campaigns, provides measurements of the three-
dimensional wind vector, (u,v,w) (m s

−1), the sonic tem-
perature, Ts (

◦
C), and the specific humidity, q (kg kg

−1), at
20 Hz time resolution. From the time series of w, Ts, and q,
we extract the fluctuations w

′
, T
′

s , and q
′

by removing the
30 min average from the measured time series. Then we es-
timate the 30 min averaged sensible heat flux, Hs (based on
Stull, 1988):

Hs = ρair · cp ·w
′
T
′

s , (9)

with the heat capacity of air cp = 1003.5 J kg
−1 K

−1 and the
covariance of w

′
and T

′
s averaged over a 30 min interval.

We further estimate the 30 min averaged latent heat flux, He
(based on Stull, 1988):

He = ρairLv ·w
′
q
′
, (10)

with the density of air, ρair ≈ 1.25 kg m
−3, and the latent heat

of water, Lv = 2264.705× 103 J kg
−1. The covariance of w

′

and q
′

is also averaged over the 30 min interval.
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lized during the Vaksinen campaign do not provide a suffi-
cient number of RHI scans to estimate a representative esti-
mate of eint.

With enhanced convective activity during the daytime
hours, all three error estimates on 28 May 2021 (Fig. 5a)
generally increase from 07:00 until 16:00 UTC. Within the
early hours of the day (07:00–09:00 UTC), the average to-
tal error between consecutive scans is low (∼ 0.5 m s

−1) and
increases to ∼ 1.5 m s

−1 at the peak of the convective ac-
tivity (15:00–16:00 UTC). Over the course of the day, econ
improves by 2 %–10 % compared to eskip, while eint is con-
sistently reduced by at least 10 % and up to 25 % compared
to eskip. The improvement of eskip is approximately ∼ 15 %
larger when using interpolation instead of a doubled time res-
olution throughout almost the whole convective day.

In comparison to the temporal error series displayed for
the Vaksinen site (Fig. 5a), each RHI scan utilized to estimate
the temporal error at the Starmoen site (Fig. 5b) takes ap-
proximately twice as long to complete (Dscan = 80 s). Over-
all, temporal under-sampling errors estimated for the con-
vective day at Starmoen (Fig. 5b) are larger than at Vaksi-
nen (Fig. 5a). Also, all error estimates sampled on 29 July
2023 (Fig. 5b) reach their peak about 2 h earlier (between
13:00 and 14:00 UTC), exceeding 2 m s

−1. Here, error re-
duction by simply doubling the temporal resolution of the
RHI scans is negligible (≤ 5 %). Strikingly, temporal interpo-
lation strongly reduces the temporal under-sampling errors.
For each displayed hour, eint corresponds to less than half of
the amount estimated for eskip and econ.

The much stronger error reduction by temporal interpo-
lation for the Starmoen compared to the Vaksinen case can
be partially linked to the longer (Drun = 50 min) and hence
more continuous RHI series at Starmoen. The representation
of individual convective structure dynamics potentially also
benefits more from temporal interpolation for the Starmoen
than for the Vaksinen case. Given that in both evaluated cases
(Fig. 5a and b) the interpolation consistently reduces the tem-
poral under-sampling errors (eskip and econ) and that it has
a larger improving effect than simply increasing (here dou-
bling) the time resolution, we utilize interpolated instanta-
neous RHI scan series for all further processing steps.

5 Convective boundary layer parameters

In addition to the retrieval of the two-dimensional velocity
field (û, ŵ), we estimate several boundary layer parameters
based on complementary measurements from the lidars, the
SEBS, and the AWS, but also from further processing the
retrieved velocity field.

5.1 Boundary layer depth

We estimate the boundary layer depth on the basis of the
derivative of unprocessed SNR with altitude. For both cam-

paigns, the lidars are scheduled to obtain mainly RHI cross-
sections. With Eq. (2) we can estimate the z coordinate cor-
responding to each SNR(θ,r) value and collapse all SNR
values of a RHI cross-section to a single profile. We further
average the profile for altitude bins of 25 m. For the bound-
ary layer depth estimate, we distinguish between clear-sky
and cloud-topped boundary layers.

For clear sky, relatively increased SNR values are usually
connected to an increased number of aerosol particles in the
air. Convection usually enhances the transport of aerosols
(Kunkel et al., 1977), and hence aerosol particles are usu-
ally more numerous in the convective boundary layer than
in the free atmosphere aloft. Hence, at the border between
the boundary layer and free atmosphere, a strong decrease
in SNR is usually observed. The height at which we identify
the strongest decrease in SNR with height is therefore esti-
mated to be the “clear-sky” or “dry” boundary layer height
(m a.s.l.). We define the clear-sky boundary layer depth as
the distance between the surface and the clear-sky boundary
layer height.

For atmospheric conditions in which convective clouds
form, we expect the SNR to rapidly increase at the cloud
base, as cloud droplets reflect the lidar beam even more
strongly than aerosol particles. Usually the lidar beam is ab-
sorbed after it penetrates a few range gates into the cloud
and SNR strongly decreases again. During convective con-
ditions with clouds, we assume the convective cloud-base
height to be the upper limit of the boundary layer. We identify
the cloud-base height at the altitude, where SNR increases
the most strongly with height. We define the cloud-topped
boundary layer depth as the distance from the surface to the
cloud-base height.

5.2 Turbulent surface heat fluxes

The eddy covariance instrumentation of the SEBS, utilized
in both campaigns, provides measurements of the three-
dimensional wind vector, (u,v,w) (m s

−1), the sonic tem-
perature, Ts (

◦
C), and the specific humidity, q (kg kg

−1), at
20 Hz time resolution. From the time series of w, Ts, and q,
we extract the fluctuations w

′
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′
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by removing the
30 min average from the measured time series. Then we es-
timate the 30 min averaged sensible heat flux, Hs (based on
Stull, 1988):
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s , (9)

with the heat capacity of air cp = 1003.5 J kg
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covariance of w
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and T
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We further estimate the 30 min averaged latent heat flux, He
(based on Stull, 1988):
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with the density of air, ρair ≈ 1.25 kg m
−3, and the latent heat

of water, Lv = 2264.705× 103 J kg
−1. The covariance of w

′

and q
′

is also averaged over the 30 min interval.

https://doi.org/10.5194/amt-16-5103-2023 Atmos. Meas. Tech., 16, 5103–5123, 2023

C.Duschaetal.:Observingatmosphericconvectionwithdual-scanninglidars5113

lizedduringtheVaksinencampaigndonotprovideasuffi-
cientnumberofRHIscanstoestimatearepresentativeesti-
mateofeint.

Withenhancedconvectiveactivityduringthedaytime
hours,allthreeerrorestimateson28May2021(Fig.5a)
generallyincreasefrom07:00until16:00UTC.Withinthe
earlyhoursoftheday(07:00–09:00UTC),theaverageto-
talerrorbetweenconsecutivescansislow(∼0.5ms

−1)and
increasesto∼1.5ms

−1atthepeakoftheconvectiveac-
tivity(15:00–16:00UTC).Overthecourseoftheday,econ
improvesby2%–10%comparedtoeskip,whileeintiscon-
sistentlyreducedbyatleast10%andupto25%compared
toeskip.Theimprovementofeskipisapproximately∼15%
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bepartiallylinkedtothelonger(Drun=50min)andhence
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(Fig.5aandb)theinterpolationconsistentlyreducesthetem-
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alargerimprovingeffectthansimplyincreasing(heredou-
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5Convectiveboundarylayerparameters

Inadditiontotheretrievalofthetwo-dimensionalvelocity
field(û,ŵ),weestimateseveralboundarylayerparameters
basedoncomplementarymeasurementsfromthelidars,the
SEBS,andtheAWS,butalsofromfurtherprocessingthe
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5.1Boundarylayerdepth

Weestimatetheboundarylayerdepthonthebasisofthe
derivativeofunprocessedSNRwithaltitude.Forbothcam-

paigns,thelidarsarescheduledtoobtainmainlyRHIcross-
sections.WithEq.(2)wecanestimatethezcoordinatecor-
respondingtoeachSNR(θ,r)valueandcollapseallSNR
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Forclearsky,relativelyincreasedSNRvaluesareusually
connectedtoanincreasednumberofaerosolparticlesinthe
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5.3 Flux Richardson number

In the unstably stratified boundary layer, the source of tur-
bulence generation is either buoyancy or shear. The dimen-
sionless ratio of these two terms is defined as the Richardson
number. With our setup, the assumption of horizontal homo-
geneity, and neglecting subsidence, we can estimate the near-
surface flux Richardson number, Rif (based on Stull, 1988):

Rif =
−
g

θ
·w′T ′s

|u′w′1u
1z
| + |v′w′1v

1z
|
, (11)

where g = 9.81 m s−1 is the Earth’s gravitational accelera-
tion constant and T ′s , u′, v′, and w′ are fluctuations relative
to the 30 min average values u, v, w, and Ts of the series
measured by the SEBS. The sonic anemometer was installed
3 m above the surface and θ was estimated on the basis of Ts
utilizing the pressure, p (hPa), measured by the AWS. The
30 min average vertical gradients, 1u

1z
and 1v

1z
, are estimated

from the profile measurements of u and v (gradient between
cup anemometers and wind vanes installed at 2 and 4 m).

Only for negative Rif is turbulence generated by buoy-
ancy, while for positive Rif buoyancy suppresses turbulence.
For Rif ≈ −1, production of turbulence is balanced between
buoyancy and shear, while buoyancy dominates the turbu-
lence generation for Rif <−1.

5.4 Convective updraft location

Buoyancy is also the generating mechanism for the convec-
tive circulation, which represents the largest eddies in the
boundary layer. Convective (buoyant) motion is initiated due
to horizontal density anomalies (see Jeevanjee and Romps,
2015). Locally reduced density at the surface (e.g., by a local
temperature increase) results in upward motion of air (buoy-
ant updraft), which is compensated for by a horizontal flow
towards the updraft region (horizontal convergence). Conse-
quently, we can utilize the retrieved velocity fields of u(x,z)
and w(x,z) to identify the presence and the location, xup,
of a convective updraft. Generally two conditions need to
be met within the lowest hundreds of meters for the pres-
ence of a convective updraft at xup: a sufficient updraft ve-
locityw(x) > 0.5 m s−1 and a negative horizontal divergence
1u
1x
(x) < 0 s−1. As an additional condition, turbulence gener-

ation should not be suppressed by buoyancy (Rif < 0) during
the corresponding time.

6 Two convective case studies

We demonstrate the potential of dual-lidar observations and
retrieval for studying convection on the basis of data col-
lected during two convective days. Each day corresponds to
one of the campaigns at Vaksinen and Starmoen airport. The
cases represent a variety of scan configurations, surrounding

terrain, and meteorological conditions. Considering the chal-
lenges during the two campaigns (see Sect. 2.4), the two days
of choice (28 May 2021 and 29 July 2022) provide the most
robust observations, namely those with the most favorable
convective conditions and highest data availability during
each of the campaigns. It should be noted that these two ex-
amples are a proof of concept for the potential of the dual-
lidar approach to study convection. A generalization of the
presented findings for a wide range of convective conditions
will require longer observational periods.

6.1 Meteorological conditions and energy balance

Though obtained in May 2021 and July 2022 at different lo-
cations, the incoming shortwave radiation, SW↓ (W m−2),
is of similar magnitude for both evaluated days (clear sky:
SW↓,max ≈ 750 W m−2, shown in Fig. 6). Both cases show
a diurnal cycle in temperature, humidity, and wind, which is
slightly lagged with respect to the SW↓ series. Compared
to the case shown for the Vaksinen site, the near-surface
wind is slightly weaker and the diurnal temperature ampli-
tude is larger at the Starmoen site. As a consequence, the
turbulence generation during hours of net radiative forcing is
mainly buoyancy-dominated (Rif <−1) at Starmoen, while
at Vaksinen turbulence generation is rather balanced between
buoyancy and shear (Rif ≈ −1). Despite the different forc-
ing mechanisms for turbulence generation, the sensible and
latent turbulent surface heat fluxes are of comparable magni-
tude for both cases displayed in Fig. 6.

Throughout both days, we observe a net radiative forcing
of up to 490 W m−2 at the Vaksinen site and up to 460 W m−2

at the Starmoen site (see Fig. 6). The latent and sensible heat
fluxes make up ca. 55 % and ca. 60 % of the net radiation
forcing at the Vaksinen and the Starmoen site, respectively.
A maximum residuum of ca. 225 W m−2 at Vaksinen and
180 W m−2 at Starmoen remains around the period of peak
net radiative forcing. The main part of this residuum is usu-
ally compensated for by the ground heat flux (not measured
here), which can reach values of the order of a few hundred
Watts per square meter (W m−2) (e.g., Arya, 2001). Still,
large convective eddies, which are nearly stationary over the
averaging period of the turbulent flux (30 min), may con-
tribute substantially to the energy transport away from the
surface. The contribution of such large eddies is not neces-
sarily captured by the turbulent surface heat fluxes. With the
dual-lidar setup, on the other hand, we can get a qualitative
estimate of the larger-scale flow patterns and their evolution.

The wind speed and direction profiles reconstructed from
the DBS scans and the boundary layer depth estimated from
SNR profiles based on composites of all RHI scans already
give a good overview of the predominating state of the circu-
lation over the two chosen days (Fig. 6, two lower rows).
Similar to the surface wind, wind speed is also increased
throughout the whole profile at the Vaksinen site compared
to the Starmoen site, in particular during the convective hours
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5.3FluxRichardsonnumber

Intheunstablystratifiedboundarylayer,thesourceoftur-
bulencegenerationiseitherbuoyancyorshear.Thedimen-
sionlessratioofthesetwotermsisdefinedastheRichardson
number.Withoursetup,theassumptionofhorizontalhomo-
geneity,andneglectingsubsidence,wecanestimatethenear-
surfacefluxRichardsonnumber,Rif(basedonStull,1988):

Rif=
−

g

θ
·w′T′s

|u′w′1u
1z

|+|v′w′1v
1z

|
,(11)

whereg=9.81ms−1istheEarth’sgravitationalaccelera-
tionconstantandT′s,u′,v′,andw′arefluctuationsrelative
tothe30minaveragevaluesu,v,w,andTsoftheseries
measuredbytheSEBS.Thesonicanemometerwasinstalled
3mabovethesurfaceandθwasestimatedonthebasisofTs
utilizingthepressure,p(hPa),measuredbytheAWS.The
30minaverageverticalgradients,1u

1z
and1v

1z
,areestimated

fromtheprofilemeasurementsofuandv(gradientbetween
cupanemometersandwindvanesinstalledat2and4m).

OnlyfornegativeRifisturbulencegeneratedbybuoy-
ancy,whileforpositiveRifbuoyancysuppressesturbulence.
ForRif≈−1,productionofturbulenceisbalancedbetween
buoyancyandshear,whilebuoyancydominatestheturbu-
lencegenerationforRif<−1.

5.4Convectiveupdraftlocation

Buoyancyisalsothegeneratingmechanismfortheconvec-
tivecirculation,whichrepresentsthelargesteddiesinthe
boundarylayer.Convective(buoyant)motionisinitiateddue
tohorizontaldensityanomalies(seeJeevanjeeandRomps,
2015).Locallyreduceddensityatthesurface(e.g.,byalocal
temperatureincrease)resultsinupwardmotionofair(buoy-
antupdraft),whichiscompensatedforbyahorizontalflow
towardstheupdraftregion(horizontalconvergence).Conse-
quently,wecanutilizetheretrievedvelocityfieldsofu(x,z)
andw(x,z)toidentifythepresenceandthelocation,xup,
ofaconvectiveupdraft.Generallytwoconditionsneedto
bemetwithinthelowesthundredsofmetersforthepres-
enceofaconvectiveupdraftatxup:asufficientupdraftve-
locityw(x)>0.5ms−1andanegativehorizontaldivergence
1u
1x

(x)<0s−1.Asanadditionalcondition,turbulencegener-
ationshouldnotbesuppressedbybuoyancy(Rif<0)during
thecorrespondingtime.

6Twoconvectivecasestudies

Wedemonstratethepotentialofdual-lidarobservationsand
retrievalforstudyingconvectiononthebasisofdatacol-
lectedduringtwoconvectivedays.Eachdaycorrespondsto
oneofthecampaignsatVaksinenandStarmoenairport.The
casesrepresentavarietyofscanconfigurations,surrounding

terrain,andmeteorologicalconditions.Consideringthechal-
lengesduringthetwocampaigns(seeSect.2.4),thetwodays
ofchoice(28May2021and29July2022)providethemost
robustobservations,namelythosewiththemostfavorable
convectiveconditionsandhighestdataavailabilityduring
eachofthecampaigns.Itshouldbenotedthatthesetwoex-
amplesareaproofofconceptforthepotentialofthedual-
lidarapproachtostudyconvection.Ageneralizationofthe
presentedfindingsforawiderangeofconvectiveconditions
willrequirelongerobservationalperiods.

6.1Meteorologicalconditionsandenergybalance

ThoughobtainedinMay2021andJuly2022atdifferentlo-
cations,theincomingshortwaveradiation,SW↓(Wm−2),
isofsimilarmagnitudeforbothevaluateddays(clearsky:
SW↓,max≈750Wm−2,showninFig.6).Bothcasesshow
adiurnalcycleintemperature,humidity,andwind,whichis
slightlylaggedwithrespecttotheSW↓series.Compared
tothecaseshownfortheVaksinensite,thenear-surface
windisslightlyweakerandthediurnaltemperatureampli-
tudeislargerattheStarmoensite.Asaconsequence,the
turbulencegenerationduringhoursofnetradiativeforcingis
mainlybuoyancy-dominated(Rif<−1)atStarmoen,while
atVaksinenturbulencegenerationisratherbalancedbetween
buoyancyandshear(Rif≈−1).Despitethedifferentforc-
ingmechanismsforturbulencegeneration,thesensibleand
latentturbulentsurfaceheatfluxesareofcomparablemagni-
tudeforbothcasesdisplayedinFig.6.

Throughoutbothdays,weobserveanetradiativeforcing
ofupto490Wm−2attheVaksinensiteandupto460Wm−2

attheStarmoensite(seeFig.6).Thelatentandsensibleheat
fluxesmakeupca.55%andca.60%ofthenetradiation
forcingattheVaksinenandtheStarmoensite,respectively.
Amaximumresiduumofca.225Wm−2atVaksinenand
180Wm−2atStarmoenremainsaroundtheperiodofpeak
netradiativeforcing.Themainpartofthisresiduumisusu-
allycompensatedforbythegroundheatflux(notmeasured
here),whichcanreachvaluesoftheorderofafewhundred
Wattspersquaremeter(Wm−2)(e.g.,Arya,2001).Still,
largeconvectiveeddies,whicharenearlystationaryoverthe
averagingperiodoftheturbulentflux(30min),maycon-
tributesubstantiallytotheenergytransportawayfromthe
surface.Thecontributionofsuchlargeeddiesisnotneces-
sarilycapturedbytheturbulentsurfaceheatfluxes.Withthe
dual-lidarsetup,ontheotherhand,wecangetaqualitative
estimateofthelarger-scaleflowpatternsandtheirevolution.

Thewindspeedanddirectionprofilesreconstructedfrom
theDBSscansandtheboundarylayerdepthestimatedfrom
SNRprofilesbasedoncompositesofallRHIscansalready
giveagoodoverviewofthepredominatingstateofthecircu-
lationoverthetwochosendays(Fig.6,twolowerrows).
Similartothesurfacewind,windspeedisalsoincreased
throughoutthewholeprofileattheVaksinensitecompared
totheStarmoensite,inparticularduringtheconvectivehours
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5.3FluxRichardsonnumber

Intheunstablystratifiedboundarylayer,thesourceoftur-
bulencegenerationiseitherbuoyancyorshear.Thedimen-
sionlessratioofthesetwotermsisdefinedastheRichardson
number.Withoursetup,theassumptionofhorizontalhomo-
geneity,andneglectingsubsidence,wecanestimatethenear-
surfacefluxRichardsonnumber,Rif(basedonStull,1988):
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tudeforbothcasesdisplayedinFig.6.

Throughoutbothdays,weobserveanetradiativeforcing
ofupto490Wm−2attheVaksinensiteandupto460Wm−2

attheStarmoensite(seeFig.6).Thelatentandsensibleheat
fluxesmakeupca.55%andca.60%ofthenetradiation
forcingattheVaksinenandtheStarmoensite,respectively.
Amaximumresiduumofca.225Wm−2atVaksinenand
180Wm−2atStarmoenremainsaroundtheperiodofpeak
netradiativeforcing.Themainpartofthisresiduumisusu-
allycompensatedforbythegroundheatflux(notmeasured
here),whichcanreachvaluesoftheorderofafewhundred
Wattspersquaremeter(Wm−2)(e.g.,Arya,2001).Still,
largeconvectiveeddies,whicharenearlystationaryoverthe
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tributesubstantiallytotheenergytransportawayfromthe
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theDBSscansandtheboundarylayerdepthestimatedfrom
SNRprofilesbasedoncompositesofallRHIscansalready
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lationoverthetwochosendays(Fig.6,twolowerrows).
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throughoutthewholeprofileattheVaksinensitecompared
totheStarmoensite,inparticularduringtheconvectivehours

Atmos.Meas.Tech.,16,5103–5123,2023https://doi.org/10.5194/amt-16-5103-2023

5114 C. Duscha et al.: Observing atmospheric convection with dual-scanning lidars

5.3 Flux Richardson number

In the unstably stratified boundary layer, the source of tur-
bulence generation is either buoyancy or shear. The dimen-
sionless ratio of these two terms is defined as the Richardson
number. With our setup, the assumption of horizontal homo-
geneity, and neglecting subsidence, we can estimate the near-
surface flux Richardson number, Rif (based on Stull, 1988):

Rif =
−
g
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·w
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T
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1z | + |v
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w
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where g = 9.81 m s
−1 is the Earth’s gravitational accelera-

tion constant and T
′

s , u
′
, v
′
, and w

′
are fluctuations relative

to the 30 min average values u, v, w, and Ts of the series
measured by the SEBS. The sonic anemometer was installed
3 m above the surface and θ was estimated on the basis of Ts
utilizing the pressure, p (hPa), measured by the AWS. The
30 min average vertical gradients,

1u
1z and

1v
1z , are estimated

from the profile measurements of u and v (gradient between
cup anemometers and wind vanes installed at 2 and 4 m).

Only for negative Rif is turbulence generated by buoy-
ancy, while for positive Rif buoyancy suppresses turbulence.
For Rif ≈ −1, production of turbulence is balanced between
buoyancy and shear, while buoyancy dominates the turbu-
lence generation for Rif <−1.

5.4 Convective updraft location

Buoyancy is also the generating mechanism for the convec-
tive circulation, which represents the largest eddies in the
boundary layer. Convective (buoyant) motion is initiated due
to horizontal density anomalies (see Jeevanjee and Romps,
2015). Locally reduced density at the surface (e.g., by a local
temperature increase) results in upward motion of air (buoy-
ant updraft), which is compensated for by a horizontal flow
towards the updraft region (horizontal convergence). Conse-
quently, we can utilize the retrieved velocity fields of u(x,z)
and w(x,z) to identify the presence and the location, xup,
of a convective updraft. Generally two conditions need to
be met within the lowest hundreds of meters for the pres-
ence of a convective updraft at xup: a sufficient updraft ve-
locityw(x) > 0.5 m s

−1 and a negative horizontal divergence
1u
1x (x) < 0 s

−1. As an additional condition, turbulence gener-
ation should not be suppressed by buoyancy (Rif < 0) during
the corresponding time.

6 Two convective case studies

We demonstrate the potential of dual-lidar observations and
retrieval for studying convection on the basis of data col-
lected during two convective days. Each day corresponds to
one of the campaigns at Vaksinen and Starmoen airport. The
cases represent a variety of scan configurations, surrounding

terrain, and meteorological conditions. Considering the chal-
lenges during the two campaigns (see Sect. 2.4), the two days
of choice (28 May 2021 and 29 July 2022) provide the most
robust observations, namely those with the most favorable
convective conditions and highest data availability during
each of the campaigns. It should be noted that these two ex-
amples are a proof of concept for the potential of the dual-
lidar approach to study convection. A generalization of the
presented findings for a wide range of convective conditions
will require longer observational periods.

6.1 Meteorological conditions and energy balance

Though obtained in May 2021 and July 2022 at different lo-
cations, the incoming shortwave radiation, SW↓ (W m

−2),
is of similar magnitude for both evaluated days (clear sky:
SW↓,max ≈ 750 W m

−2, shown in Fig. 6). Both cases show
a diurnal cycle in temperature, humidity, and wind, which is
slightly lagged with respect to the SW↓ series. Compared
to the case shown for the Vaksinen site, the near-surface
wind is slightly weaker and the diurnal temperature ampli-
tude is larger at the Starmoen site. As a consequence, the
turbulence generation during hours of net radiative forcing is
mainly buoyancy-dominated (Rif <−1) at Starmoen, while
at Vaksinen turbulence generation is rather balanced between
buoyancy and shear (Rif ≈ −1). Despite the different forc-
ing mechanisms for turbulence generation, the sensible and
latent turbulent surface heat fluxes are of comparable magni-
tude for both cases displayed in Fig. 6.

Throughout both days, we observe a net radiative forcing
of up to 490 W m

−2 at the Vaksinen site and up to 460 W m
−2

at the Starmoen site (see Fig. 6). The latent and sensible heat
fluxes make up ca. 55 % and ca. 60 % of the net radiation
forcing at the Vaksinen and the Starmoen site, respectively.
A maximum residuum of ca. 225 W m

−2 at Vaksinen and
180 W m

−2 at Starmoen remains around the period of peak
net radiative forcing. The main part of this residuum is usu-
ally compensated for by the ground heat flux (not measured
here), which can reach values of the order of a few hundred
Watts per square meter (W m

−2) (e.g., Arya, 2001). Still,
large convective eddies, which are nearly stationary over the
averaging period of the turbulent flux (30 min), may con-
tribute substantially to the energy transport away from the
surface. The contribution of such large eddies is not neces-
sarily captured by the turbulent surface heat fluxes. With the
dual-lidar setup, on the other hand, we can get a qualitative
estimate of the larger-scale flow patterns and their evolution.

The wind speed and direction profiles reconstructed from
the DBS scans and the boundary layer depth estimated from
SNR profiles based on composites of all RHI scans already
give a good overview of the predominating state of the circu-
lation over the two chosen days (Fig. 6, two lower rows).
Similar to the surface wind, wind speed is also increased
throughout the whole profile at the Vaksinen site compared
to the Starmoen site, in particular during the convective hours
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5.3 Flux Richardson number

In the unstably stratified boundary layer, the source of tur-
bulence generation is either buoyancy or shear. The dimen-
sionless ratio of these two terms is defined as the Richardson
number. With our setup, the assumption of horizontal homo-
geneity, and neglecting subsidence, we can estimate the near-
surface flux Richardson number, Rif (based on Stull, 1988):
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30 min average vertical gradients,
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cup anemometers and wind vanes installed at 2 and 4 m).

Only for negative Rif is turbulence generated by buoy-
ancy, while for positive Rif buoyancy suppresses turbulence.
For Rif ≈ −1, production of turbulence is balanced between
buoyancy and shear, while buoyancy dominates the turbu-
lence generation for Rif <−1.

5.4 Convective updraft location

Buoyancy is also the generating mechanism for the convec-
tive circulation, which represents the largest eddies in the
boundary layer. Convective (buoyant) motion is initiated due
to horizontal density anomalies (see Jeevanjee and Romps,
2015). Locally reduced density at the surface (e.g., by a local
temperature increase) results in upward motion of air (buoy-
ant updraft), which is compensated for by a horizontal flow
towards the updraft region (horizontal convergence). Conse-
quently, we can utilize the retrieved velocity fields of u(x,z)
and w(x,z) to identify the presence and the location, xup,
of a convective updraft. Generally two conditions need to
be met within the lowest hundreds of meters for the pres-
ence of a convective updraft at xup: a sufficient updraft ve-
locityw(x) > 0.5 m s

−1 and a negative horizontal divergence
1u
1x (x) < 0 s

−1. As an additional condition, turbulence gener-
ation should not be suppressed by buoyancy (Rif < 0) during
the corresponding time.

6 Two convective case studies

We demonstrate the potential of dual-lidar observations and
retrieval for studying convection on the basis of data col-
lected during two convective days. Each day corresponds to
one of the campaigns at Vaksinen and Starmoen airport. The
cases represent a variety of scan configurations, surrounding

terrain, and meteorological conditions. Considering the chal-
lenges during the two campaigns (see Sect. 2.4), the two days
of choice (28 May 2021 and 29 July 2022) provide the most
robust observations, namely those with the most favorable
convective conditions and highest data availability during
each of the campaigns. It should be noted that these two ex-
amples are a proof of concept for the potential of the dual-
lidar approach to study convection. A generalization of the
presented findings for a wide range of convective conditions
will require longer observational periods.

6.1 Meteorological conditions and energy balance

Though obtained in May 2021 and July 2022 at different lo-
cations, the incoming shortwave radiation, SW↓ (W m

−2),
is of similar magnitude for both evaluated days (clear sky:
SW↓,max ≈ 750 W m

−2, shown in Fig. 6). Both cases show
a diurnal cycle in temperature, humidity, and wind, which is
slightly lagged with respect to the SW↓ series. Compared
to the case shown for the Vaksinen site, the near-surface
wind is slightly weaker and the diurnal temperature ampli-
tude is larger at the Starmoen site. As a consequence, the
turbulence generation during hours of net radiative forcing is
mainly buoyancy-dominated (Rif <−1) at Starmoen, while
at Vaksinen turbulence generation is rather balanced between
buoyancy and shear (Rif ≈ −1). Despite the different forc-
ing mechanisms for turbulence generation, the sensible and
latent turbulent surface heat fluxes are of comparable magni-
tude for both cases displayed in Fig. 6.

Throughout both days, we observe a net radiative forcing
of up to 490 W m

−2 at the Vaksinen site and up to 460 W m
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at the Starmoen site (see Fig. 6). The latent and sensible heat
fluxes make up ca. 55 % and ca. 60 % of the net radiation
forcing at the Vaksinen and the Starmoen site, respectively.
A maximum residuum of ca. 225 W m

−2 at Vaksinen and
180 W m

−2 at Starmoen remains around the period of peak
net radiative forcing. The main part of this residuum is usu-
ally compensated for by the ground heat flux (not measured
here), which can reach values of the order of a few hundred
Watts per square meter (W m

−2) (e.g., Arya, 2001). Still,
large convective eddies, which are nearly stationary over the
averaging period of the turbulent flux (30 min), may con-
tribute substantially to the energy transport away from the
surface. The contribution of such large eddies is not neces-
sarily captured by the turbulent surface heat fluxes. With the
dual-lidar setup, on the other hand, we can get a qualitative
estimate of the larger-scale flow patterns and their evolution.

The wind speed and direction profiles reconstructed from
the DBS scans and the boundary layer depth estimated from
SNR profiles based on composites of all RHI scans already
give a good overview of the predominating state of the circu-
lation over the two chosen days (Fig. 6, two lower rows).
Similar to the surface wind, wind speed is also increased
throughout the whole profile at the Vaksinen site compared
to the Starmoen site, in particular during the convective hours
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5.3FluxRichardsonnumber

Intheunstablystratifiedboundarylayer,thesourceoftur-
bulencegenerationiseitherbuoyancyorshear.Thedimen-
sionlessratioofthesetwotermsisdefinedastheRichardson
number.Withoursetup,theassumptionofhorizontalhomo-
geneity,andneglectingsubsidence,wecanestimatethenear-
surfacefluxRichardsonnumber,Rif(basedonStull,1988):
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OnlyfornegativeRifisturbulencegeneratedbybuoy-
ancy,whileforpositiveRifbuoyancysuppressesturbulence.
ForRif≈−1,productionofturbulenceisbalancedbetween
buoyancyandshear,whilebuoyancydominatestheturbu-
lencegenerationforRif<−1.

5.4Convectiveupdraftlocation

Buoyancyisalsothegeneratingmechanismfortheconvec-
tivecirculation,whichrepresentsthelargesteddiesinthe
boundarylayer.Convective(buoyant)motionisinitiateddue
tohorizontaldensityanomalies(seeJeevanjeeandRomps,
2015).Locallyreduceddensityatthesurface(e.g.,byalocal
temperatureincrease)resultsinupwardmotionofair(buoy-
antupdraft),whichiscompensatedforbyahorizontalflow
towardstheupdraftregion(horizontalconvergence).Conse-
quently,wecanutilizetheretrievedvelocityfieldsofu(x,z)
andw(x,z)toidentifythepresenceandthelocation,xup,
ofaconvectiveupdraft.Generallytwoconditionsneedto
bemetwithinthelowesthundredsofmetersforthepres-
enceofaconvectiveupdraftatxup:asufficientupdraftve-
locityw(x)>0.5ms

−1andanegativehorizontaldivergence
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−1.Asanadditionalcondition,turbulencegener-
ationshouldnotbesuppressedbybuoyancy(Rif<0)during
thecorrespondingtime.

6Twoconvectivecasestudies
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lectedduringtwoconvectivedays.Eachdaycorrespondsto
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casesrepresentavarietyofscanconfigurations,surrounding

terrain,andmeteorologicalconditions.Consideringthechal-
lengesduringthetwocampaigns(seeSect.2.4),thetwodays
ofchoice(28May2021and29July2022)providethemost
robustobservations,namelythosewiththemostfavorable
convectiveconditionsandhighestdataavailabilityduring
eachofthecampaigns.Itshouldbenotedthatthesetwoex-
amplesareaproofofconceptforthepotentialofthedual-
lidarapproachtostudyconvection.Ageneralizationofthe
presentedfindingsforawiderangeofconvectiveconditions
willrequirelongerobservationalperiods.
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ThoughobtainedinMay2021andJuly2022atdifferentlo-
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−2),
isofsimilarmagnitudeforbothevaluateddays(clearsky:
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−2,showninFig.6).Bothcasesshow
adiurnalcycleintemperature,humidity,andwind,whichis
slightlylaggedwithrespecttotheSW↓series.Compared
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ingmechanismsforturbulencegeneration,thesensibleand
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tudeforbothcasesdisplayedinFig.6.
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fluxesmakeupca.55%andca.60%ofthenetradiation
forcingattheVaksinenandtheStarmoensite,respectively.
Amaximumresiduumofca.225Wm

−2atVaksinenand
180Wm

−2atStarmoenremainsaroundtheperiodofpeak
netradiativeforcing.Themainpartofthisresiduumisusu-
allycompensatedforbythegroundheatflux(notmeasured
here),whichcanreachvaluesoftheorderofafewhundred
Wattspersquaremeter(Wm

−2)(e.g.,Arya,2001).Still,
largeconvectiveeddies,whicharenearlystationaryoverthe
averagingperiodoftheturbulentflux(30min),maycon-
tributesubstantiallytotheenergytransportawayfromthe
surface.Thecontributionofsuchlargeeddiesisnotneces-
sarilycapturedbytheturbulentsurfaceheatfluxes.Withthe
dual-lidarsetup,ontheotherhand,wecangetaqualitative
estimateofthelarger-scaleflowpatternsandtheirevolution.

Thewindspeedanddirectionprofilesreconstructedfrom
theDBSscansandtheboundarylayerdepthestimatedfrom
SNRprofilesbasedoncompositesofallRHIscansalready
giveagoodoverviewofthepredominatingstateofthecircu-
lationoverthetwochosendays(Fig.6,twolowerrows).
Similartothesurfacewind,windspeedisalsoincreased
throughoutthewholeprofileattheVaksinensitecompared
totheStarmoensite,inparticularduringtheconvectivehours
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5.3FluxRichardsonnumber

Intheunstablystratifiedboundarylayer,thesourceoftur-
bulencegenerationiseitherbuoyancyorshear.Thedimen-
sionlessratioofthesetwotermsisdefinedastheRichardson
number.Withoursetup,theassumptionofhorizontalhomo-
geneity,andneglectingsubsidence,wecanestimatethenear-
surfacefluxRichardsonnumber,Rif(basedonStull,1988):
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lencegenerationforRif<−1.
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boundarylayer.Convective(buoyant)motionisinitiateddue
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temperatureincrease)resultsinupwardmotionofair(buoy-
antupdraft),whichiscompensatedforbyahorizontalflow
towardstheupdraftregion(horizontalconvergence).Conse-
quently,wecanutilizetheretrievedvelocityfieldsofu(x,z)
andw(x,z)toidentifythepresenceandthelocation,xup,
ofaconvectiveupdraft.Generallytwoconditionsneedto
bemetwithinthelowesthundredsofmetersforthepres-
enceofaconvectiveupdraftatxup:asufficientupdraftve-
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thecorrespondingtime.

6Twoconvectivecasestudies

Wedemonstratethepotentialofdual-lidarobservationsand
retrievalforstudyingconvectiononthebasisofdatacol-
lectedduringtwoconvectivedays.Eachdaycorrespondsto
oneofthecampaignsatVaksinenandStarmoenairport.The
casesrepresentavarietyofscanconfigurations,surrounding

terrain,andmeteorologicalconditions.Consideringthechal-
lengesduringthetwocampaigns(seeSect.2.4),thetwodays
ofchoice(28May2021and29July2022)providethemost
robustobservations,namelythosewiththemostfavorable
convectiveconditionsandhighestdataavailabilityduring
eachofthecampaigns.Itshouldbenotedthatthesetwoex-
amplesareaproofofconceptforthepotentialofthedual-
lidarapproachtostudyconvection.Ageneralizationofthe
presentedfindingsforawiderangeofconvectiveconditions
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mainlybuoyancy-dominated(Rif<−1)atStarmoen,while
atVaksinenturbulencegenerationisratherbalancedbetween
buoyancyandshear(Rif≈−1).Despitethedifferentforc-
ingmechanismsforturbulencegeneration,thesensibleand
latentturbulentsurfaceheatfluxesareofcomparablemagni-
tudeforbothcasesdisplayedinFig.6.

Throughoutbothdays,weobserveanetradiativeforcing
ofupto490Wm

−2attheVaksinensiteandupto460Wm
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attheStarmoensite(seeFig.6).Thelatentandsensibleheat
fluxesmakeupca.55%andca.60%ofthenetradiation
forcingattheVaksinenandtheStarmoensite,respectively.
Amaximumresiduumofca.225Wm
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180Wm

−2atStarmoenremainsaroundtheperiodofpeak
netradiativeforcing.Themainpartofthisresiduumisusu-
allycompensatedforbythegroundheatflux(notmeasured
here),whichcanreachvaluesoftheorderofafewhundred
Wattspersquaremeter(Wm

−2)(e.g.,Arya,2001).Still,
largeconvectiveeddies,whicharenearlystationaryoverthe
averagingperiodoftheturbulentflux(30min),maycon-
tributesubstantiallytotheenergytransportawayfromthe
surface.Thecontributionofsuchlargeeddiesisnotneces-
sarilycapturedbytheturbulentsurfaceheatfluxes.Withthe
dual-lidarsetup,ontheotherhand,wecangetaqualitative
estimateofthelarger-scaleflowpatternsandtheirevolution.

Thewindspeedanddirectionprofilesreconstructedfrom
theDBSscansandtheboundarylayerdepthestimatedfrom
SNRprofilesbasedoncompositesofallRHIscansalready
giveagoodoverviewofthepredominatingstateofthecircu-
lationoverthetwochosendays(Fig.6,twolowerrows).
Similartothesurfacewind,windspeedisalsoincreased
throughoutthewholeprofileattheVaksinensitecompared
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Figure 6. Diurnal cycle of temperature, humidity, and surface wind barbs (short feathers: 1 m s−1, long feathers: 2 m s−1) measured by
AWS, incoming (↓) and outgoing (↑) longwave (LW) and shortwave (SW) radiation, net radiation, turbulent sensible (Hs) and latent heat
(He) fluxes measured and estimated from SEBS measurements, temporal evolution of wind speed (ws) and wind direction (wd) profiles,
and boundary layer depth (bl depth; m above the surface) from lidar observations during two convective days. Left panels: observations at
Vaksinen airport (28 May 2021); right panels: observations at Starmoen airport (29 July 2022).

of the day (Fig. 6). Wind direction changes substantially both
in time and with altitude at the Vaksinen site, turning from
southerly to southwesterly (almost parallel to the airstrip)
in the boundary layer during the convectively active hours.
Above the boundary layer, wind direction turns towards north
and later on towards east. At Starmoen, wind is mostly from
south to southwesterly directions over the whole day and ob-
served altitude range, which is almost perpendicular to the
airstrip. The most striking difference between the two cases
is the large difference in boundary layer depth. At the Vaksi-
nen site the boundary layer is quite shallow and reaches only
a few hundred meters of depth. At Starmoen, on the other
hand, the boundary layer rises up to more than 2000 m over
the course of the day, also yielding the possibility of compa-
rably deeper convective circulation.

6.2 Dual-lidar approach for a clear-sky case of
convection

We demonstrate the reconstruction of the flow field (u,w)
in the cross-section between the two lidars from the tempo-

rally interpolated vr fields (one snapshot) during the Vaksi-
nen airport campaign (28 May 2021 between 15:00 and
16:00 UTC), which is displayed in Fig. 7. The interpolated
vr values in the RHI scans (Fig. 7a–f) correspond to the time
step which is exactly at the middle of each individual scan
configuration period.

Despite a time difference of 10 and 20 min between the
different scan configurations, all retrieved fields of u and w
indicate the presence of a convective updraft, triggered at
around x = 200 (Fig. 7g–l). With the retrieved u and w fields
and on the basis of the method introduced in Sect. 5.4, we
estimated xup, where the convective updrafts originate at the
surface. Figure 8 visualizes the identification process applied
to the three retrieved u and v fields which are presented in
Fig. 7. Here, the height-averaged w (over the lowest 150 m)
reaches a local maximum (w > 0.5 m s−1) and u converges
(reverses sign from positive to negative with increasing x:
1u
1x

) within the grey shaded area for the three tested scan con-
figurations. This area is in fact located around the x = 200
mark (Fig. 8d–f).
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Figure6.Diurnalcycleoftemperature,humidity,andsurfacewindbarbs(shortfeathers:1ms−1,longfeathers:2ms−1)measuredby
AWS,incoming(↓)andoutgoing(↑)longwave(LW)andshortwave(SW)radiation,netradiation,turbulentsensible(Hs)andlatentheat
(He)fluxesmeasuredandestimatedfromSEBSmeasurements,temporalevolutionofwindspeed(ws)andwinddirection(wd)profiles,
andboundarylayerdepth(bldepth;mabovethesurface)fromlidarobservationsduringtwoconvectivedays.Leftpanels:observationsat
Vaksinenairport(28May2021);rightpanels:observationsatStarmoenairport(29July2022).

oftheday(Fig.6).Winddirectionchangessubstantiallyboth
intimeandwithaltitudeattheVaksinensite,turningfrom
southerlytosouthwesterly(almostparalleltotheairstrip)
intheboundarylayerduringtheconvectivelyactivehours.
Abovetheboundarylayer,winddirectionturnstowardsnorth
andlaterontowardseast.AtStarmoen,windismostlyfrom
southtosouthwesterlydirectionsoverthewholedayandob-
servedaltituderange,whichisalmostperpendiculartothe
airstrip.Themoststrikingdifferencebetweenthetwocases
isthelargedifferenceinboundarylayerdepth.AttheVaksi-
nensitetheboundarylayerisquiteshallowandreachesonly
afewhundredmetersofdepth.AtStarmoen,ontheother
hand,theboundarylayerrisesuptomorethan2000mover
thecourseoftheday,alsoyieldingthepossibilityofcompa-
rablydeeperconvectivecirculation.

6.2Dual-lidarapproachforaclear-skycaseof
convection

Wedemonstratethereconstructionoftheflowfield(u,w)
inthecross-sectionbetweenthetwolidarsfromthetempo-

rallyinterpolatedvrfields(onesnapshot)duringtheVaksi-
nenairportcampaign(28May2021between15:00and
16:00UTC),whichisdisplayedinFig.7.Theinterpolated
vrvaluesintheRHIscans(Fig.7a–f)correspondtothetime
stepwhichisexactlyatthemiddleofeachindividualscan
configurationperiod.

Despiteatimedifferenceof10and20minbetweenthe
differentscanconfigurations,allretrievedfieldsofuandw
indicatethepresenceofaconvectiveupdraft,triggeredat
aroundx=200(Fig.7g–l).Withtheretrieveduandwfields
andonthebasisofthemethodintroducedinSect.5.4,we
estimatedxup,wheretheconvectiveupdraftsoriginateatthe
surface.Figure8visualizestheidentificationprocessapplied
tothethreeretrieveduandvfieldswhicharepresentedin
Fig.7.Here,theheight-averagedw(overthelowest150m)
reachesalocalmaximum(w>0.5ms−1)anduconverges
(reversessignfrompositivetonegativewithincreasingx:
1u
1x

)withinthegreyshadedareaforthethreetestedscancon-
figurations.Thisareaisinfactlocatedaroundthex=200
mark(Fig.8d–f).
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Figure6.Diurnalcycleoftemperature,humidity,andsurfacewindbarbs(shortfeathers:1ms−1,longfeathers:2ms−1)measuredby
AWS,incoming(↓)andoutgoing(↑)longwave(LW)andshortwave(SW)radiation,netradiation,turbulentsensible(Hs)andlatentheat
(He)fluxesmeasuredandestimatedfromSEBSmeasurements,temporalevolutionofwindspeed(ws)andwinddirection(wd)profiles,
andboundarylayerdepth(bldepth;mabovethesurface)fromlidarobservationsduringtwoconvectivedays.Leftpanels:observationsat
Vaksinenairport(28May2021);rightpanels:observationsatStarmoenairport(29July2022).
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servedaltituderange,whichisalmostperpendiculartothe
airstrip.Themoststrikingdifferencebetweenthetwocases
isthelargedifferenceinboundarylayerdepth.AttheVaksi-
nensitetheboundarylayerisquiteshallowandreachesonly
afewhundredmetersofdepth.AtStarmoen,ontheother
hand,theboundarylayerrisesuptomorethan2000mover
thecourseoftheday,alsoyieldingthepossibilityofcompa-
rablydeeperconvectivecirculation.

6.2Dual-lidarapproachforaclear-skycaseof
convection

Wedemonstratethereconstructionoftheflowfield(u,w)
inthecross-sectionbetweenthetwolidarsfromthetempo-

rallyinterpolatedvrfields(onesnapshot)duringtheVaksi-
nenairportcampaign(28May2021between15:00and
16:00UTC),whichisdisplayedinFig.7.Theinterpolated
vrvaluesintheRHIscans(Fig.7a–f)correspondtothetime
stepwhichisexactlyatthemiddleofeachindividualscan
configurationperiod.

Despiteatimedifferenceof10and20minbetweenthe
differentscanconfigurations,allretrievedfieldsofuandw
indicatethepresenceofaconvectiveupdraft,triggeredat
aroundx=200(Fig.7g–l).Withtheretrieveduandwfields
andonthebasisofthemethodintroducedinSect.5.4,we
estimatedxup,wheretheconvectiveupdraftsoriginateatthe
surface.Figure8visualizestheidentificationprocessapplied
tothethreeretrieveduandvfieldswhicharepresentedin
Fig.7.Here,theheight-averagedw(overthelowest150m)
reachesalocalmaximum(w>0.5ms−1)anduconverges
(reversessignfrompositivetonegativewithincreasingx:
1u
1x

)withinthegreyshadedareaforthethreetestedscancon-
figurations.Thisareaisinfactlocatedaroundthex=200
mark(Fig.8d–f).
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Figure 6. Diurnal cycle of temperature, humidity, and surface wind barbs (short feathers: 1 m s
−1, long feathers: 2 m s

−1) measured by
AWS, incoming (↓) and outgoing (↑) longwave (LW) and shortwave (SW) radiation, net radiation, turbulent sensible (Hs) and latent heat
(He) fluxes measured and estimated from SEBS measurements, temporal evolution of wind speed (ws) and wind direction (wd) profiles,
and boundary layer depth (bl depth; m above the surface) from lidar observations during two convective days. Left panels: observations at
Vaksinen airport (28 May 2021); right panels: observations at Starmoen airport (29 July 2022).

of the day (Fig. 6). Wind direction changes substantially both
in time and with altitude at the Vaksinen site, turning from
southerly to southwesterly (almost parallel to the airstrip)
in the boundary layer during the convectively active hours.
Above the boundary layer, wind direction turns towards north
and later on towards east. At Starmoen, wind is mostly from
south to southwesterly directions over the whole day and ob-
served altitude range, which is almost perpendicular to the
airstrip. The most striking difference between the two cases
is the large difference in boundary layer depth. At the Vaksi-
nen site the boundary layer is quite shallow and reaches only
a few hundred meters of depth. At Starmoen, on the other
hand, the boundary layer rises up to more than 2000 m over
the course of the day, also yielding the possibility of compa-
rably deeper convective circulation.

6.2 Dual-lidar approach for a clear-sky case of
convection

We demonstrate the reconstruction of the flow field (u,w)
in the cross-section between the two lidars from the tempo-

rally interpolated vr fields (one snapshot) during the Vaksi-
nen airport campaign (28 May 2021 between 15:00 and
16:00 UTC), which is displayed in Fig. 7. The interpolated
vr values in the RHI scans (Fig. 7a–f) correspond to the time
step which is exactly at the middle of each individual scan
configuration period.

Despite a time difference of 10 and 20 min between the
different scan configurations, all retrieved fields of u and w
indicate the presence of a convective updraft, triggered at
around x = 200 (Fig. 7g–l). With the retrieved u and w fields
and on the basis of the method introduced in Sect. 5.4, we
estimated xup, where the convective updrafts originate at the
surface. Figure 8 visualizes the identification process applied
to the three retrieved u and v fields which are presented in
Fig. 7. Here, the height-averaged w (over the lowest 150 m)
reaches a local maximum (w > 0.5 m s

−1) and u converges
(reverses sign from positive to negative with increasing x:
1u
1x ) within the grey shaded area for the three tested scan con-
figurations. This area is in fact located around the x = 200
mark (Fig. 8d–f).
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Figure6.Diurnalcycleoftemperature,humidity,andsurfacewindbarbs(shortfeathers:1ms
−1,longfeathers:2ms

−1)measuredby
AWS,incoming(↓)andoutgoing(↑)longwave(LW)andshortwave(SW)radiation,netradiation,turbulentsensible(Hs)andlatentheat
(He)fluxesmeasuredandestimatedfromSEBSmeasurements,temporalevolutionofwindspeed(ws)andwinddirection(wd)profiles,
andboundarylayerdepth(bldepth;mabovethesurface)fromlidarobservationsduringtwoconvectivedays.Leftpanels:observationsat
Vaksinenairport(28May2021);rightpanels:observationsatStarmoenairport(29July2022).

oftheday(Fig.6).Winddirectionchangessubstantiallyboth
intimeandwithaltitudeattheVaksinensite,turningfrom
southerlytosouthwesterly(almostparalleltotheairstrip)
intheboundarylayerduringtheconvectivelyactivehours.
Abovetheboundarylayer,winddirectionturnstowardsnorth
andlaterontowardseast.AtStarmoen,windismostlyfrom
southtosouthwesterlydirectionsoverthewholedayandob-
servedaltituderange,whichisalmostperpendiculartothe
airstrip.Themoststrikingdifferencebetweenthetwocases
isthelargedifferenceinboundarylayerdepth.AttheVaksi-
nensitetheboundarylayerisquiteshallowandreachesonly
afewhundredmetersofdepth.AtStarmoen,ontheother
hand,theboundarylayerrisesuptomorethan2000mover
thecourseoftheday,alsoyieldingthepossibilityofcompa-
rablydeeperconvectivecirculation.

6.2Dual-lidarapproachforaclear-skycaseof
convection

Wedemonstratethereconstructionoftheflowfield(u,w)
inthecross-sectionbetweenthetwolidarsfromthetempo-

rallyinterpolatedvrfields(onesnapshot)duringtheVaksi-
nenairportcampaign(28May2021between15:00and
16:00UTC),whichisdisplayedinFig.7.Theinterpolated
vrvaluesintheRHIscans(Fig.7a–f)correspondtothetime
stepwhichisexactlyatthemiddleofeachindividualscan
configurationperiod.

Despiteatimedifferenceof10and20minbetweenthe
differentscanconfigurations,allretrievedfieldsofuandw
indicatethepresenceofaconvectiveupdraft,triggeredat
aroundx=200(Fig.7g–l).Withtheretrieveduandwfields
andonthebasisofthemethodintroducedinSect.5.4,we
estimatedxup,wheretheconvectiveupdraftsoriginateatthe
surface.Figure8visualizestheidentificationprocessapplied
tothethreeretrieveduandvfieldswhicharepresentedin
Fig.7.Here,theheight-averagedw(overthelowest150m)
reachesalocalmaximum(w>0.5ms

−1)anduconverges
(reversessignfrompositivetonegativewithincreasingx:
1u
1x)withinthegreyshadedareaforthethreetestedscancon-
figurations.Thisareaisinfactlocatedaroundthex=200
mark(Fig.8d–f).
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Figure 7. Filtered and temporally interpolated vr observations, retrieval, and retrieval error obtained for 28 May 2021 between 15:00 and
16:00 UTC at Vaksinen airport. The location of the utilized lidars is indicated by white squares with a black border just above the surface,
with lidar1 in the negative and lidar2 in the positive x domain in each of the panels. The three columns correspond to the three different scan
configurations with configuration-specific1θ ,Dscan, and t (instantaneous cross-section). Each row corresponds to one relevant variable. The
first row (a–c) shows processed, instantaneous vr fields from lidar-37 (here lidar1). The second row (d–f) shows processed, instantaneous vr
fields from lidar-40 (here lidar2). The third row (g–i) shows the retrieved w field. The fourth row (j–l) shows the retrieved u field, and the
fifth row (m–o) shows the retrieval RMSE field.

For all three scan configurations the maximumw and min-
imum 1u

1x
fall into almost the same point (xup) at x = 230 m,

x = 200 m, and x = 200 m. Given the meteorological back-
ground conditions (see Sect. 6.1 and Fig. 6), buoyancy con-
tributes to the turbulence generation (Rif < 0) and can be
considered the main driver for the observed circulation pat-
terns. Horizontal velocity divergence is expected at the upper
edge of the convective updraft to compensate for the upward
motion of air. A divergent behavior is, in fact, evident in all
three retrieved u fields (Fig. 7j–l) but much weaker than the
near-surface convergence. Similar to what was observed by
Kunkel et al. (1977), the updraft is attached to the surface and
has more of a plume-like character, while at higher altitudes
“bubbles” of increased vertical velocities seem to detach.

The near-surface horizontal velocity convergence around
x = 200 m is already well captured by the vr fields obtained
by lidar-37, which is located at x =−335 m (Fig. 7a–c).

The lidars’s beam is oriented almost horizontal relative to
the near-surface flow field, relevant to the convective updraft
and convergence region. Here, angular or spatial resolution
does not matter, since even the lowest angular resolution of
2.0◦ (Fig. 7c) sufficiently captures all relevant features of the
horizontal flow. Lidar-40 is located at x = 335 m, which is
comparably close to the convective updraft region around
x = 200 m, for all three scan configurations. The region of
horizontal velocity convergence, which is not exactly located
above lidar-40, is also evident in the horizontally pointing
beams (Fig. 7d–f, j–l). Yet here, the updraft strongly con-
tributes to the vr signal of the vertically or close to vertically
pointing beams (Fig. 7d–i).

Within the convectively active region, the RMSE is re-
markably similar for all three scan configurations (Fig. 7m–
o). It is increased close to the updraft region near the sur-
face (x = 200, z < 100). The main cause of this increased
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Figure7.Filteredandtemporallyinterpolatedvrobservations,retrieval,andretrievalerrorobtainedfor28May2021between15:00and
16:00UTCatVaksinenairport.Thelocationoftheutilizedlidarsisindicatedbywhitesquareswithablackborderjustabovethesurface,
withlidar1inthenegativeandlidar2inthepositivexdomainineachofthepanels.Thethreecolumnscorrespondtothethreedifferentscan
configurationswithconfiguration-specific1θ,Dscan,andt(instantaneouscross-section).Eachrowcorrespondstoonerelevantvariable.The
firstrow(a–c)showsprocessed,instantaneousvrfieldsfromlidar-37(herelidar1).Thesecondrow(d–f)showsprocessed,instantaneousvr
fieldsfromlidar-40(herelidar2).Thethirdrow(g–i)showstheretrievedwfield.Thefourthrow(j–l)showstheretrievedufield,andthe
fifthrow(m–o)showstheretrievalRMSEfield.

Forallthreescanconfigurationsthemaximumwandmin-
imum1u

1x
fallintoalmostthesamepoint(xup)atx=230m,

x=200m,andx=200m.Giventhemeteorologicalback-
groundconditions(seeSect.6.1andFig.6),buoyancycon-
tributestotheturbulencegeneration(Rif<0)andcanbe
consideredthemaindriverfortheobservedcirculationpat-
terns.Horizontalvelocitydivergenceisexpectedattheupper
edgeoftheconvectiveupdrafttocompensatefortheupward
motionofair.Adivergentbehavioris,infact,evidentinall
threeretrievedufields(Fig.7j–l)butmuchweakerthanthe
near-surfaceconvergence.Similartowhatwasobservedby
Kunkeletal.(1977),theupdraftisattachedtothesurfaceand
hasmoreofaplume-likecharacter,whileathigheraltitudes
“bubbles”ofincreasedverticalvelocitiesseemtodetach.

Thenear-surfacehorizontalvelocityconvergencearound
x=200misalreadywellcapturedbythevrfieldsobtained
bylidar-37,whichislocatedatx=−335m(Fig.7a–c).

Thelidars’sbeamisorientedalmosthorizontalrelativeto
thenear-surfaceflowfield,relevanttotheconvectiveupdraft
andconvergenceregion.Here,angularorspatialresolution
doesnotmatter,sinceeventhelowestangularresolutionof
2.0◦(Fig.7c)sufficientlycapturesallrelevantfeaturesofthe
horizontalflow.Lidar-40islocatedatx=335m,whichis
comparablyclosetotheconvectiveupdraftregionaround
x=200m,forallthreescanconfigurations.Theregionof
horizontalvelocityconvergence,whichisnotexactlylocated
abovelidar-40,isalsoevidentinthehorizontallypointing
beams(Fig.7d–f,j–l).Yethere,theupdraftstronglycon-
tributestothevrsignaloftheverticallyorclosetovertically
pointingbeams(Fig.7d–i).

Withintheconvectivelyactiveregion,theRMSEisre-
markablysimilarforallthreescanconfigurations(Fig.7m–
o).Itisincreasedclosetotheupdraftregionnearthesur-
face(x=200,z<100).Themaincauseofthisincreased
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motionofair.Adivergentbehavioris,infact,evidentinall
threeretrievedufields(Fig.7j–l)butmuchweakerthanthe
near-surfaceconvergence.Similartowhatwasobservedby
Kunkeletal.(1977),theupdraftisattachedtothesurfaceand
hasmoreofaplume-likecharacter,whileathigheraltitudes
“bubbles”ofincreasedverticalvelocitiesseemtodetach.

Thenear-surfacehorizontalvelocityconvergencearound
x=200misalreadywellcapturedbythevrfieldsobtained
bylidar-37,whichislocatedatx=−335m(Fig.7a–c).

Thelidars’sbeamisorientedalmosthorizontalrelativeto
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comparablyclosetotheconvectiveupdraftregionaround
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horizontalvelocityconvergence,whichisnotexactlylocated
abovelidar-40,isalsoevidentinthehorizontallypointing
beams(Fig.7d–f,j–l).Yethere,theupdraftstronglycon-
tributestothevrsignaloftheverticallyorclosetovertically
pointingbeams(Fig.7d–i).

Withintheconvectivelyactiveregion,theRMSEisre-
markablysimilarforallthreescanconfigurations(Fig.7m–
o).Itisincreasedclosetotheupdraftregionnearthesur-
face(x=200,z<100).Themaincauseofthisincreased
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Figure 7. Filtered and temporally interpolated vr observations, retrieval, and retrieval error obtained for 28 May 2021 between 15:00 and
16:00 UTC at Vaksinen airport. The location of the utilized lidars is indicated by white squares with a black border just above the surface,
with lidar1 in the negative and lidar2 in the positive x domain in each of the panels. The three columns correspond to the three different scan
configurations with configuration-specific1θ ,Dscan, and t (instantaneous cross-section). Each row corresponds to one relevant variable. The
first row (a–c) shows processed, instantaneous vr fields from lidar-37 (here lidar1). The second row (d–f) shows processed, instantaneous vr
fields from lidar-40 (here lidar2). The third row (g–i) shows the retrieved w field. The fourth row (j–l) shows the retrieved u field, and the
fifth row (m–o) shows the retrieval RMSE field.

For all three scan configurations the maximumw and min-
imum

1u
1x fall into almost the same point (xup) at x = 230 m,

x = 200 m, and x = 200 m. Given the meteorological back-
ground conditions (see Sect. 6.1 and Fig. 6), buoyancy con-
tributes to the turbulence generation (Rif < 0) and can be
considered the main driver for the observed circulation pat-
terns. Horizontal velocity divergence is expected at the upper
edge of the convective updraft to compensate for the upward
motion of air. A divergent behavior is, in fact, evident in all
three retrieved u fields (Fig. 7j–l) but much weaker than the
near-surface convergence. Similar to what was observed by
Kunkel et al. (1977), the updraft is attached to the surface and
has more of a plume-like character, while at higher altitudes
“bubbles” of increased vertical velocities seem to detach.

The near-surface horizontal velocity convergence around
x = 200 m is already well captured by the vr fields obtained
by lidar-37, which is located at x =−335 m (Fig. 7a–c).

The lidars’s beam is oriented almost horizontal relative to
the near-surface flow field, relevant to the convective updraft
and convergence region. Here, angular or spatial resolution
does not matter, since even the lowest angular resolution of
2.0
◦

(Fig. 7c) sufficiently captures all relevant features of the
horizontal flow. Lidar-40 is located at x = 335 m, which is
comparably close to the convective updraft region around
x = 200 m, for all three scan configurations. The region of
horizontal velocity convergence, which is not exactly located
above lidar-40, is also evident in the horizontally pointing
beams (Fig. 7d–f, j–l). Yet here, the updraft strongly con-
tributes to the vr signal of the vertically or close to vertically
pointing beams (Fig. 7d–i).

Within the convectively active region, the RMSE is re-
markably similar for all three scan configurations (Fig. 7m–
o). It is increased close to the updraft region near the sur-
face (x = 200, z < 100). The main cause of this increased
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horizontal velocity convergence, which is not exactly located
above lidar-40, is also evident in the horizontally pointing
beams (Fig. 7d–f, j–l). Yet here, the updraft strongly con-
tributes to the vr signal of the vertically or close to vertically
pointing beams (Fig. 7d–i).

Within the convectively active region, the RMSE is re-
markably similar for all three scan configurations (Fig. 7m–
o). It is increased close to the updraft region near the sur-
face (x = 200, z < 100). The main cause of this increased
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Figure7.Filteredandtemporallyinterpolatedvrobservations,retrieval,andretrievalerrorobtainedfor28May2021between15:00and
16:00UTCatVaksinenairport.Thelocationoftheutilizedlidarsisindicatedbywhitesquareswithablackborderjustabovethesurface,
withlidar1inthenegativeandlidar2inthepositivexdomainineachofthepanels.Thethreecolumnscorrespondtothethreedifferentscan
configurationswithconfiguration-specific1θ,Dscan,andt(instantaneouscross-section).Eachrowcorrespondstoonerelevantvariable.The
firstrow(a–c)showsprocessed,instantaneousvrfieldsfromlidar-37(herelidar1).Thesecondrow(d–f)showsprocessed,instantaneousvr
fieldsfromlidar-40(herelidar2).Thethirdrow(g–i)showstheretrievedwfield.Thefourthrow(j–l)showstheretrievedufield,andthe
fifthrow(m–o)showstheretrievalRMSEfield.

Forallthreescanconfigurationsthemaximumwandmin-
imum

1u
1xfallintoalmostthesamepoint(xup)atx=230m,

x=200m,andx=200m.Giventhemeteorologicalback-
groundconditions(seeSect.6.1andFig.6),buoyancycon-
tributestotheturbulencegeneration(Rif<0)andcanbe
consideredthemaindriverfortheobservedcirculationpat-
terns.Horizontalvelocitydivergenceisexpectedattheupper
edgeoftheconvectiveupdrafttocompensatefortheupward
motionofair.Adivergentbehavioris,infact,evidentinall
threeretrievedufields(Fig.7j–l)butmuchweakerthanthe
near-surfaceconvergence.Similartowhatwasobservedby
Kunkeletal.(1977),theupdraftisattachedtothesurfaceand
hasmoreofaplume-likecharacter,whileathigheraltitudes
“bubbles”ofincreasedverticalvelocitiesseemtodetach.

Thenear-surfacehorizontalvelocityconvergencearound
x=200misalreadywellcapturedbythevrfieldsobtained
bylidar-37,whichislocatedatx=−335m(Fig.7a–c).

Thelidars’sbeamisorientedalmosthorizontalrelativeto
thenear-surfaceflowfield,relevanttotheconvectiveupdraft
andconvergenceregion.Here,angularorspatialresolution
doesnotmatter,sinceeventhelowestangularresolutionof
2.0
◦

(Fig.7c)sufficientlycapturesallrelevantfeaturesofthe
horizontalflow.Lidar-40islocatedatx=335m,whichis
comparablyclosetotheconvectiveupdraftregionaround
x=200m,forallthreescanconfigurations.Theregionof
horizontalvelocityconvergence,whichisnotexactlylocated
abovelidar-40,isalsoevidentinthehorizontallypointing
beams(Fig.7d–f,j–l).Yethere,theupdraftstronglycon-
tributestothevrsignaloftheverticallyorclosetovertically
pointingbeams(Fig.7d–i).

Withintheconvectivelyactiveregion,theRMSEisre-
markablysimilarforallthreescanconfigurations(Fig.7m–
o).Itisincreasedclosetotheupdraftregionnearthesur-
face(x=200,z<100).Themaincauseofthisincreased
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horizontalflow.Lidar-40islocatedatx=335m,whichis
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beams(Fig.7d–f,j–l).Yethere,theupdraftstronglycon-
tributestothevrsignaloftheverticallyorclosetovertically
pointingbeams(Fig.7d–i).

Withintheconvectivelyactiveregion,theRMSEisre-
markablysimilarforallthreescanconfigurations(Fig.7m–
o).Itisincreasedclosetotheupdraftregionnearthesur-
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Figure 8. Averaged near-surface (≤ 150 m) horizontal divergence. The first row (a–c) shows u and the second row (d–f) shows w estimates
to visualize the identification process for the near-surface updraft location, x0. The three columns correspond to the three different scan
configurations with configuration-specific 1θ , Dscan, and t (instantaneous cross-section).

RMSE is an erroneous estimate of the large w component
in the near-surface region. The w contribution to the ob-
served vr is negligible, since here both lidars observe vr with
predominantly horizontally pointing beams (ill-posed in w).
This issue was already addressed by removing any ill-posed
w values from the retrieved field (see Sect. 3.2). Above the
downdraft region, a larger area of increased RMSE is present
for all three scan configurations (upper left corner of the dis-
played retrieval grid). Here SNR values are decreased (not
shown); hence, fewer vr values are available for the retrieval.
The boundary layer depth is horizontally inhomogeneous and
particularly increased above the updraft. Hence, the convec-
tive updraft directly drives the boundary layer deepening,
while the downdraft entrains clear air from the free atmo-
sphere, where uncertainty in the lidar retrieval rapidly in-
creases. Due to its rapid transport of aerosols through the at-
mosphere, the convective updraft is consequently well suited
to be observed with a Doppler lidar.

6.3 Development of a cloud-topped convective
structure

During the Starmoen campaign, we captured a convective
day with comparable temperature and humidity develop-
ment, as well as radiation and turbulent fluxes (Fig. 6). The
main differences to the convective day investigated from the
Vaksinen campaign are the increased depth of the boundary
layer and the formation of convective clouds in the after-
noon. The presence of clouds at Starmoen airport on the
day of interest is evident from the periods of strongly re-
duced values of SW↓ during the afternoon (see Fig. 6). From
ca. 13:00 until 14:00 UTC, SW↓ rapidly fluctuates between

Figure 9. Cloud observed over Starmoen airport on 29 July 2022 at
14:23 UTC

diffuse (cloud-shadowed) and nearly clear-sky values, indi-
cating the presence of nonstationary and rather small-scale
clouds. From ca. 14:00 to 15:00 UTC, the pyranometer was
continuously shadowed by a larger, more stationary cloud
(see Fig. 9). At the time the photo in Fig. 9 was taken, the
shadow of the cloud covered the entire airfield, though the
lidars only capture a finite slice of this cloud within the
scanned cross-section as a strong, local increase in SNR at
the cloud base.

We estimate the fields of u and w in the vertical cross-
section between the lidar on the basis of instantaneous
RHI scans (see Sect. 4.2) every 4 min from 14:04 un-
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Figure8.Averagednear-surface(≤150m)horizontaldivergence.Thefirstrow(a–c)showsuandthesecondrow(d–f)showswestimates
tovisualizetheidentificationprocessforthenear-surfaceupdraftlocation,x0.Thethreecolumnscorrespondtothethreedifferentscan
configurationswithconfiguration-specific1θ,Dscan,andt(instantaneouscross-section).

RMSEisanerroneousestimateofthelargewcomponent
inthenear-surfaceregion.Thewcontributiontotheob-
servedvrisnegligible,sinceherebothlidarsobservevrwith
predominantlyhorizontallypointingbeams(ill-posedinw).
Thisissuewasalreadyaddressedbyremovinganyill-posed
wvaluesfromtheretrievedfield(seeSect.3.2).Abovethe
downdraftregion,alargerareaofincreasedRMSEispresent
forallthreescanconfigurations(upperleftcornerofthedis-
playedretrievalgrid).HereSNRvaluesaredecreased(not
shown);hence,fewervrvaluesareavailablefortheretrieval.
Theboundarylayerdepthishorizontallyinhomogeneousand
particularlyincreasedabovetheupdraft.Hence,theconvec-
tiveupdraftdirectlydrivestheboundarylayerdeepening,
whilethedowndraftentrainsclearairfromthefreeatmo-
sphere,whereuncertaintyinthelidarretrievalrapidlyin-
creases.Duetoitsrapidtransportofaerosolsthroughtheat-
mosphere,theconvectiveupdraftisconsequentlywellsuited
tobeobservedwithaDopplerlidar.

6.3Developmentofacloud-toppedconvective
structure

DuringtheStarmoencampaign,wecapturedaconvective
daywithcomparabletemperatureandhumiditydevelop-
ment,aswellasradiationandturbulentfluxes(Fig.6).The
maindifferencestotheconvectivedayinvestigatedfromthe
Vaksinencampaignaretheincreaseddepthoftheboundary
layerandtheformationofconvectivecloudsintheafter-
noon.ThepresenceofcloudsatStarmoenairportonthe
dayofinterestisevidentfromtheperiodsofstronglyre-
ducedvaluesofSW↓duringtheafternoon(seeFig.6).From
ca.13:00until14:00UTC,SW↓rapidlyfluctuatesbetween

Figure9.CloudobservedoverStarmoenairporton29July2022at
14:23UTC

diffuse(cloud-shadowed)andnearlyclear-skyvalues,indi-
catingthepresenceofnonstationaryandrathersmall-scale
clouds.Fromca.14:00to15:00UTC,thepyranometerwas
continuouslyshadowedbyalarger,morestationarycloud
(seeFig.9).AtthetimethephotoinFig.9wastaken,the
shadowofthecloudcoveredtheentireairfield,thoughthe
lidarsonlycaptureafinitesliceofthiscloudwithinthe
scannedcross-sectionasastrong,localincreaseinSNRat
thecloudbase.

Weestimatethefieldsofuandwintheverticalcross-
sectionbetweenthelidaronthebasisofinstantaneous
RHIscans(seeSect.4.2)every4minfrom14:04un-
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mosphere,theconvectiveupdraftisconsequentlywellsuited
tobeobservedwithaDopplerlidar.

6.3Developmentofacloud-toppedconvective
structure

DuringtheStarmoencampaign,wecapturedaconvective
daywithcomparabletemperatureandhumiditydevelop-
ment,aswellasradiationandturbulentfluxes(Fig.6).The
maindifferencestotheconvectivedayinvestigatedfromthe
Vaksinencampaignaretheincreaseddepthoftheboundary
layerandtheformationofconvectivecloudsintheafter-
noon.ThepresenceofcloudsatStarmoenairportonthe
dayofinterestisevidentfromtheperiodsofstronglyre-
ducedvaluesofSW↓duringtheafternoon(seeFig.6).From
ca.13:00until14:00UTC,SW↓rapidlyfluctuatesbetween

Figure9.CloudobservedoverStarmoenairporton29July2022at
14:23UTC

diffuse(cloud-shadowed)andnearlyclear-skyvalues,indi-
catingthepresenceofnonstationaryandrathersmall-scale
clouds.Fromca.14:00to15:00UTC,thepyranometerwas
continuouslyshadowedbyalarger,morestationarycloud
(seeFig.9).AtthetimethephotoinFig.9wastaken,the
shadowofthecloudcoveredtheentireairfield,thoughthe
lidarsonlycaptureafinitesliceofthiscloudwithinthe
scannedcross-sectionasastrong,localincreaseinSNRat
thecloudbase.

Weestimatethefieldsofuandwintheverticalcross-
sectionbetweenthelidaronthebasisofinstantaneous
RHIscans(seeSect.4.2)every4minfrom14:04un-
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Figure 8. Averaged near-surface (≤ 150 m) horizontal divergence. The first row (a–c) shows u and the second row (d–f) shows w estimates
to visualize the identification process for the near-surface updraft location, x0. The three columns correspond to the three different scan
configurations with configuration-specific 1θ , Dscan, and t (instantaneous cross-section).

RMSE is an erroneous estimate of the large w component
in the near-surface region. The w contribution to the ob-
served vr is negligible, since here both lidars observe vr with
predominantly horizontally pointing beams (ill-posed in w).
This issue was already addressed by removing any ill-posed
w values from the retrieved field (see Sect. 3.2). Above the
downdraft region, a larger area of increased RMSE is present
for all three scan configurations (upper left corner of the dis-
played retrieval grid). Here SNR values are decreased (not
shown); hence, fewer vr values are available for the retrieval.
The boundary layer depth is horizontally inhomogeneous and
particularly increased above the updraft. Hence, the convec-
tive updraft directly drives the boundary layer deepening,
while the downdraft entrains clear air from the free atmo-
sphere, where uncertainty in the lidar retrieval rapidly in-
creases. Due to its rapid transport of aerosols through the at-
mosphere, the convective updraft is consequently well suited
to be observed with a Doppler lidar.

6.3 Development of a cloud-topped convective
structure

During the Starmoen campaign, we captured a convective
day with comparable temperature and humidity develop-
ment, as well as radiation and turbulent fluxes (Fig. 6). The
main differences to the convective day investigated from the
Vaksinen campaign are the increased depth of the boundary
layer and the formation of convective clouds in the after-
noon. The presence of clouds at Starmoen airport on the
day of interest is evident from the periods of strongly re-
duced values of SW↓ during the afternoon (see Fig. 6). From
ca. 13:00 until 14:00 UTC, SW↓ rapidly fluctuates between

Figure 9. Cloud observed over Starmoen airport on 29 July 2022 at
14:23 UTC

diffuse (cloud-shadowed) and nearly clear-sky values, indi-
cating the presence of nonstationary and rather small-scale
clouds. From ca. 14:00 to 15:00 UTC, the pyranometer was
continuously shadowed by a larger, more stationary cloud
(see Fig. 9). At the time the photo in Fig. 9 was taken, the
shadow of the cloud covered the entire airfield, though the
lidars only capture a finite slice of this cloud within the
scanned cross-section as a strong, local increase in SNR at
the cloud base.

We estimate the fields of u and w in the vertical cross-
section between the lidar on the basis of instantaneous
RHI scans (see Sect. 4.2) every 4 min from 14:04 un-
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to visualize the identification process for the near-surface updraft location, x0. The three columns correspond to the three different scan
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in the near-surface region. The w contribution to the ob-
served vr is negligible, since here both lidars observe vr with
predominantly horizontally pointing beams (ill-posed in w).
This issue was already addressed by removing any ill-posed
w values from the retrieved field (see Sect. 3.2). Above the
downdraft region, a larger area of increased RMSE is present
for all three scan configurations (upper left corner of the dis-
played retrieval grid). Here SNR values are decreased (not
shown); hence, fewer vr values are available for the retrieval.
The boundary layer depth is horizontally inhomogeneous and
particularly increased above the updraft. Hence, the convec-
tive updraft directly drives the boundary layer deepening,
while the downdraft entrains clear air from the free atmo-
sphere, where uncertainty in the lidar retrieval rapidly in-
creases. Due to its rapid transport of aerosols through the at-
mosphere, the convective updraft is consequently well suited
to be observed with a Doppler lidar.

6.3 Development of a cloud-topped convective
structure

During the Starmoen campaign, we captured a convective
day with comparable temperature and humidity develop-
ment, as well as radiation and turbulent fluxes (Fig. 6). The
main differences to the convective day investigated from the
Vaksinen campaign are the increased depth of the boundary
layer and the formation of convective clouds in the after-
noon. The presence of clouds at Starmoen airport on the
day of interest is evident from the periods of strongly re-
duced values of SW↓ during the afternoon (see Fig. 6). From
ca. 13:00 until 14:00 UTC, SW↓ rapidly fluctuates between

Figure 9. Cloud observed over Starmoen airport on 29 July 2022 at
14:23 UTC

diffuse (cloud-shadowed) and nearly clear-sky values, indi-
cating the presence of nonstationary and rather small-scale
clouds. From ca. 14:00 to 15:00 UTC, the pyranometer was
continuously shadowed by a larger, more stationary cloud
(see Fig. 9). At the time the photo in Fig. 9 was taken, the
shadow of the cloud covered the entire airfield, though the
lidars only capture a finite slice of this cloud within the
scanned cross-section as a strong, local increase in SNR at
the cloud base.

We estimate the fields of u and w in the vertical cross-
section between the lidar on the basis of instantaneous
RHI scans (see Sect. 4.2) every 4 min from 14:04 un-
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Figure8.Averagednear-surface(≤150m)horizontaldivergence.Thefirstrow(a–c)showsuandthesecondrow(d–f)showswestimates
tovisualizetheidentificationprocessforthenear-surfaceupdraftlocation,x0.Thethreecolumnscorrespondtothethreedifferentscan
configurationswithconfiguration-specific1θ,Dscan,andt(instantaneouscross-section).

RMSEisanerroneousestimateofthelargewcomponent
inthenear-surfaceregion.Thewcontributiontotheob-
servedvrisnegligible,sinceherebothlidarsobservevrwith
predominantlyhorizontallypointingbeams(ill-posedinw).
Thisissuewasalreadyaddressedbyremovinganyill-posed
wvaluesfromtheretrievedfield(seeSect.3.2).Abovethe
downdraftregion,alargerareaofincreasedRMSEispresent
forallthreescanconfigurations(upperleftcornerofthedis-
playedretrievalgrid).HereSNRvaluesaredecreased(not
shown);hence,fewervrvaluesareavailablefortheretrieval.
Theboundarylayerdepthishorizontallyinhomogeneousand
particularlyincreasedabovetheupdraft.Hence,theconvec-
tiveupdraftdirectlydrivestheboundarylayerdeepening,
whilethedowndraftentrainsclearairfromthefreeatmo-
sphere,whereuncertaintyinthelidarretrievalrapidlyin-
creases.Duetoitsrapidtransportofaerosolsthroughtheat-
mosphere,theconvectiveupdraftisconsequentlywellsuited
tobeobservedwithaDopplerlidar.

6.3Developmentofacloud-toppedconvective
structure

DuringtheStarmoencampaign,wecapturedaconvective
daywithcomparabletemperatureandhumiditydevelop-
ment,aswellasradiationandturbulentfluxes(Fig.6).The
maindifferencestotheconvectivedayinvestigatedfromthe
Vaksinencampaignaretheincreaseddepthoftheboundary
layerandtheformationofconvectivecloudsintheafter-
noon.ThepresenceofcloudsatStarmoenairportonthe
dayofinterestisevidentfromtheperiodsofstronglyre-
ducedvaluesofSW↓duringtheafternoon(seeFig.6).From
ca.13:00until14:00UTC,SW↓rapidlyfluctuatesbetween

Figure9.CloudobservedoverStarmoenairporton29July2022at
14:23UTC

diffuse(cloud-shadowed)andnearlyclear-skyvalues,indi-
catingthepresenceofnonstationaryandrathersmall-scale
clouds.Fromca.14:00to15:00UTC,thepyranometerwas
continuouslyshadowedbyalarger,morestationarycloud
(seeFig.9).AtthetimethephotoinFig.9wastaken,the
shadowofthecloudcoveredtheentireairfield,thoughthe
lidarsonlycaptureafinitesliceofthiscloudwithinthe
scannedcross-sectionasastrong,localincreaseinSNRat
thecloudbase.

Weestimatethefieldsofuandwintheverticalcross-
sectionbetweenthelidaronthebasisofinstantaneous
RHIscans(seeSect.4.2)every4minfrom14:04un-
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til 14:32 UTC. These fields, as well as the corresponding
streamlines and an indication of the cloud base as SNR con-
tours (SNR>−10 dB), are displayed in Fig. 10.

The initial velocity fields and streamlines show only weak
signs of convection. The velocity patterns indicate predom-
inantly turbulent flow with small-scale fluctuations and no
clear convective pattern (Fig. 10a–c). An indication of a
cloud is visible above the weak updraft region, which is pos-
sibly a remnant of an earlier convective circulation. As time
progresses, the velocity clusters intensify, dividing into up-
draft and downdraft regions (Fig. 10d). Also, the stream-
lines imply a clearer organization of the flow (Fig. 10f) with
less impact of localized and small-scale turbulence indicat-
ing the onset of a new, emerging convective circulation. Here,
the maximum updraft velocity, w↑max, reaches 2.1 m s−1. The
updraft terminates just below the cloud base and spans the
whole depth of the cloud-topped boundary layer.

The subsequent time steps show further intensification of
the updraft and downdraft (Fig. 10g–l), where a converging
horizontal velocity pattern in the lower levels focuses into
the convective stream into a narrow core of maximum up-
draft velocity with plume-like characteristics (xup =−0.6),
as also observed by Kunkel et al. (1977). Just below the
cloud, a diverging horizontal velocity pattern (Fig. 10h, k)
drives the widening of the convective updraft (Fig. 10g, j).
Interestingly, the width of the convective stream (Fig. 10i, l)
is conserved over the altitude range where horizontal conver-
gence dominates. Here, the streamlines are tilted towards the
left-hand side of the cross-section. At 14:12 UTC, w↑max =

2.9 m s−1 reaches the maximum value of the displayed se-
ries and slightly declines to w↑max = 2.8 m s−1 at 14:16 UTC.
Here, the updraft cluster (Fig. 10j) is widened substantially in
comparison to the preceding time step (Fig. 10g) and spans
over nearly the entire width of the cross-section, which is
now too narrow and would require1x (see Table 2) to nearly
double to document the complete convective circulation pat-
tern.

The convective circulation further weakens, as entrain-
ment of environmental air and drag forces counteract the
effective buoyancy in the following time steps (Fig. 10m–
x). The thin core of maximum velocity vanishes and the up-
draft loses its predominantly plume-like character. Here, the
buoyant forcing of the convection begins to break down and
only inertia maintains the circulation (see, e.g., Jeevanjee and
Romps, 2016). In the last displayed time step (Fig. 10v–x),
the cloud is still present, though with no further support from
below. The cloud will eventually break down or be advected
from the site over time. Here, the streamlines tilt toward the
right-hand side of the lidar cross-section with increasing alti-
tude, opposite to the tilt which we observed at the onset of the
convective circulation. The boundary layer reached its maxi-
mum depth of the day during this hour. Afterwards, radiative
forcing, turbulent heat fluxes, and turbulence generation by
buoyancy decrease (Fig. 6) and convective activity ceases for
that day.

Figure 10. Temporal evolution of convection on 29 July 2022
at Starmoen airport. First column: retrieved w field. Second col-
umn: retrieved u field. Third column: streamlines and SNR (cloud
backscatter).
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til14:32UTC.Thesefields,aswellasthecorresponding
streamlinesandanindicationofthecloudbaseasSNRcon-
tours(SNR>−10dB),aredisplayedinFig.10.

Theinitialvelocityfieldsandstreamlinesshowonlyweak
signsofconvection.Thevelocitypatternsindicatepredom-
inantlyturbulentflowwithsmall-scalefluctuationsandno
clearconvectivepattern(Fig.10a–c).Anindicationofa
cloudisvisibleabovetheweakupdraftregion,whichispos-
siblyaremnantofanearlierconvectivecirculation.Astime
progresses,thevelocityclustersintensify,dividingintoup-
draftanddowndraftregions(Fig.10d).Also,thestream-
linesimplyaclearerorganizationoftheflow(Fig.10f)with
lessimpactoflocalizedandsmall-scaleturbulenceindicat-
ingtheonsetofanew,emergingconvectivecirculation.Here,
themaximumupdraftvelocity,w↑max,reaches2.1ms−1.The
updraftterminatesjustbelowthecloudbaseandspansthe
wholedepthofthecloud-toppedboundarylayer.

Thesubsequenttimestepsshowfurtherintensificationof
theupdraftanddowndraft(Fig.10g–l),whereaconverging
horizontalvelocitypatterninthelowerlevelsfocusesinto
theconvectivestreamintoanarrowcoreofmaximumup-
draftvelocitywithplume-likecharacteristics(xup=−0.6),
asalsoobservedbyKunkeletal.(1977).Justbelowthe
cloud,adiverginghorizontalvelocitypattern(Fig.10h,k)
drivesthewideningoftheconvectiveupdraft(Fig.10g,j).
Interestingly,thewidthoftheconvectivestream(Fig.10i,l)
isconservedoverthealtituderangewherehorizontalconver-
gencedominates.Here,thestreamlinesaretiltedtowardsthe
left-handsideofthecross-section.At14:12UTC,w↑max=

2.9ms−1reachesthemaximumvalueofthedisplayedse-
riesandslightlydeclinestow↑max=2.8ms−1at14:16UTC.
Here,theupdraftcluster(Fig.10j)iswidenedsubstantiallyin
comparisontotheprecedingtimestep(Fig.10g)andspans
overnearlytheentirewidthofthecross-section,whichis
nowtoonarrowandwouldrequire1x(seeTable2)tonearly
doubletodocumentthecompleteconvectivecirculationpat-
tern.

Theconvectivecirculationfurtherweakens,asentrain-
mentofenvironmentalairanddragforcescounteractthe
effectivebuoyancyinthefollowingtimesteps(Fig.10m–
x).Thethincoreofmaximumvelocityvanishesandtheup-
draftlosesitspredominantlyplume-likecharacter.Here,the
buoyantforcingoftheconvectionbeginstobreakdownand
onlyinertiamaintainsthecirculation(see,e.g.,Jeevanjeeand
Romps,2016).Inthelastdisplayedtimestep(Fig.10v–x),
thecloudisstillpresent,thoughwithnofurthersupportfrom
below.Thecloudwilleventuallybreakdownorbeadvected
fromthesiteovertime.Here,thestreamlinestilttowardthe
right-handsideofthelidarcross-sectionwithincreasingalti-
tude,oppositetothetiltwhichweobservedattheonsetofthe
convectivecirculation.Theboundarylayerreacheditsmaxi-
mumdepthofthedayduringthishour.Afterwards,radiative
forcing,turbulentheatfluxes,andturbulencegenerationby
buoyancydecrease(Fig.6)andconvectiveactivityceasesfor
thatday.

Figure10.Temporalevolutionofconvectionon29July2022
atStarmoenairport.Firstcolumn:retrievedwfield.Secondcol-
umn:retrievedufield.Thirdcolumn:streamlinesandSNR(cloud
backscatter).
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til14:32UTC.Thesefields,aswellasthecorresponding
streamlinesandanindicationofthecloudbaseasSNRcon-
tours(SNR>−10dB),aredisplayedinFig.10.

Theinitialvelocityfieldsandstreamlinesshowonlyweak
signsofconvection.Thevelocitypatternsindicatepredom-
inantlyturbulentflowwithsmall-scalefluctuationsandno
clearconvectivepattern(Fig.10a–c).Anindicationofa
cloudisvisibleabovetheweakupdraftregion,whichispos-
siblyaremnantofanearlierconvectivecirculation.Astime
progresses,thevelocityclustersintensify,dividingintoup-
draftanddowndraftregions(Fig.10d).Also,thestream-
linesimplyaclearerorganizationoftheflow(Fig.10f)with
lessimpactoflocalizedandsmall-scaleturbulenceindicat-
ingtheonsetofanew,emergingconvectivecirculation.Here,
themaximumupdraftvelocity,w↑max,reaches2.1ms−1.The
updraftterminatesjustbelowthecloudbaseandspansthe
wholedepthofthecloud-toppedboundarylayer.

Thesubsequenttimestepsshowfurtherintensificationof
theupdraftanddowndraft(Fig.10g–l),whereaconverging
horizontalvelocitypatterninthelowerlevelsfocusesinto
theconvectivestreamintoanarrowcoreofmaximumup-
draftvelocitywithplume-likecharacteristics(xup=−0.6),
asalsoobservedbyKunkeletal.(1977).Justbelowthe
cloud,adiverginghorizontalvelocitypattern(Fig.10h,k)
drivesthewideningoftheconvectiveupdraft(Fig.10g,j).
Interestingly,thewidthoftheconvectivestream(Fig.10i,l)
isconservedoverthealtituderangewherehorizontalconver-
gencedominates.Here,thestreamlinesaretiltedtowardsthe
left-handsideofthecross-section.At14:12UTC,w↑max=
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overnearlytheentirewidthofthecross-section,whichis
nowtoonarrowandwouldrequire1x(seeTable2)tonearly
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Theconvectivecirculationfurtherweakens,asentrain-
mentofenvironmentalairanddragforcescounteractthe
effectivebuoyancyinthefollowingtimesteps(Fig.10m–
x).Thethincoreofmaximumvelocityvanishesandtheup-
draftlosesitspredominantlyplume-likecharacter.Here,the
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tude,oppositetothetiltwhichweobservedattheonsetofthe
convectivecirculation.Theboundarylayerreacheditsmaxi-
mumdepthofthedayduringthishour.Afterwards,radiative
forcing,turbulentheatfluxes,andturbulencegenerationby
buoyancydecrease(Fig.6)andconvectiveactivityceasesfor
thatday.
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umn:retrievedufield.Thirdcolumn:streamlinesandSNR(cloud
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til 14:32 UTC. These fields, as well as the corresponding
streamlines and an indication of the cloud base as SNR con-
tours (SNR>−10 dB), are displayed in Fig. 10.

The initial velocity fields and streamlines show only weak
signs of convection. The velocity patterns indicate predom-
inantly turbulent flow with small-scale fluctuations and no
clear convective pattern (Fig. 10a–c). An indication of a
cloud is visible above the weak updraft region, which is pos-
sibly a remnant of an earlier convective circulation. As time
progresses, the velocity clusters intensify, dividing into up-
draft and downdraft regions (Fig. 10d). Also, the stream-
lines imply a clearer organization of the flow (Fig. 10f) with
less impact of localized and small-scale turbulence indicat-
ing the onset of a new, emerging convective circulation. Here,
the maximum updraft velocity, w

↑
max, reaches 2.1 m s

−1. The
updraft terminates just below the cloud base and spans the
whole depth of the cloud-topped boundary layer.

The subsequent time steps show further intensification of
the updraft and downdraft (Fig. 10g–l), where a converging
horizontal velocity pattern in the lower levels focuses into
the convective stream into a narrow core of maximum up-
draft velocity with plume-like characteristics (xup =−0.6),
as also observed by Kunkel et al. (1977). Just below the
cloud, a diverging horizontal velocity pattern (Fig. 10h, k)
drives the widening of the convective updraft (Fig. 10g, j).
Interestingly, the width of the convective stream (Fig. 10i, l)
is conserved over the altitude range where horizontal conver-
gence dominates. Here, the streamlines are tilted towards the
left-hand side of the cross-section. At 14:12 UTC, w

↑
max =

2.9 m s
−1 reaches the maximum value of the displayed se-

ries and slightly declines to w
↑
max = 2.8 m s

−1 at 14:16 UTC.
Here, the updraft cluster (Fig. 10j) is widened substantially in
comparison to the preceding time step (Fig. 10g) and spans
over nearly the entire width of the cross-section, which is
now too narrow and would require1x (see Table 2) to nearly
double to document the complete convective circulation pat-
tern.

The convective circulation further weakens, as entrain-
ment of environmental air and drag forces counteract the
effective buoyancy in the following time steps (Fig. 10m–
x). The thin core of maximum velocity vanishes and the up-
draft loses its predominantly plume-like character. Here, the
buoyant forcing of the convection begins to break down and
only inertia maintains the circulation (see, e.g., Jeevanjee and
Romps, 2016). In the last displayed time step (Fig. 10v–x),
the cloud is still present, though with no further support from
below. The cloud will eventually break down or be advected
from the site over time. Here, the streamlines tilt toward the
right-hand side of the lidar cross-section with increasing alti-
tude, opposite to the tilt which we observed at the onset of the
convective circulation. The boundary layer reached its maxi-
mum depth of the day during this hour. Afterwards, radiative
forcing, turbulent heat fluxes, and turbulence generation by
buoyancy decrease (Fig. 6) and convective activity ceases for
that day.

Figure 10. Temporal evolution of convection on 29 July 2022
at Starmoen airport. First column: retrieved w field. Second col-
umn: retrieved u field. Third column: streamlines and SNR (cloud
backscatter).
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draft loses its predominantly plume-like character. Here, the
buoyant forcing of the convection begins to break down and
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Romps, 2016). In the last displayed time step (Fig. 10v–x),
the cloud is still present, though with no further support from
below. The cloud will eventually break down or be advected
from the site over time. Here, the streamlines tilt toward the
right-hand side of the lidar cross-section with increasing alti-
tude, opposite to the tilt which we observed at the onset of the
convective circulation. The boundary layer reached its maxi-
mum depth of the day during this hour. Afterwards, radiative
forcing, turbulent heat fluxes, and turbulence generation by
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Figure 10. Temporal evolution of convection on 29 July 2022
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til14:32UTC.Thesefields,aswellasthecorresponding
streamlinesandanindicationofthecloudbaseasSNRcon-
tours(SNR>−10dB),aredisplayedinFig.10.

Theinitialvelocityfieldsandstreamlinesshowonlyweak
signsofconvection.Thevelocitypatternsindicatepredom-
inantlyturbulentflowwithsmall-scalefluctuationsandno
clearconvectivepattern(Fig.10a–c).Anindicationofa
cloudisvisibleabovetheweakupdraftregion,whichispos-
siblyaremnantofanearlierconvectivecirculation.Astime
progresses,thevelocityclustersintensify,dividingintoup-
draftanddowndraftregions(Fig.10d).Also,thestream-
linesimplyaclearerorganizationoftheflow(Fig.10f)with
lessimpactoflocalizedandsmall-scaleturbulenceindicat-
ingtheonsetofanew,emergingconvectivecirculation.Here,
themaximumupdraftvelocity,w

↑
max,reaches2.1ms

−1.The
updraftterminatesjustbelowthecloudbaseandspansthe
wholedepthofthecloud-toppedboundarylayer.

Thesubsequenttimestepsshowfurtherintensificationof
theupdraftanddowndraft(Fig.10g–l),whereaconverging
horizontalvelocitypatterninthelowerlevelsfocusesinto
theconvectivestreamintoanarrowcoreofmaximumup-
draftvelocitywithplume-likecharacteristics(xup=−0.6),
asalsoobservedbyKunkeletal.(1977).Justbelowthe
cloud,adiverginghorizontalvelocitypattern(Fig.10h,k)
drivesthewideningoftheconvectiveupdraft(Fig.10g,j).
Interestingly,thewidthoftheconvectivestream(Fig.10i,l)
isconservedoverthealtituderangewherehorizontalconver-
gencedominates.Here,thestreamlinesaretiltedtowardsthe
left-handsideofthecross-section.At14:12UTC,w

↑
max=

2.9ms
−1reachesthemaximumvalueofthedisplayedse-

riesandslightlydeclinestow
↑
max=2.8ms

−1at14:16UTC.
Here,theupdraftcluster(Fig.10j)iswidenedsubstantiallyin
comparisontotheprecedingtimestep(Fig.10g)andspans
overnearlytheentirewidthofthecross-section,whichis
nowtoonarrowandwouldrequire1x(seeTable2)tonearly
doubletodocumentthecompleteconvectivecirculationpat-
tern.

Theconvectivecirculationfurtherweakens,asentrain-
mentofenvironmentalairanddragforcescounteractthe
effectivebuoyancyinthefollowingtimesteps(Fig.10m–
x).Thethincoreofmaximumvelocityvanishesandtheup-
draftlosesitspredominantlyplume-likecharacter.Here,the
buoyantforcingoftheconvectionbeginstobreakdownand
onlyinertiamaintainsthecirculation(see,e.g.,Jeevanjeeand
Romps,2016).Inthelastdisplayedtimestep(Fig.10v–x),
thecloudisstillpresent,thoughwithnofurthersupportfrom
below.Thecloudwilleventuallybreakdownorbeadvected
fromthesiteovertime.Here,thestreamlinestilttowardthe
right-handsideofthelidarcross-sectionwithincreasingalti-
tude,oppositetothetiltwhichweobservedattheonsetofthe
convectivecirculation.Theboundarylayerreacheditsmaxi-
mumdepthofthedayduringthishour.Afterwards,radiative
forcing,turbulentheatfluxes,andturbulencegenerationby
buoyancydecrease(Fig.6)andconvectiveactivityceasesfor
thatday.

Figure10.Temporalevolutionofconvectionon29July2022
atStarmoenairport.Firstcolumn:retrievedwfield.Secondcol-
umn:retrievedufield.Thirdcolumn:streamlinesandSNR(cloud
backscatter).
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lessimpactoflocalizedandsmall-scaleturbulenceindicat-
ingtheonsetofanew,emergingconvectivecirculation.Here,
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↑
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horizontalvelocitypatterninthelowerlevelsfocusesinto
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overnearlytheentirewidthofthecross-section,whichis
nowtoonarrowandwouldrequire1x(seeTable2)tonearly
doubletodocumentthecompleteconvectivecirculationpat-
tern.

Theconvectivecirculationfurtherweakens,asentrain-
mentofenvironmentalairanddragforcescounteractthe
effectivebuoyancyinthefollowingtimesteps(Fig.10m–
x).Thethincoreofmaximumvelocityvanishesandtheup-
draftlosesitspredominantlyplume-likecharacter.Here,the
buoyantforcingoftheconvectionbeginstobreakdownand
onlyinertiamaintainsthecirculation(see,e.g.,Jeevanjeeand
Romps,2016).Inthelastdisplayedtimestep(Fig.10v–x),
thecloudisstillpresent,thoughwithnofurthersupportfrom
below.Thecloudwilleventuallybreakdownorbeadvected
fromthesiteovertime.Here,thestreamlinestilttowardthe
right-handsideofthelidarcross-sectionwithincreasingalti-
tude,oppositetothetiltwhichweobservedattheonsetofthe
convectivecirculation.Theboundarylayerreacheditsmaxi-
mumdepthofthedayduringthishour.Afterwards,radiative
forcing,turbulentheatfluxes,andturbulencegenerationby
buoyancydecrease(Fig.6)andconvectiveactivityceasesfor
thatday.

Figure10.Temporalevolutionofconvectionon29July2022
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7 Discussion

In the following we discuss the performance of the presented
approach and its potential and limitations to sample convec-
tion in instantaneous cross-sections of high temporal and spa-
tial resolution. We also discuss and summarize our experi-
ences gained throughout the two presented case studies and
interpret the local variability of the convective properties for
the two selected sites, as well as the benefit of complemen-
tary meteorological observations.

7.1 Lidar setup

We tested the potential of a setup combining two scanning
lidars to resolve and characterize atmospheric convection in
a vertical plane. The setup will at best be able to retrieve the
two-dimensional evolution of the three-dimensional convec-
tive flow. Yet, convective circulation is often rather symmet-
ric around its vertical axis (updraft or downdraft) given calm
background wind speed conditions (e.g., Emanuel, 1994). In
the case of sufficient background wind, the convective struc-
ture will be tilted and the cross-section should ideally be ori-
ented parallel to the wind direction to capture the vertical ex-
tent of the convective circulation. Furthermore, to interpret
the absolute strength and width of the convective updraft or
downdraft, the cross-section should pass through the core of
the convective structure.

For our setup along the airport runways, we experienced
a satisfying hit rate of representative convective circulation
patterns during convective conditions indicated by Rif even
though wind and surface conditions were not necessarily op-
timal. As the lidars are rather immobile, it is still beneficial
to orient the lidars according to the dominant wind direction
during convective conditions. To ensure that the setup fre-
quently captures convection, it is also advantageous that the
cross-section is placed over surfaces that are likely to trigger
the release of thermal updrafts.

Reducing the errors and complications connected to the
setup has a substantial impact on the performance of the
dual-lidar retrieval. A thorough azimuth calibration of the
utilized lidars following the instructions of the lidar man-
ufacturer Leosphere3 prevents unnecessary amplification of
out-of-plane vr errors in the retrieval (see Stawiarski et al.,
2013). While synchronization of scan schedules is only of
secondary importance (in contrast to Röhner and Träumner,
2013), time synchronization of the lidar-internal clocks is
critical. Wrongly matched time stamps are generally hard to
identify and correct, yielding amplified errors in vr retrieval.

3WindCube Scan software suite User Manual Version 20.f,
Vaisala France, Tech Park, 6A rue René Razel 91 400, Saclay,
France, 2022.

7.2 Retrieval and processing

We implement and apply a retrieval algorithm that fol-
lows a similar methodology as well-established retrievals
for overlapping dual-lidar scans (e.g., Newsom et al., 2008;
Cherukuru et al., 2015; Träumner et al., 2015; Haid et al.,
2020). We find the best estimate of u and v by solving an
over-constrained equation system for each Cartesian point
containing several vr values of both lidars. This reduces the
impact of outliers and additionally yields a retrieval error es-
timate that serves as a measure of confidence for the retrieval
in each point.

Generally, the dual-lidar retrieval is quite sensitive to erro-
neous vr input, as also discussed by Stawiarski et al. (2013).
We found that pre-processing the RHI scans before retrieval
has a positive impact on the error reduction and hence on the
performance of the dual-lidar approach. The error in vr con-
nected to noise and erroneous features can be up to an order
of magnitude larger than actual values of vr. As RHI scans
are particularly prone to range-folded ambiguities (Bonin
and Brewer, 2017), it is crucial to remove these before further
processing.

For the lidar observations, the DBSCAN filter (adapted
from Alcayaga, 2020) proves to be more effective and ac-
curate than the conventional SNR threshold filter. Applying
the DBSCAN filter strongly increases the performance of the
dual-lidar retrieval for various conditions. Further process-
ing, in the form of temporal interpolation of the RHI scans,
additionally reduces the error compared to using the obtained
RHI scans, where θ is dependent on t . From the interpolated
scan series, instantaneous scans can be extracted, which re-
duces the necessity of exact scan schedule synchronization.
Also, the interpolation has a larger impact on the temporal
error reduction than doubling the temporal resolution of the
scans. Since temporal interpolation still has a “blurring” ef-
fect on the retrieval, similar to using a temporal radius (see
Newsom et al., 2008), it is still beneficial to use a high sam-
pling rate for the scans as the base for the interpolation.

The retrieval based on the processed vr sections yields
a promising representation of the convective circulation for
two convective cases. In both cases, convection is well re-
solved and spans the entire depth of the boundary layer. Con-
sequently, convection contributes substantially to the over-
turning of heat, moisture, momentum, and aerosols in the
convective boundary layer. Convection also contributes to
boundary layer deepening or is at least responsible for the
maintenance of the boundary layer depth. In particular, the
convective updraft and clear evidence of horizontal velocity
convergence in the lower part of the convective circulation
are captured. This also allows identifying secondary convec-
tive parameters, e.g., the origin of the updraft air mass close
to the surface, the strength and the size of the updraft, and
the horizontal structure of the boundary layer.
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7Discussion

Inthefollowingwediscusstheperformanceofthepresented
approachanditspotentialandlimitationstosampleconvec-
tionininstantaneouscross-sectionsofhightemporalandspa-
tialresolution.Wealsodiscussandsummarizeourexperi-
encesgainedthroughoutthetwopresentedcasestudiesand
interpretthelocalvariabilityoftheconvectivepropertiesfor
thetwoselectedsites,aswellasthebenefitofcomplemen-
tarymeteorologicalobservations.

7.1Lidarsetup

Wetestedthepotentialofasetupcombiningtwoscanning
lidarstoresolveandcharacterizeatmosphericconvectionin
averticalplane.Thesetupwillatbestbeabletoretrievethe
two-dimensionalevolutionofthethree-dimensionalconvec-
tiveflow.Yet,convectivecirculationisoftenrathersymmet-
ricarounditsverticalaxis(updraftordowndraft)givencalm
backgroundwindspeedconditions(e.g.,Emanuel,1994).In
thecaseofsufficientbackgroundwind,theconvectivestruc-
turewillbetiltedandthecross-sectionshouldideallybeori-
entedparalleltothewinddirectiontocapturetheverticalex-
tentoftheconvectivecirculation.Furthermore,tointerpret
theabsolutestrengthandwidthoftheconvectiveupdraftor
downdraft,thecross-sectionshouldpassthroughthecoreof
theconvectivestructure.

Foroursetupalongtheairportrunways,weexperienced
asatisfyinghitrateofrepresentativeconvectivecirculation
patternsduringconvectiveconditionsindicatedbyRifeven
thoughwindandsurfaceconditionswerenotnecessarilyop-
timal.Asthelidarsareratherimmobile,itisstillbeneficial
toorientthelidarsaccordingtothedominantwinddirection
duringconvectiveconditions.Toensurethatthesetupfre-
quentlycapturesconvection,itisalsoadvantageousthatthe
cross-sectionisplacedoversurfacesthatarelikelytotrigger
thereleaseofthermalupdrafts.

Reducingtheerrorsandcomplicationsconnectedtothe
setuphasasubstantialimpactontheperformanceofthe
dual-lidarretrieval.Athoroughazimuthcalibrationofthe
utilizedlidarsfollowingtheinstructionsofthelidarman-
ufacturerLeosphere3preventsunnecessaryamplificationof
out-of-planevrerrorsintheretrieval(seeStawiarskietal.,
2013).Whilesynchronizationofscanschedulesisonlyof
secondaryimportance(incontrasttoRöhnerandTräumner,
2013),timesynchronizationofthelidar-internalclocksis
critical.Wronglymatchedtimestampsaregenerallyhardto
identifyandcorrect,yieldingamplifiederrorsinvrretrieval.

3WindCubeScansoftwaresuiteUserManualVersion20.f,
VaisalaFrance,TechPark,6ArueRenéRazel91400,Saclay,
France,2022.

7.2Retrievalandprocessing

Weimplementandapplyaretrievalalgorithmthatfol-
lowsasimilarmethodologyaswell-establishedretrievals
foroverlappingdual-lidarscans(e.g.,Newsometal.,2008;
Cherukuruetal.,2015;Träumneretal.,2015;Haidetal.,
2020).Wefindthebestestimateofuandvbysolvingan
over-constrainedequationsystemforeachCartesianpoint
containingseveralvrvaluesofbothlidars.Thisreducesthe
impactofoutliersandadditionallyyieldsaretrievalerrores-
timatethatservesasameasureofconfidencefortheretrieval
ineachpoint.

Generally,thedual-lidarretrievalisquitesensitivetoerro-
neousvrinput,asalsodiscussedbyStawiarskietal.(2013).
Wefoundthatpre-processingtheRHIscansbeforeretrieval
hasapositiveimpactontheerrorreductionandhenceonthe
performanceofthedual-lidarapproach.Theerrorinvrcon-
nectedtonoiseanderroneousfeaturescanbeuptoanorder
ofmagnitudelargerthanactualvaluesofvr.AsRHIscans
areparticularlypronetorange-foldedambiguities(Bonin
andBrewer,2017),itiscrucialtoremovethesebeforefurther
processing.

Forthelidarobservations,theDBSCANfilter(adapted
fromAlcayaga,2020)provestobemoreeffectiveandac-
curatethantheconventionalSNRthresholdfilter.Applying
theDBSCANfilterstronglyincreasestheperformanceofthe
dual-lidarretrievalforvariousconditions.Furtherprocess-
ing,intheformoftemporalinterpolationoftheRHIscans,
additionallyreducestheerrorcomparedtousingtheobtained
RHIscans,whereθisdependentont.Fromtheinterpolated
scanseries,instantaneousscanscanbeextracted,whichre-
ducesthenecessityofexactscanschedulesynchronization.
Also,theinterpolationhasalargerimpactonthetemporal
errorreductionthandoublingthetemporalresolutionofthe
scans.Sincetemporalinterpolationstillhasa“blurring”ef-
fectontheretrieval,similartousingatemporalradius(see
Newsometal.,2008),itisstillbeneficialtouseahighsam-
plingrateforthescansasthebasefortheinterpolation.

Theretrievalbasedontheprocessedvrsectionsyields
apromisingrepresentationoftheconvectivecirculationfor
twoconvectivecases.Inbothcases,convectioniswellre-
solvedandspanstheentiredepthoftheboundarylayer.Con-
sequently,convectioncontributessubstantiallytotheover-
turningofheat,moisture,momentum,andaerosolsinthe
convectiveboundarylayer.Convectionalsocontributesto
boundarylayerdeepeningorisatleastresponsibleforthe
maintenanceoftheboundarylayerdepth.Inparticular,the
convectiveupdraftandclearevidenceofhorizontalvelocity
convergenceinthelowerpartoftheconvectivecirculation
arecaptured.Thisalsoallowsidentifyingsecondaryconvec-
tiveparameters,e.g.,theoriginoftheupdraftairmassclose
tothesurface,thestrengthandthesizeoftheupdraft,and
thehorizontalstructureoftheboundarylayer.
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7 Discussion

In the following we discuss the performance of the presented
approach and its potential and limitations to sample convec-
tion in instantaneous cross-sections of high temporal and spa-
tial resolution. We also discuss and summarize our experi-
ences gained throughout the two presented case studies and
interpret the local variability of the convective properties for
the two selected sites, as well as the benefit of complemen-
tary meteorological observations.

7.1 Lidar setup

We tested the potential of a setup combining two scanning
lidars to resolve and characterize atmospheric convection in
a vertical plane. The setup will at best be able to retrieve the
two-dimensional evolution of the three-dimensional convec-
tive flow. Yet, convective circulation is often rather symmet-
ric around its vertical axis (updraft or downdraft) given calm
background wind speed conditions (e.g., Emanuel, 1994). In
the case of sufficient background wind, the convective struc-
ture will be tilted and the cross-section should ideally be ori-
ented parallel to the wind direction to capture the vertical ex-
tent of the convective circulation. Furthermore, to interpret
the absolute strength and width of the convective updraft or
downdraft, the cross-section should pass through the core of
the convective structure.

For our setup along the airport runways, we experienced
a satisfying hit rate of representative convective circulation
patterns during convective conditions indicated by Rif even
though wind and surface conditions were not necessarily op-
timal. As the lidars are rather immobile, it is still beneficial
to orient the lidars according to the dominant wind direction
during convective conditions. To ensure that the setup fre-
quently captures convection, it is also advantageous that the
cross-section is placed over surfaces that are likely to trigger
the release of thermal updrafts.

Reducing the errors and complications connected to the
setup has a substantial impact on the performance of the
dual-lidar retrieval. A thorough azimuth calibration of the
utilized lidars following the instructions of the lidar man-
ufacturer Leosphere3 prevents unnecessary amplification of
out-of-plane vr errors in the retrieval (see Stawiarski et al.,
2013). While synchronization of scan schedules is only of
secondary importance (in contrast to Röhner and Träumner,
2013), time synchronization of the lidar-internal clocks is
critical. Wrongly matched time stamps are generally hard to
identify and correct, yielding amplified errors in vr retrieval.

3WindCube Scan software suite User Manual Version 20.f,
Vaisala France, Tech Park, 6A rue René Razel 91 400, Saclay,
France, 2022.

7.2 Retrieval and processing

We implement and apply a retrieval algorithm that fol-
lows a similar methodology as well-established retrievals
for overlapping dual-lidar scans (e.g., Newsom et al., 2008;
Cherukuru et al., 2015; Träumner et al., 2015; Haid et al.,
2020). We find the best estimate of u and v by solving an
over-constrained equation system for each Cartesian point
containing several vr values of both lidars. This reduces the
impact of outliers and additionally yields a retrieval error es-
timate that serves as a measure of confidence for the retrieval
in each point.

Generally, the dual-lidar retrieval is quite sensitive to erro-
neous vr input, as also discussed by Stawiarski et al. (2013).
We found that pre-processing the RHI scans before retrieval
has a positive impact on the error reduction and hence on the
performance of the dual-lidar approach. The error in vr con-
nected to noise and erroneous features can be up to an order
of magnitude larger than actual values of vr. As RHI scans
are particularly prone to range-folded ambiguities (Bonin
and Brewer, 2017), it is crucial to remove these before further
processing.

For the lidar observations, the DBSCAN filter (adapted
from Alcayaga, 2020) proves to be more effective and ac-
curate than the conventional SNR threshold filter. Applying
the DBSCAN filter strongly increases the performance of the
dual-lidar retrieval for various conditions. Further process-
ing, in the form of temporal interpolation of the RHI scans,
additionally reduces the error compared to using the obtained
RHI scans, where θ is dependent on t . From the interpolated
scan series, instantaneous scans can be extracted, which re-
duces the necessity of exact scan schedule synchronization.
Also, the interpolation has a larger impact on the temporal
error reduction than doubling the temporal resolution of the
scans. Since temporal interpolation still has a “blurring” ef-
fect on the retrieval, similar to using a temporal radius (see
Newsom et al., 2008), it is still beneficial to use a high sam-
pling rate for the scans as the base for the interpolation.

The retrieval based on the processed vr sections yields
a promising representation of the convective circulation for
two convective cases. In both cases, convection is well re-
solved and spans the entire depth of the boundary layer. Con-
sequently, convection contributes substantially to the over-
turning of heat, moisture, momentum, and aerosols in the
convective boundary layer. Convection also contributes to
boundary layer deepening or is at least responsible for the
maintenance of the boundary layer depth. In particular, the
convective updraft and clear evidence of horizontal velocity
convergence in the lower part of the convective circulation
are captured. This also allows identifying secondary convec-
tive parameters, e.g., the origin of the updraft air mass close
to the surface, the strength and the size of the updraft, and
the horizontal structure of the boundary layer.
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averticalplane.Thesetupwillatbestbeabletoretrievethe
two-dimensionalevolutionofthethree-dimensionalconvec-
tiveflow.Yet,convectivecirculationisoftenrathersymmet-
ricarounditsverticalaxis(updraftordowndraft)givencalm
backgroundwindspeedconditions(e.g.,Emanuel,1994).In
thecaseofsufficientbackgroundwind,theconvectivestruc-
turewillbetiltedandthecross-sectionshouldideallybeori-
entedparalleltothewinddirectiontocapturetheverticalex-
tentoftheconvectivecirculation.Furthermore,tointerpret
theabsolutestrengthandwidthoftheconvectiveupdraftor
downdraft,thecross-sectionshouldpassthroughthecoreof
theconvectivestructure.

Foroursetupalongtheairportrunways,weexperienced
asatisfyinghitrateofrepresentativeconvectivecirculation
patternsduringconvectiveconditionsindicatedbyRifeven
thoughwindandsurfaceconditionswerenotnecessarilyop-
timal.Asthelidarsareratherimmobile,itisstillbeneficial
toorientthelidarsaccordingtothedominantwinddirection
duringconvectiveconditions.Toensurethatthesetupfre-
quentlycapturesconvection,itisalsoadvantageousthatthe
cross-sectionisplacedoversurfacesthatarelikelytotrigger
thereleaseofthermalupdrafts.

Reducingtheerrorsandcomplicationsconnectedtothe
setuphasasubstantialimpactontheperformanceofthe
dual-lidarretrieval.Athoroughazimuthcalibrationofthe
utilizedlidarsfollowingtheinstructionsofthelidarman-
ufacturerLeosphere3preventsunnecessaryamplificationof
out-of-planevrerrorsintheretrieval(seeStawiarskietal.,
2013).Whilesynchronizationofscanschedulesisonlyof
secondaryimportance(incontrasttoRöhnerandTräumner,
2013),timesynchronizationofthelidar-internalclocksis
critical.Wronglymatchedtimestampsaregenerallyhardto
identifyandcorrect,yieldingamplifiederrorsinvrretrieval.
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7.2Retrievalandprocessing

Weimplementandapplyaretrievalalgorithmthatfol-
lowsasimilarmethodologyaswell-establishedretrievals
foroverlappingdual-lidarscans(e.g.,Newsometal.,2008;
Cherukuruetal.,2015;Träumneretal.,2015;Haidetal.,
2020).Wefindthebestestimateofuandvbysolvingan
over-constrainedequationsystemforeachCartesianpoint
containingseveralvrvaluesofbothlidars.Thisreducesthe
impactofoutliersandadditionallyyieldsaretrievalerrores-
timatethatservesasameasureofconfidencefortheretrieval
ineachpoint.

Generally,thedual-lidarretrievalisquitesensitivetoerro-
neousvrinput,asalsodiscussedbyStawiarskietal.(2013).
Wefoundthatpre-processingtheRHIscansbeforeretrieval
hasapositiveimpactontheerrorreductionandhenceonthe
performanceofthedual-lidarapproach.Theerrorinvrcon-
nectedtonoiseanderroneousfeaturescanbeuptoanorder
ofmagnitudelargerthanactualvaluesofvr.AsRHIscans
areparticularlypronetorange-foldedambiguities(Bonin
andBrewer,2017),itiscrucialtoremovethesebeforefurther
processing.

Forthelidarobservations,theDBSCANfilter(adapted
fromAlcayaga,2020)provestobemoreeffectiveandac-
curatethantheconventionalSNRthresholdfilter.Applying
theDBSCANfilterstronglyincreasestheperformanceofthe
dual-lidarretrievalforvariousconditions.Furtherprocess-
ing,intheformoftemporalinterpolationoftheRHIscans,
additionallyreducestheerrorcomparedtousingtheobtained
RHIscans,whereθisdependentont.Fromtheinterpolated
scanseries,instantaneousscanscanbeextracted,whichre-
ducesthenecessityofexactscanschedulesynchronization.
Also,theinterpolationhasalargerimpactonthetemporal
errorreductionthandoublingthetemporalresolutionofthe
scans.Sincetemporalinterpolationstillhasa“blurring”ef-
fectontheretrieval,similartousingatemporalradius(see
Newsometal.,2008),itisstillbeneficialtouseahighsam-
plingrateforthescansasthebasefortheinterpolation.

Theretrievalbasedontheprocessedvrsectionsyields
apromisingrepresentationoftheconvectivecirculationfor
twoconvectivecases.Inbothcases,convectioniswellre-
solvedandspanstheentiredepthoftheboundarylayer.Con-
sequently,convectioncontributessubstantiallytotheover-
turningofheat,moisture,momentum,andaerosolsinthe
convectiveboundarylayer.Convectionalsocontributesto
boundarylayerdeepeningorisatleastresponsibleforthe
maintenanceoftheboundarylayerdepth.Inparticular,the
convectiveupdraftandclearevidenceofhorizontalvelocity
convergenceinthelowerpartoftheconvectivecirculation
arecaptured.Thisalsoallowsidentifyingsecondaryconvec-
tiveparameters,e.g.,theoriginoftheupdraftairmassclose
tothesurface,thestrengthandthesizeoftheupdraft,and
thehorizontalstructureoftheboundarylayer.
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7.3 Spatial and temporal resolution

We utilize several scan configurations with various tempo-
ral and spatial resolutions. During the first campaign at the
Vaksinen site we even tested three different scan configu-
rations. The comparison of the different scanning patterns
proved to be challenging, as we cannot be sure whether the
differences in observed data are due to changes in the flow
conditions or changes in the scan configuration. In particular,
the 10 min scanning interval turned out to be too short for
the scan configurations with long Dscan (150 s) and did not
achieve representative error statistics. To sufficiently com-
pare the scan resolutions, simultaneous observations by an
additional lidar would be required. However, we found a so-
lution by artificially decreasing the highest obtained temporal
resolution, yielding a representative indication of the impact
of the temporal resolution on the error.

It was also not easy to find continuity between the consec-
utive series of changing scan configurations each 10 min at
the Vaksinen site, as the temporal interpolation is only able
to produce an entire instantaneous RHI scan after one com-
plete scan. We can only sufficiently resolve the full temporal
development of a convective circulation for a continuously
sampled series with constant temporal and spatial resolution.
As observed for our cloud-topped case, the development of
a convective circulation can have a life cycle of the order of
several tens of minutes. But there is also an indication for
longer-lasting convective patterns for the smaller convective
scales obtained at the Vaksinen site.

Still, for the two evaluated cases, all convection relevant
scales are well represented, even by the lowest spatial reso-
lution tested within the retrieval grid, which is still in close
vicinity of the lidars. It is remarkable that even in the shal-
low boundary layer case observed at the Vaksinen site, where
only smaller-scale convection dominates, the lowest angular
resolution is sufficient to resolve the characteristic features
of the convective circulation. It is therefore reasonable to use
high temporal resolution, even at the cost of spatial resolution
or, if the aerosol concentration allows, at the cost of Tscan.

We face a bigger problem to capture the entirety of very
large-scale convection that exceeds the boundaries of the re-
trieval grid in the cloud-topped case. Also, the retrieval be-
comes less reliable above the cloud base, as the lidar beams
can only penetrate a few range gates into the cloud and
the data availability drops rapidly. The dual-lidar retrieval
is therefore mostly relevant for the dry part of the convec-
tive circulation and distance between the lidars should be in-
creased compared to the setup at Starmoen to also capture
the largest convective structures.

7.4 Local variability of convective properties

The dual-lidar retrieval complements valuable insights from
the surface-based measurements by quantifying the substan-
tial differences in the deepening of the boundary layer by

the convective circulation for the case at Vaksinen compared
to Starmoen. One potential explanation is the different geo-
graphic setting of the locations. The Vaksinen airport is lo-
cated in a local valley with rather steep topography of ap-
proximately 300 m height. This topography potentially en-
hances the accumulation of cold air in the valley and the de-
velopment of a nocturnal low-level temperature inversion. In
addition, Vaksinen airport is located relatively close to the
North Sea, which is a large body of comparably low tem-
perature in May. Cold-air advection from the sea creates an
internal boundary layer (Garratt, 1990), which can also con-
tribute to the maintenance of a strong, low-altitude temper-
ature inversion. This inversion is hard to penetrate even for
strong updrafts, as observed at the Vaksinen site.

The Starmoen site is much flatter and located far away
from any water body of comparable size, and the case fea-
tures a deeper residual layer from the preceding day. As
energy input near the surface and turbulent fluxes increase,
convection continuously deepens the boundary layer. The
strength of the convective updraft is not stronger compared
to the one observed at the Vaksinen site, indicating that there
is a weaker inversion. The potential of a deeper boundary
layer is indicated, but it is not possible to quantify a weaker
inversion without complementary temperature profiles.

7.5 Complementary meteorological observations

With the DBS scan included in the lidar schedules for 10 min
each hour, we are able to gain an estimate of the mean pro-
file of the three-dimensional wind. This profile indicates how
parallel the flow is towards the evaluated dual-lidar cross-
section. Yet, from the dual-lidar retrieval we can clearly ob-
serve that the flow during convective conditions is already
very complex and nonhomogeneous on small horizontally
scales, which is a requirement for an accurate DBS retrieval.
As a consequence, the DBS retrieval may not sufficiently
capture the profile, in particular with increasing separation
of beams with height. Another problem of the DBS scan is
that it introduces a discontinuity in the retrieved dual-lidar
cross-section time series. In the worst case, the DBS scan
is scheduled during a crucial period in the evolution of the
convective circulation. As the quality of the DBS retrieval is
uncertain, an alternative solution to sample the profile of the
three-dimensional wind, which does not interrupt the conti-
nuity of the overlapping RHI scans, would be an improve-
ment. A third lidar that scans perpendicular to the dual-lidar
setup, creating a “virtual tower” (see Calhoun et al., 2006),
could achieve this, for example.

The complementary ground-based measurements, such as
those used here, are beneficial to the setup. They can enhance
the process of identifying relevant periods for convection and
give some indication of the strength and depth of the convec-
tion (e.g., Rif or a parameter such as the convective veloc-
ity scale w∗ ∼ w′θ ′ as discussed by Träumner et al., 2011).
However, to learn more about the character and physics of
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7.3Spatialandtemporalresolution

Weutilizeseveralscanconfigurationswithvarioustempo-
ralandspatialresolutions.Duringthefirstcampaignatthe
Vaksinensiteweeventestedthreedifferentscanconfigu-
rations.Thecomparisonofthedifferentscanningpatterns
provedtobechallenging,aswecannotbesurewhetherthe
differencesinobserveddataareduetochangesintheflow
conditionsorchangesinthescanconfiguration.Inparticular,
the10minscanningintervalturnedouttobetooshortfor
thescanconfigurationswithlongDscan(150s)anddidnot
achieverepresentativeerrorstatistics.Tosufficientlycom-
parethescanresolutions,simultaneousobservationsbyan
additionallidarwouldberequired.However,wefoundaso-
lutionbyartificiallydecreasingthehighestobtainedtemporal
resolution,yieldingarepresentativeindicationoftheimpact
ofthetemporalresolutionontheerror.

Itwasalsonoteasytofindcontinuitybetweentheconsec-
utiveseriesofchangingscanconfigurationseach10minat
theVaksinensite,asthetemporalinterpolationisonlyable
toproduceanentireinstantaneousRHIscanafteronecom-
pletescan.Wecanonlysufficientlyresolvethefulltemporal
developmentofaconvectivecirculationforacontinuously
sampledserieswithconstanttemporalandspatialresolution.
Asobservedforourcloud-toppedcase,thedevelopmentof
aconvectivecirculationcanhavealifecycleoftheorderof
severaltensofminutes.Butthereisalsoanindicationfor
longer-lastingconvectivepatternsforthesmallerconvective
scalesobtainedattheVaksinensite.

Still,forthetwoevaluatedcases,allconvectionrelevant
scalesarewellrepresented,evenbythelowestspatialreso-
lutiontestedwithintheretrievalgrid,whichisstillinclose
vicinityofthelidars.Itisremarkablethatevenintheshal-
lowboundarylayercaseobservedattheVaksinensite,where
onlysmaller-scaleconvectiondominates,thelowestangular
resolutionissufficienttoresolvethecharacteristicfeatures
oftheconvectivecirculation.Itisthereforereasonabletouse
hightemporalresolution,evenatthecostofspatialresolution
or,iftheaerosolconcentrationallows,atthecostofTscan.

Wefaceabiggerproblemtocapturetheentiretyofvery
large-scaleconvectionthatexceedstheboundariesofthere-
trievalgridinthecloud-toppedcase.Also,theretrievalbe-
comeslessreliableabovethecloudbase,asthelidarbeams
canonlypenetrateafewrangegatesintothecloudand
thedataavailabilitydropsrapidly.Thedual-lidarretrieval
isthereforemostlyrelevantforthedrypartoftheconvec-
tivecirculationanddistancebetweenthelidarsshouldbein-
creasedcomparedtothesetupatStarmoentoalsocapture
thelargestconvectivestructures.

7.4Localvariabilityofconvectiveproperties

Thedual-lidarretrievalcomplementsvaluableinsightsfrom
thesurface-basedmeasurementsbyquantifyingthesubstan-
tialdifferencesinthedeepeningoftheboundarylayerby

theconvectivecirculationforthecaseatVaksinencompared
toStarmoen.Onepotentialexplanationisthedifferentgeo-
graphicsettingofthelocations.TheVaksinenairportislo-
catedinalocalvalleywithrathersteeptopographyofap-
proximately300mheight.Thistopographypotentiallyen-
hancestheaccumulationofcoldairinthevalleyandthede-
velopmentofanocturnallow-leveltemperatureinversion.In
addition,Vaksinenairportislocatedrelativelyclosetothe
NorthSea,whichisalargebodyofcomparablylowtem-
peratureinMay.Cold-airadvectionfromtheseacreatesan
internalboundarylayer(Garratt,1990),whichcanalsocon-
tributetothemaintenanceofastrong,low-altitudetemper-
atureinversion.Thisinversionishardtopenetrateevenfor
strongupdrafts,asobservedattheVaksinensite.

TheStarmoensiteismuchflatterandlocatedfaraway
fromanywaterbodyofcomparablesize,andthecasefea-
turesadeeperresiduallayerfromtheprecedingday.As
energyinputnearthesurfaceandturbulentfluxesincrease,
convectioncontinuouslydeepenstheboundarylayer.The
strengthoftheconvectiveupdraftisnotstrongercompared
totheoneobservedattheVaksinensite,indicatingthatthere
isaweakerinversion.Thepotentialofadeeperboundary
layerisindicated,butitisnotpossibletoquantifyaweaker
inversionwithoutcomplementarytemperatureprofiles.

7.5Complementarymeteorologicalobservations

WiththeDBSscanincludedinthelidarschedulesfor10min
eachhour,weareabletogainanestimateofthemeanpro-
fileofthethree-dimensionalwind.Thisprofileindicateshow
paralleltheflowistowardstheevaluateddual-lidarcross-
section.Yet,fromthedual-lidarretrievalwecanclearlyob-
servethattheflowduringconvectiveconditionsisalready
verycomplexandnonhomogeneousonsmallhorizontally
scales,whichisarequirementforanaccurateDBSretrieval.
Asaconsequence,theDBSretrievalmaynotsufficiently
capturetheprofile,inparticularwithincreasingseparation
ofbeamswithheight.AnotherproblemoftheDBSscanis
thatitintroducesadiscontinuityintheretrieveddual-lidar
cross-sectiontimeseries.Intheworstcase,theDBSscan
isscheduledduringacrucialperiodintheevolutionofthe
convectivecirculation.AsthequalityoftheDBSretrievalis
uncertain,analternativesolutiontosampletheprofileofthe
three-dimensionalwind,whichdoesnotinterrupttheconti-
nuityoftheoverlappingRHIscans,wouldbeanimprove-
ment.Athirdlidarthatscansperpendiculartothedual-lidar
setup,creatinga“virtualtower”(seeCalhounetal.,2006),
couldachievethis,forexample.

Thecomplementaryground-basedmeasurements,suchas
thoseusedhere,arebeneficialtothesetup.Theycanenhance
theprocessofidentifyingrelevantperiodsforconvectionand
givesomeindicationofthestrengthanddepthoftheconvec-
tion(e.g.,Riforaparametersuchastheconvectiveveloc-
ityscalew∗∼w′θ′asdiscussedbyTräumneretal.,2011).
However,tolearnmoreaboutthecharacterandphysicsof
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the10minscanningintervalturnedouttobetooshortfor
thescanconfigurationswithlongDscan(150s)anddidnot
achieverepresentativeerrorstatistics.Tosufficientlycom-
parethescanresolutions,simultaneousobservationsbyan
additionallidarwouldberequired.However,wefoundaso-
lutionbyartificiallydecreasingthehighestobtainedtemporal
resolution,yieldingarepresentativeindicationoftheimpact
ofthetemporalresolutionontheerror.

Itwasalsonoteasytofindcontinuitybetweentheconsec-
utiveseriesofchangingscanconfigurationseach10minat
theVaksinensite,asthetemporalinterpolationisonlyable
toproduceanentireinstantaneousRHIscanafteronecom-
pletescan.Wecanonlysufficientlyresolvethefulltemporal
developmentofaconvectivecirculationforacontinuously
sampledserieswithconstanttemporalandspatialresolution.
Asobservedforourcloud-toppedcase,thedevelopmentof
aconvectivecirculationcanhavealifecycleoftheorderof
severaltensofminutes.Butthereisalsoanindicationfor
longer-lastingconvectivepatternsforthesmallerconvective
scalesobtainedattheVaksinensite.

Still,forthetwoevaluatedcases,allconvectionrelevant
scalesarewellrepresented,evenbythelowestspatialreso-
lutiontestedwithintheretrievalgrid,whichisstillinclose
vicinityofthelidars.Itisremarkablethatevenintheshal-
lowboundarylayercaseobservedattheVaksinensite,where
onlysmaller-scaleconvectiondominates,thelowestangular
resolutionissufficienttoresolvethecharacteristicfeatures
oftheconvectivecirculation.Itisthereforereasonabletouse
hightemporalresolution,evenatthecostofspatialresolution
or,iftheaerosolconcentrationallows,atthecostofTscan.

Wefaceabiggerproblemtocapturetheentiretyofvery
large-scaleconvectionthatexceedstheboundariesofthere-
trievalgridinthecloud-toppedcase.Also,theretrievalbe-
comeslessreliableabovethecloudbase,asthelidarbeams
canonlypenetrateafewrangegatesintothecloudand
thedataavailabilitydropsrapidly.Thedual-lidarretrieval
isthereforemostlyrelevantforthedrypartoftheconvec-
tivecirculationanddistancebetweenthelidarsshouldbein-
creasedcomparedtothesetupatStarmoentoalsocapture
thelargestconvectivestructures.

7.4Localvariabilityofconvectiveproperties

Thedual-lidarretrievalcomplementsvaluableinsightsfrom
thesurface-basedmeasurementsbyquantifyingthesubstan-
tialdifferencesinthedeepeningoftheboundarylayerby

theconvectivecirculationforthecaseatVaksinencompared
toStarmoen.Onepotentialexplanationisthedifferentgeo-
graphicsettingofthelocations.TheVaksinenairportislo-
catedinalocalvalleywithrathersteeptopographyofap-
proximately300mheight.Thistopographypotentiallyen-
hancestheaccumulationofcoldairinthevalleyandthede-
velopmentofanocturnallow-leveltemperatureinversion.In
addition,Vaksinenairportislocatedrelativelyclosetothe
NorthSea,whichisalargebodyofcomparablylowtem-
peratureinMay.Cold-airadvectionfromtheseacreatesan
internalboundarylayer(Garratt,1990),whichcanalsocon-
tributetothemaintenanceofastrong,low-altitudetemper-
atureinversion.Thisinversionishardtopenetrateevenfor
strongupdrafts,asobservedattheVaksinensite.

TheStarmoensiteismuchflatterandlocatedfaraway
fromanywaterbodyofcomparablesize,andthecasefea-
turesadeeperresiduallayerfromtheprecedingday.As
energyinputnearthesurfaceandturbulentfluxesincrease,
convectioncontinuouslydeepenstheboundarylayer.The
strengthoftheconvectiveupdraftisnotstrongercompared
totheoneobservedattheVaksinensite,indicatingthatthere
isaweakerinversion.Thepotentialofadeeperboundary
layerisindicated,butitisnotpossibletoquantifyaweaker
inversionwithoutcomplementarytemperatureprofiles.

7.5Complementarymeteorologicalobservations

WiththeDBSscanincludedinthelidarschedulesfor10min
eachhour,weareabletogainanestimateofthemeanpro-
fileofthethree-dimensionalwind.Thisprofileindicateshow
paralleltheflowistowardstheevaluateddual-lidarcross-
section.Yet,fromthedual-lidarretrievalwecanclearlyob-
servethattheflowduringconvectiveconditionsisalready
verycomplexandnonhomogeneousonsmallhorizontally
scales,whichisarequirementforanaccurateDBSretrieval.
Asaconsequence,theDBSretrievalmaynotsufficiently
capturetheprofile,inparticularwithincreasingseparation
ofbeamswithheight.AnotherproblemoftheDBSscanis
thatitintroducesadiscontinuityintheretrieveddual-lidar
cross-sectiontimeseries.Intheworstcase,theDBSscan
isscheduledduringacrucialperiodintheevolutionofthe
convectivecirculation.AsthequalityoftheDBSretrievalis
uncertain,analternativesolutiontosampletheprofileofthe
three-dimensionalwind,whichdoesnotinterrupttheconti-
nuityoftheoverlappingRHIscans,wouldbeanimprove-
ment.Athirdlidarthatscansperpendiculartothedual-lidar
setup,creatinga“virtualtower”(seeCalhounetal.,2006),
couldachievethis,forexample.

Thecomplementaryground-basedmeasurements,suchas
thoseusedhere,arebeneficialtothesetup.Theycanenhance
theprocessofidentifyingrelevantperiodsforconvectionand
givesomeindicationofthestrengthanddepthoftheconvec-
tion(e.g.,Riforaparametersuchastheconvectiveveloc-
ityscalew∗∼w′θ′asdiscussedbyTräumneretal.,2011).
However,tolearnmoreaboutthecharacterandphysicsof
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7.3 Spatial and temporal resolution

We utilize several scan configurations with various tempo-
ral and spatial resolutions. During the first campaign at the
Vaksinen site we even tested three different scan configu-
rations. The comparison of the different scanning patterns
proved to be challenging, as we cannot be sure whether the
differences in observed data are due to changes in the flow
conditions or changes in the scan configuration. In particular,
the 10 min scanning interval turned out to be too short for
the scan configurations with long Dscan (150 s) and did not
achieve representative error statistics. To sufficiently com-
pare the scan resolutions, simultaneous observations by an
additional lidar would be required. However, we found a so-
lution by artificially decreasing the highest obtained temporal
resolution, yielding a representative indication of the impact
of the temporal resolution on the error.

It was also not easy to find continuity between the consec-
utive series of changing scan configurations each 10 min at
the Vaksinen site, as the temporal interpolation is only able
to produce an entire instantaneous RHI scan after one com-
plete scan. We can only sufficiently resolve the full temporal
development of a convective circulation for a continuously
sampled series with constant temporal and spatial resolution.
As observed for our cloud-topped case, the development of
a convective circulation can have a life cycle of the order of
several tens of minutes. But there is also an indication for
longer-lasting convective patterns for the smaller convective
scales obtained at the Vaksinen site.

Still, for the two evaluated cases, all convection relevant
scales are well represented, even by the lowest spatial reso-
lution tested within the retrieval grid, which is still in close
vicinity of the lidars. It is remarkable that even in the shal-
low boundary layer case observed at the Vaksinen site, where
only smaller-scale convection dominates, the lowest angular
resolution is sufficient to resolve the characteristic features
of the convective circulation. It is therefore reasonable to use
high temporal resolution, even at the cost of spatial resolution
or, if the aerosol concentration allows, at the cost of Tscan.

We face a bigger problem to capture the entirety of very
large-scale convection that exceeds the boundaries of the re-
trieval grid in the cloud-topped case. Also, the retrieval be-
comes less reliable above the cloud base, as the lidar beams
can only penetrate a few range gates into the cloud and
the data availability drops rapidly. The dual-lidar retrieval
is therefore mostly relevant for the dry part of the convec-
tive circulation and distance between the lidars should be in-
creased compared to the setup at Starmoen to also capture
the largest convective structures.

7.4 Local variability of convective properties

The dual-lidar retrieval complements valuable insights from
the surface-based measurements by quantifying the substan-
tial differences in the deepening of the boundary layer by

the convective circulation for the case at Vaksinen compared
to Starmoen. One potential explanation is the different geo-
graphic setting of the locations. The Vaksinen airport is lo-
cated in a local valley with rather steep topography of ap-
proximately 300 m height. This topography potentially en-
hances the accumulation of cold air in the valley and the de-
velopment of a nocturnal low-level temperature inversion. In
addition, Vaksinen airport is located relatively close to the
North Sea, which is a large body of comparably low tem-
perature in May. Cold-air advection from the sea creates an
internal boundary layer (Garratt, 1990), which can also con-
tribute to the maintenance of a strong, low-altitude temper-
ature inversion. This inversion is hard to penetrate even for
strong updrafts, as observed at the Vaksinen site.

The Starmoen site is much flatter and located far away
from any water body of comparable size, and the case fea-
tures a deeper residual layer from the preceding day. As
energy input near the surface and turbulent fluxes increase,
convection continuously deepens the boundary layer. The
strength of the convective updraft is not stronger compared
to the one observed at the Vaksinen site, indicating that there
is a weaker inversion. The potential of a deeper boundary
layer is indicated, but it is not possible to quantify a weaker
inversion without complementary temperature profiles.

7.5 Complementary meteorological observations

With the DBS scan included in the lidar schedules for 10 min
each hour, we are able to gain an estimate of the mean pro-
file of the three-dimensional wind. This profile indicates how
parallel the flow is towards the evaluated dual-lidar cross-
section. Yet, from the dual-lidar retrieval we can clearly ob-
serve that the flow during convective conditions is already
very complex and nonhomogeneous on small horizontally
scales, which is a requirement for an accurate DBS retrieval.
As a consequence, the DBS retrieval may not sufficiently
capture the profile, in particular with increasing separation
of beams with height. Another problem of the DBS scan is
that it introduces a discontinuity in the retrieved dual-lidar
cross-section time series. In the worst case, the DBS scan
is scheduled during a crucial period in the evolution of the
convective circulation. As the quality of the DBS retrieval is
uncertain, an alternative solution to sample the profile of the
three-dimensional wind, which does not interrupt the conti-
nuity of the overlapping RHI scans, would be an improve-
ment. A third lidar that scans perpendicular to the dual-lidar
setup, creating a “virtual tower” (see Calhoun et al., 2006),
could achieve this, for example.

The complementary ground-based measurements, such as
those used here, are beneficial to the setup. They can enhance
the process of identifying relevant periods for convection and
give some indication of the strength and depth of the convec-
tion (e.g., Rif or a parameter such as the convective veloc-
ity scale w∗ ∼ w

′
θ
′

as discussed by Träumner et al., 2011).
However, to learn more about the character and physics of
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7.3 Spatial and temporal resolution

We utilize several scan configurations with various tempo-
ral and spatial resolutions. During the first campaign at the
Vaksinen site we even tested three different scan configu-
rations. The comparison of the different scanning patterns
proved to be challenging, as we cannot be sure whether the
differences in observed data are due to changes in the flow
conditions or changes in the scan configuration. In particular,
the 10 min scanning interval turned out to be too short for
the scan configurations with long Dscan (150 s) and did not
achieve representative error statistics. To sufficiently com-
pare the scan resolutions, simultaneous observations by an
additional lidar would be required. However, we found a so-
lution by artificially decreasing the highest obtained temporal
resolution, yielding a representative indication of the impact
of the temporal resolution on the error.

It was also not easy to find continuity between the consec-
utive series of changing scan configurations each 10 min at
the Vaksinen site, as the temporal interpolation is only able
to produce an entire instantaneous RHI scan after one com-
plete scan. We can only sufficiently resolve the full temporal
development of a convective circulation for a continuously
sampled series with constant temporal and spatial resolution.
As observed for our cloud-topped case, the development of
a convective circulation can have a life cycle of the order of
several tens of minutes. But there is also an indication for
longer-lasting convective patterns for the smaller convective
scales obtained at the Vaksinen site.

Still, for the two evaluated cases, all convection relevant
scales are well represented, even by the lowest spatial reso-
lution tested within the retrieval grid, which is still in close
vicinity of the lidars. It is remarkable that even in the shal-
low boundary layer case observed at the Vaksinen site, where
only smaller-scale convection dominates, the lowest angular
resolution is sufficient to resolve the characteristic features
of the convective circulation. It is therefore reasonable to use
high temporal resolution, even at the cost of spatial resolution
or, if the aerosol concentration allows, at the cost of Tscan.

We face a bigger problem to capture the entirety of very
large-scale convection that exceeds the boundaries of the re-
trieval grid in the cloud-topped case. Also, the retrieval be-
comes less reliable above the cloud base, as the lidar beams
can only penetrate a few range gates into the cloud and
the data availability drops rapidly. The dual-lidar retrieval
is therefore mostly relevant for the dry part of the convec-
tive circulation and distance between the lidars should be in-
creased compared to the setup at Starmoen to also capture
the largest convective structures.

7.4 Local variability of convective properties

The dual-lidar retrieval complements valuable insights from
the surface-based measurements by quantifying the substan-
tial differences in the deepening of the boundary layer by

the convective circulation for the case at Vaksinen compared
to Starmoen. One potential explanation is the different geo-
graphic setting of the locations. The Vaksinen airport is lo-
cated in a local valley with rather steep topography of ap-
proximately 300 m height. This topography potentially en-
hances the accumulation of cold air in the valley and the de-
velopment of a nocturnal low-level temperature inversion. In
addition, Vaksinen airport is located relatively close to the
North Sea, which is a large body of comparably low tem-
perature in May. Cold-air advection from the sea creates an
internal boundary layer (Garratt, 1990), which can also con-
tribute to the maintenance of a strong, low-altitude temper-
ature inversion. This inversion is hard to penetrate even for
strong updrafts, as observed at the Vaksinen site.

The Starmoen site is much flatter and located far away
from any water body of comparable size, and the case fea-
tures a deeper residual layer from the preceding day. As
energy input near the surface and turbulent fluxes increase,
convection continuously deepens the boundary layer. The
strength of the convective updraft is not stronger compared
to the one observed at the Vaksinen site, indicating that there
is a weaker inversion. The potential of a deeper boundary
layer is indicated, but it is not possible to quantify a weaker
inversion without complementary temperature profiles.

7.5 Complementary meteorological observations

With the DBS scan included in the lidar schedules for 10 min
each hour, we are able to gain an estimate of the mean pro-
file of the three-dimensional wind. This profile indicates how
parallel the flow is towards the evaluated dual-lidar cross-
section. Yet, from the dual-lidar retrieval we can clearly ob-
serve that the flow during convective conditions is already
very complex and nonhomogeneous on small horizontally
scales, which is a requirement for an accurate DBS retrieval.
As a consequence, the DBS retrieval may not sufficiently
capture the profile, in particular with increasing separation
of beams with height. Another problem of the DBS scan is
that it introduces a discontinuity in the retrieved dual-lidar
cross-section time series. In the worst case, the DBS scan
is scheduled during a crucial period in the evolution of the
convective circulation. As the quality of the DBS retrieval is
uncertain, an alternative solution to sample the profile of the
three-dimensional wind, which does not interrupt the conti-
nuity of the overlapping RHI scans, would be an improve-
ment. A third lidar that scans perpendicular to the dual-lidar
setup, creating a “virtual tower” (see Calhoun et al., 2006),
could achieve this, for example.

The complementary ground-based measurements, such as
those used here, are beneficial to the setup. They can enhance
the process of identifying relevant periods for convection and
give some indication of the strength and depth of the convec-
tion (e.g., Rif or a parameter such as the convective veloc-
ity scale w∗ ∼ w

′
θ
′

as discussed by Träumner et al., 2011).
However, to learn more about the character and physics of
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7.3Spatialandtemporalresolution

Weutilizeseveralscanconfigurationswithvarioustempo-
ralandspatialresolutions.Duringthefirstcampaignatthe
Vaksinensiteweeventestedthreedifferentscanconfigu-
rations.Thecomparisonofthedifferentscanningpatterns
provedtobechallenging,aswecannotbesurewhetherthe
differencesinobserveddataareduetochangesintheflow
conditionsorchangesinthescanconfiguration.Inparticular,
the10minscanningintervalturnedouttobetooshortfor
thescanconfigurationswithlongDscan(150s)anddidnot
achieverepresentativeerrorstatistics.Tosufficientlycom-
parethescanresolutions,simultaneousobservationsbyan
additionallidarwouldberequired.However,wefoundaso-
lutionbyartificiallydecreasingthehighestobtainedtemporal
resolution,yieldingarepresentativeindicationoftheimpact
ofthetemporalresolutionontheerror.

Itwasalsonoteasytofindcontinuitybetweentheconsec-
utiveseriesofchangingscanconfigurationseach10minat
theVaksinensite,asthetemporalinterpolationisonlyable
toproduceanentireinstantaneousRHIscanafteronecom-
pletescan.Wecanonlysufficientlyresolvethefulltemporal
developmentofaconvectivecirculationforacontinuously
sampledserieswithconstanttemporalandspatialresolution.
Asobservedforourcloud-toppedcase,thedevelopmentof
aconvectivecirculationcanhavealifecycleoftheorderof
severaltensofminutes.Butthereisalsoanindicationfor
longer-lastingconvectivepatternsforthesmallerconvective
scalesobtainedattheVaksinensite.

Still,forthetwoevaluatedcases,allconvectionrelevant
scalesarewellrepresented,evenbythelowestspatialreso-
lutiontestedwithintheretrievalgrid,whichisstillinclose
vicinityofthelidars.Itisremarkablethatevenintheshal-
lowboundarylayercaseobservedattheVaksinensite,where
onlysmaller-scaleconvectiondominates,thelowestangular
resolutionissufficienttoresolvethecharacteristicfeatures
oftheconvectivecirculation.Itisthereforereasonabletouse
hightemporalresolution,evenatthecostofspatialresolution
or,iftheaerosolconcentrationallows,atthecostofTscan.

Wefaceabiggerproblemtocapturetheentiretyofvery
large-scaleconvectionthatexceedstheboundariesofthere-
trievalgridinthecloud-toppedcase.Also,theretrievalbe-
comeslessreliableabovethecloudbase,asthelidarbeams
canonlypenetrateafewrangegatesintothecloudand
thedataavailabilitydropsrapidly.Thedual-lidarretrieval
isthereforemostlyrelevantforthedrypartoftheconvec-
tivecirculationanddistancebetweenthelidarsshouldbein-
creasedcomparedtothesetupatStarmoentoalsocapture
thelargestconvectivestructures.

7.4Localvariabilityofconvectiveproperties

Thedual-lidarretrievalcomplementsvaluableinsightsfrom
thesurface-basedmeasurementsbyquantifyingthesubstan-
tialdifferencesinthedeepeningoftheboundarylayerby

theconvectivecirculationforthecaseatVaksinencompared
toStarmoen.Onepotentialexplanationisthedifferentgeo-
graphicsettingofthelocations.TheVaksinenairportislo-
catedinalocalvalleywithrathersteeptopographyofap-
proximately300mheight.Thistopographypotentiallyen-
hancestheaccumulationofcoldairinthevalleyandthede-
velopmentofanocturnallow-leveltemperatureinversion.In
addition,Vaksinenairportislocatedrelativelyclosetothe
NorthSea,whichisalargebodyofcomparablylowtem-
peratureinMay.Cold-airadvectionfromtheseacreatesan
internalboundarylayer(Garratt,1990),whichcanalsocon-
tributetothemaintenanceofastrong,low-altitudetemper-
atureinversion.Thisinversionishardtopenetrateevenfor
strongupdrafts,asobservedattheVaksinensite.

TheStarmoensiteismuchflatterandlocatedfaraway
fromanywaterbodyofcomparablesize,andthecasefea-
turesadeeperresiduallayerfromtheprecedingday.As
energyinputnearthesurfaceandturbulentfluxesincrease,
convectioncontinuouslydeepenstheboundarylayer.The
strengthoftheconvectiveupdraftisnotstrongercompared
totheoneobservedattheVaksinensite,indicatingthatthere
isaweakerinversion.Thepotentialofadeeperboundary
layerisindicated,butitisnotpossibletoquantifyaweaker
inversionwithoutcomplementarytemperatureprofiles.

7.5Complementarymeteorologicalobservations

WiththeDBSscanincludedinthelidarschedulesfor10min
eachhour,weareabletogainanestimateofthemeanpro-
fileofthethree-dimensionalwind.Thisprofileindicateshow
paralleltheflowistowardstheevaluateddual-lidarcross-
section.Yet,fromthedual-lidarretrievalwecanclearlyob-
servethattheflowduringconvectiveconditionsisalready
verycomplexandnonhomogeneousonsmallhorizontally
scales,whichisarequirementforanaccurateDBSretrieval.
Asaconsequence,theDBSretrievalmaynotsufficiently
capturetheprofile,inparticularwithincreasingseparation
ofbeamswithheight.AnotherproblemoftheDBSscanis
thatitintroducesadiscontinuityintheretrieveddual-lidar
cross-sectiontimeseries.Intheworstcase,theDBSscan
isscheduledduringacrucialperiodintheevolutionofthe
convectivecirculation.AsthequalityoftheDBSretrievalis
uncertain,analternativesolutiontosampletheprofileofthe
three-dimensionalwind,whichdoesnotinterrupttheconti-
nuityoftheoverlappingRHIscans,wouldbeanimprove-
ment.Athirdlidarthatscansperpendiculartothedual-lidar
setup,creatinga“virtualtower”(seeCalhounetal.,2006),
couldachievethis,forexample.

Thecomplementaryground-basedmeasurements,suchas
thoseusedhere,arebeneficialtothesetup.Theycanenhance
theprocessofidentifyingrelevantperiodsforconvectionand
givesomeindicationofthestrengthanddepthoftheconvec-
tion(e.g.,Riforaparametersuchastheconvectiveveloc-
ityscalew∗∼w

′
θ
′

asdiscussedbyTräumneretal.,2011).
However,tolearnmoreaboutthecharacterandphysicsof
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tion(e.g.,Riforaparametersuchastheconvectiveveloc-
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7.3Spatialandtemporalresolution

Weutilizeseveralscanconfigurationswithvarioustempo-
ralandspatialresolutions.Duringthefirstcampaignatthe
Vaksinensiteweeventestedthreedifferentscanconfigu-
rations.Thecomparisonofthedifferentscanningpatterns
provedtobechallenging,aswecannotbesurewhetherthe
differencesinobserveddataareduetochangesintheflow
conditionsorchangesinthescanconfiguration.Inparticular,
the10minscanningintervalturnedouttobetooshortfor
thescanconfigurationswithlongDscan(150s)anddidnot
achieverepresentativeerrorstatistics.Tosufficientlycom-
parethescanresolutions,simultaneousobservationsbyan
additionallidarwouldberequired.However,wefoundaso-
lutionbyartificiallydecreasingthehighestobtainedtemporal
resolution,yieldingarepresentativeindicationoftheimpact
ofthetemporalresolutionontheerror.

Itwasalsonoteasytofindcontinuitybetweentheconsec-
utiveseriesofchangingscanconfigurationseach10minat
theVaksinensite,asthetemporalinterpolationisonlyable
toproduceanentireinstantaneousRHIscanafteronecom-
pletescan.Wecanonlysufficientlyresolvethefulltemporal
developmentofaconvectivecirculationforacontinuously
sampledserieswithconstanttemporalandspatialresolution.
Asobservedforourcloud-toppedcase,thedevelopmentof
aconvectivecirculationcanhavealifecycleoftheorderof
severaltensofminutes.Butthereisalsoanindicationfor
longer-lastingconvectivepatternsforthesmallerconvective
scalesobtainedattheVaksinensite.

Still,forthetwoevaluatedcases,allconvectionrelevant
scalesarewellrepresented,evenbythelowestspatialreso-
lutiontestedwithintheretrievalgrid,whichisstillinclose
vicinityofthelidars.Itisremarkablethatevenintheshal-
lowboundarylayercaseobservedattheVaksinensite,where
onlysmaller-scaleconvectiondominates,thelowestangular
resolutionissufficienttoresolvethecharacteristicfeatures
oftheconvectivecirculation.Itisthereforereasonabletouse
hightemporalresolution,evenatthecostofspatialresolution
or,iftheaerosolconcentrationallows,atthecostofTscan.

Wefaceabiggerproblemtocapturetheentiretyofvery
large-scaleconvectionthatexceedstheboundariesofthere-
trievalgridinthecloud-toppedcase.Also,theretrievalbe-
comeslessreliableabovethecloudbase,asthelidarbeams
canonlypenetrateafewrangegatesintothecloudand
thedataavailabilitydropsrapidly.Thedual-lidarretrieval
isthereforemostlyrelevantforthedrypartoftheconvec-
tivecirculationanddistancebetweenthelidarsshouldbein-
creasedcomparedtothesetupatStarmoentoalsocapture
thelargestconvectivestructures.

7.4Localvariabilityofconvectiveproperties

Thedual-lidarretrievalcomplementsvaluableinsightsfrom
thesurface-basedmeasurementsbyquantifyingthesubstan-
tialdifferencesinthedeepeningoftheboundarylayerby

theconvectivecirculationforthecaseatVaksinencompared
toStarmoen.Onepotentialexplanationisthedifferentgeo-
graphicsettingofthelocations.TheVaksinenairportislo-
catedinalocalvalleywithrathersteeptopographyofap-
proximately300mheight.Thistopographypotentiallyen-
hancestheaccumulationofcoldairinthevalleyandthede-
velopmentofanocturnallow-leveltemperatureinversion.In
addition,Vaksinenairportislocatedrelativelyclosetothe
NorthSea,whichisalargebodyofcomparablylowtem-
peratureinMay.Cold-airadvectionfromtheseacreatesan
internalboundarylayer(Garratt,1990),whichcanalsocon-
tributetothemaintenanceofastrong,low-altitudetemper-
atureinversion.Thisinversionishardtopenetrateevenfor
strongupdrafts,asobservedattheVaksinensite.

TheStarmoensiteismuchflatterandlocatedfaraway
fromanywaterbodyofcomparablesize,andthecasefea-
turesadeeperresiduallayerfromtheprecedingday.As
energyinputnearthesurfaceandturbulentfluxesincrease,
convectioncontinuouslydeepenstheboundarylayer.The
strengthoftheconvectiveupdraftisnotstrongercompared
totheoneobservedattheVaksinensite,indicatingthatthere
isaweakerinversion.Thepotentialofadeeperboundary
layerisindicated,butitisnotpossibletoquantifyaweaker
inversionwithoutcomplementarytemperatureprofiles.

7.5Complementarymeteorologicalobservations

WiththeDBSscanincludedinthelidarschedulesfor10min
eachhour,weareabletogainanestimateofthemeanpro-
fileofthethree-dimensionalwind.Thisprofileindicateshow
paralleltheflowistowardstheevaluateddual-lidarcross-
section.Yet,fromthedual-lidarretrievalwecanclearlyob-
servethattheflowduringconvectiveconditionsisalready
verycomplexandnonhomogeneousonsmallhorizontally
scales,whichisarequirementforanaccurateDBSretrieval.
Asaconsequence,theDBSretrievalmaynotsufficiently
capturetheprofile,inparticularwithincreasingseparation
ofbeamswithheight.AnotherproblemoftheDBSscanis
thatitintroducesadiscontinuityintheretrieveddual-lidar
cross-sectiontimeseries.Intheworstcase,theDBSscan
isscheduledduringacrucialperiodintheevolutionofthe
convectivecirculation.AsthequalityoftheDBSretrievalis
uncertain,analternativesolutiontosampletheprofileofthe
three-dimensionalwind,whichdoesnotinterrupttheconti-
nuityoftheoverlappingRHIscans,wouldbeanimprove-
ment.Athirdlidarthatscansperpendiculartothedual-lidar
setup,creatinga“virtualtower”(seeCalhounetal.,2006),
couldachievethis,forexample.

Thecomplementaryground-basedmeasurements,suchas
thoseusedhere,arebeneficialtothesetup.Theycanenhance
theprocessofidentifyingrelevantperiodsforconvectionand
givesomeindicationofthestrengthanddepthoftheconvec-
tion(e.g.,Riforaparametersuchastheconvectiveveloc-
ityscalew∗∼w
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the convective boundary layer and evolution of convective
circulation (i.e., the impact of drag or moisture on the vertical
acceleration), more sophisticated measurements are needed.
Background profiles of temperature, humidity, and wind as
well as profiles simultaneously measured within the convec-
tive updraft to complement the flow field estimates of the
dual-lidar approach could significantly improve our under-
standing of convection, e.g., when evaluated in an empirical
model such as introduced by Pálenik et al. (2021). The gLi-
dar project actually aims to achieve such collocated observa-
tions.

8 Conclusions and outlook

We presented a dual-lidar setup and retrieval combined with
an advanced filtering approach and temporal interpolation
to sample and characterize the dynamic properties of at-
mospheric convection. We demonstrated that our dual-lidar
setup and retrieval approach capture the flow field of convec-
tive structures projected onto a two-dimensional plane for a
clear-sky and a cloud-topped case at two independent sites.

All tested angular resolutions yielded sufficient spatial
resolution to resolve the details of the convective circula-
tion, allowing us to prioritize increased temporal resolu-
tion. To ensure that the setup captures at least one wave-
length of the convective circulation at any point in time, the
distance between the two lidars should be increased com-
pared to the presented setups. Utilizing an advanced filter
successfully removes erroneous features and noise, yield-
ing spatial continuity in the dual-lidar retrieval. Temporal
interpolation further reduces errors that would be ampli-
fied in the dual-lidar retrieval and yields an increased tem-
poral resolution. These two processing techniques simulta-
neously increase data availability while significantly reduc-
ing errors compared to conventionally used methods. In par-
ticular, these processing techniques enable the estimate of
secondary convective parameters, such as the origin, depth,
width, and strength of the convective updrafts that contribute
to the transport of heat, moisture, momentum, and aerosols,
as well as boundary layer deepening or are at least responsi-
ble for the maintenance of the boundary layer depth.

Overall, our study presents the potential of a dual-lidar
setup as an observational tool to probe the convective flow
field. A long-term installation of the setup could provide a
sufficient observational basis to validate the representation
of convection in LESs, which is used to guide parameteri-
zation schemes in weather and climate models. In combina-
tion with remote access solutions and processing capabilities,
nowcasting of flow conditions, for example for takeoff and
landing risk assessments at airports, is feasible. Finally, com-
bining the proposed dual-lidar approach with the observation
of additional profiles of temperature and humidity inside and
outside the convective updraft offers the potential to gain a

deeper understanding of the dynamic processes inherent to
convection.

Code and data availability. All code as well as raw and processed
data can be provided by the corresponding authors upon request.

Author contributions. CD, JP, TS, and JR developed the instrument
setup and planned the campaign. CD and JP developed the retrieval
and pre-processing code. CD analyzed the data and wrote the paper
draft. JP, TS, and JR reviewed and edited the paper.

Competing interests. The contact author has declared that none of
the authors has any competing interests.

Disclaimer. Publisher’s note: Copernicus Publications remains
neutral with regard to jurisdictional claims made in the text, pub-
lished maps, institutional affiliations, or any other geographical rep-
resentation in this paper. While Copernicus Publications makes ev-
ery effort to include appropriate place names, the final responsibility
lies with the authors.

Acknowledgements. The authors would like to thank Os Aero
Klubb and the Ole Reistad Center, the Norwegian Air Sports Fed-
eration’s national center for gliding, for the possibility to install our
instrumentation and for their logistical support and hospitality dur-
ing the campaigns. We would further like to thank Stephan Krahl
and the students of field course in meteorology at the Geophys-
ical Institute, University of Bergen (GEOF-322, 2021), for their
help with the instrument setup at Vaksinen airport, as well as Tom
Remond and Enora Cariou for the setup of the instrumentation at
Starmoen airport. Special thanks go to our engineering staff: Anak
Bhandari for his work and assistance in campaign planning and re-
alization and Tor Olav Kristensen for the design and assistance in
building the remote access solution for the lidar systems.

Financial support. The three lidars used in this study are part of
the National Norwegian Research Infrastructure OBLO (Offshore
Boundary Layer Observatory) funded by the Research Council of
Norway (RCN) (project number: 227777). The experimental work
was supported by funding from the Faculty of Mathematics and Nat-
ural Sciences at the University of Bergen (Fellesfond for geofysisk
forskning). The campaign at Elverum was facilitated by the research
school on changing climates in the coupled Earth system (CHESS)
funded by RCN (project number: 245854).

Review statement. This paper was edited by Ad Stoffelen and re-
viewed by two anonymous referees.

https://doi.org/10.5194/amt-16-5103-2023 Atmos. Meas. Tech., 16, 5103–5123, 2023

C.Duschaetal.:Observingatmosphericconvectionwithdual-scanninglidars5121

theconvectiveboundarylayerandevolutionofconvective
circulation(i.e.,theimpactofdragormoistureonthevertical
acceleration),moresophisticatedmeasurementsareneeded.
Backgroundprofilesoftemperature,humidity,andwindas
wellasprofilessimultaneouslymeasuredwithintheconvec-
tiveupdrafttocomplementtheflowfieldestimatesofthe
dual-lidarapproachcouldsignificantlyimproveourunder-
standingofconvection,e.g.,whenevaluatedinanempirical
modelsuchasintroducedbyPáleniketal.(2021).ThegLi-
darprojectactuallyaimstoachievesuchcollocatedobserva-
tions.

8Conclusionsandoutlook

Wepresentedadual-lidarsetupandretrievalcombinedwith
anadvancedfilteringapproachandtemporalinterpolation
tosampleandcharacterizethedynamicpropertiesofat-
mosphericconvection.Wedemonstratedthatourdual-lidar
setupandretrievalapproachcapturetheflowfieldofconvec-
tivestructuresprojectedontoatwo-dimensionalplanefora
clear-skyandacloud-toppedcaseattwoindependentsites.

Alltestedangularresolutionsyieldedsufficientspatial
resolutiontoresolvethedetailsoftheconvectivecircula-
tion,allowingustoprioritizeincreasedtemporalresolu-
tion.Toensurethatthesetupcapturesatleastonewave-
lengthoftheconvectivecirculationatanypointintime,the
distancebetweenthetwolidarsshouldbeincreasedcom-
paredtothepresentedsetups.Utilizinganadvancedfilter
successfullyremoveserroneousfeaturesandnoise,yield-
ingspatialcontinuityinthedual-lidarretrieval.Temporal
interpolationfurtherreduceserrorsthatwouldbeampli-
fiedinthedual-lidarretrievalandyieldsanincreasedtem-
poralresolution.Thesetwoprocessingtechniquessimulta-
neouslyincreasedataavailabilitywhilesignificantlyreduc-
ingerrorscomparedtoconventionallyusedmethods.Inpar-
ticular,theseprocessingtechniquesenabletheestimateof
secondaryconvectiveparameters,suchastheorigin,depth,
width,andstrengthoftheconvectiveupdraftsthatcontribute
tothetransportofheat,moisture,momentum,andaerosols,
aswellasboundarylayerdeepeningorareatleastresponsi-
bleforthemaintenanceoftheboundarylayerdepth.

Overall,ourstudypresentsthepotentialofadual-lidar
setupasanobservationaltooltoprobetheconvectiveflow
field.Along-terminstallationofthesetupcouldprovidea
sufficientobservationalbasistovalidatetherepresentation
ofconvectioninLESs,whichisusedtoguideparameteri-
zationschemesinweatherandclimatemodels.Incombina-
tionwithremoteaccesssolutionsandprocessingcapabilities,
nowcastingofflowconditions,forexamplefortakeoffand
landingriskassessmentsatairports,isfeasible.Finally,com-
biningtheproposeddual-lidarapproachwiththeobservation
ofadditionalprofilesoftemperatureandhumidityinsideand
outsidetheconvectiveupdraftoffersthepotentialtogaina

deeperunderstandingofthedynamicprocessesinherentto
convection.
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model such as introduced by Pálenik et al. (2021). The gLi-
dar project actually aims to achieve such collocated observa-
tions.

8 Conclusions and outlook

We presented a dual-lidar setup and retrieval combined with
an advanced filtering approach and temporal interpolation
to sample and characterize the dynamic properties of at-
mospheric convection. We demonstrated that our dual-lidar
setup and retrieval approach capture the flow field of convec-
tive structures projected onto a two-dimensional plane for a
clear-sky and a cloud-topped case at two independent sites.

All tested angular resolutions yielded sufficient spatial
resolution to resolve the details of the convective circula-
tion, allowing us to prioritize increased temporal resolu-
tion. To ensure that the setup captures at least one wave-
length of the convective circulation at any point in time, the
distance between the two lidars should be increased com-
pared to the presented setups. Utilizing an advanced filter
successfully removes erroneous features and noise, yield-
ing spatial continuity in the dual-lidar retrieval. Temporal
interpolation further reduces errors that would be ampli-
fied in the dual-lidar retrieval and yields an increased tem-
poral resolution. These two processing techniques simulta-
neously increase data availability while significantly reduc-
ing errors compared to conventionally used methods. In par-
ticular, these processing techniques enable the estimate of
secondary convective parameters, such as the origin, depth,
width, and strength of the convective updrafts that contribute
to the transport of heat, moisture, momentum, and aerosols,
as well as boundary layer deepening or are at least responsi-
ble for the maintenance of the boundary layer depth.

Overall, our study presents the potential of a dual-lidar
setup as an observational tool to probe the convective flow
field. A long-term installation of the setup could provide a
sufficient observational basis to validate the representation
of convection in LESs, which is used to guide parameteri-
zation schemes in weather and climate models. In combina-
tion with remote access solutions and processing capabilities,
nowcasting of flow conditions, for example for takeoff and
landing risk assessments at airports, is feasible. Finally, com-
bining the proposed dual-lidar approach with the observation
of additional profiles of temperature and humidity inside and
outside the convective updraft offers the potential to gain a

deeper understanding of the dynamic processes inherent to
convection.
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theconvectiveboundarylayerandevolutionofconvective
circulation(i.e.,theimpactofdragormoistureonthevertical
acceleration),moresophisticatedmeasurementsareneeded.
Backgroundprofilesoftemperature,humidity,andwindas
wellasprofilessimultaneouslymeasuredwithintheconvec-
tiveupdrafttocomplementtheflowfieldestimatesofthe
dual-lidarapproachcouldsignificantlyimproveourunder-
standingofconvection,e.g.,whenevaluatedinanempirical
modelsuchasintroducedbyPáleniketal.(2021).ThegLi-
darprojectactuallyaimstoachievesuchcollocatedobserva-
tions.

8Conclusionsandoutlook

Wepresentedadual-lidarsetupandretrievalcombinedwith
anadvancedfilteringapproachandtemporalinterpolation
tosampleandcharacterizethedynamicpropertiesofat-
mosphericconvection.Wedemonstratedthatourdual-lidar
setupandretrievalapproachcapturetheflowfieldofconvec-
tivestructuresprojectedontoatwo-dimensionalplanefora
clear-skyandacloud-toppedcaseattwoindependentsites.

Alltestedangularresolutionsyieldedsufficientspatial
resolutiontoresolvethedetailsoftheconvectivecircula-
tion,allowingustoprioritizeincreasedtemporalresolu-
tion.Toensurethatthesetupcapturesatleastonewave-
lengthoftheconvectivecirculationatanypointintime,the
distancebetweenthetwolidarsshouldbeincreasedcom-
paredtothepresentedsetups.Utilizinganadvancedfilter
successfullyremoveserroneousfeaturesandnoise,yield-
ingspatialcontinuityinthedual-lidarretrieval.Temporal
interpolationfurtherreduceserrorsthatwouldbeampli-
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ingerrorscomparedtoconventionallyusedmethods.Inpar-
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secondaryconvectiveparameters,suchastheorigin,depth,
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tothetransportofheat,moisture,momentum,andaerosols,
aswellasboundarylayerdeepeningorareatleastresponsi-
bleforthemaintenanceoftheboundarylayerdepth.

Overall,ourstudypresentsthepotentialofadual-lidar
setupasanobservationaltooltoprobetheconvectiveflow
field.Along-terminstallationofthesetupcouldprovidea
sufficientobservationalbasistovalidatetherepresentation
ofconvectioninLESs,whichisusedtoguideparameteri-
zationschemesinweatherandclimatemodels.Incombina-
tionwithremoteaccesssolutionsandprocessingcapabilities,
nowcastingofflowconditions,forexamplefortakeoffand
landingriskassessmentsatairports,isfeasible.Finally,com-
biningtheproposeddual-lidarapproachwiththeobservation
ofadditionalprofilesoftemperatureandhumidityinsideand
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M.,Rotach,M.W.,Haid,M.,Markmann,P.,Gast,E.,Tsak-
nakis,G.,andGeorgoussis,G.:CROSSINN:AFieldExper-
imenttoStudytheThree-DimensionalFlowStructureinthe
InnValley,Austria,B.Am.Meteorol.Soc.,102,E38–E60,
https://doi.org/10.1175/BAMS-D-19-0283.1,2021.

Alcayaga,L.:Filteringofpulsedlidardatausingspatialinformation
andaclusteringalgorithm,Atmos.Meas.Tech.,13,6237–6254,
https://doi.org/10.5194/amt-13-6237-2020,2020.

Arya,S.P.:IntroductiontoMicrometeorology,2ndedn.,Elsevier,
SanDiego,CA,ISBN0120593548,2001.

Bonin,T.A.andBrewer,A.W.:DetectionofRange-FoldedReturns
inDopplerLidarObservations,IEEEGeosci.RemoteS.,14,
514–518,https://doi.org/10.1109/LGRS.2017.2652360,2017.

Brown,A.R.,Cederwall,R.T.,Chlond,A.,Duynkerke,P.G.,
Golaz,J.-C.,Khairoutdinov,M.,Lewellen,D.C.,Lock,A.P.,
MacVean,M.K.,Moeng,C.-H.,Neggers,R.A.J.,Siebesma,A.
P.,andStevens,B.:Large-eddysimulationofthediurnalcycleof
shallowcumulusconvectionoverland,Q.J.Roy.Meteor.Soc.,
128,1075–1093,https://doi.org/10.1256/003590002320373210,
2002.

Calhoun,R.,Heap,R.,Princevac,M.,Newsom,R.,Fer-
nando,H.,andLigon,D.:VirtualTowersUsingCoher-
entDopplerLidarduringtheJointUrban2003Disper-
sionExperiment,J.Appl.Meteorol.Clim.,45,1116–1126,
https://doi.org/10.1175/JAM2391.1,2006.

Cherukuru,N.W.,Calhoun,R.,Lehner,M.,Hoch,S.W.,and
Whiteman,C.D.:Instrumentconfigurationfordual-Dopplerli-
darcoplanarscans:METCRAXII,J.Appl.RemoteSens.,9,
096090,https://doi.org/10.1117/1.JRS.9.096090,2015.

Duscha,C.,Barrell,C.,Renfrew,I.A.,Brooks,I.M.,Sodemann,
H.,andReuder,J.:AShip-BasedCharacterizationofCoher-
entBoundary-LayerStructuresOvertheLifecycleofaMa-
rineCold-AirOutbreak,Bound.-Lay.Meteorol.,183,355–380,
https://doi.org/10.1007/s10546-022-00692-y,2022.

Emanuel,K.A.:Atmosphericconvection,OxfordUniversityPress,
NewYork,ISBN9780195066302,1994.

Garratt,J.R.:Theinternalboundarylayer–Areview,Bound.-Lay.
Meteorol.,50,171–203,https://doi.org/10.1007/BF00120524,
1990.

Geerts,B.,Raymond,D.J.,Grubišić,V.,Davis,C.A.,Barth,M.
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A Alternative motion correction approach

The equation that needs to be solved to compensate the radial velocities from
motion impact and retrieved the three dimensional wind vector:

vr = u sin(α) sin(θz) + v cos(α) sin(θz) + cos(θz) (A.1)

Completely define the rotation matrix already (the equation system), such that
each single beam corresponds to the right angle, which changes throughout the
scanning cycle. 

vrx(t1)
vry(t2)
vrz(t3)
v′rz(t4)

 =


rxx rxy rxz
ryx ryy ryz
rz1x rz1y rzz
r′zx r′zy r′zz


ux[t1,t5]
uy [t1,t5]
uz [t1,t5]


Beams pointing in x-direction vrx

The x-component of the beam pointing in x-direction (rxx) results from addition
of ϕ to θz (adjusted zenith angle in x-direction):

rxx = sin(θz + ϕ)

The y-component of the beam pointing in x-direction (rxy) results from rota-
tion of beam tilted by (θz + ϕ) around the y-axis (by φ):

rxy = cos(θz + ϕ) sinφ

The z-component of the beam pointing in x-direction (rxz) results from rota-
tion of beam tilted by (θz + ϕ) around the y-axis (by φ):

rxz = cos(θz + ϕ) cosφ

Then rotation around the z-axis is applied:

rxx = sin(θz + ϕ) cosψ − cos(θz + ϕ) sinφ sinψ
rxy = sin(θz + ϕ) sinψ + cos(θz + ϕ) sinφ cosψ
rxz = cos(θz + ϕ) cosφ

Beams pointing in y-direction vry

The x-component of the beam pointing in x-direction (ryx) results from rotation
of beam tilted by (θz + φ) around the x-axis (by ϕ):

ryx = cos(θz + φ) sinϕ

AAlternativemotioncorrectionapproach

Theequationthatneedstobesolvedtocompensatetheradialvelocitiesfrom
motionimpactandretrievedthethreedimensionalwindvector:

vr=usin(α)sin(θz)+vcos(α)sin(θz)+cos(θz)(A.1)

Completelydefinetherotationmatrixalready(theequationsystem),suchthat
eachsinglebeamcorrespondstotherightangle,whichchangesthroughoutthe
scanningcycle.

vrx(t1)
vry(t2)
vrz(t3)
v′rz(t4)
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
Beamspointinginx-directionvrx

Thex-componentofthebeampointinginx-direction(rxx)resultsfromaddition
ofϕtoθz(adjustedzenithangleinx-direction):

rxx=sin(θz+ϕ)

They-componentofthebeampointinginx-direction(rxy)resultsfromrota-
tionofbeamtiltedby(θz+ϕ)aroundthey-axis(byφ):

rxy=cos(θz+ϕ)sinφ

Thez-componentofthebeampointinginx-direction(rxz)resultsfromrota-
tionofbeamtiltedby(θz+ϕ)aroundthey-axis(byφ):

rxz=cos(θz+ϕ)cosφ

Thenrotationaroundthez-axisisapplied:

rxx=sin(θz+ϕ)cosψ−cos(θz+ϕ)sinφsinψ
rxy=sin(θz+ϕ)sinψ+cos(θz+ϕ)sinφcosψ
rxz=cos(θz+ϕ)cosφ

Beamspointinginy-directionvry

Thex-componentofthebeampointinginx-direction(ryx)resultsfromrotation
ofbeamtiltedby(θz+φ)aroundthex-axis(byϕ):

ryx=cos(θz+φ)sinϕ

AAlternativemotioncorrectionapproach

Theequationthatneedstobesolvedtocompensatetheradialvelocitiesfrom
motionimpactandretrievedthethreedimensionalwindvector:

vr=usin(α)sin(θz)+vcos(α)sin(θz)+cos(θz)(A.1)

Completelydefinetherotationmatrixalready(theequationsystem),suchthat
eachsinglebeamcorrespondstotherightangle,whichchangesthroughoutthe
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
Beamspointinginx-directionvrx

Thex-componentofthebeampointinginx-direction(rxx)resultsfromaddition
ofϕtoθz(adjustedzenithangleinx-direction):

rxx=sin(θz+ϕ)

They-componentofthebeampointinginx-direction(rxy)resultsfromrota-
tionofbeamtiltedby(θz+ϕ)aroundthey-axis(byφ):

rxy=cos(θz+ϕ)sinφ

Thez-componentofthebeampointinginx-direction(rxz)resultsfromrota-
tionofbeamtiltedby(θz+ϕ)aroundthey-axis(byφ):
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Thenrotationaroundthez-axisisapplied:
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Beamspointinginy-directionvry

Thex-componentofthebeampointinginx-direction(ryx)resultsfromrotation
ofbeamtiltedby(θz+φ)aroundthex-axis(byϕ):

ryx=cos(θz+φ)sinϕ

A Alternative motion correction approach

The equation that needs to be solved to compensate the radial velocities from
motion impact and retrieved the three dimensional wind vector:

vr = u sin(α) sin(θz) + v cos(α) sin(θz) + cos(θz) (A.1)

Completely define the rotation matrix already (the equation system), such that
each single beam corresponds to the right angle, which changes throughout the
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
vrx(t1)
vry(t2)
vrz(t3)
v′
rz(t4)


 =



rxx rxy rxz
ryx ryy ryz
rz1x rz1y rzz
r′
zx r′

zy r′
zz


ux[t1,t5]

uy [t1,t5]
uz [t1,t5]


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of ϕ to θz (adjusted zenith angle in x-direction):

rxx = sin(θz + ϕ)

The y-component of the beam pointing in x-direction (rxy) results from rota-
tion of beam tilted by (θz + ϕ) around the y-axis (by φ):

rxy = cos(θz + ϕ) sinφ

The z-component of the beam pointing in x-direction (rxz) results from rota-
tion of beam tilted by (θz + ϕ) around the y-axis (by φ):
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Then rotation around the z-axis is applied:
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Beams pointing in y-direction vry

The x-component of the beam pointing in x-direction (ryx) results from rotation
of beam tilted by (θz + φ) around the x-axis (by ϕ):

ryx = cos(θz + φ) sinϕ
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The x-component of the beam pointing in x-direction (rxx) results from addition
of ϕ to θz (adjusted zenith angle in x-direction):

rxx = sin(θz + ϕ)

The y-component of the beam pointing in x-direction (rxy) results from rota-
tion of beam tilted by (θz + ϕ) around the y-axis (by φ):

rxy = cos(θz + ϕ) sinφ

The z-component of the beam pointing in x-direction (rxz) results from rota-
tion of beam tilted by (θz + ϕ) around the y-axis (by φ):

rxz = cos(θz + ϕ) cosφ

Then rotation around the z-axis is applied:

rxx = sin(θz + ϕ) cosψ − cos(θz + ϕ) sinφ sinψ
rxy = sin(θz + ϕ) sinψ + cos(θz + ϕ) sinφ cosψ
rxz = cos(θz + ϕ) cosφ

Beams pointing in y-direction vry

The x-component of the beam pointing in x-direction (ryx) results from rotation
of beam tilted by (θz + φ) around the x-axis (by ϕ):

ryx = cos(θz + φ) sinϕ

AAlternativemotioncorrectionapproach

Theequationthatneedstobesolvedtocompensatetheradialvelocitiesfrom
motionimpactandretrievedthethreedimensionalwindvector:

vr=usin(α)sin(θz)+vcos(α)sin(θz)+cos(θz)(A.1)

Completelydefinetherotationmatrixalready(theequationsystem),suchthat
eachsinglebeamcorrespondstotherightangle,whichchangesthroughoutthe
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Beamspointinginx-directionvrx

Thex-componentofthebeampointinginx-direction(rxx)resultsfromaddition
ofϕtoθz(adjustedzenithangleinx-direction):

rxx=sin(θz+ϕ)

They-componentofthebeampointinginx-direction(rxy)resultsfromrota-
tionofbeamtiltedby(θz+ϕ)aroundthey-axis(byφ):

rxy=cos(θz+ϕ)sinφ

Thez-componentofthebeampointinginx-direction(rxz)resultsfromrota-
tionofbeamtiltedby(θz+ϕ)aroundthey-axis(byφ):

rxz=cos(θz+ϕ)cosφ

Thenrotationaroundthez-axisisapplied:

rxx=sin(θz+ϕ)cosψ−cos(θz+ϕ)sinφsinψ
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Beamspointinginy-directionvry

Thex-componentofthebeampointinginx-direction(ryx)resultsfromrotation
ofbeamtiltedby(θz+φ)aroundthex-axis(byϕ):

ryx=cos(θz+φ)sinϕ
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motionimpactandretrievedthethreedimensionalwindvector:
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Thex-componentofthebeampointinginx-direction(rxx)resultsfromaddition
ofϕtoθz(adjustedzenithangleinx-direction):

rxx=sin(θz+ϕ)

They-componentofthebeampointinginx-direction(rxy)resultsfromrota-
tionofbeamtiltedby(θz+ϕ)aroundthey-axis(byφ):

rxy=cos(θz+ϕ)sinφ

Thez-componentofthebeampointinginx-direction(rxz)resultsfromrota-
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rxz=cos(θz+ϕ)cosφ

Thenrotationaroundthez-axisisapplied:

rxx=sin(θz+ϕ)cosψ−cos(θz+ϕ)sinφsinψ
rxy=sin(θz+ϕ)sinψ+cos(θz+ϕ)sinφcosψ
rxz=cos(θz+ϕ)cosφ
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Thex-componentofthebeampointinginx-direction(ryx)resultsfromrotation
ofbeamtiltedby(θz+φ)aroundthex-axis(byϕ):

ryx=cos(θz+φ)sinϕ

AAlternativemotioncorrectionapproach
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Beamspointinginx-directionvrx

Thex-componentofthebeampointinginx-direction(rxx)resultsfromaddition
ofϕtoθz(adjustedzenithangleinx-direction):

rxx=sin(θz+ϕ)

They-componentofthebeampointinginx-direction(rxy)resultsfromrota-
tionofbeamtiltedby(θz+ϕ)aroundthey-axis(byφ):

rxy=cos(θz+ϕ)sinφ

Thez-componentofthebeampointinginx-direction(rxz)resultsfromrota-
tionofbeamtiltedby(θz+ϕ)aroundthey-axis(byφ):

rxz=cos(θz+ϕ)cosφ

Thenrotationaroundthez-axisisapplied:

rxx=sin(θz+ϕ)cosψ−cos(θz+ϕ)sinφsinψ
rxy=sin(θz+ϕ)sinψ+cos(θz+ϕ)sinφcosψ
rxz=cos(θz+ϕ)cosφ

Beamspointinginy-directionvry

Thex-componentofthebeampointinginx-direction(ryx)resultsfromrotation
ofbeamtiltedby(θz+φ)aroundthex-axis(byϕ):

ryx=cos(θz+φ)sinϕ

AAlternativemotioncorrectionapproach

Theequationthatneedstobesolvedtocompensatetheradialvelocitiesfrom
motionimpactandretrievedthethreedimensionalwindvector:

vr=usin(α)sin(θz)+vcos(α)sin(θz)+cos(θz)(A.1)

Completelydefinetherotationmatrixalready(theequationsystem),suchthat
eachsinglebeamcorrespondstotherightangle,whichchangesthroughoutthe
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vrx(t1)
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
ux[t1,t5]
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
Beamspointinginx-directionvrx

Thex-componentofthebeampointinginx-direction(rxx)resultsfromaddition
ofϕtoθz(adjustedzenithangleinx-direction):

rxx=sin(θz+ϕ)

They-componentofthebeampointinginx-direction(rxy)resultsfromrota-
tionofbeamtiltedby(θz+ϕ)aroundthey-axis(byφ):

rxy=cos(θz+ϕ)sinφ

Thez-componentofthebeampointinginx-direction(rxz)resultsfromrota-
tionofbeamtiltedby(θz+ϕ)aroundthey-axis(byφ):

rxz=cos(θz+ϕ)cosφ

Thenrotationaroundthez-axisisapplied:

rxx=sin(θz+ϕ)cosψ−cos(θz+ϕ)sinφsinψ
rxy=sin(θz+ϕ)sinψ+cos(θz+ϕ)sinφcosψ
rxz=cos(θz+ϕ)cosφ

Beamspointinginy-directionvry

Thex-componentofthebeampointinginx-direction(ryx)resultsfromrotation
ofbeamtiltedby(θz+φ)aroundthex-axis(byϕ):

ryx=cos(θz+φ)sinϕ



The y-component of the beam pointing in y-direction (ryy) results from addi-
tion of φ to θz (adjusted zenith angle in x-direction):

ryy = sin(θz + φ)

The z-component of the beam pointing in y-direction (ryz) results from rota-
tion of beam tilted by (θz + φ) around the y-axis (by ϕ):

ryz = cos(θz + φ) cosϕ

Then rotation around the z-axis is applied:

ryx = cos(θz + φ) sinϕ cosψ − sin(θz + φ) sinψ
ryy = cos(θz + φ) sinϕ sinψ + sin(θz + φ) cosψ
ryz = cos(θz + φ) cosϕ

Beams pointing vertically/ in z-direction vrz and v′rz

Here two cases are considered:

1. |ϕ| > |φ| with
rzx = sinϕ
rzy = sinφ cosϕ
rzz = cosφ cosϕ

Then rotation around the z-axis is applied:

rzx = sinϕ cosψ − sinφ cosϕ sinψ
rzy = sinϕ sinψ + sinφ cosϕ cosψ
rzz = cosφ cosϕ

2. |φ| > |ϕ| with
r′zx = sinϕ cosφ
r′zy = sinφ
r′zz = cosφ cosϕ

Then rotation around the z-axis is applied:

r′zx = sinϕ cosφ cosψ − sinφ sinψ
r′zy = sinϕ cosφ sinψ + sinφ cosψ
r′zz = cosφ cosϕ

They-componentofthebeampointinginy-direction(ryy)resultsfromaddi-
tionofφtoθz(adjustedzenithangleinx-direction):

ryy=sin(θz+φ)

Thez-componentofthebeampointinginy-direction(ryz)resultsfromrota-
tionofbeamtiltedby(θz+φ)aroundthey-axis(byϕ):

ryz=cos(θz+φ)cosϕ

Thenrotationaroundthez-axisisapplied:

ryx=cos(θz+φ)sinϕcosψ−sin(θz+φ)sinψ
ryy=cos(θz+φ)sinϕsinψ+sin(θz+φ)cosψ
ryz=cos(θz+φ)cosϕ

Beamspointingvertically/inz-directionvrzandv′rz

Heretwocasesareconsidered:

1.|ϕ|>|φ|with
rzx=sinϕ
rzy=sinφcosϕ
rzz=cosφcosϕ

Thenrotationaroundthez-axisisapplied:

rzx=sinϕcosψ−sinφcosϕsinψ
rzy=sinϕsinψ+sinφcosϕcosψ
rzz=cosφcosϕ

2.|φ|>|ϕ|with
r′zx=sinϕcosφ
r′zy=sinφ
r′zz=cosφcosϕ

Thenrotationaroundthez-axisisapplied:

r′zx=sinϕcosφcosψ−sinφsinψ
r′zy=sinϕcosφsinψ+sinφcosψ
r′zz=cosφcosϕ

They-componentofthebeampointinginy-direction(ryy)resultsfromaddi-
tionofφtoθz(adjustedzenithangleinx-direction):

ryy=sin(θz+φ)

Thez-componentofthebeampointinginy-direction(ryz)resultsfromrota-
tionofbeamtiltedby(θz+φ)aroundthey-axis(byϕ):

ryz=cos(θz+φ)cosϕ

Thenrotationaroundthez-axisisapplied:

ryx=cos(θz+φ)sinϕcosψ−sin(θz+φ)sinψ
ryy=cos(θz+φ)sinϕsinψ+sin(θz+φ)cosψ
ryz=cos(θz+φ)cosϕ

Beamspointingvertically/inz-directionvrzandv′rz

Heretwocasesareconsidered:

1.|ϕ|>|φ|with
rzx=sinϕ
rzy=sinφcosϕ
rzz=cosφcosϕ

Thenrotationaroundthez-axisisapplied:

rzx=sinϕcosψ−sinφcosϕsinψ
rzy=sinϕsinψ+sinφcosϕcosψ
rzz=cosφcosϕ

2.|φ|>|ϕ|with
r′zx=sinϕcosφ
r′zy=sinφ
r′zz=cosφcosϕ

Thenrotationaroundthez-axisisapplied:

r′zx=sinϕcosφcosψ−sinφsinψ
r′zy=sinϕcosφsinψ+sinφcosψ
r′zz=cosφcosϕ

The y-component of the beam pointing in y-direction (ryy) results from addi-
tion of φ to θz (adjusted zenith angle in x-direction):

ryy = sin(θz + φ)

The z-component of the beam pointing in y-direction (ryz) results from rota-
tion of beam tilted by (θz + φ) around the y-axis (by ϕ):

ryz = cos(θz + φ) cosϕ

Then rotation around the z-axis is applied:

ryx = cos(θz + φ) sinϕ cosψ − sin(θz + φ) sinψ
ryy = cos(θz + φ) sinϕ sinψ + sin(θz + φ) cosψ
ryz = cos(θz + φ) cosϕ

Beams pointing vertically/ in z-direction vrz and v′
rz

Here two cases are considered:

1. |ϕ| > |φ| with
rzx = sinϕ
rzy = sinφ cosϕ
rzz = cosφ cosϕ

Then rotation around the z-axis is applied:

rzx = sinϕ cosψ − sinφ cosϕ sinψ
rzy = sinϕ sinψ + sinφ cosϕ cosψ
rzz = cosφ cosϕ

2. |φ| > |ϕ| with
r′
zx = sinϕ cosφ
r′
zy = sinφ
r′
zz = cosφ cosϕ

Then rotation around the z-axis is applied:

r′
zx = sinϕ cosφ cosψ − sinφ sinψ
r′
zy = sinϕ cosφ sinψ + sinφ cosψ
r′
zz = cosφ cosϕ

The y-component of the beam pointing in y-direction (ryy) results from addi-
tion of φ to θz (adjusted zenith angle in x-direction):

ryy = sin(θz + φ)

The z-component of the beam pointing in y-direction (ryz) results from rota-
tion of beam tilted by (θz + φ) around the y-axis (by ϕ):

ryz = cos(θz + φ) cosϕ

Then rotation around the z-axis is applied:

ryx = cos(θz + φ) sinϕ cosψ − sin(θz + φ) sinψ
ryy = cos(θz + φ) sinϕ sinψ + sin(θz + φ) cosψ
ryz = cos(θz + φ) cosϕ

Beams pointing vertically/ in z-direction vrz and v′
rz

Here two cases are considered:

1. |ϕ| > |φ| with
rzx = sinϕ

rzy = sinφ cosϕ
rzz = cosφ cosϕ

Then rotation around the z-axis is applied:

rzx = sinϕ cosψ − sinφ cosϕ sinψ
rzy = sinϕ sinψ + sinφ cosϕ cosψ
rzz = cosφ cosϕ

2. |φ| > |ϕ| with
r′
zx = sinϕ cosφ
r′
zy = sinφ
r′
zz = cosφ cosϕ

Then rotation around the z-axis is applied:

r′
zx = sinϕ cosφ cosψ − sinφ sinψ
r′
zy = sinϕ cosφ sinψ + sinφ cosψ

r′
zz = cosφ cosϕ

They-componentofthebeampointinginy-direction(ryy)resultsfromaddi-
tionofφtoθz(adjustedzenithangleinx-direction):

ryy=sin(θz+φ)

Thez-componentofthebeampointinginy-direction(ryz)resultsfromrota-
tionofbeamtiltedby(θz+φ)aroundthey-axis(byϕ):

ryz=cos(θz+φ)cosϕ

Thenrotationaroundthez-axisisapplied:

ryx=cos(θz+φ)sinϕcosψ−sin(θz+φ)sinψ
ryy=cos(θz+φ)sinϕsinψ+sin(θz+φ)cosψ
ryz=cos(θz+φ)cosϕ

Beamspointingvertically/inz-directionvrzandv′
rz

Heretwocasesareconsidered:

1.|ϕ|>|φ|with
rzx=sinϕ

rzy=sinφcosϕ
rzz=cosφcosϕ

Thenrotationaroundthez-axisisapplied:

rzx=sinϕcosψ−sinφcosϕsinψ
rzy=sinϕsinψ+sinφcosϕcosψ
rzz=cosφcosϕ

2.|φ|>|ϕ|with
r′
zx=sinϕcosφ
r′
zy=sinφ
r′
zz=cosφcosϕ

Thenrotationaroundthez-axisisapplied:

r′
zx=sinϕcosφcosψ−sinφsinψ
r′
zy=sinϕcosφsinψ+sinφcosψ

r′
zz=cosφcosϕ

They-componentofthebeampointinginy-direction(ryy)resultsfromaddi-
tionofφtoθz(adjustedzenithangleinx-direction):

ryy=sin(θz+φ)

Thez-componentofthebeampointinginy-direction(ryz)resultsfromrota-
tionofbeamtiltedby(θz+φ)aroundthey-axis(byϕ):

ryz=cos(θz+φ)cosϕ

Thenrotationaroundthez-axisisapplied:

ryx=cos(θz+φ)sinϕcosψ−sin(θz+φ)sinψ
ryy=cos(θz+φ)sinϕsinψ+sin(θz+φ)cosψ
ryz=cos(θz+φ)cosϕ

Beamspointingvertically/inz-directionvrzandv′
rz

Heretwocasesareconsidered:

1.|ϕ|>|φ|with
rzx=sinϕ
rzy=sinφcosϕ
rzz=cosφcosϕ

Thenrotationaroundthez-axisisapplied:

rzx=sinϕcosψ−sinφcosϕsinψ
rzy=sinϕsinψ+sinφcosϕcosψ
rzz=cosφcosϕ

2.|φ|>|ϕ|with
r′
zx=sinϕcosφ
r′
zy=sinφ
r′
zz=cosφcosϕ

Thenrotationaroundthez-axisisapplied:

r′
zx=sinϕcosφcosψ−sinφsinψ
r′
zy=sinϕcosφsinψ+sinφcosψ
r′
zz=cosφcosϕ

They-componentofthebeampointinginy-direction(ryy)resultsfromaddi-
tionofφtoθz(adjustedzenithangleinx-direction):

ryy=sin(θz+φ)

Thez-componentofthebeampointinginy-direction(ryz)resultsfromrota-
tionofbeamtiltedby(θz+φ)aroundthey-axis(byϕ):

ryz=cos(θz+φ)cosϕ

Thenrotationaroundthez-axisisapplied:

ryx=cos(θz+φ)sinϕcosψ−sin(θz+φ)sinψ
ryy=cos(θz+φ)sinϕsinψ+sin(θz+φ)cosψ
ryz=cos(θz+φ)cosϕ

Beamspointingvertically/inz-directionvrzandv′
rz

Heretwocasesareconsidered:

1.|ϕ|>|φ|with
rzx=sinϕ

rzy=sinφcosϕ
rzz=cosφcosϕ

Thenrotationaroundthez-axisisapplied:

rzx=sinϕcosψ−sinφcosϕsinψ
rzy=sinϕsinψ+sinφcosϕcosψ
rzz=cosφcosϕ

2.|φ|>|ϕ|with
r′
zx=sinϕcosφ
r′
zy=sinφ
r′
zz=cosφcosϕ

Thenrotationaroundthez-axisisapplied:

r′
zx=sinϕcosφcosψ−sinφsinψ
r′
zy=sinϕcosφsinψ+sinφcosψ

r′
zz=cosφcosϕ

They-componentofthebeampointinginy-direction(ryy)resultsfromaddi-
tionofφtoθz(adjustedzenithangleinx-direction):

ryy=sin(θz+φ)

Thez-componentofthebeampointinginy-direction(ryz)resultsfromrota-
tionofbeamtiltedby(θz+φ)aroundthey-axis(byϕ):

ryz=cos(θz+φ)cosϕ

Thenrotationaroundthez-axisisapplied:

ryx=cos(θz+φ)sinϕcosψ−sin(θz+φ)sinψ
ryy=cos(θz+φ)sinϕsinψ+sin(θz+φ)cosψ
ryz=cos(θz+φ)cosϕ

Beamspointingvertically/inz-directionvrzandv′
rz

Heretwocasesareconsidered:

1.|ϕ|>|φ|with
rzx=sinϕ
rzy=sinφcosϕ
rzz=cosφcosϕ

Thenrotationaroundthez-axisisapplied:

rzx=sinϕcosψ−sinφcosϕsinψ
rzy=sinϕsinψ+sinφcosϕcosψ
rzz=cosφcosϕ

2.|φ|>|ϕ|with
r′
zx=sinϕcosφ
r′
zy=sinφ
r′
zz=cosφcosϕ

Thenrotationaroundthez-axisisapplied:

r′
zx=sinϕcosφcosψ−sinφsinψ
r′
zy=sinϕcosφsinψ+sinφcosψ
r′
zz=cosφcosϕ
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